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Background: Large language model (LLM)–based chatbots have shown potential in providing health information and patient edu-
cation. However, the reliability of these chatbots in offering medical advice for specific conditions like Achilles tendinopathy re-
mains uncertain. Mixed outcomes in the field of orthopaedics highlight the need for further examination of these chatbots’
reliability.

Hypothesis: Three leading LLM-based chatbots can provide accurate and complete responses to inquiries related to Achilles
tendinopathy.

Study Design: Cross-sectional study.

Methods: Eighteen questions derived from the Dutch clinical guideline on Achilles tendinopathy were posed to 3 leading LLM-
based chatbots: ChatGPT 4.0, Claude 2, and Gemini. The responses were incorporated into an online survey assessed by ortho-
paedic surgeons specializing in Achilles tendinopathy. Responses were evaluated using a 4-point scoring system, where 1 indicates
unsatisfactory and 4 indicates excellent. The total scores for the 18 responses were aggregated for each rater and compared across
the chatbots. The intraclass correlation coefficient was calculated to assess consistency among the raters’ evaluations.

Results: Thirteen specialists from 9 diverse countries and regions participated. Analysis showed no significant difference in the mean
total scores among the chatbots: ChatGPT (59.7 6 5.5), Claude 2 (53.4 6 9.7), and Gemini (53.6 6 8.4). The proportions of unsatis-
factory responses (score 1) were low and comparable across chatbots: 0.9% for ChatGPT 4.0, 3.4% for Claude 2, and 3.4% for
Gemini. In terms of excellent responses (score 4), ChatGPT 4.0 outperformed the others, with 43.6% of the responses rated as excel-
lent, significantly higher than Claude 2 at 27.4% and Gemini at 25.2% (P \ .001 for both comparisons). Intraclass correlation coeffi-
cients indicated poor reliability for ChatGPT 4.0 (0.420) and moderate reliability for Claude 2 (0.522) and Gemini (0.575).

Conclusion: While LLM-based chatbots such as ChatGPT 4.0 can deliver high-quality responses to queries regarding Achilles
tendinopathy, the inconsistency among specialist evaluations and the absence of standardized assessment criteria significantly
challenge our ability to draw definitive conclusions. These issues underscore the need for a cautious and standardized approach
when considering the integration of LLM-based chatbots into clinical settings.
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Achilles tendinopathy is prevalent among physically active
individuals and the general population, with an annual
incidence rate of 5.2 per 1000 people.13 In specific active
populations like runners, its lifetime cumulative incidence
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can exceed 50%.20 Characterized by localized pain at the
distal insertion and midportion of the Achilles tendon,
along with impaired function, Achilles tendinopathy often
progresses to chronic symptoms and disability.4,18

Research underscores the importance of managing Achilles
tendinopathy effectively, highlighting that it requires not
only physical interventions but also a strong emphasis on
patient education.3,21 Given the long-term nature of the
disease and its tendency to recur, enhancing patient educa-
tion and providing accurate medical advice could effec-
tively improve treatment outcomes.

In recent years, large language model (LLM)–based
chatbots, such as OpenAI’s ChatGPT, has gained signifi-
cant interest for their potential role as supplements in clin-
ical practice. Initial studies assessing ChatGPT’s
capabilities in medical licensing examinations14 and spe-
cialty board examinations2,19 have shown that it performs
close to the passing threshold. Furthermore, comparisons
between chatbot-generated content and that produced by
clinicians, for instance, in drafting informed consent docu-
ments, have demonstrated that chatbots often generate
more readable and complete content.6 This development
holds particular relevance as an increasing number of
patients turn to the internet for health-related advice.7

Consequently, it is plausible that patients may begin to
utilize LLM-based chatbots more frequently as a source
of medical information.

Building on these findings, numerous studies across
various medical specialties have begun to explore the capa-
bility of chatbots to handle common patient inquiries effec-
tively.1,8,16 Within orthopaedics specifically, a study by
Mika et al17 assessed ChatGPT’s performance in answer-
ing common questions about total hip replacement. The
study demonstrated that the chatbot could effectively pro-
vide evidence-based responses. Additionally, 2 studies
focusing on anterior cruciate ligament (ACL) reconstruc-
tion reached different conclusions, one suggesting that
ChatGPT frequently provided satisfactory responses,15

while the other revealed less reliable performance.11 These
mixed findings in orthopaedics highlight potential limita-
tions in study design, such as a narrow pool of questions,
evaluations conducted by a small number of specialists
from single institutions, and assessments focused on only
1 LLM model. While there are scenarios in which inaccu-
rate information may be tolerated as a mere nuisance,
the margin of error regarding medical information is min-
imal. Thus, more rigorous study designs are needed to
evaluate the performance of leading LLM-based chatbots
in providing health care information, particularly in
orthopaedics.

