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Abstract

Background: Routine evidence-based tobacco use treatment minimizes cancer-specific and all-cause mortality,
reduces treatment-related toxicity, and improves quality of life among patients receiving cancer care. Few cancer
centers employ mechanisms to systematically refer patients to evidence-based tobacco cessation services.
Implementation strategies informed by behavioral economics can increase tobacco use treatment engagement
within oncology care.

© The Author(s). 2021 Open Access This article is licensed under a Creative Commons Attribution 4.0 International License,
which permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative Commons licence, and indicate if
changes were made. The images or other third party material in this article are included in the article's Creative Commons
licence, unless indicated otherwise in a credit line to the material. If material is not included in the article's Creative Commons
licence and your intended use is not permitted by statutory regulation or exceeds the permitted use, you will need to obtain
permission directly from the copyright holder. To view a copy of this licence, visit http://creativecommons.org/licenses/by/4.0/.
The Creative Commons Public Domain Dedication waiver (http://creativecommons.org/publicdomain/zero/1.0/) applies to the
data made available in this article, unless otherwise stated in a credit line to the data.

* Correspondence: Jenssenb@chop.edu
1Department of Pediatrics, Perelman School of Medicine, University of
Pennsylvania, Philadelphia, USA
2Penn Center for Cancer Care Innovation, Abramson Cancer Center,
Perelman School of Medicine, University of Pennsylvania, Philadelphia, USA
Full list of author information is available at the end of the article

Jenssen et al. Implementation Science           (2021) 16:72 
https://doi.org/10.1186/s13012-021-01139-7

http://crossmark.crossref.org/dialog/?doi=10.1186/s13012-021-01139-7&domain=pdf
http://orcid.org/0000-0001-6082-4931
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/publicdomain/zero/1.0/
mailto:Jenssenb@chop.edu


Methods: A four-arm cluster-randomized pragmatic trial will be conducted across nine clinical sites within the
Implementation Science Center in Cancer Control Implementation Lab to compare the effect of behavioral
economic implementation strategies delivered through embedded messages (or “nudges”) promoting patient
engagement with the Tobacco Use Treatment Service (TUTS). Nudges are electronic medical record (EMR)-based
messages delivered to patients, clinicians, or both, designed to counteract known patient and clinician biases that
reduce treatment engagement. We used rapid cycle approaches (RCA) informed by relevant stakeholder
experiences to refine and optimize our implementation strategies and methods prior to trial initiation. Data will be
obtained via the EMR, clinician survey, and semi-structured interviews with a subset of clinicians and patients. The
primary measure of implementation is penetration, defined as the TUTS referral rate. Secondary outcome measures
of implementation include patient treatment engagement (defined as the number of patients who receive FDA-
approved medication or behavioral counseling), quit attempts, and abstinence rates. The semi-structured interviews,
guided by the Consolidated Framework for Implementation Research, will assess contextual factors and patient and
clinician experiences with the nudges.

Discussion: This study will be the first in the oncology setting to compare the effectiveness of nudges to clinicians
and patients, both head-to-head and in combination, as implementation strategies to improve TUTS referral and
engagement. We expect the study to (1) yield insights into the effectiveness of nudges as an implementation
strategy to improve uptake of evidence-based tobacco use treatment within cancer care, and (2) advance our
understanding of the multilevel contextual factors that drive response to these strategies. These results will lay the
foundation for how patients with cancer who smoke are best engaged in tobacco use treatment and may lead to
future research focused on scaling this approach across diverse centers.

Trial registration: Clinicaltrials.gov, NCT04737031. Registered 3 February 2021.
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Contributions to the literature

� This novel study, one of the Signature Pilot Projects (SPPs)

within the Penn Implementation Science Center in Cancer

Control (ISC3), is designed to evaluate behavioral

economics-informed implementation strategies in the form

of electronic medical record-based communications deliv-

ered to patients with cancer, clinicians specializing in cancer

care, or both patients and clinicians to increase engagement

in evidence-based tobacco use treatment.

� This study demonstrates the use of rapid cycle approaches

and novel mixed methods to facilitate clinical trial

implementation and enhance understanding of factors that

influence the impact of implementation strategies on

tobacco use treatment engagement.

� The results of this trial may lead to the dissemination of a

low-cost and simple approach to increasing engagement of

patients with cancer in tobacco use treatment, thereby maxi-

mizing the impact of oncologic care on patient health

outcomes.

Background
Continued tobacco smoking reduces survival among pa-
tients with cancer [1–3]. It accelerates tumor growth
and increases disease progression, tumor resistance to

treatment, and treatment-related toxicities [4–7]. Rou-
tinely delivered evidence-based tobacco use treatment
(TUT) minimizes cancer-specific and all-cause mortality,
reduces treatment-related toxicity, and improves quality
of life [1]. Unfortunately, about 50% of cancer patients
who smoked prior to their diagnosis continue to smoke
after diagnosis and during treatment [8]. In response,
the National Comprehensive Cancer Network [3], the
American Society of Clinical Oncology [9], and the
American Association for Cancer Research [10] have
called for the implementation of evidence-based tobacco
use treatment within oncology care. In 2015, TUT con-
sisting of FDA-approved cessation medications and ap-
propriate behavioral interventions received an “A”
recommendation from the United States Preventive Ser-
vices Task Force, given the high level of certainty of
resulting benefit [11].
Despite the importance of TUT, only half of cancer

centers consistently identify patient tobacco use [12] and
few cancer centers employ systematic strategies to refer
patients to evidence-based tobacco cessation services
[11]. Acknowledging this gap, the National Cancer Insti-
tute (NCI) launched the Cancer Center Cessation Initia-
tive (C3i) as part of the Cancer Moonshot to help
centers develop effective ways to identify and engage pa-
tients who smoke [13]. One of the major objectives of
C3i is to evaluate and overcome clinician, patient, clinic,
and health system barriers by fully integrating TUT into
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cancer care services. C3i focuses on clinical workflow
management and minimizing treatment plan variability
as they relate to TUT.
As one of the first cancer centers selected in the initial

