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ABSTRACT

Objective: In 2009, a prominent national report stated that 9% of US hospitals had adopted a “basic” electronic

health record (EHR) system. This statistic was widely cited and became a memetic anchor point for EHR adop-

tion at the dawn of HITECH. However, its calculation relies on specific treatment of the data; alternative

approaches may have led to a different sense of US hospitals’ EHR adoption and different subsequent public

policy.

Materials and Methods: We reanalyzed the 2008 American Heart Association Information Technology supple-

ment and complementary sources to produce a range of estimates of EHR adoption. Estimates included the

mean and median number of EHR functionalities adopted, figures derived from an item response theory-based

approach, and alternative estimates from the published literature. We then plotted an alternative definition of

national progress toward hospital EHR adoption from 2008 to 2018.

Results: By 2008, 73% of hospitals had begun the transition to an EHR, and the majority of hospitals had

adopted at least 6 of the 10 functionalities of a basic system. In the aggregate, national progress toward basic

EHR adoption was 58% complete, and, when accounting for measurement error, we estimate that 30% of hospi-

tals may have adopted a basic EHR.

Discussion: The approach used to develop the 9% figure resulted in an estimate at the extreme lower bound of

what could be derived from the available data and likely did not reflect hospitals’ overall progress in EHR adop-

tion.

Conclusion: The memetic 9% figure shaped nationwide thinking and policy making about EHR adoption; alter-

native representations of the data may have led to different policy.
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INTRODUCTION

In 2009, the Health Information Technology for Economic and

Clinical Health (HITECH) Act was enacted to stimulate information

technology (IT) adoption by hospitals and healthcare providers.1,2At

that time, the most prominently reported data on electronic health

record (EHR) adoption in hospitals were derived from a New En-

gland Journal of Medicine (NEJM) paper by Jha et al reporting that

9% of hospitals had adopted what, by a very specific definition,

constituted a “basic” EHR.3 Since 2009, the “9%” figure has been

the primary baseline for reporting progress in hospital EHR adop-

tion and the success of the HITECH Act.4 References to this figure

have, in general, overlooked the specific definition of a “basic”
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EHR, and how a hospital’s achievement of this status was calcu-

lated. In the original study, achieving “basic” EHR status required

that a hospital adopt all of a set of 10 specific components. Many of

the components included in this definition were “basic” only in

comparison to the definition of a “comprehensive” EHR offered in

the same study. A press release by the Centers for Medicare & Med-

icaid Services highlighted the advanced nature of the “basic” EHR,

describing it as including “advanced components that go even be-

yond the requirements of Meaningful Use (MU) Stage 1.”5 More-

over, the calculation gave zero credit to hospitals that had achieved

7, 8, or even 9 of the 10 criteria.

The “9%” statistic very quickly took on great significance and

was widely cited in a variety of ways; however, context for its use

was often absent from these citations. For example, a 2010 perspec-

tive paper by then-National Coordinator Dr. David Blumenthal (a

coauthor of the original NEJM study), invoked the NEJM paper

with the proposition that, “the proportion of US health care profes-

sionals and hospitals that have begun the transition to electronic

health information systems is remarkably small.”6 A 2013 White

House press release announced that, “In 2008, only 17 percent of

physicians were using advanced electronic health records and just 9

percent of hospitals had adopted electronic health records.”7 Sour-

ces such as The Wall Street Journal and Kaiser Health News simi-

larly omitted the “basic” modifier, while others, such as The New

York Times, used the “basic” modifier without noting the compo-

nents that are required to qualify as “basic.”8–10 These unqualified

statements could readily be misinterpreted as meaning that only 9%

of hospitals had adopted any form of EHRs, and therefore 91 per-

cent of hospitals were exclusively using paper records.

