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Abstract

Harmful algal blooms are commonly thought to be dominated by a single genus, but they
are not homogenous communities. Current approaches, both molecular and culture-based,
often overlook fine-scale variations in community composition that can influence bloom
dynamics. We combined homology-based searches (BLASTX) and phylogenetics to distin-
guish and quantify Microcystis host and phage members across a summer season during a
2014 Microcystis- dominated bloom that occurred in Lake Tai (Taihu), China. We found 47
different genotypes of the Microcystis-specific DNA-dependent RNA polymerase (rpoB),
which included several morphospecies. Microcystis flos-aquae and Microcystis wesenbergii
accounted for ~86% of total Microcystis transcripts, while the more commonly studied Micro-
cystis aeruginosa only accounted for ~7%. Microcystis genotypes were classified into three
temporal groups according to their expression patterns across the course of the bloom:
early, constant and late. All Microcystis morphospecies were present in each group, indicat-
ing that expression patterns were likely dictated by competition driven by environmental fac-
tors, not phylogeny. We identified three primary Microcystis-infecting phages based on the
viral terminase, including a novel Siphoviridae phage that may be capable of lysogeny.
Within our dataset, Myoviridae phages consistent with those infecting Microcystis in a lytic
manner were positively correlated to the early host genotypes, while the Siphoviridae
phages were positively correlated to the late host genotypes, when the Myoviridae phages
express putative genetic markers for lysogeny. The expression of genes in the microcystin-
encoding mcy cassette was estimated using mcyA, which revealed 24 Microcystis-specific
genotypes that were negatively correlated to the early host genotypes. Of all environmental
factors measured, pH best described the temporal shift in the Microcystis community geno-
typic composition, promoting hypotheses regarding carbon concentration mechanisms and
oxidative stress. Our work expounds on the complexity of HAB events, using a well-studied
dataset to highlight the need for increased resolution of community dynamics.

Introduction

Bodies of water around the world are blighted by annual blooms of algal biomass. Known as
harmful algal blooms (HABs), these events of economic and environmental concerns are often
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associated with the production of toxic compounds and/or excessive biomass accumulation [1,
2]. Most bloom events, be they summer or winter / freshwater or marine, occur when a single
genus of algae evades normal biological constraints and achieves numerical dominance in a
community [3]. As such, events are typically referred to by the name of the dominant genus:
for example, in China’s Lake Tai, (Taihu in Mandarin) these are generally referred to as Micro-
cystis spp. blooms. The annual reoccurrence of similar species has been established in scientific
literature, providing an excellent study system for genetic shifts in microbial communities [4].

Ecosystem processes are driven by the composition and function of the species present.
Genotypic diversity of these species is of critical importance to community stability and per-
formance [5]. This diversity can be catalogued in several ways, including by the richness and
evenness of species or subspecies present and/or the number and composition of functional
roles present [6, 7]. Genotypic diversity can arise in multiple ways, and is an ongoing process
[8]. At the same time selective pressures are constant for microorganisms. Thus genetic drift
occurs based on the stochastic effects of random selection [9], niche partitioning and resource
utilization efficacy [10], environmental selection, and biotic interactions with fellow commu-
nity members including predation [11] and symbiosis [12]. Composite genotypic diversity in
an ecosystem can influence the phenotypic community, which governs many ecosystem traits
including biomass accumulation, the production of secondary compounds, and resiliency to
abiotic and biotic stressors.

Genetic diversity may become particularly important during HAB events, given the pre-
sumed lack of community diversity associated blooms. Although blooms are typically domi-
nated by only a few species, commonly members of the same genus, it is critical to remember
that these communities are not homogenous. Not only are there many different genotypes or
strains of the dominant taxa present, the spatial and temporal distribution of these genotypes
can vary widely over the bloom duration. Indeed, there have been many observations of geno-
typic shifts in Microcystis spp. blooms, even over the course of a single bloom event [13-16],
where the focus is often on the ability (or lack there-of) of these cyanobacteria to produce to
potent hepatotoxin microcystin (aka “fast-death factor”, [17]). Most studies have used poly-
merase chain reaction (PCR) approaches to characterize various genotypes and their toxicity
[18], which comes with the risk of some genotypes being excluded. As toxicity is not unique
trait of a single species or strain, the community composition of co-occurring toxic organisms
should be considered in toxin research [19].

The democratization in molecular biological tools has provided many new avenues of study
in HABs. However, these advanced tools can often overlook the constant disconnect that is
the dissimilarities between results from lab studies and measured environmental processes.
While controlled laboratory experiments and genomic sequencing of cultured isolates provide
important information, they cannot represent the complexity of natural diversity and function
present in an environment. For this reason, it may be less desirable to quantify the expression
of genes in an environmental sample by recruiting sequences to the genome of a cultured iso-
late. This practice results in an underestimation of true diversity and can obscure species or
strain level dynamics that may better reflect responses to environmental conditions.

Faced with the above, we sought to characterize the genotypic diversity of a spatially large
and temporally extended Microcystis spp.-dominated bloom using metatranscriptomic
sequencing. While previous efforts have examined specific subpopulations through recruit-
ment to a model lab strain [4], nutrient cycling genes [20] and viruses as drivers of mortality
[21, 22], our efforts here were focused on the specific question of how diverse the bloom form-
ing community was. We used a homology-based BLASTX approach accompanied by phyloge-
netics to identify the species and strains of Microcystis that were present and to quantify how
their distribution varied across the course of this bloom. The analyses revealed patterns in
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genotype-specific expression that were linked to abiotic and biotic environmental factors,
including pH and viral infection, respectively. We were also able to link changes in genotypic-
marker expression to changes in toxin gene activity. Our analyses provide evidence that diver-
sity, as well as small-scale patterns, are much broader than previously thought within the
Microcystis community and present new hypotheses regarding the role of genotypic diversity
in bloom dynamics.