C3i cohort, early efforts focused on the implementation
of universal tobacco use screening and referral, based on
the evidence-based Ask-Advise-Connect model [14]. Be-
cause lack of clinician experience with tobacco use treat-
ment is a frequently cited barrier to implementation
[15–17], our initial strategy used an automated opt-out
“default” electronic medical record (EMR) referral to our
Tobacco Use Treatment Service (TUTS). The initial
intervention resulted in significant improvement in clin-
ician engagement, with referral rates to TUTS rising
from baseline 0 to 34% during the 6-month post-
implementation period. While the experience suggested
that clinician behavior was modifiable, over 60% of de-
fault referral orders were declined, implicating additional
important barriers to change [18].
Implementation efforts to promote TUT engagement

within oncology can be enhanced using strategies in-
formed by behavioral economics, the application of
which has shown potential to improve patient outcomes
and transform healthcare delivery across a wide range of
activities [19–22]. Prior work has identified specific bar-
riers that prevent TUTS referral and engagement, in-
cluding clinician pessimism regarding the ability to help
patients stop using tobacco, misconceptions about pa-
tient resistance to treatment, and implicit biases regard-
ing the capacity for patients to volitionally alter the
course of illness [23]. These motivators are related to cli-
nicians’ willingness to invest effort in help giving [24–
26] and may prevent acquisition of new knowledge and
skills [27]. From the patient perspective, several studies
identify unique challenges faced by individuals with can-
cer when engaging in tobacco cessation efforts, including
low self-efficacy, low perceived benefits of quitting, and
perceived risk of treatment [28–30]. This trial was de-
signed to evaluate the additional effectiveness of patient
and clinician “nudges”—messages informed by behav-
ioral economics designed to counteract known heuristics
that reduce the likelihood of engaging in TUT—in a
pragmatic and innovative way in order to increase TUTS
referral.
Due to a variety of structural factors, both racial/eth-

nic minority and low socioeconomic status (SES) groups
suffer disproportionately from the effects of tobacco
marketing, have diminished access to evidence-based
treatments for tobacco dependence, and report poorer
response to smoking cessation treatments [31–35]. Thus,
social inequities related to SES and race/ethnicity may
play a role in determining referral and engagement
decision-making, ultimately influencing health inequities.
Examining these factors as potential effect modifiers is a

particular focus in this trial. Further, a rapid-cycle ap-
proach to optimizing nudge framing prior to initiating
the trial ensured efficient and effective use of informatics
for participant recruitment, randomization, and nudge
delivery. Directed nudges, fully integrated into the EMR,
may represent a low-cost, simple, scalable, and effective
implementation strategy for increasing TUT engagement
among cancer patients, generalizable to other cancer
treatment centers and settings, and improving cancer
care outcomes.

Methods
Study aims
The trial incorporates three aims (see Fig. 1). First, the
study will compare the effects of nudges directed at pa-
tients, clinicians, or both patients and clinicians, to usual
care. Second, this study will examine patient and clin-
ician characteristics, including patient characteristics
that serve as indicators of equity, that moderate the im-
pact of nudges on referral and engagement with
evidence-based TUT. Lastly, this study seeks to under-
stand the potential mechanisms by which our nudges in-
crease TUTS referral and engagement.

Study design
This study uses a four-arm cluster randomized prag-
matic clinical trial design. Our sample of clinicians (N =
222) across our health system, referred to as our Imple-
mentation Lab (iLab; see below), will be randomized to
one of the four treatment arms: clinician nudge, patient
nudge, clinician and patient nudge, or usual care.
Randomization is conducted by clusters, identified by
paired connections between clinical coworkers within
established networks (i.e., clusters) of interconnected
colleagues (N = 95). Clusters were formed between clini-
cians with overlapping patient pools to reduce contam-
ination between clusters. The clusters are not site-
specific as many clinicians work at multiple sites. For pa-
tients (N = 900), assignment to the treatment arms is
based upon the first clinician they are scheduled to see
(i.e., the clinician for the index visit). The nudge is then
delivered in conjunction with the next visit with any
clinician in the same study arm. The primary outcome is
the provision of a referral to the patient for treatment by
the Tobacco Use Treatment Service (TUTS). Secondary
outcomes include treatment engagement defined as the
number of patients who receive FDA-approved medica-
tion or behavioral counseling for tobacco use, patient
quit attempts, and patient abstinence rate. We
hypothesize that each nudge will significantly increase
TUTS referral and engagement compared to usual care,
and that the combination of nudges to clinicians and to
patients will be the most effective.
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Our secondary objective is to conduct a quantitative
evaluation using secondary data and a baseline survey
(obtained via the EMR for patients and by a survey for
clinicians) to identify effect modifiers of implementation
effects on TUTS referral and engagement. We will ex-
plore variability in the nudge impact by clinician (e.g.,
years in practice, practice size), patient (e.g., race, sex),
and inner setting factors (e.g., community vs. hospital
setting).
For aim 3, we will conduct semi-structured interviews

with a subset of participants (clinicians and patients), se-
lected using purposive sampling to ensure that diverse
perspectives are represented across important equity di-
mensions such as race/ethnicity, setting (i.e., urban vs
non-urban), and neighborhood-level socioeconomic sta-
tus, in order to increase understanding of potential
mechanisms underlying the effects of nudges.

Study setting, population, and duration
We will conduct this study within our Implementation
Science Center in Cancer Control (ISC3) Implementa-
tion Lab (iLab), which consists of cancer units at 5 hos-
pitals and 4 regional clinics within Penn Medicine’s
Abramson Cancer Center, which delivers cancer care to
more than 20,000 patients each year. The clinician sam-
ple will include oncologists and Advanced Practice Pro-
viders, working within medical oncology, radiation
oncology, and gynecologic oncology sites at the Hospital
of the University of Pennsylvania, Pennsylvania Hospital,
Penn Presbyterian Medical Center, Chester County Hos-
pital, Lancaster General Hospital, Valley Forge Medical

Center, Radnor Medical Center, Cherry Hill Medical Cen-
ter, and Regional Hematology Oncology Associates. Eligi-
bility criteria for clinician participants include (1)
currently in practice at an iLab site; (2) prescribing author-
ity in Pennsylvania or New Jersey (i.e., physician, nurse
practitioner, physician assistant); (3) cared for at least 1
tobacco-using patient in 30 days prior to recruitment; and
(4) English-speaking (messages will be in English). Eligibil-
ity criteria for patient participants include any patient di-
agnosed with cancer who reports current tobacco
smoking (as assessed by staff collecting vital signs or ini-
tially rooming the patients such as nurses, front desk staff,
medical assistants, or technicians during an index visit)
and scheduled to visit with a clinician included in the
study sample. Since this is a pragmatic trial, patients will
accrue as they are seen by a sample clinician at a partici-
pating practice site. We anticipate that the trial will re-
quire about 6 months to accrue target samples. Once the
patient visit occurs where the nudges are delivered (or not
for those randomized to usual care), there will be a 90-day
follow-up to assess engagement in TUT (see Fig. 2).
This study was approved by the University of Pennsyl-

vania IRB, which covered approval at other sites under a
reliance agreement. Since this is a pragmatic trial fo-
cused on improving implementation of evidence-based
practices, the study represents a minimal risk to patients.
Main study procedures in pursuit of aims 1 and 2 re-
ceived a waiver of participant informed consent for both
clinicians and patients. For aim 3, however, potential
participants will be asked to provide informed consent
prior to data collection.