The “9%” statistic also became an important metric for measur-

ing HITECH’s success. Several papers published by subsequent na-

tional coordinators cited the NEJM paper as defining the starting

point of EHR adoption.11–13 The Office of the National Coordina-

tor’s data briefs and dashboards also commonly used the 9 percent

figure as a baseline for hospital EHR adoption.14–16 These data

were picked up by outlets including the Electronic Health Reporter,

FierceHealthcare, and atheanahealth’s athenaInsight, all of which

invoked some form of the “9%” statistic as a baseline and generally

did not include a clear definition of “basic.”17–19

Dependence on the “9%” statistic may have also led to the im-

pression that hospitals were lagging behind office-based providers in

adoption of EHRs by contrasting this result with a study by the

same group reporting that 17% of office-based physicians had

adopted a “basic” EHR, as in the White House press release

above.7,20 This comparison was statistically invalid and misleading

since office-based providers were required to have all of 8 compo-

nents to achieve a basic EHR, whereas hospitals were required to

have all of 10. It is possible that a perception of office-based EHR

adoption exceeding that of hospitals in 2008 influenced the struc-

ture of incentives authorized by Congress. Physicians who partici-

pated in MU received on average $31 000 in incentive payments

while hospitals that participated received, on average, $3.3 mil-

lion.21 By 2019, a far larger proportion of hospitals than physicians

participated in MU; over the life of the program, 98% of eligible

hospitals participated and received $21.8 billion in federal MU

incentives, while 60% of eligible office-based providers participated

and received $16.2 billion.22,23

These factors raise the important question: What was the actual

state of hospital EHR adoption in 2008 at the dawn of HITECH?

We seek to answer this question through 2 approaches. First, using

the same survey data source the authors of the NEJM paper used to

arrive at the “9%” figure, in this article we offer several adoption

metrics and compute from these metrics a broad range of adoption

estimates with 9% as the lower bound. Second, we draw upon simi-

lar data sources and evidence from other published studies to offer

an additional range of estimates. Based on the results drawn from

these 2 approaches, we argue that a more valid portrayal of hospital

adoption in 2008 would place this figure much higher than 9% and

that measures of hospitals’ progress over time should use a different

baseline.

We also offer in this article a case study illustrating that choices

of metrics matter enormously for policy making at any scale because

metrics can become memes and their meaning can get distorted

through inaccurate or incomplete reporting. Moreover, choices of

metrics reverberate into the future. In the case of EHR adoption,

continued overreliance on this 9% figure, especially when coupled

with misunderstanding of what is meant by a “basic” EHR, has the

potential to influence future policy making as we move out of the

HITECH era, for example, by leading to overestimates of the impact

of an incentive program.

MATERIALS AND METHODS

Our primary analysis is based on data from the 2008 American Hos-

pital Association (AHA) Information Technology Supplement,

which was used to generate the initial rate of basic EHR adoption

reported in 2009. We first present this data as a simple “heat map”

with hospitals as rows and components as columns. Filled cells in

the heat map indicate implemented components, so that the overall

filled area depicts the extent of adoption of the 10 basic components

in 2008. We then weighted responses to this survey using the varia-

bles used in Jha et al, and produced several alternative estimates

based on different approaches to treating this data.3

To complement this reanalysis, we drew upon 3 alternative data

sources to generate additional estimates of EHR adoption. We re-

port the single item from the 2008 AHA Annual Survey of hospitals

which asked whether the hospital had partially or fully implemented

an EHR. We similarly pulled data from a contemporary Healthcare

Information and Management Systems Society (HIMSS) presenta-

tion, which contained their estimate of EHR adoption in 2008.24 Fi-

nally, we performed a structured search of the contemporary

literature to identify estimates of EHR adoption by other authors.

Estimates from the AHA IT supplement

Method 1: hospitals fulfilling all basic criteria

Achievement of this adoption criterion required a hospital to meet

all of 10 specific criteria of a basic EHR. We use a replication of this

result reported by Jha et al as a point of departure to consider other

potential approaches. We weighted responses by estimating the

probability of responding to the survey depending on region, hospi-

tal size, cardiac ICU presence, urban location, system membership,

ownership status, and teaching status using a logistic regression. We

then weighted estimates using the inverse of the probability of

responding.

Methods 2a and 2b: median and mean number of basic EHR

components implemented

Rather than report the percent of hospitals with all 10 components,

we computed each hospital’s progress toward a “basic” EHR as the

number of components it had implemented. We estimated the

national level of adoption as the percentage of the 10 basic
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components implemented by the median hospital and mean percent-

age of implemented components.