Our study aimed to assess and compare the responses
provided on Achilles tendinopathy by 3 leading LLMs:
OpenAI’s ChatGPT 4.0, Anthropic’s Claude 2, and Google’s
Gemini. We hypothesized that these LLM-based chatbots
could deliver accurate and complete responses, potentially
providing high-quality medical advice in the field of Achil-
les tendinopathy.

METHODS

Study Design

This multicenter observational study from an interna-
tional group of experts was conducted between February
25, 2024, and April 4, 2024, at The Chinese University
of Hong Kong. The objective was to evaluate the perfor-
mance of 3 leading LLM-based chatbots in answering 18
questions derived from a recent clinical guideline on
Achilles tendinopathy.5 The flow of the study is illus-
trated in Figure 1. Given the nature of the study, ethics
approval was deemed unnecessary by the institutional
review board.

Figure 1. Flowchart of the study design.
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Question Source

A thorough review of the last 5 years of clinical guidelines
on Achilles tendinopathy was conducted. The Dutch guide-
line5 was selected for its comprehensive and evidence-
based approach, covering 6 critical aspects: risk factors,
diagnosis, imaging, treatment, prognosis, and prevention.
From this guideline, 18 scoping questions were extracted
and validated by our research team for relevance and accu-
racy, ensuring they appropriately reflected current clinical
understandings and practices.

Chatbot Interaction and Data Collection

Between February 25, 2024, and February 26, 2024, a set
of 18 questions was posed to 3 LLM-based chatbots:
ChatGPT 4.0, Claude 2, and Gemini (Table 1). Each ques-
tion was posed as an isolated query to eliminate the possi-
bility of influence from previous conversations. The specific
prompts used for each chatbot are detailed in Appendix
Table A1. Responses were then standardized into plaintext
format, with any generic suggestions to seek professional
health care advice removed for brevity.

Survey Design and Data Analysis

An online survey incorporating 18 questions and corre-
sponding answers was created using the Qualtrics plat-
form (Qualtrics). Twenty orthopaedic surgeons
specializing in Achilles tendinopathy were invited via
email to evaluate the responses. Thirteen surgeons from
9 different countries and regions (Chile, Egypt, Hong
Kong, Japan, Mainland China, Philippines, Singapore,
Thailand, and the United States) completed the survey
between February 28 and April 4, 2024. Raters were
instructed to assess the accuracy and completeness of
each response based on their clinical expertise, knowledge
of current best practices, and familiarity with recent liter-
ature in Achilles tendinopathy management. Accuracy was
defined as alignment with current clinical guidelines and
evidence-based practice, while completeness was based
on how comprehensively the response addressed all
aspects of the question. Importantly, the Dutch consensus
was not provided as a specific reference to the evaluators.
This decision was made to allow for assessments based
on broader clinical expertise and to avoid biasing individ-
ual expertise-based evaluations.

Responses were scored using a modified system17:

� Score 4: Excellent response not requiring clarification
� Score 3: Satisfactory requiring minimal clarification
� Score 2: Satisfactory requiring moderate clarification
� Score 1: Unsatisfactory requiring substantial clarification

To minimize bias, the presentation order of the responses
was randomized in the survey. The complete set of ques-
tions and corresponding answers is available in their
entirety in Appendix Table A2. For each rater, the total

score for a set of 18 responses was summed up. For exam-
ple, if a rater evaluated all 18 responses from ChatGPT 4.0,
the individual scores for these responses were added to get
a total score, which could range from 18 to 72. In addition,
to evaluate the reliability of the ratings among different
specialists, the intraclass correlation coefficient (ICC)
was calculated. This metric helps determine the extent of
consistency and consensus among the raters across the
evaluations.