Fig. 1 Study schema outlining the study aims
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Overview of study procedures
All clinicians within our iLab were automatically en-
rolled into the study after an opportunity to opt out of
participation. Patient enrollment begins with a positive
tobacco use assessment conducted at the first patient
visit within the study period, termed the index visit. Ini-
tial assessment of patient tobacco use utilizes a stan-
dardized Best Practice Alert (BPA) integrated into the

EMR and found to be effective in our previous study
[18]. This BPA is activated within the check-in and vital
sign workflow, requiring assessment of tobacco exposure
within the past 30 days, and is satisfied with one of two
possible answers (see Fig. 3). Assignment to the study
arm is based on the clinician for the index visit. The
“subsequent visit” is then the next scheduled visit with a
provider randomized to that same arm.

Fig. 2 Consort diagram

Fig. 3 Best practice alert received by MAs during the index visit
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During the subsequent visit, clinicians randomized to
the clinician-only arm receive a care guidance message
at the point-of-care, promoting TUT by addressing
omission bias (Fig. 4). If randomized to the patient
nudge only arm, patients receive a message focused on
status quo bias at least 24 h prior to the subsequent visit,
encouraging them to speak with their clinician about
TUT (Fig. 5). The patient nudge is delivered through
myPennMedicine, an online communication tool used by
> 75% of iLab patients through which they schedule
visits, complete initial check-ins, and view test results. If
randomized to usual care, the subsequent visit proceeds
without additional encouragement (i.e., no nudges).
Primary outcome data—the referral to TUTS—will be

ascertained from the EMR. Secondary outcome data de-
rived from patients referred to TUTS will be collected
by trained staff by telephone, via an initial counseling
call within 7–10 days of the referral and a 90-day follow-
up call. For aim 2, data will be ascertained through the
EMR (patients) and a baseline survey (clinicians). For
aim 3, data will be collected through semi-structured in-
terviews, conducted after completion of the implementa-
tion trial to reduce contamination, and will be digitally
recorded and transcribed. Such mixed-methods ap-
proaches to identify moderators and mechanisms under-
lying implementation strategies may help to advance
causal theory and mechanisms through which imple-
mentation strategies operate in the field of implementa-
tion science [36]. Informed by the Consolidated
Framework for Implementation Research (CFIR) [37],
the clinician survey and patient and clinician interviews
will assess inner and outer setting factors associated with
responses to the nudges. The clinician survey will be
conducted electronically via REDcap, with a completion
goal of > 60% of the clinician sample. For our semi-

structured interviews, we will interview approximately
30 patients and 30 clinicians, stratifying sampling of pa-
tients to achieve maximum variation across indices re-
lated to health equity (e.g., race/ethnicity, neighborhood-
level poverty, and rurality).

Interventions: content and delivery
Nudges have been designed to improve TUTS referral
and TUT engagement through use of normative mes-
sages addressing clinician and patient biases.

Clinicians nudge
Findings from our preliminary work examining physician
preferences toward TUT revealed a strong preference
for interventions perceived to be effective [38]. These
findings led us to examine the role of clinician biases re-
garding treatment success probabilities under conditions
of uncertainty [39]. We showed that strategies minimiz-
ing well-established cognitive biases such as omission
bias—the tendency to focus on the potential harm of ac-
tion more than that of inaction—are more successful at
changing physician behavior than strategies that solely
aim to increase knowledge of TUT service availability
[40].
All sites use Epic (Epic Systems Corporation, Verona,

WI) to deliver care, or an interoperable system. Epic
BPA deployment is modifiable, as we have already done
within the iLab [18]. Upon opening the Epic Order tab
at a patient’s next medical visit after the index visit, cli-
nicians will receive the implementation strategy, placed
directly over the order interface (Fig. 3). The clinician
will be required to “acknowledge” or “opt-out” when
presented with the order. Opting-out will require clini-
cians to acknowledge a reason for opt-out using a

Fig. 4 Best practice alert received by clinicians during the subsequent visit
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checklist or free text. Acknowledging the order places
the referral to the TUTS.

Patient nudge
Likewise, status quo bias—tending to stick with a
current choice even if better alternatives exist—can re-
duce patient willingness to engage in TUT [41]. The pa-
tient message, shown in Fig. 4, will include information
specific to the upcoming appointment with the oncology
clinician.

Measures
Baseline measures
Collected through the EMR and a clinician survey, we
will assess patient-level (age, sex, race/ethnicity, type of
health insurance, cancer type, geocoded area as a proxy
for neighborhood-level socioeconomic status, and his-
tory of prior tobacco cessation pharmacotherapy) and
clinician-level (years in practice, patient panel size, and
the prevalence of patient smoking in the patient panel)
data. The clinician survey will assess distal constructs
(e.g., organizational learning) and proximal constructs
(e.g., perceived self-efficacy to discuss and help patients

with tobacco cessation), given findings that these con-
structs are important for implementation [42].
We will also collect practice-level data: setting (com-

munity vs. hospital-based), urban vs. non-urban location,
and health insurance mix. These data will be used to de-
scribe the sample of patients and clinicians participating
in this study and to address aim 2.

Outcome measures
The primary measure of implementation is penetration
(TUTS referral rate), defined as the number of TUTS or-
ders signed, divided by the total number of submitted
orders (i.e., 1-cancellation rate). Secondary outcome
measures of implementation include treatment engage-
ment defined as the number of patients who receive
FDA-approved medication or behavioral counseling for
tobacco use, patient quit attempts, and patient abstin-
ence rate. Established guidelines state that real-world
pragmatic, population-based trials such as this do not re-
quire biochemical verification of abstinence while in-
cluding it could introduce significant bias [43]. Note, we
will continue to monitor assessment rate (defined as the
number of times the index visit BPA is answered divided

Fig. 5 Patient nudge received via myPennMedicine prior to their subsequent visit

Jenssen et al. Implementation Science           (2021) 16:72 Page 7 of 12



by the total number of times it fires) to ensure the inter-
vention does not reduce assessment of tobacco use sta-
tus (baseline rate = 90%). These measures will be used
primarily to assess aim 1.

Qualitative assessment
The semi-structured interviews will assess contextual
factors across the five CFIR domains to understand pa-
tient and clinician experiences with and responses to the
nudges. Among clinicians, a core interview guide com-
prised of semi-structured questions will be used to as-
sess multilevel conditions and processes related to
implementation of TUTS. Specific questions will probe
clinicians about key barriers and facilitators of nudges
for referral to TUTS. Among patients, questions will
probe participants about reactions to the nudge and re-
ferral and, in line with our health equity lens, we will
add questions about social and structural factors that
may contribute to health inequities such as experiences
of racism, discrimination, medical mistrust, perceived
health care access, and language barriers. In addition to
semi-structured interview questions, all patient and clin-
ician interview participants will complete a brief ques-
tionnaire that assesses demographics and beliefs and
behaviors related to tobacco cessation support (e.g., in-
ternalized stigma of smoking, barriers to providing ces-
sation support [15, 44], referral patterns).

