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Abstract

Background: MicroRNAs (miRNAs) are a class of small noncoding RNAs that regulate the target gene expression at
post-transcriptional level. They are widely involved in biological processes, such as embryonic development, cell

division, differentiation, and apoptosis. Evidence suggests that miRNAs can constrain the variation of their target to
buffer the fluctuation of expression. However, whether this effect can act on the genome-wide expression remains

controversial.

perturbation.

Results: In this study, we comprehensively explored the stably expressed genes (SE genes) and fluctuant genes
(FL genes) in the human genome by a meta-analysis of large scale microarray data. We found that these genes
have distinct function distributions. miRNA targets are shown to be significantly enriched in SE genes by using
propensity analysis of miRNA regulation, supporting the hypothesis that miRNAs can buffer whole genome
expression fluctuation. The expression-buffering effect of miRNA is independent of the target site number within
the 3-untranslated region. In addition, we found that gene expression fluctuation is positively correlated with the
number of transcription factor binding sites in the promoter region, which suggests that coordination between
transcription factors and miRNAs leads to balanced responses to external perturbations.

Conclusions: Our study confirmed that the genetic buffering roles of miRNAs can act on genome expression
fluctuation and provides insights into how miRNAs and transcription factors coordinate to cope with external

Background

One of the most remarkable features of biological systems
is their inherent robustness against external perturbations.
Living systems are continuously confronted with a variety
of outside stimuli, such as nutrition, toxins, temperature
and humidity. These external inputs must be properly pro-
cessed to reach a relative self-stability and stability in the
output. To achieve this, there must be certain buffering
mechanisms to compensate for the genetic or environ-
mental perturbation. For example, gene expression in the
cell is rigorously regulated in response to external signals.
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These genes should be constrained or “canalized” in their
expression to an appropriate level. On the other hand,
genes have different expression patterns under various
biological and environmental conditions; they present dif-
ferent degrees of sensitivity to external perturbation. The
expression of many genes is considered robust as they are
relatively stable upon perturbations. How this is achieved,
i.e. the genetic buffering mechanisms that mediate the sta-
bility and robustness are largely unknown. It is suggested
that negative feedback loops within regulatory networks
serve to buffer expression variation and reduce expression
noise in the cell [1]. Also, specific genes could play a role
in canalizing gene expression, such as the zygotic gap
genes including kruppel and knirps in Drosophila [2].
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However, it is still largely unclear whether there are any
canalizing/buffering mechanisms acting on the genome
wide expression.

MicroRNAs (miRNAs) are endogenously expressed
small (typically 18-23 nt in length) noncoding RNAs that
regulate gene expression at the post-transcriptional level
[3,4]. By binding to the 3’-untranslated regions (3’-UTR)
of target mRNAs, miRNA can block the expression of
their target genes through translational repression or
mRNA degradation [5]. miRNA-mediated gene expression
regulation is widespread in eukaryotes. A single miRNA
can regulate up to several hundred genes, and it is specu-
lated that more than one-third of the genes in the human
genome are miRNA targets [6]. Considering the preva-
lence of miRNA mediated gene expression regulation in
mammalian cells, it is fascinating to inquire whether these
small ncRNAs can serve as genetic factors that buffer
whole genome expression. This hypothesis has been sup-
ported in several studies. For example, miR-17 can func-
tion in an incoherent feed-forward loop to buffer the
translation of E2F1, which is activated by c-Myc [7].
Another evolutionarily conserved miRNA, miR-7, could
act in some interlocking feedback and feed-forward loops
to confer network stability against perturbation. The miR-
7 mediated network is essential for buffering the gene
expression variation resulting from temperature fluctua-
tion in Drosophila [8].

In addition, some studies have also used bioinformatics
tools to investigate the influence of miRNAs on gene
expression fluctuation. Cui et al. suggested that miRNAs
could decrease the cross-species expression divergence
and constrain the evolutionary expression variation [9].
Another study indicated that miRNA targets are enriched
in duplicated genes, which could be a mechanism for buf-
fering the gene expression variation resulting from whole
genome duplication [10]. However, it was suggested that
on the population level, miRNAs could increase gene
expression variability [11], and Wu et al., indicated that
miRNA targets are enriched in environmental chemical
regulated genes, which have a more variable expressed
pattern than others [12]. This controversy likely results
from the scales used in different studies and the data sets
used, which indicated that a systematic study of this issue
is required.

We therefore explored the stably expressed genes (SE
genes) and fluctuant genes (FL genes) by comprehensive
investigation of mRNA expression profiling data under
various environmental conditions. We found that these
two groups of genes have a very distinct function distribu-
tion. By evaluation of the propensity of miRNA regulation,
we found that miRNA targets are significantly enriched
among SE genes. This effect is independent of the number
of regulatory mRNAs but is relevant to their 3’-UTR
length. These observations indicated that miRNAs can
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play a genetic buffering role to confront genome wide
expression fluctuation.