Statistical Analysis

Statistical analyses were performed using the SPSS statis-
tical package (Version 22.0; IBM Corp). The mean word

TABLE 1
Summary of 18 Questions Regarding

Achilles Tendinopathy

Module 1: Risk Factors
1. Which modifiable and nonmodifiable factors increase the risk

of Achilles tendinopathy?
2. Which primary prevention strategy is most effective for

Achilles tendinopathy?
Module 2: Diagnosis
3. What are the criteria for diagnosing Achilles tendinopathy?
4. Which differential diagnoses of posterior ankle pain should be

considered and which underlying pathology might be related
to Achilles tendinopathy?

Module 3: Imaging
5. Which imaging techniques can be used for assessing Achilles

tendinopathy in clinical practice?
6. Which qualifications are required to perform imaging?
7. Which imaging findings are characteristic for Achilles

tendinopathy?
8. Which imaging findings have prognostic value in Achilles

tendinopathy?
Module 4: Treatment
9. Which measurement instruments are best suited for

monitoring a treatment effect?
10. What is the effect of a wait-and-see policy in Achilles

tendinopathy?
11. Which nonsurgical treatment is most effective for Achilles

tendinopathy?
12. Is surgery more effective than nonsurgical treatment for

Achilles tendinopathy?
13. Which factors influence treatment effects in Achilles

tendinopathy?
14. What advice (self-management and patient education) should

be given to patients with Achilles tendinopathy regarding
lifestyle, work, and sports loading?

Module 5: Long-term Prognosis
15. What percentage of patients with Achilles tendinopathy have

persistent symptoms for .1 year?
16. What percentage of patients with Achilles tendinopathy

return to their original level of sport over a period of .1 year?
17. What factors affect the long-term prognosis (.1 year) in

patients with Achilles tendinopathy?
Module 6: Preventing Recurrence
18. Which prevention strategies are effective in patients who

have recovered from Achilles tendinopathy?
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count of 18 responses provided by 3 chatbots was compared
using a 1-way analysis of variance. Dunnett T3 post hoc
tests were conducted to adjust for multiple comparisons.
The Kruskal-Wallis test was utilized to compare the
mean total scores assigned to the responses of the 3
LLM-based chatbots. Proportions of scores were analyzed
using a chi-square test, with a Bonferroni correction
applied for multiple comparisons. The consistency among
specialists’ ratings was evaluated using an ICC. A P value
\.05 was considered statistically significant.

RESULTS

Heatmap Presentation of Scores

The scores of each response provided by 3 LLM-based chat-
bots are visually represented in Figure 2 as a heatmap,
where:

� Each row corresponds to a specialist, identified by an
alphanumeric identifier.

� Each column represents one of the 18 questions.
� Each cell shows the score for a response, with color cod-

ing indicating the quality of the answer (eg, blue for
unsatisfactory answers).

Preliminary observations suggest that ChatGPT 4.0’s
responses generally received fewer unsatisfactory scores
(score 1, cells in blue) and moderate clarification ratings
(score 2, cells in white) compared with those from Claude
2 and Gemini. The results of the mean word count of
responses are shown in Appendix Table A4.

Comparison of Scores

The total scores for the 18 responses from each specialist
were calculated and compared across the 3 LLM-based
chatbots, as depicted in Figure 3. The analysis showed no
significant difference in the mean total scores among
ChatGPT 4.0 (59.7 6 5.5), Claude 2 (53.4 6 9.7), and Gem-
ini (53.6 6 8.4). In addition, Table 2 provides a detailed
proportion of the 4 assigned scores for responses from
ChatGPT 4.0, Claude 2, and Gemini. For score 1 (unsatis-
factory), the proportions of unsatisfactory responses were
0.9% for ChatGPT 4.0, 3.4% for Claude 2, and 3.4% for
Gemini, with statistical analysis finding no significant dif-
ferences among the chatbots. For score 2 (requiring mod-
erate clarification), ChatGPT 4.0 had significantly fewer
responses at 10.3% compared with 23.9% for Claude 2
and 20.5% for Gemini (P \ .001 for both comparisons).
For score 3 (satisfactory requiring minimal clarification),
there were no significant differences observed between
ChatGPT 4.0 at 45.3%, Claude 2 at 45.3%, and Gemini
at 50.9%. For score 4 (excellent), ChatGPT 4.0 outper-
formed the other chatbots with 43.6% of its responses
rated as excellent, significantly higher than Claude 2
at 27.4% and Gemini at 25.2% (P \ .001 for both
comparisons).

