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Abstract: Background: Wearable device technology has recently been involved in the healthcare
industry substantially. India is the world’s third largest market for wearable devices and is projected
to expand at a compound annual growth rate of ~26.33%. However, there is a paucity of literature
analyzing the factors determining the acceptance of wearable healthcare device technology among
low-middle-income countries. Methods: This cross-sectional, web-based survey aims to analyze
the perceptions affecting the adoption and usage of wearable devices among the Indian population
aged 16 years and above. Results: A total of 495 responses were obtained. In all, 50.3% were aged
between 25-50 years and 51.3% belonged to the lower-income group. While 62.2% of the participants
reported using wearable devices for managing their health, 29.3% were using them daily. technology
and task fitness (TTF) showed a significant positive correlation with connectivity (r = 0.716), health
care (r = 0.780), communication (r = 0.637), infotainment (r = 0.598), perceived usefulness (PU)
(r=0.792), and perceived ease of use (PEOU) ( = 0.800). Behavioral intention (BI) to use wearable
devices positively correlated with PEOU (r = 0.644) and PU (r = 0.711). All factors affecting the use
of wearable devices studied had higher mean scores among participants who were already using
wearable devices. Male respondents had significantly higher mean scores for Bl (p = 0.034) and PEOU
(p = 0.009). Respondents older than 25 years of age had higher mean scores for BI (p = 0.027) and
Infotainment (p = 0.032). Conclusions: This study found a significant correlation with the adoption
and acceptance of wearable devices for healthcare management in the Indian context.
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1. Introduction

Wearable devices are instruments that can be worn on the body, typically on or near the
skin, and are equipped with sensors capable of detecting various physiological variables.
Wearable technology includes devices that can be placed on the limbs, torso, or head such
as watches, bracelets, phones, glasses, head-mounted displays, hearing aids, suits, belts,
shoes, and patches that can measure various physiological parameters, which include heart
rate, rhythm, blood pressure, oxygen saturation, skin temperature, steps traveled, calorie
expenditure estimates, blood glucose levels, and UV radiation exposure [1]. This data can
be used for physiological-related research studies, detection of aberrant parameters for
clinical diagnosis or prognosis to provide biological feedback to the user thereby aiding
in monitoring, and even as an educational tool for promoting health and physical fitness.
One of the earliest examples of wearable technology, as it pertains to the field of medicine,
are portable hearing aids invented in the 19th century [2]. Norman Holter’s discovery of
the first wireless electrocardiogram in 1962 ushered in the era of modern medical wearable
gadgets [3,4]. The internet enables health-directed wearable devices to stay connected while
continuously measuring and recording data. This system is now referred to as “Connected
Health” [5].

Newer studies have aimed at early identification and prediction of inflammatory
disease, cancer diagnosis, measuring blood alcohol levels, etc. through smartphone screens.
Combining deep neural network-machine learning technology with biological age esti-
mation has further enhanced its feasibility and usage [6—10]. In recent years, the world
has seen a wave of adoption of wearable devices even among the middle to high-income
socio-economic demographics. A recent systematic review and meta-analysis of multiple
randomized controlled trials of consumer wearable activity trackers (CWAT) found that
they can improve physical activity in sedentary older adults who are overweight/obese
or with chronic respiratory diseases and reduce the systolic blood pressure, waist cir-
cumference and low-density cholesterol in individuals with type 2 diabetes mellitus and
cardiovascular diseases [11]. Wearable devices such as smartwatches have been seen to
benefit psychological wellness in individuals with cognitive disorders [12].

India is now the world’s third-largest market for wearable devices. Several studies
have found that an increasing number of individuals are purchasing wearable devices to
promote fitness and manage their health [13,14]. A recent study determined that consumers
in India are motivated by health and autonomy, health self-efficacy, and technological
innovativeness to adopt wearable healthcare devices [15,16]. The COVID-19 pandemic en-
couraged a rapid, massive expansion of remote health management and firmly established
telehealth as an accessible, validated model of healthcare. The data on the pandemic’s
effect on actual wearable device use in healthcare settings is limited. Studies examining
the perception of wearable device technology among adults in India are limited in the
literature. Hence, the present study aimed to analyze the perception of Indian Professionals
about wearable device technology in terms of its usage in personal health management.

