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Abstract
�-	Diversity,	 commonly	defined	as	 the	compositional	variation	among	 localities	 that	
links	 local	 diversity	 (α-	diversity)	 and	 regional	 diversity	 (γ-	diversity),	 can	 arise	 from	
two	different	ecological	phenomena,	namely	 the	spatial	 species	 turnover	 (i.e.,	 spe-
cies	 replacement)	 and	 the	 nestedness	 of	 assemblages	 (i.e.,	 species	 loss).	 However,	
any	assessment	that	does	not	account	for	stochasticity	in	community	assembly	could	
be	biased	and	misinform	conservation	management.	In	this	study,	we	aimed	to	pro-
vide	a	better	understanding	of	the	overall	ecological	phenomena	underlying	stream	
�-	diversity	 along	 elevation	 gradients	 and	 to	 contribute	 to	 the	 rich	 debate	 on	 null	
model	approaches	to	identify	nonrandom	patterns	in	the	distribution	of	taxa.	Based	
on	presence-	absence	data	of	78	stream	invertebrate	families	from	309	sites	located	
in	the	Swiss	Alpine	region,	we	analyzed	the	effect	size	of	nonrandom	spatial	distribu-
tion	of	stream	invertebrates	on	the	�-	diversity	and	its	two	components	(i.e.,	turnover	
and	nestedness).	We	used	a	modeling	framework	that	allows	exploring	the	complete	
range	of	existing	algorithms	used	in	null	model	analysis	and	assessing	how	distribu-
tion	patterns	vary	according	to	an	array	of	possible	ecological	assumptions.	Overall,	
the	turnover	of	stream	invertebrates	and	the	nestedness	of	assemblages	were	signifi-
cantly	lower	and	higher,	respectively,	than	the	ones	expected	by	chance.	This	pattern	
increased	with	elevation,	and	the	consistent	trend	observed	along	the	altitudinal	gra-
dient,	even	in	the	most	conservative	analysis,	strengthened	our	findings.	Our	study	
suggests	that	deterministic	distribution	of	stream	invertebrates	in	the	Swiss	Alpine	re-
gion	is	significantly	driven	by	differential	dispersal	capacity	and	environmental	stress	
gradients.	As	long	as	the	ecological	assumptions	for	constructing	the	null	models	and	
their	implications	are	acknowledged,	we	believe	that	they	still	represent	useful	tools	
to	measure	the	effect	size	of	nonrandom	spatial	distribution	of	taxa	on	�-	diversity.

K E Y W O R D S
aquatic	macroinvertebrates,	biodiversity,	nestedness,	null	model,	spatial	distribution,	
stochasticity,	Swiss	Alps,	turnover

T A X O N O M Y  C L A S S I F I C A T I O N
Biodiversity	ecology

http://www.ecolevol.org
mailto:﻿
https://orcid.org/0000-0003-4757-4928
http://creativecommons.org/licenses/by/4.0/
mailto:pablo.timoner@unige.ch


2 of 12  |     TIMONER et al.

1  |  INTRODUC TION

�-	Diversity,	 first	 introduced	by	Whittaker	 (1960),	 is	commonly	de-
fined	 as	 the	 compositional	 variation	 among	 localities	 that	 links	
local	diversity	(�-	diversity)	and	regional	diversity	(�-	diversity).	In	its	
original	 form	 (Whittaker,	1960,	1972),	 it	 represents	 a	 key	 concept	
for	biodiversity,	as	 inventory	diversity	 (e.g.,	number	of	 species),	 at	
any	 spatial	 scale,	 depends	 on	 the	 average	 inventory	 at	 the	 finer-	
scale	units	and	on	the	variation	among	these	units	(i.e.,	�-	diversity).	
The	 relationship	 between	 the	 three	 diversity	 components	 (i.e.,	
� ,	 �,	 and	 �)	 can	 be	 multiplicative	 (� = � ∕�)	 or	 additive	 (� = � + � ).	
However,	 it	 was	 shown	 that	 the	 multiplicative	 formulation	 is	 the	
only	way	to	obtain	independent	�	and	�,	when	referring	to	“true	di-
versity”	or	effective	number,	which	 is	 the	number	of	equally	com-
mon	species	required	to	give	a	particular	value	of	a	diversity	index	
(Baselga,	2010a;	 Jost,	2007).	 There	 exists	 a	welter	 of	methods	 to	
calculate	�-	diversity,	albeit	little	guidelines	for	selection	(Jost,	2007; 
Jurasinski	et	al.,	2009;	Koleff	et	al.,	2003;	Tuomisto,	2010a,	2010b; 
Vellend,	 2001).	 These	methods	 include	metrics	 directly	 based	 on	
the	 three	diversity	components	 (Jost,	2007;	Veech	&	Crist,	2010),	
on	 two-	site	 (Jaccard,	 1912;	 Simpson,	 1943;	 Sørensen,	 1948)	 or	
multiple-	site	(Baselga	et	al.,	2007;	Diserud	&	Ødegaard,	2007)	simi-
larity	measures,	and	on	multivariate	analyses	based	on	dissimilarity	
matrices	(Anderson	et	al.,	2006;	Legendre,	2008).	These	approaches	
are	 conceptually	 close,	 as	 similarity	 (or	 dissimilarity)	measures	 are	
monotonic	 transformations	 of	 the	 multiplicative	 Whittaker's	 �
-	diversity	(Diserud	&	Ødegaard,	2007;	Jost,	2007).

Two	 main	 ecological	 phenomena	 produce	 �-	diversity,	 namely	
the	 spatial	 species	 turnover	 and	 the	 nestedness	 of	 assemblages,	
both	 resulting	 from	 species	 replacement	 and	 species	 loss,	 respec-
tively	(Harrison	et	al.,	1992).	A	high	turnover	is	mainly	related	to	a	
strong	environmental	filtering	(Chase	et	al.,	2011;	Melo	et	al.,	2009; 
Wen	 et	 al.,	2016),	 while	 differential	 dispersal	 capacity	 and/or	 en-
vironmental	 stress	 gradients	 usually	 promote	 nested	 assemblages	
(Baselga,	 2010b).	 Routines	 partitioning	 �-	diversity	 into	 turnover	
and	 nestedness	 have	 been	 proposed	 (Baselga,	 2010b;	 Schmera	
et	al.,	2020)	as	a	basis	for	associating	these	components	to	ecologi-
cal	processes	and	identifying	causal	links.

�-	Diversity	usually	 arises	 from	both	deterministic	 (i.e.,	 realized	
niche-	related)	 and	 stochastic	 processes.	 However,	 identifying	 the	
nonrandom	component	is	challenging.	Null	model	approaches	have	
been	 developed	 for	 this	 purpose,	 enabling	 comparisons	 between	
the	observed	structural	pattern	and	those	obtained	randomly,	under	
certain	conditions	(Gotelli	&	Graves,	1996).	They	allow	to	determine	
whether	 the	observed	�-	diversity	deviates	 from	null	expectations,	
and	 if	 so,	 how	much.	 Although	 these	 approaches	 gained	 popular-
ity	 (Chase	 et	 al.,	2011;	 Dantas	 de	Miranda	 et	 al.,	2019;	 Gotelli	 &	
Ulrich,	 2012;	 Kraft	 et	 al.,	 2011),	 the	 construction	 of	 null	 models	
remains	 currently	 debated,	 specifically	 regarding	 the	 components	
of	the	dataset	that	should	be	preserved	(e.g.,	species	richness	and/
or	 species	 occurrence),	 while	 randomizing	 the	 pattern	 of	 interest	
(Connor	&	Simberloff,	1979;	Ulrich	&	Gotelli,	2013).	Randomization	
of	 presence-	absence	 matrices	 is	 constrained,	 at	 least,	 by	 the	

observed	number	of	rows	and	columns,	which	depend	on	the	num-
ber	of	sites	and	species.	Usually,	the	matrix	fill,	which	corresponds	to	
the	ratio	of	the	total	number	of	occurrences	to	the	number	of	matrix	
cells,	is	also	fixed.	Therefore,	the	variation	among	existing	null	mod-
els	 generally	 depends	 on	 the	way	marginal	 totals	 are	 treated.	 For	
rows	corresponding	to	sites	and	columns	to	species,	the	row	and	col-
umn	marginal	totals	are	unconstrained,	when	assuming	that	all	sites	
are	potentially	equally	suitable,	and	all	species	are	potentially	equally	
common,	 respectively.	 In	contrast,	marginal	 totals	are	 fixed,	when	
assuming	species	richness	and	frequencies	reflect	 intrinsic	ecolog-
ical	(e.g.,	habitat	harshness)	and	biological	(e.g.,	reproductive	strat-
egy)	 factors,	 respectively.	 Finally,	 halfway	 between	 both	 options,	
marginal	totals	of	the	null	matrix	can	be	proportionally	constrained,	
matching	on	average	those	of	the	original	matrix.	Procedures	have	
been	developed	to	randomize	presence-	absence	matrices,	using	one	
of	these	three	approaches	for	rows	and	columns	separately,	giving	
rise	to	nine	different	algorithms	(Gotelli,	2000).	There	are	unavoid-
able	tradeoffs	between	Type	I	(i.e.,	rejecting	a	true	null	hypothesis)	
and	Type	 II	 (i.e.,	 failing	 to	 reject	 a	 false	null	 hypothesis)	 statistical	
errors.	The	least	restrictive	algorithms	are	prone	to	Type	I	error	and	
the	most	 restrictive	prone	to	Type	 II	error.	Because	differences	 in	
imposed	 constraints	 can	 result	 in	 contrasted	 null	model	matrices,	
Strona	et	al.	(2018)	proposed	a	new	modeling	framework	based	on	
a	flexible	matrix	randomization	algorithm.	The	procedure	allows	ex-
ploring	the	complete	null	space	of	existing	algorithms	and	assessing	
how	the	magnitude	of	the	structural	patterns	varies	according	to	a	
continuous	range	of	possible	assumptions.

