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Quantitative assessment of Pb 
sources in isotopic mixtures using a 
Bayesian mixing model
Jack Longman   1,2, Daniel Veres3, Vasile Ersek   1, Donald L. Phillips4, Catherine Chauvel5,6 & 
Calin G. Tamas7

Lead (Pb) isotopes provide valuable insights into the origin of Pb within a sample, typically allowing for 
reliable fingerprinting of their source. This is useful for a variety of applications, from tracing sources 
of pollution-related Pb, to the origins of Pb in archaeological artefacts. However, current approaches 
investigate source proportions via graphical means, or simple mixing models. As such, an approach, 
which quantitatively assesses source proportions and fingerprints the signature of analysed Pb, 
especially for larger numbers of sources, would be valuable. Here we use an advanced Bayesian isotope 
mixing model for three such applications: tracing dust sources in pre-anthropogenic environmental 
samples, tracking changing ore exploitation during the Roman period, and identifying the source of Pb 
in a Roman-age mining artefact. These examples indicate this approach can understand changing Pb 
sources deposited during both pre-anthropogenic times, when natural cycling of Pb dominated, and 
the Roman period, one marked by significant anthropogenic pollution. Our archaeometric investigation 
indicates clear input of Pb from Romanian ores previously speculated, but not proven, to have been the 
Pb source. Our approach can be applied to a range of disciplines, providing a new method for robustly 
tracing sources of Pb observed within a variety of environments.

Lead (Pb), a toxic, non-essential metal for life, has been an important commodity in our technological 
development1 and one of the most persistent anthropogenic pollutants through time2,3. Lead may be released 
directly from the mining and smelting of Pb-containing ores, and more recently, through the extensive use 
of Pb-containing fuels, batteries, paints and other commodities4. Lead is among the best-studied metal 
pollutants, due in part to its toxicity, even at low levels, to multiple organ systems5, and its particular danger 
to young children and developing foetuses6. As such, understanding the past interplay between natural and 
anthropogenic sources, sinks and cycles of Pb is vital, as evidence suggests humans have greatly impacted 
its natural biogeochemical cycle7,8. Records of pollution indicate anthropogenic influences as far back as 
the Bronze Age3,9,10. Particularly large amounts of Pb were released into the atmosphere during the Roman 
period in Europe, with the geochemical imprint of Pb pollution especially quantifiable in peat records7,9,11,12. 
Evidence of such activity may even be observed in Greenland ice, clear indication of the persistence of Pb 
pollution even in such pristine environments13,14. Further anthropogenic atmospheric Pb enrichment has 
been observed in records located close to centres of mining in Medieval times9,15,16, and upon the introduc-
tion of Pb-containing gasoline in the early 20th century, virtually across the globe10,17–20, even as far from 
mining centres as Antarctica21.

Knowledge of the pollution activity at the sites of mining and smelting, and assessment of contamination 
levels at different sites is not always sufficient for firm conclusions regarding Pb provenance and contributions 
from changing sources or contributors through time. In an effort to clarify such questions, Pb isotopes have 
been long used as ‘fingerprints’ of the source of Pb recorded in environmental archives3,4,12. Within the natural 
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environment, Pb is mainly present as four stable isotopes: 208Pb (≈52%), 206Pb (≈24%), 207Pb (≈23%) and 204Pb 
(≈1%)4. 204Pb represents the only Pb isotope not a product of radioactive decay chains, with 206Pb, 207Pb and 
208Pb originating in the decay chains of 238U, 235U and 232Th, respectively4,22. Thus, the ratios of different Pb 
isotopes depend on the concentrations of U, Th and Pb in various source materials, the length of the half-lives 
of the parent isotopes23 and the amount of time that passed. In environmental science, Pb isotopic data are 
commonly presented as ratios, with 206Pb/207Pb, 208Pb/206Pb typically used24. Analyses of ore bodies have indi-
cated the variability of Pb isotope ratios depends on the type of ore, age, and style of mineralization25. A simple 
example is the difference observable between the 206Pb/207Pb ratio of very old ores such as the Broken Hill ore 
(formed 1.6–1.8 billion years ago, and recently used in European leaded petrol), with 206Pb/207Pb = 1.05–1.126–28  
whilst younger ores (most Jurassic to Miocene ores) fall within the range 206Pb/207Pb = 1.18–1.2529. This is 
because when ores form, their Pb isotope ratios reflect their crustal source, a reservoir whose Pb isotopic ratios 
increase slowly with time due to the radioactive decay of U and Th. After ore formation, no radiogenic growth 
occurs because the ores contain little or no U or Th. Thus, the Pb isotopic ratios remain identical to the crustal 
composition at time of ore formation30,31.

Crucially for archaeometallurgical inferences, the Pb isotopic ratios are not severely altered by physical or 
chemical fractionation processes during ore processing, smelting, and casting, although some minor variations 
may occur32. Therefore it can be assumed the Pb isotope values of the pollution-related Pb are very similar to 
those of the parent ore bodies33. As such, precise isotopic ratios may be used to ‘link’ Pb deposited in a substrate 
(e.g. bogs, lakes, ice) to a certain ore4,33. It has been demonstrated that records of Pb concentration from sedi-
mentary archives such as peat bogs, lake sediments and ice cores may retain the isotopic signature of the original 
source of Pb, since once deposited within such environments, Pb is largely immobile34. Such work has clearly 
indicated the impact of metal pollution from both local sources35, and long range atmospheric transport9,10,14 
through time. However, the signal recorded within a bog or lake represents a mixture of many local, regional and 
extraregional inputs, including contribution from natural sources (dust, biomass burning, volcanoes, etc) and 
disentangling these has proven challenging36.

Moreover, without a modelling component in interpreting Pb records from sedimentary archives, typ-
ical approaches may only be used to indicate likely sources, rather than infer quantitative apportionments. 
Traditionally, interpretation of Pb isotopic ratios is performed via a 3-isotope, or 4-isotope plots (see Fig. 1a), 
and comparing the location of the sink mixture data (the isotope signal recorded within the archive) to the 
isotopic signatures of known sources. Attempts have been made to model this sink mixture as a way of quan-
titatively assessing the relationships between the Pb recorded within a sediment and its source37,38. Until now 
however, Pb isotope mixing models have generally been limited to considering either two37,39,40 or three38 
potential sources. This approach is adequate in a very well determined system, where only a few possible 
sources may be considered, or only a couple of broad sources are of interest37,39. This approach allows identi-
fication of very general source inputs, such as anthropogenic vs lithogenic Pb. Other studies have been able to 
distinguish petrol-derived Pb41, or local ore-derived Pb from other anthropogenic sources42, but the lack of 
further source consideration precludes defined provenance of such Pb to an ore body or mining region in a 
complex mixture37. This is due to the limitations related to the models and the Pb isotope systems themselves, 
where generally only two or three isotope ratios (n) are interpreted, and thus limiting such models to n + 1 
sources. These types of models, therefore, may be useful in a general overview, but the complexity of potential 
Pb inputs, particularly in an anthropogenically polluted world, cause such approaches to be likely oversimpli-
fications, with only limited conclusions possible37.

In the field of biology, mixing models have long been used to apportion large numbers of prey sources within, 
for example, a predator’s diet43–45, from stable isotope compositions using mixing models such as IsoSource46 and 
MixSIAR47,48. When IsoSource was developed, an initial attempt to apply it to pollution sourcing via Pb isotopes 
was made46. However, to our knowledge, little further work to further apply this method to the field has been 
done49, likely due to diffuse and poorly constrained outcome sources. Other approaches to Pb isotope modelling 
have been applied, with Euclidean distance calculation used to determine potential source(s) for archaeological 
artefacts50,51. This method, however, simply indicates the most likely ore fields (or specific mines) within a specific 
database.

Application of more complex models to Pb isotope tracing, therefore, could provide a novel approach to 
source apportionment, with potentially a better understanding of past pollution input than might be achieved 
solely through 3-isotope graphing or Euclidean distance modelling. In practice, this may be able to produce more 
reliable tracing of Pb in the environment, because far more potential sources can be considered, and less simpli-
fication of the system is necessary. This approach could be applied to the interpretation of indirect records (such 
as from peat, lake sediments, ice) of historical pollution, modern pollution, and even the origin of metal used in 
archaeological artefacts.

Here we propose a new approach, using a number of real-world examples. First we outline the principles, 
using a pair of theoretical models. We then apply the method to pre-anthropogenic samples from a peat bog 
in North-western Spain52 to track the changing influence of Saharan dust on the Pb isotope ratio. A second 
real-world example utilises data from the same site but from a period of heavy pollution (namely the Roman 
period) to trace likely ore sources of Pb deposited within the bog. Finally, we exploit the ability of the model 
to consider a very large number of sources, and investigate the origin of Pb in a litharge roll discovered within 
ancient mining works in Rosia Montana mine, Romania, and dating back to the Roman period53.