2. Materials and Methods
2.1. Data Collection and Ethical Considerations

A cross-sectional study was carried out from January 2022 to May 2022 using an online
questionnaire, using an anonymized Google form platform, enquiring about participants’
use of wearable devices for healthcare, socio-demographic factors, and factors affecting
the use of wearable devices for healthcare. The technology acceptance model (TAM) and
technology and task fitness (TTF) models of technology adoption were used for the survey.
Data acquisition and analysis were performed after the approval by the Institutional Ethical
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committee (ethical approval number FMIEC- 94/2021). Informed consent was obtained
from all the participants before the study and the data was analyzed by an independent
third party.

The questionnaire gathered information regarding demographics, behavioral intention
(BI), perceived usefulness (PU), perceived ease of use (PEOU), subjective feelings about tech-
nology, task fitness, connectivity, communication, healthcare, infotainment, fashionability,
wearability, and subjective norms. The questionnaire (available as Supplementary Mate-
rials) was divided into 11 sections, with 3 items each directed at identifying the subject’s
feelings concerning wearable devices according to factors described in the TAM model and
factors derived from the TTF models, and was distributed to the participants. The response
was documented based on a 5-point answer choice based on the Likert scale as follows:
(1)—Strongly Disagree/ Very Rarely, (2)—Disagree/Rarely, (3)—Undecided /Occasionally,
(4)—Agree/Often, and (5)—Strongly Agree/Very Often.

2.2. Survey and Participant Characteristics

Respondents consisted majorly of individuals involved in medical science (under-
graduate students, postgraduates, consultant physicians) and the engineering field. The
questionnaire was surveyed using the Google Forms platform, which focused on the per-
ception and stated usage of wearable devices by the participants. The inclusion criteria for
the study included adults >16 years, able to navigate through the online survey platforms,
and comfortable with the interpretation of the English language. An information sheet
along with informed consent was displayed and documented respectively at the start
of the survey. Participation in this survey was voluntary with no incentives provided
to the respondents. Survey data collected via Google Forms was stored on the Google
Spreadsheet platform on Google Drive, access to which was limited only to members of the
research group.

2.3. Data Analysis

The responses to the survey were analyzed using the SmartPLS software version
3.0.M3, with PLS path modeling. Descriptive variables of gender, age, qualification, in-
come, and reports of usage of wearable devices for personal healthcare were expressed
as categorical variables. Age data were grouped according to less than 18 years old, 18 to
25 years old, 25 to 50 years old, and older than 50 years. Qualification data were grouped
according to (1) “10 + 2 schooling”, (2) “graduate”, (3) “post-graduate”, and (4) “diploma”
categories. Income data were grouped from a personal annual income of (1) less than
50,000 Rs to 500,000 Rs. (Lower), (2) 500,000 to 2,500,000 Rs. (Middle), (3) 2,500,000 to
5,000,000 Rs. (Upper Middle) and (4) greater than 5,000,000 Rs. (Elite). Wearable device
use-frequency data was grouped into (1) once a year, (2) more than once a year, (3) once in
a month, (4) once or twice in 3 months, (5) once or twice in a week, and (6) daily. Wearable
device usage for healthcare was assessed using a binary “yes” or “no” response. Usage
frequency data were grouped according to (1) daily, (2) once or twice in a week, (3) once in
a month, (4) once or twice in 3 months, (5) more than once a year, and (6) once a year.

Correlation between technology-task fitness and connectivity, communication, health-
care, infotainment, perceived usefulness, and perceived ease of use was tested by cal-
culation of the Pearson correlation coefficient with a 2-tailed significance level set at 5%
(alpha < 0.05). Pearson correlation coefficient was calculated with a 2-tailed significance
level set at 5% (alpha < 0.05) between behavioral intention and fashionability, s, Subjective
norms, perceived usefulness, and perceived ease of use. An independent sample t-test
was performed to compare mean scores of all factors in respondents who reported using
wearable devices for healthcare versus those who reported not using them, to compare
male versus female respondents, and between the less than 25 years age group and more
than 25 years age group (p < 0.05). Figure 1 shows the proposed research model with the
various factors considered to evaluate the influence of the usage or barriers of wearable
device technology for healthcare.
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Figure 1. Proposed research model.
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A total of 495 responses were obtained from the Google form questionnaire. General
data for the participants are as follows: 65.5% of respondents were male and 34.5% were
females; 50.3% were between 25-50 years of age; 51.3% reported being in the lower-income
group (annual income less than Rs. 50,000 to Rs. 500,000); 62.2% of participants reported
already using wearable devices for managing their health; 29.3% reported using wearable
devices daily. Table 1 shows the demographic characteristics of the participants considered

in the present study.

