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Abstract: Various lifestyle factors, including diet, physical activity, and sleep, have been studied in
the context of children’s health. However, how these lifestyle factors contribute to the development
of cognitive abilities, including spatial cognition, remains vastly understudied. One landmark in
spatial cognitive development occurs between 2.5 and 3 years of age. For spatial orientation at that
age, children learn to use allocentric reference frames (using spatial relations between objects as the
primary reference frame) in addition to, the already acquired, egocentric reference frames (using
one’s own body as the primary reference frame). In the current virtual reality study in a sample of
30-36-month-old toddlers (N = 57), we first demonstrated a marginally significant developmental
shift in spatial orientation. Specifically, task performance with allocentric performance increased
relative to egocentric performance (17,72 = 0.06). Next, we explored a variety of lifestyle factors,
including diet, in relation to task performance, to explain individual differences. Screen time and
gestational weight gain of the mother were negatively associated with spatial task performance. The
findings presented here can be used to guide future confirmatory studies about the role of lifestyle
factors in the development of spatial cognition.

Keywords: lifestyle; cognition; development; toddlers; egocentric; allocentric; virtual reality; screen
time; gestational weight gain

1. Introduction

In the past decades, there has been a dramatic rise of overweight and obesity amongst
children worldwide [1]. Modifiable lifestyle factors, such as what children eat, and how
much they sleep and exercise or spend time watching television, have an impact on
children’s physical well-being, and this includes brain and cognitive development [2].
Research on the relative contribution of these factors to cognitive development is imperative
for children to reach their full potential, which in turn is beneficial for society as a whole.

One brain structure that is especially prone to external influences, such as the aforemen-
tioned lifestyle factors, is the hippocampus [3]. A possible explanation for this sensitivity of
the hippocampus is its susceptibility to neuroinflammation [3] and its neuroplasticity, which
plays a crucial role in cognitive development [4]. The hippocampus is also the key brain
hub for spatial cognition [5]. Spatial cognition can be defined as the knowledge and cogni-
tive representation of the structure, entities, and relations of space [6]. It is a multifaceted
construct, including, amongst other subdomains, spatial orientation and navigation.

Given the hippocampus’ sensitivity to external influences and its key role in spatial
cognition, lifestyle factors may have a pronounced effect on spatial cognitive development.
However, evidence for this hypothesis stems mainly from rodent studies. For example, one
study reported that rodents consuming a high-fat diet for 8-10 weeks showed impairments
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in spatial navigation abilities later in life, compared with chow-fed littermates [7]. The
high-fat diet also promoted an exaggerated inflammatory response to immune challenge,
particularly in the hippocampus [7]. Importantly, these marked impairments were only
visible in juvenile exposure to a high-fat diet, and not in adult exposure. This study
highlighted the particular sensitivity of the hippocampus to diet-induced changes early in
life that impact spatial cognition.

There is also evidence for an association between higher intakes of saturated fat and
poorer hippocampal-dependent abilities in prepubescent children [8]. Another diet con-
stituent that might play a role is dietary fiber, which is important for the gut microbiota [9],
which in turn can affect inflammation [10]. Accounting for both dietary quality and quantity
is important, given that malnutrition due to either suboptimal caloric intake or subop-
timal nutrient levels, or both, has been related to impaired cognitive development [11].
Moreover, both underweight and overweight/obese children showed diminished cognitive
development [11,12].

Other lifestyle factors affecting inflammatory processes are related to physical ac-
tivity [13]. Emerging evidence indicates that physical activity is beneficial to cognitive
development, even in early childhood (<5 years of age) [14]. A related lifestyle factor,
contributing to sedentary behavior, is screen time. Excessive screen time was already found
to be associated with reduced cognitive abilities in children below 36 months of age [15].

In addition to diet and physical activity, sleep is a modifiable lifestyle factor that
may contribute to children’s cognitive functioning, due to its large impact on the immune
system [16]. One study showed that sleep duration in infancy was associated with bet-
ter executive functioning at 4 years of age [17]. Moreover, shorter sleep duration has
been demonstrated to be related to lower cognitive performance in school-aged children,
including visuo-spatial abilities (see [18] for a review).

Some lifestyle factors may already impact cognitive development before a child is
born, or shortly thereafter. For example, gestational weight gain of the mother either below
or above the recommended weight gain has been related to reduced cognitive performance
in the offspring [19]. Moreover, longer breastfeeding duration is generally found to be
associated with better cognitive abilities, including spatial skills, later in life [20].

Related to cognitive development, successful spatial orientation and navigation can
be supported by adopting two fundamental reference frames to represent location [21].
In an egocentric reference frame, locations are represented in relation to the observer,
whereas in an allocentric reference frame, locations are coded independently from the
observer’s position and are instead coded based on inter-object relations [22]. From a
developmental perspective, egocentric coding is acquired earlier than allocentric coding.
Twelve-month-old infants can rudimentarily use egocentric orientation for coding object
locations [23]. Egocentric orientation is mostly subserved by the precuneus, inferior and
superior parietal cortices, and the frontal cortex [24]. Allocentric orientation is often
considered a more advanced orientation strategy, and it is mostly prevalent in the later
stages of development [25]. During development, younger toddlers have been shown to
primarily use egocentric-related spatial cues for orientation, whereas older toddlers also
incorporate allocentric information [25]. In particular, Bremner and colleagues report an
improvement in the efficiency of spatial cue use for orientation between the ages of 24 and
36 months [26]. Preferential choice of the allocentric orientation strategy begins only during
early school age [27]. Allocentric orientation is mostly subserved by the hippocampus [28],
the region in which neurons with allocentric properties have been found, both in rats [29]
and monkeys [30]. In humans, hippocampal maturity has been associated with increased
allocentric memory abilities [31].

Given the presented evidence of a sensitive period between 24 and 36 months for the
development of spatial cue use for orientation [26], the orientation abilities in a younger
(30 months old) and an older (35 months old) group of toddlers were investigated using
an on-screen VR paradigm [32]. Participants had to locate a target after a rotational trans-
formation. Using visual spatial cues for maintaining orientation was more successful in
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35- vs. 30-month-old children. Moreover, older children could use allocentric orientation
to perform the task when needed, whereas younger children relied solely on egocen-
tric coding [32]. Of note, individual differences in daily living skills (assessed through
the Vineland-Screener questionnaire) predicted orientation success. Together, this study
demonstrated that the developmental period between 30 and 35 months is highly sensitive
for spatial cue use and that ability to use allocentric cues is present in older vs. younger
children. Importantly, the results also highlight that, on top of chronological age, individual
differences exist that contribute to determining successful use of visual cues for orientation.