Methods
Sampling and sequencing

Water samples were collected monthly from May to October from nine stations in Northwest-
ern Lake Taihu in 2014 during daylight hours, as previously described [4, 20-22]. Based on
anecdotal observations (e.g., see Fig 1), we know that a Microcystis-dominated bloom had
established biomass by the time our sample collection started in June, yet continued to accu-
mulate through to October. Whole water samples were collected at the surface and passed
through a 0.22-um pore-size Sterivex™ filter, excess water removed, and the unit filled with

Fig 1. Microcystis spp. bloom. Image of the cyanobacterial community, dominated by Microcystis spp., from Taihu, China. Photo was taken during
one of the sampling expeditions (October 7, 2014). Photo credit: SW Wilhelm.

https://doi.org/10.1371/journal.pone.0244482.9001
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RNAlater™ (Invitrogen) until extraction. Basic physical parameters were also measured at time
of sampling using a multiparameter water quality sonde (YSI 6600 V2) and include dissolved
oxygen, water temperature, pH, turbidity, electrical conductivity, and phycocyanin. Total
nitrogen (TN), total dissolved nitrogen (TDN), ammonium (NH,"), total phosphorus (TP),
total dissolved phosphorus (TDP), orthophosphate (PO4>"), and chlorophyll a (Chl-a) were
measured using standard methods (S1 Table). RNA extraction, sequencing: quality control
details can be found in previous publications [4, 20-22]. A step by step protocol can be found
at protocols.io describing the MoBio Powerwater DNA kit used to extract RNA and all modifi-
cations to the manufacturer protocol [23]. The resulting material paired-end sequences of 125
bp were generated at Hudson Alpha (Huntsville, AL, USA). Sequences are available from the
MG-RAST database (“Lake_ Taihu_metatranscriptome_project”). Trimmed sequences from
each sample were then combined to create a single assembly using MegaHit [22, 24].

Host and virus detection

Genes of interest were identified and quantified using a hallmark gene approach previously
described [25]. Briefly, our combined assembly was queried against a BLASTX v.2.6.0+ data-
base containing hallmark protein sequences from isolated reference genomes. Microcystis host
species were identified using the DNA-dependent RNA polymerase (rpoB) and Microcystis
phage were identified using the phage terminase (S2 Table). The toxin encoding protein McyA
was also used to characterize toxin production by Microcystis hosts and other cyanobacteria
[26]. Sequences with BLASTX hits were considered candidates if they had an e-value of less
than e”° or e ' (for hosts and viruses respectively), were greater than 300 bp, and were less
than 95% similar to any other candidate [22].

Host and virus taxonomy

Microcystis host (RpoB and McyA) and virus candidate taxonomy was confirmed by placing
the respective sequences on PhyML generated reference protein base phylogenetic trees

using pplacer and visualized using iTOL v.4 [22, 27, 28]. All trees used to determine taxonomy
are shown as cladograms to resolve taxonomy into distinct groups (Fig 2, S1 and S2 Figs).
Microcystis spp. candidate sequences were first distinguished from other prokaryotes using a
broad phylogenetic tree containing many prokaryotes and eukaryotes and then further charac-
terized to species and genotype [22]. The Microcystis species-specific RpoB tree contained
numerous isolates to increase genetic resolution. Approximate viral taxonomy was established
by querying the candidates against the NCBI RefSeq non-redundant database, removing any
false-positives or non-phage hits. The terminase tree for viruses contained many isolated
viruses, both infecting and not infecting Microcystis and several virome sequences that origi-
nated from a Microcystis bloom and appeared in our BLASTX to the RefSeq database [29].
Within these, three groups were considered specific to Microcystis. The first contains the Myo-
viridae strains Ma-LMMO01, MaMV-DC, and Node 34. Ma-LMMO01 and MaMV-DC are lab
isolates known to infect Microcystis hosts, and Node 34 is an uncultured phage sequence from
a Microcystis bloom virome that is 99% similar to Ma-LMMO01 and MaMV-DC [29-31]. The
second group, referred to as Sipho I, is an unusual group with no isolated phage known to
infect Microcystis. However, this group contains the Siphoviridae prophage-like sequence from
Microcystis aeruginosa NIES-88 as well as Node 382, another uncultured phage from the Mori-
moto et al. virome [29]. Because these viral terminase sequences are 98.5% similar and found
both in the environment and in a Microcystis host genome, we assume that this is a previously
overlooked phage capable of infecting Microcystis hosts. Node 331 was not included in this
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Fig 2. Expression of Microcystis genotypes. Microcystis DNA-dependent RNA polymerase (RpoB) cladogram of genotypes, colored by phylogenetic
group. Genotypes then rearranged based on temporal phase, with heatmap of the average total expression of each genotype. Bar charts represent the
average total expression for each genotype and each month. Red dots indicate no expression.

https://doi.org/10.1371/journal.pone.0244482.9002

group, as it is only 56% similar. The third group, referred to as Sipho II, contains the recently
discovered Siphoviridae phage, Micl [32].

Host and virus activity

Transcript activity was quantified by recruiting trimmed reads to candidate contigs that were
trimmed to the length of the aligned hallmark gene and normalized to the trimmed contig
length and library size [22, 33]. Monthly expression patterns were visualized using Heatmap-
per and the average expression of each genotype per month [34]. Genotypes were classified as
early, constant, or late based on their patterns of average expression per month. Early geno-
types displayed over 50% of their total expression during the months of June and July. Late
genotypes displayed over 75% of their total expression during the months of August, Septem-
ber, and October. Constant genotypes did not have any month display higher than 25% of
their total expression. The delineation between early and late months was originally proposed
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in Tang et al., based on changes in nutrient acquisition genes in the same dataset [4]. Pearson
correlations between host and virus genotypes were established and visualized using RStudio.
Correlations were corrected for multiple comparisons using the Benjamini Hochberg proce-
dure [35]. Environmental drivers of host genotypic patterns were analyzed using canonical
correspondence analysis (CCA) in RStudio.

Novel virus detection

In our primary analysis, we noticed a high similarity between several phage transcripts (tail
sheath, terminase, major capsid protein) and sequences including in a published Microcystis
host genome, NIES-88 when performing BLASTX [36]. Intrigued, we ran the host genome
through Phaster [37] and discovered a prophage-like portion. This portion of the genome was
then annotated using OmicsBox v.1.2.4 (BioBam, Valencia, Spain) and visualized using CG
View (S3 Fig) [38].

Results
The Microcystis community

Our species-specific Microcystis RpoB cladogram indicated that 47 of the 52 candidates previ-
ously identified by Pound et al. (2020) were Microcystis (Fig 2). The other five contigs origi-
nated from other cyanobacterial species. The most abundant (total reads) Microcystis species
were Microcystis flos-aquae and Microcystis wesenbergii, with 43.5% and 42.4%, respectively, of
the total Microcystis spp. expression. These species also had the highest number of genotypes,
with 20 M. flos-aquae and 15 M. wesenbergii. Only four genotypes of M. aeruginosa were
observed, and these accounted for only ~7.3% of the total Microcystis spp. expression. The clas-
sification of early, constant, and late genotypes varies in species composition, with no obvious
delineation or temporal shift in species (Fig 2). The early genotypes account for 59.7% of the
total expression, while the constant and late genotypes account for 27.2% and 13.2%, respec-
tively. In parallel, a total of 30 McyA candidate contigs were identified: 24 most closely related
to various Microcystis species, and six most closely related to other microcystin-producing cya-
nobacterial species (S1 Fig).

