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Although psychologists have studied effects of misin-
formation for decades (for a review, see Lewandowsky 
et al., 2012), recent years have seen a surge in research 
on why people fall for misinformation and what can 
be done about it (for reviews, see Ecker et al., 2022; 
Pennycook & Rand, 2021b; Van der Linden, 2022). 
Three assumptions in the public and scientific discourse 
related to this work are that (1) people are bad at dis-
cerning true from false information, (2) partisan bias is 
not a driving force in judgments of misinformation, and 
(3) gullibility to false information is the main factor 
underlying inaccurate beliefs. Drawing on a framework 
that conceptualizes truth judgments of true and false 
information as a signal-detection problem (Batailler 
et al., 2022), we argue that the three assumptions are 
inconsistent with the available evidence, which shows 
that (a) people are quite good at discerning true from 
false information, (b) partisan bias in responses to true 
and false information is pervasive and strong, and (c) 
skepticism against true information that is incongruent 
with one’s beliefs is much more pronounced than gull-
ibility to false information that is congruent with one’s 
beliefs. In the current article, we address each of these 
points and their implications for person-centered mis-
information interventions to tackle inaccurate beliefs.

Judging True and False Information

A helpful framework to illustrate the key points of our 
analysis is signal detection theory (SDT; Green & Swets, 
1966). Although SDT was originally developed for 
research on visual perception, its core concepts can be 
applied to any decision problem involving binary cat-
egorical judgments of two stimulus classes (e.g., judg-
ments of true and false information as either true or 
false). According to SDT, a correct judgment of true 
information as true can be described as a hit, a correct 
judgment of false information as false can be described 
as a correct rejection, an incorrect judgment of true 
information as false can be described as a miss, and an 
incorrect judgment of false information as true can be 
described as a false alarm (Batailler et al., 2022). SDT 
offers a nuanced statistical framework for analyzing 
responses to true and false information. Yet, for the 
purpose of the current analysis, the most significant 
insight provided by SDT is conceptual, in that it 
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identifies two distinct factors underlying judgments of 
true and false information as either true or false.

The first factor, labeled sensitivity within SDT, refers 
to how good people are at discerning true from false 
information (Batailler et  al., 2022). If a person is not 
very good at distinguishing between true and false infor-
mation (see Fig. 1, Panel a), this person would mistak-
enly judge a lot of false information as true (i.e., high 
rate of false alarms) and mistakenly judge a lot of true 

information as false (i.e., high rate of misses). In con-
trast, a person who is relatively good at distinguishing 
between true and false information (see Fig. 1, Panel b) 
would correctly judge a lot of false information as false 
(i.e., high rate of correct rejections) and correctly judge 
a lot of true information as true (i.e., high rate of hits).

The second factor, labeled threshold within SDT, 
refers to people’s overall tendency to accept versus 
reject information (Batailler et  al., 2022). If a person 
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Fig. 1.  Graphical depiction of sensitivity within signal detection theory, reflecting the distance between 
distributions of judgments about true and false information along the dimension of perceived veracity. 
Distributions that are closer together along the perceived-veracity dimension have a lower sensitivity, 
indicating that participants’ ability in correctly discriminating between true and false information is 
relatively low (upper panel). Distributions that are further apart along the perceived-veracity dimension 
have a higher sensitivity, indicating that participants’ ability in correctly discriminating between true 
and false information is relatively high (lower panel).
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has a low threshold for judging information as true (see 
Fig. 2, Panel a), this person would correctly judge a lot 
of true information as true (i.e., high rate of hits) but 
also mistakenly judge a lot of false information as true 
(i.e., high rate of false alarms). Conversely, if a person 
has a high threshold for judging information as true 
(see Fig. 2, Panel b), this person would correctly judge 
a lot of false information as false (i.e., high rate of 

correct rejections) but also mistakenly judge a lot of 
true information as false (i.e., high rate of misses).