We hypothesize that modifiable lifestyle factors could add to individual differences in
spatial task performance in children, given the role of the hippocampus in spatial cognition
and its sensitivity to neuroinflammation. However, most research in this area has focused
on lifestyle factors in the context of children’s health, as opposed to children’s cognition [2].
The relation between lifestyle factors and the shift of egocentric to allocentric coding in
toddlers has not been explored. Therefore, the aim of the current study was twofold. First,
we aimed to confirm the development of egocentric and allocentric orientation abilities in
a group of toddlers ranging from 30- to 36-months of age. We used an adjusted version
of the on-screen VR task mentioned above to assess spatial abilities [32]. Differently
from Van der Brink and Janzen’s study [32], we used age as a continuous rather than
dichotomous variable, to obtain a more nuanced understanding of the role of age in spatial
cognitive abilities, e.g., allowing us to investigate whether spatial cognition develops more
linearly or stepwise within this age range. In line with previous findings, we hypothesized
that performance would be better in trials that require egocentric orientation, compared
with trials that require allocentric orientation, and we expected performance to generally
increase with age. Additionally, we hypothesized that with age, allocentric orientation
abilities increase relative to egocentric orientation abilities. Secondly, we aimed to explore
various lifestyle factors, to explain individual differences in spatial task performance
using variables derived from three parent questionnaires (Food Frequency Questionnaire,
Vineland-Screener, and an additional lifestyle questionnaire). Lifestyle factors included
dietary quality, caloric intake, saturated fat ratio, fiber intake, body mass index (BMI), sleep
duration, exercise, screen time, gestational weight gain of the mother, and breastfeeding
duration. This second aim was exploratory, and therefore no specific hypotheses regarding
this part were formulated at the study outset.

2. Materials and Methods
2.1. Participants

A total of fifty-seven toddlers (31 girls, 26 boys), between 30 and 36 months of age
(Mage = 33.05 SDage = 1.87) completed the study. Parents were invited from the Baby
and Child Research Center of the Radboud University Nijmegen in The Netherlands to
participate in the study. Both over-the-phone and in-person screening were carried out to
ensure participants met the inclusion criteria (born within 37 and 42 gestational weeks; no
deafness, blindness, or other senso-motoric handicaps or reduced hand-eye coordination;
no diabetes; no chronic inflammatory diseases (e.g., asthma, Crohn’s disease); no epilepsy;
no brain surgery; no drastic changes in the diet in the past year; no daily usage of ibuprofen,
aspirin, or other form of medication (except from homeopathy or vitamin supplements); no
tooth extractions in the past month; no vaccinations in the past month; no antibiotics in the
past three months). The education level of our sample (i.e., highest education obtained by
either one of the parents) was 1.8 percent low, 10.9 percent middle, and 87.3 percent high.
For context, the average education level in 2018 in the Netherlands was 29 percent low,
40 percent middle, and 30 percent high [33]. The sample was generally homogeneously
highly educated, and therefore control for education level in our analyses could not be
done. The consequences of this for the generalizability of the results will be elaborated on
in the discussion. Participation in the study was voluntarily, and parents received 20 euros
as reimbursement for their time. Written informed consent was obtained from the parents.
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The study was approved by the local ethical committee of Social Sciences of the Radboud
University and the local ethical committee for human research of Arnhem and Nijmegen.

To answer our primary research question, an analysis of the interaction between
a within-subject factor (Condition: congruent, incongruent) and a covariate (Age) was
required. This design is similar to that of a regression analysis with one predictor (Age),
using the difference scores (congruent-incongruent) as the outcome variable; a design that
can be used for a power analysis in G*Power. We based the effect size on the study by
Van den Brink and Janzen [32], which used the same task, in the same age group. Thus,
the a priori power analysis for a regression analysis with one predictor, an effect size of
0.23, an alpha of 0.05, and a desired power of 80 yielded a minimum sample size of 37. A
power calculation with the same settings but using three predictors (Condition, Age, and
Condition x Age) yielded a minimum sample size of 52.

2.2. Materials and Procedure
2.2.1. BMI

Body mass index (BMI) is an internationally used measure that can be used from two
years of age to assess healthy weight for height, through the following formula:

BMI = weight (kg)/ height2 (m)

Alternatively, BMI z-scores can be calculated accounting for sex and age. We calculated
BMI z-scores using the calculator from the World Health’s Organization. The correlation
between the BMI z-scores and the normal BMI scores calculated using the formula above
was r = 0.99, p < 0.001. Given the high correlation between both measures, we decided to
include the more frequently used normal BMI scores in the exploratory analysis.

The experimenter measured the height and weight of the participating child and
the accompanying parent at the research facility after the testing session. In addition,
parents self-reported the height and weight of the participating child, of both parents
and of siblings (if applicable) in the additional questionnaire (described below). For the
exploratory analysis, we included the BMI of the child based on the measurement obtained
during the test session.

For the current maternal BMI, we calculated the correlation between the data obtained
by the experimenter and the self-reported data from the questionnaire based on the avail-
able data (n = 31, for mothers who accompanied their child to the test session), and the
correlation was r = 0.99 (p < 0.001). For the mothers that did not accompany their child to
the test session, half of the mothers (n = 13) self-reported a BMI in the questionnaire and
the other half (n = 13) had missing data for this variable.

2.2.2. Questionnaires
FFQ

To assess dietary quality, parents were asked to complete a Food Frequency Ques-
tionnaire (FFQ) in an online portal from their home computer. The FFQ for adults [34]
was adapted by The University of Wageningen to meet specific dietary requirements for
toddlers and extended to allow quantitative analyses about total energy consumption and
macronutrients (see below). The FFQ assesses dietary intake, by querying the frequency
of consumption of listed food items over a specified period of time (here, over the past
month). Completion of the FFQ lasted approximately 25 min.

Data from the FFQ was pre-processed by the University of Wageningen, yielding index
scores reflecting adherence to the Dutch Healthy Diet (DHD) guidelines [35] on eleven
subcomponents (vegetables, fruit, whole wheat products, legumes, nuts, dairy, fish, fat
and oils, highly processed meat (mirrored), sugary beverages (mirrored), and unhealthy
food choices (mirrored)) on which a maximum of 10 points per subcomponent could be
obtained. Thus, the total DHD-index scores used in the exploratory analysis, presented
below could range between 0 and 110, with a higher score meaning better adherence to the
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Dutch guidelines for a healthy diet [35]. This measure was used to assess dietary quality. In
addition to the DHD-index scores, total energy consumption, macronutrient composition
of the diet, and fiber intake were calculated.

For the exploratory analysis, we used the total DHD-index scores, average energy
consumption per day in kilo calories (kcals), the percentage of total kcals derived from
average daily saturated fat intake, and average daily fiber intake in grams.

Vineland Screener

The second parent-completed questionnaire via a home computer was the Dutch
Vineland Screener 0-6 (Vineland-S) [36], which was also applied in the previous study
to explore individual differences in task performance. The Vineland-S is a behavioral
questionnaire used to assess the adaptive developmental age of children under 6 years
of age. Parents score their child’s everyday behavior across 72 items divided across four
domains: communication skills, social skills, daily living skills, and motor skills [36].
The Vineland-S takes approximately 15 min to complete. Total scores are provided as
age-equivalent scores for each domain, and a composite age-equivalent score per child.
To prevent issues with multicollinearity, we did not include the composite scores in the
exploratory regression analyses, and instead focused on the four separate domains.

Additional Lifestyle Questionnaire

The third parent-completed questionnaire via a home computer was a lifestyle ques-
tionnaire. The questionnaire included questions about the child’s habitual sleep and exer-
cise, questions about the pregnancy period, feeding practices, general health and mouth
hygiene of the child, and demographics of the family. In addition, parents were asked to
measure the height, weight, and waist circumference of themselves and any siblings (if
applicable). The duration of completing this questionnaire was approximately 15 min.