Intraclass Correlation Coefficients

Table 3 presents the ICCs for the grading consistency
among specialists evaluating the responses from 3 LLM-
based chatbots: ChatGPT, Claude 2, and Gemini. The
ICCs were 0.420 for ChatGPT, 0.522 for Claude 2, and
0.575 for Gemini. The ICC for ChatGPT indicates poor reli-
ability (ICC \ 0.5), and the ICCs for Claude 2 and Gemini
fall within the range of 0.5 to 0.75, suggesting moderate
reliability.

DISCUSSION

We hypothesized that 3 LLM-based chatbots could deliver
accurate and complete responses in the context of Achilles
tendinopathy. The results largely support this hypothesis,
with 88.9% of ChatGPT’s responses, 72.7% of Claude 2’s
responses, and 70.5% of Gemini’s responses rated as 3 or
4, indicating either excellent or satisfactory performances
with minimal clarification needed. ChatGPT 4.0 demon-
strated a significantly higher proportion of excellent
responses (score 4) compared with the other chatbots,
aligning with previous studies that have underscored its
efficiency in handling medical inquiries.16 Despite these
promising results, the wide range of scores observed in
the heatmap (Figure 2) and low ICCs (Table 3) reveal sub-
stantial variability in how specialists assessed the
responses. These findings introduce a critical nuance to
our initial hypothesis, suggesting that while LLM-based
chatbots can frequently provide high-quality responses,
achieving consistent and consensual evaluations among
different specialists poses a significant challenge. This
inconsistency complicates any definitive conclusions the
authors can draw about the reliability of these chatbots
as tools for medical advice or their superiority over one
another. In addition, it is crucial to recognize that chatbots
synthesize information available on the internet. The var-
iability in specialists’ assessments likely reflects areas in
which clear consensus or definitive knowledge in Achilles
tendinopathy management is lacking. In fields with strong
professional consensus and clear guidelines, chatbots are
more likely to provide consistent, accurate responses.
This relationship between available medical information
consistency and chatbot performance highlights both the
potential and limitations of these tools in medical contexts,
emphasizing the importance of establishing clear clinical
guidelines.

The exploration of LLM-based chatbots in providing
medical advice has gained increasing attention across var-
ious medical specialties. Pioneering this investigation
within the field of orthopaedics, Mika et al17 demonstrated
that ChatGPT could provide appropriate and evidence-
based answers to common questions about total hip
replacement, prompting further evaluations in other ortho-
paedic subspecialties. However, subsequent assessments of
ChatGPT 3.5 in ACL reconstructions presented inconsis-
tent results. While Li et al. reported accurate information
from ChatGPT,15 Johns et al11 criticized the responses as
outdated and superficial. Apart from the mixed results,
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these studies exhibited several methodological limitations
that could affect their reliability. For example, the question
sets were derived from various medical institution web-
sites and were subsequently reduced to 10 questions by
the authors without clear selection criteria. In addition,
evaluations were performed by a limited number of raters

from a single medical center, and crucially, there was no
thorough assessment of the consistency and consensus in
the grading by the raters. Another significant limitation
of these studies was their exclusive focus on ChatGPT
3.5, which overlooks the variety of available LLM-based
chatbots.

Figure 2. Scoring heatmap of responses from 3 LLM-based chatbots. The heatmap illustrates the scores assigned by specialists
to the responses generated by 3 LLM-based chatbots, specifically ChatGPT 4.0, Claude 2, and Gemini. Each row within the heat-
map corresponds to a specialist, identified by an alphanumeric identifier (eg, S1, S2, and S3), who assessed the chatbot
responses. Each column corresponds to one of the 18 questions answered by the chatbots. Every cell in the heatmap denotes
a specific score assigned to a response, with higher scores indicating greater accuracy and completeness. The questions are
categorized into 6 modules (M1-M6), addressing topics such as risk factors (M1), diagnosis (M2), imaging (M3), treatment
(M4), prognosis (M5), and preventing recurrence (M6).
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To address these shortcomings, we implemented several
methodological improvements. First, we utilized 18 ques-
tions derived from a Dutch guideline on Achilles tendinop-
athy, developed through an evidence-based process
involving a patient panel and a multidisciplinary working
group.5 This approach ensured that our questions were
both clinically relevant and structured effectively for eval-
uation. Second, we expanded our pool of raters to special-
ists from different regions and countries, thereby
increasing the diversity and expertise of our raters. Lastly,

we broadened our evaluation by including 2 additional
leading LLM-based chatbots, Claude 2 and Gemini. This
comparative approach allowed us to assess the current
landscape of advanced LLM technologies and mirrors
real-world scenarios in which patients and health care pro-
viders might interact with various LLM-based chatbots.