Materials and Methods
Mixing Models.  As the focus of the study is on the application of complex mixing models to Pb isotopes 
from bulk sediment samples and artefacts, we do not outline the theory behind simple binary, or ternary mixing 
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approaches30,37,38. For disentangling multiple sources we considered two possible approaches: 1) IsoSource, a mass 
balance-based multi-source mixing model46 and 2) MixSIAR47, the latest iteration of a series of Bayesian mixing 
models48,54.

Figure 1.  Theoretical examples. Figure displays input (a) in the form of convex hulls; three panels, each 
displaying a three-isotope plot with the corresponding sources and mixtures to be modelled. Dashed black lines 
have been added to outline the mixing envelope, as defined by the mean values for each source (black circles). 
Also displayed are mixtures which fall within the envelope blue crosses) and one which does not (pink circles). 
Panel (b) displays the output from mixing envelope modelling, and the probability of each sample falling 
within the mixing envelope (%). (c) Is an example posterior density graph as output by MixSIAR, here from 
the model of mixture 2. Each field corresponds to the probability of a given source to provide the Pb present in 
the mixture. (d) Is the overall output of all four mixtures modelled in this example. In each case, the rectangle 
indicates the range of outputs, with the upper and lower bounds signifying the 2.5% and 97.5% credible 
intervals. (e) Displays convex hulls of theoretical example 2. Black circles denote the sources used to model the 
mixture (blue cross).
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IsoSource examines all possible source contribution configurations, at user-defined intervals (e.g. 1%). These 
calculations rely upon the following equations, expressed below for a configuration with one isotope system and 
three sources:

= + +X f X f X f X (1)M A A B B C C

= + +f f f1 (2)A B C

where:
X = Isotopic signature of the mixture (M) or sources (A,B,C).
fA, fB, fC = Proportion of Pb from each source.
XA, XB, XC = Source isotopic signatures.
This is an underdetermined system containing three unknowns and two equations, with no unique solu-

tion46. However, the predicted mixture signature for each source combination can be compared to the observed 
mixture signature; if it matches, then mass balance is achieved and that source combination is a feasible solu-
tion. Because combinations can only be examined in discrete steps, a small tolerance for deviation from exact 
matches is allowed46. These equations make interpretation of datasets with n isotope systems and more than n + 1 
sources possible45,46,49. Outputs are generally presented as range values, to ensure that all potential combinations 
are reported45.

IsoSource may provide valuable model output, and prior to development of Bayesian isotopic mixing mod-
els, it was the main approach for food web studies55. However, IsoSource uses only mean isotopic signatures for 
sources and mixtures and does not directly account for variability in source and mixture ratios, including sam-
pling and measurement errors. Because ore bodies are typically heterogeneous, ascribing a single value is a sim-
plification. Complex models have recently been developed which do incorporate these uncertainties within the 
framework of rigorous Bayesian statistics, utilising the same basic principles as outlined in equations 1 and 248. 
Put simply, this approach allows the user to incorporate prior information about the system, including analytical 
error and source heterogeneity, and using a natural distribution (i.e., Dirichlet distribution56) allows the model to 
develop solutions, in terms of percentage contributions which sum to unity. The Dirichlet-defined distribution 
is intentionally vague, allowing for the model to be driven primarily by the data input by the user. Model fits are 
developed via many Markov Chain Monte Carlo (MCMC) simulations, which produce simulations of plausible 
source proportions based upon the data, and probability densities. Any mixtures not probabilistically consistent 
with the data are discarded, and mixtures developed at the end of the run are required to be close to the early ones 
in terms of proportion, causing a Markov chain to be converged48. These, when combined with the prior infor-
mation (e.g. results of previous studies if available) produce posterior distributions which are true probability 
distributions for each source48.

Models built around a Bayesian approach include MixSIAR47, which is a combination of MixSIR54 and SIAR48, 
as well as FRUITS57, IsotopeR58, and others, which are slightly varied approaches to the same problem. Here we 
propose an approach for applying a state-of-the-art Bayesian stable isotope mixing model (MixSIAR) to pollution 
sourcing and artefact tracing via Pb isotopes. “MixSIAR” is a package which runs in the R framework. Details 
on downloading and setting up the package may be found at https://cran.r-project.org/web/packages/MixSIAR/
index.html.

Outline of the approach, with two theoretical applications.  Pre-Modelling Preparation.  Prior to 
attempting data modelling, the user must ensure that all potential sources (mining regions active or probably 
active during the period of study, active smelters, potential natural Pb sources) that may have contributed to the 
Pb isotope signal at the study site are considered in the analysis. It should be noted that for pollution or archaeo-
logical applications, the approach is likely complicated by the fact that potential sources will have changed over 
time, or that ores once actively mined may have been exhausted. When developing source lists, all potential 
sources (with sufficient data available) must be considered, regardless of locality, due to the reality of long-range 
transport of Pb14,59. Further, for pollution tracing of sediment samples, a local ‘natural’ Pb isotope signal should be 
introduced to the model, to ensure any such local input (e.g. erosion products) of Pb is considered.

All data must be collated, and a database of all signatures prepared. As previously suggested, Pb isotope ratios 
relative to 204Pb should be used (i.e. 208Pb/204Pb, 207Pb/204Pb and 206Pb/204Pb). This allows for as much of the possi-
ble variability in the isotopic signature to be considered during the modelling, and because each isotope originates 
from a different decay chain23, a degree of independence between the three ratios. If several analyses are available 
for the same site, these data should be averaged before standard deviations are calculated. This allows for errors 
related to either measurement uncertainty or source heterogeneity to be incorporated into the model.

Because MixSIAR uses standard deviations and means to develop models, multivariate normal distributions 
of the isotopic compositions of ores are assumed. Previous work appears to suggest this is not necessarily the 
case60,61. This is typically ascribed to the complex origins of most ore bodies, in some cases with multiple deposi-
tional phases of Pb or polymetallic (Pb containing) ores at the same site common, resulting in multimodal distri-
butions and a degree of kurtosis. However, it has been argued such multimodal distributions may, when enough 
data are presented, still be representative of multivariate normal (MVN), as multiple depositional events may 
even one another out, averaging the data62. Discussion of this point may be disputable as all such studies investi-
gated the behaviour of the 3-dimensional mixing space developed between the ratios 206Pb/204Pb, 207Pb/206Pb and 
208Pb/206Pb, and we encourage modelling of the envelope of isotopes normalised to 204Pb (208Pb/204Pb, 207Pb/204Pb 
and 206Pb/204Pb).

https://cran.r-project.org/web/packages/MixSIAR/index.html
https://cran.r-project.org/web/packages/MixSIAR/index.html
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To determine the distribution of the ore bodies considered here, and to ensure MiXSIAR is an appropriate 
approach, we have performed a number of tests investigating the nature of their isotopic distributions. First, using 
univariate Shapiro-Wilk and Kolmogorov-Smirnov tests, we determine the normality of each isotope ratio in each 
field individually, prior to investigation of MVN of the three-ratio system via further tests (Mardia, Henze-Zirkler 
and Royston). All univariate analysis was performed on SPSS 22, and multivariate analysis using the package 
“MVN” in R63.

Results (see Table 1) indicate normality is typical for the distributions of 206Pb/204Pb (78% of ore bodies), 
207Pb/204Pb (82%) and 208Pb/204Pb (69%). MVN examinations (Table 2) indicate most ore bodies may be con-
sidered MVN via at least one of the tests (78%), with smaller databases (e.g. Apuseni Porphyry, Mazarron and 
Oberlausitz) more likely to be MVN, but with larger databases also displaying MVN (e.g. Almeria, Gaul and 
Valsugana VMS). Notably, some complex and heterogeneous ore bodies (e.g. Apuseni Epithermal), are not MVN, 
indicating multiple mineralization phases, as observed at Rosia Montana, part of the Apuseni Epithermal ore 
body53, do not even out the isotope distribution range. The MVN distribution of a majority of ore bodies, and 
the uncertain nature of a number more appear to indicate an approach, which assumes MVN may be applicable. 
Crucially, the outcomes from these tests are inconclusive, neither proving nor disproving categorically an MVN 
nature of lead isotopes. As a result, an approach, which applies means and SDs appears the simplest and most 
appropriate target for such analyses.

Consequently, grouping, one of the most important parts of this analysis, should be approached robustly 
and can be done a priori, or a posteriori64. A priori grouping should be carried out to align sources (prior to the 
analysis), which are very similar in isotopic signature, or are all from the same ore field, but ensuring any MVN 
is not lost. Significance tests65 may be performed, to ensure that the groups are significantly different. If not, they 
should be grouped together.