The demographic section included questions about the highest education level of either
of the parents. Scores ranged from 1 to 5, indicating primary school level to university
level, respectively. We used the maximum of these two scores to calculate maximum
education level of the parents as a proxy of socioeconomic status. The education level of
the parents was too homogeneous and high to be able to control for socioeconomic status
in our analyses (see Participants section above).

Additionally, we derived a set of variables of interest from this questionnaire, to be
included in the exploratory analysis. For Sleep, the average actual hours of sleep during
the night and the average hours of sleep during the day were added. For Exercise, the
average hours of outside play and sports per week were included. For Screen time, the
total hours per week that a child watched television and used a computer, laptop, tablet,
or smartphone were captured. For Gestational weight gain the total weight gain during
pregnancy in kilograms was used. We did not ask pre-pregnancy BMI, although we did
assess current maternal BMI. However, it should be noted that the latter may not be a good
representation of normal BMI for the mothers, since many of them were currently pregnant,
breastfeeding, or had just given birth. For Breastfeeding duration, the number of months the
child was breastfed was used (0 if the child was never breastfed), irrespective of whether a
child also received formula.

2.2.3. Spatial Cognition Assessment
Stimuli

Spatial cognition was assessed with a virtual reality game using the same stimuli as
employed by van den Brink and Janzen [32]. However, no trials containing landmarks were
included, as they were shown in the original experiment to be distracting to participants.
Stimuli consisted of 8 movies featuring a purple animated bird (target) appearing to
the front of the screen, turning around and flying to hide in one of two identical trees.
The trees were situated, at different distances, into one of four different types of 3D
environments. All stimuli were designed using Blender, an open-source animation suite
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(www.blender.org). Stimuli were presented using a Dell computer running Presentation
software (Neurobehavioral Systems, Inc., Berkeley, CA, USA).

Once the bird had hidden itself in the tree, a camera shift mimicked a self-motion path
(duration: 4 s). This led to a perspective change of 90°, to the left or the right of the center
of the visual scene (see Figure 1). During the camera rotation, all objects in the environment
temporarily disappeared from sight, preventing toddlers from keeping their eyes fixed
on the target’s hiding position. Position of the hiding tree (left/right and front/back) and
turn (90° left/right) were fully counterbalanced. For further details regarding the camera
movements please refer to the stimuli section in Van den Brink and Janzen [32].

Figure 1. Camera path for an example trial. Panel (a) shows the top view of the camera path,
indicating camera angle and position at five points. Panels (b,d) show the initial and final position of
the camera, resulting in a 90° turn to the left of the center of the visual scene. After the initial image
(b), Pico the bird appears (c) and hides in one of the two trees. Next, the camera shifts, resulting in
the final image (d). Finally, children are asked to indicate in which tree Pico is hidden by pressing the
correct tree on the touchscreen. (Image and caption adapted from [32]).

In total, the experiment contained 32 trials. In half of the trials, the tree in which the
bird was hidden was on the same side of the participant’s body before and after the camera
rotation; these were labelled side congruent trials (SCon, Figure 2a). Correct performance
on SCon trials could be achieved either by egocentric or allocentric spatial coding. In the
other half of the trials, labelled side incongruent trials (SInc, Figure 2b), the final hiding
position was on the opposite side of the participants” body compared to the hiding position
before the camera turn. Correct performance on the SInc trials could only be achieved by
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allocentric spatial coding. Reliance on egocentric coding to respond on Slnc trials would
result in below-chance performance on these trials.

[a] [b]

t t t

Figure 2. Experimental conditions of the spatial cognition task. The stills from the experimental
movie depict the two trial types included in the present study. In side-congruent trials (SCon, panel a)
the initial and final target position are on the same side of the participant’s body. In side-incongruent
trials (SInc, panel b), the initial and final target position are on the opposite side of the participant’s
body. Reliance on egocentric coding to respond on SInc trials results in below chance performance.
(Image and caption adapted from [32]).

Procedure

All procedures were carried out in accordance with the regulations of the Baby Re-
search Center of the Radboud University (Nijmegen, The Netherlands). Parental informed
consent was collected, and exclusion criteria checked prior to starting the experiment. Upon
visit to the research center, toddlers were seated on a highchair, or on their parents” lap,
depending on the child’s preference, in front of a touch screen monitor (Hewlett-Packard
23-inch LCD). A web cam (LG) was fixed on top of the monitor to record the child’s face
and eye movements for the purpose of excluding non-attended trials (on average 10.5%
of all trials). Throughout the experiment, the experimenter was seated on the left side of
the child.

Participants were informed that the game they were about to play involved a bird
named Pico, which they watched fly and hide behind one of the two trees present on the
screen. Upon hiding, a camera shift led to a change in perspective of 90° either to the left or
the right of the center of the visual scene (see Stimuli). Thereafter the child had to indicate,
by touching the monitor, which tree the bird was hidden in. Cartesian coordinates of the
touch were recorded, to store information about correct and incorrect responses.

Following the touch response, Pico would fly out of the correct tree providing the
child with feedback on the correct hiding position. If the participant had chosen the correct
tree, the bird chirped while flying toward the camera; otherwise, the bird made no sound.
The first trial was always an example trial completed by the experimenter, to clarify the
procedure for participants. In between each trial, as an incentive, children were allowed to
stamp an offline paper sheet. After every 4 trials, children got to choose a sticker and place
it on the sheet. In total, participants could complete up to 32 trials (M = 17.38 completed
trials, SD = 4.41).

At completion of the experiment, the height and weight of children and the present
parent were measured to later calculate BMI. Afterwards, several biological samples were
collected from the child (buccal swab, saliva for proteomics and volatiles, and a stool kit
for collection at home). Results regarding the biological data falls beyond the scope of
this research paper and will be discussed elsewhere. Finally, parents were explained the
procedure to complete the questionnaires at home and received compensation for their
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child’s participation in the study. The overall experimental procedure lasted for around
one hour.

The setup for this experiment originally also involved functional near-infrared spectog-
raphy (fNIRS). Measurements of the first 5 children therefore also included neuroimaging
data. However, due to technical issues during the measurements and restrictions related
to COVID-19, fNIRS measurements were terminated, and the experiment continued behav-
iorally. Data of the subset of children that received fNIRS did not differ substantially from the
rest of the dataset and was therefore included in the dataset used for behavioral analyses.

2.3. Data Analyses

For our first aim, we performed a repeated-measures ANCOVA, to test for a devel-
opmental shift in performance, as found by Van den Brink and Janzen (2013), using age
as a continuous variable. For this analysis, we used Congruency (side congruent, side
incongruent; qualitative) as a within-subject factor and standardized Age (as a fraction of a
year; quantitative) as a moderator or covariate of interest. Percentage correct was used as the
dependent variable.