Multiple	studies	assessed	the	variation	in	�-	diversity	along	alti-
tudinal	gradients	 (Jankowski	et	al.,	2009;	 Syfert	et	al.,	2018;	Tang	
et	 al.,	 2012).	 Some	 accounted	 for	 �-	diversity	 partition	 (Bishop	
et	 al.,	 2015;	 Da	 Silva	 et	 al.,	 2018;	 Fontana	 et	 al.,	 2020;	 García-	
Navas	et	al.,	2020)	and	stochasticity	 (Bishop	et	al.,	2015;	Da	Silva	
et	al.,	2018;	Sabatini	et	al.,	2018;	Tello	et	al.,	2015).	Relatively	few	
assessments	 focused	 on	 stream	 biodiversity	 (Castro	 et	 al.,	 2019; 
Jacobsen,	2003;	Jaramillo-	Villa	et	al.,	2010).	These	all	showed	a	pos-
itive	relationship	between	�-	diversity	and	elevation.	However,	none	
of	them	considered	either	the	two	components	of	�-	diversity	sepa-
rately,	or	the	nonrandom	spatial	species	distribution.	Exhibiting	high	
among-	site	variation,	headwaters	have	been	considered	as	vital	 to	
stream	network	biodiversity	 (Finn	et	 al.,	2013).	However,	 a	better	
understanding	 of	 the	 ecological	 phenomena	 underlying	 stream	 �
-	diversity	is	needed	for	proper	inferences.	As	a	matter	of	fact,	higher	
�-	diversity	does	not	necessarily	lead	to	higher	�-	diversity,	especially	
when	 it	 is	 driven	 by	 species	 loss.	 Environmental	 filtering	 and	 dis-
persal	limitations	occurring	at	different	scales	have	been	suggested	
to	 be	 the	 main	 ecological	 phenomena	 causing	 �-	diversity.	 Similar	
environmental	characteristics	are	usually	related	to	similar	species	
composition,	as	long	as	there	are	no	major	accessibility	constraints	
(Freestone	&	Inouye,	2006).	In	a	null	model	approach,	these	deter-
ministic	mechanisms	should	lead	to	a	deviation	from	the	null	model,	
which	is	only	driven	by	stochasticity.	By	assessing	the	relative	impor-
tance	of	the	turnover	and	the	nestedness	of	aquatic	invertebrates	in	
the	Swiss	Alpine	region	taking	into	account	potential	stochasticity,	
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we	aimed	to	clarify	previous	research	outcomes	and	to	contribute	to	
the	rich	debate	on	the	use	of	null	model	approach.

2  |  METHODS

2.1  |  Study area and invertebrate data

The	Swiss	Alpine	region	occupies	an	area	of	25,819 km2	and	shows	a	
steep	altitudinal	gradient	(range:	194–	4634 m a.s.l.).	Climatic	condi-
tions	are	mainly	oceanic	in	the	Northern	Alps,	and	Mediterranean	in	
the	Southern	Alps,	while	the	Central	Alps	have	an	 intra-	alpine	dry	
continental	climate	(MeteoSwiss,	2020).	The	Alpine	föhn	is	a	warm	
wind,	 which	 causes	 warming	 and	 drying	 of	 air	 on	 the	 lee	 side	 of	
the	mountain	range	and	orographic	precipitation	on	the	windward	
slopes.	Climate	in	intra-	alpine	valleys	is	thus	relatively	mild,	whereas	
higher	altitudes	experience	arctic	temperatures.

Presence-	absence	 data	 of	 aquatic	 invertebrates	 identified	
at	 the	 family	 level	 from	 309	 sites	 were	 obtained	 from	 the	 Swiss	
Centre	 for	 the	 Cartography	 of	 the	 Fauna	 (InfoFauna—	CSCF).	
Despite	its	relatively	coarse	resolution,	the	family	level	has	already	
been	used	 in	other	�-	diversity	assessments	 (Alves	et	al.,	2020; Da 
Silva	 et	 al.,	 2018)	 and	 it	 has	 been	 shown	 to	be	 an	 effective	 taxo-
nomic	surrogate	to	detect	spatial	differences	in	�-	diversity	(Terlizzi	
et	 al.,	2009).	As	 consumers	 at	 intermediate	 trophic	 levels,	 aquatic	
invertebrates	are	affected	by	both	bottom-	up	and	top-	down	drivers,	
providing	a	broad	insight	 into	stream	ecosystem	function	(Wallace	
&	Webster,	1996).	Furthermore,	these	organisms	show	a	large	spec-
trum	of	responses	to	different	stressors,	associated	with	a	high	tax-
onomical	and	functional	diversity,	and	they	are	relatively	sedentary,	
which	 allows	effective	 spatial	 analyses	 (Rosenberg	&	Resh,	1993).	
Observations	corresponded	to	surveys	carried	out	across	the	Swiss	
Alpine	region	between	2013	and	2017	within	the	framework	of	the	
Swiss	 Biodiversity	 Monitoring	 Program.	 We	 assumed	 a	 relatively	
high	 stability	 of	 invertebrate	 assemblages	 at	 that	 temporal	 scale	
(Fritz	 &	 Dodds,	 2004;	 Lawrence	 et	 al.,	 2010).	 Standard	 sampling	
within	 streams	occurred	during	 the	optimal	 period	 in	 terms	of	 in-
vertebrate	diversity,	 from	March	 to	 June	depending	on	 the	eleva-
tion	(Stucki,	2019).	We	assigned	each	site	to	one	of	four	bioclimatic	
stages	(Prunier	et	al.,	2013),	which	were	based	on	mean	annual	tem-
perature	 (MeteoSwiss,	 2019)	 and	 distributed	 along	 the	 altitudinal	
gradient	(Table 1).

As	 the	 study	 area	 included	 different	 slope	 orientations,	 we	
preferred	 to	 use	 temperature	 rather	 than	 elevational	 classes	 to	
reduce	 the	 bias	 caused	 by	 potential	 differences	 in	 environmental	
condition	 heterogeneity.	Median	 pairwise	 Euclidean	 distances	 be-
tween	sites	among	stages	ranged	from	80	to	99 km.	Distances	were	
slightly	 lower	at	the	subalpine	stage,	but	no	gradual	changes	were	
observed.	 The	 number	 of	 sampled	 sites	 varied	 among	 the	 stages	
(Figure 1);	 however,	no	major	 sampling	effort	bias	was	 suspected,	
as	this	number	followed	the	distribution	of	stream	length	across	el-
evation,	peaking	at	medium	altitude.	Nevertheless,	to	facilitate	the	
comparison	 through	 the	 bioclimatic	 stages	 and	 reduce	 a	 potential	

bias	 caused	by	 these	differences,	we	 randomly	 selected	 the	 same	
number	 of	 sites	 per	 level,	 corresponding	 to	 the	minimum	number	
of	observations	among	the	stages	(i.e.,	32	sites).	This	procedure,	as	
well	as	the	subsequent	analyses,	was	repeated	100	times,	and	the	
results	were	averaged	to	produce	a	single	estimation	per	level.	The	
78	taxonomical	 families	belonging	to	17	taxonomical	orders	 taken	
into	account	in	this	study	are	listed	with	their	observed	frequencies	
at	each	bioclimatic	stage	in	Figure 2.

2.2  |  Analysis

2.2.1  |  �-	Diversity

We	used	 the	�-	diversity	partition	proposed	by	Baselga	 (2010b)	 to	
assess the overall �-	diversity,	as	well	as	its	turnover	and	nestedness	
components.	Considering	the	Sørensen	(�sor)	and	the	Simpson	(�sim)	
dissimilarity	indices	as	measures	of	the	total	�-	diversity	and	the	spa-
tial	turnover,	respectively,	Baselga	(2010b)	derived	the	nestedness	
component	(�sne),	so	that	�sor = �sim + �sne.	As	pairwise	dissimilarities	
do	not	account	for	patterns	of	co-	occurrence	among	more	than	two	
sites,	and	therefore,	do	not	accurately	reflect	the	overall	composi-
tional	 heterogeneity	 (Baselga,	 2013;	 Diserud	 &	 Ødegaard,	 2007),	
we	opted	 for	 the	multiple-	site	 indices.	 For	 each	bioclimatic	 stage,	
we	calculated	the	three	indices,	as	well	as	two	of	the	most	relevant	
presence-	absence	matrix	parameters,	namely	the	�-	diversity,	which	
determines	the	dimension	of	the	matrix	for	a	fixed	number	of	sites,	
and	the	matrix	fill.	As	major	ecological	assumptions	are	made	when	
fixing	these	parameters	in	null	model	analysis,	we	found	insightful	to	
assess	their	relationship	with	the	�-	diversity	indices	in	the	context	
of	our	data.	The	�-	diversity	indices	were	calculated	using	the	“beta-
part”	package	(Baselga	et	al.,	2018)	in	R	(R	Core	Team,	2019).

2.2.2  |  Null	model

The	 effect	 size	 of	 nonrandom	 spatial	 distribution	 of	 taxa	 on	 �
-	diversity,	 also	 called	 �-	deviation	 (Δ�),	 was	 assessed	 using	 the	
“Tuning	Peg”	(TP)	algorithm	from	Strona	et	al.	(2018).	In	combination	
with	a	wise	random	walk,	it	allows	exploring	the	complete	null	space,	
which	is	subdivided	in	a	regular	two-	dimensional	grid	containing	121	

TA B L E  1 Four	bioclimatic	stages	used	in	this	study,	based	on	
the	mean	annual	temperature	averaged	over	the	years	2009–	
2018	(MeteoSwiss,	2019).	The	elevation	range	corresponds	to	the	
sampling	elevation	range	of	the	observed	data	for	each	bioclimatic	
stage

Bioclimatic stage Mean temperature Elevation range

Foothill >8°C 196–	1203	m	a.s.l.

Montane 4–	8°C 582–	2174	m	a.s.l.

Subalpine 0–	4°C 1314–	2555	m	a.s.l.

