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Abstract

Reversal reactions (RRs) in leprosy are characterized by a reduction in the number of bacilli

in lesions associated with an increase in cell-mediated immunity against the intracellular

bacterium Mycobacterium leprae, the causative pathogen of leprosy. To identify the mecha-

nisms that contribute to cell-mediated immunity in leprosy, we measured changes in the

whole blood-derived transcriptome of patients with leprosy before, during and after RR. We

identified an ‘RR signature’ of 1017 genes that were upregulated at the time of the clinical

diagnosis of RR. Using weighted gene correlated network analysis (WGCNA), we detected

a module of 794 genes, bisque4, that was significantly correlated with RR, of which 434

genes were part of the RR signature. An enrichment for both IFN-γ and IFN-β downstream

gene pathways was present in the RR signature as well as the RR upregulated genes in

the bisque4 module, including those encoding proteins of the guanylate binding protein

(GBP) family that contributes to antimicrobial responses against mycobacteria. Specifically,

GBP1, GBP2, GBP3 and GBP5 mRNAs were upregulated in the RR peripheral blood tran-

scriptome, with GBP1, GBP2 and GBP5 mRNAs also upregulated in the RR disease lesion

transcriptome. These data indicate that RRs involve a systemic upregulation of IFN-γ down-

stream genes including GBP family members as part of the host antimicrobial response

against mycobacteria.

Author summary

Reversal reaction (RR) is a major cause of tissue injury and disabilities in leprosy, resulting

from the rapid onset of cell-mediated immune responses to the intracellular bacterium
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Mycobacterium leprae. To identify the mechanisms related to the increase in cell-mediated

immunity in RR, we measured changes in the whole blood-derived transcriptome of

patients with leprosy before, during and after RR. We identified that RRs are associated

with an IFN-γ induced inflammatory response including an antimicrobial gene network

containing the GBP1, GBP2, GBP3 and GBP5 mRNAs in the peripheral blood. Further-

more, we show that GBP1, GBP2 and GBP5 mRNAs are also upregulated at the site of dis-

ease in RR patients. In summary, our study suggests that RR involves a systemic induction

of IFN-γ regulated genes that contributes to an antimicrobial response against the patho-

gen, releasing ligands and antigens that can further amplify the inflammatory response.

Introduction

Leprosy is a poverty-related infectious disease caused by the intracellular pathogen Mycobacte-
rium leprae that remains persistently present in pockets of developing countries causing

200,000 new cases each year, where it creates considerable health and economic burdens [1].

The disease offers a robust model of divergent immune responses correlating with the out-

come of the host response to the pathogen [2]. At one end of the disease spectrum, tuberculoid

leprosy (T-lep) patients typify the resistant response that restricts the growth of the pathogen,

resulting in limited lesions and small bacilli numbers. At the opposite end, lepromatous lep-

rosy (L-lep) patients represent susceptibility to disseminated infection, with numerous skin

lesions and abundant bacilli. Whereas cell-mediated immunity against M. leprae is present in

T-lep patients, humoral responses against the pathogen are characteristic of L-lep patients.

Insights into human immune responses gained from investigations of leprosy include specific

immune patterns based on cell-type- (CD4+ vs. CD8+) [3] and cytokine patterns of adaptive T

cells (Th1 vs. Th2) [4–6] in host defense.

Although the polar forms of leprosy exist as chronic inflammatory states, patients can

undergo a reversal reaction (RR), generally resulting in upgrading from the L-lep towards the

T-lep pole with reduction or clearance of bacilli in lesions [7]. Clinically, RRs are characterized

by the sudden appearance of inflammatory skin lesions characterized by erythema and edema

with associated neuritis resulting in severe peripheral nerve impairment [8–10]. The tissue

injury caused by the immune responses in peripheral nerves can be irreversible even with

appropriate therapy, significantly increasing the morbidity and disability due to leprosy [11,

12]. These reactions can occur spontaneously at the time of clinical presentation before the ini-

tiation of treatment, representing a naturally occurring cell-mediated immune response to M.

leprae. RRs also occur during the initiation of chemotherapy, leading to speculation that the

breakdown of bacilli leads to induction of a cell-mediated response.

The study of patients undergoing RR provides insight into the dynamic changes associated

with host defense against the invading pathogen. The immune response in RR involves an

influx of CD4+ T cells in lesions [13], along with a shift from a Th2 to a Th1 cytokine pattern,

including an increase in IFN-γ expression and a concomitant reduction in IL-10 expression at

the site of disease [14–19]. The pathogenesis of RR may involve Th17 cells [20] although the

specificity of this response remains to be determined [21]. RR is also characterized by a reduc-

tion in M2 macrophages along with a decrease in IFN-β expression and an increase in M1

macrophages in skin lesions [22, 23].

RRs involve a change in immune status towards M. leprae that leads to a reduction in the

number of bacilli in disseminated lesions, such that investigators have sought to identify the

dynamic changes in the systemic immune response. Studies have included the measurement
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of several cytokines in serum [24–27] as well as the detection of specific cytokine mRNAs asso-

ciated with the onset of RR [28, 29]. Here, we used an unbiased approach to assess intra-indi-

vidual gene expression changes associated with RR, by measuring the peripheral blood

transcriptome and associated gene networks in longitudinal samples obtained from leprosy

patients before the onset of RR, at the time of RR diagnosis and after treatment for RR result-

ing in resolution of the reactional state.

Methods

Patients and clinical specimens

Peripheral blood was collected from leprosy patients of various endemic regions: Bangladesh

(International Centre for Diarrhoeal Disease Research Bangladesh, Dhaka), Brazil (National

Reference Centre for Sanitary Dermatology and Leprosy, Uberlandia and Leprosy Laboratory),

Ethiopia (ALERT hospital and Health Centre, Addis Ababa) and Nepal (Mycobacterial

Research Laboratories, Kathmandu). The MB patients recruited for this study did not include

pure LL (lepromatous) patients, but mostly the clinically unstable borderline patients, includ-

ing BB (mid-borderline), BL (borderline lepromatous) as well as BL/LL. These patients with

borderline leprosy are more likely to develop RR during MDT. BT (borderline tuberculoid)

patients were designated paucibacillary (PB) (S1 Table).

For longitudinal studies, 3 samples from ten patients who developed RR during multidrug

therapy (MDT), were included. Clinical monitoring for reactions was performed during

monthly clinic visits. For longitudinal sample recruitment of reactional patients, newly diag-

nosed, untreated leprosy patients without clinical reactions were enrolled and blood was

drawn before initiation of MDT (BR, previously referred to as t = 0, [29]). Patients who pre-

sented reactions within three months of the start of therapy were excluded from the cohort to

avoid analyses of latent reactions. If patients presented with reactions after more than three

months of MDT, blood was drawn at the time of diagnosis of RR, before initiation of therapy

to suppress the reactional state. From all patients, blood was collected after completion of ste-

roid therapy (AT, previously referred to as t = end, [29]) (S2 Table). Also, 16 (8 MB and 8 PB)

leprosy patients without leprosy reactions at the time of recruitment and at the end of MDT

were included as a control group (S1 Table).

Ethics statement

All leprosy patients were recruited with approval from the Institutional Review Board and the

Institutional Ethics Committee of all institutions listed above. All subjects provided a written

informed consent and a parent or guardian of any child participant provided informed con-

sent on the child’s behalf.

Peripheral blood collection and RNA isolation

Peripheral blood (2.5ml) was collected in PAXgene tubes (BD Biosciences, Franklin Lakes,

NJ) for 46 leprosy samples defined as multibacillary (MB, containing BB, BL and LL patients),

paucibacillary (PB, containing BT patients), before reaction (BR), reversal reaction (RR)

and after treatment for RR (AT). Total RNA was isolated from venipuncture using PAXgene

blood collection tubes and stored at -80˚C. RNA isolation was performed using the PAXgene

Blood RNA kit (BD Biosciences) including on-column DNase digestion according to the man-

ufacturers’ protocol [29]. The RNA amount from all samples was determined by a NanoDrop

ND-1000 spectrophotometer (NanoDrop Technologies, Wilmington, DE) and samples yield

average of 6.02 ± 1.5 μg, with an average OD260/280 ratio of 2.0 ± 0.04. The RNA quality and
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integrity were accessed by Agilent 2100 BioAnalyzer using the RNA 6000 Nano Chip kit. The

average RIN (RNA integrity number) of the total RNA samples obtained from PAXgene tubes

was 9.5 ± 0.08.

RNA sequencing

Total RNA (100 ng per sample) from 46 samples was subjected to poly-A-selection to purify

messenger RNA, then fragmented and converted into double-stranded cDNA. Library con-

struction was then carried out using the TruSeq Sample Preparation Kit (Illumina) according

to the manufacturer’s instructions. This included the ligation of sequencing adapters contain-

ing 7 nucleotide indexes for multiplexing. Libraries were quantified using PicoGreen (Invitro-

gen) and quality was assessed using the Agilent 2200 Tapestation. Library samples were pooled

(6 per lane) at equimolar quantities (10uM each library) and sequenced on a HiSeq 2000

sequencer (Illumina) with 100bp single-end protocol [30]. All relevant data are available from

the NCBI GEO repository database and are accessible through GEO series accession number

GSE120913. https://www.ncbi.nlm.nih.gov/geo/query/acc.cgi?acc=GSE120913

Bioinformatics analysis

Sequenced reads were demultiplexed and aligned to the human reference genome hg19

(UCSC) using TopHat (version 2.0.6) and Bowtie2 (version 2.0.2) as previously described [30].

The HTseq package was then used to assign uniquely mapped reads to exons and genes using

the gene annotation file for build hg19 from Ensembl to generate raw count data. Once raw

count data was generated, data normalization and differential expression analysis using a nega-

tive binomial model were performed in the R statistical programming environment using the

DESeq (version 2.0) Bioconductor package. Significant differentially expressed genes were

defined as fold change >1.2 between groups and P-value <0.05.