Methods 3a and 3b: item response theory approaches

We used a 2-parameter logistic model based on item response theory

(IRT) to estimate each hospitals’ underlying EHR “ability.”25–27 To

do so, we used hospitals’ patterns of responses to the 10 survey items

that comprise a basic EHR and estimated a single latent trait repre-

senting their EHR “ability.” In estimating each hospital’s ability,

this model accounts for the difficulty of implementing each function-

ality (ie, what proportion of respondents answered the question pos-

itively) and discrimination (ie, how predictive each positive answer

was of a higher overall score) of each survey item. This approach

yielded 2 distinct estimates:

Median Ability Estimate: After estimating the ability score of

each hospital, we calculated the EHR ability of the median hospital.

This approach takes the difficulty of implementing each EHR func-

tionality into account, as indicated by the total number of hospitals

that had implemented it. For example, implementation of computer-

ized provider order entry (CPOE) can be seen as substantially more

difficult than basic demographics, because many fewer hospitals had

implemented CPOE.

Estimated Ability Confidence Interval Contains Basic EHR: The

approach used by Jha et al does not account for measurement error

inherent in every survey. A hospital could have been incorrectly

scored as not having (or having) a “basic” EHR if it responded in-

correctly to any of the 10 items on the survey. Incorrect responses

might have occurred based on the knowledge limitations of respond-

ents or simple error. The IRT approach to estimating hospitals’

EHR abilities produces a standard error of measurement for each

point along the calculated ability measure, which is the inverse of

the square root of the information generated from responses to all

survey items at that point. From this measure, we calculated a 95%

confidence interval. We estimated national basic EHR adoption as

the fraction of all hospitals whose ability confidence interval over-

laps the ability estimate of hospitals that had reported all 10 compo-

nents required of a basic EHR.

Estimates from other data sources
Method 4: HIMSS stage 3 achievement

In 2008, HIMSS Analytics used proprietary survey data to place

hospitals into 1 of 8 “EMR [electronic medical record] Adoption

Model” stages, ranging 0–7.24 Accordingly, we estimated national

progress toward EHR adoption as the fraction of hospitals that have

reached each stage. We selected Stage 3 as the most relevant stage to

reflect hospital progress toward EHRs, because it is the halfway

point toward a complete EHR system. Unlike higher stages, Stage 3

contains no functionalities that exceed those included in the defini-

tion of a “basic” EHR.

Method 5: single item self-report

The 2008 AHA Annual Survey included a single question asking

hospitals, “Does your hospital have an electronic health record?”

Hospitals had 3 response options: “Yes, fully implemented,” “Yes,

partially implemented,” or “No.” We report the percent of hospitals

that indicated they had fully implemented or at least partially imple-

mented an EHR.

Method 6: Literature review

We conducted a review of the literature to identify alternative con-

temporary estimates of the level of EHR adoption by hospitals. Us-

ing PubMed, we applied the search term “electronic health records”

OR “electronic medical records” AND “adoption” OR “Use” AND

“hospital*” OR “Inpatient” and filtered results to articles published

between January 1, 2007 and December 31, 2010. This resulted in

407 publications. After review of titles, we excluded 362 studies be-

cause they did not focus on hospitals or were not empirical, or were

not set in the United States. Upon review of the abstract and text,

we excluded an additional 40 studies that did not contain at least 1

specific estimate of EHR adoption or explicitly based their estimate

on the “9%” study, resulting in 5 total studies.

RESULTS

Unweighted survey responses of all nonfederal acute care hospitals are

presented in the “heat map” comprising Figure 1. Rates of reported

implementation for each component range from 84% for patient dem-

ographics to 27% for physician notes. These raw data form the basis

of most of the estimates of EHR implementation that follow.

Estimates from the AHA IT supplement
Method 1: hospitals fulfilling all basic criteria

Jha et al reported that 9% of hospitals reported implementation of

all 10 components required for a basic EHR in at least 1 clinical

unit. This estimate and alternatives are presented in Table 1.