Alpine <0°C 2036–	2631	m	a.s.l.
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cells	(11	× 11)	with	the	two	dimensions	corresponding,	respectively,	
to	the	discrepancy	in	row	and	column	marginal	totals	between	the	
original	and	the	randomized	matrix.	At	the	bottom-	left	corner	of	the	
null	space,	we	have	the	most	conservative	algorithm	that	preserves	
the	row	and	column	marginal	totals,	and	at	the	other	extreme,	the	
most	liberal	one,	which	places	occurrences	in	cells	with	equal	prob-
ability.	We	applied	the	TP	algorithm	to	our	original	matrices,	and	we	
calculated	the	deviation	from	the	null	expectation	at	each	node	of	
the	grid.	As	�sor,	�sim,	 and	�sne	 are	 in	 the	same	unit,	 ranging	all	be-
tween	0	and	1,	and	in	order	to	preserve	their	additive	property,	we	
opted	to	consider	the	raw	instead	of	the	standardized	�-	deviation.	
For	each	 index,	 the	deviation	was	calculated	as	the	difference	be-
tween	the	observed	�	 (�obs)	and	the	mean	of	 the	null	distributions	
(�null):

Positive	 and	 negative	 values	 indicate	 a	 higher	 and	 a	 lower	 �
-	diversity,	 respectively,	 than	 the	one	expected	by	chance.	We	 re-
peated	the	procedure	100	times,	and	for	each	node,	we	averaged	
the	 deviations	 and	 calculated	 p-	values	 computed	 as	 the	 fraction	
of	 null	matrices	 having	�-	diversity	 scores	 higher	 than	 the	 original	
ones.	We	created	 two	 landscapes	of	�-	deviation	and	 significance,	
by	plotting	the	deviation	and	the	p-	values	for	each	index	and	biocli-
matic	stage	in	a	bidimensional	grid	corresponding	to	the	null	space.	
Considering	a	level	of	significance	of	.05,	�-	deviation	was	significant	
when	its	corresponding	p-	value	was	lower	than	.05	or	higher	than	
.95.	We	compared	the	�sor-	,	�sim-	,	and	�sne-	deviations	among	the	bio-
climatic	stages,	taking	into	account	different	levels	of	conservative-
ness.	The	�-	deviation	obtained	within	the	bottom-	left	quarter	(i.e.,	
relatively	low	discrepancy)	and	the	top-	right	quarter	(i.e.,	relatively	
high	discrepancy)	of	the	bidimensional	null	space	was	considered	as	
conservative	 and	 liberal,	 respectively,	while	 considering	 the	over-
all	 results	 as	moderately	 conservative.	 Finally,	 pairwise	Wilcoxon	
tests	 were	 used	 to	 assess	 the	 differences	 among	 the	 bioclimatic	
stages	(� level =	0.05),	for	each	level	of	conservativeness,	using	the	
Holm	procedure	 to	 control	 the	 family-	wise	 error	 rate.	 For	 the	TP	

algorithm,	we	used	a	slightly	modified	version	of	the	R	script	from	
Strona	et	al.	(2018)	(i.e.,	we	replaced	the	diversity	indices),	in	order	
to	take	into	account	the	�-	diversity	indices	from	Baselga	(2010b).

3  |  RESULTS

Overall,	 the	 family	 spatial	 turnover	 contributed	 much	 more	 than	
nestedness	 to	 the	 total	�-	diversity.	The	very	high	 total	�-	diversity	
was	 relatively	 stable	 along	 the	 altitudinal	 gradient,	 whereas	 the	
spatial	turnover	and	the	nestedness	components	decreased	and	in-
creased,	respectively,	with	elevation	 (Figure 3).	These	trends	were	
not	related	to	the	variation	in	the	matrix	fill,	which	fluctuated	along	
the	altitudinal	gradient,	within	a	narrow	range	of	values.	In	contrast,	
we	observed	a	regular	trend	of	the	�-	diversity,	which	decreased	reg-
ularly	from	low	to	high	elevation.

The	effect	size	of	nonrandom	spatial	distribution	of	taxa	on	the	
total �-	diversity	was	 always	negative	but	 close	 to	 zero.	 The	 slight	
variations,	 for	 a	 given	bioclimatic	 stage,	mainly	depended	on	how	
the	family	frequencies	were	treated	in	the	null	model	(Figure 4).	The	
higher	 the	 discrepancy,	 the	 more	 negative	 the	 deviation.	 Except	
when	 the	 family	 frequencies	 were	 fixed,	 deviation	 from	 the	 null	
model	was	always	significant	(Figure 5).	The	effect	size	of	nonran-
dom	distribution	was	much	more	pronounced	for	�sim	and	�sne,	which	
behaved	in	opposite	directions	(Figure 4).	While	�sim-	deviation	was	
always	 negative,	�sne-	deviation	was	 always	 positive,	 and	 both	 dis-
crepancies	 in	 family	 frequencies	and	 richness	had	an	 influence	on	
the	absolute	deviations.	Except	for	very	constrained	null	models,	the	
measured	effect	sizes	were	always	significant	(Figure 5).

Overall,	 the	 absolute	 deviations	 of	 �sim	 and	 �sne	 from	 the	 null	
model	 tend	 to	 increase	with	 elevation	 (Figures 6	 and	7).	 The	�sim
-	deviation	declined	along	the	altitudinal	gradient,	while	the	opposite	
trend	was	observed	for	�sne.	Differences	 in	deviation	between	the	
subalpine	and	the	alpine	stages	for	�sim	were	not	significant,	regard-
less	of	the	level	of	conservativeness.	In	contrast,	differences	for	�sne 
between	these	stages	were	always	significant.	Differences	in	devi-
ation	among	the	bioclimatic	stages	for	�sor	were	always	significant,	

(1)Δ� = �obs − �null.

F I G U R E  1 Map	of	Switzerland	and	the	
location	of	the	observations	in	the	Swiss	
Alpine	region	(N =	309).	Symbols	relate	to	
the	bioclimatic	stage	of	each	observation.	
The	golden	and	purple	shades	represent	
the	Swiss	Alpine	region	and	lakes,	
respectively.
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with	absolute	values	being	higher	at	the	subalpine	stage	(Figure 8).	
Finally,	the	more	constrained,	the	higher	the	deviation	variance.

4  |  DISCUSSION

4.1  |  Raw �- diversity

In	contrast	with	other	studies	that	focused	on	aquatic	invertebrates	
(Castro	et	al.,	2019;	Jacobsen,	2003),	we	observed	no	increase	in	the	
total �-	diversity	along	the	altitudinal	gradient.	Assuming	a	negative	
relationship	 between	 stream	order	 and	 elevation,	 our	 results	 also	
differed	from	those	of	Finn	et	al.	(2013),	who	showed	that	headwa-
ters were associated with higher �-	diversity	than	mid-	order	streams.	
They	also	used	the	Sørensen's	dissimilarity	index,	which	supposedly	
makes	our	studies	comparable.	However,	their	outcomes	were	based	
on	mean	pairwise	dissimilarities	 instead	of	 the	multiple-	site	 index.	

Both	methods	can	yield	different	results	and	lead	to	contrasted	eco-
logical	inferences.	Indeed,	using	pairwise	dissimilarities	in	a	supple-
mentary	analysis,	we	observed,	 in	 line	with	Finn	et	al.	 (2013),	 that	
the raw �sor	was	much	higher	in	the	alpine	than	in	the	subalpine	or	
montane	stages.	Nevertheless,	unlike	 the	multiple-	site	 index,	pair-
wise	 dissimilarities	 do	 not	 account	 for	 patterns	 of	 co-	occurrence	
involving	more	than	two	sites,	and	they	are	not	linked	to	the	strict	
sense	definition	of	�-	diversity,	namely	the	effective	number	of	dif-
ferent	communities	in	the	regional	pool	(Baselga,	2013).	Regarding	
the	 contribution	 of	 the	 two	 �-	diversity	 components,	 our	 results	
matched	 those	 obtained	 in	 assessments	 that	 focused	 on	 macro-
phytes	(Alahuhta	et	al.,	2017;	Fu	et	al.,	2019),	highlighting	the	promi-
nent	role	of	the	spatial	turnover	 in	explaining	the	total	�-	diversity.	
Nonetheless,	 any	 ecological	 interpretation	 of	 this	 pattern	 that	
ignores	 the	 potential	 random	 processes	 in	 community	 assembly	
could	be	biased	and	misinform	conservation	management.	 Indeed,	
while	preserving	taxon-	rich	areas	may	be	recommended	in	systems	

F I G U R E  2 Heatmap	showing	the	
observed	taxon	frequency	at	the	four	
bioclimatic	stages	in	the	Swiss	Alpine	
regions.
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structured	by	biotic	nestedness,	a	network	of	small	reserves	is	advis-
able	to	protect	most	of	the	taxa	where	the	spatial	turnover	is	high	
(Clarke	et	al.,	2008).