Statistical analysis
Sample size and power (aim 1)
Based on our preliminary data, we anticipate including
900 smoking patients (based on prevalence estimate of ~
7% among 13,000 patients screened over a 1-year study
period), nested within clinicians. Analysis will use the
first TUTS order generated for each patient/physician
combination. Data are clustered within clinician, and the
exchangeable correlation observed from other studies is
small (0.07). We calculated power requirements by
simulation using Stata 15, assuming a logistic regression
model fitted using generalized estimating equations
(GEE), and found our sample gives us 80% power to de-
tect 11% improvement in our primary outcome (e.g.,
from current 34% referral rate to 45%), using a two-
sided type 1 error rate of 5%, for planned comparisons
between usual care and each nudge arm. The effect of
the combined nudge arm is expected to be larger than
each individually, indicating at least 80% power to detect
probable effects for the comparison between usual care
and the combined nudge arm.

Analysis plan
For aim 1, we will analyze all binary outcomes using lo-
gistic regression with GEE. The study design is factorial,
and models will contain binary predictor terms for

clinician and/or patient nudges. We will also include ad-
justments for time in months, fixed effects for site, and
random effects for clinician cluster. We will control for
type 1 error inflation by hierarchical testing, starting
with the overall model significance, followed by effect of
clinician nudge, followed by patient nudge. Once we
have fitted the main effects model, we will test for inter-
action between clinician and patient nudge and retain
that interaction term if significant (alpha = 5%). For aim
2, variability in these outcomes by treatment arm and
moderators (particularly health equity variables) will be
assessed using interaction terms within logistic regres-
sion models. We will fit an adjusted logistic regression
model using the same approach described in the primary
analysis. Covariates of interest available through the
EMR and data collected in our clinician survey will be
added to the model, including patient-level (e.g., cancer
type), clinician-level (e.g., years in practice), and
practice-level (e.g., community vs. hospital-based) data.
We will explore implementation determinants collected
within the baseline survey of clinician and organization
characteristics, such as clinician biases and implementa-
tion climate, as well as moderators of implementation
effectiveness.
For aim 3, we will use convergent mixed-methods ana-

lysis to help identify for whom implementation strategies
are most effective, including among patients more likely
to experience inequities, and to identify how strategies
might work (i.e., mechanism of change) [45, 46] In-
formed by CFIR, we will identify contextual conditions
(e.g., inner setting) and implementation conditions
(characteristics of specific implementation strategy and
process) shaping response to patient and clinician
nudges. The constant comparative method, guided by
grounded theory [47, 48], will be used to deductively
code a priori domains of interest (guided by CFIR do-
mains, including biases from behavioral economics) and
to inductively explore emergent themes. We will tri-
angulate these qualitative data with other quantitative
data collected in the trial (e.g., trial outcomes, structured
questionnaire data). These coded data will serve as in-
puts to assess multilevel mechanisms shaping nudge ef-
fectiveness across our trial and Penn ISC3.

Project activities
The traditional research paradigm follows a phased ap-
proach where projects proceed from original idea
through conceptual design to a pilot phase that may in-
clude a small, randomized trial to test feasibility. This re-
search then graduates to a fully powered randomized
trial, locked into a protocol until the last participant
completes the study. This approach can be slow, but it
produces highly credible answers to high-stakes ques-
tions. Leveraging our expertise in Rapid Cycle
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Approaches (RCA) [49, 50], we have engaged in prelim-
inary research activities to de-risk and optimize our im-
plementation strategies and methods so that the nudges
we test, and the methods used to deliver them, in our
trial, are informed by relevant stakeholder experience.
We have optimized the framing of the nudges and crit-
ical aspects of the study design using RCA to ensure face
validity and maximum effect. This work is summarized
below and in Table 1.

Clinician nudge
Our initial work centered on the development of the
clinician nudge. This work included the refinement of
the message content and the determination of the struc-
ture (format, timing) of the BPA embedded into the clin-
ical chart. Once prototypes were devised, they were
presented to a small group of clinicians for usability test-
ing. Clinicians were asked to rate the effectiveness of the
prototypes and provide open-ended responses concern-
ing methods for refinement. The clinician nudge design
to be used in this trial reflects the input and recommen-
dations of this group, including an opt-in default, op-
tions for accountable justification, and guidance for
when in the clinical encounter the BPA should appear.

Patient nudge
Likewise, we have conducted initial formative work to
devise the patient nudge to be used in this trial. Again,
this work involved efforts to optimize the format, con-
tent, and timing of the message. Once a prototype was
developed, a focus group comprising cancer patients and
caregivers viewed the message and provided responses
to open-ended questions about its potential impact. Op-
tions for how the messages should be delivered were also
reviewed and feedback on mode and timing was ascer-
tained. This pre-testing led to our decision to use
myPennMedicine to deliver the patient nudge and
yielded the specific wording of the nudge to address the
target patient bias.

Informatics
Once the nudge content, format, and structure were de-
vised, we engaged in formative testing of a variety of
clinical workflows and intervention structures to ensure
feasibility and trial integrity. The BPA to assess patient
tobacco use was initiated to evaluate compliance, trial
randomization, and potential contamination, but with
the nudges enacted in silent mode. This process demon-
strated that compliance with the tobacco use assessment
at the patient index visit was consistent with our past

Table 1 Rapid cycle approaches to validate nudges and optimize clinical work flow

Domain Initial approach Iterative work Output

Clinician
nudge

Best practice alert (BPA) identifying patient
tobacco use and potential referral to
tobacco use treatment.
Key questions:
-Specific message content
-Format and timing of alert
-Pre-selected referral
-Best method to understand why a referral
order may not be appropriate

Method:
Usability testing with clinician end-users, with
specific questions focused on understanding
of what the system was trying to convey, key
action(s) to be taken, likes/dislikes of the
prototype, and any missing elements
Key feedback:
-Overall satisfaction with simple and concise
design
-Alert should be available when first opening
the clinical encounter
-Pre-select desired outcome

Clinician best practice alert created as
an opt-in default, options for account-
able justification, and guidance for
when in the clinical encounter the BPA
should appear.

Patient
nudge

Informational message describing
importance of tobacco use treatment
during cancer care and available evidence-
based treatment options
Key questions:
- Best method to deliver message (for
example, via text message, patient portal,
or traditional mail)

Method:
Focus group comprised of cancer patients and
caregivers viewed the message and provided
responses to open-ended questions about its
potential impact. Options for how the mes-
sages should be delivered were also reviewed
and feedback on mode and timing was
ascertained.
Key feedback:
-Send message through patient portal
-Suggested wording improvements to clarify
treatment options

Deliver patient nudge via patient
portal with key wording changes

Identifying
cancer
patients who
use tobacco

BPA prompting key staff to inquire about
tobacco use
Key questions:
Which staff were best positioned to inquire
about tobacco use?