For our second aim, we explored whether lifestyle factors were related to individual
differences in task performance. We performed a regression analysis using Mean percentage
correct on both trial types as the outcome variable, and with the following variables as pre-
dictors: Age, Sex, the standard scores on the four domains of the Vineland-S (Communication
skills, Daily living skills, Socialization skills, and Motor skills), Sleep, Exercise, Screen time,
Dutch Healthy Diet (DHD) total score, Caloric intake, Saturated fat ratio, Fiber intake, Child BMI,
Breastfeeding time, and Gestational weight gain of the mother. Sex was added as a dummy
variable and all other predictors were quantitative.

Given the exploratory nature of this analysis, p-values were of less importance here
and were added for completeness. Instead, standardized regression weights (f) are often
used to determine relative predictor importance. However, f-weights are highly sensitive
to multicollinearity [37]. Due to this limitation, some authors have argued that structure
coefficients should be added to results, to allow for correct interpretation [37]. Structure
coefficients are the Pearson’s correlations between the predicted criterion score (Yhat, Y)
and each of the predictors. In the current study, there were no issues with multicollinearity
(all tolerances > 0.35 and all VIFs < 2.83). Nonetheless, to allow for better interpretation of
the results, we also included the structure coefficients for each of the predictors. Due to the
limited sample size for the number of predictors used in the model, we will focus on those
predictors that are of relevance based on both the B-weights and the structure coefficients.

Cohen'’s conventions were used to evaluate the magnitude of the effect sizes. Thus, a
correlation of 0.1 was considered small, 0.3 medium, and 0.5 large, and a partial eta-squared
of 0.01 was considered small, 0.06 medium, and 0.14 large [38]. Differences of p < 0.05 were
considered significant and p = [0.05-0.1] marginally significant.

We used R Studio and R version 3.5.1 with the following packages to process and
visualize the data: Tidyverse version 1.2.1, Ggplot2 version2.2.1, Foreign version 0.8-71,
and Haven version 1.1.2. We used IBM SPSS Statistics version 23 for the statistical analyses.

3. Results
3.1. Spatial Cognition Task Performance and Age

First, we confirmed that our data met the assumptions of normality, homogeneity,
and linearity. The first aim of this study was to investigate the development of allocentric
orientation abilities in toddlers between 30 and 36 months of age. We expected allocentric
performance (reflected by performance on the incongruent trials) to increase with age
relative to egocentric performance (reflected by performance on the congruent trials), which
would be reflected in a significant Congruency x Age interaction effect. The results of the
repeated-measures ANCOVA showed a significant main effect of Congruency (multivariate
F(1,56) = 20.74, p < 0.001). This effect was large in size (multivariate 17,,2 =0.27). Estimated
marginal means indicated that the percentage correct was higher for the side congruent
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trials (M = 74.61%) than for the side incongruent trials (M = 56.02%). This means that
egocentric performance was better developed in the toddlers than allocentric performance,
as expected.

In addition, we observed a marginally significant Congruency x Age interaction (mul-
tivariate F(1,56) = 3.76, p = 0.058), reflecting a developmental change across congruency
conditions and , thus, consistent with the earlier findings of Van den Brink and Janzen [32].
This effect was medium in size (multivariate 17,,2 = 0.06). Parameter estimates indicated
that the b-weight for side congruent trials was negative (b = —2.71), whereas the b-weight
for the side incongruent trials was positive (b = 5.28), although both b-weights were not
significantly different from zero (p = 0.33, and p = 0.11, respectively). A visual overview of
these results is displayed in Figure 3.
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Figure 3. Main analysis results per subject for Congruency by Age on Percentage Correct. SCon means
are represented in green circles, SIncon means in red triangles. Lines represent the regression lines,
shaded area represents standard errors (SCon in green, SIncon in red).

The main effect of Age was not significant (F(1,56) = 94.06, p = 0.55).

3.2. Relation between Spatial Cognition Task Performance and Lifestyle Factors

After confirming similar developmental effects with age, as described earlier [32],
we wanted to assess what factors, in addition to age, contributed to performance on this
task, by exploring the dataset in a regression analysis. See Table 1, for the description of
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all variables and their correlations. The combination of lifestyle factors explained a good
proportion of the variability in spatial cognition task performance (R? = 0.45), resulting in a
significant model (F(16,38) = 1.97, p = 0.04). An overview of all corresponding S-weights,
p-values, and structure coefficients (1) can be found in Table 2. Based on a combined
evaluation of B-weight and structure coefficient, the most important predictor for overall
task performance (% correct) was Screen time ( = —0.69, p <.001; r = —0.58, p < 0.001), with
more screen time being associated with decreased task performance (see Figure 4). The
second most important predictor was Gestational weight gain (B = —0.31, p = 0.03; —0.38,
p = 0.005), showing that a lower weight gain of the mother during pregnancy was associated
with increased task performance of their child (see Figure 5). For further interpretation of
the results, we correlated gestational weight gain with current maternal BMI, as far as data
was available (n = 44). The correlation was » = —0.27 and marginally significant (p = 0.07).
This effect was of medium size and indicated that mothers that generally gained more
weight during pregnancy had a lower current BMI. All other predictors were of relevance
on the structure coefficients only and not on the B-weights, or not relevant on either, and
we will therefore not further discuss these, given their limited statistical power.
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Figure 4. The relation between screen time and task performance (mean percentage correct).
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Table 1. Means, standard deviations, and Pearson’s correlations of the variables included in the exploratory regression analysis to investigate individual differences
in task performance.

Predictor M SD 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15
1. Age 277 012

2. Sex 047 050  031*
3 Communication g 4y g5 32+ 0.22

skills

4 Socialskills 4191 915  027*  —005  045*

5 Dailyliving 5015 g5y 12 —024  042%  055%

skills

6.Motorskills ~ 41.02 613 0.09 012 045*  056*  048*

7. Sleep 1221 105 —005 —004 -030 —029* —026 —0.05

8. Exercise 891 555 007 018  —001 002  -003 012  —005

9. Screen time 751 482 024 0.006 0.03 032*  —015 022  —001  040*

(h/week)
10. Dutch Healthy ) o5 1410 002 009 —001 001 014  —001 —001 021 OB

Diet score
11. Caloricintake ~ 111150 287.03 025  0.35* 0.3 008  —014 —0.008 0.03 0.19 0.11 0.13
12 Sai‘;:f‘;edfat 1212 244 012 009 0004  —009 —023 —012 024 010 —007  —018 0.6

13. Fiberintake 1477 386  0.13 0.13 0.04 0.07 0.04  —0.007 0.2 002  —013  044*  063* —0.10

14.Child BMI 1634 139  —004 0005 —0001 —020 —020 —013 016  —002 —023  —002  —018 023  0.02
1. Bret?frtlieedmg 865 871  —021  —038 —002 —005 013 -010 002 -019 025 019  —032* -022 -004 011
16. Gestational 1) 95 5g8 001 012 024 002 003 008 006 017 0.07 0.09 026 —011 018 —021 —0.15
weight gain

Note. M and SD are used to represent mean and standard deviation, respectively. * indicates p < 0.05 and ** indicates p < 0.01 significance of correlation between the predictors (the

numbers in the first row are explained in the first column). The highest correlation was r = 0.63 (between predictors 13 and 11).
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Table 2. Significance of the lifestyle factors in the exploratory regression analysis predicting perfor-
mance in the spatial cognition task (i.e., Mean percentage correct as the dependent variable).