4.2  |  �- deviation: ecological and methodological 
considerations

We	observed	a	particularly	low	�sor-	deviation,	yet	overall	significant,	
which	means	that	the	observed	�sor	was	close	to	the	null	expecta-
tion.	This	was	not	surprising,	as	�sor,	being	a	monotonic	transforma-
tion	 of	 the	 multiplicative	Whittaker's	 �-	diversity,	 mainly	 depends	
on	the	matrix	fill	 (Ulrich	et	al.,	2017),	which	was	fixed	for	the	con-
struction	of	the	null	models.	This	highlights	the	importance	of	being	
aware	 of	 the	 null	model	 constraints	 and	 its	 implications.	 In	 a	 null	

model	analysis,	the	measured	effect	size	of	nonrandom	factors	only	
relates	 to	 ecological	 processes	 that	 actually	 influence	 the	 varying	
parameters,	 but	 not	 the	 fixed	 ones.	 Therefore,	 the	 �sor-	deviation	
only	 reflected	 a	minor	 part	 of	 the	 ecological	 processes	 producing	
the total �-	diversity,	that	is,	the	one	that	is	not	related	to	the	matrix	
fill.	 Although	 our	 null	model	 analysis	may	 be	 irrelevant	 for	�sor ,	 it	
provided	important	insights	into	the	effect	size	of	nonrandom	spatial	
distribution	of	taxa	on	its	components,	namely	the	turnover	and	the	
nestedness.	These	are	mostly	related	to	the	distribution	of	the	mar-
ginal	totals	and	do	not	depend	on	the	matrix	fill,	at	least	in	our	case.	
Indeed,	while	nestedness	structures	cannot	occur	with	rare	species	
only	(i.e.,	very	low	matrix	fill),	both	turnover	of	taxa	and	nested	as-
semblages	are	possible	considering	the	mean	frequency	of	the	taxa	
included	in	this	study	(≈0.33).	That	being	said,	the	spatial	turnover	
of	 invertebrate	 families	 and	 the	 nestedness	 of	 assemblages	 were	

F I G U R E  3 Total	�-	diversity	(�sor)	and	
its	components	(�sim	and	�sne),	as	well	as	
the �-	diversity	and	the	matrix	fill	along	the	
altitudinal	gradient,	based	on	observed	
invertebrate	data.	The	points	represent	
the	average	values	at	each	bioclimatic	
stage.
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F I G U R E  4 Effect	size	of	nonrandom	
spatial	distribution	of	taxa	on	the	total	�
-	diversity	(�sor),	and	on	its	spatial	turnover	
(�sim)	and	nestedness	(�sne)	components,	
measured	as	the	deviation	from	the	
null	expectation,	for	different	values	of	
discrepancy	in	row	and	column	marginal	
totals	between	the	original	and	the	
randomized	matrix.
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notably	 lower	and	higher,	 respectively,	 than	the	ones	expected	by	
chance.	We	believe	that	both	the	large	topographic	barriers	existing	
in	the	Alps	(Tonkin	et	al.,	2018)	and	the	fragmentation	of	habitats	in-
duced	by	human	activities	are	limiting	the	dispersal	of	some	aquatic	
invertebrates	in	the	Swiss	Alpine	region	(Dynesius	&	Nilsson,	1994; 
Ward	&	Stanford,	1995).	Dam	constructions	represent	a	neat	exam-
ple	of	 how	 stream	habitats	 can	be	 fragmented,	 but	depending	on	
how	the	aquatic	invertebrates	disperse	(Bohonak	&	Jenkins,	2003; 
May,	2019),	human	activities	 in	the	catchment	can	also	undermine	
inland	connectivity.	Furthermore,	at	high	altitude,	the	stream	condi-
tions	become	harsh	(Birrell	et	al.,	2020;	Jacobsen	&	Dangles,	2017),	
and	the	network	distances	between	streams	are	 larger	due	to	 the	
dendritic	structure	of	 the	river	network.	At	 lower	elevation,	 rivers	
and	streams	suffer	pollution	from	urban	and	agricultural	areas	(Kunz	
et	al.,	2016).	Stressful	conditions	and	differential	dispersal	capacity	
are	known	to	promote	higher	nestedness	structures	(Baselga,	2010b)	

and	to	reduce	the	relative	contribution	of	the	taxon	turnover	to	the	
total �-	diversity.

Based	 on	 the	 raw	 index	 scores,	 we	 could	 infer	 that	 the	 sole	
variation	in	�-	diversity	may	explain	the	differences	in	�sim-		and	�sne
-	deviation	along	the	altitudinal	gradient.	However,	after	accounting	
for	it	in	the	null	model	analysis,	we	still	observed	important	changes	
in	 both	 components	 of	 the	 �-	diversity,	 regardless	 of	 the	 level	 of	
conservativeness.	At	high	elevation,	 the	 lower	 and	 the	higher	�sim
-		and	�sne-	deviation,	respectively,	could	be	explained	by	the	effects	
of	 glacier	melt	 contribution	 to	 stream	 runoff,	 acting	 as	 a	 stronger	
filter.	We	also	hypothesize	that,	following	the	general	theory	of	the	
abundance–	occupancy	relationships	(Gaston	et	al.,	2000),	potential	
dispersal	 limitations	 promoting	 nestedness	might	 be	 linked	 to	 the	
low	abundance	of	the	majority	of	the	taxa	at	high	elevation	 in	the	
Swiss	Alpine	region	(Alther	et	al.,	2019).	In	contrast,	at	low	elevation,	
the	relatively	higher	and	lower	�sim-		and	�sne-	deviation,	respectively,	

F I G U R E  5 Significance	of	the	effect	
size	of	nonrandom	spatial	distribution	of	
taxa	on	the	total	�-	diversity	(�sor),	and	on	
its	spatial	turnover	(�sim )	and	nestedness	
(�sne)	components,	for	different	values	
of	discrepancy	in	row	and	column	
marginal	totals	between	the	original	and	
the	randomized	matrix.	P-	values	were	
computed	as	the	fraction	of	null	matrices	
having	�-	diversity	values	higher	than	
the	original	ones.	Considering	a	level	of	
significance	of	.05,	the	effect	size	was	
significant	when	its	corresponding	p-	value	
was	lower	than	.05	or	higher	than	.95.
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F I G U R E  6 Distribution	of	the	�sim
-	deviation	(Δ�sim)	along	the	altitudinal	
gradient,	according	to	different	levels	
of	conservativeness.	Symbols	located	
above	the	brackets	indicate	the	difference	
significance	between	consecutive	
bioclimatic	stages	(**p ≤ .01,	****p ≤ .0001,	
ns:	nonsignificant).	The	horizontal	dashed	
line	represents	the	null	expectation.	
Positive	and	negative	values	indicate	
a	stronger	and	a	weaker	pattern,	
respectively,	than	the	one	expected	by	
chance.
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might	be	related	to	a	potential	higher	“natural”	environmental	het-
erogeneity	 and	 the	 broader	 range	 of	 human	 impact	 types	 (Kunz	
et	al.,	2016).	The	diversity	of	anthropogenic	influences	may	produce	
a	diversity	of	ecological	responses	that	are	unlikely	to	be	observed	
at	high	altitude,	potentially	strengthening	the	environmental	filter-
ing.	A	single	disturbance	promotes	nestedness	of	assemblages,	but	
different	kinds	of	disturbance	(e.g.,	eutrophication,	pesticide	and	in-
dustrial	pollution,	and	habitat	degradation)	 in	different	sites	could,	
potentially,	enhance	the	taxon	turnover.	In	human-	impacted	regions,	
the	variation	in	�-	diversity	along	the	altitudinal	gradient	is,	thus,	very	
likely	to	be	driven	by	a	complex	interaction	between	“natural”	and	
anthropogenic	factors.

Overall,	 the	 raw	 index	 scores	 and	 the	 deviation	 values	 fol-
lowed	analogous	trends	across	elevation,	which	means	that	the	null	
model	parameters	at	each	biological	stage	were	sufficiently	close	to	

produce	similar	random	patterns,	leading	to	relatively	constant	null	
values.	The	conditions	were	clearly	favorable	toward	high	turnover,	
which	made	the	actual	nestedness	pattern	remarkable.	Furthermore,	
the	 lower	 the	constraints	were,	 the	 lower	 the	null	model	variance	
was,	and	the	closer	the	trends	of	both	the	raw	and	the	deviation	val-
ues	were.	This	underlines	the	high	consistency	of	the	three	indices	
under	flexible	randomization.

4.3  |  Study limitations

We	are	aware	of	the	limitations	of	our	study,	particularly	those	re-
garding	site	distribution.	Indeed,	these	were	not	distributed	along	a	
single	mountainside,	but	across	the	entire	Swiss	Alpine	region.	Even	
though	we	opted	to	consider	bioclimatic	stages	instead	of	elevation,	

F I G U R E  7 Distribution	of	the	�sne
-	deviation	(Δ�sne)	along	the	altitudinal	
gradient,	according	to	different	levels	of	
conservativeness.	See	Figure 6	for	more	
details	regarding	the	symbols	and	the	
horizontal	dashed	line.
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F I G U R E  8 Distribution	of	the	�sor
-	deviation	(Δ�sor)	along	the	altitudinal	
gradient,	according	to	different	levels	of	
conservativeness.	See	Figure 6	for	more	
details	regarding	the	symbols	and	the	
horizontal	dashed	line.
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our	results	were	potentially	affected	by	influence	of	the	spatial	het-
erogeneity	 at	 this	 scale.	 At	 least,	 the	 distances	 among	 sites	were	
quite	similar	regardless	of	elevation,	and	we	observed	no	indication	
of	a	possible	relationship	between	our	results	and	the	small	extent	
differences	 among	 the	 analyzed	 bioclimatic	 stages.	 Furthermore,	
the	taxonomic	resolution	was	relatively	coarse,	and	the	considered	
taxa	 had	 a	 potentially	 large	 range	 of	 suitable	 habitats.	 This	might	
partially	explain	the	relatively	low	spatial	turnover.	Even	if	families	
have	been	used	 in	other	studies	on	�-	diversity	 (Alves	et	al.,	2020; 
Da	Silva	et	 al.,	2018)	 and	 shown	 to	be	effective	 taxonomic	 surro-
gates	to	detect	spatial	differences	in	�-	diversity	(Terlizzi	et	al.,	2009),	
processes	occurring	at	the	species	level	may	not	be	reflected	in	our	
analysis.