Table 1. Demographic characteristics of study participants.

. Number of o
Variables Participants Percentage (%)

Gend Male 324 65.5

ender Female 171 34.5

Less than 18 22 44

. 18-25 186 37.6

Age (in Years) 25-50 249 50.3

More than 50 38 7.7

Lower (Less than 50,000-500,000) 254 51.3

L Middle (500,000-2,500,000) 172 34.7

neome Upper Middle 44 8.9

(2,500,000-5,000,000) ’

Elite (Greater than 5,000,000) 25 51

Are you currently using wearable No 187 37.8
devices for your healthcare? Yes 308 622
Once a year 145 29.3

More than once a year 33 6.7

How frequently do you use Once a month 62 12.5
wearable healthcare devices? Once or twice in 3 months 39 7.9
Once or twice a week 71 14.3

Daily 145 29.3
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It was found that TTF moderately positively correlated with communication (r = 0.637)
and infotainment (r = 0.598) and highly positively correlated with connectivity (v = 0.716)
and health care (r = 0.780). Perceived usefulness (v = 0.792) and perceived ease of use
(r = 0.800) were also found to be strongly correlated. Behavioral intention to use wearable
devices was positively correlated to factors such as perceived usefulness, perceived ease of
use, fashionability, wearability, and subjective norms. However, it was mildly correlated
with fashionability (r = 0.472), moderately correlated with wearability (r = 0.642), subjective
norms (r = 0.594), and perceived ease of use (r = 0.644), and highly correlated with perceived
usefulness (r = 0.711). Table 2 shows the correlation values of the respective factors affecting
technology and task fitness and behavioral intention in using wearable devices.

Table 2. Factors affecting technology and task fitness (TTF) and Behavioral Intention to use Wearable
Devices [N = 495].

Variable Pearson Correlation Sig. (2-Tailed)
Technology and Task Fitness
Connectivity 0.716 ** <0.001
Communication 0.637 ** <0.001
Health Care 0.780 ** <0.001
Infotainment 0.598 ** <0.001
Perceived Usefulness 0.792 ** <0.001
Perceived Ease of Use 0.800 ** <0.001
Behavioral Intention
Fashionability 472 ** <0.001
Wearability 0.642 ** <0.001
Subjective Norms 0.594 ** <0.001
Perceived Usefulness 0.711 ** <0.001
Perceived Ease of Use 0.644 ** <0.001

** Correlation is significant at the 0.01 level (2-tailed).

Table 3 shows that all factors have significantly higher mean scores among those
participants who are already using wearable devices as compared to non-users (p < 0.001).
There is no significant difference in mean scores of all the variables among the males and
females except for behavioral intention to use wearable devices and perceived ease of use
of devices. Males have significantly higher mean scores for behavioral intention (p = 0.034)
and perceived ease of use (p = 0.009). There is no significant difference in mean scores of
any of the variables among the two different age groups except for behavioral intention to
use wearable devices and infotainment. The participants who are more than 25 years old
have significantly higher mean scores for behavioral intention (p = 0.027) and infotainment
(p =0.032).

Table 3. Mean scores of different factors affecting the use of wearable devices across already usage of
wearable devices, gender, and age.

Already Using Wearable ~ ~
Devices for Healthcare Gender p-Value Age p-Value
i -Value Less than More than
variables Nisy  No(N=187) ! N 350 N 25 Years 25 Years
- = = (N =207) (N =287)
Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD)
Bﬁ;gr‘l’;fggl 12.47 (2.4) 10.88 (3.1) <0.001 * 12.06 (2.6) 11.50 (3.1) 0.034 * 11.54 (2.6) 12.11 (2.9) 0.027 *
Ssggsgggs 13.09 (2.3) 10.43 (3.4) <0.001 * 12.20 (2.9) 11.86 (3.4) 0.24 11.83 (2.9) 12.26 (3.1) 0.122
Percg}VSSEEaSQ 13.36 (2.2) 11.17 (3.7) <0.001 * 12.79 (2.8) 12.04 (3.4) 0.009 * 12.51 (3.0) 12.54 (3.0) 0.910
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Table 3. Cont.