Method:
The BPA to assess patient tobacco use was
initiated to evaluate compliance, trial
randomization, and potential contamination,
but with the nudges enacted in silent mode.
Key feedback:
We failed to include key staff conducting
these assessments across several clinical sites
who were not included in our original study.

Extend BPA to the full spectrum of
staff responsible for initial patient
contact
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studies [18] but that we had failed to include key staff
conducting these assessments across several clinical sites
who were not included in our original study. This for-
mative work also helped us determine that we needed to
include a 2-week window to allow the clinician handling
this index visit time to complete the encounter; other-
wise, the clinician nudge will erroneously fire. We have
retested our system to ensure that the index visit BPA
and the trial randomization and nudges delivery are
working correctly.

Discussion
This study will be the first in the oncology setting to
compare the effectiveness of nudges to clinicians and pa-
tients, both head-to-head and in combination, as imple-
mentation strategies to improve TUTS referral and
engagement. It builds upon our prior work and targets
biases among both clinicians and patients, addressing
known barriers to tobacco cessation in this high-risk
population. We expect the study to yield essential in-
sights into the effectiveness of nudges as an implementa-
tion strategy to speed the uptake of high-value evidence-
based TUT within cancer care, and to advance our un-
derstanding of the multilevel contextual factors that
drive response to these strategies. These results will lay
the foundation for how cancer care settings can ensure
that patients with cancer who smoke are engaged with
evidence-based TUT and may lead to a future larger
clinical trial focused on scaling-up this approach across
other cancer centers involved in the C3i and other can-
cer settings in order to maximize the impact of oncology
care on patient health outcomes. We also foresee the po-
tential of augmenting our EMR-based behavioral eco-
nomic implementation strategies with other
implementation strategy approaches such as improving
leadership effectiveness to enhance organizational cul-
ture and climate [51].
There are key strengths and limitations of this work.

The main strength of our study lies in the potential for
these implementation strategies to be both highly im-
pactful for individuals with cancer who smoke within
our health system as well as highly generalizable to other
clinical settings and systems. If found to be effective, our
strategy would be simple to export to other EMR sys-
tems and would shed significant light on both clinician
and patient factors affecting decision-making about
treating tobacco use. Our design uses the strengths of a
pragmatic trial while accounting for potential interaction
between dual agents in the decision to engage in tobacco
use treatment. Our outcomes focus on behaviors that
are generally the result of a negotiated plan between
clinician and patient. As such, one key limitation is that
clinician decision-making may be influenced by the
strategy but remain unmeasured by our protocol (e.g.,

patient refuses). Also, given the multidisciplinary nature
of cancer care, the potential for confounding due to con-
tamination is high (i.e., patient behaviors influenced by
multiple clinicians over multiple visits). Nonetheless, we
will be able to identify if the implementation strategy is
ineffective and contextual qualitative data will shed light
on this. Finally, it is also possible that this approach may
add to clinician fatigue. However, our team has a track
record of success building EMR tools, and, by grounding
this work in approaches that incorporate regular end-
user and stakeholder feedback plus RCA, our design
process will maximize the likelihood that the approach
is usable and effective [52].

Abbreviations
TUT: Tobacco use treatment; NCI: National Cancer Institute; C3i: Cancer
Center Cessation Initiative; EMR: Electronic medical record; TUTS: Tobacco
Use Treatment Service; SES: Socioeconomic; ISC3: Implementation Science
Center in Cancer Control; iLab: Implementation Lab; BPA: Best Practice Alert;
CFIR: Consolidated Framework for Implementation Research

Acknowledgements
Not applicable.

Authors’ contributions
BJ, RS, and FL led the design of the study and preparation of this paper. RB,
RS, and JB obtained the funding for this study. A-MB helped develop the
study protocol and manage the study. SE-C and JN oversee the tobacco use
treatment service. PG, JC, and JM oversee clinical informatics. DA and AB
oversaw rapid cycle approach. JB, LS, and CS lead the implementation lab.
AC, AL, TS, and KZ support the implementation lab and overall study con-
duct. KR leads the mixed-methods work/aim. KC and RS support assessment
of health equity. EPW is the study biostatistician. SW developed the study
database and helped with informatics.

Funding
This study was supported by a grant from the National Cancer Institute (P50
CA244690).

Availability of data and materials
Not applicable.

Declarations

Consent to publication
Not applicable.

Ethics approval and consent to participate
This trial was approved by the Penn IRB. Participant consent was ascertained
for the interviews.

Competing interests
Dr. Schnoll has provided consultation to Pfizer, GlaxoSmithKline, and Curaleaf
and has received free medication and placebo from Pfizer for past studies.
Dr. Asch is a partner at VAL Health. Dr. Beidas receives royalties from Oxford
University Press. She has provided consultation to the Camden Coalition of
Healthcare Providers. She currently consults to United Behavioral Health and
serves on the Clinical and Scientific Advisory Board for Optum Behavioral
Health. Dr. Bekelman reports grants from Pfizer, grants from UnitedHealth
Group, grants from Embedded Healthcare, grants from Blue Cross Blue
Shield of North Carolina, personal fees from UnitedHealthcare, personal fees
from CMS, personal fees from NCCN, personal fees from Optum, personal
fees from CVS Health, personal fees from Astrazeneca (indirect via NCCN),
outside the submitted work.

Jenssen et al. Implementation Science           (2021) 16:72 Page 10 of 12



Author details
1Department of Pediatrics, Perelman School of Medicine, University of
Pennsylvania, Philadelphia, USA. 2Penn Center for Cancer Care Innovation,
Abramson Cancer Center, Perelman School of Medicine, University of
Pennsylvania, Philadelphia, USA. 3Department of Psychiatry, Perelman School
of Medicine, University of Pennsylvania, Philadelphia, USA. 4Abramson Cancer
Center, Perelman School of Medicine, University of Pennsylvania,
Philadelphia, USA. 5Center for Health Incentives and Behavioral Economics,
University of Pennsylvania, Philadelphia, USA. 6Penn Implementation Science
Center (PISCE@LDI), Leonard Davis Institute of Health Economics, University
of Pennsylvania, Philadelphia, USA. 7Department of Radiation Oncology,
Hospital of the University of Pennsylvania, Philadelphia, USA. 8Department of
Medical Ethics and Health Policy, Perelman School of Medicine, University of
Pennsylvania, Philadelphia, USA. 9Comprehensive Smoking Treatment
Program, Perelman School of Medicine, University of Pennsylvania,
Philadelphia, USA. 10Division of General Internal Medicine, Department of
Medicine, Perelman School of Medicine, University of Pennsylvania,
Philadelphia, USA. 11Department of Family Medicine and Community Health,
Perelman School of Medicine, University of Pennsylvania, Philadelphia, USA.
12University of Pennsylvania Health System, Philadelphia, USA. 13Department
of Sociomedical Sciences, Columbia University Mailman School of Public
Health, New York, USA. 14Center for Clinical Epidemiology and Biostatistics,
Perelman School of Medicine, University of Pennsylvania, Philadelphia, USA.
15Pulmonary, Allergy, & Critical Care Division, Perelman School of Medicine,
University of Pennsylvania, Philadelphia, USA.