Pre-Run Checks.  Prior to running the model, checks must be performed to ensure the data for the 
unknown mixture fall within the mixing envelope46 as determined via the sources identified. Due to the nature 
of MixSIAR47 results are produced even when these are not realistic. The mixing envelope can be visualized 
in each 2-dimensional cross-section of the isotope space (see Fig. 1a). To be explained as simple mixtures of 
these sources, mixtures must fall within the space defined by the various sources. If they do not, then it must be 

Univariate Normality Tests

Shapiro-Wilk Kolmogorov-Smirnov

206Pb/204Pb 207Pb/204Pb 208Pb/204Pb 206Pb/204Pb 207Pb/204Pb 208Pb/204Pb

Field n W p-value W p-value W p-value W p-value W p-value W p-value

Almeria 23 0.9198 0.0752 0.909 0.451 0.8924 0.021 0.1557 0.179 0.1906 0.0365 0.193 0.0323

Andalusia 11 0.6362 0.0001 0.9203 0.3591 0.9803 0.9666 0.4103 0 0.1584 0.6786 0.1523 0.7347

Apuseni Epithermal 40 0.9594 0.1709 0.7428 0 0.755 0 0.1291 0.0999 0.2542 0 0.2528 0

Apuseni Porphyry 7 0.9539 0.772 0.9176 0.488 0.9508 0.7466 0.1667 0.8668 0.2432 0.323 0.1918 0.6991

Bohemia 11 0.5587 0 0.7152 0.0013 0.6864 0.0006 0.4654 0 0.3388 0.0018 0.3933 0.0001

Central Erzgebirge 12 0.957 0.7344 0.8987 0.1783 0.915 0.2794 0.1321 0.8541 0.1991 0.2581 0.17777 0.4297

Dobrogea* 5 0.8024 0.1065 0.7881 0.0826 0.8 0.1022 n/a n/a n/a n/a n/a n/a

Eastern Erzgebirge 14 0.6506 0.0002 0.7722 0.0032 0.588 0.0001 0.3206 0.0007 0.2686 0.011 0.3103 0.0013

Gaul 32 0.9562 0.2315 0.988 0.9745 0.8369 0.0003 0.1081 0.4708 0.107 0.4866 0.258 0

Huelva 10 0.9581 0.7784 0.9722 0.9132 0.9583 0.7806 0.196 0.4082 0.1643 0.6896 0.1413 0.8702

Ibias 6 0.9014 0.4176 0.908 0.4555 0.9057 0.4424 0.2337 0.4923 0.3 0.146 0.2061 0.6911

Leonese Zone 8 0.9263 0.5198 0.5252 0 0.9058 0.3678 0.2084 0.4736 0.4746 0 0.2499 0.2062

Mazarron 7 0.9039 0.3973 0.9698 0.891 0.9462 0.7097 0.2089 0.5668 0.186 0.7423 0.2333 0.3869

Northern Erzgebirge 6 0.886 0.3374 0.8532 0.2049 0.9134 0.4884 0.3296 0.0802 0.2802 0.2204 0.3 0.416

Oberlausitz* 5 0.8311 0.1707 0.8965 0.4141 0.9713 0.8497 n/a n/a n/a n/a n/a n/a

Panagyurishte 17 0.7621 0.0009 0.9299 0.2431 0.9339 0.2811 0.3007 0.0004 0.1303 0.6623 0.1789 0.186

Reocin 11 0.9551 0.7294 0.9485 0.6504 0.9622 0.8103 0.1463 0.7877 0.148 0.7733 0.1414 0.8259

Shropshire 12 0.9288 0.3984 0.8671 0.0711 0.8109 0.0131 0.1712 0.4898 0.2363 0.0868 0.2863 0.0121

Slovakia* 5 0.925 0.5653 0.9779 0.8898 0.8647 0.2772 n/a n/a n/a n/a n/a n/a

Suior, Baia Sprie, Cavnic, 
Herja 20 0.915 0.081 0.973 0.811 0.953 0.423 0.176 0.105 0.091 0.2 0.194 0.047

Valsugana VMS 24 0.9125 0.0561 0.9383 0.1655 0.9621 0.5078 0.1769 0.0602 0.2045 0.0135 0.1317 0.3784

Vogtland 11 0.9128 0.3004 0.8804 0.1319 0.9371 0.5213 0.1654 0.6121 0.2364 0.1167 0.218 0.1951

Western Balkans 15 0.7901 0.0038 0.9685 0.8563 0.9539 0.6224 0.2939 0.0018 0.1453 0.586 0.1542 0.4887

Table 1.  Univariate normality tests for all ore bodies used to construct models in this work. For both Shapiro-
Wilk and Kolmogorov-Smirnov tests, W indicates the associated test statistic, whilst the p-value indicates the 
significance of this statistic. Those highlighted in bold and italicised are significant at 5%, indicative of a normal 
distribution. Raw data may be found in Tables SI 1–3. *Insufficient data points for Kolmogorov-Smirnov test.
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considered that there is an issue in the working hypotheses: either errors during measurement, or a significant 
source of Pb has been overlooked in the analysis46. Because Bayesian modelling incorporates uncertainties (in this 
case means and standard deviations), a further Bayesian modelling tool may be used to ascertain exactly which 
samples fall within the mixing polygon66. From this further model, any samples which fall within the polygon in 
<5% of iterations should be discarded. Further, if a significant number are not constrained within the polygon, 
this is an indication the model being applied is not correct and should be reconsidered. An instance of this issue 
may be observed from the example in Fig. 1a, where one sample (shown by a red cross) falls outside the desig-
nated potential sources. Model results confirm this (Fig. 1b), indicating there is 0% chance of the sample falling 
within the polygon, and therefore it is not interpreted.

Post-Run Checks.  Once all the preparation steps have been completed, the model employs during its run 
Markov Chain Monte Carlo (MCMC) statistics, which investigate probability distributions for variables (in this 
example the proportion of Pb originating from each source). From these ‘posterior’ distributions (see Fig. 1c), 
descriptive statistics including mean, standard deviation and range may be produced. It must be noted such out-
puts are only indicative of proportion of Pb from each source.

To ensure meaningful results, the MCMC chains must be long enough for convergence to be achieved. 
Convergence of the data may be checked via two diagnostics post-run: Gelman-Rubin and Gewecke tests47,65. 
The Gelman-Rubin test requires at least 1 chain, and values will be near 1 at convergence, therefore high values 
indicate non-convergence. The Gewecke test compares the two halves of the MCMC chain and develops z-scores 
to determine convergence. High z-scores are an immediate indicator of non-convergence, and so a longer run 
must be performed47.

In practice, with many sources and three isotope ratios, MixSIAR generally must be set to either ‘long’ or ‘very 
long’ MCMC chains to achieve satisfactory convergence. However, this may vary, and so it is a valuable exercise 
checking the post-run diagnostics, and in running the model at various lengths. For all models discussed here, 
‘long’ or ‘very long’ MCMC chains have been run.

Multivariate Normality Tests

Mardia Henze-Zirkler Royston

Field n g1p
p-value 
(skewness) g2p

p-value 
(kurtosis)

p-value (small 
sample skewness) HZ p-value H p-value

Almeria 23 7.0921 0.0037 14.1732 0.7233 0.0004 1.6457 0 7.4357 0.0591

Andalusia 11 4.7755 0.6328 11.3022 0.2858 0.2864 0.719 0.0643 7.8207 0.0172

Apuseni Epithermal 40 6.3177 0 19.3634 0.0129 0 3.5644 0 29.558 0

Apuseni Porphyry 7 5.5074 0.8548 10.9011 0.3594 0.3966 0.482 0.3388 0.278 0.9197

Bohemia 11 8.1672 0.1914 15.1959 0.9549 0.0249 1.0391 0.0016 16.6741 0.0001

Central Erzgebirge 12 5.2404 0.4756 13.2149 0.5889 0.1741 0.7034 0.0857 2.2641 0.3388

Dobrogea 5 6 0.9473 9 0.2733 0.4405 0.4185 0.3934 0.966 0.1475

Eastern Erzgebirge 14 13.8406 0.0009 20.5215 0.0691 0 1.2063 0.0003 25.26228 0

Gaul 32 2.7223 0.17 13.2911 0.3851 0.0945 1.3579 0.0002 14.959 0.0019

Huelva 10 7.8091 0.3046 14.5425 0.9003 0.0589 0.7343 0.0572 0.0555 0.9845

Ibias 6 6.7523 0.8456 10.5542 0.3641 0.2848 0.4541 0.3599 0.5281 0.6308

Leonese Zone 8 11.74429 0.187 15.2725 0.9475 0.0074 1.1164 0.0003 14.3898 0.0024

Mazarron 7 5.2806 0.8717 10.5677 0.3216 0.4334 0.4279 0.5085 0.4688 0.8655

Northern Erzgebirge 6 6.6793 0.8503 10.4113 0.3489 0.2935 0.4902 0.2626 1.4126 0.4675