Microcystis-infecting viruses

Our method yielded 52 phage terminase candidates, 15 of which were determined to be Micro-
cystis specific (S2 Fig). Seven genotypes were most closely related to the well-documented
Mpyoviridae phages, Ma-LMMO1 and Ma-MVDC (30, 31]. The Myoviridae group represented
22.4% of the total Microcystis-associated phage expression. Only one candidate was most
closely related to the Sipho I group containing our proposed novel phage, representing only
1.5% of the total Microcystis phage expression. The Sipho II group, containing Mic1, was the
most abundant, with seven genotypes accounting for 76.1% of the total Microcystis phage
expression. However, most of that expression came from just two genotypes and occurred in
October.

Seasonal shifts in expression

Pearson correlations indicated distinct seasonal patterns in expression of Microcystisinfecting
phage as well as toxin production genes (Fig 3). Early Microcystis rpoB genotypes show a posi-
tive correlation to the Myoviridae phage group, but negative correlations to both Siphoviridae
groups. The inverse is true in the late genotypes, when rpoB expression is negatively correlated
to the Myoviridae group and positively correlated to both Siphoviridae groups. Correlation
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expression values and red indicates a significant negative correlation between expression values. White indicates no significant correlations.

https://doi.org/10.1371/journal.pone.0244482.9003

patterns with phage in the constantly expressed genotypes are less defined but show an inverse
correlation to the Sipho I group and no significant correlation to the Sipho II group.

Correlation patterns of Microcystis rpoB and mcyA are similarly delineated by early, con-

stant, and late rpoB genotypes (Fig 3). Early rpoB genotypes showed a negative relationship to

toxin-encoding gene expression, while constant and late genotypes are positively correlated

with toxin-encoding gene expression. mcyA expression is an average of 2.1x higher in the late
months (August, September, and October) than it is in the early months, indicating that early

genotypes display decreased expression of the microcystin encoding gene, while late genotypes
display increased expression of the microcystin encoding gene.

Environmental variables

To determine why rpoB genotypes have resolved into early, constant, and late groups, we used

a canonical correspondence analysis to orient the proportional expression of all 7poB geno-

types in each of our 33 samples. CCA1 described 66.2% of the variation in our samples, while
CCA2 described 6.2% of the variation. Of the environmental variables measured, sample

PLOS ONE | https://doi.org/10.1371/journal.pone.0244482 December 28, 2020

7/15


https://doi.org/10.1371/journal.pone.0244482.g003
https://doi.org/10.1371/journal.pone.0244482

PLOS ONE Host and viral heterogeneity in a Taihu Microcystis bloom

month and pH were the most positively associated variables to CCA1 (Fig 4) (S1 Table). Elec-
trical conductivity, salinity, and total dissolved solids were also strongly associated with CCAL,
in a negative direction. Total dissolved nitrogen and ammonium concentrations were the
most highly correlated variables to the secondary axis, CCA2.

Discussion

Cyanobacterial harmful algal blooms are a growing concern around the globe, and thus how
they manifest-both in terms of function(s) and who is carry out these functions (i.e., which
strains or species) is of critical importance to their management. The growing availability
of genomic sequences has created opportunities for rapid assessment of environmental
genomes and transcriptomes using approaches that involve “recruitment” (i.e., mapping
of the unknown environmental sequences to well-studied lab isolates). Yet, while these
approaches have been valuable to date and taught us much about how blooms are con-
strained, they are dependent on the choice of microbial strain for comparison. To move
beyond these limits, we have developed a workflow to characterize the subtle variations in
diversity that are commonly overlooked within genera that cause these events. Given that
lab strains of Microcystis represent a broad spectrum of genetic potentials that could skew
observations in the above approach, our approach creates an opportunity to more broadly
capture spatial and temporal variation in Microcystis cell function in situ as multiple mor-
photypes and species are captured. When paired with parallel analyses of active viral infec-
tion of cells and toxin gene expression, a picture emerges that better resolves the variability
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Fig 4. Canonical correspondence analysis. Canonical correspondence analysis of the proportional expression of all 47 Microcystis DNA-dependent
RNA polymerase (rpoB) genotypes in each of our 33 samples. Color gradient indicates the pH of each sample.

https://doi.org/10.1371/journal.pone.0244482.9004
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that occurs in nature. The genotypic diversity present in Lake Tai reveals important features
of Microcystis bloom dynamics in this system. Our findings suggest that the dominant spe-
cies in the bloom are M. flos-aquae and M. wesenbergii, not M. aeruginosa. Our observations
confirm other studies which employed PCR-based approaches to characterize toxic commu-
nities [39-41] in concluding that M. flos-aquae and M. wesenbergii were common in Lake
Tai. Our observations further show a relationship between the distribution of subsets of
these strains, transcription of toxin-encoding genes in the mcy cassette and active infections
by dsDNA-phage thought to target Microcystis. In examining these data, we demonstrate
how environmental conditions—in this case pH—may play a role in promoting or con-
straining the interactions between bloom success, viral infection and the production of a
potent hepatotoxin. Taken together our observation begin to shed light on the complex
interactions that result in the proliferation of a different genera with a large cyanobacterial
bloom.

Much knowledge in microbiology stems from the use of lab cultures to mimic conditions
found in the environment. To date, most studies in both the lab and natural systems have been
performed with M. aeruginosa due to the broad availability of isolates as well as its implicit role
as a major cyanotoxin producer in situ. However, our data suggest these strains may not pro-
vide the most accurate representation of bloom biomass in Lake Tai, nor bloom response to
perturbations [42-44], as M. aeruginosa are only a subset (~ 7.3% of Microcystis spp. expres-
sion) of that community. M. aeruginosa NIES-843 was the first Microcystis species to have its
genome fully-sequenced and closed [45], and therefore it has been the most widely applied
genomic model for Microcystis blooms. As molecular biology becomes more broadly applied
in natural systems, it is important to remember that an isolated reference organism may
misrepresent the true diversity/function in a system. As our approach revealed 47 genotypes
including at least 5 separate species of Microcystis, this work shows that going forward the use
of a single reference genome could obscure the different patterns of seasonal expression we
observed across genotypes.