4.4  |  Null model debate

Beyond	 the	 question	 of	 the	 boundary	 conditions,	 Ulrich	
et	 al.	 (2017)	 argued	 that	null	model	 analysis	 approaches	 are	un-
able	 to	 determine	whether	measured	�-	deviation	 evidences	 real	
ecological	processes	or	just	differences	in	the	size	of	the	species	
pool.	In	our	opinion,	the	size	of	the	species	pool	per	se	does	not	
represent	any	problem	when	assessing	�-	diversity.	Multiplicative	
�-	diversity	and	all	its	monotonic	transformations	are	not	intrinsi-
cally	dependent	on	�-	diversity	 (Baselga,	2010a).	The	actual	 issue	
lies	in	the	bias	that	different	scales	and/or	sampling	efforts	can	in-
duce	when	analyzing	the	�-		�-	diversity	relationship,	and	we	agree	
that	null	models	do	not	correct	 for	 it.	This	 is	not	 their	objective	
either,	 and	 according	 to	Xing	 and	He	 (2020),	 this	misinterpreta-
tion	has	discredited	 the	use	of	 a	promising	approach	 in	 commu-
nity	ecology.	Differences	in	�-	diversity	from	different	areas	of	the	
same	extent	and	equally	sampled	should	not	be	a	concern.	Ulrich	
et	al.	 (2017)	also	showed	that	deviation	 in	 the	proportional	 spe-
cies	 turnover	 (�p)	 was	 a	 simple	 function	 of	 the	 observed	matrix	
fill.	Given	the	fact	that	�p	only	depends	on	the	matrix	fill	and	that	
the	randomization	parameter	allowed	the	matrix	fill	to	vary,	their	
finding	is	not	surprising.	Ultimately,	they	highlighted	that	the	de-
viation	from	the	null	expectation	of	a	given	index	is	a	function	of	
the	parameter,	in	a	broad	sense,	that	is	allowed	to	vary	when	con-
structing	the	null	model,	as	far	as	it	influences	its	score.	This	may	
sound	logical,	but	 it	emphasizes	the	non-	triviality	of	the	ecologi-
cal	hypotheses	regarding	the	deterministic	factors	that	drive	the	�
-	diversity,	as	any	�-	deviation	is	calculated	based	on	these	hypoth-
eses.	In	consequence,	both	the	conditions	under	which	the	origi-
nal	matrix	is	randomized	and	the	sensitivity	of	the	chosen	metric	
to	these	conditions	must	be	carefully	selected	to	be	ecologically	
plausible,	and	to	avoid	Type	I	and	II	errors	(Gotelli,	2000).

In	 this	 study,	 we	 assumed	 a	 fixed	 �-	diversity,	 hypothesizing	
that	it	is	the	spatial	distribution	of	taxa	that	is	responsible	for	the	�
-	diversity,	and	not	the	�-	diversity	per	se.	We	also	assumed	a	fixed	
matrix	 fill,	which	 limited	our	assessment	of	 the	effect	size	of	non-
random	processes	on	�sor,	 but	 allowed	us	 to	 focus	on	 the	 relative	
contribution	of	�sim	and	�sne.	Finally,	we	did	not	take	into	account	any	

rationale	regarding	the	family	frequencies	and	the	site	richness,	but	
rather	a	continuous	range	of	possible	assumptions.

5  |  CONCLUSION

We	found	that	the	spatial	turnover	of	invertebrate	families	and	the	
nestedness	of	assemblages	in	the	Swiss	Alpine	region	were	notably	
lower	and	higher,	 respectively,	 than	the	ones	expected	by	chance.	
This	pattern	increased	with	elevation	pointing	out	the	fact	that	the	
deterministic	 ecological	 phenomena	 underlying	 stream	�-	diversity	
vary	 along	 the	 elevation	 gradient.	 Nested	 pattern	 is	 likely	 to	 be	
promoted	by	pollution	at	 low	altitude	and	by	harsh	conditions	and	
accessibility	 constraints	 at	 high	 altitude.	 From	 a	 methodological	
perspective	and	 in	order	to	clarify	the	goals	and	the	 limitations	of	
the	null	model	 approach	and	prevent	ecological	misinterpretation,	
we	encourage	other	researchers	to	explicitly	state	and	discuss	their	
own	assumptions	and	their	implications,	when	using	null	model	ap-
proaches	in	ecology.

AUTHOR CONTRIBUTIONS
Pablo Timoner:	 Conceptualization	 (lead);	 formal	 analysis	 (lead);	
methodology	 (lead);	 visualization	 (lead);	 writing	 –		 original	 draft	
(lead);	writing	–		review	and	editing	(lead).	Pierre Marle: Methodology 
(supporting);	 visualization	 (supporting);	 writing	 –		 review	 and	 edit-
ing	 (supporting).	 Emmanuel Castella:	 Methodology	 (supporting);	
supervision	 (equal);	validation	 (equal);	writing	–		review	and	editing	
(supporting).	Anthony Lehmann:	Funding	acquisition	(lead);	project	
administration	(lead);	supervision	(equal);	validation	(equal);	writing	
–		review	and	editing	(supporting).

ACKNOWLEDG MENTS
The	authors	acknowledge	the	collaboration	with	 the	Swiss	Centre	
for	the	Cartography	of	the	Fauna	(InfoFauna—	CSCF)	and	all	the	con-
tributors	who	made	available	the	invertebrate	occurrence	data.	They	
also	wish	to	greatly	acknowledge	the	funding	of	the	Swiss	National	
Science	Foundation	No.	315230_173206.	They	also	thank	Julie	Fahy	
for	proofreading	this	article.

CONFLIC T OF INTERE S T
The	authors	declare	no	conflict	of	interest.

DATA AVAIL ABILIT Y S TATEMENT
All	 the	 raw	 data	 that	 support	 the	 findings	 of	 this	 study	 are	 pro-
vided at: https://doi.org/10.5061/dryad.6hdr7 sr2h.	 All	 the	 code	
that	supports	 the	findings	of	 this	study	 is	provided	at:	https://doi.
org/10.5281/zenodo.5799486.	R	(v.4.1.1)	was	used	for	data	analy-
sis,	including	the	following	packages:	betapart	(v.1.5.4),	plyr	(v.1.8.6),	
igraph	 (v.1.2.9),	 reshape2	 (v.1.4.4),	 foreach	 (v.1.5.1),	 doParallel	
(v.1.0.16),	 ggplot2	 (v.3.3.5),	 ggpubr	 (v.0.4.0),	 cowplot	 (v.1.1.1),	 and	
viridis	 (v.0.6.2).	For	 the	 “Tuning	Peg”	algorithm,	we	used	a	 slightly	
modified	version	of	the	R	script	from	Strona	et	al.	(2018),	in	order	to	
take	into	account	the	�-	diversity	indices	from	Baselga	(2010a).

https://doi.org/10.5061/dryad.6hdr7sr2h
https://doi.org/10.5281/zenodo.5799486
https://doi.org/10.5281/zenodo.5799486


10 of 12  |     TIMONER et al.

ORCID
Pablo Timoner  https://orcid.org/0000-0003-4757-4928 

R E FE R E N C E S
Alahuhta,	 J.,	 Kosten,	 S.,	 Akasaka,	 M.,	 Auderset,	 D.,	 Azzella,	 M.	 M.,	

Bolpagni,	R.,	Bove,	C.	P.,	Chambers,	P.	A.,	Chappuis,	E.,	Clayton,	J.,	
de	Winton,	M.,	Ecke,	F.,	Gacia,	E.,	Gecheva,	G.,	Grillas,	P.,	Hauxwell,	
J.,	Hellsten,	S.,	Hjort,	J.,	Hoyer,	M.	V.,	…	Heino,	J.	(2017).	Global	vari-
ation	in	the	beta	diversity	of	lake	macrophytes	is	driven	by	environ-
mental	heterogeneity	rather	than	latitude.	Journal of Biogeography,	
44(8),	1758–	1769.	https://doi.org/10.1111/jbi.12978

Alther,	 R.,	 Thompson,	 C.,	 Lods-	Crozet,	 B.,	 &	 Robinson,	 C.	 T.	 (2019).	
Macroinvertebrate	 diversity	 and	 rarity	 in	 non-	glacial	 Alpine	
streams.	Aquatic Sciences,	81(3),	42.	https://doi.org/10.1007/s0002 
7-	019-	0642-	3

Alves,	A.	T.,	Petsch,	D.	K.,	&	Barros,	F.	(2020).	Drivers	of	benthic	meta-
community	 structure	 along	 tropical	 estuaries.	 Scientific Reports,	
10(1),	1–	12.	https://doi.org/10.1038/s4159	8-	020-	58631	-	1

Anderson,	M.	J.,	Ellingsen,	K.	E.,	&	McArdle,	B.	H.	 (2006).	Multivariate	
dispersion	as	a	measure	of	beta	diversity.	Ecology Letters,	9(6),	683–	
693. https://doi.org/10.1111/j.1461-	0248.2006.00926.x

Baselga,	A.	(2010a).	Multiplicative	partition	of	true	diversity	yields	inde-
pendent	alpha	and	beta	components;	additive	partition	does	not.	
Ecology,	91(7),	1974–	1981.	https://doi.org/10.1890/09-	0320.1

Baselga,	A.	 (2010b).	Partitioning	 the	 turnover	 and	nestedness	 compo-
nents	of	beta	diversity.	Global Ecology and Biogeography,	19(1),	134–	
143.	https://doi.org/10.1111/j.1466-	8238.2009.00490.x

Baselga,	 A.	 (2013).	Multiple	 site	 dissimilarity	 quantifies	 compositional	
heterogeneity	among	several	sites,	while	average	pairwise	dissim-
ilarity	may	 be	misleading.	 Ecography,	36(2),	 124–	128.	 https://doi.
org/10.1111/j.1600-	0587.2012.00124.x

Baselga,	A.,	Jiménez-	Valverde,	A.,	&	Niccolini,	G.	(2007).	A	multiple-	site	
similarity	 measure	 independent	 of	 richness.	 Biology Letters,	 3(6),	
642–	645.	https://doi.org/10.1098/rsbl.2007.0449

Baselga,	A.,	Orme,	D.,	Villeger,	 S.,	De	Bortoli,	 J.,	&	Leprieur,	F.	 (2018).	
betapart: Partitioning Beta Diversity into Turnover and Nestedness 
Components, R package version 1.5.1. https://cran.r-	proje	ct.org/
packa	ge=betapart

Birrell,	 J.	H.,	 Shah,	A.	A.,	Hotaling,	 S.,	Giersch,	 J.	 J.,	Williamson,	C.	 E.,	
Jacobsen,	 D.,	 &	 Woods,	 H.	 A.	 (2020).	 Insects	 in	 high-	elevation	
streams:	Life	in	extreme	environments	imperiled	by	climate	change.	
Global Change Biology,	26(12),	6667–	6684.	https://doi.org/10.1111/
gcb.15356

Bishop,	T.	R.,	Robertson,	M.	P.,	van	Rensburg,	B.	J.,	&	Parr,	C.	L.	(2015).	
Contrasting	species	and	 functional	beta	diversity	 in	montane	ant	
assemblages.	 Journal of Biogeography,	 42(9),	 1776–	1786.	 https://
doi.org/10.1111/jbi.12537

Bohonak,	A.	J.,	&	Jenkins,	D.	G.	(2003).	Ecological	and	evolutionary	sig-
nificance	of	dispersal	by	freshwater	invertebrates.	Ecology Letters,	
6,	783–	796.