Oberlausitz 5 6 0.9473 9 0.2733 0.4405 0.4185 0.3935 1.7835 0.6483

Panagyurishte 17 4.2847 0.3253 15.01265 0.9963 0.1365 1.1477 0.001 13.9998 0.0592

Reocin 11 2.3708 0.9495 11.076 0.2573 0.8196 0.4702 0.5462 0.168 0.9151

Shropshire 12 4.9576 0.5237 13.0204 0.5489 0.2116 0.815 0.0262 8.3212 0.0288

Slovakia 5 6 0.9473 9 0.2733 0.4405 0.4185 0.3934 0.4844 0.7198

Suior, Baia Sprie, 
Cavnic, Herja 20 9.6058 0.0007 20.6344 0.0249 0 1.3159 0.0001 3.8071 0.1813

Valsugana VMS 24 2.5574 0.4579 12.5389 0.2813 0.2972 1.4892 0 3.4752 0.1304

Vogtland 11 3.3178 0.8531 10.1964 0.1655 0.5973 0.7298 0.0575 1.4207 0.2795

Western Balkans 15 8.9698 0.0216 18.6692 0.2101 0.0017 1.0834 0.0017 7.8609 0.0512

Table 2.  Multivariate normality (MVN) tests results for each ore body mentioned in this work. Three tests 
(Mardia, Henze-Zirkler and Royston) are presented. For Mardia’s multivariate normal test, g1p is the statistic of 
skewness and g2p the statistic of kurtosis, and p-values indicate the significance of these values. Also presented 
is the p-value of small sample skewness, a further significance value, developed using empirical critical values 
for small sample sizes (n < 5087). For both Henze-Zirkler and Royston tests only a single statistic is presented, 
HZ and H, respectively. All p-values significant at 5% are in bold and italicised, indicating multivariate normal 
distribution for that ore body.
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A Posteriori Grouping.  When only a small number of well-constrained sources are considered, valuable 
results may be derived from the raw model outputs (Fig. 1d). However, Pb isotope modelling generally consid-
ers many sources, and often the output from a model run could be insufficiently well-defined, sometimes with 
few clear major contributors. In the second theoretical example (Fig. 1e, Table 3) this is true, with most sources 
contributing less than 5%, and those with high contributions showing large ranges (e.g. Source 8, Table 3). At 
this point, we suggest further grouping a posteriori65. This combines raw contribution results in order to produce 
better-constrained relative contributions, but at the expense of specificity within sources. In practice, this means 
a user will not be able to discern between ore bodies but will be able to indicate more reliably which groups of ore 
bodies (or major mining regions) are major contributors. As with a priori grouping, this should be performed on 
groups which are isotopically similar or are located close to each other, allowing for meaningful conclusions to be 
drawn, despite the simplification this approach causes.

To display the value of such an approach we have performed a posteriori analysis, combining sources which 
are isotopically similar, for minimising the number of possible end-members (see Table 3). For each possible mix-
ture, all sources to be grouped should be summed for each individual solution64. In this way, a new distribution is 
created for the proportional contributions of the combined sources. The combination of sources 2, 11, 12, 13 and 
15 in our theoretical example displays this (Table 4), with the contribution of this grouped source now observa-
ble, where before either the sources did not appear to contribute much to the mixture (e.g. Source 3 in Table 3) 
or displayed large possible ranges (e.g. Source 8 in Table 3). This approach has its advantages in clarifying broad 
source areas but it does remove some of the certainty to the approach requiring grouping which at times erases 
distinct sources. Nevertheless, without grouping, it may be difficult to say that any sources provided meaningful 
contributions to the Pb isotope signature, and so a posteriori grouping is a valuable tool when interpreting data 
which initially appears unconstrained.

This data, once produced, should be presented either as it is here, in table form (e.g. Table 3) and via figures 
(e.g. Fig. 1d), but always outlining the entire range of results65, and not simply the mean.

Availability of materials and data.  All lead isotope data used in this study were published previously 
and are summarized in tables in Supplementary Information. The model results generated during the current 
study are available from the corresponding author on request. The tool to allow for Bayesian modelling of a mix-
ing envelope is an R code and can be downloaded from http://www.famer.unsw.edu.au/software/polygon.html. 

Raw Output Mean (%) 2.5% 97.5%

Source 1 0.8 0.01 2.46

Source 2 0.8 0.01 2.81

Source 3 2.7 0.03 10.15

Source 4 1.8 0.02 5.31

Source 5 3.9 0.29 12.55

Source 6 2.9 0.14 11.42

Source 7 2.5 0.1 6.64

Source 8 48.5 4.59 63.78

Source 9 12.6 2.01 59.13

Source 10 1.5 0.11 5.54

Source 11 1.2 0.04 4.18

Source 12 1.1 0.01 3.87

Source 13 0.9 0.02 3.22

Source 14 17.8 2.15 28.74

Source 15 1.2 0.03 4.21

Table 3.  Model outputs from theoretical example 2, displaying the raw MixSIAR output. Mean values (in %) are 
displayed alongside the 95% credible intervals for each model.

A posteriori 
grouping

Sources 
Grouped Mean (%) 2.5% 97.5%

Group 1 2, 11, 12, 13, 15 5.08 1.9 9.81

Group 2 3, 8, 9, 10 65.25 57.85 76.91

Group 3 4, 7 4.32 1.08 7.76

Group 4 5, 14 21.65 8.35 29.94

Group 5 1 0.8 0.01 2.46

Group 6 6 2.9 0.14 11.42

Table 4.  Model output from theoretical example 2, indicating output after grouping a posteriori. Mean values 
(in %) are displayed alongside the 95% credible intervals for each model.

http://www.famer.unsw.edu.au/software/polygon.html
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The MixSIAR model is an R package, which may be downloaded from https://cran.r-project.org/web/packages/
MixSIAR/index.html.

Results and Discussion
Example 1: Pre-Anthropogenic Dust Sourcing.  Due to the prevalence of anthropogenic Pb in the bio-
geochemical system since the inception of metallurgy, Pb isotopes are an imperfect tracer of natural fluxes dur-
ing the recent past67. However, because of the ability of Pb isotopes to record source signatures, they have been 
applied to dust tracking studies68. Using a selection of natural geogenic sources, we attempt to indicate the source 
of pre-human Pb in the geochemical cycle within Penido Vello (PVO, Fig. 2), a peat bog in north-west Spain52, 
for the period 5000–1300 BCE.

Using sources determined in the original publication (local rock, local soil52 and a Saharan dust value69, with 
the authors assuming negligible anthropogenic input), we have modelled the mixing envelope, indicating only a 
small number of samples fall inside (Fig. 3a,b). Moreover, a large number of samples (76%) fall a long way from 
the envelope, due to at least two unconsidered sources (Fig. 3a). As such, by estimating what the composition of 
these sources must be, and then comparing with published data from plausible sources, we determine two further 
inputs to the PVO site. The first of these, as speculated by the original publication, appears a volcanic input from 
the Azores, whilst the second is indicative of a loess-derived input. For demonstration purposes we use a value 
from a loess field in northern France to represent this source70, and data from a selection of lava and ash analysed 
in the Azores71–73. Modelling of the mixing space now indicates the majority of mixtures fall within (Fig. 3a,c), 
and so we have proceeded to model the relative inputs of the five sources. Since only five potential sources are 
considered, no grouping has been performed a priori (SI Table 1).

Using this new five-source model, a number of conclusions may be drawn. Samples appear to show periodic 
influx of Saharan dust into the site, with two main periods of higher (>15%) Saharan Pb proportions (3300–2800 
BCE and 2100–1300 BCE) corresponding well with the original interpretation, where simple distance-based 
modelling indicated clear Saharan input midway (3300–2800 BCE)52. Outside of these time periods, the Pb iso-
tope signal appears to be related to geogenic weathering, with local rock and soil the major Pb contributors 
throughout (Fig. 3d). A decreasing trend throughout the whole period for local rock (Fig. 3d) and increasing 
local soil proportions (Fig. 4c) appears indicative of local soil erosion related to farming and agriculture, with an 
increase in intensity throughout the time period, echoing evidence from pollen records74. The ability of our model 
to indicate a volcanic influence on the site is clear, with regular pulses in Azore-derived Pb (Fig. 3d).