Our analyses revealed that the Microcystis genotypes demonstrated different patterns of
expression over the course of the bloom. There was a strict delineation between early and late
genotypes, with additional genotypes occurring throughout the course of our sampling. These
phases were initially characterized by Tang et al. (2018) as bloom “formation” and “mainte-
nance”. They suggested these temporal groups were associated with changes in nutrient utiliza-
tion strategies, based on temporal changes in the expression of nitrogen and phosphorus
transport genes that matched the temporal patterns we observed in genotype expression within
the same dataset [4]. From our observations, we now believe that the changes observed in
nutrient utilization may have been, in part, a byproduct of the shifting genotypic composition.
Unfortunately, it is impossible to separate cause and effect and it has become clear in recent
years that nutrient concentrations measured in conjunction with biological parameters are as
much the residual (as opposed to the cause) of the biology that is present [46]. We note that
the temporal shift in genotypic populations does not indicate a morphospecies succession pat-
tern. All three temporal groups are comprised of multiple Microcystis species, with no defini-
tive dominance of any particular morphospecies in a given temporal group (Fig 2). This
suggests that the various species present might occupy parallel, yet different functional niches
within the ecosystem, allowing for co-occurring species groups [6]. This further suggests that
attributions of functions to morphospecies may be inexact.

In addition to the 47 Microcystis genotypes we observed, we also noted a wide diversity of
Microcystis phages. In a parallel to efforts to recruit to Microcystis genomes, most literature
pertaining to Microcystis phages refer only two isolated Myoviridae phages, Ma-LMMO1 and
MaMV-DC [21, 30, 31, 47] and uses these as recruitment models. In the current study, our
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approach allowed us to detect these well-characterized Myoviridae phages, the newly charac-
terized Siphoviridae phage, Micl [32], as well as a new Siphoviridae phage that we are confident
infects Microcystis spp. This latter phage was originally “discovered” in our analyses of a geno-
mic DNA scaffold of M. aeruginosa NIES-88, suggesting that it might have lysogenic potential
(S3 Fig). Indeed, the genetic complement of this virus includes an integrase gene, which has
not been observed in other Microcystis phages, although many have suggested the potential for
lysogeny in Microcystis bloom systems [21, 48]. This NIES-88 phage portion does not appear
to be a complete phage, indicating that it is likely remnant material. The presence of this phage
in the host genome promotes questions regarding the role of these viruses in horizontal gene
transfer and the rate at which phage and host genomes exchange material: there is a definite
precedent for this being a common occurrence in filamentous cyanobacteria [49].

Just as the gene expression of our host genotypes resolved into three temporal groups, our
three main classes of Microcystis phages did the same. The early phase of the bloom (June and
July) was characterized by and over-representation of the Myoviridae phage transcripts, which
had been observed previously [21]. Stough et al. used a single reference genome as bait to iden-
tify phage activity, yet in our effort we have shown that there were 7 genotypes present. The
presence of multiple Myoviridae genotypes has been observed before via real-time PCR and
might suggest rapid co-evolution with the host, or standing diversity [50]. While Ma-LMMO01
and MaMV-DC were both originally isolated on M. aeruginosa, recent analysis of MaMV-DC
indicates that it can limit the growth of M. wesenbergii and M. flos-aquae, although it did not
form plaques [51]. This suggests that the Myoviridae genotypes we observed may infect several
Microcystis strains / species that were prominent in the spring. When the Myoviridae is highly
expressed with the early host genotypes, infection by the two Siphoviridae groups are nearly
absent. In fact, the single Sipho I genotype was not expressed at all during June or July, and
four of the seven Sipho II genotypes were not expressed at all during June. Sipho II was much
more highly correlated to the late host genotypes, when there was a decrease in lytic Myoviri-
dae expression. This shift could be explained in a number of ways. The genotypic shift in hosts
may reflect a shift in host susceptibility or viral specificity [50] or a successional overturn,
either through density-dependent infection or lysogenic reproduction [21, 52]. However, it is
important to note that Stough et al. observed an increase in genes associated with myocya-
nophage-lysogeny during the later months, when the late genotypes are expressed [21]. It is
possible that the Siphoviridae phages only become active once the Myoviridae phage have
shifted into a lysogenic reproductive cycle. Or, it might be that the shift to a lysogeny for the
Mpyoviridae might prevent superinfection, causing a decrease in the expression of lytic Myoviri-
dae. In any case, it is unclear whether the host or the viruses are driving the temporal patterns
we observe.

The early host genotypes that strongly correlated to Myoviridae expression also strongly
correlated (negatively) to the expression of the toxin coding mcyA gene. The constant and late
genotypes are positively correlated with the expression of the toxin gene, even though actual
toxin levels seem to decrease at the warmer temperatures typical of September and October
[53]. Many studies have attempted to characterize genotypes and how toxin genes change in
copy abundance over the course of a bloom [14, 15, 54]. Expression of mcyA occurs through-
out the bloom, although there is an increase in the later months, providing a positive correla-
tion to both the constant and late genotypes (S1 Fig). We note that again there is a disconnect
between phylogeny and temporal patterns, given the diverse composition of mcyA taxonomic
groups. Microcystin production is thought to rarely result from a single species or strain, but
likely is a product of many co-occurring organisms [14, 16, 19]. Indeed, Otten and Paerl warn
against using Microcystis species type to estimate toxicity, because the co-occurring presence
of many species of various toxicities can obscure toxicity associations with particular species
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[40]. Even the expression of the mcyA toxin-encoding gene (or any gene in that cassette) is not
a guarantee that an organism is capable or actively producing microcystin, as often other com-
ponents of the cassette can be missing [55].

Although toxin gene expression and viral infection show similar temporal patterns, this does
not suggest that they are directly related or regulated. More than likely, both observations are a
function of cellular processes responding to similar external perturbations. Given that taxonomy
is not capable of describing host activity, viral infection, or toxin gene expression, it is logical to
hypothesize that the environment must be selecting for the genotypes we observed during vari-
ous bloom phases. While previous studies have proposed that time of day could influence phage
expression levels, we did not observe any pattern associated with diel cycling [vis a vis 29]. Our
analyses revealed that one the primary environmental factor associated with the temporal shift
in host rpoB expression was pH (Fig 4). System pH during cyanobacterial blooms is thought to
increase due to the consumption of water column dissolved carbon dioxide. In parallel with this,
pH is thought to influence Microcystis spp. carbon concentrating mechanisms, with evidence
that Microcystis spp. are able to maintain growth at higher pH [56, 57]. It is unclear how pH may
be influencing toxicity or viral infection, although we hypothesize that linkages to photosynthe-
sis, oxidative stress and nutrient acquisition are all potentially involved [56]. Electrical conductiv-
ity and salinity were also strongly associated with the temporal shift in host rpoB expression.
These two environmental parameters are highly self-correlated, representing the presence of
sodium ions in the water. Combined with the strong association of total dissolved solids, we
posit that this represents the presence of external terrestrial loading or resuspension, a hypothesis
previously suggested by Wilhelm et al. [58]. This could also help explain why we do not observe
a strong association with our nutrient parameters such as nitrogen or phosphorus. They are
likely being turned over quickly by the biological population, particularly during the early
months of the productive bloom, whereas sodium ions would remain in the water column.