Castro,	D.	M.	P.,	Callisto,	M.,	Solar,	R.	R.	C.,	Macedo,	D.	R.,	&	Fernandes,	
G.	 W.	 (2019).	 Beta	 diversity	 of	 aquatic	 invertebrates	 increases	
along	an	altitudinal	gradient	in	a	Neotropical	mountain.	Biotropica,	
51(3),	399–	411.	https://doi.org/10.1111/btp.12660

Chase,	J.	M.,	Kraft,	N.	J.,	Smith,	K.	G.,	Vellend,	M.,	&	Inouye,	B.	D.	(2011).	
Using	null	models	to	disentangle	variation	in	community	dissimilar-
ity	from	variation	 in	�-	diversity.	Ecosphere,	2(2),	1–	11.	https://doi.
org/10.1890/ES10-	00117.1

Clarke,	A.,	Mac	Nally,	R.,	Bond,	N.,	&	Lake,	P.	S.	(2008).	Macroinvertebrate	
diversity	in	headwater	streams:	A	review.	Freshwater Biology,	53(9),	
1707–	1721.	https://doi.org/10.1111/j.1365-	2427.2008.02041.x

Connor,	E.	F.,	&	Simberloff,	D.	(1979).	The	assembly	of	species	commu-
nities:	 Chance	 or	 competition?	 Ecology,	 60(6),	 1132.	 https://doi.
org/10.2307/1936961

Da	Silva,	P.	G.,	Lobo,	J.	M.,	Hensen,	M.	C.,	Vaz-	de	Mello,	F.	Z.,	&	Hernández,	
M.	I.	(2018).	Turnover	and	nestedness	in	subtropical	dung	beetle	as-
semblages	along	an	elevational	gradient.	Diversity and Distributions,	
24(9),	1277–	1290.	https://doi.org/10.1111/ddi.12763

Dantas	 de	Miranda,	M.,	 Pereira,	H.	M.,	 Corley,	M.	 F.	 V.,	 &	Merckx,	 T.	
(2019).	Beta	diversity	patterns	reveal	positive	effects	of	farmland	
abandonment	on	moth	communities.	Scientific Reports,	9(1),	1549.	
https://doi.org/10.1038/s4159	8-	018-	38200	-	3

Diserud,	O.	 H.,	 &	Ødegaard,	 F.	 (2007).	 A	multiple-	site	 similarity	mea-
sure.	 Biology Letters,	 3(1),	 20–	22.	 https://doi.org/10.1098/
rsbl.2006.0553

Dynesius,	M.,	&	Nilsson,	C.	(1994).	Fragmentation	and	flow	regulation	of	
river	systems	in	the	northern	third	of	the	world.	Science,	266(5186),	
753–	762.	https://doi.org/10.1126/scien	ce.266.5186.753

Finn,	D.	S.,	Khamis,	K.,	&	Milner,	A.	M.	(2013).	Loss	of	small	glaciers	will	
diminish	beta	diversity	 in	Pyrenean	streams	at	 two	 levels	of	bio-
logical	organization.	Global Ecology and Biogeography,	22(1),	40–	51.	
https://doi.org/10.1111/j.1466-	8238.2012.00766.x

Fontana,	 V.,	 Guariento,	 E.,	 Hilpold,	 A.,	 Niedrist,	 G.,	 Steinwandter,	 M.,	
Spitale,	D.,	Nascimbene,	J.,	Tappeiner,	U.,	&	Seeber,	J.	(2020).	Species	
richness	and	beta	diversity	patterns	of	multiple	taxa	along	an	eleva-
tional	gradient	in	pastured	grasslands	in	the	European	Alps.	Scientific 
Reports,	10(1),	12516.	https://doi.org/10.1038/s4159	8-	020-	69569	-	9

Freestone,	A.	L.,	&	Inouye,	B.	D.	(2006).	Dispersal	limitation	and	environ-
mental	heterogeneity	shape	scale-	dependent	diversity	patterns	in	
plant	communities.	Ecology,	87,	2425–	2432.

Fritz,	K.	M.,	&	Dodds,	W.	K.	 (2004).	Resistance	and	 resilience	of	mac-
roinvertebrate	 assemblages	 to	 drying	 and	 flood	 in	 a	 tallgrass	
prairie	 stream	 system.	Hydrobiologia,	 527(1),	 99–	112.	 https://doi.
org/10.1023/B:HYDR.00000	43188.53497.9b

Fu,	H.,	Yuan,	G.,	Jeppesen,	E.,	Ge,	D.,	Li,	W.,	Zou,	D.,	Huang,	Z.,	Wu,	A.,	
&	Liu,	Q.	(2019).	Local	and	regional	drivers	of	turnover	and	nested-
ness	components	of	 species	and	 functional	beta	diversity	 in	 lake	
macrophyte	communities	in	China.	Science of the Total Environment,	
687,	206–	217.	https://doi.org/10.1016/j.scito	tenv.2019.06.092

García-	Navas,	V.,	 Sattler,	 T.,	 Schmid,	H.,	&	Ozgul,	 A.	 (2020).	 Temporal	
homogenization	of	functional	and	beta	diversity	in	bird	communi-
ties	of	 the	Swiss	Alps.	Diversity and Distributions,	26(8),	900–	911.	
https://doi.org/10.1111/ddi.13076

Gaston,	 K.	 J.,	 Blackburn,	 T.	 M.,	 Greenwood,	 J.	 J.,	 Gregory,	 R.	 D.,	
Quinn,	 R.	M.,	 &	 Lawton,	 J.	H.	 (2000).	 Abundance-	occupancy	 re-
lationships.	 Journal of Applied Ecology,	 37(s1),	 39–	59.	 https://doi.
org/10.1046/j.1365-	2664.2000.00485.x

Gotelli,	N.	J.	 (2000).	Null	model	analysis	of	species	co-	occurrence	pat-
terns.	 Ecology,	 81(9),	 2606–	2621.	 https://doi.org/10.1890/0012-	
9658(2000)081[2606:NMAOS	C]2.0.CO;2

Gotelli,	N.	J.,	&	Graves,	G.	R.	(1996).	Null models in ecology.	Smithsonian	
Institution	Press.

Gotelli,	N.	J.,	&	Ulrich,	W.	(2012).	Statistical	challenges	in	null	model	anal-
ysis. Oikos,	121,	171–	180.

Harrison,	S.,	Ross,	S.	 J.,	&	Lawton,	 J.	H.	 (1992).	Beta	diversity	on	geo-
graphic	 gradients	 in	 Britain.	 The Journal of Animal Ecology,	 61(1),	
151. https://doi.org/10.2307/5518

Jaccard,	 P.	 (1912).	 The	 distribution	 of	 the	 flora	 in	 the	 alpine	 zone.	
New Phytologist,	 11(2),	 37–	50.	 https://doi.org/10.1111/
j.1469-	8137.1912.tb056	11.x

Jacobsen,	 D.	 (2003).	 Altitudinal	 changes	 in	 diversity	 of	 macroin-
vertebrates	 from	 small	 streams	 in	 the	 Ecuadorian	 Andes.	
Archiv für Hydrobiologie,	 158(2),	 145–	167.	 https://doi.
org/10.1127/0003-	9136/2003/0158-	0145

Jacobsen,	D.,	&	Dangles,	O.	 (2017).	Ecology of high altitude waters	 (Vol.	
1).	 Oxford	 University	 Press.	 https://doi.org/10.1093/oso/97801	
98736	868.001.0001

Jankowski,	 J.	 E.,	 Ciecka,	 A.	 L.,	 Meyer,	 N.	 Y.,	 &	 Rabenold,	 K.	 N.	
(2009).	 Beta	 diversity	 along	 environmental	 gradients:	

https://orcid.org/0000-0003-4757-4928
https://orcid.org/0000-0003-4757-4928
https://doi.org/10.1111/jbi.12978
https://doi.org/10.1007/s00027-019-0642-3
https://doi.org/10.1007/s00027-019-0642-3
https://doi.org/10.1038/s41598-020-58631-1
https://doi.org/10.1111/j.1461-0248.2006.00926.x
https://doi.org/10.1890/09-0320.1
https://doi.org/10.1111/j.1466-8238.2009.00490.x
https://doi.org/10.1111/j.1600-0587.2012.00124.x
https://doi.org/10.1111/j.1600-0587.2012.00124.x
https://doi.org/10.1098/rsbl.2007.0449
https://cran.r-project.org/package=betapart
https://cran.r-project.org/package=betapart
https://doi.org/10.1111/gcb.15356
https://doi.org/10.1111/gcb.15356
https://doi.org/10.1111/jbi.12537
https://doi.org/10.1111/jbi.12537
https://doi.org/10.1111/btp.12660
https://doi.org/10.1890/ES10-00117.1
https://doi.org/10.1890/ES10-00117.1
https://doi.org/10.1111/j.1365-2427.2008.02041.x
https://doi.org/10.2307/1936961
https://doi.org/10.2307/1936961
https://doi.org/10.1111/ddi.12763
https://doi.org/10.1038/s41598-018-38200-3
https://doi.org/10.1098/rsbl.2006.0553
https://doi.org/10.1098/rsbl.2006.0553
https://doi.org/10.1126/science.266.5186.753
https://doi.org/10.1111/j.1466-8238.2012.00766.x
https://doi.org/10.1038/s41598-020-69569-9
https://doi.org/10.1023/B:HYDR.0000043188.53497.9b
https://doi.org/10.1023/B:HYDR.0000043188.53497.9b
https://doi.org/10.1016/j.scitotenv.2019.06.092
https://doi.org/10.1111/ddi.13076
https://doi.org/10.1046/j.1365-2664.2000.00485.x
https://doi.org/10.1046/j.1365-2664.2000.00485.x
https://doi.org/10.1890/0012-9658(2000)081%5B2606:NMAOSC%5D2.0.CO;2
https://doi.org/10.1890/0012-9658(2000)081%5B2606:NMAOSC%5D2.0.CO;2
https://doi.org/10.2307/5518
https://doi.org/10.1111/j.1469-8137.1912.tb05611.x
https://doi.org/10.1111/j.1469-8137.1912.tb05611.x
https://doi.org/10.1127/0003-9136/2003/0158-0145
https://doi.org/10.1127/0003-9136/2003/0158-0145
https://doi.org/10.1093/oso/9780198736868.001.0001
https://doi.org/10.1093/oso/9780198736868.001.0001


    |  11 of 12TIMONER et al.