Already Using Wearable
Devices for Healthcare Gender

p-Value Age p-Value

Variables ~ ‘_{"—3508) No(N=1g7) FVAue (N“/f‘;; " (lﬂe‘_“i‘;ﬁ) e Matean
= = = (N = 207) (N = 287)
Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD)
Te;:gf;‘i’fnye:;‘d 13.17 (2.0) 11.02 (2.9) <0.001 * 12.49 (2.5) 12.09 (2.9) 0.118 12.09 (2.5) 12.55 (2.7) 0.06
Connectivity 13.06 (2.4) 10.98 (3.4) <0.001 * 12.40 (2.9) 12.02 (3.2) 0.185 12.21 (2.9) 12.32 (3.1) 0.691
Communication 12.23 (3.2) 10.49 (3.8) <0.001 * 11.67 (3.5) 11.39 (3.6) 0.413 11.25 (3.5) 11.89 (3.6) 0.08
Health Care 13.39 (1.9) 11.65 (3.1) <0.001 * 12.84 (2.5) 12.52 (2.8) 0.196 12.67 (2.5) 12.77 (2.6) 0.684
Infotainment 11.68 (3.4) 10.35 (3.8) <0.001 * 11.15 (3.6) 11.23 (3.6) 0.794 10.77 (3.6) 11.47 (3.5) 0.032 *
Fashionability 11.85 (3.2) 10.87 (3.5) 0.002 * 11.62 (3.2) 11.22 (3.7) 0.219 11.74 (3.1) 11.30 (3.5) 0.156
Wearability 12.52 (2.3) 11.26 (2.8) <0.001 * 12.14 (2.5) 11.86 (2.8) 0.255 12.16 (2.4) 11.96 (2.8) 0.410
Subjective Norms 11.37 (3.6) 10.06 (3.7) <0.001 * 10.92 (3.8) 10.79 (3.7) 0.714 10.58 (3.8) 11.09 (3.7) 0.139

Independent Sample f-test, * p-value < 0.05 is considered statistically significant.

4. Discussion

In this survey, we analyzed whether socio-demographic and usage-determining factors
correlated with self-reported use of wearable devices for healthcare in a subset of the Indian
population, mainly medical and engineering professionals. This study provides empirical
support for the hypothesis that factors, drawn from the TAM and TTF models along with
additionally considered variables determining the use, are positively correlated with the
self-reported use of wearable devices for healthcare.

4.1. Theoretical Models to Study the Acceptance of Technology among Users

Various theories of behavior have been formulated giving rise to different models
predicting human behavior. A prominent and well-studied model is the technology ac-
ceptance model (TAM). This is based on a major theory of human behavior, the theory of
reasoned action (TRA). Another common model is the task-technology fitness (TTF) model
used to study the congruence of new information systems with task requirements.

The theory of reasoned action (TRA) states a person’s performance of a specified
behavior is determined by their behavioral intention (BI) to perform it, which in turn is
determined by the person’s attitude (A) and subjective norm (SN) concerning the behavior.
According to the TAM model, two main factors influence the acceptance of new technology
by users—perceived usefulness (PU) and perceived ease of use (PEOU). PU has been
defined as “the degree to which a person believes that using a particular system would
enhance their job performance”. PEOU has been defined as “the degree to which a person
believes that using a particular system would be free from effort”. Both influence attitude
(A) toward using the technology which in turn influences BI, which determines the actual
usage [17]. PU and PEOU are independently correlated with a higher frequency of self-
reported use of new information technology by users [17-20]. TAM was modified to
incorporate SN from TRA, such that SN acted as external variables that affected PU and
PEOU. The TAM model has been widely used to study the adoption of disparate projects in
the field of information technology [20-24]. The TTF model proposes that user performance
is improved if there is a congruence of the technology with the task at hand. It suggests
that technology will be used and will improve user performance only if tool functionality
fits task requirements [25].

TAM focuses on attitudes behind technology adoption, while TTF focuses on the
operational aspects. Subsequent research has tried to integrate the TTF and TAM models
to better explain technology acceptance and proposed that TTF factors influence PU and
PEOU [26].
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4.2. Variables Studied and Analyzed during Our Survey

A recent study by Chang et al. (2016) proposed a technology acceptance model for
wearable healthcare devices based on the TAM-TTF model and defined TTF factors for
wearable healthcare devices as connectivity, communication, healthcare, and infotainment.
This study also proposed that external factors such as subjective norms and device factors
of wearability and fashionability influence BI [27].