Received: 8 June 2021 Accepted: 21 June 2021

References
1. U.S. Department of Health and Human Services. The Health Consequences

of Smoking—50 Years of Progress: A Report of the Surgeon General, 2014.
U.S. Department of Health and Human Services, Centers for Disease Control
and Prevention, National Center for Chronic Disease Prevention and Health
Promotion, Office on Smoking and Health; 2014. Accessed 11 Feb 2016.
http://www.surgeongeneral.gov/library/reports/50-years-of-progress/

2. Siegel RL, Miller KD, Jemal A. Cancer statistics, 2015. CA Cancer J Clin. 2015;
65(1):5–29. https://doi.org/10.3322/caac.21254.

3. Shields PG, Herbst RS, Arenberg D, Benowitz NL, Bierut L, Luckart JB, et al.
Smoking cessation, Version 1.2016, NCCN Clinical Practice Guidelines in
Oncology. J Natl Compr Canc Netw. 2016;14(11):1430–68. https://doi.org/10.
6004/jnccn.2016.0152.

4. Condoluci A, Mazzara C, Zoccoli A, Pezzuto A, Tonini G. Impact of smoking
on lung cancer treatment effectiveness: a review. Future Oncol Lond Engl.
2016;12(18):2149–61. https://doi.org/10.2217/fon-2015-0055.

5. Vawda N, Banerjee RN, Debenham BJ. Impact of smoking on outcomes of
HPV-related oropharyngeal cancer treated with primary radiation or surgery.
Int J Radiat Oncol Biol Phys. 2018;(5):1125–31. https://doi.org/10.1016/j.
ijrobp.2018.11.046.

6. Kelemen LE, Warren GW, Koziak JM, Köbel M, Steed H. Smoking may modify
the association between neoadjuvant chemotherapy and survival from
ovarian cancer. Gynecol Oncol. 2016;140(1):124–30. https://doi.org/10.1016/j.
ygyno.2015.11.008.

7. Chang EHE, Braith A, Hitsman B, Schnoll RA. Treating nicotine dependence and
preventing smoking relapse in cancer patients. Expert Rev Qual Life Cancer
Care. 2017;2(1):23–39. https://doi.org/10.1080/23809000.2017.1271981.

8. Land SR, Toll BA, Moinpour CM, Mitchell SA, Ostroff JS, Hatsukami DK, et al.
Research priorities, measures, and recommendations for assessment of
tobacco use in clinical cancer research. Clin Cancer Res Off J Am Assoc
Cancer Res. 2016;22(8):1907–13. https://doi.org/10.1158/1078-0432.CCR-16-
0104.

9. Nekhlyudov L, Lacchetti C, Davis NB, Garvey TQ, Goldstein DP, Nunnink JC,
et al. Head and Neck Cancer Survivorship Care Guideline: American Society
of Clinical Oncology Clinical Practice Guideline Endorsement of the
American Cancer Society Guideline. J Clin Oncol Off J Am Soc Clin Oncol.
2017;35(14):1606–21. https://doi.org/10.1200/JCO.2016.71.8478.

10. Toll BA, Brandon TH, Gritz ER, Warren GW, Herbst RS. AACR subcommittee
on tobacco and cancer. Assessing tobacco use by cancer patients and
facilitating cessation: an American Association for Cancer Research policy
statement. Clin Cancer Res Off J Am Assoc Cancer Res. 2013;19(8):1941–8.
https://doi.org/10.1158/1078-0432.CCR-13-0666.

11. Siu AL. Behavioral and pharmacotherapy interventions for tobacco smoking
cessation in adults, including pregnant women: U.S. preventive services task
force recommendation statement for interventions for tobacco smoking
cessation. Ann Intern Med. 2015;163(8):622–34. https://doi.org/10.7326/M1
5-2023.

12. Goldstein AO, Ripley-Moffitt CE, Pathman DE, Patsakham KM. Tobacco use
treatment at the U.S. National Cancer Institute’s designated Cancer Centers.
Nicotine Tob Res Off J Soc Res Nicotine Tob. 2013;15(1):52–8. https://doi.
org/10.1093/ntr/nts083.

13. Croyle RT, Morgan GD, Fiore MC. Addressing a core gap in cancer care - the
NCI moonshot program to help oncology patients stop smoking. N Engl J
Med. 2019;(6):512–5. https://doi.org/10.1056/NEJMp1813913.

14. Vidrine JI, Shete S, Cao Y, Greisinger A, Harmonson P, Sharp B, et al. Ask-
Advise-Connect: a new approach to smoking treatment delivery in health
care settings. JAMA Intern Med. 2013;173(6):458–64. https://doi.org/10.1001/
jamainternmed.2013.3751.

15. Warren GW, Marshall JR, Cummings KM, Toll BA, Gritz ER, Hutson A, et al.
Addressing tobacco use in patients with cancer: a survey of American
Society of Clinical Oncology members. J Oncol Pract. 2013;9(5):258–62.
https://doi.org/10.1200/JOP.2013.001025.

16. Warren GW, Marshall JR, Cummings KM, Toll B, Gritz ER, Hutson A, et al.
Practice patterns and perceptions of thoracic oncology providers on
tobacco use and cessation in cancer patients. J Thorac Oncol Off Publ Int
Assoc Study Lung Cancer. 2013;8(5):543–8. https://doi.org/10.1097/JTO.
0b013e318288dc96.

17. Bhargava M. Perspective | What happens when the doctor blames you for
your own cancer? Washington Post. https://www.washingtonpost.com/
outlook/what-happens-when-the-doctor-blames-you-for-your-own-cancer/2
019/01/11/2791611e-14ff-11e9-90a8-136fa44b80ba_story.html. Accessed 28
Apr 2021.

18. Jenssen BP, Leone F, Evers-Casey S, Beidas R, Schnoll R. Building systems to
address tobacco use in oncology: early benefits and opportunities from the
cancer center cessation initiative. J Natl Compr Cancer Netw JNCCN. 2019;
17(6):638–43. https://doi.org/10.6004/jnccn.2019.7312.