Figure 2.  Map of western Europe displaying mining regions used to model contributions to Penido Vello bog 
(blue circle).

https://cran.r-project.org/web/packages/MixSIAR/index.html
https://cran.r-project.org/web/packages/MixSIAR/index.html
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Figure 3.  Convex hulls (a) from pre-anthropogenic dust tracing. Black circles denote sources used to 
reconstruct valid substrate mixtures from Penido Vello between 5000–1200 BCE52. Mixing envelopes as defined 
by the original publication are marked with solid black lines, whilst additional sources as suggested here result 
in mixing envelopes denoted by black dashed lines. Samples which fall within the convex hulls are marked 
in blue whilst those which fall outside one or more are pink, and have not been modelled. (b) Displays the 
output from the envelope mixing model using the original publications, (c) with additional sources. (d) Is the 
model output from the valid mixtures, displaying changing source contributions to the Pb contained within 
the mixture. In each case, the rectangle indicates the range of model outputs, with the upper and lower bounds 
signifying the 2.5% and 97.5% credible intervals, while black lines trace the mean value.
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Figure 4.  Convex hulls (a–c) from Penido Vello bog during the Roman period. As in a, black circles denote 
sources, with each labelled in panel 5e. Panel 5d displays the output from mixing envelope modelling, indicating 
all samples fall within the mixing space, and so there are no red crosses on panels 4a–c. 4 f is the model output 
from Penido Vello between 600 BCE and 550 CE. Red rectangles correspond to a posteriori grouping of all 
anthropogenic sources, while yellow rectangles are the modelled contribution for Pb from natural sources. 
Rectangles indicate upper and lower bounds as in Fig. 3, with black lines indicating the mean. Also shown (blue 
line) are the raw reported Pb concentrations for the core throughout this period52.
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Example 2: Pollution Sourcing from Environmental Archives.  The Roman period in Iberia was char-
acterized by intense exploitation of natural resources. To disentangle the complex signals pertaining to possible 
anthropogenic sources of Pb to PVO during this period, we use a selection of potential sources (See SI Table 2), 
including a natural pre-pollution aerosol value, as determined by the authors52. Here, no a priori grouping was 
performed prior to modelling. Again, the location of the samples in the mixing envelope has been indicated 
graphically (Fig. 4a–c), and via a model (Fig. 4d), confirming all samples fall within the mixing envelope.

The first main point of interest is the changing contribution of natural (as represented by pre-pollution aero-
sol) and anthropogenic (the remainder) sources (Fig. 4f). Early in the period, the anthropogenic sources (all ore 
bodies) make up ~60% of the Pb, prior to increasing values over the period 350–200 BCE, before plateauing at 
roughly 90% between 100 BCE–150 CE (Fig. 4f). When compared to conclusions from the original publication, 
our data suggests a much higher proportion of Pb from anthropogenic sources, perhaps indicative of a previous 
underestimation of metal production. These values reflect the development and decline of the Roman metal 
industry, from the acquisition of Hispania during the Punic wars by 146 BCE75, through their exploitation, to 
the combined pressure of source exhaustion2 and repeated invasions of Hispania from 170 CE onwards76. The 
coherence of the modelled record with the raw Pb concentration data (Fig. 4f) indicates that much of the Pb 
deposited during this time period was anthropogenic, indicating values of ~90% for the anthropogenic fraction 
seem sensible.

Unfortunately, due to overlapping fields, many of the modelled ore-related proportion distributions are 
unconstrained. Some conclusions are still possible, with contributions from Almeria, Andalusia, Mazarron and 
Cartagena (after a posteriori grouping as south-west Spain), Huelva and the Leonese Zone peaking after the 
Punic wars (roughly 200 BCE), and falling away by 200 CE (Fig. 5), reflecting the developmental trend indi-
cated by overall anthropogenic proportion changes (Fig. 5). Reocin (of the Basque-Cantabrian basin in Northern 
Spain) appears to peak just slightly before the Roman invasion (275 BCE), suggesting exploitation by the Iron Age 
Iberian cultures. Further exploitation of Reocin through the remainder of the period corroborates previous indi-
cations of mineral resource exploitation in the region during the Roman period77,78, evidence for which has been 
destroyed by more recent utilisation. Such conclusions indicate the value of such a modelling approach, allowing 
the user to interpret provenance in much finer detail, tracing pollution back to exact ore fields.

Interestingly, and previously unconsidered by the original publication, mining outside of Spain appears to 
have also had an impact on the isotopic mixture recorded here, with the contribution of the Mendip hills and 
Shropshire (grouped as England) appearing to change from very low contribution values at the start of the period, 
gradually rising after 10 CE, peaking by 150 CE and dropping off after 250 CE (Fig. 5). Such a profile reflects the 
well-constrained history of British lead mining, with evidence of mining in the Mendips from c.49 CE79, prior to 
considerable fluctuations in lead production throughout the period of Roman rule80.

Example 3: Modelling of Artefact Provenance.  Another potential application of MixSIAR and isotope 
mixing is the interpretation of the Pb isotope signal as recorded in individual metal artefacts. Determining the 
provenance of metal artefacts is of crucial importance in archaeology, and Pb isotopes have previously been 
used to this end in several studies50,81,82. Here we apply MixSIAR, in much the same way as done above, to the Pb 

Figure 5.  Model output from Penido Vello between 600 BCE and 550 CE, displaying the contribution of 
selected mining regions to the Pb mixture recorded in the sediments through this period. Again, rectangles 
indicate upper and lower bounds as in Fig. 3, with black lines indicating the mean.



www.nature.com/scientificreports/

1 2SCIENtIfIC REPorTs |  (2018) 8:6154  | DOI:10.1038/s41598-018-24474-0

isotope mixture of a litharge roll recovered from a Roman-age mining site in Romania53. To determine source 
contributions quantitatively, a dataset of potential sources has been assembled (SI Table 3, Fig. 6).

Due to the large number of sources, initial results indicate a wide range of potential origins for the Pb, but 
with Moldova Nouă ore field apparently the clearest single source (Table 5). To interpret the data more clearly, a 

Figure 6.  (a) Map of eastern Europe outlining the location of the Romanian artefact (Litharge roll, black circle). 
Also displayed are all mining regions modelled to understand the provenance of the Pb within the artefact. (b) 
displays convex hulls for modelling the litharge roll, Romania. As before, black circles reflect the sources used 
to reconstruct possible sources of Pb, whilst the green cross indicates the isotope composition of the modelled 
artefact.
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posteriori grouping has been performed. Here, sources have generally been grouped by proximity (e.g. Baia Mare 
fields, and German fields), with others grouped by mineralisation and similar isotopic signature. An example of 
this is the inclusion of Apuseni Volcanogenic Massive Sulphides with other ores from the same mineralisation 
belt; the Banat Metallogenic Province83 such as Moldova Nouă and Majdanpek (Table 6, Fig. 6).

After grouping sources as listed in Table 6, it can be stated that most Pb present in the artefact comes from the 
Banatites (average of nearly 50%) whilst Baia Mare Pb appears to constitute much of the remainder. Interestingly, 
the Apuseni group, which contains the Rosia Montana deposit where the litharge roll was discovered, does not 
contribute significantly (Table 6). This is very much in line with the conclusions reached in the original publica-
tion53, who suggested that the Pb present in the litharge roll was not from the Apuseni Mountains. Our model 
appears to suggest a Banat source as dominant, and within that, Moldova Nouă as the most likely mining field. 
Moldova Nouă, and its porphyry copper deposits84 has been exploited since Roman times, when Au and Ag were 
extracted from base metal ores85, with the typical method exploiting the chemical properties of litharge to bring 
the noble metals into the lead prior to further separation53,86.

It must be mentioned here that artefacts are much more likely to be composed of a one (or more) Pb ore 
source(s), in this case likely the Moldova Nouă ore field. The nature of the model, however is that it considers contri-
butions from all sources to satisfy the mass balance, and therefore all sources may have a contribution, even when, as 
it appears here, the actual source is one ore field. As such, we suggest caution when interpreting such outputs. When 
one field dominates as it does here, we suggest that the user interprets this as a single, dominant source, and does not 
over-interpret other contributions. A posteriori grouping may be helpful at this point, as it is in this example, where 
the combination with other Banatitic ores leads to the clear domination of this signal (Table 6).

A Priori Group Mean 2.50% 97.50%

Apuseni Epithermal 3.41% 0.10% 13.39%

Apuseni Porphyry 5.54% 0.14% 19.53%

Apuseni VMS 2.90% 0.08% 10.33%

Bohemia 2.12% 0.07% 7.48%

Central Erzgebirge 1.86% 0.05% 6.41%

Dobrogea 3.14% 0.08% 11.11%

Dognecea 3.03% 0.09% 10.49%

Eastern Erzgebirge 1.83% 0.05% 6.19%

Ghezuri 3.61% 0.09% 12.38%

Ilba 4.67% 0.15% 14.61%

Majdanpek 2.95% 0.07% 10.19%

Moldova Nouă 33.09% 21.73% 41.95%

Northern Erzgebirge 1.92% 0.04% 6.51%

Oberlausitz 1.96% 0.04% 7.19%

Pangyurishte 3.26% 0.08% 11.04%

SW Spain 1 (Almeria, Andalusia, Cartagena and Mazzarron) 2.91% 0.10% 10.71%

SW Spain 2 (Huelva) 2.22% 0.07% 7.60%

Săsar 3.64% 0.10% 12.12%

Slovakia 3.51% 0.08% 11.67%

Other Baia Mare 4.45% 0.14% 14.59%

Valsugana VMS (Eastern Alps) 1.37% 0.04% 4.64%

Vogtland 1.49% 0.03% 5.17%

Western Balkans 3.33% 0.10% 11.11%

Table 5.  Raw MixSIAR results for the litharge roll. Presented here are the source names, along with their 
modelled proportion of the Pb recorded in the artefact. Data are presented here as mean values, alongside lower 
and upper bounds, signifying the modelled 95% credible intervals.