Results

Functional enrichment of SE and FL genes

To inspect the influence of miRNAs on gene expression
fluctuation, we first conducted a comprehensive analysis
of microarray data to retrieve the SE genes and FL
genes. We collected the expression profiles under var-
ious environmental conditions based on the HGU133-
plus2.0 platform. To minimize variation caused by
different experimental platform, we only investigated
expression data generated from this platform. For each
gene, a fluctuant score (FL score) was calculated by
meta-analysis to quantify the expression sensitivity in
response to environmental perturbations. The top and
bottom 5% of genes in the list were defined as SE genes
and FL genes respectively. To evaluate the validity of
this categorization, we performed Gene Ontology (GO)
enrichment analysis on these genes [13]. From the resul-
tant GO graph, we observed a distinct function distribu-
tion for these two groups of genes (see Additional File 1
and Additional File 2). Specifically, for “molecular func-
tion”, the SE genes were enriched in terms of some
basic activities, such as RNA binding, protein binding,
NADH dehydrogenase activity, constituent of the ribo-
some etc, whereas FL genes are involved in environmen-
tal factor response, such as receptor binding, cytokine
activity, growth factor receptor binding, peptide hor-
mone binding and dopamine binding. For “biological
processes”, the SE genes were enriched in translation,
gene expression, metabolic processes, and biosynthetic
processes, whereas FL genes were enriched in signaling
pathways, defence response, regulation of immune sys-
tem process and mediation by a chemical signal etc.
Similar results were also obtained when the top and bot-
tom 10% of genes were defined as SE genes and FL
genes. This suggests that our classification of SR and FL
genes are biologically meaningful and these genes
occupy distinct positions in the cell.

miRNA targets are preferentially enriched in SE genes

We evaluated the propensity of miRNA regulation based
on the SE gene and FL gene classification scheme. The
predicted targets of human miRNAs were retrieved from
TargetScan [6], PicTar [14], PITA [15] and miRanda
[16,17], which to our knowledge are regarded in the com-
munity as having higher prediction accuracy. A more
stringent prediction result derived from intersection of
TargetScan and PicTar provided by the miRGen database
was also used [18]. In addition, another set of experimen-
tally validated miRNA targets integrated from miRTarBase
[19], miRrecords [20], miRWalk [21] and miR2Disease
[22] was also included in this analysis. Based on these data
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sets, we observed that miRNA targets were significantly
enriched in SE genes. As shown in Figure 1A, miRNA tar-
gets comprised 42.5% of SE genes, but only 28% of FL
genes as predicted by PicTar (Fisher exact test p-value =
5.8e-07). We observed similar results when using the data
sets from other algorithms and experimentally validated
miRNA targets (Figure 1B-F). As a control, we randomly
selected the same number of genes from the list to analyze
this trend, no obvious propensity of miRNA regulation
was found in the control data sets (see Additional File 3).
The propensity of miRNA regulation was also observed
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when we selected the top and bottom 10% of the genes as
SE genes and FL genes respectively (see Additional File 4).
Furthermore, to exclude the interference of datasets from
cancer tissue or cell lines, we selected 69 microarray data-
sets that were derived only from normal tissues to screen
the SE genes and FL genes. The propensity analysis of
miRNA regulation gave similar results (see Additional
File 5).

To avoid potential bias derived from sampling, we
next divided the total genes into two groups and calcu-
lated the average FL score in each group. The first
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Figure 1 miRNA targets are enriched among SE genes. This figure shows the number of miRNA targets and non-miRNA targets among SE
genes and FL genes (A) predicted by PicTar, (B) predicted by TargetScan, (C) predicted by both PicTar and TargetScan (intersections), (D)
predicted by PITA, (E) predicted by miRanda and (F) by experimentally validation. The top and bottom 5% of the gene were defined as SE genes

p value 6 151e-04
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group contained all the predicted miRNA target genes
whereas the second group contained the other genes.
We found that the expression fluctuation of miRNA tar-
get genes was significantly lower than that of the non-
miRNA-target genes for the four data sets (Table 1). For
example with PicTar, the average FL score of miRNA
target genes was 5154.0, significantly lower than the
non-miRNA targets (average FL score = 5717.3,
Wilcoxon rank sum test, p-value: 3.53e-58). For a more
detailed analysis, we subgrouped the total genes accord-
ing to their FL scores, and calculated the average FL
score and miRNA target proportion in each group. As
shown in Figure 2, there was a negative correlation
between expression fluctuation and miRNA target pro-
portion, and miRNA target proportion declined dramati-
cally with increasing FL score. Taken together, these
results indicated that miRNA target genes are signifi-
cantly enriched in SE genes, which suggests that miR-
NAs have a negative effect on whole genome expression
fluctuation.

Gene expression fluctuation buffering is independent of
the number of regulatory miRNAs

Several studies have demonstrated that a single miRNA
can regulate hundreds of mRNAs and that a single
mRNA can be regulated by multiple miRNAs. This com-
plex interaction makes the synergistic effect of miRNA
regulation in biological networks and pathways possible
[23,24]. The synergistic effect of different miRNAs on the
expression level of a single gene has been reported [25].
However, whether this effect exists on the genome-wide
level is largely unknown. We therefore analyzed the cor-
relation between number of regulatory miRNAs in the 3’-
UTR and gene expression fluctuation. In the following
analysis, we only use the predicted miRNA targets from
PicTar, TargetScan and PITA in that too large or too
small data sets may introduce interference. Predicted
miRNA target genes were subgrouped according to the
number of regulatory miRNAs within 3’-UTR and then
the average FL score in each group was calculated. We
did not observe any significant correlation between the
number of regulatory miRNAs and the expression