Methods 2a and 2b: median and mean number of basic EHR

components implemented

Hospitals ranged widely on the number of basic components imple-

mented, as shown in Table 2. The modal number of components

implemented was 8 of 10. The median hospital reported adopting 6

of 10 (60%) components required of a basic EHR. Of the 10 compo-

nents required to have a basic EHR, the average number of compo-

nents adopted by US hospitals was 5.8 (58%). This means that, in

aggregate, 58% of basic components had been adopted.

Methods 3a and 3b: IRT approaches

Median ability estimated. The median ability score estimated using

IRT was 5.7 out of 10, so that the median hospital’s EHR ability

was 57% of the ability of a hospital that reported a “basic” EHR.

Estimated ability with measurement error. Based on the standard er-

ror of the estimate from the IRT approach, a score of 10 (the maxi-

mum) lies within the 95% confidence interval for 885 (30%)

hospitals. That includes the 267 hospitals that scored a 10 out of 10

as well as hospitals that had 9 of 10 items and were missing only

Medication CPOE (178 hospitals), diagnostic test results (38), physi-

cian notes (103), advanced directives (6), discharge summaries (5),

or patient demographics (1) and hospitals that had 8 of 10 items and

were missing only Medication CPOE and physician notes (259) or

Medication CPOE and diagnostic test results (28).

Estimates from other data sources

Method 4: HIMSS stage 3 achievement

42% of hospitals had achieved Stage 3 or higher on the HIMSS

EMR Adoption Model.
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Method 5: Single item self-report

In 2008, 73% of hospitals reported having implemented any EHR

on the AHA’s Annual Survey. 17% of hospitals reported having

fully implemented an EHR while 55% reported partially implement-

ing.

Method 6: literature review

As reported in Table 3, 5 studies containing 6 point estimates of

adoption were identified in our literature review. Authors used data

from 3 sources: HIMSS, the AHA Annual Survey, and the National

Ambulatory Hospital Medical Care Survey to define EHR adoption

Figure 1. Hospital adoption of “basic” EHR components in 2008.

Table 1. Alternative measures of hospital EHR adoption in 2008

Measure

Estimated

EHR Adoption Interpretation

Hospitals fulfilling all basic criteria 9% 9% of hospitals reported having implemented all 10 components required of a basic EHR using

Jha et al’s definition.

Median number of basic components 60% In 2008, the median hospital had adopted 60% of the 10 components required of a basic EHR in

2008.

Mean number of basic components 58% In aggregate, hospitals had adopted 58% of the components required of a basic EHR in 2008.

Median estimated ability using IRT 57% The median hospital had an estimated EHR ability equivalent to 57% of the ability of hospitals

with a basic EHR.

Estimated ability with measurement

error (IRT)

30% 30% of hospitals, had EHR ability scores consistent with adopting a basic EHR after accounting

for measurement error.

HIMSS stage 3 achievement 42% 42% of hospitals had achieved Stage 3 or higher on the HIMSS EMR Adoption Model.

Hospital self-report 73%/17% 17% of hospitals reported having fully implemented an EHR and 73% of hospitals reported at

least partially implementing an EHR in 2008.

Source: Authors’ analyses of 2008 American Hospital Association Information Technology Survey, 2008 American Hospital Association Annual Survey, and

Healthcare Information and Management Systems Society Presentation.

Abbreviations: EHR, electronic health record; EMR, electronic medical record; HIMSS, Healthcare Information and Management Systems Society; IRT, item

response theory;
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and used varied criteria. Across these studies, all of which focused

on years prior to 2008, estimates of the level of adoption of EHRs

varied from 11.6% in 2004 to 46% in 2005–2006. In addition to

these estimates, other studies that reported national rates of EHR

adoption focused on multiple functionalities without estimating a

single point estimate.33–35

DISCUSSION

Our reanalysis of the original hospital IT survey data and analyses

of other sources led to several conclusions.