Opverall, our observations have allowed us to identify and quantify the abundant host and
viral genotypes present in a freshwater cyanobacterial bloom system across a temporal profile.
A major observation here is that the “bloom” does not appear to be a single genotype of one
organism, but at least 47 different phylotypes that come from multiple species of the same
genus. Temporal shifts in active viral infection (including transitions in the type of virus) and
the expression of a key gene for toxin production confirm that the metabolism of Microcystis is
likely regulated by a complex interaction with environmental drivers [43] and that these driv-
ers influence the way researchers interpret bloom dynamics [46]. Our study highlights the
complexity of bloom systems, and how environmental factors can vary and relate to similar
organisms in different ways.

Supporting information

S1 Fig. McyA cladogram. Cladogram of toxin-encoding candidate contigs (mcyA). Inner
color ring indicates taxonomic group and outer heatmap rings indicate the average expression
of each candidate per month. Black dots indicate bootstrap values greater than 0.5 and red
dots indicate no expression.

(TIF)

S2 Fig. Terminase cladogram. Cladogram of phage terminase candidate contigs. Inner color
ring indicates Microcystis phage group and outer heatmap rings indicate the average expres-
sion of each candidate per month. Black dots indicate bootstrap values greater than 0.5 and
red dots indicate no expression.

(TTF)
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S3 Fig. NIES-88 genome. Genome scaffold map of NIES-88 (Accession number
NZ_JXYX010000002). Orange open reading frames indicate phage-like genes.
(TIFF)

S1 Table. Environmental parameters. Table of environmental parameters measured with
each sample collected and the associated biplot scores for the RpoB canonical correspondence
analysis.

(XLSX)

$2 Table. Genotype sequences. Sequences of RpoB, McyA, and terminase genotypes identi-
fied and analyzed.
(XLSX)

Acknowledgments

We thank Gary LeCleir, Robbie Martin, Eric Gann, Naomi Gilbert, Brittany Zepernick, Liz
Denison and Gwen Stark for feedback and conversations on this topic.

Author Contributions

Conceptualization: Helena L. Pound, Steven W. Wilhelm.
Data curation: Helena L. Pound.

Formal analysis: Helena L. Pound, Steven W. Wilhelm.
Funding acquisition: Steven W. Wilhelm.

Investigation: Helena L. Pound, Steven W. Wilhelm.
Methodology: Helena L. Pound.

Project administration: Helena L. Pound, Steven W. Wilhelm.
Validation: Helena L. Pound.

Visualization: Helena L. Pound.

Writing - original draft: Helena L. Pound.

Writing - review & editing: Helena L. Pound, Steven W. Wilhelm.

References

1. Anderson DM, Glibert PM, Burkholder JM. Harmful algal blooms and eutrophication: nutrient sources,
composition, and consequences. Estuaries. 2002; 25(4):704—26.

2. Hallegraeff G. Harmful algal blooms: a global overview. Manual on harmful marine microalgae. 2003;
33:1-22.

3. Glibert PM, Anderson DM, Gentien P, Granéli E, Sellner KG. The global, complex phenomena of harm-
ful algal blooms. Oceanography. 2005.

4. Tang X, Krausfeldt LE, Shao K, LeCleir GR, Stough JM, Gao G, et al. Seasonal gene expression and
the ecophysiological implications of toxic Microcystis aeruginosa blooms in Lake Taihu. Environmental
Science and Technology. 2018; 52(19):11049-59. https://doi.org/10.1021/acs.est.8b01066 PMID:
30168717

5. LattaLC, Baker M, Crowl T, Parnell JJ, Weimer B, DeWald DB, et al. Species and genotype diversity
drive community and ecosystem properties in experimental microcosms. Evolutionary Ecology. 2011;
25(5):1107-25.

6. Tilman D, Knops J, Wedin D, Reich P, Ritchie M, Siemann E. The influence of functional diversity and
composition on ecosystem processes. Science. 1997; 277(5330):1300-2.

PLOS ONE | https://doi.org/10.1371/journal.pone.0244482 December 28, 2020 12/15


http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0244482.s003
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0244482.s004
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0244482.s005
https://doi.org/10.1021/acs.est.8b01066
http://www.ncbi.nlm.nih.gov/pubmed/30168717
https://doi.org/10.1371/journal.pone.0244482

PLOS ONE

Host and viral heterogeneity in a Taihu Microcystis bloom

11.
12

13.

14.

15.

16.

17.

18.

19.

20.

21.

22,

23.
24.

25.
26.

27.

28.

29.

Hooper DU, Vitousek PM. The effects of plant composition and diversity on ecosystem processes. Sci-
ence. 1997; 277(5330):1302-5.

Luria SE, Delbriick M. Mutations of bacteria from virus sensitivity to virus resistance. Genetics. 1943; 28
(6):491. PMID: 17247100

Wright S. Evolution in Mendelian populations. Genetics. 1931; 16(2):97. PMID: 17246615

Tilman D, Reich PB, Knops J, Wedin D, Mielke T, Lehman C. Diversity and productivity in a long-term
grassland experiment. Science. 2001; 294(5543):843-5. https://doi.org/10.1126/science.1060391
PMID: 11679667

Van Valen L. The red queen. The American Naturalist. 1977; 111(980):809—10.

Morris JJ, Lenski RE, Zinser ER. The Black Queen Hypothesis: evolution of dependencies through
adaptive gene loss. MBio. 2012; 3(2):e00036—12. https://doi.org/10.1128/mBio.00036-12 PMID:
22448042

Carrillo E, Ferrero LM, Alonso-Andicoberry C, Basanta A, Martin A, Lopez-Rodas V, et al. Interstrain
variability in toxin production in populations of the cyanobacterium Microcystis aeruginosa from water-
supply reservoirs of Andalusia and lagoons of Dofiana National Park (southern Spain). Phycologia.
2003; 42(3):269-74.