Table 1 Average FL score and standard deviations of
miRNA targets and non-miRNA targets

miRNA targets Non-miRNA targets p-value
PicTar 5154.08 + 186746 571735+ 189143  353E-58
TargetScan 5150.78 £ 189946 570721 + 187356  8.62E-53
P & T Intersection 5103.05 + 188142  5654.68 + 1887.80  6.68E-46
PITA 519196 + 191922 583951 + 182466  9.83E-74
miRanda 541545 + 191318 575254 +£ 184757  6.63E-17
Validated 5203.18 + 189085 557693 + 1897.61  4.86E-18

Average FL score of miRNA targets is significantly lower than that of non-
miRNA targets, the p-value was drawn from Wilcoxon rank sum test.
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fluctuation (see Additional File 6). This result is some-
what in disagreement with the previously reported posi-
tive correlation between gene expression variability and
miRNA seed number [11]. To account for such disagree-
ment, we propose that following explanation. On one
hand, a gene that is regulated by multiple microRNAs
may be an indication of its functional importance, which
requires complex post-transcriptional control by miR-
NAs. Such functional importance suggests that the
expression of such genes are tightly controlled and has
less variations. On the other hand, such sophisticated
regulation by multiple miRNAs may render it prone to
fluctuations and accumulation of noise. We believe that
these two factors may be both in play for the majority of
the miRNA target genes, and for any given gene it is
uncertain which factor is more dominant. As a result, we
do not expect any straightforward and overwhelming
correlation between the gene expression fluctuation level
and the number of miRNA seeds.

Gene expression fluctuation and 3’-UTR length

Most of the miRNA target sites are located in the 3-UTR
of mRNAs, whereas the lengths of 3’-UTR of protein cod-
ing genes vary substantially, and it has been shown that
miRNA regulation has an effect on 3’-UTR evolution. It is
also known that genes with different 3’-UTR lengths have
distinct expression patterns [26,27]. Along this line, we
performed a correlation analysis between 3’-UTR length
and gene expression fluctuation. Predicted miRNA targets
were subgrouped by length in 300 nt intervals and the
average FL score within each group was calculated. As
shown in Figure 3, a positive correlation between expres-
sion fluctuation and 3’-UTR length was observed. The
average FL score increased with the 3’-UTR length, for
example among the PicTar prediction results (Figure 3A),
r = 0.85, p value = 1.69e-05. Similar results were obtained
when using miRNA targets predicted by TargetScan
(Figure 3B) and PITA (Figure 3C). This result was con-
firmed when we directly compared the 3’-UTR length of
miRNA targets in both SE genes and FL genes. We found
that the 3’-UTR length of miRNA targets in SE genes was
shorter as compared to that of the FL genes (Figure 4A),
which suggested that miRNA targets with longer 3-UTR
length were more likely to have higher expression fluctua-
tion, thus other confounding factors may interfere with
the gene expression.

To investigate whether the expression intensity of miR-
NAs have an effect on target expression fluctuation, we
obtained the miRNA expression data from micorRNA.org
database [17] and calculated the average expression level
in 31 normal human tissues. We compared the average
expression intensity of miRNAs that regulate SE genes
and FL genes. We did not find any significant difference
between these groups (Figure 4B), indicating that miRNA
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Figure 2 Proportion of miRNA target among genes with different average FL scores. (A) miRNA targets predicted by PicTar among genes
with different FL scores, Pearson correlation coefficient r = -0.94, p value = 1.91e-87; (B) miRNA targets predicted by TargetScan among genes with
different FL scores, Pearson correlation coefficient r = -0.96, p value = 1.05e-104; (B) miRNA targets predicted PicTar and TargetScan among genes
with different FL scores, Pearson correlation coefficient r = -0.95, p value = 5.73e-94; (D) miRNA targets predicted PITA among genes with different
FL scores, Pearson correlation coefficient r = -0.96, p value = 7.06e-106. (E) miRNA targets predicted miRanda among genes with different FL scores,
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expression level is not a decisive factor for target expres-
sion fluctuation.

Discussion

Human genes have different expression patterns and
sensitivity in response to external environment perturba-
tions, thus the global analysis of miRNAs on whole gen-
ome expression has drawn much attention recently. In
this study, we conducted a large scale meta-analysis to
explore the genes with different degrees of expression
fluctuations. The Gene Ontology enrichment analysis
revealed that the stably expressed genes and fluctuant
genes have distinct functional categories. Stably
expressed genes are mainly involved in basic and essen-
tial biological processes and the fluctuant genes are
mainly involved in processes in response to external sig-
nals. We found that miRNA targets were significantly
enriched in stably expressed genes relative to fluctuant
genes, suggesting that miRNAs act on the genome-wide
expression to reduce their fluctuation. In addition, we
found that the gene expression buffering effect was
independent of the number of miRNA target sites
within the 3’-UTR. However, expression fluctuation was
correlated with the 3’-UTR length; and this could result

from alternative polyadenylation signals or cis-acting
elements other than miRNA binding [28,29]. To explore
the miRNAs that play an important role in gene expres-
sion buffering, we counted the number of targets for each
miRNA in both SE genes and FL genes and investigated
whether the targets are more enriched or specific in SE
genes or FL genes. According to their preference of regu-
lation, miRNAs were classified as SE gene-related miRNAs
(SE-miRNA) or FL gene-related miRNAs (FL-miRNA)
(see Additional file 7). Interestedly, we found that the
number of SE-miRNAs is greater than that of FL genes,
which is consistent with the previous observation.