An important aspect of the distinction between sen-
sitivity and threshold is that the two factors are inde-
pendent. For example, a higher threshold is not 
necessarily associated with higher sensitivity, because 
a higher threshold leads to greater accuracy in judg-
ments of false information (i.e., more false information 
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Fig. 2.  Graphical depiction of threshold within signal detection theory, reflecting the threshold along the 
dimension of perceived veracity at which a participant decides to switch their decision. When judging 
information as true (vs. false), threshold indicates the degree of veracity the participant must perceive 
before judging information as true. Any stimulus with greater perceived veracity than that value will be 
judged as true, whereas any stimulus with lower perceived veracity than that value will be judged as 
false. A low threshold would indicate that a participant is generally more likely to judge information as 
true (upper panel), whereas a high threshold would indicate that a participant is generally less likely 
to judge information as true (lower panel).
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is correctly judged as false) and, at the same time, 
greater inaccuracy in judgments of true information 
(i.e., more true information is incorrectly judged as 
false). Conversely, a lower threshold is not necessarily 
associated with lower sensitivity, because a lower 
threshold leads to greater inaccuracy in judgments of 
false information (i.e., more false information is incor-
rectly judged as true) and, at the same time, greater 
accuracy in judgments of true information (i.e., more 
true information is correctly judged as true). Thus, over-
all accuracy in distinguishing between true and false 
information (i.e., sensitivity) often remains unaffected 
by higher or lower thresholds, in that greater accuracy 
in judgments of false information is compensated by 
greater inaccuracy in judgments of true information, or 
vice versa (see Fig. 2). As we explain next, these con-
siderations are important when assessing the validity 
of the three assumptions that (1) people are bad at 
discerning true from false information, (2) partisan bias 
is not a driving force in responses to misinformation, 
and (3) gullibility to false information is the main factor 
underlying inaccurate beliefs.

Myth 1: People Are Bad at Discerning 
True From False Information

A central idea in the psychological literature is that 
person-centered misinformation interventions require 
approaches that effectively increase people’s ability to 
discern true from false information (Guay et al., 2023). 
That is, interventions should increase sensitivity. A tacit 
assumption underlying this quest is that people are not 
very good at discerning true from false information (i.e., 
people show low sensitivity). However, many experts 
on misinformation disagree with this assumption (Altay, 
Berriche, Heuer, et al., 2023), and a closer look at the 
available evidence suggests that it is incorrect (for a 
meta-analysis, see Pfänder & Altay, in press). For exam-
ple, in a review of data from more than 15,000 partici-
pants, Pennycook and Rand (2021a) report an average 
difference of 2.9 standard deviations in judgments of 
real versus fake news as true, suggesting very high 
sensitivity in truth judgments of real and fake news. To 
provide a frame of reference, differences of that size 
are comparable to the differences between Democrats 
and Republicans on self-report measures of liberal ver-
sus conservative political ideology (Gawronski et al., 
2023). These findings suggest that people are surpris-
ingly good at discerning true from false information.1

An important qualification of this conclusion is that 
it is specific to judgments of truth and does not general-
ize to sharing decisions. For the latter, sensitivity is 
typically close to chance level, in that people are as 
likely to share false information as they are to share 

true information (Gawronski et al., 2023). The discrep-
ancy between truth judgments and sharing decisions 
suggests that although people can distinguish between 
true and false information with a high degree of accu-
racy when they are directly asked to judge the truth of 
information, they do not seem to utilize this skill in 
decisions to share information, possibly because they 
do not think much about truth when sharing informa-
tion online. In line with this idea, nudging people to 
think about truth when making sharing decisions has 
been found to be effective in improving the quality  
of shared information (Pennycook et  al., 2020). 
Nevertheless, the finding that people are able to distin-
guish between true and false information with a high 
degree of accuracy contradicts the idea that people are 
not very good at telling the difference between true 
and false information.

Myth 2: Partisan Bias Is Not a Driving 
Force in Judgments of Misinformation

Although people are quite good at discerning true from 
false information, they are not perfect. People still make 
errors when judging the veracity of true and false infor-
mation. The available evidence suggests that these 
errors are highly systematic, in that (a) people are much 
more likely to mistakenly judge false information as 
true when it is congruent with their political views than 
when it is incongruent and (b) people are much more 
likely to mistakenly judge true information as false 
when it is incongruent with their political views than 
when it is congruent. More generally, people have dif-
ferent thresholds for belief-congruent and belief- 
incongruent information, in that they tend to (a) accept 
belief-congruent information as true regardless of 
whether it is true or false and (b) reject belief- 
incongruent information as false regardless of whether 
it is true or false (Batailler et  al., 2022; Gawronski  
et al., 2023; Nahon et  al., 2024). Such partisan-bias 
effects in thresholds have been found to be pervasive 
and strong among both left-leaning and right-leaning 
participants, with effect sizes that exceed the conven-
tional benchmark for a large effect.