Rinta-Kanto JM, Konopko EA, DeBruyn JM, Bourbonniere RA, Boyer GL, Wilhelm SW. Lake Erie Micro-
cystis: relationship between microcystin production, dynamics of genotypes and environmental parame-
ters in a large lake. Harmful algae. 2009; 8(5):665—73.

Kim S-G, Joung S-H, Ahn C-Y, Ko S-R, Boo SM, Oh H-M. Annual variation of Microcystis genotypes
and their potential toxicity in water and sediment from a eutrophic reservoir. FEMS microbiology ecol-
ogy. 2010; 74(1):93-102. https:/doi.org/10.1111/1.1574-6941.2010.00947.x PMID: 20695890

Yu L, Kong F, Zhang M, Yang Z, Shi X, Du M. The dynamics of Microcystis genotypes and microcystin
production and associations with environmental factors during blooms in Lake Chaohu, China. Toxins.
2014; 6(12):3238-57. https://doi.org/10.3390/toxins6123238 PMID: 25474494

Hughes EO, Gorham P, Zehnder A. Toxicity of a unialgal culture of Microcystis aeruginosa. Canadian
Journal of Microbiology. 1958; 4(3):225-36. https://doi.org/10.1139/m58-024 PMID: 13536907

Ouellette AJ, Handy SM, Wilhelm SW. Toxic Microcystis is widespread in Lake Erie: PCR detection of
toxin genes and molecular characterization of associated cyanobacterial communities. Microbial ecol-
ogy. 2006; 51(2):154—65. https://doi.org/10.1007/s00248-004-0146-z PMID: 16435169

Zingone A, Enevoldsen HO. The diversity of harmful algal blooms: a challenge for science and manage-
ment. Ocean & Coastal Management. 2000; 43(8—-9):725-48.

Krausfeldt LE, Tang X, van de Kamp J, Gao G, Bodrossy L, Boyer GL, et al. Spatial and temporal vari-
ability in the nitrogen cyclers of hypereutrophic Lake Taihu. FEMS Microbiology Ecology. 2017; 93(4).
https://doi.org/10.1093/femsec/fix024 PMID: 28334116

Stough JM, Tang X, Krausfeldt LE, Steffen MM, Gao G, Boyer GL, et al. Molecular prediction of lytic vs
lysogenic states for Microcystis phage: Metatranscriptomic evidence of lysogeny during large bloom
events. PloS One. 2017; 12(9):e0184146. https://doi.org/10.1371/journal.pone.0184146 PMID:
28873456

Pound HL, Gann ER, Tang X, Krausfeldt LE, Huff M, Staton ME, et al. The “Neglected Viruses” of
Taihu: Abundant Transcripts for Viruses Infecting Eukaryotes and Their Potential Role in Phytoplankton
Succession. Frontiers in Microbiology. 2020; 11:338. https://doi.org/10.3389/fmicb.2020.00338 PMID:
32210938

Krausfeldt LE, Wilhelm SW. RNA extraction from Sterivex filters Protocols.io2017.

Li D, Liu C-M, Luo R, Sadakane K, Lam T-W. MEGAHIT: an ultra-fast single-node solution for large and
complex metagenomics assembly via succinct de Bruijn graph. Bioinformatics. 2015; 31(10):1674—6.
https://doi.org/10.1093/bioinformatics/btv033 PMID: 25609793

Pound H, Wilhelm S. Metatranscriptomic screening for genes of interest Protocols.io2019.

Rinta-Kanto JM, Wilhelm SW. Diversity of microcystin-producing cyanobacteria in spatially isolated

regions of Lake Erie. Applied and environmental microbiology. 2006; 72(7):5083-5. https://doi.org/10.
1128/AEM.00312-06 PMID: 16820510

Matsen FA, Kodner RB, Armbrust EV. pplacer: linear time maximum-likelihood and Bayesian phyloge-
netic placement of sequences onto a fixed reference tree. BMC Bioinformatics. 2010; 11(1):538. https://
doi.org/10.1186/1471-2105-11-538 PMID: 21034504

Letunic I, Bork P. Interactive Tree Of Life (iTOL) v4: recent updates and new developments. Nucleic
Acids Research. 2019. https://doi.org/10.1093/nar/gkz239 PMID: 30931475

Morimoto D, Tominaga K, Nishimura Y, Yoshida N, Kimura S, Sako Y, et al. Cooccurrence of broad-and
narrow-host-range viruses infecting the bloom-forming toxic cyanobacterium Microcystis aeruginosa.

PLOS ONE | https://doi.org/10.1371/journal.pone.0244482 December 28, 2020 13/15


http://www.ncbi.nlm.nih.gov/pubmed/17247100
http://www.ncbi.nlm.nih.gov/pubmed/17246615
https://doi.org/10.1126/science.1060391
http://www.ncbi.nlm.nih.gov/pubmed/11679667
https://doi.org/10.1128/mBio.00036-12
http://www.ncbi.nlm.nih.gov/pubmed/22448042
https://doi.org/10.1111/j.1574-6941.2010.00947.x
http://www.ncbi.nlm.nih.gov/pubmed/20695890
https://doi.org/10.3390/toxins6123238
http://www.ncbi.nlm.nih.gov/pubmed/25474494
https://doi.org/10.1139/m58-024
http://www.ncbi.nlm.nih.gov/pubmed/13536907
https://doi.org/10.1007/s00248-004-0146-z
http://www.ncbi.nlm.nih.gov/pubmed/16435169
https://doi.org/10.1093/femsec/fix024
http://www.ncbi.nlm.nih.gov/pubmed/28334116
https://doi.org/10.1371/journal.pone.0184146
http://www.ncbi.nlm.nih.gov/pubmed/28873456
https://doi.org/10.3389/fmicb.2020.00338
http://www.ncbi.nlm.nih.gov/pubmed/32210938
https://doi.org/10.1093/bioinformatics/btv033
http://www.ncbi.nlm.nih.gov/pubmed/25609793
https://doi.org/10.1128/AEM.00312-06
https://doi.org/10.1128/AEM.00312-06
http://www.ncbi.nlm.nih.gov/pubmed/16820510
https://doi.org/10.1186/1471-2105-11-538
https://doi.org/10.1186/1471-2105-11-538
http://www.ncbi.nlm.nih.gov/pubmed/21034504
https://doi.org/10.1093/nar/gkz239
http://www.ncbi.nlm.nih.gov/pubmed/30931475
https://doi.org/10.1371/journal.pone.0244482

PLOS ONE

Host and viral heterogeneity in a Taihu Microcystis bloom

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42,

43.