Predictor B 4 r p
Age 0.05 0.75 0.05 0.72
Sex -0.26 0.13 0.003 0.98
Communication skills 0.22 0.21 0.42 0.001 **
Social skills 0.18 0.35 0.15 0.28
Daily living skills -0.21 0.31 0.28 0.04*
Motor skills 0.12 0.49 0.11 041
Sleep 0.01 0.93 —0.07 0.59
Exercise 0.22 0.14 —0.08 0.58
Screen time —0.69 <0.001 *** —0.58 <0.007 ***
Dutch Healthy Diet ~0.006 0.97 021 0.12
total score
Caloric intake 0.30 0.14 0.33 0.02*
Saturated fat ratio 0.009 0.95 0.16 0.25
Fiber intake —0.02 0.92 0.29 0.03 *
Child BMI -0.17 0.24 —0.04 0.77
Breastfeeding time —0.10 0.48 —0.01 0.94
Gestational weight gain —0.31 0.03 * —0.38 0.005 **

Note. * indicates p < 0.05. ** indicates p < 0.01. ** indicates p < 0.001. B = standardized Beta-weight, r = struc-
ture coefficient.
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Figure 5. The relation between gestational weight gain and task performance (mean percentage correct).
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4. Discussion

The aim of the current study was twofold: (1) to investigate the spatial orientation
abilities in toddlers as a developmental milestone with increasing age, and (2) to explore a
variety of lifestyle factors that could possibly explain individual differences in spatial abilities.

To investigate the development of egocentric and allocentric orientation abilities in
toddlers, we used an adjusted version of an on-screen VR task to assess spatial abilities [32].
Differently from Van der Brink and Janzen’s [32] study, we used age as a continuous rather
than dichotomous variable, to allow a more nuanced understanding of the role of age in
spatial cognitive abilities in this age range (30-36 months of age). We hypothesized that
performance on the congruent trials would generally be better than on the incongruent trials.
Additionally, we expected performance on the incongruent trials, for which allocentric
processing is required, to increase with age relative to performance on congruent trials, for
which egocentric processing alone would be sufficient. Indeed, we found that performance
on the congruent trials was generally superior to that on incongruent trials, confirming our
first hypothesis. The interaction between condition and age was marginally significant,
and the effect size was medium, providing some evidence in the direction of our second
hypothesis. These findings are generally in line with the results of the study by Van den
Brink and Janzen [32]. However, contrary to the findings in that study, we did not find a
significant main effect of age, despite having a large enough sample according to the a priori
power calculation. One possible explanation for this difference is that we included children
in the age range of 30-36 months, as opposed to including only the extreme age groups
(30 months versus 35 months). The latter approach generally has more power [39] and is
perhaps more successful in finding an effect when the shift is gradual or when a sudden
shift happens more towards the beginning or the end of the age range. Future studies
should elucidate whether this development is more gradual or at a sudden moment in time
between 30 and 35 months of age. Cognitive neuroimaging might be able to link these
developmental steps to stages in brain maturation, such as that of the hippocampus [28].

For exploring lifestyle factors in relation to spatial task performance, we used an
exploratory regression analysis using a variety of demographic (Age, Sex) and lifestyle
factors (Sleep, Exercise, Screen time, Dutch Healthy Diet (DHD) total score, Caloric intake,
Saturated fat ratio, Fiber intake, Child BMI, Breastfeeding time, and Gestational weight gain
of the mother) as well as the standard scores on the four domains of the Vineland-S (Com-
munication skills, Daily living skills, Socialization skills, and Motor skills) as predictors. Of
the factors explored here, only Screen time and Gestational weight gain were negatively
associated with spatial task performance in toddlers. The null results of the remaining
factors included in the sample will not be further discussed, because the lack of an effect
could also have been due to insufficient power, given the limited sample size. Future
studies using larger samples could further explore these factors and their interactions, to
obtain a better insight into the more subtle relations between lifestyle factors and spatial
task performance in toddlers.

In most previous studies, clear negative associations between screen time and cognitive
development in young children only became apparent for extremely high exposure (i.e.,
more than 7 h per day in some studies) [40]. The average screen time use in our study
was relatively low (M = 7.51 h/week, SD = 1.07), and within the general guidelines for
children this age (i.e., <2 h/day). Nevertheless, we still observed a negative correlation with
spatial task performance. Screen time in our study also included playing games on a laptop
or tablet. One might expect this gaming experience to be beneficial for playing a spatial
cognition game on a touch screen computer, but the pattern observed here suggests the
opposite. The negative correlation found in the current study could possibly be explained
by a negative association between screen time and cognitive stimulation in the home
environment. Indeed, one study in 24-36 month old toddlers found such a negative
association for television viewing [41]. Screen time could have come at the expense of real-
life play and associated spatial experiences, resulting in a negative association with spatial
cognition. However, we did not assess real-life play duration in our study. Additionally,
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we only focused on screen exposure duration, and we did not specifically assess the type of
content toddlers engaged with. Some studies have found that the type of media content
(i.e., educational or non-educational; violent or non-violent) determines the impact on
cognitive abilities [42]. Therefore, future studies could also include questions on the type
of content, to further unravel this association.

The current findings with respect to gestational weight gain are not exactly in line with
a longitudinal study using a large sample (N > 5000 children), which found a small positive
association between gestational weight gain and offspring cognitive development [19].
An older study found that general cognitive ability (measured with the Raven Coloured
Progressive Matrices) was higher for children of which the mother gained more than
2.27 kg (5lb) and less than 13.15 kg (291b) [43], which suggests an inverted U-shaped
relation between gestational weight gain and cognitive ability of the offspring. In our
modest sample, gestational weight gain was relatively high (M = 12.98 kg, SD = 5.88), with
very few (n = 3) mothers falling below the lower threshold, which could explain why we
found a negative linear association, in line with these older findings. A more recent study
using a large sample (N = 31,968), indeed, found an inverted U-shaped association [44].
However, comparing these results to those from a different model that accounted for sibling
pairs in their data revealed that almost all observed associations could be explained by
familial factors. Our sample size (N = 57) and composition did not allow us to control for
possible confounders, other than those factors already included in the regression analysis,
and should therefore be interpreted with caution. We encourage future confirmatory
studies using larger samples to investigate the association observed here, including possible
confounders such as socio-economic status, and using analyses that account for non-
normally distributed data, such as generalized estimating equations (GEEs). Such studies
are warranted, since the limited amount of studies to date on gestational weight gain and
cognitive abilities of the offspring have led to inconclusive results (see [45] for a recent
review and meta-analysis), and studies investigating spatial cognition specifically are
currently lacking. One mechanism that could potentially explain the association between
gestational weight gain and cognition of the offspring are inflammatory processes. Indeed,
excessive gestational weight gain was found to be associated with higher concentrations of
inflammatory markers in the mothers [46]. Inflammation during pregnancy may impact
inflammatory profiles in the offspring, but evidence for this hypothesis mainly stems
from rodent studies and more research in humans, investigating the causal mechanisms,
is warranted [47]. Given the key role of the hippocampus in spatial cognition, and the
sensitivity of this brain region to external influences and inflammation [3], spatial cognition
could be a very suitable candidate to further investigate the consequences of heightened
inflammatory factors during pregnancy on the cognitive abilities of the offspring.