Implications	 of	 habitat	 specialization	 in	 tropical	 montane	 land-
scapes. Journal of Animal Ecology,	 78(2),	 315–	327.	 https://doi.
org/10.1111/j.1365-	2656.2008.01487.x

Jaramillo-	Villa,	 U.,	 Maldonado-	Ocampo,	 J.	 A.,	 &	 Escobar,	 F.	 (2010).	
Altitudinal	variation	in	fish	assemblage	diversity	in	streams	of	the	
central	 Andes	 of	 Colombia.	 Journal of Fish Biology,	76(10),	 2401–	
2417.	https://doi.org/10.1111/j.1095-	8649.2010.02629.x

Jost,	 L.	 (2007).	 Partitioning	 diversity	 into	 independent	 alpha	 and	
beta	 components.	 Ecology,	 88(10),	 2427–	2439.	 https://doi.
org/10.1890/06-	1736.1

Jurasinski,	G.,	 Retzer,	V.,	&	Beierkuhnlein,	C.	 (2009).	 Inventory,	 differ-
entiation,	and	proportional	diversity:	A	consistent	terminology	for	
quantifying	species	diversity.	Oecologia,	159(1),	15–	26.

Koleff,	P.,	Gaston,	K.	J.,	&	Lennon,	J.	J.	(2003).	Measuring	beta	diversity	
for	 presence-	absence	data.	 Journal of Animal Ecology,	72(3),	 367–	
382.	https://doi.org/10.1046/j.1365-	2656.2003.00710.x

Kraft,	N.	J.	B.,	Comita,	L.	S.,	Chase,	J.	M.,	Sanders,	N.	J.,	Swenson,	N.	
G.,	 Crist,	 T.	O.,	 Stegen,	 J.	 C.,	 Vellend,	M.,	 Boyle,	 B.,	 Anderson,	
M.	 J.,	 Cornell,	 H.	 V.,	 Davies,	 K.	 F.,	 Freestone,	 A.	 L.,	 Inouye,	 B.	
D.,	 Harrison,	 S.	 P.,	 &	 Myers,	 J.	 A.	 (2011).	 Disentangling	 the	
drivers	 of	 diversity	 along	 latitudinal	 and	 elevational	 gradients.	
Science,	 333(6050),	 1755–	1758.	 https://doi.org/10.1126/scien	
ce.1208584

Kunz,	 M.,	 Schindler	 Wildhaber,	 Y.,	 Dietzel,	 A.,	 Wittmer,	 I.,	 &	 Leib,	 V.	
(2016).	 État des cours d'eau suisses. Résultats de l'Observation na-
tionale de la qualité des eaux de surface (NAWA) 2011– 2014.	Office	
fédéral	 de	 l'environnement,	 Berne.	 État	 de	 l'environnement	 n°	
1620:	92	S.

Lawrence,	 J.	 E.,	 Lunde,	 K.	 B.,	 Mazor,	 R.	 D.,	 Bêche,	 L.	 A.,	 McElravy,	
E.	 P.,	 &	 Resh,	 V.	 H.	 (2010).	 Long-	term	 macroinvertebrate	 re-
sponses	 to	 climate	 change:	 Implications	 for	 biological	 assess-
ment	 in	 mediterranean-	climate	 streams.	 Journal of the North 
American Benthological Society,	 29(4),	 1424–	1440.	 https://doi.
org/10.1899/09-	178.1

Legendre,	 P.	 (2008).	 Studying	 beta	 diversity:	 Ecological	 variation	 par-
titioning	by	multiple	 regression	 and	 canonical	 analysis.	 Journal of 
Plant Ecology,	1(1),	3–	8.	https://doi.org/10.1093/jpe/rtm001

May,	M.	 L.	 (2019).	Dispersal	 by	Aquatic	 Insects.	 In	 K.	Del-	Claro,	 &	 R.	
Guillermo	(Eds.),	Aquatic insects	(pp.	35–	73).	Springer	International	
Publishing.	https://doi.org/10.1007/978-	3-	030-	16327	-	3_3

Melo,	 A.	 S.,	 Rangel,	 T.	 F.	 L.	 V.	 B.,	 &	 Diniz-	Filho,	 J.	 A.	 F.	 (2009).	
Environmental	 drivers	 of	 beta-	diversity	 patterns	 in	 New-	World	
birds	 and	 mammals.	 Ecography,	 32(2),	 226–	236.	 https://doi.
org/10.1111/j.1600-	0587.2008.05502.x

MeteoSwiss	 (2019).	MeteoSwiss Spatial Climate Analyses. https://www.
meteo	swiss.admin.ch/home/clima	te/swiss	-	clima	te-	indet	ail/raeum	
liche	-	klima	analy	sen.html.	[Accessed	on:	2020-	06-	15].

MeteoSwiss	 (2020).	 The Climate of Switzerland. https://www.meteo	
swiss.admin.ch/home/clima	te/the-	clima	te-	ofswi	tzerl	and.html. 
[Accessed	on:	2020-	03-	11].

Prunier,	P.,	Bonin,	L.,	&	Frossard,	P.-	A.	 (2013).	Guide	des	espèces.	 In	L.	
Bonin,	 A.	 Evette,	 P.-	A.	 Frossard,	 P.	 Prunier,	D.	 Roman,	&	N.	Valé	
(Eds.),	Génie végétal en rivière de montagne –  Connaissances et retours 
d'expériences sur l'utilisation d'espèces et de techniques végétales: 
Végétalisation de berges et ouvrages bois	 (pp.	147–	300).	Centre	de	
resources	Génie	écologique.

R	Core	Team.	(2019).	R: A language and environment for statistical comput-
ing.	 R	 Foundation	 for	 Statistical	 Computing.	 https://www.r-	proje	
ct.org/

Rosenberg,	D.	M.,	&	Resh,	V.	H.	(1993).	Freshwater biomonitoring and ben-
thic macroinvertebrates.	Chapman	&	Hall.

Sabatini,	 F.	M.,	 Jiménez-	Alfaro,	 B.,	 Burrascano,	 S.,	 Lora,	 A.,	 &	 Chytrý,	
M.	 (2018).	 Betadiversity	 of	 central	 European	 forests	 decreases	
along	an	elevational	gradient	due	to	the	variation	in	local	commu-
nity	assembly	processes.	Ecography,	41(6),	1038–	1048.	https://doi.
org/10.1111/ecog.02809

Schmera,	D.,	Podani,	 J.,	&	Legendre,	P.	 (2020).	What	do	beta	diversity	
components	reveal	from	presence-	absence	community	data?	Let	us	
connect	every	indicator	to	an	indicandum!	Ecological Indicators,	117,	
106540.	https://doi.org/10.1016/j.ecoli	nd.2020.106540

Simpson,	G.	G.	(1943).	Mammals	and	the	nature	of	continents.	American 
Journal of Science,	241(1),	1–	31.	https://doi.org/10.2475/ajs.241.1.1

Sørensen,	T.	A.	(1948).	A	method	of	establishing	groups	of	equal	ampli-
tude	in	plant	sociology	based	on	similarity	of	species	content,	and	
its	application	to	analyses	of	the	vegetation	on	Danish	commons.	
Kongelige Danske Videnskabernes Selskabs Biologiske Skrifter,	5,	1–	34.

Strona,	G.,	Ulrich,	W.,	&	Gotelli,	N.	J.	(2018).	Bi-	dimensional	null	model	
analysis	of	presence-	absence	binary	matrices.	Ecology,	99(1),	103–	
115. https://doi.org/10.1002/ecy.2043

Stucki,	P.	 (2019).	Méthodes d'analyse et d'appréciation des cours d'eau en 
Suisse. Macrozoobenthos –  niveau R	(p.	58).	Office	fédéral	de	l'envi-
ronnement,	Berne.	L'environnement	pratique	no	1026.