Although many experts believe that partisan bias is 
a major factor underlying susceptibility to misinforma-
tion (Altay, Berriche, Heuer, et al., 2023), there is an 
influential narrative in the misinformation literature 
claiming that partisan bias is not a driving force in 
responses to misinformation (e.g., Pennycook & Rand, 
2019, 2021b). How can these conflicting views be rec-
onciled? The answer to this question is that the dis-
missal of partisan bias is based on a questionable 
conceptualization of partisan bias in terms of sensitivity 
rather than threshold. For example, Pennycook and 
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Rand (2021b) argued that partisan bias should lead to 
lower truth discernment for belief-congruent compared 
with belief-incongruent information. Yet, if anything, 
the empirical evidence suggests the opposite, which 
led them to dismiss partisan bias as a driving force in 
responses to misinformation. However, within an SDT 
framework, partisan bias is reflected in differential 
thresholds rather than differential sensitivity—and 
when conceptualized in terms of differential thresholds, 
partisan-bias effects are large and pervasive.

To illustrate why a conceptualization of partisan bias 
in terms of differential thresholds is more appropriate, 
consider a hypothetical case where Participant A judges 
70% of true information as true and 30% of false infor-
mation as true. Further imagine that Participant A shows 
this pattern for information that is congruent with their 
political views as well as for information that is incon-
gruent with their political views. Now imagine a 
Participant B who judges 90% of true information as 
true and 50% of false information as true when the 
information is congruent with their political views. 
Imagine further that Participant B judges 50% of true 
information as true and 10% of false information as true 
when the information is incongruent with their political 
views. In a conceptualization of partisan bias in terms 
of differential sensitivity (e.g., Pennycook & Rand, 
2021b), neither Participant A nor Participant B shows 
partisan bias, because both participants have the same 
sensitivity for belief-congruent and belief-incongruent 
information. For both types of information, the two 
participants show a 40% difference in the acceptance 
of true versus false information.

Yet, despite the identical sensitivities for belief- 
congruent and belief-incongruent information, 
Participant B clearly evaluates information in a manner 
biased toward their political views, in that the partici-
pant is much more likely to judge information as true 
when it is congruent than when it is incongruent with 
their political views (see Stanovich et al., 2013). Within 
SDT, this tendency is reflected in different thresholds, 
in that Participant B shows a lower threshold for belief-
congruent compared with belief-incongruent informa-
tion (Batailler et al., 2022). Because a conceptualization 
of partisan bias in terms of sensitivity misses this impor-
tant difference, such a conceptualization can lead to 
the mistaken conclusion that partisan bias is not a driv-
ing force in responses to misinformation (e.g., 
Pennycook & Rand, 2021b). Yet, when partisan bias is 
conceptualized in terms of differential thresholds, par-
tisan bias is pervasive and strong (Gawronski et  al., 
2023), even in studies that have been claimed to show 
its irrelevance (see Batailler et  al., 2022; Gawronski, 
2021). Although the mechanisms underlying partisan 
bias in judgments of true and false information are still 

unclear (see Ditto et al., 2025; Tappin et al., 2020), these 
considerations suggest that (a) the proclaimed irrele-
vance of partisan bias is based on a questionable con-
ceptualization in terms of differential sensitivities and 
(b) partisan bias in responses to misinformation is per-
vasive and strong when it is conceptualized in terms 
of differential thresholds.

Myth 3: Gullibility to False Information 
Is the Main Factor Underlying 
Inaccurate Beliefs

A conceptualization of partisan bias in terms of differ-
ential thresholds includes two components: (a) a ten-
dency to judge belief-congruent information as true 
regardless of whether it is true or false and (b) a ten-
dency to judge belief-incongruent information as false 
regardless of whether it is true or false (Batailler et al., 
2022). The first component involves gullibility to belief-
congruent false information due to a low threshold for 
belief-congruent information (sometimes called confir-
mation bias; see Edwards & Smith, 1996); the second 
component involves skepticism against belief-incongruent 
true information due to a high threshold for belief-
incongruent information (sometimes called disconfirma-
tion bias; see Edwards & Smith, 1996). In our work, we 
consistently found that effect sizes for the second com-
ponent are much larger than effect sizes for the first 
component (Gawronski et al., 2023; Nahon et al., 2024). 
A forthcoming meta-analysis with data from 193,282 
participants from 40 countries across seven continents 
found the same (Pfänder & Altay, in press).