In our improved study design, we evaluated the perfor-
mance of 3 chatbots. Our evaluation particularly focused
on responses categorized as unsatisfactory, as these could
provide deeper insights compared with the high-scoring
responses. From the heatmap (Figure 2), we identified
that 3 responses were scored as ‘‘unsatisfactory’’ by multi-
ple raters: 1 response from Gemini to question 3 and 2
responses to question 12 by both Claude 2 and Gemini.
Specifically, Gemini’s response to question 3 (What are
the criteria for diagnosing Achilles tendinopathy?) pro-
vided a generalized list of diagnostic criteria but was not
comprehensive, failing to distinguish between the diagnos-
tic criteria for insertional and midportion Achilles tendin-
opathy. This issue was also prevalent in a large portion
of responses from all 3 chatbots. For question 12 (Is sur-
gery more effective than nonsurgical treatment for Achilles
tendinopathy?), both chatbots Claude 2 and Gemini deliv-
ered overly generalized responses that failed to directly
address the question. Notably, Claude 2’s response has
contradictory statements. Initially, it suggested that sur-
gery should be considered only after a minimum of 3 to 6
months of nonoperative therapy, but later it stated that
surgery is typically reserved for those who do not see
improvement after 6 to 12 months of nonsurgical manage-
ment. This inconsistency not only undermines the reliabil-
ity of the response but also highlights a critical gap in the
chatbots’ ability to provide logical and precise medical
advice. Similarly, Gemini’s response misclassified Achilles
tendinopathy into acute rupture and chronic tendinopathy,
further highlighting the unreliability of chatbot responses
with misleading information. ChatGPT 4.0 was not with-
out its own issues. Although fewer of its responses were
rated as unsatisfactory, some provided inaccurate informa-
tion. For example, in response to question 5 (Which imag-
ing techniques can be used for assessing Achilles
tendinopathy in clinical practice?), which required moder-
ate clarification by 4 raters, ChatGPT 4.0 included an
exhaustive list of imaging techniques including ultra-
sound, magnetic resonance imaging, computed tomogra-
phy, dual-energy x-ray absorptiometry, and even bone

Figure 3. Comparative evaluation of total scores. The total
scores for responses to the 18 Achilles tendinopathy-related
questions by ChatGPT 4.0, Claude 2, and Gemini were
assessed by 13 specialists. Scores are presented as means
with standard deviations. Individual specialist assessments
are represented by symbols (circles for ChatGPT 4.0,
squares for Claude 2, and triangles for Gemini).

TABLE 3
ICCs and 95% CIsa

LMM ICC
95% CI Lower

Bound
95% CI Upper

Bound

ChatGPT 4.0 0.420 20.068 0.747
Claude 2 0.522 0.119 0.791
Google Gemini 0.575 0.216 0.814

aIntraclass correlation coefficients (ICCs) measure the consis-
tency of evaluations among specialists, with values closer to 1 indi-
cating higher agreement. LMM, large language model.

TABLE 2
Proportion of Response Scores Assigned by Specialistsa

Score ChatGPT 4.0 Claude 2 Gemini

4 102 (43.6)b,c 64 (27.4) 59 (25.2)
3 106 (45.3) 106 (45.3) 119 (50.9)
2 24 (10.3)b,c 56 (23.9) 48 (20.5)
1 2 (0.9) 8 (3.4) 8 (3.4)

aData are presented as n (%). Higher scores indicate responses
with greater accuracy and completeness. The row colors corre-
spond to the scoring in the heatmap (eg, blue for score 1 and
dark red for score 4).

bSignificant differences between ChatGPT 4.0 and Claude 2.
cSignificant differences between ChatGPT 4.0 and Gemini.
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scans, indiscriminately grouping common orthopaedic
imaging methods without distinguishing their specific rel-
evance to Achilles tendinopathy, thus demonstrating
a lack of critical filtering of relevant information. These
findings highlight significant limitations in providing
updated, accurate, and appropriately filtered health care
information in all 3 chatbots. Such shortcomings are par-
ticularly concerning in the field of health care, where
even minor inaccuracies can complicate communication
between clinicians and patients and potentially influence
treatment compliance and outcomes.