Hierarchical clustering and principal components analysis (PCA)

PCA and hierarchical clustering were performed using ClustVis [31]. Only genes with average

normalized counts of� 2.0 were included and a cutoff of a coefficient of variance of� 1.0 was

used to perform both analyses.

Weighted gene correlation network analysis (WGCNA)

Gene expression profiles were obtained and analyzed for modules of highly interconnected

genes using weighted gene correlation network analysis (WGCNA), an unbiased approach

that identifies the typical pattern of each cluster (the eigengene) and defines modules of highly

interconnected genes based on pairwise correlations [32]. The analysis was performed on the

filtered leprosy subtype gene expression profiles (“wgcna” package in R). Automatic network

construction was carried out with a power of 14 and a minimum module size of 50. For each

module, networks were constructed using the topological overlap matrix. The top 50 genes

from each network were selected by filtering using kME (intramodular connectivity) and con-

verted to gene names before displaying. Module correlation of RR temporal stages was calcu-

lated by computing the correlation of each module eigengene to a binary matrix of traits,

which corresponded to individual stages [33]. Correlation and significance calculations, as

well as heatmap display, were calculated using built-in functions from the “wgcna” R package.

P values for overlap of modules with cell-type-specific signatures were calculated using the

hypergeometric distribution and were corrected using a Bonferroni adjustment (n = 30).
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Functional and upstream regulator analyses

Functional, network and transcriptional regulator analysis were performed using the ClueGO

plugin (Cytoscape) [34] and Canonical Pathway Analysis (IPA). The Canonical Pathways dis-

play the most significant pathways across the entire dataset. The significance values for the

canonical pathways are calculated by B-H Multiple testing p-value. The significance indicates

the probability of association of molecules from your dataset with the canonical pathway by

random chance alone. ClueGO integrates Gene Ontology (GO) terms as well as KEGG path-

ways and creates a functionally organized GO/pathway term network. The significance of each

term was calculated with a right-sided hypergeometric test with B-H correction of p-values.

Significantly overrepresented terms were defined as having a p-value less than 0.05, a mini-

mum of 4 genes per term, and at least 6% of the genes from the dataset associated with the

term. Functionally similar GO terms were grouped into simplified representative terms.

IPA network analysis was performed to investigate the top gene networks related to a gene

set. Briefly, networks are collections of interconnected molecules assembled by a network algo-

rithm; each connection represents known relationships between the molecules, found in the

Ingenuity Knowledge Base. IPA Upstream Regulator Analysis was used to identify upstream

regulators and predict whether they are activated or inhibited, given the observed gene expres-

sion changes in our experimental dataset. The analysis examines the known targets of each

upstream regulator in a dataset, compares the targets’ actual direction of change to expecta-

tions derived from the literature, then generates a prediction for each upstream regulator. IPA

uses a z-score algorithm to make predictions. The z-score algorithm is designed to reduce the

chance that random data will generate significant predictions. The interactive visualization

platform Gephi was used for visualization of integrative analysis of functional networks and

upstream regulator analysis.

Interferon signature analysis by SaVanT

The interferon signature was calculated using signatures containing 50 genes for each stimu-

lus, signature scores were calculated for each stimulus based on the mean score of the log-

transformed, mean-centered values. The scores for each signature were then clustered based

on average Euclidian distance. All p values and scores were calculated using a gene signature-

based analysis in SaVanT (Signature Visualization Tool) [35].

Proportional median signature

In order to identify genes that were highly expressed in one subtype relative to all others, we

calculated proportional median values for all filtered probe sets in every subtype. Briefly, the

proportional median is a measure for comparing three or more conditions, and it is calculated

for gene in each disease by dividing the median expression of that gene in that disease by the

median expression of that same gene across the disease subtypes. Thus, ranking genes by their

proportional median measures the relative expression in one subtype compared with all others

[36, 37]. Proportional median values were calculated for each leprosy state (MB, BR, RR, and

PB) and the top 500 genes from each PM list were used for further analysis.

Specific interferon regulated genes

Supervised analyses were performed to identify Type I and Type II IFN regulated genes as

described previously [23]. Differentially expressed genes between RR and BR/AT leprosy

groups were identified with a pairwise comparison using the criteria of a fold change>1.2 and

p� 0.05. In addition, we used the top 500 PM genes for each leprosy state for the analysis of
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the specific interferon regulated genes. A list of genes specifically induced by only IFN-β or

IFN-γ was derived from the gene expression profile data of IFN-treated MDMs (GSE82227

and GSE125352). Briefly, MDMs were treated with IFN-γ and IFN-β at different time points,

the max fold change was calculated between IFNs vs. media for all time points. To identify the

downstream specific genes for IFN-γ and IFN-β we used a cutoff of 2-fold and padj of 0.05 for

IFNs vs. media. For genes that were upregulated by both IFNs, only genes with a�5 fold

change between IFN-γ and IFN-β and vice versa were used to generate the specific lists. We

identified a total of 245 IFN-β specific genes and 50 IFN-γ specific genes, these IFN down-

stream gene targets were then integrated with the leprosy whole blood RNAseq data to deter-

mine the differential expression of IFN-regulated genes in different disease forms. Enrichment

analysis of the overlap in IFN target genes between the different leprosy datasets was per-

formed using the hypergeometric distribution to control for differences in the overall number

of differentially expressed genes. The hypergeometric distribution (hypergeometric test) is

equivalent to the one-tailed version of Fisher’s exact test. The IFN summation score was calcu-

lated using a gene voting approach based on the sum of the signed log ratio of the normalized

counts of the IFN-β specific and IFN-γ specific induced (positive in the summation) genes in

each blood sample as previously described [23, 38].

GBP expression values

We measured the expression of the GBP (GBP1 to GBP6) mRNAs using previously generated

and publicly available data: in blood (normalized counts; GSE120913), in skin (arbitrary units;

GSE17763 [23]) of leprosy patients, as well as, in MDM treated with IFN-γ, IFN-β and TLR2/1

ligand (normalized counts, GSE82227 and GSE125352).

PCR

Total RNA was isolated from whole peripheral blood of 46 leprosy patients (S1 Table) as

described in previously at ‘Peripheral blood collection and RNA isolation’ section. The cDNA

was prepared as previously described [23, 38] and gene expression levels of human GBP1,

GBP2, GBP3, GBP4, GBP5, GBP6 and, 36B4 were measured by qPCR and calculated by the 2-

(ΔΔCt) method. GBP primers were designed using BLAST and to avoid genomic DNA recogni-

tion the reverse primers were designed in an exon junction. Primer information and sequence

are listed in S5 Table:

Statistical analysis

All differential expression analysis was performed in the R statistical programming environ-

ment using the DESeq (version 1.5) as explained in the Bioinformatic analysis section. Results

are reported as pooled data from an entire series of experiments and described as mean ± the

SEM unless otherwise indicated. The GraphPad Prism 7 software was used for testing of

parametric distributions, statistical and correlation analysis. We performed Kolmogov Smir-

nov normality test and equality of variances test (Bartlett’s test) on values to verify whether the

data were parametrically distributed. For data with one grouping found to have a parametric

distribution, statistical analysis was performed by one-way analysis of variance ANOVA fol-

lowed by the Turkey multiple comparison posttest. For data with two grouping variables, one

defined by columns and the other defined by rows we used two-way analysis of variance

ANOVA followed by the Turkey multiple comparison posttest. Pearson correlation was used

for correlation analysis between RNAseq and qPCR data. The two-tailed student t test was

used to evaluate the correlation significance. Individual details of statistical analyses are

explained in the figure legends.
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Results

Gene expression of whole blood of leprosy patients on reversal reaction

We performed a longitudinal transcriptome analysis of blood from patients with RR to identify

the mechanisms that contribute to cell-mediated immunity in leprosy (S1 Fig). RNA was iso-

lated from the whole blood of 10 leprosy patients obtained at the time of the initial diagnosis of

leprosy (before reaction; BR), at the time of the diagnosis of reversal reaction (RR) and after

the completion of treatment of RR with prednisone (after treatment; AT), these time points

were named RR temporal stages (S2 Table; S2A Fig). RNA sequencing of these 30 samples was

simultaneously performed. The background expression was filtered yielding a dataset of

12,649 genes expressed genes.

Unsupervised testing, including principal component analysis (PCA) and hierarchical clus-

tering, was performed on a set of genes that was selected using the coefficient of variance of the

normalized RPKMs of the 10 patients in the different RR temporal stages (BR, RR and AT).

PCA revealed a heterogeneous distribution of all samples across the first two principal compo-

nents as seen by the overlap of the ellipsoids representing each group (S2B Fig). Hierarchical

clustering showed the distribution of samples is largely determined by the geographic region

and by an individual patient. We observed the patients from two main geographic regions,

Bangladesh (n = 4) and Brazil (n = 3), are organized in different branches in the hierarchical

tree (S2C Fig). For six of the ten samples derived from the same patients all three RR temporal

stages are clustered together (S2C Fig). For three other patients, two of the three time points

clustered together. These data suggest that genetic differences between individuals rather than

temporal changes for each individual accounted for the overall differentiation of the

transcriptomes.

Functional analysis of differentiated expressed genes in the blood of RR

patients

Because the genetic variation among patients was a strong driver of the sample clustering, we

chose to make pair-wise comparisons for each patient to determine the changes in gene

expression that were common among the diverse genetic background of the patients studied.

This was performed by comparing the gene expression for each of the RR temporal stages; at

the time of leprosy diagnosis (BR), at the time of the first RR (RR) and after prednisone treat-

ment (AT). To more precisely identify the differentially expressed genes associated with the

development of RR, we calculated the fold change of individual genes comparing the gene

expression value at the time of the initial diagnosis of RR as compared with before reaction

(BR) and after treatment (AT). In addition, a paired statistical test was used for p-value calcula-

tion. Because the genetic diversity of the samples, we used a less stringent cutoff of fold change

>1.2 and a p-value� 0.05. We identified an ‘RR signature’ comprised of 1017 genes that were

upregulated during RR in comparison with BR and AT. Only 193 genes were downregulated

during RR in comparison with BR and AT (Fig 1A, S3 and S4 Tables). Clustering and PCA

analyses (S2 Fig) showed that samples from the same patients were more similar to each other

as compared to the differences between the different BR, RR and AT groups, such that it was

not possible to use a padj, similar to another study of peripheral blood transcriptomes in lep-

rosy [39].