The two lifestyle factors found to be (negatively) associated with spatial cognitive
task performance in toddlers in the current study—screen time and gestational weight
gain of the mother—are both modifiable. Although we cannot claim causality based on
our correlational analyses in this observational study, future studies that use lifestyle
intervention designs might show an impact on children’s cognitive abilities. By increasing
awareness through education of (future) parents, the risk of negative consequences could
be reduced. Helping children reach their full potential is particularly important when
it comes to spatial cognitive abilities, because spatial orientation allows them to locate
what they need [32]. Moreover, spatial abilities are linked to quantitative reasoning skills.
Indeed, longitudinal studies have shown that increased spatial abilities are associated with
proficiency in mathematics and science [48]. These skills are highly relevant for today’s
society, where numeracy, the ability to analyze and interpret data, and critically assess
complex problems are increasingly requested abilities.

One important limitation, particularly for the exploratory regression analysis with
the lifestyle factors, is the limited sample size and homogenous study population. Results
should therefore be validated in larger, more heterogenous cohorts. The vast majority
(87 percent) of the parents of the toddlers in the current study sample were highly educated,
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which could be interpreted as a proxy of socioeconomic status. A more heterogeneous
sample would increase the generalizability of the findings, especially since characteristics
of the home environment have the potential to affect cognitive development [49]. As
this observational study does not allow any causal inference, intervention studies in a
randomized controlled design would allow for conclusions regarding the causal role of
screen time or gestational weight gain in affecting spatial cognition in toddlers.

5. Conclusions

Using an existing touch-screen task for spatial cognition, we confirmed that egocentric
orientation abilities are better developed in toddlers than allocentric abilities. We also
found that allocentric versus egocentric performance tended to increase with increasing age
between 30 and 36 months (medium effect size), in line with previous findings comparing
groups of toddlers aged 30 versus 35 months. Regarding the role of various lifestyle factors
in explaining individual variability in spatial cognition, a negative correlation for both
screen time and gestational weight gain with performance on the spatial cognition task was
found. These results need to be confirmed in larger studies, preferably using intervention
designs, to claim causality.

Author Contributions: Conceptualization, C.v.D.,LL., J.v.D., G.G., G.J. and E.A.; methodology, C.v.D.,
IL.,Jv.D. G.G., GJ. and E.A,; software, G.J.; validation, C.v.D., I.L., G.J. and E.A.; formal analysis,
C.v.D. and ILL,; investigation, C.v.D. and LL.; resources, G.J. and E.A.; data curation, C.v.D., LL.,
G.J. and E.A ; writing—original draft preparation, C.v.D., LL., G.J. and E.A.; writing—review and
editing, C.v.D., J.v.D., G.G,, GJ. and E.A ; visualization, C.v.D.; supervision, G.J. and E.A.; project
administration, C.v.D. and L.L.; funding acquisition, G.J. and E.A. All authors have read and agreed
to the published version of the manuscript.

Funding: This research was funded by the European Union’s EFRD grant, case number PROJ-00405,
and Reckitt/Mead Johnson Nutrition, Nijmegen, The Netherlands.

Institutional Review Board Statement: The study was conducted according to the guidelines of
the Declaration of Helsinki and approved by the local Ethics Committee of the Social Sciences
Faculty of the Radboud University Nijmegen, The Netherlands (protocol code ECSW-2017-3001-470
BabyBRAIN; 2017, and ECSW-2019-107, 2019).

Informed Consent Statement: Informed consent was obtained from the parents of all subjects
involved in the study.

Data Availability Statement: The data presented in this study are available on request from the
corresponding author. The data are not publicly available, because no written consent for public data
sharing was obtained from the parents of the participating children.

Acknowledgments: We thank Dani van den Brink for developing the original Pico task and Marieke
Schoemaker for co-conceptualizing the study. Correspondence concerning this article should be
addressed to Claudia van Dun and/or Esther Aarts, Donders Institute for Cognitive Neuroimaging,
Radboud University, Kapittelweg 29, 6525 EN Nijmegen, The Netherlands. Electronic mail may be
sent to c.vandun@donders.ru.nl and/or esther.aarts@donders.ru.nl.

Conflicts of Interest: ].v.D. and G.G. are employees of Reckitt. The other authors declare no conflict
of interest.

1. World Health Organization Commission on Ending Childhood Obesity. 2019. Available online: https://www.who.int/
publications/i/item /9789241510066 (accessed on 1 October 2021).

2. Jirout, ].; LoCasale-Crouch, J.; Turnbull, K.; Gu, Y.; Cubides, M.; Garzione, S.; Evans, T.M.; Weltman, A.L.; Kranz, S. How lifestyle
factors affect cognitive and executive function and the ability to learn in children. Nutrients 2019, 11, 1953. [CrossRef] [PubMed]

3. Bolshakov, A.P; Tret'yakova, L.V,; Kvichansky, A.A.; Gulyaeva, N.V. Glucocorticoids: Dr. Jekyll and Mr. Hyde of Hippocampal
Neuroinflammation. Biochemistry 2021, 86, 156-167. [CrossRef] [PubMed]

4. Fenoglio, K.A.; Brunson, K.L.; Baram, T.Z. Hippocampal neuroplasticity induced by early-life stress: Functional and molecular
aspects. Front. Neuroendocrinol. 2006, 27, 180-192. [CrossRef] [PubMed]


https://www.who.int/publications/i/item/9789241510066
https://www.who.int/publications/i/item/9789241510066
http://doi.org/10.3390/nu11081953
http://www.ncbi.nlm.nih.gov/pubmed/31434251
http://doi.org/10.1134/S0006297921020048
http://www.ncbi.nlm.nih.gov/pubmed/33832414
http://doi.org/10.1016/j.yfrne.2006.02.001
http://www.ncbi.nlm.nih.gov/pubmed/16603235

Nutrients 2022, 14, 3322 16 of 17

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

O’Keefe, ].; Dostrovsky, J. The hippocampus as a spatial map. Preliminary evidence from unit activity in the freely-moving rat.
Brain Res. 1971, 34, 171-175. [CrossRef]

Hart, R.A.; Moore, G.T. The development of spatial cognition: A review. In Image and Environment: Cognitive Mapping and Spatial
Behavior; Downs, R.M., Stea, D., Eds.; Aldine Transaction: Chicago, IL, USA, 1973; pp. 246-288.