Syfert,	M.	M.,	Brummitt,	N.	A.,	Coomes,	D.	A.,	Bystriakova,	N.,	&	Smith,	
M.	J.	(2018).	Inferring	diversity	patterns	along	an	elevation	gradient	
from	stacked	SDMs:	A	case	study	on	Mesoamerican	ferns.	Global 
Ecology and Conservation,	 16,	 e00433.	 https://doi.org/10.1016/j.
gecco.2018.e00433

Tang,	Z.,	Fang,	J.,	Chi,	X.,	Feng,	J.,	Liu,	Y.,	Shen,	Z.,	Wang,	X.,	Wang,	Z.,	
Wu,	X.,	Zheng,	C.,	&	Gaston,	K.	J.	 (2012).	Patterns	of	plant	beta-	
diversity	 along	 elevational	 and	 latitudinal	 gradients	 in	 moun-
tain	 forests	 of	 China.	 Ecography,	 35(12),	 1083–	1091.	 https://doi.
org/10.1111/j.1600-	0587.2012.06882.x

Tello,	J.	S.,	Myers,	J.	A.,	Macía,	M.	J.,	Fuentes,	A.	F.,	Cayola,	L.,	Arellano,	
G.,	Loza,	M.	I.,	Torrez,	V.,	Cornejo,	M.,	Miranda,	T.	B.,	&	Jørgensen,	
P.	M.	(2015).	Elevational	gradients	in	�-	diversity	reflect	variation	in	
the	strength	of	local	community	assembly	mechanisms	across	spa-
tial scales. PLoS One,	10(3),	121458.	https://doi.org/10.1371/journ	
al.pone.0121458

Terlizzi,	 A.,	 Anderson,	M.	 J.,	 Bevilacqua,	 S.,	 Fraschetti,	 S.,	Włodarska-	
Kowalczuk,	M.,	 &	 Ellingsen,	 K.	 E.	 (2009).	 Beta	 diversity	 and	 tax-
onomic	 sufficiency:	Do	higher-	level	 taxa	 reflect	 heterogeneity	 in	
species	 composition?	Diversity and Distributions,	 15(3),	 450–	458.	
https://doi.org/10.1111/j.1472-	4642.2008.00551.x

Tonkin,	 J.	D.,	Altermatt,	F.,	Finn,	D.	S.,	Heino,	J.,	Olden,	J.	D.,	Pauls,	S.	
U.,	 &	 Lytle,	 D.	 A.	 (2018).	 The	 role	 of	 dispersal	 in	 river	 network	
metacommunities:	Patterns,	processes,	 and	pathways.	Freshwater 
Biology,	63(1),	141–	163.	https://doi.org/10.1111/fwb.13037

Tuomisto,	H.	(2010a).	A	diversity	of	beta	diversities:	Straightening	up	a	
concept	 gone	 awry.	 Part	 1.	Defining	beta	 diversity	 as	 a	 function	
of	alpha	and	gamma	diversity.	Ecography,	33(1),	2–	22.	https://doi.
org/10.1111/j.1600-	0587.2009.05880.x

Tuomisto,	 H.	 (2010b).	 A	 diversity	 of	 beta	 diversities:	 Straightening	
up	 a	 concept	 gone	 awry.	 Part	 2.	 Quantifying	 beta	 diversity	
and	 related	 phenomena.	 Ecography,	 33(1),	 23–	45.	 https://doi.
org/10.1111/j.1600-	0587.2009.06148.x

Ulrich,	W.,	Baselga,	A.,	Kusumoto,	B.,	Shiono,	T.,	Tuomisto,	H.,	&	Kubota,	
Y.	(2017).	The	tangled	link	between	�-		and	�-	diversity:	a	Narcissus	
effect	 weakens	 statistical	 inferences	 in	 null	 model	 analyses	 of	
diversity	 patterns.	 Global Ecology and Biogeography,	 26(1),	 1–	5.	
https://doi.org/10.1111/geb.12527

Ulrich,	 W.,	 &	 Gotelli,	 N.	 J.	 (2013).	 Pattern	 detection	 in	
null	 model	 analysis.	 Oikos,	 122(1),	 2–	18.	 https://doi.
org/10.1111/j.1600-	0706.2012.20325.x

Veech,	J.	A.,	&	Crist,	T.	O.	(2010).	Diversity	partitioning	without	statis-
tical	 independence	of	 alpha	 and	beta.	Ecology,	91(7),	 1964–	1969.	
https://doi.org/10.1890/08-	1727.1

Vellend,	M.	 (2001).	Do	 commonly	used	 indices	of	�-	diversity	measure	
species	 turnover?	 Journal of Vegetation Science,	 12(4),	 545–	552.	
https://doi.org/10.2307/3237006

Wallace,	 J.	B.,	&	Webster,	 J.	R.	 (1996).	The	 role	of	macroinvertebrates	
in	stream	ecosystem	function.	Annual Review of Entomology,	41(1),	
115–	139.	https://doi.org/10.1146/annur	ev.en.41.010196.000555

https://doi.org/10.1111/j.1365-2656.2008.01487.x
https://doi.org/10.1111/j.1365-2656.2008.01487.x
https://doi.org/10.1111/j.1095-8649.2010.02629.x
https://doi.org/10.1890/06-1736.1
https://doi.org/10.1890/06-1736.1
https://doi.org/10.1046/j.1365-2656.2003.00710.x
https://doi.org/10.1126/science.1208584
https://doi.org/10.1126/science.1208584
https://doi.org/10.1899/09-178.1
https://doi.org/10.1899/09-178.1
https://doi.org/10.1093/jpe/rtm001
https://doi.org/10.1007/978-3-030-16327-3_3
https://doi.org/10.1111/j.1600-0587.2008.05502.x
https://doi.org/10.1111/j.1600-0587.2008.05502.x
https://www.meteoswiss.admin.ch/home/climate/swiss-climate-indetail/raeumliche-klimaanalysen.html
https://www.meteoswiss.admin.ch/home/climate/swiss-climate-indetail/raeumliche-klimaanalysen.html
https://www.meteoswiss.admin.ch/home/climate/swiss-climate-indetail/raeumliche-klimaanalysen.html
https://www.meteoswiss.admin.ch/home/climate/the-climate-ofswitzerland.html
https://www.meteoswiss.admin.ch/home/climate/the-climate-ofswitzerland.html
https://www.r-project.org/
https://www.r-project.org/
https://doi.org/10.1111/ecog.02809
https://doi.org/10.1111/ecog.02809
https://doi.org/10.1016/j.ecolind.2020.106540
https://doi.org/10.2475/ajs.241.1.1
https://doi.org/10.1002/ecy.2043
https://doi.org/10.1016/j.gecco.2018.e00433
https://doi.org/10.1016/j.gecco.2018.e00433
https://doi.org/10.1111/j.1600-0587.2012.06882.x
https://doi.org/10.1111/j.1600-0587.2012.06882.x
https://doi.org/10.1371/journal.pone.0121458
https://doi.org/10.1371/journal.pone.0121458
https://doi.org/10.1111/j.1472-4642.2008.00551.x
https://doi.org/10.1111/fwb.13037
https://doi.org/10.1111/j.1600-0587.2009.05880.x
https://doi.org/10.1111/j.1600-0587.2009.05880.x
https://doi.org/10.1111/j.1600-0587.2009.06148.x
https://doi.org/10.1111/j.1600-0587.2009.06148.x
https://doi.org/10.1111/geb.12527
https://doi.org/10.1111/j.1600-0706.2012.20325.x
https://doi.org/10.1111/j.1600-0706.2012.20325.x
https://doi.org/10.1890/08-1727.1
https://doi.org/10.2307/3237006
https://doi.org/10.1146/annurev.en.41.010196.000555


12 of 12  |     TIMONER et al.

Ward,	 J.	 V.,	 &	 Stanford,	 J.	 A.	 (1995).	 The	 serial	 discontinuity	 concept:	
Extending	the	model	to	floodplain	rivers.	Regulated Rivers: Research 
& Management,	 10(2–	4),	 159–	168.	 https://doi.org/10.1002/
rrr.34501	00211

Wen,	Z.,	Yang,	Q.,	Quan,	Q.,	Xia,	L.,	Ge,	D.,	&	Lv,	X.	 (2016).	Multiscale	
partitioning	 of	 small	 mammal	 �-	diversity	 provides	 novel	 insights	
into	the	Quaternary	faunal	history	of	Qinghai-	Tibetan	Plateau	and	
Hengduan	Mountains.	 Journal of Biogeography,	43(7),	 1412–	1424.	
https://doi.org/10.1111/jbi.12706

Whittaker,	R.	H.	(1960).	Vegetation	of	the	Siskiyou	Mountains,	Oregon	
and	California.	Ecological Monographs,	30(3),	279–	338.	https://doi.
org/10.2307/1943563

Whittaker,	R.	H.	(1972).	Evolution	and	measurement	of	species	diversity.	
Taxon,	21(2/3),	213–	251.	https://doi.org/10.2307/1218190

Xing,	D.,	&	He,	F.	(2020).	Analytical	models	for	�-	diversity	and	the	power-	
law	 scaling	 of	 �-	deviation.	Methods in Ecology and Evolution,	 12,	
405–	414.	https://doi.org/10.1111/2041-	210X.13531

How to cite this article: Timoner,	P.,	Marle,	P.,	Castella,	E.,	&	
Lehmann,	A.	(2022).	Assessment	of	the	stream	invertebrate	
β-	diversity	along	an	elevation	gradient	using	a	bidimensional	
null	model	analysis.	Ecology and Evolution,	12,	e9135.	https://
doi.org/10.1002/ece3.9135

https://doi.org/10.1002/rrr.3450100211
https://doi.org/10.1002/rrr.3450100211
https://doi.org/10.1111/jbi.12706
https://doi.org/10.2307/1943563
https://doi.org/10.2307/1943563
https://doi.org/10.2307/1218190
https://doi.org/10.1111/2041-210X.13531
https://doi.org/10.1002/ece3.9135
https://doi.org/10.1002/ece3.9135

	Assessment of the stream invertebrate -­diversity along an elevation gradient using a bidimensional null model analysis
	Abstract
	1|INTRODUCTION
	2|METHODS
	2.1|Study area and invertebrate data
	2.2|Analysis
	2.2.1|-­Diversity
	2.2.2|Null model


	3|RESULTS
	4|DISCUSSION
	4.1|Raw -­diversity
	4.2|-­deviation: ecological and methodological considerations
	4.3|Study limitations
	4.4|Null model debate

	5|CONCLUSION
	AUTHOR CONTRIBUTIONS
	ACKNOWLEDGMENTS
	CONFLICT OF INTEREST
	DATA AVAILABILITY STATEMENT

	REFERENCES