Functional analysis of the RR upregulated genes identified multiple significantly enriched

GO terms and canonical pathways. The top five GO terms were, ‘proteasome’, ‘mitochondrial

electron transport’, ‘IFN induced genes’, ‘oxidative phosphorylation’ and ‘regulation of ubiqui-

tin-protein ligase’ (Fig 1B). Canonical pathway analysis showed similar results to GO terms,
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Fig 1. Functional analysis of differentially regulated genes. (A) For differential gene expression between RR, BR and

AT whole blood samples we calculated fold change analysis and performed a paired statistical test using DEseq2. A cut

of fold change� 1.2 and p� 0.05 was applied for RR vs. BR and fold change� 1.2 was applied for RR vs. AT. In

examining the RR temporal stages: BR (before reaction); RR (reversal reaction), AT (after treatment), we identified
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including ‘oxidative phosphorylation’, ‘interferon signaling’, ‘mitochondrial dysfunction’, ‘ubi-

quitin pathway’ and ‘phagosome maturation’ (Fig 1B). Similar to the GO term findings, canon-

ical pathway analysis revealed that ‘IFN signaling’ was one of the top pathways, and most of

the genes included in the pathway are upregulated in the RR blood samples (Fig 1B). Because

there were fewer downregulated genes, the functional analysis identified relatively few GO

terms and canonical pathways; however, both analyses showed metabolism and neural terms

and pathways (Fig 1C). The ‘IFN signaling’ canonical pathway is enriched in the RR signature

(Fig 1D).

Interferon signaling is upregulated during reversal reaction

Given that the functional analysis identified IFN-induced genes and ‘IFN signaling’ as signifi-

cant signatures detected in the blood of patients during RR, we further evaluated the IFN-β
and IFN-γ pathways using a gene signature-based analysis in SaVanT (Signature Visualization

Tool) [35]. SaVant contains the RNA-seq signatures from IFN-β and IFN-γ-stimulated human

monocyte-derived macrophages (MDMs) [30] as a prototypic myeloid cell. We identified the

IFN-β and IFN-γ signatures present in each sample and found that both the IFN-β and IFN-γ
signatures increased significantly in the blood of patients during RR in comparison to BR and

AT. Both the IFN-β and IFN-γ signatures at 6h and 24h were strongly correlated to RR (Fig

2A).

The Savant gene signatures for IFN-β and IFN-γ overlap given that both IFNs signal via

STAT1; however, IFN-β signals via a STAT1/2 heterodimer and IFN-γ signals via a STAT1

homodimer. We therefore integrated the IFN-specific gene signatures derived from stimulated

monocyte-derived macrophages with the RR transcriptomes. Of the total 1017 upregulated

genes in the RR signature, 38 genes overlapped with the 245 genes in the IFN-β signature and

13 genes overlapped with the 50 genes in the IFN-γ signature (Fig 2B). No IFN specific genes

were detected in the 193 downregulated genes associated with RR. Both the IFN-β-specific

genes and the IFN-γ-specific genes were significantly enriched in the RR signature (p = 2.3e-

08, and p = 8.3e-05, respectively, Fig 2C).

To define the pattern of the IFN signatures in whole blood of leprosy patients in more

detail, we compared the IFN-β and IFN-γ- gene signatures in the different clinical forms of

leprosy. In addition to the patients with the RR temporal stages (BR, RR and AT) we per-

formed RNA sequencing on 16 whole blood control samples from multibacillary (MB, n = 8)

and paucibacillary (PB, n = 8) patients (S1 Table). The MB and PB patients did not develop a

leprosy reaction during the follow-up of this study (2 years). To compare the IFN-β and IFN-

γ-specific signatures between the four different disease subtypes (BR, RR, MB and PB) we cal-

culated the proportional median (PM) from the genes normalized counts for each group as

described in the methods [36, 37]. We used the top 500 PM genes for each group. Integration

of the different leprosy blood gene expression profiles with the IFN-induced gene signatures

(Fig 3A) revealed the significant enrichment of IFN-β genes in the MB gene expression profile

(fold enrichment = 2; p = 2.9e-04), but not IFN-γ genes (Fig 3B and 3C). For the RR blood

samples, the enrichment for both IFN-specific signatures was significantly greater than

expected; the IFN-β specific signature was enriched by 3.9-fold (p = 1.8e-05) and the IFN-γ

1017 genes upregulated in RR vs BR and AT and 193 genes downregulated in RR vs. BR and AT. Top 5 GO terms and

canonical pathways identified by ClueGO and IPA respectively of significantly upregulated genes (B) and

downregulated genes (C) for RR whole blood samples. Graphs show the number of associated genes and -log p-value

for each GO terms. Padj was calculated with B-H multiple testing for the association of the functional term with the

gene-expression data. (D) Upregulated RR genes in the IPA interferon signaling canonical pathway are presented in

red.

https://doi.org/10.1371/journal.pntd.0007764.g001
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Fig 2. IFN-β and IFN-γ signature on RR samples. (A) IFN-β and IFN-γ gene expression signature by SaVant. For each time point of the IFN-β
and IFN-γ MDM gene expression data, signature enrichment scores were calculated using average gene expression for each RR temporal stages

and normalized to Z scores. Columns correspond to RR temporal stages and rows correspond to IFN signature; each individual square

corresponds to the enrichment for one IFN signature in a specific RR sample for each subtype. P-value was calculated by one-tailed ANOVA,

Identification of a systemic interferon-γ gene signature during reversal reaction

PLOS Neglected Tropical Diseases | https://doi.org/10.1371/journal.pntd.0007764 October 10, 2019 10 / 25

https://doi.org/10.1371/journal.pntd.0007764


specific gene signature was enriched by 4.5-fold (p = 13e-02) (Fig 3B and 3C). No significant

enrichment for the IFN specific signatures was observed in the PB and BR whole blood sam-

ples (Fig 3C).

Finally, to evaluate the IFN status of each individual whole blood sample, we calculated an

overall score of the IFN-β and IFN-γ regulated genes using a gene voting approach [23, 38].

Across the leprosy subtypes, we observed differences in the IFN-β and IFN-γ scores. Seven of

the eight MB patients had a positive IFN-β score, with five of eight distinguished as having a

more positive score than all other patient samples (Fig 3D). Nine of ten RR patients showed

positive scores for the IFN-γ-induced gene signature; five of which were also positive for the

IFN-β-induced gene signature (Fig 3D). Three of ten BR patients had positive IFN-γ scores

within the range of the five highest RR patients and greater than any of the PB and MB

patients. Otherwise, the IFN-signatures of the BR and PB patients were located close to the ori-

gin (Fig 3D).

Identification of gene modules and deconvolution analysis for reversal

reaction stages

The overlap of IFN induced gene signatures with the peripheral blood transcriptomes from

leprosy patients suggested that specific gene networks are triggered during RRs. To identify

modules of interconnected genes in the peripheral blood transcriptomes of leprosy patients,

we applied an unsupervised approach, weighted gene correlation analysis (WGCNA).

WGCNA is an unbiased approach that identifies the typical pattern of each cluster (the eigen-

gene) and defines modules of highly interconnected genes based on pairwise correlations [32].

WGCNA identified 11 modules using all the transcriptome data from the blood of leprosy

patients in the different RR temporal stages of RR (BR, RR and AT). Two module eigengenes

(ME) were significantly associated with RR, but none of the modules were significantly corre-

lated with BR and AT. The bisque4 module was positively correlated with RR (correla-

tion = 0.65, P = 0.002) and the magenta4 module was negatively correlated with RR

(correlation = -0.5, P = 0.02) (Fig 4A).

To further explore whether the WCGNA gene modules that correlated with RR were

enriched for an IFN-downstream network, we integrated the bisque4 and magenta4 modules

with the signatures derived from IFN-treated MDMs using SaVant. The module bisque4 that

positively correlated with RR, significantly correlated with both the IFN-γ and IFN-β signa-

tures (hypergeometric enrichment p-value� 0.001 for all the IFN treatment time points, (Fig

4B). The magenta4 module that negatively correlated with RR did not correlate with any IFN

gene signature.

Interferon signaling drives the immune response in the blood of RR

patients

The RR gene expression signature contains genes that were differentially expressed compared

to BR and AT but does not identify gene networks. By contrast, WGCNA identifies gene

followed by Tukey’s multiple comparisons test. (B) Heatmap showing the normalized counts for the 38 and 13 overlapped genes between RR

upregulated genes and IFN-β and IFN-γ MDM specific genes, respectively. (C) Enrichment analysis of overlap between IFN-β and IFN-γ-

specific upregulated genes identified in human MDMs and RR and BR/AT specific leprosy whole blood transcripts (fold change� 1.2 and

P� 0.05). Dotted lines indicate either the expected fold enrichment of one (left) or the hypergeometric enrichment p-value of 0.05 (log P = 1.3,

right). Hypergeometric analyses were performed to determine fold enrichment (observed/expected) and signed log enrichment p- value

(negative for de-enriched). The Bonferroni multiple hypothesis test correction was applied for each group. RR temporal stages: BR = before

reaction, RR = during reversal reaction and AT = after treatment. N = 10 for each RR subtype.

https://doi.org/10.1371/journal.pntd.0007764.g002
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networks, but not all the genes in a given module are differentially expressed in a particular

disease type. Therefore, we integrated the differential gene expression analysis with the corre-

lated WGCNA modules to identify genes that were part of a gene network and differentially

expressed in RR. We identified 434 common genes that were upregulated in RR signature and

the bisque4 module (hypergeometric analysis identified a fold enrichment of 15.38 and

Fig 3. IFN-β and IFN-γ specific downstream gene signature for all leprosy subtypes. (A-C) Enrichment analysis of overlap between IFN-β and IFNγ–specific

upregulated genes identified in human MDMs and MB, BR, RR and PB leprosy whole blood transcripts (PM = top 500 genes). The top graph shows the number

of overlapped genes between each leprosy clinical form and IFN-β and IFN-γ specific genes (A). Dotted lines indicate either the expected fold enrichment of one

(middle—B) or the hypergeometric enrichment p-value of 0.05 (log P = 1.3, bottom—C). Hypergeometric analyses were performed to determine fold enrichment

(observed/expected) and signed log enrichment p-value (negative for de-enriched). The Bonferroni multiple hypothesis test correction was applied for each

group. (D) IFN-β and IFN-γ specific gene voting summation scores were calculated for an individual patient blood sample in leprosy states MB (n = 8), BR

(n = 10), RR (n = 10) and PB (n = 8). MB = multibacillary, BR = before reaction, RR = reversal reaction and PB = paucibacillary.

https://doi.org/10.1371/journal.pntd.0007764.g003
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Fig 4. Gene expression in whole blood from RR temporal stages. (A) Identification of RR whole blood subtype gene modules.