Our work provides some important insights into the
functions of miRNAs. MiRNAs have been postulated to
play a dual role in regulating gene expression, i.e. to regu-
late the mean of the expression output and to modulate
the expression variation [30-32]. On one hand, miRNAs
can regulate the expression level of critical genes during
animal development, which make them indispensable for
the survival and normal growth of the cell, and thus evolu-
tionarily conserved [33-37]. On the other hand, many
miRNAs are believed to preferentially regulate ubiqui-
tously-expressed genes other than tissue-specific genes
[38], and in most cases they only have moderate effect on
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the mean expression level of the targets as their primary
function is to minimize the expression fluctuation in dif-
ferent tissues and in different conditions [39].

As a part of the expression regulatory network, miR-
NAs are suggested to be involved in mechanisms such
as feedback loops and feed-forward loops. Within these
mechanisms, miRNAs can cooperate with transcription
factors to balance the outputs of their target [40,41].
The expression level of transcription factors are known
to be stochastic, which could induce very high level of
noise in the regulatory network, and could be detrimen-
tal to the cell. The expression buffering role of miRNAs
could beneficial to the organism to minimize such noise.

Motivated by this hypothesis, we obtained the transcrip-
tion factor binding sites (TFBS) that were previously iden-
tified by Xie et al, [42] and the promoter sequences from
UCSC genome browser [43]. As shown in Figure 5, we
found a positive correlation between the number of TFBS
and average FL scores, which indicated that TFs could
contribute to the regulatory complexity. This result is also
consistent with the observation that miRNAs preferentially
regulate genes with high transcriptional regulation com-
plexity [44]. These observations suggest that the coordina-
tion of TFs and miRNAs in complex networks lead to the
internal stability in gene expression of the cell.

Conclusions

It was hypothesized previously that miRNA mediated
regulation can confer expression stability and robustness
of their target genes. In this paper, our systematic study
provided evidence that miRNAs can buffer expression

fluctuation of many human genes. Interestingly we
found such effect to be independent from the number
of miRNA target sites per gene. We further show evi-
dence that coordination between miRNAs and transcrip-
tion factors could result in the stability of transcriptional
regulatory networks.

Methods

Data collection and preprocessing

For identification of the SE genes and FL genes in human
genome, firstly we collected gene expression data sets
based on the standard and widely-used Affymetrix
HGU133plus2.0 platform from the Gene Expression
Omnibus database [45]. We collected expression profiles
that consist of samples under a variety of environmental
factors, including hypoxia, hyperthermia, smoking, alco-
hol, medicine, strong magnetic field, metal ion, small-
sized compounds, chemotherapy, UV, etc. Only data sets
with more than six arrays were retained. Finally, a total
of 149 data sets were obtained. These data sets were clas-
sified as from normal tissues, cancer tissue or cell lines
and other disease (see Additional File 8). For each data
set, the expression values were logarithmically trans-
formed (base 2) if it was above 0, otherwise turned to 0.
Only the maximum expression value was selected if there
were multiple probes for a given gene in each sample.

Identification of SE genes and FL genes

Identification of SE genes and FL genes was performed
according to the method previously described by Hao et al.
with minor modifications [46]. Briefly, the coefficient of
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variance (CV = standard deviation/mean value) of the
expression for each gene in every data set was calculated.
Due to the heterogeneity of the data sets, the CVs of speci-
fic genes from different data set could not be compared
directly. Thus the CVs in each data set were rank ordered
in ascending order, to generate a ranked CV matrix. For
each gene, the FL score was defined as the average rank
order of the CV in the matrix, and was used as the indica-
tion of expression fluctuation. For a specific gene, a rela-
tively high CV was expected if it was more vulnerable to
the perturbation of environmental factors. Its confidence
was deemed higher if this trend was observed in multiple
data sets, thus relative high FL score were expected, and
vice versa. Based on this hypothesis, the genes occupying
the top or bottom of the genes list were taken as the SE
genes and the FL genes respectively (presented as Addi-
tional File 9). To validate this classification, Gene Ontology
enrichment analysis was used to investigate the functional
difference between SE genes and FL genes, performed
using the hypergeometric test from web based software
GOEAST [47]. In addition, the embeded tool of Multi-
GOEAST was used to compare the difference of the GO
terms that were enriched in these two sets of genes.

MiRNA target prediction

Pre-compiled predicted miRNA targets were retrieved
from previously constructed databases including
TargetScan (http://www.targetscan.org/, release 5.1:
April 2009), PicTar (from UCSC table browser, http://
genome.ucsc.edu/) and miRanda (http://www.microrna.
org/, August 2010). These algorithms are considered as
having high accuracy for miRNA target prediction [48,49].
The intersection dataset generated by both TargetScan
and PicTar were retrieved from miRGen database. We

also included another dataset generated from PITA soft-
ware (from the Weizman Institute website, http://genie.
weizmann.ac.il/pubs/mir07/mir07_data.html, no flank,
TOP catalog), which makes predictions based only on
sequence features and target site accessibility. Experimen-
tally validated miRNA targets were integrated from miR-
TarBase http://mirtarbase.mbc.nctu.edu.tw/, miRrecords
http://mirecords.umn.edu/miRecords, miRWalk http://
mirwalk.uni-hd.de/ and miR2Disease http://www.miR2Di-
sease.org.