Boitard, C.; Cavaroc, A.; Sauvant, J.; Aubert, A.; Castanon, N.; Layé, S.; Ferreira, G. Impairment of hippocampal-dependent
memory induced by juvenile high-fat diet intake is associated with enhanced hippocampal inflammation in rats. Brain. Behav.
Immun. 2014, 40, 9-17. [CrossRef] [PubMed]

Baym, C.L.; Khan, N.A.; Monti, ] M.; Raine, L.B.; Drollette, E.S.; Moore, R.D.; Scudder, M.R.; Kramer, A.F,; Hillman, C.H.; Cohen,
N.J. Dietary lipids are differentially associated with hippocampal-dependent relational memory in prepubescent children. Am. J.
Clin. Nutr. 2014, 99, 1026-1033. [CrossRef] [PubMed]

Berding, K.; Carbia, C.; Cryan, J.F. Going with the grain: Fiber, cognition, and the microbiota-gut-brain-axis. Exp. Biol. Med. 2021,
246, 796-811. [CrossRef]

Clemente, J.C.; Manasson, J.; Scher, J.U. The role of the gut microbiome in systemic inflammatory disease. BM]J 2018, 360, j5145.
[CrossRef]

Nyaradi, A.; Li, J.; Hickling, S.; Foster, J.; Oddy, W.H. The role of nutrition in children’s neurocognitive development, from
pregnancy through childhood. Front. Hum. Neurosci. 2013, 7, 97. [CrossRef]

Liang, J.; Matheson, B.E.; Kaye, W.H.; Boutelle, K.N. Neurocognitive correlates of obesity and obesity-related behaviors in
children and adolescents. Int. J. Obes. 2014, 38, 494-506. [CrossRef]

Nimmo, M.A_; Leggate, M.; Viana, J.L.; King, J.A. The effect of physical activity on mediators of inflammation. Diabetes Obes.
Metab. 2013, 15, 51-60. [CrossRef] [PubMed]

Carson, V.; Hunter, S.; Kuzik, N.; Wiebe, S.A.; Spence, ].C.; Friedman, A.; Tremblay, M.S,; Slater, L.; Hinkley, T. Systematic review
of physical activity and cognitive development in early childhood. J. Sci. Med. Sport 2016, 19, 573-578. [CrossRef] [PubMed]
Duch, H; Fisher, EM.; Ensari, I.; Harrington, A. Screen time use in children under 3 years old. Int. ]. Behav. Nutr. Phys. Act. 2013,
10, 102. [CrossRef] [PubMed]

Besedovsky, L.; Lange, T.; Haack, M. The sleep-immune crosstalk in health and disease. Physiol. Rev. 2019, 99, 1325-1380.
[CrossRef]

Bernier, A.; Beauchamp, M.H.; Bouvette-Turcot, A.A.; Carlson, S.M.; Carrier, ]. Sleep and cognition in preschool years: Specific
links to executive functioning. Child Dev. 2013, 84, 1542-1553. [CrossRef]

De Freitas Aradjo, D.; De Almondes, K.M. Sleep and cognitive performance in children and pre-adolescents: A review. Biol.
Rhythm Res. 2014, 45, 193-207. [CrossRef]

Gage, S.H.; Lawlor, D.A.; Tilling, K.; Fraser, A. Associations of maternal weight gain in pregnancy with offspring cognition in
childhood and adolescence: Findings from the avon longitudinal study of parents and children. Am. J. Epidemiol. 2013, 177,
402-410. [CrossRef]

Pereyra-Elias, R.; Quigley, M.A.; Carson, C. Association between breastfeeding duration and cognitive development up to age 14
among children from the UK millennium cohort study. J. Epidemiol. Community Health 2021, 75, A44-A45. [CrossRef]
Learmonth, A .E.; Newcombe, N.S.; Huttenlocher, J. Toddlers’ use of metric information and landmarks to reorient. J. Exp. Child
Psychol. 2001, 80, 225-244. [CrossRef]

Bremner, J.G. Egocentric versus allocentric spatial coding in nine-month-old infants: Factors influencing the choice of code. Dev.
Psychol. 1978, 14, 346-355. [CrossRef]

Schmuckler, M.A.; Tsang-Tong, H.Y. The role of visual and body movement information in infant search. Dev. Psychol. 2000,
36, 499. [CrossRef] [PubMed]

Committeri, G.; Galati, G.; Paradis, A.L.; Pizzamiglio, L.; Berthoz, A.; LeBihan, D. Reference frames for spatial cognition: Different
brain areas are involved in viewer-, object-, and landmark-centered judgments about object location. . Cogn. Neurosci. 2004, 16,
1517-1535. [CrossRef] [PubMed]

Fernandez-Baizan, C.; Arias, ].L.; Mendez, M. Spatial orientation assessment in preschool children: Egocentric and allocentric
frameworks. Appl. Neuropsychol. Child 2021, 10, 171-193. [CrossRef] [PubMed]

Bremner, ].G.; Knowles, L.; Andreasen, G. Processes Underlying Young Children’ s Spatial Orientation during Movement. J. Exp.
Child Psychol. 1994, 57, 355-376. [CrossRef] [PubMed]

Bullens, J.; Igléi, K.; Berthoz, A.; Postma, A.; Rondi-Reig, L. Developmental time course of the acquisition of sequential egocentric
and allocentric navigation strategies. J. Exp. Child Psychol. 2010, 107, 337-350. [CrossRef]

Zaehle, T.; Jordan, K.; Wiistenberg, T.; Baudewig, J.; Dechent, P.; Mast, EW. The neural basis of the egocentric and allocentric
spatial frame of reference. Brain Res. 2007, 1137, 92-103. [CrossRef]

Taube, S.; Muller, U.; Ranck, B. Head-Direction Cells Recorded from the Postsubiculum Moving Rats. II. Effects of Environmental
Manipulations in Freely. J. Neurosci. 1990, 10, 436—447. [CrossRef]

Rolls, E.T.; O Mara, S.M.O. View-Responsive Neurons in the Primate Hippocampal Complex. Hippocampus 1995, 5, 409-424.
[CrossRef]

Lambert, ER.; Lavenex, P; Lavenex, P.B. Improvement of allocentric spatial memory resolution in children from 2 to 4 years of
age. Int. J. Behav. Dev. 2015, 39, 318-331. [CrossRef]


http://doi.org/10.1016/0006-8993(71)90358-1
http://doi.org/10.1016/j.bbi.2014.03.005
http://www.ncbi.nlm.nih.gov/pubmed/24662056
http://doi.org/10.3945/ajcn.113.079624
http://www.ncbi.nlm.nih.gov/pubmed/24522447
http://doi.org/10.1177/1535370221995785
http://doi.org/10.1136/bmj.j5145
http://doi.org/10.3389/fnhum.2013.00097
http://doi.org/10.1038/ijo.2013.142
http://doi.org/10.1111/dom.12156
http://www.ncbi.nlm.nih.gov/pubmed/24003921
http://doi.org/10.1016/j.jsams.2015.07.011
http://www.ncbi.nlm.nih.gov/pubmed/26197943
http://doi.org/10.1186/1479-5868-10-102
http://www.ncbi.nlm.nih.gov/pubmed/23967799
http://doi.org/10.1152/physrev.00010.2018
http://doi.org/10.1111/cdev.12063
http://doi.org/10.1080/09291016.2013.790136
http://doi.org/10.1093/aje/kws239
http://doi.org/10.1136/jech-2021-SSMabstracts.94
http://doi.org/10.1006/jecp.2001.2635
http://doi.org/10.1037/0012-1649.14.4.346
http://doi.org/10.1037/0012-1649.36.4.499
http://www.ncbi.nlm.nih.gov/pubmed/10902701
http://doi.org/10.1162/0898929042568550
http://www.ncbi.nlm.nih.gov/pubmed/15601516
http://doi.org/10.1080/21622965.2019.1630278
http://www.ncbi.nlm.nih.gov/pubmed/31268354
http://doi.org/10.1006/jecp.1994.1017
http://www.ncbi.nlm.nih.gov/pubmed/8027705
http://doi.org/10.1016/j.jecp.2010.05.010
http://doi.org/10.1016/j.brainres.2006.12.044
http://doi.org/10.1523/JNEUROSCI.10-02-00436.1990
http://doi.org/10.1002/hipo.450050504
http://doi.org/10.1177/0165025415584808

Nutrients 2022, 14, 3322 17 of 17

32.