WGCNA eigengene modules correlated to at least one RR temporal subtype (p� 0.05). Red indicates a positive correlation, and

green indicates an inverse correlation. Module eigengenes, as well as the corresponding number of genes in each module, are

labeled on the y axis, and RR temporal stages are labeled on the x axis. BR (before reaction), RR (reaction) and AT (after

reaction treatment). (B) Integration of WGCNA gene modules with cell-type-specific gene signatures. For the two significant

modules derived from WGCNA, enrichment for MDM IFN-β and IFN-γ specific downstream genes (2h, 6h and 24h) were

calculated and displayed in a heatmap of Z scores. Hypergeometric analyses were performed to determine enrichment p-value.
� p<0.001.

https://doi.org/10.1371/journal.pntd.0007764.g004
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P = 2.0e-376 (S3 Fig). The bisque4 module and the genes downregulated in RR vs. BR/AT did

not share any genes. For the magenta4 module, 25 genes were found in common with those

downregulated in RR (fold enrichment of 5.36 and P = 1.6e-10). The magenta4 module did

not contain any genes upregulated in RR. Because there were only 25 common genes between

RR downregulated genes and magenta4, it was not possible to use ClueGO or IPA to perform

functional analyses.

We performed ClueGO functional analysis of the 434 common genes between the bisque4
module and the genes upregulated in RR. The top five classified GO terms were ‘proteasome’

(28% of the associated genes), including PSMA1, PSMA5 and PSMB2; ‘interferon signaling’

(23%), including GBP2, IFI27 and IFI35; ‘IFN-γ signaling’ (20%), including, GBP1, GBP2 and

GBP5; ‘type I IFN signaling’ (19%), including ISG15, OAS2 and OAS3; and ‘ISG15 response’

(13%); including DDX58, FCGR1 and GBP1 (Fig 5A). All of these pathways have been impli-

cated in the immune response to infection by intracellular bacteria. Additional analysis of the

“IPA upstream regulators” for the 434 common genes was performed. Briefly, we utilized two

scores that address two independent aspects of the inference problem: an ‘enrichment’ score

[Fisher’s exact test (FET) P-value] that measures the overlap of observed and predicted regu-

lated gene sets, and a z-score assessing the match of the observed and predicted up/down regu-

lation patterns. A positive z-score (� 2) indicates activation and a negative z-score (� -2)

indicates inhibition. IFNG (z-score = 7.29, P = 3.91e-26) and IFNA (z-score = 6.32, P = 9.48e-

31) as the top two cytokines of the upstream regulators. IRF7 (z-score = 6.486), IRF3 (5.67),

STAT1 (5.495), IRF1 (4.482) and TRIM24 (-5.518) were identified as the top 5 transcriptional

factors (Fig 5B).

To integrate the functional analyses on the 434 common genes between RR upregulated

genes and the bisque4 module, we overlapped GO terms and transcriptional targets and com-

mon genes between both analyses. We found that IRF7 (26/30 genes), STAT 1 (23/30 genes)

and IRF1 (16/30 genes) upregulated genes related to all functions. We also identified protea-

some (PSMB genes and SOCS1), IFNG signaling (GBPs, OASs, FCGR1A, SOCS1 and TRIM22),

interferon and IFNA/B signaling (OASs, IFIs, GBP2, ISG15, STAT2, PSMB8, TAP1, USP18 and

RSAD2). IRF3 (16 genes) regulated only IFNG signaling and IFNA/B signaling (Fig 5C). In

addition to the analysis of GO terms and upstream regulators, we identified gene networks for

the 434 RR genes using IPA. An antimicrobial network related to the RR blood gene signature

was identified as one of the top networks. This network connects 38 genes with direct and/or

indirect antimicrobial activity and 31 of them are present in the 434 RR genes, the two major

groups identified in the antimicrobial network are “interferon inducible genes” and “guanylate

binding proteins” (S4A Fig). This network also connected genes related to the IFN signaling

pathways, IRF and STAT1 activation (GBPs, DDX58, OAS2, ISG15, OASL, IFIs and IFITs). To

refine the antimicrobial network, we overlapped the 434 common genes in the RR transcrip-

tome and the bisque4 module with our curated antimicrobial gene list [30]. Only the guanylate

binding protein (GBP1, GBP2, GBP3, GBP4, GBP5 and GBP6) genes were identified as antimi-

crobial genes (S4B Fig, Fig 5C). Together the functional analysis, the upstream regulator analysis

and the network analysis suggested a link between IFN signaling and GBP expression in RRs.

GBPs are upregulated by IFN signaling during RR

To visualize GBP expression as a function of the kinetics of RR, we constructed a heatmap for

GBP (GBP1, GBP2, GBP3, GBP4, GBP5 and GBP6) expression using normalized counts for the

10 different RR patients with the RR temporal stages (n = 30; 10 BR, 10 RR and 10 AT). All

GBPs are upregulated during the RR in comparison to BR and downregulated AT for all ten
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donors except for patient 1, in which the levels of GBPs were maintained from RR to AT (Fig

6A).

To validate the RNAseq data we performed qPCR for all six GBP mRNAs for the RR tempo-

ral stages samples previously used in Fig 6A. We verified that GBP1, GBP2, GBP3, GBP4, and

GBP5 were upregulated during RR in comparison to BR and AT; GBP6 was only upregulated

during RR in comparison to BR but did not decrease in AT (S5A Fig). A significant correlation

in GBP expression was verified between the RNAseq normalized counts and qPCR arbitrary

units across the RR temporal stages for all RR patients (S5B Fig). In addition, significant corre-

lations were observed when the RNAseq and qPCR data were compared according to fold

change and p-value for all six GBPs (Fig 6B). To verify that the differential expression of all

GBPs was significantly upregulated during RRs, we first compared the expression of the GBPs

(GBP1, GBP2, GBP3, GBP4, GBP5 and GBP6) in the different RR temporal stages (RR, BR and

AT) and control (PM and MB) sets). GBP1, GBP2, GBP3 and GBP5 were significantly higher

in RR in comparison to MB, BR, AT and PB with GBP4 significantly higher in RR compared

to BR, RR and PB, GBP6 significantly higher in RR compared to BR and AT (Fig 6C).

To confirm the RNAseq results we measured GBPs gene expression levels in the same

patient samples by qPCR (Fig 6B). GBP1, GBP2 and GBP5 were highly expressed in RR

patients compared to MB, BR, AT and PB as previously detected by RNAseq (S5C Fig). A sig-

nificant correlation in GBP expression was also verified between the RNAseq normalized

counts and qPCR arbitrary units for all groups (S5D Fig). GBP mRNA expression was analyzed

in the microarray skin lesion data across the leprosy spectrum (L-lep/MB, T-lep/PB and RR).

All GBPs were upregulated in RR skin lesions in comparison to L-lep/MB skin samples and

GBP1 and GBP5 were upregulated in RR in comparison to T-lep/PB (Fig 6D), consistent with

the presence of an IFN-γ downstream gene signature in the paucibacillary RR and T-lep/PB

skin lesions and an IFN-β downstream signature in the multibacillary L-lep/MB lesions [23].

Finally, in order to examine the ability of the IFNs to induce the GBPs, we assessed GBP

gene expression in monocyte-derived macrophages (MDMs) following treatment with IFN-β,

IFN-γ and TLR2/1 ligand (TLR2/1L) for 24h as measured by RNA sequencing and deposited

in DermDB [36]. We verified that IFN-β and IFN-γ but not TLR2/1L induced GBP1, GBP2,

GBP3, GBP4 and GBP5 expression in MDMs (Fig 6E).

The induction of GBP1, GBP2 and GBP5, but not GBP3 and GBP4, was significantly greater

by IFN-γ than IFN-β. GBP6 was not induced in MDMs. IPA analysis identified a pathway by

which IFN-γ via IRF7 and STAT1 activate GBPs to mediate an antimicrobial response (Fig 7).

Discussion

Reversal reactions in leprosy involve the rapid onset of cell-mediated immunity against M.

leprae resulting in the reduction of the number of bacilli in lesions. The study of patients with

RR represents a window into the dynamics of host defense against the disease-causing patho-

gen. Although the kinetics of the immune changes have been systematically studied in patient’s

skin lesions [24–29], the breadth of immune changes in the peripheral blood reflecting the

Fig 5. Functional analysis (434 common genes between bisque4 and upregulated genes). (A) Top 5 functional GO terms for the 434 common genes

between the RR positively correlated module and RR upregulated genes. Graphs show the number of associated genes, -log p-value and 5 hits for each GO

term. Padj was calculated with B-H multiple testing for the association of the functional term with the gene-expression data. (B) Top 5 upstream

transcriptional factors for the 434 common genes. The upstream analysis was performed by IPA upstream regulator analysis. Graphs show the number of

target genes, -log p-value and z-score for each transcriptional factor. Orange and positive z-score for activation and blue and negative z-score for inhibition.