Computational framework

Three different methods were used to analyze the influ-
ence of miRNAs on gene expression fluctuation. Firstly,
we calculated the proportion of predicted miRNA targets
among SE genes and FL genes at different level of signifi-
cance. As a control, the same numbers of genes were ran-
domly selected from the gene list and the proportion of
miRNA targets among these genes was calculated.
Secondly, to avoid potential sampling bias, we divided
the total genes into two distinct groups. The first group
contained the union of the predicted miRNA targets
(predicted to be a target by at least one method), whereas
the second group contained all of the non-miRNA tar-
gets, i.e., the genes that were not predicted to be a target
by any of these prediction tools. The average FL score
from different groups was calculated to compare the dif-
ferences. Lastly, we used a sliding window method to cal-
culate the correlation between the average FL score and
the proportion of miRNA targets. Specifically, genes were
rank ordered according to their FL scores, the average FL
score and the miRNA target proportion was calculated
for the top 2,000 genes ( = window size) in the first
group, then the window was shifted by 50 genes ( = step
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size) to perform the same calculation on the next group
until the end. Pearson’s correlation coefficient was calcu-
lated between the average FL score and the miRNA tar-
get proportion from different groups.

Additional material

Additional file 1: Figure S1: GO term distribution of SE genes and
FL genes (molecular function). The enriched GO terms were colored
red for SE genes and green FL genes. A distinct GO term distribution of
molecular function for the two sets of genes was observed. SE genes
were mainly enriched in RNA binding, protein binding, NADH
dehydrogenase activity and constituent of ribosome etc, whereas FL
genes were mainly enriched in the receptor binding, cytokine activity,
growth factor receptor binding, peptide hormone binding and
dopamine binding etc.

Additional file 2: Figure S2: GO term distribution of SE genes and
FL genes (biological process). The enriched GO terms were colored red
for SE genes and green FL genes. A distinct GO term distribution of
biological process for the two sets of genes was observed. SE genes
were mainly enriched in translation, gene expression, macromolecule
metabolic, biosynthetic etc, whereas FL genes were mainly enriched in
signaling pathways, defense response, regulation of immune system
process and mediated by a chemical signal etc.

Additional file 3: Figure S3: miRNA targets are not enriched in
control group. This figure shows the number of miRNA targets and
non-miRNA targets among control group predicted (A) by PicTar, (B) by
TargetScan, (C) by both PicTar and TargetScan (intersections), (D) by PITA,
(E) by miRanda and (F) by experimentally validated miRNA targets when
5% of the genes were randomly designated as SE genes and FL genes
respectively.

Additional file 4: Figure S4: miRNA targets are enriched in SE genes
(top 10%). This figure shows the number of miRNA targets and non-
miRNA targets among SE genes and FL genes predicted (A) by PicTar, (B)
by TargetScan, (C) by both PicTar and TargetScan (intersections) and (D)
by PITA, (E) by miRanda and (F) by experimentally validated miRNA
targets when top and bottom 10% of the gene designated as SE genes
and FL genes respectively.

Additional file 5: Figure S5: miRNA targets are enriched in SE genes
derived only from normal tissues. This figure shows the number of
miRNA targets and non-miRNA targets among SE genes and FL genes
predicted (A) by PicTar, (B) by TargetScan, (C) by both PicTar and
TargetScan (intersections) and (D) by PITA, (E) by miRanda and (F) by
experimentally validated miRNA targets when top and bottom 5% of the
genes derived only from normal tissues designated as SE genes and FL
genes respectively.

Additional file 6: Figure S6: correlation between gene expression
fluctuation and number of regulatory miRNAs. No obvious correlation
between expression fluctuation and number of regulatory miRNAs was
observed. (A) average FL score and number of regulatory miRNAs from
PicTar results, Pearson correlation coefficient, r = 0.16, p value: 0. 24. (B)
average FL score and number of regulatory miRNAs from TargetScan
results, Pearson correlation coefficient, r = 0.10, p value: 049. (C) average
FL score and number of regulatory miRNAs from PITA results, Pearson
correlation coefficient, r = 0.124, p value: 0.59.

Additional file 7: Table S1: retrieved SE-miRNAs and FL-miRNAs. This
table lists the miRNA ID and number of targets in both SE genes and FL
genes predicted by PicTar, TargetScan and PITA. The p value were
inferred from Fisher exact test.

Additional file 8: Table S2: microarray data sets used for this
analysis. This table lists the GEO ID, brief description, number of samples
and sample type of 149 microarray data sets used for this analysis, which
includes 69 data sets from normal tissue, 59 data sets from cancer tissue
or cell line and 21 data sets from other disease.

Additional file 9: Table S2: retrieved SE genes and FL genes and

their FL Scores. This table lists the SE genes and FL genes obtained
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from 149 microarray data sets and from 69 microarray data sets based
on normal tissues respectively.

Acknowledgements

This work was supported by the short-term international visiting aid
program for doctoral student of Fudan University, and the National Natural
Science Foundation of China (NSFC 30925004 and 31000583). ZZ
acknowledges funding from a Canadian Institutes of Health Research
Operating Grant (No.115194), and an Ontario Early Researcher Award.