44,

45.

46.

47.

48.

49.

50.

Applied and environmental microbiology. 2019; 85(18):e01170-19. https://doi.org/10.1128/AEM.
01170-19 PMID: 31324627

Yoshida T, Takashima 'Y, Tomaru Y, Shirai Y, Takao Y, Hiroishi S, et al. Isolation and characterization
of a cyanophage infecting the toxic cyanobacterium Microcystis aeruginosa. Applied Environmental
Microbiology. 2006; 72(2):1239-47. Epub 2006/02/08. https://doi.org/10.1128/AEM.72.2.1239-1247.
2006 PMID: 16461672.

OuT, Li S, Liao X, Zhang Q. Cultivation and characterization of the MaMV-DC cyanophage that infects
bloom-forming cyanobacterium Microcystis aeruginosa. Virologica Sinica. 2013; 28(5):266—71. https://
doi.org/10.1007/s12250-013-3340-7 PMID: 23990146

Yang F, Jin H, Wang X-Q, Li Q, Zhang J-T, Cui N, et al. Genomic Analysis of Mic1 Reveals a Novel
Freshwater Long-Tailed Cyanophage. Frontiers in Microbiology. 2020; 11:484. https://doi.org/10.3389/
fmicb.2020.00484 PMID: 32322241

Gann ER, Pound HL, Wilhelm SW. Python Script: Extracting aligned portion of viral hallmark genes
from blastx sequence. [Python version 3.7]. 2019. https://github.com/Wilhelmlab/general-scripts/blob/
master/Pound2019_Extract_aligned.py.

Babicki S, Arndt D, Marcu A, Liang Y, Grant JR, Maciejewski A, et al. Heatmapper: web-enabled heat
mapping for all. Nucleic Acids Research. 2016; 44(W1):W147-W53. https://doi.org/10.1093/nar/
gkw419 PMID: 27190236

Benjamini Y, Hochberg Y. Controlling the false discovery rate: a practical and powerful approach to mul-
tiple testing. Journal of the Royal statistical society: series B (Methodological). 1995; 57(1):289-300.

Parajuli A, Kwak DH, Dalponte L, Leikoski N, Galica T, Umeobika U, et al. A Unique Tryptophan C-Pre-
nyltransferase from the Kawaguchipeptin Biosynthetic Pathway. Angewandte Chemie. 2016; 128
(11):3660-3. https://doi.org/10.1002/anie.201509920 PMID: 26846478

Arndt D, Grant JR, Marcu A, Sajed T, Pon A, Liang Y, et al. PHASTER: a better, faster version of the
PHAST phage search tool. Nucleic acids research. 2016; 44(W1):W16-W21. https://doi.org/10.1093/
nar/gkw387 PMID: 27141966

Stothard P, Wishart DS. Circular genome visualization and exploration using CGView. Bioinformatics.
2005; 21(4):537-9. https://doi.org/10.1093/bioinformatics/bti054 PMID: 15479716

CaiY, Kong F, ShiL, Yu Y. Spatial heterogeneity of cyanobacterial communities and genetic variation
of Microcystis populations within large, shallow eutrophic lakes (Lake Taihu and Lake Chaohu, China).
Journal of environmental sciences. 2012; 24(10):1832—42.

Otten TG, Paerl HW. Phylogenetic inference of colony isolates comprising seasonal Microcystis blooms
in Lake Taihu, China. Microbial ecology. 2011; 62(4):907—18. https://doi.org/10.1007/s00248-011-
9884-x PMID: 21667196

Li M, Zhu W, Gao L, Huang J, Li L. Seasonal variations of morphospecies composition and colony size of
Microcystis in a shallow hypertrophic lake (Lake Taihu, China). Fresen Environ Bull. 2013; 22:3474—-83.

Harke MJ, Gobler CJ. Daily transcriptome changes reveal the role of nitrogen in controlling microcystin
synthesis and nutrient transport in the toxic cyanobacterium, Microcystis aeruginosa. BMC genomics.
2015; 16(1):1068. https://doi.org/10.1186/s12864-015-2275-9 PMID: 26673568

Steffen MM, Dearth SP, Dill BD, Li Z, Larsen KM, Campagna SR, et al. Nutrients drive transcriptional
changes that maintain metabolic homeostasis but alter genome architecture in Microcystis. The ISME
Journal. 2014; 8(10):2080. https://doi.org/10.1038/ismej.2014.78 PMID: 24858783

Penn K, Wang J, Fernando SC, Thompson JR. Secondary metabolite gene expression and interplay of
bacterial functions in a tropical freshwater cyanobacterial bloom. The ISME journal. 2014; 8(9):1866—
78. https://doi.org/10.1038/ismej.2014.27 PMID: 24646695

Kaneko T, Nakajima N, Okamoto S, Suzuki |, Tanabe Y, Tamaoki M, et al. Complete genomic structure
of the bloom-forming toxic cyanobacterium Microcystis aeruginosa NIES-843. DNA research. 2007; 14
(6):247-56. https://doi.org/10.1093/dnares/dsm026 PMID: 18192279

Wilhelm SW, Bullerjahn GS, McKay RML. The Complicated and Confusing Ecology of Microcystis
Blooms. Mbio. 2020; 11(3). https://doi.org/10.1128/mBio.00529-20 PMID: 32605981

Morimoto D, Kimura S, Sako Y, Yoshida T. Transcriptome Analysis of a Bloom-Forming Cyanobacte-
rium Microcystis aeruginosa during Ma-LMMO1 Phage Infection. 2018; 9:2.

Yoshida T, Nagasaki K, Takashima 'Y, Shirai Y, Tomaru Y, Takao Y, et al. Ma-LMMO1 infecting toxic
Microcystis aeruginosa illuminates diverse cyanophage genome strategies. 2008; 190(5):1762-72.

Martin RM, Moniruzzaman M, Mucci NC, Willis A, Woodhouse JN, Xian Y, et al. Cylindrospermopsis
raciborskii Virus and host: Genomic characterization and ecological relevance. 2019.

Kimura S, Sako Y, Yoshida T. Rapid microcystis cyanophage gene diversification revealed by long- and
short-term genetic analyses of the tail sheath gene in a natural pond. Appl Environ Microbiol. 2013; 79
(8):2789-95. Epub 2013/02/19. https://doi.org/10.1128/AEM.03751-12 PMID: 23417006.