(C) Integrated network of gene expression, upstream regulators and functional analysis terms. Gephi was used to create a functional annotation network,

showing connections among significant GO terms, IPA upstream regulator analysis and 434 common genes between bisque4 module and upregulated

significantly expressed genes. Genes are colored by term a, transcription factors in orange and connections are represented by dotted lines.

https://doi.org/10.1371/journal.pntd.0007764.g005
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Fig 6. GBPs are upregulated in the peripheral blood of leprosy patients during RR. (A) Heatmap of GBPs 1 to 6 normalized counts from all 10 RR

temporal stages (BR; RR and AT). Significance was determined by paired one-tailed ANOVA and post-hoc (Tukey multiple comparison test). (B)

GBPs 1 to 6 correlation of fold change (FC) and p-value (-log p-value) between RNAseq and qPCR data. Squares represent the mean FC (RNAseq

and qPCR) of the 10 RR pairs (RR vs. BR). Pearson correlation was used to calculate r values and the two-tailed p-value was calculated for correlation

significance. (C) Distribution of GBPs 1 to 6 normalized counts in the whole blood for all groups of leprosy patients. The graph shows the mean per

clinical type. MB = 8, BR = 10, RR = 10, AT = 10 and PB = 8 (D) Distribution of GBP 1 to 6 mRNA by microarray analysis of skin lesions shown in

arbitrary units (AU). The graph shows the mean per clinical type. L-lep/MB = 6; RR = 7 and T-lep/MB = 10. Significance was determined by one-

tailed ANOVA using GraphPad Prism software and post-hoc (Tukey multiple comparison test). (E) Distribution of GBPs 1 to 6 mRNA in the

RNAseq analysis of human MDMs stimulated for 24h, media, yellow; IFN-β, red; IFN-γ, blue and TLR2/1 ligand, green. The graph normalized

counts for all 5 individuals per stimuli for GBPs 1 to 6. Significance was determined by paired one-tailed ANOVA using GraphPad Prism software
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systemic response associated with the disease is not known. Here we identified a ‘RR signature’

of 1017 genes that were upregulated in the peripheral blood transcriptome at the onset of RR.

This signature contained interconnected gene networks involving IFN-γ and IFN-β specific

downstream genes. We detected a gene network correlated with RR, the bisque4 module,

enriched for genes in the RR signature that participate in antimicrobial responses including

the IFN-γ induced genes GBP1, GBP2 and GBP5, part of the guanylate binding protein family

of antimicrobial genes. Therefore, RRs represent a systemic interferon response including

interferon-inducible antimicrobial genes as part of the cell-mediated immune response to

combat the pathogen.

GBPs are members of the IFN-induced GTPase family and all seven GBPs found in humans

are localized in a single cluster on chromosome 1 suggesting that they are regulated by the

same pathways [40, 41]. GBPs are cytosolic proteins and this intracellular localization is key

for their specific role in the host defense against several intracellular pathogens [42, 43]. Six of

and post-hoc (Tukey multiple comparison test). � P<0.05, ��P< 0.01, ���P< 0.001, ����P< 0.0001. MB = multibacillary, BR = before reaction,

RR = reversal reaction, AT = after treatment, PB = paucibacillary, L-lep = lepromatous leprosy and T-lep = tuberculoid leprosy.

https://doi.org/10.1371/journal.pntd.0007764.g006

Fig 7. IFN-γ is the major upstream regulator for GBP expression in the RR peripheral blood. IPA pathway and

path designer were used to create a functional IFNG downstream causal network. Upstream regulators with predicted

activation are in orange and RR downstream upregulated GBPs are in red. Bold lines mean direct activation and dotted

lines mean indirect activation.

https://doi.org/10.1371/journal.pntd.0007764.g007
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the seven human GBPs are upregulated in the RR peripheral blood signature as compared to

before reaction and non-reactional patients. GBP1, GBP2 and GBP5 are specific to the RR sig-

nature in comparison to the other clinical forms of leprosy. Of the GBP family, only GBP1 and

GBP5 were upregulated in RR compared to L-lep/MB and T-lep/PBlesions. All GBPs were

upregulated in RR in comparison to L-lep/MBlesions. GBP1 and GBP5 were previously

reported to be upregulated in the blood of RR patients [29]. GBP1, GBP4 and GBP5 were also

identified as upregulated in the peripheral blood of active TB patients in different cohorts [44–

46]. These three GBP genes were identified as part of the sixteen genes related to risk signature

for development of active TB in patients with latent TB [47].

An integrative genomics approach to study the peripheral blood before, during and after

RR revealed a mixture of type I and type II IFN-specific genes in the peripheral blood signature

of patients with active RR. The transcription factors related to IFN signaling, STAT1, IFR7, IRF3
and IRF1, were also enriched in the RR signature. Previously, a type II IFN gene profile was also

detected in lesions of RR patients as well as in the lesions of paucibacillary tuberculoid leprosy

patients relative to multibacillary lepromatous patients, consistent with the role of IFN-γ in

inducing an antimicrobial response in M. leprae infected macrophages [23]. The presence of the

type II IFN-specific gene signature in the blood of active RR patients but not paucibacillary

tuberculoid leprosy patients indicates the systemic nature of the immune response in RR. This

may be explained by the presence of few lesions in tuberculoid leprosy with rare bacilli such

that the immune response is limited, compared with multiple lesions in RR containing some

bacilli such that the amount of IFN-γ produced is greater resulting in a systemic response.

IFN-γ is the strongest upstream regulator identified in the RR peripheral blood transcrip-

tome in this study. Previously the IFN-γ signaling pathway was identified in peripheral blood

of RR patients in comparison to non-reactional patients [28, 29]. We found that IFN-γ
induced six of the GBP family members, but only GBP1, GBP2 and GBP5 were more strongly

induced by IFN-γ vs. IFN-β; these are the same GBP family members specifically upregulated

in RR. Our results are consistent with reports demonstrating that IFN-γ is a stronger inducer

of GBP transcription and activation as compared to the type I IFNs and TLR ligands [48, 49].

The induction of GBPs is key for activation of antimicrobial activity against intracellular bacte-

ria [50] and in diseases such as dysentery, toxoplasmosis and sepsis [51–54]. GBPs can interact

with autophagy cargo receptors and with galectin to recognize early endosomes containing

bacteria [55, 56]. GBPs increase proteasome activation, leading to the production of the pro-

inflammatory cytokines IL-1β and IL-18 in macrophages following LPS activation [57]. This is

consistent with the finding that whole blood cells from RR patients express more inflammatory

genes, such as CCL2, CCL3, IL-1A, IL1B and IL6 when compared to whole blood cells of

patients without RR [39].

The presence of a type I IFN downstream gene response in the blood of active RR patients

was in contrast to our findings in skin lesions, as such a response was not present in lesions.

One of the most upregulated IFN α/β downstream genes in the RR peripheral blood signature

is the interferon stimulated gene 15 (ISG15), which encodes a ubiquitin-like protein essential

for the host defense against mycobacterial infection [58]. The relative absence of a type I IFN

response in RR lesions raises questions with respect to the origin of the type I IFN specific

downstream signature in RR peripheral blood transcriptome. RR patients are heterogeneous,

sometimes with different lesions in a given patient in various stages of evolution, such that

some lesions in patients could still be similar to patients with multibacillary disease which

express type I IFN downstream genes. Alternatively, the release of bacterial products from

lesions into the blood as part of the naturally occurring cell-mediated immune response or

from antibiotic therapy could trigger a type I IFN response in circulating leukocytes. Even

though both RR and MB are enriched for the IFN-β downstream signature, each signature
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includes a different set of genes. The RR IFN-β signature includes ISG15, as described previ-

ously [58], and the MB IFN-β signature includes IL10, with the encoded protein known to

inhibit the IFN-γ-mediated antimicrobial response [23]. ISG15 and IL-10 have opposite roles

in the immune response against mycobacterial infection [23, 58].

In contrast to the RR patients that expressed an IFN-γ and IFN-β downstream signature,

the blood transcriptomes of multibacillary before reaction (BR) were not enriched for any IFN

signature. However, we detected an IFN-β signature similar to that found in L-lep/MB patients

in the blood of MB patients that did not develop RR [23]. It remains to be tested whether the

absence of specific IFN-β downstream genes in multibacillary lesions is predictive of an

increased risk for developing RR.

In summary, this study suggests a connection between the activation of cell-mediated

immunity and the antimicrobial response in leprosy. The IFN-γ gene expression signature,

activated by the release of M. leprae ligands and antigens spontaneously or in response to the

MDT treatment, leads to induction of an antimicrobial response, involving GBP members

both systemically at the site of the disease and. This may lead to a further breakdown of bacilli

leading to release of ligands and antigens that amplify the immune response, yet also contrib-

utes to tissue injury. The link between cell-mediated immunity and the antimicrobial response

identifies potential targets for therapy to intervene in RR patients, perhaps by inhibiting spe-

cific antimicrobial pathways that paradoxically contribute to inflammation.
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played in a tree, with each terminal leaf representing a blood sample. BR, before reaction; RR,

reversal reaction; AT, after treatment.

(TIF)

S3 Fig. WGCNA and differential expressed genes common genes. (A) Venn diagrams show

the 434 overlapped genes between the 1017 upregulated genes in RR (FC�1.2, p�0.05) and
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794 genes present in the RR positively correlated WGCNA module, bisque4. Fold enrichment

(FE) = 15.38 and hypergeometric p-value = 2.0 e-376. (B) Venn diagrams show the 25 over-

lapped genes between the 193 downregulated genes in RR (FC�1.2; p�0.05) and 555 genes

present in the RR negatively correlated WGCNA module, magenta4. Fold enrichment (FE) =

5.36 and hypergeometric p-value = 1.0 e-376.