19. Loewenstein G, Brennan T, Volpp KG. Asymmetric paternalism to improve
health behaviors. JAMA. 2007;298(20):2415–7. https://doi.org/10.1001/jama.2
98.20.2415.

20. Halpern SD, Ubel PA, Asch DA. Harnessing the power of default options to
improve health care. N Engl J Med. 2007;357(13):1340–4. https://doi.org/10.1
056/NEJMsb071595.

21. Patel MS, Volpp KG. Leveraging insights from behavioral economics to
increase the value of health-care service provision. J Gen Intern Med. 2012;
27(11):1544–7. https://doi.org/10.1007/s11606-012-2050-4.

22. Yoong SL, Hall A, Stacey F, Grady A, Sutherland R, Wyse R, et al. Nudge
strategies to improve healthcare providers’ implementation of evidence-
based guidelines, policies and practices: a systematic review of trials
included within Cochrane systematic reviews. Implement Sci. 2020;15(1):50.
https://doi.org/10.1186/s13012-020-01011-0.

23. Schroeder SA. What to do with a patient who smokes. JAMA. 2005;294(4):
482–7. https://doi.org/10.1001/jama.294.4.482.

24. Weiner B. On sin versus sickness. A theory of perceived responsibility and social
motivation. Am Psychol. 1993;48(9):957–65. https://doi.org/10.1037/0003-066X.48.9.957.

25. Weiner B. An attributional theory of achievement motivation and emotion.
Psychol Rev. 1985;92(4):548–73. https://doi.org/10.1037/0033-295X.92.4.548.

26. Weiner B, Perry RP, Magnusson J. An attributional analysis of reactions to
stigmas. J Pers Soc Psychol. 1988;55(5):738–48. https://doi.org/10.1037/
0022-3514.55.5.738.

27. Bazerman M. Judgment in managerial decision making. 6th ed: Wiley; 2006.
28. Schnoll RA, Rothman RL, Newman H, Lerman C, Miller SM, Movsas B, et al.

Characteristics of cancer patients entering a smoking cessation program
and correlates of quit motivation: implications for the development of
tobacco control programs for cancer patients. Psychooncology. 2004;13(5):
346–58. https://doi.org/10.1002/pon.756.

29. Schnoll RA, Rothman RL, Lerman C, Miller SM, Newman H, Movsas B, et al.
Comparing cancer patients who enroll in a smoking cessation program at a
comprehensive cancer center with those who decline enrollment. Head
Neck. 2004;26(3):278–86. https://doi.org/10.1002/hed.10368.

30. Martinez E, Tatum KL, Weber DM, Kuzla N, Pendley A, Campbell K, et al.
Issues related to implementing a smoking cessation clinical trial for cancer
patients. Cancer Causes Control CCC. 2009;20(1):97–104. https://doi.org/10.1
007/s10552-008-9222-x.

Jenssen et al. Implementation Science           (2021) 16:72 Page 11 of 12

http://www.surgeongeneral.gov/library/reports/50-years-of-progress/
https://doi.org/10.3322/caac.21254
https://doi.org/10.6004/jnccn.2016.0152
https://doi.org/10.6004/jnccn.2016.0152
https://doi.org/10.2217/fon-2015-0055
https://doi.org/10.1016/j.ijrobp.2018.11.046
https://doi.org/10.1016/j.ijrobp.2018.11.046
https://doi.org/10.1016/j.ygyno.2015.11.008
https://doi.org/10.1016/j.ygyno.2015.11.008
https://doi.org/10.1080/23809000.2017.1271981
https://doi.org/10.1158/1078-0432.CCR-16-0104
https://doi.org/10.1158/1078-0432.CCR-16-0104
https://doi.org/10.1200/JCO.2016.71.8478
https://doi.org/10.1158/1078-0432.CCR-13-0666
https://doi.org/10.7326/M15-2023
https://doi.org/10.7326/M15-2023
https://doi.org/10.1093/ntr/nts083
https://doi.org/10.1093/ntr/nts083
https://doi.org/10.1056/NEJMp1813913
https://doi.org/10.1001/jamainternmed.2013.3751
https://doi.org/10.1001/jamainternmed.2013.3751
https://doi.org/10.1200/JOP.2013.001025
https://doi.org/10.1097/JTO.0b013e318288dc96
https://doi.org/10.1097/JTO.0b013e318288dc96
https://www.washingtonpost.com/outlook/what-happens-when-the-doctor-blames-you-for-your-own-cancer/2019/01/11/2791611e-14ff-11e9-90a8-136fa44b80ba_story.html
https://www.washingtonpost.com/outlook/what-happens-when-the-doctor-blames-you-for-your-own-cancer/2019/01/11/2791611e-14ff-11e9-90a8-136fa44b80ba_story.html
https://www.washingtonpost.com/outlook/what-happens-when-the-doctor-blames-you-for-your-own-cancer/2019/01/11/2791611e-14ff-11e9-90a8-136fa44b80ba_story.html
https://doi.org/10.6004/jnccn.2019.7312
https://doi.org/10.1001/jama.298.20.2415
https://doi.org/10.1001/jama.298.20.2415
https://doi.org/10.1056/NEJMsb071595
https://doi.org/10.1056/NEJMsb071595
https://doi.org/10.1007/s11606-012-2050-4
https://doi.org/10.1186/s13012-020-01011-0
https://doi.org/10.1001/jama.294.4.482
https://doi.org/10.1037/0003-066X.48.9.957
https://doi.org/10.1037/0033-295X.92.4.548
https://doi.org/10.1037/0022-3514.55.5.738
https://doi.org/10.1037/0022-3514.55.5.738
https://doi.org/10.1002/pon.756
https://doi.org/10.1002/hed.10368
https://doi.org/10.1007/s10552-008-9222-x
https://doi.org/10.1007/s10552-008-9222-x


31. Kulak JA, Cornelius ME, Fong GT, Giovino GA. Differences in quit attempts
and cigarette smoking abstinence between Whites and African Americans
in the United States: Literature Review and Results From the International
Tobacco Control US Survey. Nicotine Tob Res Off J Soc Res Nicotine Tob.
2016;18(Suppl 1):S79–87. https://doi.org/10.1093/ntr/ntv228.

32. Landrine H, Corral I, Campbell KM. Racial disparities in healthcare provider
advice to quit smoking. Prev Med Rep. 2018;10:172–5. https://doi.org/10.101
6/j.pmedr.2018.03.003.

33. Rodriguez D, Carlos HA, Adachi-Mejia AM, Berke EM, Sargent J. Retail
tobacco exposure: using geographic analysis to identify areas with
excessively high retail density. Nicotine Tob Res Off J Soc Res Nicotine Tob.
2014;16(2):155–65. https://doi.org/10.1093/ntr/ntt126.