First, at the dawn of HITECH in 2008, US hospitals had made

substantial investments in EHR technology, significantly greater

than that implied by the “9%” figure even when that figure is accu-

rately described as “9% of US hospitals had achieved all 10 compo-

nents of a basic EHR.” Any of the new estimates of EHR adoption

we report here, most of which were drawn from the same data used

by the Jha et al paper, leads to that conclusion, as did evidence from

contemporary studies. More simply, the results in Table 2, seen as a

histogram in Figure 2, convey very different meaning than “9% of

US hospitals had a basic EHR” and radically different from the “9%

of US hospitals have an/any EHR” which was reported as the “9%”

Table 2. Weighted percentage of hospitals that reported adopting

basic components

Number of Reported

Components Percent of Hospitals

Inverse cumulative

percent

0 8% 100%

1 5% 92%

2 4% 87%

3 7% 83%

4 9% 76%

5 8% 67%

6 9% 59%

7 13% 50%

8 16% 37%

9 12% 21%

10 9% 9%

Table 3. Contemporary alternative estimates of EHR adoption

Study

EHR Adoption

Estimate

Years of

Estimate Sample Estimate Description

Jones et al

(2010)28

24.5% 2003–2006 2086 nonfederal general

acute care hospitals

located in the United States

Using HIMSS analytics data, the authors defined a hospital as having

a basic EHR if they had operational electronic patient record, clin-

ical data repository, and clinical decision support systems.

Geisler et al

(2010)29

46%; 17% 2005–2006 694 emergency departments

in acute care hospitals.

Using National Ambulatory Hospital Medical Care Survey, the

authors identified the percent of EDs reporting the presence of an

EHR and the percent that met their criteria for a basic EHR (de-

mographic information, CPOE, lab and imaging results).

Kazley and Ozcan

(2008)30

11.6% 2004 2979 nonfederal acute care

hospitals

Using HIMSS analytics data, the authors reported the percent of hos-

pitals that reported having a fully automated EHR.

Ford et al

(2007)31

21.7% 2007 1814 US Hospitals that

reported to HIMSS and

AHA Surveys

Using AHA Annual Survey data, the authors reported the percent of

hospitals that reported having a fully implemented EHR in 2007.

McCullough et al

(2010)32

13% 2007 3401 nonfederal, acute care

US hospitals

Using AHA Annual Survey data, the authors reported the percent of

hospitals that reported having a fully implemented EHR in 2007.

Abbreviations: AHA, American Hospital Association; CPOE, computerized provider order entry; ED, emergency department; HIMSS, Healthcare Information

and Management Systems Society;

Figure 2. Weighted percentage of hospitals that reported adopting basic components.
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statistic emerged as a meme. The result in Figure 2 could have just

as well been reported as “over half of US hospitals have imple-

mented 6 of the 10 components of a basic EHR.” This would have

conveyed a dramatically different message.

Our review of the literature on EHR adoption published during

the same time period indicates that the estimated level of EHR adop-

tion depended enormously on the criteria researchers selected,

resulting in a wide range of reported adoption rates. Though all 5 in-

cluded studies were published prior to 2008, they also all reported

adoption rates greater than 9%. On the whole, these reports from

other sources therefore support a contention that the “9%” figure

was an underestimate of the hospital EHR adoption rate in 2008.

The varied estimates also highlight the extent to which the “9%”

figure depended on the authors’ choices of criteria. One key reason

why the “basic” cut point may have underrepresented adoption of

EHRs was that 2 of the components of a “basic” EHR—medication

CPOE and physician notes—were usually adopted substantially later

in the EHR adoption process than the other 8 components.36 This

made it difficult to reach the “all-or-nothing” threshold for a basic

EHR even when otherwise advanced systems were in place.

Second, use of “9%” hospital EHR adoption as a baseline mea-

sure to chart hospital EHR adoption and gauge the success of the

HITECH program likely led to invalid conclusions about the trajec-

tory of EHR adoption. Use of an alternative baseline figure, such as

the weighted average of hospitals’ progress toward a basic EHR,

computed as the mean number of implemented basic components,

would have created a very different impression of progress in EHR

adoption as depicted in Figure 3. While this trend still points toward

significant progress, it more accurately depicts a higher starting

point in 2008 and flatter increase over time toward the goal of a ba-

sic system as originally defined by Jha et al. By focusing on how

many of the measured components were adopted, this approach

would have shifted the focus to considering the value of each com-

ponent rather than only valuing the implementation of all functions

and would have exhibited less downward bias had hospitals chosen

not to adopt 1 of the 10 measured components.