(TIF)

S4 Fig. Antimicrobial genes are upregulated genes in RR. (A) IPA antimicrobial network

groups and members. (B) Venn diagrams show the 6 overlapped genes between the 113 genes

from the cured antimicrobial list and 434 common genes between the upregulated genes in RR

and RR positively correlated WGCNA module, bisque4. Fold enrichment (FE) = 10.6 and

hypergeometric p-value = 1.0 e-33.

(TIF)

S5 Fig. Validation of the distribution of the GBP 1 to 6 mRNA levels by qPCR. (A) Distri-

bution of GBPs 1 to 6 mRNA detection in the whole blood of the 10 RR temporal stages; BR

(green), RR (red) and AT (blue). The graph normalized counts for all 10 individual per group.

Significance was determined by paired one-tailed ANOVA using GraphPad Prism software

and post-hoc (Tukey multiple comparison test). (B) GBPs 1 to 6 correlation of RNAseq nor-

malized counts (NC) and qPCR arbitrary units (AU) for all RR temporal stages (BR = 10,

green, RR = 10, red and AT = 10, blue). Pearson correlation was used to calculate r values and

two-tailed p-value was calculated for correlation significance. (C) Distribution of GBPs 1 to 6

expression (arbitrary units) in the whole blood for all groups of leprosy patients by qPCR. The

graph shows the mean per clinical type. (MB = 8, black; BR = 10, green; RR = 10, red; AT = 10,

blue and PB = 8, gray). Significance was determined by one-tailed ANOVA using GraphPad

Prism software and post-hoc (Tukey multiple comparison test). (D) GBPs 1 to 6 correlation of

RNAseq normalized counts (NC) and qPCR arbitrary units (AU) for all leprosy groups. Pear-

son correlation was used to calculate r values and the two-tailed p-value was calculated for cor-

relation significance. � P<0.05, ��P < 0.01, ���P < 0.001. MB = multibacillary, BR = before

reaction, RR = reversal reaction, AT = after treatment and PB = paucibacillary.

(TIF)
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Supervision: Maria Tió-Coma, Tom H. M. Ottenhoff, Robert L. Modlin.

Validation: Annemieke Geluk.

Writing – original draft: Rosane M. B. Teles.

Writing – review & editing: Rosane M. B. Teles, Matteo Pellegrini, Annemieke Geluk, Robert

L. Modlin.

References

1. WHO. Global leprosy update, 2013; reducing disease burden. Wkly Epidemiol Rec. 2014; 89:389–400.

PMID: 25202781

2. Ridley DS, Jopling WH. Classification of leprosy according to immunity. A five-group system. Int J Lepr

1966; 34:255–73.

3. Modlin RL, Hofman FM, Taylor CR, Rea TH. T lymphocyte subsets in the skin lesions of patients with

leprosy. J Am Acad Dermatol. 1983; 8(2):182–9. Epub 1983/02/01. https://doi.org/10.1016/s0190-9622

(83)70021-6 PMID: 6219136.

4. Cooper CL, Mueller C, Sinchaisri TA, Pirmez C, Chan J, Kaplan G, et al. Analysis of naturally occurring

delayed-type hypersensitivity reactions in leprosy by in situ hybridization. J Exp Med. 1989; 169

(5):1565–81. Epub 1989/05/01. https://doi.org/10.1084/jem.169.5.1565 PMID: 2523952; PubMed Cen-

tral PMCID: PMC2189323.

5. Yamamura M, Uyemura K, Deans RJ, Weinberg K, Rea TH, Bloom BR, et al. Defining protective

responses to pathogens: cytokine profiles in leprosy lesions. Science. 1991; 254(5029):277–9. Epub

1991/10/11. https://doi.org/10.1126/science.1925582 PMID: 1925582.

6. Salgame P, Abrams JS, Clayberger C, Goldstein H, Convit J, Modlin RL, et al. Differing lymphokine pro-

files of functional subsets of human CD4 and CD8 T cell clones. Science. 1991; 254(5029):279–82.

Epub 1991/10/11. https://doi.org/10.1126/science.1681588 PMID: 1681588.

7. Waters MFR, Turk JL, Wemambu SNC. Mechanisms of reaction in leprosy. Int J Lepr. 1971; 39:417–

28.

8. Scollard DM, Smith T, Bhoopat L, Theetranont C, Rangdaeng S, Morens DM. Epidemiologic character-

istics of leprosy reactions. Int J Lepr. 1994; 62:559–67.

9. Walker SL, Lockwood DN. Leprosy type 1 (reversal) reactions and their management. Lepr Rev. 2008;

79(4):372–86. Epub 2009/03/12. PMID: 19274984.

10. Lockwood DN, Suneetha L, Sagili KD, Chaduvula MV, Mohammed I, van Brakel W, et al. Cytokine and

protein markers of leprosy reactions in skin and nerves: baseline results for the North Indian INFIR

cohort. PLoS Negl Trop Dis. 2011; 5(12):e1327. Epub 2011/12/20. https://doi.org/10.1371/journal.pntd.

0001327 PMID: 22180790; PubMed Central PMCID: PMC3236729.

11. Nery JA, Bernardes Filho F, Quintanilha J, Machado AM, Oliveira Sde S, Sales AM. Understanding the

type 1 reactional state for early diagnosis and treatment: a way to avoid disability in leprosy. An Bras

Dermatol. 2013; 88(5):787–92. Epub 2013/11/01. https://doi.org/10.1590/abd1806-4841.20132004

PMID: 24173185; PubMed Central PMCID: PMC3798356.

12. Lustosa AA, Nogueira LT, Pedrosa JI, Teles JB, Campelo V. The impact of leprosy on health-related

quality of life. Rev Soc Bras Med Trop. 2011; 44(5):621–6. Epub 2011/10/28. https://doi.org/10.1590/

s0037-86822011000500019 PMID: 22031079.

13. Modlin RL, Gebhard JF, Taylor CR, Rea TH. In situ characterization of T lymphocyte subsets in the

reactional states of leprosy. Clin Exp Immunol. 1983; 53(1):17–24. Epub 1983/07/01. PMID: 6223731;

PubMed Central PMCID: PMC1535549.

Identification of a systemic interferon-γ gene signature during reversal reaction

PLOS Neglected Tropical Diseases | https://doi.org/10.1371/journal.pntd.0007764 October 10, 2019 22 / 25

http://www.ncbi.nlm.nih.gov/pubmed/25202781
https://doi.org/10.1016/s0190-9622(83)70021-6
https://doi.org/10.1016/s0190-9622(83)70021-6
http://www.ncbi.nlm.nih.gov/pubmed/6219136
https://doi.org/10.1084/jem.169.5.1565
http://www.ncbi.nlm.nih.gov/pubmed/2523952
https://doi.org/10.1126/science.1925582
http://www.ncbi.nlm.nih.gov/pubmed/1925582
https://doi.org/10.1126/science.1681588
http://www.ncbi.nlm.nih.gov/pubmed/1681588
http://www.ncbi.nlm.nih.gov/pubmed/19274984
https://doi.org/10.1371/journal.pntd.0001327
https://doi.org/10.1371/journal.pntd.0001327
http://www.ncbi.nlm.nih.gov/pubmed/22180790
https://doi.org/10.1590/abd1806-4841.20132004
http://www.ncbi.nlm.nih.gov/pubmed/24173185
https://doi.org/10.1590/s0037-86822011000500019
https://doi.org/10.1590/s0037-86822011000500019
http://www.ncbi.nlm.nih.gov/pubmed/22031079
http://www.ncbi.nlm.nih.gov/pubmed/6223731
https://doi.org/10.1371/journal.pntd.0007764


14. Godal T, Myrvang B, Samuel DR, Ross WF, Lofgren M. Mechanism of reactions in borderline tubercu-

loid (BT) leprosy. Acta Pathol Microbiol Scand. 1973; 236(suppl.):45–53.

15. Barnetson RS, Bjune G, Pearson JMH, Kronvall G. Cell mediated and humoral immunity in "reversal

reactions". Int J Lepr. 1976; 44:267–73.

16. Bjune G, Barnetson RS, Ridley DS, Kronvall G. Lymphocyte transformation test in leprosy: correlation

of the response with inflammation of lesions. Clin Exp Immunol. 1976; 25:85–94. PMID: 791549

17. Rea TH, Taylor CR. Serum and tissue lysozyme in leprosy. Infect Immun. 1977; 18:847–56. PMID:

591069

18. Yamamura M, Wang XH, Ohmen JD, Uyemura K, Rea TH, Bloom BR, et al. Cytokine patterns of immu-

nologically mediated tissue damage. J Immunol. 1992; 149(4):1470–5. Epub 1992/08/15. PMID:

1500726.

19. Khadge S, Banu S, Bobosha K, van der Ploeg-van Schip JJ, Goulart IM, Thapa P, et al. Longitudinal

immune profiles in type 1 leprosy reactions in Bangladesh, Brazil, Ethiopia and Nepal. BMC Infect Dis.

2015; 15:477. Epub 2015/10/30. https://doi.org/10.1186/s12879-015-1128-0 PMID: 26510990;

PubMed Central PMCID: PMC4625471.

20. Chaitanya VS, Lavania M, Nigam A, Turankar RP, Singh I, Horo I, et al. Cortisol and proinflammatory

cytokine profiles in type 1 (reversal) reactions of leprosy. Immunol Lett. 2013; 156(1–2):159–67. Epub

2013/11/06. https://doi.org/10.1016/j.imlet.2013.10.008 PMID: 24189521.

21. Saini C, Siddiqui A, Ramesh V, Nath I. Leprosy Reactions Show Increased Th17 Cell Activity and

Reduced FOXP3+ Tregs with Concomitant Decrease in TGF-beta and Increase in IL-6. PLoS Negl

Trop Dis. 2016; 10(4):e0004592. Epub 2016/04/02. https://doi.org/10.1371/journal.pntd.0004592

PMID: 27035913; PubMed Central PMCID: PMC4818038.