A Posteriori Group Included a priori groups Mean 2.50% 97.50%

Apuseni Apuseni Epithermal, Apuseni Porphyry 8.94% 1.14% 24.54%

Banatites Apuseni VHMS, Dognecea, Moldova Nouă, 
Majdanpek, Panagyurishte, Western Balkans 48.56% 34.38% 60.98%

Germany Bohemia, All Erzgerbirge (Central, Eastern. 
Northern), Oberlausitz, Vogtland 9.26% 3.55% 16.62%

Baia Mare Ghezuri, Ilba, Săsar, Slovakia, Other Baia Mare 19.88% 9.77% 30.76%

Spain SW Spain 1, SW Spain 2 6.92% 1.64% 16.19%

Eastern Alps Valsugana VMS (Eastern Alps) 1.37% 0.04% 4.64%

Table 6.  A posteriori grouping of raw MixSIAR results as displayed in Table 5, from the Romanian litharge roll.
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Period pollution.  One of the further advantages of MixSIAR is that it was developed to investigate popula-
tions of species, and not just individuals. As such it allows the user to analyse more than one mixture at a time and 
provide overall results for the dataset. In practice, this can allow a user not just to obtain proportions at discrete 
points in time, but to get an overall indication for an entire period. In the example used here, all mixtures have 
been run separately, and increases and decreases in certain sources may be observed. When all mixtures are run 
together, a much broader picture of pollution over a longer period may be produced. This is a faster process than 
modelling each individual mixture, and therefore may be useful for getting a better understanding of the dataset, 
or for comparing a few datasets covering a short period.

Conclusions
Bayesian mixing models, as developed for food-web studies, may be applied to work focussing on understanding 
sources of pollution as documented by Pb isotope analyses. In a system where many sources are likely, they are a 
much more realistic approximation of the real world than the simple binary or ternary mixing currently utilised 
for such studies. Furthermore, they allow for incorporation of errors, and as such provide a more complex and 
exhaustive approach.

The model results, of course, depend on the quality of the data input. As such, it is vital thorough literature 
reviews are carried out prior to any analysis, and that all potential sources are considered. This is likely to produce 
very wide range values, for many sources. An a posteriori grouping approach as done here for the Roman period 
litharge roll may be applied to clarify what are likely to be the main sources, albeit at the cost of some specificity. 
Some systems, however, will not produce reliable or clear results. If the isotopic range for sources are similar or 
overlap significantly, the model may be unable to distinguish separate inputs to the mixture. In other cases, the 
existence of unknown and uncharacterised sources may result in the mixture falling outside the mixing envelope; 
in such cases, results are meaningless. A rigorous approach to source characterisation and model parametrisation 
should rule out errors such as these. Finally, we recommend using such models in tandem with more traditional 
provenance methods (e.g. 3-isotope plotting of all data); such a dual method approach is likely to produce the 
most reliable source characterisation. The few examples outlined here indicate the value of such an approach, 
first by clearly identifying which models require the consideration of further sources, or by identifying exact ore 
regions as major contributors to a mixture.

References
	 1.	 Killick, D. & Fenn, T. Archaeometallurgy: The study of preindustrial mining and metallurgy. Annu. Rev. Anthropol. 41, 559–575 

(2012).
	 2.	 Settle, D. & Patterson, C. Lead in albacore: guide to lead pollution in Americans. Science. 207 (1980).
	 3.	 Hansson, S. V., Bindler, R. & De Vleeschouwer, F. Using peat records as natural archives of past atmospheric metal deposition in 

Environmental contaminants: Using natural archives to track sources and long-term trends of pollution (eds Blais, J. M., Rosen, M. R. 
& Smol, J. P.) 323–354, https://doi.org/10.1007/978-94-017-9541-8_12 (Springer Netherlands, 2015).

	 4.	 Komárek, M., Ettler, V., Chrastný, V. & Mihaljevič, M. Lead isotopes in environmental sciences: A review. Environ. Int. 34, 562–577 
(2008).

	 5.	 Landrigan, P. J. The worldwide problem of lead in petrol. Bull. World Heal. Organ. 80, 768 (2002).
	 6.	 Lanphear, B. P. et al. Low-level environmental lead exposure and children’s intellectual function: An international pooled analysis. 

Environ. Health Perspect. 113, 894–899 (2005).
	 7.	 Nriagu, J. O. Saturnine gout among Roman aristocrats. N. Engl. J. Med. 308, 660–663 (1983).
	 8.	 Nriagu, J. A history of global metal pollution. Science. 272, 11–12 (1996).
	 9.	 Le Roux, G. et al. Identifying the sources and timing of ancient and medieval atmospheric lead pollution in England using a peat 

profile from Lindow bog, Manchester. J. Environ. Monit. 6, 502–510 (2004).
	10.	 Shotyk, W. et al. History of atmospheric lead deposition since 12,370 14C yr BP from a peat bog, Jura Mountains, Switzerland. 

Science. 281, 1635–1640 (1998).
	11.	 Cloy, J. M. et al. A comparison of antimony and lead profiles over the past 2500 years in Flanders Moss ombrotrophic peat bog, 

Scotland. J. Environ. Monit. 7, 1137 (2005).
	12.	 Kylander, M. E., Klaminder, J., Bindler, R. & Weiss, D. J. Natural lead isotope variations in the atmosphere. Earth Planet. Sci. Lett. 

290, 44–53 (2010).
	13.	 Hong, S., Candelone, J. P., Patterson, C. C. & Boutron, C. F. Greenland ice evidence of hemispheric lead pollution two millennia ago 

by Greek and Roman civilizations. Science 265, 1841–1843 (1994).
	14.	 Rosman, K. J. R., Chisholm, W., Hong, S., Candelone, J. P. & Boutron, C. F. Lead from Carthaginian and Roman Spanish mines 

isotopically identified in Greenland ice dated from 600 B.C. to 300 A.D. Environ. Sci. Technol. 31, 3413–3416 (1997).
	15.	 Kempter, H. & Frenzel, B. The impact of early mining and smelting on the local tropospheric aerosol detected in ombrotrophic peat 

bogs in the Harz, Germany. Water. Air. Soil Pollut. 121, 93–108 (2000).
	16.	 Veron, A., Novak, M., Brizova, E. & Stepanova, M. Environmental imprints of climate changes and anthropogenic activities in the 

Ore Mountains of Bohemia (Central Europe) since 13 cal. kyr BP. The Holocene 24, 919–931 (2014).
	17.	 De Vleeschouwer, F. et al. Atmospheric lead and heavy metal pollution records from a Belgian peat bog spanning the last two 

millenia: Human impact on a regional to global scale. Sci. Total Environ. 377, 282–295 (2007).
	18.	 De Vleeschouwer, F. et al. Anthropogenic impacts in North Poland over the last 1300 years — A record of Pb, Zn, Cu, Ni and S in an 

ombrotrophic peat bog. Sci. Total Environ. 407, 5674–5684 (2009).
	19.	 Allan, M. et al. High-resolution reconstruction of atmospheric deposition of trace metals and metalloids since AD 1400 recorded by 

ombrotrophic peat cores in Hautes-Fagnes, Belgium. Environ. Pollut. 178, 381–394 (2013).
	20.	 Shotyk, W. et al. Accumulation rates and predominant atmospheric sources of natural and anthropogenic Hg and Pb on the Faroe 

Islands. Geochim. Cosmochim. Acta 69, 1–17 (2005).
	21.	 Chang, C. et al. Persistent Pb pollution in central East Antarctic snow: A retrospective assessment of sources and control policy 

implications. Environ. Sci. Technol. 50, 12138–12145 (2016).
	22.	 Audi, G., Bersillon, O., Blachot, J. & Wapstra, A. H. NUBASE: A database of nuclear and decay properties. Nucl. Phys. 729, 3–128 

(2003).
	23.	 Haynes, W. CRC Handbook of Chemistry and Physics. https://doi.org/10.1136/oem.53.7.504 (CRC Press, 2014).
	24.	 Baron, S., Tămaş, C. G. & Le Carlier, C. How mineralogy and geochemistry can improve the significance of Pb isotopes in metal 

provenance studies. Archaeometry 56, 665–680 (2014).
	25.	 Dickin, A. P. Radiogenic isotope geology. (Cambridge University Press, 1995).

http://dx.doi.org/10.1007/978-94-017-9541-8_12
http://dx.doi.org/10.1136/oem.53.7.504


www.nature.com/scientificreports/

1 5SCIENtIfIC REPorTs |  (2018) 8:6154  | DOI:10.1038/s41598-018-24474-0

	26.	 Grousset, F. E. et al. Transient Pb isotopic signatures in the Western European atmosphere. Environ. Sci. Technol. 28, 1605–8 (1994).
	27.	 Deboudt, K., Flament, P., Weis, D., Mennessier, J.-P. & Maquinghen, P. Assessment of pollution aerosols sources above the Straits of 

Dover using lead isotope geochemistry. Sci. Total Environ. 236, 57–74 (1999).
	28.	 Sugden, C. L., Farmer, J. G. & MacKenzie, A. B. Isotopic ratios of lead in contemporary environmental material from Scotland. 