33.

34.

35.

36.

37.

38.
39.

40.

41.

42.

43.

44.

45.

46.

47.

48.

49.

van den Brink, D.; Janzen, G. Visual spatial cue use for guiding orientation in two-to-three-year-old children. Front. Psychol. 2013,
4,904. [CrossRef]

Dutch Central Bureau for Statistics. Trends in Nederland 2018: Onderwijsniveau Bevolking 15 tot 75 Jaar [Trends in The Nether-
lands: Education Level Population 15 to 75 Years of Age]. Available online: https://longreads.cbs.nl/trends18/maatschappij/
cijfers/onderwijs/ (accessed on 1 October 2021).

Van Lee, L.; Feskens, E.J.M.; Hooft Van Huysduynen, E.J.C.; de Vries, ] H.M.; van 't Veer, P.; Geleen, A. The Dutch Healthy Diet
index as assessed by 24 h recalls and FFQ: Associations with biomarkers from a cross-sectional study. J. Nutr. Sci. 2013, 2, E40.
[CrossRef] [PubMed]

Dutch Health Council. Richtlijnen Goede Voeding 2015 [Dutch Dietary Guidelines 2015]. Dutch Health Council: The Hague, The
Netherlands, 2015.

Scholte, E.; Van Duijn, G.; Dijkxhoorn, Y.; Noens, I; Van Berckelaer-Onnes, 1. Handleiding Vineland Screener 0-6 [Manual Vineland
Screener 0—6 Year-NL]; PITS: Leiden, The Netherlands, 2008.

Kraha, A.; Turner, H.; Nimon, K.; Zientek, L.R.; Henson, R.K. Tools to support interpreting multiple regression in the face of
multicollinearity. Front. Psychol. 2012, 3, 44. [CrossRef] [PubMed]

Cohen, ]. Statistical Power Analysis for the Behavioral Sciences; Lawrence Erlbaum Associates: Hillsdale, NJ, USA, 1988.

Preacher, K.J. Extreme Groups Designs. In The Encyclopedia of Clinical Psychology; John Wiley & Sons: Hoboken, NJ, USA, 2015;
Volume 2, pp. 1-4. [CrossRef]

Ponti, M.; Bélanger, S.; Grimes, R.; Heard, J.; Johnson, M.; Moreau, E.; Norris, M.; Shaw, A.; Stanwick, R.; Van Lankveld, J.; et al.
Screen time and young children: Promoting health and development in a digital world. Paediatr. Child Health 2017, 22, 461-477.
[CrossRef]

Certain, L.K.; Kahn, R.S. Prevalance, correlates, and trajectory of television viewinf among infants and toddlers. Pediatrics 2002,
109, 634-642. [CrossRef] [PubMed]

Zimmerman, FJ.; Christakis, D.A. Associations between content types of early media exposure and subsequent attentional
problems. Pediatrics 2007, 120, 986-992. [CrossRef] [PubMed]

Tavris, D.R.; Read, J.A. Effect of maternal weight gain on fetal, infant, and childhood death and on cognitive development. Obstet.
Gynecol. 1982, 60, 689-694.

Keim, S.A,; Pruitt, N.T. Gestational weight gain and child cognitive development. Int. |. Epidemiol. 2012, 41, 414-422. [CrossRef]
Martinez-Hortelano, J.A.; Alvarez-Bueno, C.; Cavero-Redondo, L; Herrdiz-Adillo, A ; Berlanga-Macias, C.; Martinez-Vizcaino,
V. Gestational weight gain and offspring’s cognitive skills: A systematic review and meta-analysis. BMC Pediatr. 2020, 20, 533.
[CrossRef] [PubMed]

Hrolfsdottir, L.; Schalkwijk, C.G.; Birgisdottir, B.E.; Gunnarsdottir, I.; Maslova, E.; Granstrom, C.; Strom, M.; Olsen, S.E;
Halldorsson, T.I. Maternal diet, gestational weight gain, and inflammatory markers during pregnancy. Obesity 2016, 24, 2133-2139.
[CrossRef]

Van Der Burg, ].W,; Sen, S.; Chomitz, V.R.; Seidell, ].C.; Leviton, A.; Dammann, O. The role of systemic inflammation linking
maternal BMI to neurodevelopment in children. Pediatr. Res. 2016, 79, 3—12. [CrossRef]

Wai, J.; Lubinski, D.; Benbow, C.P; Steiger, ].H. Accomplishment in Science, Technology, Engineering, and Mathematics (STEM)
and Its Relation to STEM Educational Dose: A 25-Year Longitudinal Study. J. Educ. Psychol. 2010, 102, 860-871. [CrossRef]
Duncan, G.J.; Magnuson, K. Socioeconomic status and cognitive functioning: Moving from correlation to causation. Wiley
Interdiscip. Rev. Cogn. Sci. 2012, 3, 377-386. [CrossRef] [PubMed]


http://doi.org/10.3389/fpsyg.2013.00904
https://longreads.cbs.nl/trends18/maatschappij/cijfers/onderwijs/
https://longreads.cbs.nl/trends18/maatschappij/cijfers/onderwijs/
http://doi.org/10.1017/jns.2013.28
http://www.ncbi.nlm.nih.gov/pubmed/25191596
http://doi.org/10.3389/fpsyg.2012.00044
http://www.ncbi.nlm.nih.gov/pubmed/22457655
http://doi.org/10.1002/9781118625392.wbecp190
http://doi.org/10.1093/pch/pxx123
http://doi.org/10.1542/peds.109.4.634
http://www.ncbi.nlm.nih.gov/pubmed/11927708
http://doi.org/10.1542/peds.2006-3322
http://www.ncbi.nlm.nih.gov/pubmed/17974735
http://doi.org/10.1093/ije/dyr229
http://doi.org/10.1186/s12887-020-02429-7
http://www.ncbi.nlm.nih.gov/pubmed/33243183
http://doi.org/10.1002/oby.21617
http://doi.org/10.1038/pr.2015.179
http://doi.org/10.1037/a0019454
http://doi.org/10.1002/wcs.1176
http://www.ncbi.nlm.nih.gov/pubmed/26301469

	Introduction 
	Materials and Methods 
	Participants 
	Materials and Procedure 
	BMI 
	Questionnaires 
	Spatial Cognition Assessment 

	Data Analyses 

	Results 
	Spatial Cognition Task Performance and Age 
	Relation between Spatial Cognition Task Performance and Lifestyle Factors 

	Discussion 
	Conclusions 
	References