This article has been published as part of BMC Genomics Volume 13
Supplement 7, 2012: Eleventh International Conference on Bioinformatics
(InCoB2012): Computational Biology. The full contents of the supplement are
available online at http://www.biomedcentral.com/bmcgenomics/
supplements/13/57.

Author details

'School of Life Sciences, Fudan University, Shanghai, 200433, China. ?Institute
of Molecular Ecology and Evolution, iAIR, East China Normal University,
Shanghai, 200062, China. 3Donnelly Centre for Cellular and Biomolecular
Research, University of Toronto, 160 College Street, Toronto, ON, M5S 1A8,
Canada. “Institute of Biomedical and Environmental Science & Technology,
Faculty of Creative Arts, Technologies and Science, University of
Bedfordshire, Luton LU1 3JU, UK. *Shanghai Center for Bioinformation
Technology, Shanghai 200235, China. ‘Institute of Biodiversity Science and
Geobiology, Tibet University, Lhasa, 850000, China.

Authors’ contributions

ZY carried out the data analysis and drafted the manuscript. DD participated
in the design of the study and in drafting the manuscript. MJCC participated
in the data analysis and revised the manuscript. LW participated in the data
analysis. ZZ and YZ conceived the study and helped to revise the
manuscript. All authors read and approved the final manuscript.

Competing interests
The authors declare that they have no competing interests.

Published: 13 December 2012

References

1. Denby CM, Im JH, Yu RC, Pesce CG, Brem RB: Negative feedback confers
mutational robustness in yeast transcription factor regulation. Proc Nat/
Acad Sci USA 2012, 109(10):3874-3878.

2. Manu, Surkova S, Spirov AV, Gursky W, Janssens H, Kim AR, Radulescu O,
Vanario-Alonso CE, Sharp DH, Samsonova M, et al: Canalization of gene
expression in the Drosophila blastoderm by gap gene cross regulation.
PLOS Biol 2009, 7(3):21000049.

3. Bartel DP: MicroRNAs: genomics, biogenesis, mechanism, and function.
Cell 2004, 116(2):281-297.

4. He L, Hannon GJ: MicroRNAs: small RNAs with a big role in gene
regulation. Nat Rev Genet 2004, 5(7):522-531.

5. Zeng Y, Yi R, Cullen BR: MicroRNAs and small interfering RNAs can inhibit
mRNA expression by similar mechanisms. Proc Natl Acad Sci USA 2003,
100(17):9779-9784.

6. Lewis BP, Burge CB, Bartel DP: Conserved seed pairing, often flanked by
adenosines, indicates that thousands of human genes are microRNA
targets. Cell 2005, 120(1):15-20.

7. O'Donnell KA, Wentzel EA, Zeller KI, Dang CV, Mendell JT: c-Myc-
regulated microRNAs modulate E2F1 expression. Nature 2005,
435(7043):839-843.

8. Li X Cassidy JJ, Reinke CA, Fischboeck S, Carthew RW: A microRNA imparts
robustness against environmental fluctuation during development. Cell
2009, 137(2):273-282.

9. CuiQ Yu Z Purisima EO, Wang E: MicroRNA regulation and interspecific
variation of gene expression. Trends Genet 2007, 23(8):372-375.

10. Li J, Musso G, Zhang Z: Preferential regulation of duplicated genes by
microRNAs in mammals. Genome Biol 2008, 9(8):R132.

11. Zhang R, Su B: MicroRNA regulation and the variability of human cortical
gene expression. Nucleic Acids Res 2008, 36(14):4621-4628.


http://www.biomedcentral.com/content/supplementary/1471-2164-13-S7-S14-S1.pdf
http://www.biomedcentral.com/content/supplementary/1471-2164-13-S7-S14-S2.pdf
http://www.biomedcentral.com/content/supplementary/1471-2164-13-S7-S14-S3.pdf
http://www.biomedcentral.com/content/supplementary/1471-2164-13-S7-S14-S4.pdf
http://www.biomedcentral.com/content/supplementary/1471-2164-13-S7-S14-S5.pdf
http://www.biomedcentral.com/content/supplementary/1471-2164-13-S7-S14-S6.pdf
http://www.biomedcentral.com/content/supplementary/1471-2164-13-S7-S14-S7.xlsx
http://www.biomedcentral.com/content/supplementary/1471-2164-13-S7-S14-S8.xlsx
http://www.biomedcentral.com/content/supplementary/1471-2164-13-S7-S14-S9.xlsx
http://www.biomedcentral.com/bmcgenomics/supplements/13/S7
http://www.biomedcentral.com/bmcgenomics/supplements/13/S7
http://www.ncbi.nlm.nih.gov/pubmed/22355134?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22355134?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19750121?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19750121?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/14744438?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15211354?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15211354?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/12902540?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/12902540?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15652477?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15652477?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15652477?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15944709?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15944709?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19379693?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19379693?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17482307?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17482307?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18727826?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18727826?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18617573?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18617573?dopt=Abstract

Yang et al. BMC Genomics 2012, 13(Suppl 7):S14
http://www.biomedcentral.com/1471-2164/13/S7/514

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

32,

33.

34.

35.

Wu X, Song Y: Preferential regulation of miRNA targets by environmental
chemicals in the human genome. BMC Genomics 2011, 12:244.