Drawing from the TAM and TTF models, we constructed an abbreviated questionnaire,
similar to the previously used and validated construct by Chang et al., consisting of three-
question items, each to assess Bl, PU, PEOU, and TTF using the Likert scale. Different from
the original TTF construct, this model assessed a subjective sense of task and technology
fitness, rather than focused objective factors. Factors for TTF for wearable devices were
used as defined by previous studies. Connectivity describes the interaction between devices
using Bluetooth or wireless network technology. Communication refers to the function of
wearable devices that allow users to communicate with other users, such as by making
phone calls, text messaging, etc. Healthcare refers to how wearable devices assist the
user in managing their health. This was assessed using a subjective three-question item
construct. Infotainment refers to factors such as the displayed information about heart rate
and distance statistics to guide improvement or seek enjoyment and motivation as users
engage in health-promoting behavior. Fashionability refers to fashion factors related to
the design of the wearable device. This has been seen as weakly significant or correlated
in comparison with the use of wearable devices for healthcare management purposes.
Wearability refers to design factors of the wearable device related to form and fit, ease
of wearability, access to the device, etc. Wearability is strongly positively correlated with
task-technology fitness. Subjective norms are social factors, such as what an individual who
is important to the user thinks about the device. Evidence for subjective norms affecting
the use of new technology has been seen to be more significant for female users in the older
age group in the early stages of use, but these findings are more important in mandatory
usage settings. In the case of voluntary use such as wearables, subjective norm falls to how
it affects attitude and behavioral intention [28].

Using these models of human behavior as a base, we have tried to construct our
theoretical model to predict the adoption of wearable devices for healthcare and gauge
the response of a sub-section of the Indian population, as explained above. We have
not elicited what type of wearable devices were used by our respondents, or how they
used them for managing health. However, wearable fitness trackers with pedometers
and accelerometers are the most common wearable devices used for healthcare found on
the market worldwide, while in India, the market is largely dominated by “hearables”,
smartwatches comprising the fastest growing device segment. This descriptive study
largely applies to these devices [29,30].

4.3. Adoption of Wearable Healthcare Devices

Wearable devices and their specific use in healthcare management have been studied
using various validated human behavior models, such as the TAM model, the successor
UTAUT with protection motivation theory, and privacy calculus theory, which have re-
cently evolved in the field to explain users’ privacy concerns [31,32]. These studies have
analyzed various factors that influence the adoption, continued use, frequency of use, and
discontinuation of wearable devices. A recent national survey in the USA, studying the
reception of wearable device technology in the western world, estimated that close to 30%
of adults are using wearable healthcare devices. This nationwide survey also correlated
socio-economic, demographic, health, and technology, self-efficacy attributes to the actual
use of wearable devices [33].

In the present study, we found that subjective measurements of task-technology
fitness (TTF) are strongly positively correlated with device factors of connectivity and
healthcare, and moderately positively correlated with communication and infotainment.
This reflects the users’ perceptions that wearable devices are used mainly for healthcare,
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and for achieving health goals. The synchronization and connectivity of the wearable device
to other devices are necessary for the ease of transfer of health data. Users/participants in
the present study were not regularly using wearable healthcare devices for communication
tasks such as making calls or messaging, as well as infotainment.

TTF measures were found to be strongly correlated with PU and PEOU. PU is strongly
correlated with BI in previous studies using the TAM model on wearable devices and
other technologies that are also in accordance with our study [20]. PEOU is less strongly
correlated, which may be due to the moderating influence of PU on PEOU, which has been
well described in the literature [17,25]. Wearability and subjective norm were moderately
positively correlated with BI, and fashionability is less correlated with BI. This is similar
to previous study observations, indicating that the wearability of the device, along with
the perception of other people about wearable devices, significantly influences Behavioral
intention to use them, though fashionability does not significantly affect it [27]. This shows
the practicality aspect of users’ intention that wearable devices are preferred for health care
management rather than fashion sense.

All factors determining use were positively correlated with reported use, as respon-
dents who were using wearable healthcare devices had higher mean scores than non-users.
This gives an insight, that current users were happy with their product and hence were
more motivated to use it. Males had a higher Bl and PEOU than females. This follows a
similar trend observed in the previous studies using TAM, and UTAUT models, which
found females to have more difficulty learning how to operate new information technology
and have lower scores of PEOU or higher scores of perceived difficulties [25-27]. The
authors discussed the social context behind this, and they had hoped that this gap would
reduce in the internet age. This may apply to India, but the Indian demographic may
be more susceptible to lingering effects of gender disparity, opportunity, and exposure.
Differences in other factors were non-significant. While wearable devices are more com-
mon among females, there is a mutually constitutive relationship between gender and
technology, which in turn is adapted by technological transformations. It also means that
societies with better gender equality also have a better digital economy.