34. Drope J, Liber AC, Cahn Z, Stoklosa M, Kennedy R, Douglas CE, et al. Who’s
still smoking? Disparities in adult cigarette smoking prevalence in the
United States. CA Cancer J Clin. 2018;68(2):106–15. https://doi.org/10.3322/
caac.21444.

35. Levinson AH. Where the U.S. tobacco epidemic still rages: most remaining
smokers have lower socioeconomic status. J Health Care Poor Underserved.
2017;28(1):100–7. https://doi.org/10.1353/hpu.2017.0012.

36. Waltz TJ, Powell BJ, Chinman MJ, Smith JL, Matthieu MM, Proctor EK, et al.
Expert recommendations for implementing change (ERIC): protocol for a
mixed methods study. Implement Sci. 2014;9(1):39. https://doi.org/10.1186/1
748-5908-9-39.

37. Damschroder LJ, Aron DC, Keith RE, Kirsh SR, Alexander JA, Lowery JC.
Fostering implementation of health services research findings into practice:
a consolidated framework for advancing implementation science.
Implement Sci IS. 2009;4(1):50. https://doi.org/10.1186/1748-5908-4-50.

38. Evers-Casey S, Schnoll R, Jenssen BP, Leone FT. Implicit attribution of
culpability and impact on experience of treating tobacco dependence.
Health Psychol Off J Div Health Psychol Am Psychol Assoc. 2019;38(12):
1069–74. https://doi.org/10.1037/hea0000784.

39. Leone FT, Evers-Casey S, Graden S, Schnoll R. Behavioral economic insights
into physician tobacco treatment decision-making. Ann Am Thorac Soc.
2015;12(3):364–9. https://doi.org/10.1513/AnnalsATS.201410-467BC.

40. Leone FT, Evers-Casey S, Graden S, Schnoll R, Mallya G. Academic Detailing
Interventions Improve Tobacco Use Treatment among Physicians Working
in Underserved Communities. Ann Am Thorac Soc. 2015;12(6):854–8.
https://doi.org/10.1513/AnnalsATS.201410-466BC.

41. Tversky A, Kahneman D. Advances in prospect theory: cumulative
representation of uncertainty. J Risk Uncertain. 1992;5(4):297–323. https://
doi.org/10.1007/BF00122574.

42. Maslach C, Jackson SE. The measurement of experienced burnout. J Organ
Behav. 1981;2(2):99–113. https://doi.org/10.1002/job.4030020205.

43. Biochemical verification of tobacco use and cessation. Nicotine Tob Res.
2002;4(2):149-159. doi:10.1080/14622200210123581

44. Brown-Johnson CG, Cataldo JK, Orozco N, Lisha NE, Hickman NJ, Prochaska
JJ. Validity and reliability of the internalized stigma of smoking inventory: an
exploration of shame, isolation, and discrimination in smokers with mental
health diagnoses. Am J Addict. 2015;24(5):410–8. https://doi.org/10.1111/aja
d.12215.

45. Lewis CC, Klasnja P, Powell BJ, Lyon AR, Tuzzio L, Jones S, et al. From
classification to causality: advancing understanding of mechanisms of
change in implementation science. Front Public Health. 2018;6. https://doi.
org/10.3389/fpubh.2018.00136.

46. Crewswell JW, Plano Clark VL. Designing and conducting mixed methods
research. 3rd ed. Sage Publications; 2018.

47. Glaser BS, Strauss A. The discovery of grounded theory: strategies for
qualitative research: Routledge; 1971.

48. Creswell JW, Clark VL. Qualitative inquiry & research design : choosing
among five approaches. 2nd ed. Sage Publications; 2007.

49. Asch DA, Rosin R. Innovation as discipline, not fad. N Engl J Med. 2015;
373(7):592–4. https://doi.org/10.1056/NEJMp1506311.

50. Asch DA, Terwiesch C, Mahoney KB, Rosin R. Insourcing health care
innovation. N Engl J Med. 2014;370(19):1775–7. https://doi.org/10.1056/
NEJMp1401135.

51. Aarons GA, Ehrhart MG, Moullin JC, Torres EM, Green AE. Testing the
leadership and organizational change for implementation (LOCI)
intervention in substance abuse treatment: a cluster randomized trial study
protocol. Implement Sci IS. 2017;12(1):29. https://doi.org/10.1186/s13012-01
7-0562-3.

52. Cooke LJ, Duncan D, Rivera L, Dowling SK, Symonds C, Armson H. The
Calgary Audit and Feedback Framework: a practical, evidence-informed
approach for the design and implementation of socially constructed
learning interventions using audit and group feedback. Implement Sci IS.
2018;13(1):136. https://doi.org/10.1186/s13012-018-0829-3.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Jenssen et al. Implementation Science           (2021) 16:72 Page 12 of 12

https://doi.org/10.1093/ntr/ntv228
https://doi.org/10.1016/j.pmedr.2018.03.003
https://doi.org/10.1016/j.pmedr.2018.03.003
https://doi.org/10.1093/ntr/ntt126
https://doi.org/10.3322/caac.21444
https://doi.org/10.3322/caac.21444
https://doi.org/10.1353/hpu.2017.0012
https://doi.org/10.1186/1748-5908-9-39
https://doi.org/10.1186/1748-5908-9-39
https://doi.org/10.1186/1748-5908-4-50
https://doi.org/10.1037/hea0000784
https://doi.org/10.1513/AnnalsATS.201410-467BC
https://doi.org/10.1513/AnnalsATS.201410-466BC
https://doi.org/10.1007/BF00122574
https://doi.org/10.1007/BF00122574
https://doi.org/10.1002/job.4030020205
https://doi.org/10.1111/ajad.12215
https://doi.org/10.1111/ajad.12215
https://doi.org/10.3389/fpubh.2018.00136
https://doi.org/10.3389/fpubh.2018.00136
https://doi.org/10.1056/NEJMp1506311
https://doi.org/10.1056/NEJMp1401135
https://doi.org/10.1056/NEJMp1401135
https://doi.org/10.1186/s13012-017-0562-3
https://doi.org/10.1186/s13012-017-0562-3
https://doi.org/10.1186/s13012-018-0829-3

	Abstract
	Background
	Methods
	Discussion
	Trial registration

	Background
	Methods
	Study aims
	Study design
	Study setting, population, and duration
	Overview of study procedures
	Interventions: content and delivery
	Clinicians nudge
	Patient nudge

	Measures
	Baseline measures
	Outcome measures
	Qualitative assessment

	Statistical analysis
	Sample size and power (aim 1)
	Analysis plan

	Project activities
	Clinician nudge
	Patient nudge
	Informatics


	Discussion
	Abbreviations
	Acknowledgements
	Authors’ contributions
	Funding
	Availability of data and materials
	Declarations
	Consent to publication
	Ethics approval and consent to participate
	Competing interests
	Author details
	References
	Publisher’s Note