22. Montoya D, Cruz D, Teles RM, Lee DJ, Ochoa MT, Krutzik SR, et al. Divergence of macrophage phago-

cytic and antimicrobial programs in leprosy. Cell Host Microbe. 2009; 6(4):343–53. Epub 2009/10/20.

https://doi.org/10.1016/j.chom.2009.09.002 PMID: 19837374; PubMed Central PMCID: PMC2764558.

23. Teles RM, Graeber TG, Krutzik SR, Montoya D, Schenk M, Lee DJ, et al. Type I interferon suppresses

type II interferon-triggered human anti-mycobacterial responses. Science. 2013; 339(6126):1448–53.

Epub 2013/03/02. https://doi.org/10.1126/science.1233665 PMID: 23449998; PubMed Central PMCID:

PMC3653587.

24. Moubasher AD, Kamel NA, Zedan H, Raheem DD. Cytokines in leprosy, I. Serum cytokine profile in lep-

rosy. Int J Dermatol. 1998; 37(10):733–40. Epub 1998/11/05. https://doi.org/10.1046/j.1365-4362.

1998.00381.x PMID: 9802682.

25. Faber WR, Iyer AM, Fajardo TT, Dekker T, Villahermosa LG, Abalos RM, et al. Serial measurement of

serum cytokines, cytokine receptors and neopterin in leprosy patients with reversal reactions. Lepr Rev.

2004; 75(3):274–81. Epub 2004/10/29. PMID: 15508904.

26. Scollard DM, Chaduvula MV, Martinez A, Fowlkes N, Nath I, Stryjewska BM, et al. Increased CXC

ligand 10 levels and gene expression in type 1 leprosy reactions. Clin Vaccine Immunol. 2011; 18

(6):947–53. Epub 2011/04/22. https://doi.org/10.1128/CVI.00042-11 PMID: 21508169; PubMed Cen-

tral PMCID: PMC3122607.

27. Chaitanya S, Lavania M, Turankar RP, Karri SR, Sengupta U. Increased serum circulatory levels of

interleukin 17F in type 1 reactions of leprosy. J Clin Immunol. 2012; 32(6):1415–20. Epub 2012/08/01.

https://doi.org/10.1007/s10875-012-9747-3 PMID: 22847545.

28. Dupnik KM, Bair TB, Maia AO, Amorim FM, Costa MR, Keesen TS, et al. Transcriptional changes that

characterize the immune reactions of leprosy. J Infect Dis. 2015; 211(10):1658–76. Epub 2014/11/16.

https://doi.org/10.1093/infdis/jiu612 PMID: 25398459; PubMed Central PMCID: PMC4425823.

29. Geluk A, van Meijgaarden KE, Wilson L, Bobosha K, van der Ploeg-van Schip JJ, van den Eeden SJ,

et al. Longitudinal immune responses and gene expression profiles in type 1 leprosy reactions. J Clin

Immunol. 2014; 34(2):245–55. Epub 2013/12/29. https://doi.org/10.1007/s10875-013-9979-x PMID:

24370984.

30. Realegeno S, Kelly-Scumpia KM, Dang AT, Lu J, Teles R, Liu PT, et al. S100A12 Is Part of the Antimi-

crobial Network against Mycobacterium leprae in Human Macrophages. PLoS Pathog. 2016; 12(6):

e1005705. Epub 2016/06/30. https://doi.org/10.1371/journal.ppat.1005705 PMID: 27355424; PubMed

Central PMCID: PMC4927120.

31. Metsalu T, Vilo J. ClustVis: a web tool for visualizing clustering of multivariate data using Principal Com-

ponent Analysis and heatmap. Nucleic Acids Res. 2015; 43(W1):W566–70. Epub 2015/05/15. https://

doi.org/10.1093/nar/gkv468 PMID: 25969447; PubMed Central PMCID: PMC4489295.

32. Langfelder P, Horvath S. WGCNA: an R package for weighted correlation network analysis. BMC Bioin-

formatics. 2008; 9:559. https://doi.org/10.1186/1471-2105-9-559 PMID: 19114008

Identification of a systemic interferon-γ gene signature during reversal reaction

PLOS Neglected Tropical Diseases | https://doi.org/10.1371/journal.pntd.0007764 October 10, 2019 23 / 25

http://www.ncbi.nlm.nih.gov/pubmed/791549
http://www.ncbi.nlm.nih.gov/pubmed/591069
http://www.ncbi.nlm.nih.gov/pubmed/1500726
https://doi.org/10.1186/s12879-015-1128-0
http://www.ncbi.nlm.nih.gov/pubmed/26510990
https://doi.org/10.1016/j.imlet.2013.10.008
http://www.ncbi.nlm.nih.gov/pubmed/24189521
https://doi.org/10.1371/journal.pntd.0004592
http://www.ncbi.nlm.nih.gov/pubmed/27035913
https://doi.org/10.1016/j.chom.2009.09.002
http://www.ncbi.nlm.nih.gov/pubmed/19837374
https://doi.org/10.1126/science.1233665
http://www.ncbi.nlm.nih.gov/pubmed/23449998
https://doi.org/10.1046/j.1365-4362.1998.00381.x
https://doi.org/10.1046/j.1365-4362.1998.00381.x
http://www.ncbi.nlm.nih.gov/pubmed/9802682
http://www.ncbi.nlm.nih.gov/pubmed/15508904
https://doi.org/10.1128/CVI.00042-11
http://www.ncbi.nlm.nih.gov/pubmed/21508169
https://doi.org/10.1007/s10875-012-9747-3
http://www.ncbi.nlm.nih.gov/pubmed/22847545
https://doi.org/10.1093/infdis/jiu612
http://www.ncbi.nlm.nih.gov/pubmed/25398459
https://doi.org/10.1007/s10875-013-9979-x
http://www.ncbi.nlm.nih.gov/pubmed/24370984
https://doi.org/10.1371/journal.ppat.1005705
http://www.ncbi.nlm.nih.gov/pubmed/27355424
https://doi.org/10.1093/nar/gkv468
https://doi.org/10.1093/nar/gkv468
http://www.ncbi.nlm.nih.gov/pubmed/25969447
https://doi.org/10.1186/1471-2105-9-559
http://www.ncbi.nlm.nih.gov/pubmed/19114008
https://doi.org/10.1371/journal.pntd.0007764


33. Montoya D, Inkeles MS, Liu PT, Realegeno S, Teles RM, Vaidya P, et al. IL-32 is a molecular marker of

a host defense network in human tuberculosis. Sci Transl Med. 2014; 6(250):250ra114. Epub 2014/08/

22. https://doi.org/10.1126/scitranslmed.3009546 PMID: 25143364; PubMed Central PMCID:

PMC4175914.

34. Bindea G, Mlecnik B, Hackl H, Charoentong P, Tosolini M, Kirilovsky A, et al. ClueGO: a Cytoscape

plug-in to decipher functionally grouped gene ontology and pathway annotation networks. Bioinformat-

ics. 2009; 25(8):1091–3. Epub 2009/02/25. https://doi.org/10.1093/bioinformatics/btp101 PMID:

19237447; PubMed Central PMCID: PMC2666812.

35. Lopez D, Montoya D, Ambrose M, Lam L, Briscoe L, Adams C, et al. SaVanT: a web-based tool for the

sample-level visualization of molecular signatures in gene expression profiles. BMC Genomics. 2017;

18(1):824. Epub 2017/10/27. https://doi.org/10.1186/s12864-017-4167-7 PMID: 29070035; PubMed

Central PMCID: PMC5657101.

36. Inkeles MS, Scumpia PO, Swindell WR, Lopez D, Teles RMB, Graeber TG, et al. Comparison of molec-

ular signatures from multiple skin diseases identifies mechanisms of immunopathogenesis. J Invest

Dermatol. 2015; 135(1):151–9. Epub 2014/08/12. https://doi.org/10.1038/jid.2014.352 PMID:

25111617; PubMed Central PMCID: PMC4268388.

37. Inkeles MS, Teles RM, Pouldar D, Andrade PR, Madigan CA, Lopez D, et al. Cell-type deconvolution

with immune pathways identifies gene networks of host defense and immunopathology in leprosy. JCI

insight. 2016; 1(15):e88843. Epub 2016/10/05. https://doi.org/10.1172/jci.insight.88843 PMID:

27699251; PubMed Central PMCID: PMC5033757.

38. Golub TR, Slonim DK, Tamayo P, Huard C, Gaasenbeek M, Mesirov JP, et al. Molecular classification

of cancer: class discovery and class prediction by gene expression monitoring. Science. 1999; 286

(5439):531–7. https://doi.org/10.1126/science.286.5439.531 PMID: 10521349

39. Orlova M, Cobat A, Huong NT, Ba NN, Van Thuc N, Spencer J, et al. Gene set signature of reversal

reaction type I in leprosy patients. PLoS Genet. 2013; 9(7):e1003624. Epub 2013/07/23. https://doi.org/

10.1371/journal.pgen.1003624 PMID: 23874223; PubMed Central PMCID: PMC3708838.

40. Olszewski MA, Gray J, Vestal DJ. In silico genomic analysis of the human and murine guanylate-binding

protein (GBP) gene clusters. J Interferon Cytokine Res. 2006; 26(5):328–52. Epub 2006/05/13. https://

doi.org/10.1089/jir.2006.26.328 PMID: 16689661.

41. Praefcke GJ, Geyer M, Schwemmle M, Robert Kalbitzer H, Herrmann C. Nucleotide-binding character-

istics of human guanylate-binding protein 1 (hGBP1) and identification of the third GTP-binding motif. J

Mol Biol. 1999; 292(2):321–32. Epub 1999/09/24. https://doi.org/10.1006/jmbi.1999.3062 PMID:

10493878.

42. Meunier E, Broz P. Interferon-inducible GTPases in cell autonomous and innate immunity. Cell Micro-

biol. 2016; 18(2):168–80. Epub 2015/11/18. https://doi.org/10.1111/cmi.12546 PMID: 26572694.