Ashburner M, Ball CA, Blake JA, Botstein D, Butler H, Cherry JM, Davis AP,
Dolinski K, Dwight SS, Eppig JT, et al: Gene ontology: tool for the
unification of biology. The Gene Ontology Consortium. Nat Genet 2000,
25(1):25-29.

Krek A, Grun D, Poy MN, Wolf R, Rosenberg L, Epstein EJ, MacMenamin P,
da Piedade |, Gunsalus KC, Stoffel M, et al: Combinatorial microRNA target
predictions. Nat Genet 2005, 37(5):495-500.

Kertesz M, lovino N, Unnerstall U, Gaul U, Segal E: The role of site
accessibility in microRNA target recognition. Nat Genet 2007,
39(10):1278-1284.

John B, Enright AJ, Aravin A, Tuschl T, Sander C, Marks DS: Human
MicroRNA targets. PLoS Biol 2004, 2(11):e363.

Betel D, Wilson M, Gabow A, Marks DS, Sander C: The microRNA.org
resource: targets and expression. Nucleic Acids Res 2008, 36 Database:
D149-153.

Alexiou P, Vergoulis T, Gleditzsch M, Prekas G, Dalamagas T, Megraw M,
Grosse |, Sellis T, Hatzigeorgiou AG: miRGen 2.0: a database of microRNA
genomic information and regulation. Nucleic Acids Res 2010, 38 Database:
D137-141.

Hsu SD, Lin FM, Wu WY, Liang C, Huang WC, Chan WL, Tsai WT, Chen GZ,
Lee CJ, Chiu CM, et al: miRTarBase: a database curates experimentally
validated microRNA-target interactions. Nucleic Acids Res 2011, 39
Database: D163-169.

Xiao F, Zuo Z, Cai G, Kang S, Gao X, Li T: miRecords: an integrated
resource for microRNA-target interactions. Nucleic Acids Res 2009, 37
Database: D105-110.

Dweep H, Sticht C, Pandey P, Gretz N: miRWalk-database: prediction of
possible miRNA binding sites by “walking” the genes of three genomes.
J Biomed Inform 2011, 44(5):839-847.

Jiang Q, Wang Y, Hao Y, Juan L, Teng M, Zhang X, Li M, Wang G, Liu Y:
miR2Disease: a manually curated database for microRNA deregulation in
human disease. Nucleic Acids Res 2009, , 37 Database: D98-104.

Yuan X, Liu C, Yang P, He S, Liao Q, Kang S, Zhao Y: Clustered microRNAs’
coordination in regulating protein-protein interaction network. BMC Syst
Biol 2009, 3:65.

Li X, Jiang W, Li W, Lian B, Wang S, Liao M, Chen X, Wang Y, Lv Y, Yang L:
Dissection of human MiRNA regulatory influence to subpathway. Brief
Bioinform 2012, 13(2):175-186.

Megiorni F, Cialfi S, Dominici C, Quattrucci S, Pizzuti A: Synergistic post-
transcriptional regulation of the Cystic Fibrosis Transmembrane
conductance Regulator (CFTR) by miR-101 and miR-494 specific binding.
PLoS One 2011, 6(10):e26601.

Sood P, Krek A, Zavolan M, Macino G, Rajewsky N: Cell-type-specific
signatures of microRNAs on target mRNA expression. Proc Natl Acad Sci
USA 2006, 103(8):2746-2751.

Cheng C, Bhardwaj N, Gerstein M: The relationship between the evolution
of microRNA targets and the length of their UTRs. BMC Genomics 2009,
10:431.

Wu X, Brewer G: The regulation of mRNA stability in mammalian cells:
2.0. Gene 2012.

Maret D, Boffa MB, Brien DF, Nesheim ME, Koschinsky ML: Role of mRNA
transcript stability in modulation of expression of the gene encoding
thrombin activable fibrinolysis inhibitor. J Thromb Haemost 2004,
2(11):1969-1979.

Hornstein E, Shomron N: Canalization of development by microRNAs. Nat
Genet 2006, 38(Suppl):520-24.

Wu Cl, Shen Y, Tang T: Evolution under canalization and the dual roles of
microRNAs: a hypothesis. Genome Res 2009, 19(5):734-743.

Peterson KJ, Dietrich MR, McPeek MA: MicroRNAs and metazoan
macroevolution: insights into canalization, complexity, and the
Cambrian explosion. Bioessays 2009, 31(7):736-747.

Stark A, Lin MF, Kheradpour P, Pedersen JS, Parts L, Carlson JW, Crosby MA,
Rasmussen MD, Roy S, Deoras AN, et al: Discovery of functional elements
in 12 Drosophila genomes using evolutionary signatures. Nature 2007,
450(7167):219-232.

Lagos-Quintana M, Rauhut R, Lendeckel W, Tuschl T: Identification of novel
genes coding for small expressed RNAs. Science 2001, 294(5543):853-858.
Wienholds E, Plasterk RH: MicroRNA function in animal development. FEBS
Lett 2005, 579(26):5911-5922.

36.

37.

38.

39.

40.

42.

43.

45.

46.

47.

48.

49.

Page 10 of 10

Sempere LF, Cole CN, McPeek MA, Peterson KJ: The phylogenetic
distribution of metazoan microRNAs: insights into evolutionary
complexity and constraint. J Exp Zool B Mol Dev Evol 2006, 306(6):575-588.
Stefani G, Slack FJ: Small non-coding RNAs in animal development. Nat
Rev Mol Cell Biol 2008, 9(3):219-230.