Our study findings show an interesting trend where adults aged more than 25 years
showed higher Bl and infotainment. This may reflect changing perceptions around wear-
ables for personal health management and fitness among older adults in India. This
gives further reason for supporting the adoption of wearables as a cost-effective means of
monitoring physical activity and maintaining general health.

The original TAM model pilot study used a 10-question item construct to measure
PU and PEOU. This model was abbreviated in the present study to three questions per
domain. The original UTAUT study used measures of performance expectancy, effort
expectancy, and social influence that act on behavioral intention, which determines usage.
Performance expectancy is a similar construct to PU, and effort expectancy to PEOU in
TAM. Social norms in TAM2 have been seen to be similar to social influence in UTAUT.
The study included three-question items similar to those used in the final UTAUT question
construct, which was formulated to ensure the highest object loading and degrees of
freedom according to psychometric theories, which may compromise content validity due
to insufficient representation of the content [26,27].

Privacy remains a major point of concern for consumers interested in wearable health-
care devices. In particular, the release of personal information and data for analysis carries
the risk of dissemination, leak, and unauthorized use [34-36]. A distinct challenge that
arises in India is the heterogeneity in the availability and quality of devices. Consumer
devices are not subjected to regulatory frameworks and rigorous testing that medical de-
vices typically undergo, which poses concerns about the validity of device recordings and
data security concerns. The worldwide wearable devices market ballooned in 2014 and has
since resulted in a plethora of device types with different sensors, software, and design that
have entered the Indian market as well. This adds additional factors that contribute to the
acceptance and usage of devices, including the type and accuracy of sensors, the complexity
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of the user interface, and brand value perception. Only a few brands have been used and
validated in formal research studies. Researchers have developed a comprehensive device
evaluation tool that may be used to guide future regulatory policies [37]. Another challenge
is the high attrition rate and fall in the usage of wearable devices over time. A 2016 survey
found that 30% of users of a popular brand name fitness tracker discontinue use within
6 months [38]. A 2019 study found that 20% of users abandoned their devices, with the
most common reasons cited to be related to data literacy, or device comfort [39]. Age and
limited technology literacy, with issues related to perceived measurement inaccuracy, have
been seen to be major factors for device abandonment, and pose a significant challenge to
behavioral change and long-term healthcare management goals [40,41]. Behavioral change
techniques (BCT) such as just-in-time adaptive interventions, for example, motivational
mobile messages accompanying device notifications and gamification, have been seen to be
effective at increasing physical activity and may help solidify behavioral changes [42,43].

4.4. Limitations

The survey was primarily circulated among professionals interested in technology and
personal healthcare technology, and this may be a source of sampling bias. Since we only
examined a narrow subset of the population in the context of India, the generalizability
and interpretation cannot be extrapolated to other contexts as in different countries or
different social backgrounds. Although we compared differences across gender and age
groups, we did not look into and compare differences across income groups. Moreover, all
questionnaire responses are self-reported, and reflect subjective perceptions about factors
and therefore may be subject to interpretation bias by participants. This is a questionnaire
survey, hence cannot elicit development, use, or loss to attrition of wearable healthcare
devices use, which has been elucidated in multiple previous studies [23,24]. Hence, con-
ducting longitudinal studies will better address the issue of factors determining long-term
use. Our model is constructed based on the TAM and TTF models. Although aspects of
privacy calculus theory such as hedonic motivation, performance expectancy, etc. can be
equated to similar measures used in TAM and TTF, it does not include the privacy calculus
model, which also addresses concerns regarding personal health data security and privacy.

5. Conclusions

The use of wearable healthcare device usage has skyrocketed in India over the past
few years. This is important for the medicine and healthcare industry because wearable
devices play an important role in monitoring and preventing chronic diseases to a certain
level. In a developing country such as India, diseases and hospitalization make a major
impact on the financial status of the family, in turn affecting their quality of life. The present
study helps in filling the significant research gap of studies looking at the adoption and
acceptance of wearable devices in the context of a low-middle-income country.
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