43. Pilla-Moffett D, Barber MF, Taylor GA, Coers J. Interferon-Inducible GTPases in Host Resistance,

Inflammation and Disease. J Mol Biol. 2016; 428(17):3495–513. Epub 2016/05/18. https://doi.org/10.

1016/j.jmb.2016.04.032 PMID: 27181197; PubMed Central PMCID: PMC5010443.

44. Berry MP, Graham CM, McNab FW, Xu Z, Bloch SA, Oni T, et al. An interferon-inducible neutrophil-

driven blood transcriptional signature in human tuberculosis. Nature. 2010; 466(7309):973–7. https://

doi.org/10.1038/nature09247 PMID: 20725040

45. Maertzdorf J, Weiner J III, Mollenkopf HJ, Network T, Bauer T, Prasse A, et al. Common patterns and

disease-related signatures in tuberculosis and sarcoidosis. Proc Natl Acad Sci U S A. 2012; 109

(20):7853–8. https://doi.org/10.1073/pnas.1121072109 PMID: 22547807

46. Bloom CI, Graham CM, Berry MP, Wilkinson KA, Oni T, Rozakeas F, et al. Detectable changes in the

blood transcriptome are present after two weeks of antituberculosis therapy. PLoS One. 2012; 7(10):

e46191. https://doi.org/10.1371/journal.pone.0046191 PMID: 23056259

47. Zak DE, Penn-Nicholson A, Scriba TJ, Thompson E, Suliman S, Amon LM, et al. A blood RNA signature

for tuberculosis disease risk: a prospective cohort study. Lancet. 2016; 387(10035):2312–22. Epub

2016/03/28. https://doi.org/10.1016/S0140-6736(15)01316-1 PMID: 27017310; PubMed Central

PMCID: PMC5392204.

48. Degrandi D, Konermann C, Beuter-Gunia C, Kresse A, Wurthner J, Kurig S, et al. Extensive characteri-

zation of IFN-induced GTPases mGBP1 to mGBP10 involved in host defense. J Immunol. 2007; 179

(11):7729–40. Epub 2007/11/21. https://doi.org/10.4049/jimmunol.179.11.7729 PMID: 18025219.

49. Vestal DJ, Jeyaratnam JA. The guanylate-binding proteins: emerging insights into the biochemical

properties and functions of this family of large interferon-induced guanosine triphosphatase. J Interferon

Cytokine Res. 2011; 31(1):89–97. Epub 2010/12/15. https://doi.org/10.1089/jir.2010.0102 PMID:

21142871; PubMed Central PMCID: PMC3021356.

Identification of a systemic interferon-γ gene signature during reversal reaction

PLOS Neglected Tropical Diseases | https://doi.org/10.1371/journal.pntd.0007764 October 10, 2019 24 / 25

https://doi.org/10.1126/scitranslmed.3009546
http://www.ncbi.nlm.nih.gov/pubmed/25143364
https://doi.org/10.1093/bioinformatics/btp101
http://www.ncbi.nlm.nih.gov/pubmed/19237447
https://doi.org/10.1186/s12864-017-4167-7
http://www.ncbi.nlm.nih.gov/pubmed/29070035
https://doi.org/10.1038/jid.2014.352
http://www.ncbi.nlm.nih.gov/pubmed/25111617
https://doi.org/10.1172/jci.insight.88843
http://www.ncbi.nlm.nih.gov/pubmed/27699251
https://doi.org/10.1126/science.286.5439.531
http://www.ncbi.nlm.nih.gov/pubmed/10521349
https://doi.org/10.1371/journal.pgen.1003624
https://doi.org/10.1371/journal.pgen.1003624
http://www.ncbi.nlm.nih.gov/pubmed/23874223
https://doi.org/10.1089/jir.2006.26.328
https://doi.org/10.1089/jir.2006.26.328
http://www.ncbi.nlm.nih.gov/pubmed/16689661
https://doi.org/10.1006/jmbi.1999.3062
http://www.ncbi.nlm.nih.gov/pubmed/10493878
https://doi.org/10.1111/cmi.12546
http://www.ncbi.nlm.nih.gov/pubmed/26572694
https://doi.org/10.1016/j.jmb.2016.04.032
https://doi.org/10.1016/j.jmb.2016.04.032
http://www.ncbi.nlm.nih.gov/pubmed/27181197
https://doi.org/10.1038/nature09247
https://doi.org/10.1038/nature09247
http://www.ncbi.nlm.nih.gov/pubmed/20725040
https://doi.org/10.1073/pnas.1121072109
http://www.ncbi.nlm.nih.gov/pubmed/22547807
https://doi.org/10.1371/journal.pone.0046191
http://www.ncbi.nlm.nih.gov/pubmed/23056259
https://doi.org/10.1016/S0140-6736(15)01316-1
http://www.ncbi.nlm.nih.gov/pubmed/27017310
https://doi.org/10.4049/jimmunol.179.11.7729
http://www.ncbi.nlm.nih.gov/pubmed/18025219
https://doi.org/10.1089/jir.2010.0102
http://www.ncbi.nlm.nih.gov/pubmed/21142871
https://doi.org/10.1371/journal.pntd.0007764


50. Kim BH, Shenoy AR, Kumar P, Das R, Tiwari S, MacMicking JD. A family of IFN-gamma-inducible 65-

kD GTPases protects against bacterial infection. Science. 2011; 332(6030):717–21. https://doi.org/10.

1126/science.1201711 PMID: 21551061

51. Li P, Jiang W, Yu Q, Liu W, Zhou P, Li J, et al. Ubiquitination and degradation of GBPs by a Shigella

effector to suppress host defence. Nature. 2017; 551(7680):378–83. Epub 2017/11/17. https://doi.org/

10.1038/nature24467 PMID: 29144452.

52. Yamamoto M, Okuyama M, Ma JS, Kimura T, Kamiyama N, Saiga H, et al. A cluster of interferon-

gamma-inducible p65 GTPases plays a critical role in host defense against Toxoplasma gondii. Immu-

nity. 2012; 37(2):302–13. Epub 2012/07/17. https://doi.org/10.1016/j.immuni.2012.06.009 PMID:

22795875.

53. Haldar AK, Foltz C, Finethy R, Piro AS, Feeley EM, Pilla-Moffett DM, et al. Ubiquitin systems mark path-

ogen-containing vacuoles as targets for host defense by guanylate binding proteins. Proc Natl Acad Sci

U S A. 2015; 112(41):E5628–37. Epub 2015/09/30. https://doi.org/10.1073/pnas.1515966112 PMID:

26417105; PubMed Central PMCID: PMC4611635.

54. Pilla DM, Hagar JA, Haldar AK, Mason AK, Degrandi D, Pfeffer K, et al. Guanylate binding proteins pro-

mote caspase-11-dependent pyroptosis in response to cytoplasmic LPS. Proc Natl Acad Sci U S A.

2014; 111(16):6046–51. Epub 2014/04/10. https://doi.org/10.1073/pnas.1321700111 PMID:

24715728; PubMed Central PMCID: PMC4000848.

55. Feeley EM, Pilla-Moffett DM, Zwack EE, Piro AS, Finethy R, Kolb JP, et al. Galectin-3 directs antimicro-

bial guanylate binding proteins to vacuoles furnished with bacterial secretion systems. Proc Natl Acad

Sci U S A. 2017; 114(9):E1698–e706. Epub 2017/02/15. https://doi.org/10.1073/pnas.1615771114

PMID: 28193861; PubMed Central PMCID: PMC5338555.

56. Coers J. Sweet host revenge: Galectins and GBPs join forces at broken membranes. Cell Microbiol.

2017; 19(12). Epub 2017/10/04. https://doi.org/10.1111/cmi.12793 PMID: 28973783; PubMed Central

PMCID: PMC5680119.

57. Finethy R, Luoma S, Orench-Rivera N, Feeley EM, Haldar AK, Yamamoto M, et al. Inflammasome Acti-

vation by Bacterial Outer Membrane Vesicles Requires Guanylate Binding Proteins. mBio. 2017; 8(5).

Epub 2017/10/05. https://doi.org/10.1128/mBio.01188-17 PMID: 28974614; PubMed Central PMCID:

PMC5626967.

58. Bogunovic D, Byun M, Durfee LA, Abhyankar A, Sanal O, Mansouri D, et al. Mycobacterial disease and

impaired IFN-gamma immunity in humans with inherited ISG15 deficiency. Science. 2012; 337

(6102):1684–8. https://doi.org/10.1126/science.1224026 PMID: 22859821

Identification of a systemic interferon-γ gene signature during reversal reaction

PLOS Neglected Tropical Diseases | https://doi.org/10.1371/journal.pntd.0007764 October 10, 2019 25 / 25

https://doi.org/10.1126/science.1201711
https://doi.org/10.1126/science.1201711
http://www.ncbi.nlm.nih.gov/pubmed/21551061
https://doi.org/10.1038/nature24467
https://doi.org/10.1038/nature24467
http://www.ncbi.nlm.nih.gov/pubmed/29144452
https://doi.org/10.1016/j.immuni.2012.06.009
http://www.ncbi.nlm.nih.gov/pubmed/22795875
https://doi.org/10.1073/pnas.1515966112
http://www.ncbi.nlm.nih.gov/pubmed/26417105
https://doi.org/10.1073/pnas.1321700111
http://www.ncbi.nlm.nih.gov/pubmed/24715728
https://doi.org/10.1073/pnas.1615771114
http://www.ncbi.nlm.nih.gov/pubmed/28193861
https://doi.org/10.1111/cmi.12793
http://www.ncbi.nlm.nih.gov/pubmed/28973783
https://doi.org/10.1128/mBio.01188-17
http://www.ncbi.nlm.nih.gov/pubmed/28974614
https://doi.org/10.1126/science.1224026
http://www.ncbi.nlm.nih.gov/pubmed/22859821
https://doi.org/10.1371/journal.pntd.0007764