Environ. Geochem. Health 15, 59–65 (1993).
	29.	 Hansmann, W. & Köppel, V. Lead-isotopes as tracers of pollutants in soils. Chem. Geol. 171, 123–144 (2000).
	30.	 Faure, G. & Mensing, T. M. Isotopes: principles and applications, 3rd Edition. (Wiley-Blackwell, 2005).
	31.	 Amelin, Y. V. & Neymark, L. A. Lead isotope geochemistry of Paleoproterozoic layered intrusions in the eastern Baltic shield: 

Inferences about magma sources and U-Th-Pb fractionation in the crust-mantle system. Geochim. Cosmochim. Acta 62, 493–505 
(1998).

	32.	 Baron, S., Le-Carlier, C., Carignan, J. & Ploquin, A. Archaeological reconstruction of medieval lead production: Implications for 
ancient metal provenance studies and paleopollution tracing by Pb isotopes. Appl. Geochemistry 24, 2093–2101 (2009).

	33.	 Bollhöfer, A. & Rosman, K. J. R. The temporal stability in lead isotopic signatures at selected sites in the Southern and Northern 
Hemispheres. Geochim. Cosmochim. Acta 66, 1375–1386 (2002).

	34.	 Novak, M. et al. Experimental evidence for mobility/immobility of metals in Peat. Environ. Sci. Technol. 45, 7180–7187 (2011).
	35.	 Shotyk, W., Rausch, N., Nieminen, T. M., Ukonmaanaho, L. & Krachler, M. Isotopic composition of Pb in peat and porewaters from 

three contrasting ombrotrophic bogs in Finland: Evidence of chemical diagenesis in response to acidification. Environ. Sci. Technol. 
50, 9943–9951 (2016).

	36.	 Cheng, H. & Hu, Y. Lead (Pb) isotopic fingerprinting and its applications in lead pollution studies in China: A review. Environ. 
Pollut. 158, 1134–1146 (2010).

	37.	 Brugam, R. B., Ketterer, M., Maines, L., Lin, Z. Q. & Retzlaff, W. a. Application of a simple binary mixing model to the reconstruction 
of lead pollution sources in two Mississippi River floodplain lakes. J. Paleolimnol. 47, 101–112 (2011).

	38.	 Álvarez-Iglesias, P., Rubio, B. & Millos, J. Isotopic identification of natural vs. anthropogenic lead sources in marine sediments from 
the inner Ría de Vigo (NW Spain). Sci. Total Environ. 437, 22–35 (2012).

	39.	 Monna, F., Hamer, K., Lévêque, J. & Sauer, M. Pb isotopes as a reliable marker of early mining and smelting in the Northern Harz 
province (Lower Saxony, Germany). J. Geochemical Explor. 68, 201–210 (2000).

	40.	 Bird, G. et al. Pb isotope evidence for contaminant-metal dispersal in an international river system: The lower Danube catchment, 
Eastern Europe. Appl. Geochemistry 25, 1070–1084 (2010).

	41.	 Farmer, J. G. F., Eades, L. J., Mackenzie, A. B., and, A. K. & Bailey-Watts, T. E. Stable lead isotope record of lead pollution in Loch 
Lomond sediments since 1630 A.D. https://doi.org/10.1021/ES960162O (1996).

	42.	 Bindler, R., Renberg, I., Rydberg, J. & Andrén, T. Widespread waterborne pollution in central Swedish lakes and the Baltic Sea from 
pre-industrial mining and metallurgy. Environ. Pollut. 157, 2132–2141 (2009).

	43.	 Inger, R. et al. Temporal and intrapopulation variation in prey choice of wintering geese determined by stable isotope analysis. J. 
Anim. Ecol. 75, 1190–1200 (2006).

	44.	 Layman, C. A. et al. Applying stable isotopes to examine food-web structure: an overview of analytical tools. Biol. Rev. 87, 545–562 
(2012).

	45.	 Benstead, J. P., March, J. G., Fry, B., Ewel, K. C. & Pringle, C. M. Testing isosource: Stable isotope analysis of a tropical fishery with 
diverse organic matter sources. Ecology 87, 326–333 (2006).

	46.	 Phillips, D. L. & Gregg, J. W. Source partitioning using stable isotopes: Coping with too many sources. Oecologia 136, 261–269 
(2003).

	47.	 Stock, B. & Semmens, B. MixSIAR GUI user manual Version 3, 1, https://doi.org/10.5281/zenodo.47719 (2013).
	48.	 Parnell, A. C., Inger, R., Bearhop, S., Jackson, A. L. & Macleod, H. Source partitioning using stable isotopes: Coping with too much 

variation. PLoS One 5, e9672 (2010).
	49.	 Soto-Jiménez, M. F. & Flegal, A. R. Origin of lead in the Gulf of California ecoregion using stable isotope analysis. J. Geochemical 

Explor. 101, 209–217 (2009).
	50.	 Ling, J. et al. Moving metals II: Provenancing Scandinavian Bronze Age artefacts by lead isotope and elemental analyses. J. Archaeol. 

Sci. 41, 106–132 (2014).
	51.	 Stos, Z. A. Across the wine dark seas… sailor tinkers and royal cargoes in the Late Bronze Age eastern Mediterranean in From Mine 

to Microscope. Advances in the Study of Ancient Technology (eds Shortland, A. J., Freestone, I. C. & Rehren, T.) 163–181 https://doi.
org/10.1016/j.jas.2009.11.021 (Oxbow Books, 2009).

	52.	 Kylander, M. E. et al. Refining the pre-industrial atmospheric Pb isotope evolution curve in Europe using an 8000 year old peat core 
from NW Spain. Earth Planet. Sci. Lett. 240, 467–485 (2005).

	53.	 Baron, S., Tǎmaş, C. G., Cauuet, B. & Munoz, M. Lead isotope analyses of gold-silver ores from Roşia Montanâ (Romania): A first 
step of a metal provenance study of Roman mining activity in Alburnus Maior (Roman Dacia). J. Archaeol. Sci. 38, 1090–1100 
(2011).

	54.	 Moore, J. W. & Semmens, B. X. Incorporating uncertainty and prior information into stable isotope mixing models. Ecol. Lett. 11, 
470–480 (2008).

	55.	 Boecklen, W. J., Yarnes, C. T., Cook, B. A. & James, A. C. On the use of stable isotopes in trophic ecology. Annu. Rev. Ecol. Evol. Syst. 
42, 411–440 (2011).

	56.	 Forbes, C., Evans, M., Hastings, N. & Peacock, B. Statistical distributions. (Wiley, 2011).
	57.	 Fernandes, R., Millard, A. R., Brabec, M., Nadeau, M.-J. & Grootes, P. Food reconstruction using isotopic transferred signals 

(FRUITS): A Bayesian model for diet reconstruction. PLoS One 9, e87436 (2014).
	58.	 Hopkins, J. B. & Ferguson, J. M. Estimating the diets of animals using stable isotopes and a comprehensive Bayesian mixing model. 

PLoS ONE 7, e28478 (2012).
	59.	 Marx, S. K., Kamber, B. S. & McGowan, H. a. & Zawadzki, A. Atmospheric pollutants in alpine peat bogs record a detailed 

chronology of industrial and agricultural development on the Australian continent. Environ. Pollut. 158, 1615–1628 (2010).
	60.	 Baxter, M. J. On the multivariate normality of data arising from lead isotope fields. J. Archaeol. Sci. 26, 117–124 (1999).
	61.	 Baxter, M. J. & Gale, N. H. Testing for multivariate normality via univariate tests: A case study using lead isotope ratio data. J. Appl. 

Stat. 25, 671–683 (1998).
	62.	 Sayre, E. V., Joel, E. C., Blackman, M. J., Yener, K. A. & Özbal, H. Stable lead isotope studies of Black Sea Anatolian ore sources and 

related Bronze Age and Phrygian artefacts from nearby archaeological sites. Appendix: New central Taurus ore data. Archaeometry 
43, 77–115 (2001).