In addition to the misinformation and lack of depth in
the responses, we also observed inconsistencies and
a lack of consensus among the raters. The heatmap (Figure
2) provides a visual representation of this issue. For
instance, in the column corresponding to question 15 (What
percentage of patients with Achilles tendinopathy have per-
sistent symptoms for .1 year?) in the ChatGPT 4.0 block,
the cells displayed a wide range of scores from 1 to 4, high-
lighting different opinions. A similar pattern of scoring varia-
tion was evident in responses from the other 2 chatbots.
Furthermore, certain raters, such as S3 and S8, consistently
awarded high scores across all models, while others, like S11
and S12, exhibited significant scoring discrepancies among
the different chatbots’ responses. Moreover, the ICC for
ChatGPT 4.0 was 0.420, indicating poor reliability, whereas
Claude 2 and Gemini demonstrated moderate reliability
with ICCs of 0.522 and 0.575, respectively. These low ICCs
underscore the inconsistency in rater opinions. As a result,
it remains challenging to conclusively determine the reliabil-
ity of LLM-based chatbots as a supplement to patient educa-
tion or to effectively compare their performance.

As discussed in an editorial commentary,10 the complex-
ity and contentious nature of the topics under discussion
likely contribute to the varying opinions among raters.
More importantly, the lack of standardized assessment
and reporting methods may also contribute to the mixed
results observed. Our study adopts a 4-point scale for eval-
uating responses based on accuracy and completeness,
building on the framework used by 3 previous stud-
ies.11,15,17 Additionally, other different evaluation methods
are also used, such as a 9-point scale segmented into cor-
rectness, completeness, and adaptability,12 or a combined
approach using a 5-point accuracy scale alongside a 5-point
relevance scale.22 Although these methods differ, they fun-
damentally assess the responses on similar dimensions,
accuracy, and completeness. However, it is essential to
acknowledge that evaluating responses based simply on
these 2 criteria might be insufficient. Additional factors
such as adaptability, evidence-based information, currency
of medical evidence, safety considerations, and ethical
implications are also critical. Supporting this perspective,
Huo et al9 emphasized that the lack of consistent and sci-
entific reporting and assessment standards in this kind
of research prevents the interpretation of results and hin-
ders readers’ ability to critically evaluate study methodol-
ogies. As research in this domain expands, there is
a clear and pressing need for standardized assessment
methods and structured reporting protocols. Such guide-
lines would standardize the evaluation of LLM-based

chatbots across studies and ensure that assessments are
comprehensive and reflective of all relevant dimensions.

Limitations

Several limitations of this study warrant consideration.
First, the inherent variability in expert assessments poses
a challenge to establishing a true gold standard for evalu-
ating LLM-generated medical information. While experi-
enced clinicians are often considered the best available
standard, their judgments can vary significantly based on
individual experiences, regional practices, and interpreta-
tions of current evidence. Although our panel included
experts from North America, South America, and Africa,
the majority were primarily based in Asia, potentially lim-
iting the global diversity of clinical perspectives on Achilles
tendinopathy management. Nevertheless, the inclusion of
specialists from diverse centers improves this study’s gen-
eralizability compared with previous research. Second, the
rapid evolution of LLM-based chatbots, exemplified by
Anthropic’s release of its Claude 3 model during our data
analysis phase, indicates that our findings may not capture
the capabilities of the latest models. Third, our use of a pre-
viously reported scoring system, which assesses responses
based solely on accuracy and completeness, may not
encompass all relevant criteria. This limitation under-
scores the critical need for developing comprehensive,
standardized evaluation and reporting guidelines in future
research. To address these limitations, future studies could
benefit from a larger, more geographically diverse panel of
evaluators, the incorporation of standardized guidelines in
the evaluation process, and the development of more com-
prehensive assessment criteria that keep pace with rapidly
advancing LLM technologies.

CONCLUSION

Overall, our findings reveal that while LLM-based chat-
bots like ChatGPT 4.0 can deliver high-quality responses
to questions related to Achilles tendinopathy, the substan-
tial variability in the assessments by specialists, evidenced
by a wide range of scores and low ICCs, highlights the dif-
ficulty in achieving consistent and consensual evaluations.
Although these LLM-based technologies hold promise for
enhancing access to medical information, their use should
be carefully managed with expert oversight and should not
replace direct consultations with appropriately experi-
enced health care professionals.
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