The identified asymmetry is important because inac-
curate beliefs can be rooted in both gullibility to false 
information and skepticism against true information. 
Yet, traditional misinformation interventions primarily 
aim at reducing gullibility to false information, and 
reducing skepticism against true information likely 
requires different types of interventions (Altay, Berriche, 
& Acerbi, 2023)—especially when this skepticism is 
selectively directed at belief-incongruent information 
without being applied to belief-congruent information 
(see Ditto & Lopez, 1992; Taber & Lodge, 2006). An 
example illustrating the significance of this issue 
involves the effects of gamified inoculation interven-
tions, which expose game players to weak examples of 
misinformation and forewarn them about the ways in 
which they might be misled (for a review, see Van der 
Linden, 2024). Although gamified inoculation interven-
tions have been found to reduce incorrect judgments 
of false information as true, a reanalysis of the available 
data using SDT suggests that this effect is driven by 
increased thresholds, not increased sensitivity 
(Modirrousta-Galian & Higham, 2023). That is, the 
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interventions made participants more likely to judge 
both false and true information as false, but the inter-
ventions did not improve participants’ overall accuracy 
in discerning true from false information. Importantly, 
if enhanced skepticism from a misinformation interven-
tion is selectively directed at belief-incongruent infor-
mation without being directed at belief-congruent 
information, the intervention could even have detrimen-
tal effects by exacerbating a major source of inaccurate 
beliefs (i.e., the dismissal of belief-incongruent true 
information as false). The broader points are that (a) 
skepticism against belief-incongruent true information 
is much stronger compared with gullibility to belief-
congruent false information and (b) reducing skepti-
cism against true information likely requires different 
types of interventions than reducing gullibility to false 
information (Altay, Berriche, & Acerbi, 2023), especially 
when skepticism is primarily directed against belief-
incongruent information.

Conclusion

Decisions based on inaccurate beliefs can have detri-
mental effects not only for the individual but also for 
society. The COVID-19 pandemic provides an illustra-
tive example of this issue (Van Bavel et al., 2024). Yet, 
effective interventions to tackle inaccurate beliefs also 
require an accurate understanding of why people hold 
inaccurate beliefs. The current analysis identified three 
inaccurate assumptions in the public and scientific dis-
course about misinformation. Our analysis suggests that 
(1) counter to the idea that people are bad at discerning 
true from false information, people are quite good at 
discerning true from false information; (2) counter to 
the claim that partisan bias is not a driving force in 
judgments of misinformation, partisan bias in truth 
judgments of true and false information is pervasive 
and strong; and (3) counter to the idea that gullibility 
to false information is the main factor underlying inac-
curate beliefs, skepticism against belief-incongruent 
true information is much more pronounced than gull-
ibility to belief-congruent false information. Although 
extant interventions may be helpful in tackling belief 
in false information, different kinds of interventions are 
likely needed to address the hitherto neglected problem 
that people readily dismiss true information as false 
when it conflicts with their views.
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Note

1. An exception is the identification of artificial intelligence–
generated deepfakes, where people often show chance-level 
performance (Nieweglowska et  al., 2023). The current analy-
sis focuses on verbal information involving propositions about 
states of affairs that may be true or false, which is different from 
deepfakes.

References

Altay, S., Berriche, M., & Acerbi, A. (2023). Misinformation 
on misinformation: Conceptual and methodologi-
cal challenges. Social Media + Society, 9, Article 
20563051221150412.

Altay, S., Berriche, M., Heuer, H., Farkas, J., & Rathje, S. 
(2023). A survey of expert views on misinformation: 
Definitions, determinants, solutions, and future of the 
field. Harvard Kennedy School Misinformation Review, 
4, Article 4.

Batailler, C., Brannon, S. M., Teas, P. E., & Gawronski, B. 
(2022). A signal detection approach to understanding the 
identification of fake news. Perspectives on Psychological 
Science, 17, 78–98.

https://orcid.org/0000-0001-7938-3339
https://orcid.org/0000-0003-2468-4243
https://orcid.org/0000-0002-3416-1385


42	 Gawronski et al.

Ditto, P. H., Celniker, J. B., Spitz Siddiqi, S., Güngör, M., & 
Relihan, D. P. (2025). Partisan bias in political judgment. 
Annual Review of Psychology, 76, https://doi.org/10.1146/
annurev-psych-030424-122723

Ditto, P. H., & Lopez, D. F. (1992). Motivated skepticism: Use 
of differential decision criteria for preferred and non-
preferred conclusions. Journal of Personality and Social 
Psychology, 63, 568–584.