PLOS ONE | https://doi.org/10.1371/journal.pone.0244482 December 28, 2020 14/15


https://doi.org/10.1128/AEM.01170-19
https://doi.org/10.1128/AEM.01170-19
http://www.ncbi.nlm.nih.gov/pubmed/31324627
https://doi.org/10.1128/AEM.72.2.1239-1247.2006
https://doi.org/10.1128/AEM.72.2.1239-1247.2006
http://www.ncbi.nlm.nih.gov/pubmed/16461672
https://doi.org/10.1007/s12250-013-3340-7
https://doi.org/10.1007/s12250-013-3340-7
http://www.ncbi.nlm.nih.gov/pubmed/23990146
https://doi.org/10.3389/fmicb.2020.00484
https://doi.org/10.3389/fmicb.2020.00484
http://www.ncbi.nlm.nih.gov/pubmed/32322241
https://github.com/Wilhelmlab/general-scripts/blob/master/Pound2019_Extract_aligned.py
https://github.com/Wilhelmlab/general-scripts/blob/master/Pound2019_Extract_aligned.py
https://doi.org/10.1093/nar/gkw419
https://doi.org/10.1093/nar/gkw419
http://www.ncbi.nlm.nih.gov/pubmed/27190236
https://doi.org/10.1002/anie.201509920
http://www.ncbi.nlm.nih.gov/pubmed/26846478
https://doi.org/10.1093/nar/gkw387
https://doi.org/10.1093/nar/gkw387
http://www.ncbi.nlm.nih.gov/pubmed/27141966
https://doi.org/10.1093/bioinformatics/bti054
http://www.ncbi.nlm.nih.gov/pubmed/15479716
https://doi.org/10.1007/s00248-011-9884-x
https://doi.org/10.1007/s00248-011-9884-x
http://www.ncbi.nlm.nih.gov/pubmed/21667196
https://doi.org/10.1186/s12864-015-2275-9
http://www.ncbi.nlm.nih.gov/pubmed/26673568
https://doi.org/10.1038/ismej.2014.78
http://www.ncbi.nlm.nih.gov/pubmed/24858783
https://doi.org/10.1038/ismej.2014.27
http://www.ncbi.nlm.nih.gov/pubmed/24646695
https://doi.org/10.1093/dnares/dsm026
http://www.ncbi.nlm.nih.gov/pubmed/18192279
https://doi.org/10.1128/mBio.00529-20
http://www.ncbi.nlm.nih.gov/pubmed/32605981
https://doi.org/10.1128/AEM.03751-12
http://www.ncbi.nlm.nih.gov/pubmed/23417006
https://doi.org/10.1371/journal.pone.0244482

PLOS ONE

Host and viral heterogeneity in a Taihu Microcystis bloom

51.

52.

53.

54.

55.

56.

57.

58.

Wang J, Bai P, LiQ, Lin Y, Huo D, Ke F, et al. Interaction between cyanophage MaMV-DC and eight
Microcystis strains, revealed by genetic defense systems. Harmful algae. 2019; 85:101699. https://doi.
org/10.1016/j.hal.2019.101699 PMID: 31810530

Murray AG, Jackson GA. Viral dynamics: a model of the effects of size, shape, motion and abundance
of single-celled planktonic organisms and other particles. Marine Ecology Progress Series. 1992:103—
16.

Peng G, Martin RM, Dearth SP, Sun X, Boyer GL, Campagna SR, et al. Seasonally relevant cool tem-
peratures interact with N chemistry to increase microcystins produced in lab cultures of Microcystis aer-
uginosa NIES-843. Environmental science & technology. 2018; 52(7):4127-36.

Kurmayer R, Kutzenberger T. Application of real-time PCR for quantification of microcystin genotypes
in a population of the toxic cyanobacterium Microcystis sp. Applied and environmental microbiology.
20083; 69(11):6723-30. https://doi.org/10.1128/aem.69.11.6723-6730.2003 PMID: 14602633

Tillett D, Parker DL, Neilan BA. Detection of toxigenicity by a probe for the microcystin synthetase A
gene (mcyA) of the cyanobacterial genus Microcystis: comparison of toxicities with 16S rRNA and phy-
cocyanin operon (phycocyanin intergenic spacer) phylogenies. Applied and environmental microbiol-
ogy. 2001; 67(6):2810-8. https://doi.org/10.1128/AEM.67.6.2810-2818.2001 PMID: 11375198

Krausfeldt LE, Farmer AT, Castro Gonzalez H, Zepernick BN, Campagna SR, Wilhelm SW. Urea is
both a carbon and nitrogen source for Microcystis aeruginosa: tracking 13C incorporation at bloom pH
conditions. Frontiers in Microbiology. 2019; 10:1064. https://doi.org/10.3389/fmicb.2019.01064 PMID:
31164875

Visser PM, Verspagen JM, Sandrini G, Stal LJ, Matthijs HC, Davis TW, et al. How rising CO2 and global
warming may stimulate harmful cyanobacterial blooms. Harmful Algae. 2016; 54:145-59. https://doi.
org/10.1016/j.hal.2015.12.006 PMID: 28073473

Wilhelm SW, Farnsley SE, LeCleir GR, Layton AC, Satchwell MF, DeBruyn JM, et al. The relationships

between nutrients, cyanobacterial toxins and the microbial community in Taihu (Lake Tai), China. Harm-
ful Algae. 2011; 10(2):207—-15. https://doi.org/10.1016/j.hal.2010.10.001

PLOS ONE | https://doi.org/10.1371/journal.pone.0244482 December 28, 2020 15/15


https://doi.org/10.1016/j.hal.2019.101699
https://doi.org/10.1016/j.hal.2019.101699
http://www.ncbi.nlm.nih.gov/pubmed/31810530
https://doi.org/10.1128/aem.69.11.6723-6730.2003
http://www.ncbi.nlm.nih.gov/pubmed/14602633
https://doi.org/10.1128/AEM.67.6.2810-2818.2001
http://www.ncbi.nlm.nih.gov/pubmed/11375198
https://doi.org/10.3389/fmicb.2019.01064
http://www.ncbi.nlm.nih.gov/pubmed/31164875
https://doi.org/10.1016/j.hal.2015.12.006
https://doi.org/10.1016/j.hal.2015.12.006
http://www.ncbi.nlm.nih.gov/pubmed/28073473
https://doi.org/10.1016/j.hal.2010.10.001
https://doi.org/10.1371/journal.pone.0244482