	63.	 Korkmaz, S., Goksuluk, D. & Zararsiz, G. MVN: An R package for assessing multivariate normality. R J. 6, 151–162 (2014).
	64.	 Phillips, D. L., Newsome, S. D. & Gregg, J. W. Combining sources in stable isotope mixing models: alternative methods. Oecologia 

144, 520–527 (2005).
	65.	 Phillips, D. L. et al. Best practices for use of stable isotope mixing models in food web studies. Can. J. Zool. 92, 823–835 (2014).
	66.	 Smith, J. A., Mazumder, D., Suthers, I. M. & Taylor, M. D. To fit or not to fit: Evaluating stable isotope mixing models using simulated 

mixing polygons. Methods Ecol. Evol. 4, 612–618 (2013).
	67.	 Scheuvens, D., Schütz, L., Kandler, K., Ebert, M. & Weinbruch, S. Bulk composition of northern African dust and its source 

sediments — A compilation. Earth-Science Rev. 116, 170–194 (2013).

http://dx.doi.org/10.1021/ES960162O
http://dx.doi.org/10.5281/zenodo.47719
http://dx.doi.org/10.1016/j.jas.2009.11.021
http://dx.doi.org/10.1016/j.jas.2009.11.021


www.nature.com/scientificreports/

1 6SCIENtIfIC REPorTs |  (2018) 8:6154  | DOI:10.1038/s41598-018-24474-0

	68.	 Grousset, F. E. & Biscaye, P. E. Tracing dust sources and transport patterns using Sr, Nd and Pb isotopes. Chem. Geol. 222, 149–167 
(2005).

	69.	 Abouchami, W. & Zabel, M. Climate forcing of the Pb isotope record of terrigenous input into the Equatorial Atlantic. Earth Planet. 
Sci. Lett. 213, 221–234 (2003).

	70.	 Rousseau, D. D. et al. European glacial dust deposits: Geochemical constraints on atmospheric dust cycle modeling. Geophys. Res. 
Lett. 41, 7666–7674 (2014).

	71.	 Hildenbrand, A., Weis, D., Madureira, P. & Marques, F. O. Recent plate re-organization at the Azores Triple Junction: Evidence from 
combined geochemical and geochronological data on Faial, S. Jorge and Terceira volcanic islands. Lithos 210–211, 27–39 (2014).

	72.	 Elliott, T., Blichert-Toft, J., Heumann, A., Koetsier, G. & Forjaz, V. The origin of enriched mantle beneath São Miguel, Azores. 
Geochim. Cosmochim. Acta 71, 219–240 (2007).

	73.	 Beier, C., Haase, K. M., Abouchami, W., Krienitz, M.-S. & Hauff, F. Magma genesis by rifting of oceanic lithosphere above anomalous 
mantle: Terceira Rift, Azores. Geochemistry, Geophys. Geosystems 9, (2008).

	74.	 Martínez Cortizas, A. et al. Linking changes in atmospheric dust deposition, vegetation change and human activities in northwest 
Spain during the last 5300 years. The Holocene 15, 698–706 (2005).

	75.	 Hoyos, B. D. A companion to the Punic Wars. https://doi.org/10.1002/9781444393712 (Wiley-Blackwell, 2011).
	76.	 Edmondson, J. C. Mining in the later Roman Empire and beyond: Continuity or disruption? J. Rom. Stud. 79, 84–102 (1989).
	77.	 Irabien, M. J., Cearreta, A. & Urteaga, M. Historical signature of Roman mining activities in the Bidasoa estuary (Basque Country, 

northern Spain): an integrated micropalaeontological, geochemical and archaeological approach. J. Archaeol. Sci. 39, 2361–2370 
(2012).

	78.	 Monna, F. et al. Environmental impact of early Basque mining and smelting recorded in a high ash minerogenic peat deposit. Sci. 
Total Environ. 327, 197–214 (2004).

	79.	 Todd, M. Pretia Victoriae? Roman lead and silver mining on the Mendip hills, Somerset, England. Münstersche Beiträge zur antiken 
Handel. 15, 1–18 (1996).

	80.	 Whittick, G. C. The earliest Roman lead-mining on Mendip and in North Wales: a reappraisal. Britannia 13, 113–123 (1982).
	81.	 Stos-Gale, Z., Gale, N., Houghton, J. & Speakman, R. Lead isotope data from the Isotrace Laboratory, Oxford: Archaeometry 

database 1, ores from the Western Mediterranean. Archaeometry 37, 407–415 (1995).
	82.	 Pernicka, E., Nessel, B., Mehofer, M. & Safta, E. Lead isotope analyses of metal objects from the Apa Hoard and other Early and 

Middle Bronze Age items fromRomania. Archaeol. Austriaca 1, 57–86 (2016).
	83.	 von Quadt, A., Moritz, R., Peytcheva, I. & Heinrich, C. a. 3: Geochronology and geodynamics of Late Cretaceous magmatism and 

Cu-Au mineralization in the Panagyurishte region of the Apuseni-Banat-Timok-Srednogorie belt, Bulgaria. Ore Geol. Rev. 27, 
95–126 (2005).

	84.	 Vlad, S. N. Calcic skarns and transversal zoning in the Banat mountains, Romania: indicators of an Andean-type setting. Miner. 
Depos. 32, 446–451 (1997).

	85.	 Borcoş, M. & Udubaşa, G. Chronology and characterisation of mining development inRomania. Rom. J. Earth Sci. 86, 17–26 (2012).
	86.	 Raub, C. J. The metallurgy of gold and silver in prehistoric times in Prehistoric Gold inEurope 243–259 https://doi.org/10.1007/978-

94-015-1292-3_16 (Springer Netherlands, 1995).
	87.	 Rencher, A. C. Methods of Multivariate Analysis. (Wiley, 1995).

Acknowledgements
We would like to thank Northumbria University for J.L.’s postgraduate studentship, and Malin Kylander 
for allowing us to use the Penido Vello Pb isotope data. This is a contribution to the project PN‒II-ID-
PCE-2012-4-0530 “Millennial-scale geochemical records of anthropogenic impact and natural climate change in the 
Romanian Carpathians” supported by the Romanian Research Council. We also thank two anonymous reviewers, 
who helped greatly to improve the manuscript.

Author Contributions
J.L., D.V. and V.E. designed the study and wrote the manuscript. J.L. and D.P. completed the modelling. C.C. and 
C.T. advised with specifics regarding Pb isotope analysis, presentation and their relationship to the geology. All 
authors reviewed the manuscript.

Additional Information
Supplementary information accompanies this paper at https://doi.org/10.1038/s41598-018-24474-0.
Competing Interests: The authors declare no competing interests.
Publisher's note: Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© The Author(s) 2018

http://dx.doi.org/10.1002/9781444393712
http://dx.doi.org/10.1007/978-94-015-1292-3_16
http://dx.doi.org/10.1007/978-94-015-1292-3_16
http://dx.doi.org/10.1038/s41598-018-24474-0
http://creativecommons.org/licenses/by/4.0/

	Quantitative assessment of Pb sources in isotopic mixtures using a Bayesian mixing model

	Materials and Methods

	Mixing Models. 
	Outline of the approach, with two theoretical applications. 
	Pre-Modelling Preparation. 

	Pre-Run Checks. 
	Post-Run Checks. 
	A Posteriori Grouping. 
	Availability of materials and data. 

	Results and Discussion

	Example 1: Pre-Anthropogenic Dust Sourcing. 
	Example 2: Pollution Sourcing from Environmental Archives. 
	Example 3: Modelling of Artefact Provenance. 
	Period pollution. 

	Conclusions

	Acknowledgements

	Figure 1 Theoretical examples.
	Figure 2 Map of western Europe displaying mining regions used to model contributions to Penido Vello bog (blue circle).
	Figure 3 Convex hulls (a) from pre-anthropogenic dust tracing.
	Figure 4 Convex hulls (a–c) from Penido Vello bog during the Roman period.
	Figure 5 Model output from Penido Vello between 600 BCE and 550 CE, displaying the contribution of selected mining regions to the Pb mixture recorded in the sediments through this period.
	Figure 6 (a) Map of eastern Europe outlining the location of the Romanian artefact (Litharge roll, black circle).
	Table 1 Univariate normality tests for all ore bodies used to construct models in this work.
	Table 2 Multivariate normality (MVN) tests results for each ore body mentioned in this work.
	Table 3 Model outputs from theoretical example 2, displaying the raw MixSIAR output.
	Table 4 Model output from theoretical example 2, indicating output after grouping a posteriori.
	Table 5 Raw MixSIAR results for the litharge roll.
	Table 6 A posteriori grouping of raw MixSIAR results as displayed in Table 5, from the Romanian litharge roll.