Ecker, U. K. H., Lewandowsky, S., Cook, J., Schmid, P., Fazio, 
L. K., Brashier, N., Kendeou, P., Vraga, E. K., & Amazeen, 
M. A. (2022). The psychological drivers of misinformation 
belief and its resistance to correction. Nature Reviews 
Psychology, 1, 13–29.

Edwards, K., & Smith, E. E. (1996). A disconfirmation bias in 
the evaluation of arguments. Journal of Personality and 
Social Psychology, 71, 5–24.

Gawronski, B. (2021). Partisan bias in the identification of 
fake news. Trends in Cognitive Sciences, 25, 723–724.

Gawronski, B., Ng, N. L., & Luke, D. M. (2023). Truth sen-
sitivity and partisan bias in responses to misinforma-
tion. Journal of Experimental Psychology: General, 152, 
2205–2236.

Green, D. M., & Swets, J. A. (1966). Signal detection theory 
and psychophysics. Wiley.

Guay, B., Berinsky, A. J., Pennycook, G., & Rand, D. (2023). 
How to think about whether misinformation interventions 
work. Nature Human Behaviour, 7, 1231–1233.

Lewandowsky, S., Ecker, U. K. H., Seifert, C. M., Schwarz, 
N., & Cook, J. (2012). Misinformation and its correc-
tion: Continued influence and successful debiasing. 
Psychological Science in the Public Interest, 13, 106–131.

Modirrousta-Galian, A., & Higham, P. A. (2023). Gamified 
inoculation interventions do not improve discrimination 
between true and fake news: Reanalyzing existing research 
with receiver operating characteristic analysis. Journal of 
Experimental Psychology: General, 152, 2411–2437.

Nahon, L. S., Ng, N. L., & Gawronski, B. (2024). Susceptibility 
to misinformation about COVID-19 vaccines: A sig-
nal detection analysis. Journal of Experimental Social 
Psychology, 114, Article 104632.

Nieweglowska, M., Stellato, C., & Sloman, S. A. (2023). 
Deepfakes: Vehicles for radicalization, not persuasion. 
Current Directions in Psychological Science, 32, 236–241.

Pennycook, G., McPhetres, J., Zhang, Y., Lu, J. G., & Rand, 
D. G. (2020). Fighting COVID-19 misinformation on social 
media: Experimental evidence for a scalable accuracy-
nudge intervention. Psychological Science, 31, 770–780.

Pennycook, G., & Rand, D. G. (2019). Lazy, not biased: 
Susceptibility to partisan fake news is better explained by 
lack of reasoning than by motivated reasoning. Cognition, 
188, 39–50.

Pennycook, G., & Rand, D. G. (2021a). Lack of partisan bias 
in the identification of fake (versus real) news. Trends in 
Cognitive Sciences, 25, 725–726.

Pennycook, G., & Rand, D. G. (2021b). The psychology of 
fake news. Trends in Cognitive Sciences, 25, 388–402.

Pfänder, J., & Altay, S. (in press). Spotting false news and 
doubting true news: A meta-analysis of news judgements. 
Nature Human Behavior.

Stanovich, K. E., West, R. F., & Toplak, M. E. (2013). Myside 
bias, rational thinking, and intelligence. Current Directions 
in Psychological Science, 22, 259–264.

Taber, C. S., & Lodge, M. (2006). Motivated skepticism in 
the evaluation of political beliefs. American Journal of 
Political Science, 50, 755–769.

Tappin, B. M., Pennycook, G., & Rand, D. G. (2020). Thinking 
clearly about causal inferences of politically motivated 
reasoning: Why paradigmatic study designs often under-
mine causal inference. Current Opinion in Behavioral 
Sciences, 34, 81–87.

Van Bavel, J. J., Pretus, C., Rathje, S., Pärnamets, P., Vlasceanu, 
M., & Knowles, E. D. (2024). The costs of polarizing 
a pandemic: Antecedents, consequences, and lessons. 
Perspectives on Psychological Science, 19, 624–639.

Van der Linden, S. (2022). Misinformation: Susceptibility, 
spread, and interventions to immunize the public. Nature 
Medicine, 28, 460–467.

Van der Linden, S. (2024). Countering misinformation through 
psychological inoculation. Advances in Experimental 
Social Psychology, 69, 1–58.

https://doi.org/10.1146/annurev-psych-030424-122723
https://doi.org/10.1146/annurev-psych-030424-122723