Yu Z, Jian Z, Shen SH, Purisima E, Wang E: Global analysis of microRNA
target gene expression reveals that miRNA targets are lower expressed
in mature mouse and Drosophila tissues than in the embryos. Nucleic
Acids Res 2007, 35(1):152-164.

Selbach M, Schwanhausser B, Thierfelder N, Fang Z, Khanin R, Rajewsky N:
Widespread changes in protein synthesis induced by microRNAs. Nature
2008, 455(7209):58-63.

Martinez NJ, Ow MC, Barrasa MI, Hammell M, Sequerra R, Doucette-
Stamm L, Roth FP, Ambros VR, Walhout AJ: A C. elegans genome-scale
microRNA network contains composite feedback motifs with high flux
capacity. Genes Dev 2008, 22(18):2535-2549.

Tsang J, Zhu J, van Oudenaarden A: MicroRNA-mediated feedback and
feedforward loops are recurrent network motifs in mammals. Mol Cell
2007, 26(5):753-767.

Xie X, Lu J, Kulbokas EJ, Golub TR, Mootha V, Lindblad-Toh K, Lander ES,
Kellis M: Systematic discovery of regulatory motifs in human promoters
and 3’ UTRs by comparison of several mammals. Nature 2005,
434(7031):338-345.

Dreszer TR, Karolchik D, Zweig AS, Hinrichs AS, Raney BJ, Kuhn RM,

Meyer LR, Wong M, Sloan CA, Rosenbloom KR, et al: The UCSC Genome
Browser database: extensions and updates 2011. Nucleic Acids Res 2012, ,
40 Database: D918-923.

Cui Q Yu Z Pan Y, Purisima EO, Wang E: MicroRNAs preferentially target
the genes with high transcriptional regulation complexity. Biochem
Biophys Res Commun 2007, 352(3):733-738.

Barrett T, Troup DB, Wilhite SE, Ledoux P, Rudnev D, Evangelista C, Kim IF,
Soboleva A, Tomashevsky M, Marshall KA, et al: NCBI GEO: archive for
high-throughput functional genomic data. Nucleic Acids Res 2009, 37
Database: D885-890.

Hao P, Zheng S, Ping J, Tu K, Gieger C, Wang-Sattler R, Zhong Y, Li Y:
Human gene expression sensitivity according to large scale meta-
analysis. BMC Bioinformatics 2009, 10(Suppl 1):556.

Zheng Q, Wang XJ: GOEAST: a web-based software toolkit for Gene
Ontology enrichment analysis. Nucleic Acids Res 2008, 36 Web Server:
W358-363.

Rajewsky N: microRNA target predictions in animals. Nat Genet 2006,
38(Suppl):S8-13.

Krutzfeldt J, Rajewsky N, Braich R, Rajeev KG, Tuschl T, Manoharan M,
Stoffel M: Silencing of microRNAs in vivo with ‘antagomirs’. Nature 2005,
438(7068):685-689.

doi:10.1186/1471-2164-13-57-514

Cite this article as: Yang et al: Preferential regulation of stably
expressed genes in the human genome suggests a widespread
expression buffering role of microRNAs. BMC Genomics 2012 13(Suppl 7):
S14.

Submit your next manuscript to BioMed Central
and take full advantage of:

e Convenient online submission

* Thorough peer review

* No space constraints or color figure charges

¢ Immediate publication on acceptance

¢ Inclusion in PubMed, CAS, Scopus and Google Scholar

¢ Research which is freely available for redistribution

Submit your manuscript at
www.biomedcentral.com/submit

( ) BiolMed Central



http://www.ncbi.nlm.nih.gov/pubmed/21592377?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21592377?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10802651?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/10802651?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15806104?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15806104?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17893677?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17893677?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15502875?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15502875?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19850714?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19850714?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21071411?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21071411?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18996891?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18996891?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21605702?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21605702?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18927107?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18927107?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19558649?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19558649?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/21908864?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22028919?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22028919?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22028919?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16477010?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16477010?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19751524?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19751524?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22452843?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22452843?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15550029?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15550029?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15550029?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16736020?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19411598?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19411598?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19472371?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19472371?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19472371?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17994088?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17994088?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/11679670?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/11679670?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16111679?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16838302?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16838302?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16838302?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18270516?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17158157?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17158157?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17158157?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18668040?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18794350?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18794350?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18794350?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17560377?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17560377?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15735639?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15735639?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22086951?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/22086951?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17141185?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17141185?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18940857?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18940857?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19208159?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19208159?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18487275?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18487275?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16736023?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16258535?dopt=Abstract

	Abstract
	Background
	Results
	Conclusions

	Background
	Results
	Functional enrichment of SE and FL genes
	miRNA targets are preferentially enriched in SE genes
	Gene expression fluctuation buffering is independent of the number of regulatory miRNAs
	Gene expression fluctuation and 3’-UTR length

	Discussion
	Conclusions
	Methods
	Data collection and preprocessing
	Identification of SE genes and FL genes
	MiRNA target prediction
	Computational framework

	Acknowledgements
	Author details
	Authors' contributions
	Competing interests
	References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /Warning
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 500
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /Warning
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 500
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /Warning
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents suitable for reliable viewing and printing of business documents.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