The potential for misleading conclusions based on the 9% figure

was heightened because reports on EHR adoption presented in more

recent years have portrayed basic EHR adoption in terms of deploy-

ment of certified EHRs. This new metric could not be computed at

baseline, leading inevitably to an “apples to oranges” comparison.

For instance, a prominent 2019 report by Kaiser Health News pre-

sented a figure, without explanation, showing EHR adoption at 9%

in 2008 and 72% in 2011: the 9% figure undoubtedly refers to the

“basic” figure while the 72% number refers to adoption of a certi-

fied EHR (consistently applying the criteria of Jha et al, adoption of

a basic EHR would have stood at only 28% in 2011.).9,14 Our find-

ings show that the “apples” used in the comparison should not be

the extremely low figure reported by Jha et al, which gives minimal

credit to the considerable adoption progress that had been made in

US hospitals by 2008.

Third, this analysis offers an important methodological lesson

about the power of thresholding decisions in analyzing data and

reporting results. In all empirical research, investigators make sub-

jective and often arbitrary decisions when converting objective data

into information. In this case, the thresholding decision was aggres-

sive and extreme in its consequences. Values on a binary achieve-

ment index composed of multiple indicators that require all

indicators to be achieved will be skewed and will conceal informa-

tion contained in the indicators themselves. When extreme thresh-

olding is used, the number of cases achieving the criterion will be

more dependent on the correlation among the indicators than their

distributions of values. Consider a hypothetical extreme example

where each of 10 indicators comprising an index is achieved in 90%

of cases. If nonachievement of each indicator is randomly distrib-

uted, the index will indicate composite achievement of 35%. How-

ever, if nonachievement is perfectly correlated such that all cases

failed on the same indicator, the index will indicate composite

achievement of zero. If correlation is perfect in the complementary

sense where 10% of cases failed on all indicators, then composite

achievement will reach an upper bound of 90%. In this case, we see

where an extreme thresholding condition led to misleading conclu-

sions masking the progress in EHR adoption the US as a nation had

made prior to 2009.

Fourth, also methodological in character, the “9%” statistic was

originally reported without reference to measurement error, and

Figure 3. Alternative presentation of hospital progress toward basic EHR.
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error in responses to the survey could have created uncertainty

about the true level of adoption within responding hospitals. In this

case, a likely reason for measurement error is that respondents were

not knowledgeable about the state of EHR implementation at their

hospital, and this may have been common because of varied sophis-

tication of hospital information technology departments. The IRT

analysis (Method 3b) demonstrated that, without changing the

thresholding criterion, attention to measurement error inherent in

the survey alone raises the estimate of basic EHR adoption to 30%.

The only confidence interval reported in the study reflects uncer-

tainty due to sampling error and does not address the potential for

measurement error among surveyed hospitals.

Conclusions
There is clearly great value in setting a clearly and constantly defined

goal, such as the attainment of a basic EHR. At the crux of the argu-

ment in this article is whether the primary reported metric that

shapes public opinion and drives policy should be the extent of com-

plete attainment of that goal or the extent of progress toward it.

We can only speculate on the policy implications of the choice

to use a complete attainment metric on the drafting of the original

HITECH legislation, which specified the structure of Meaningful

Use incentive payments and the subsequent design of the HITECH

program, which was delegated to the Department of Health and

Human Services in the executive branch of the government.

Greater attention to the data reported as a histogram in Figure 2

might have led to an incentive structure more generous to pro-

viders than hospitals because it better depicts the significant prog-

ress many hospitals had made toward the goal of a basic EHR. As

implemented, the relative generosity of incentives to hospitals

resulted in high levels of hospital participation and only 60% of

physicians participating in the MU program, with physician par-

ticipation peaking in 2013 before dropping as physicians left the

incentive program.37

The presentation of this data based on a threshold may also have

influenced the relatively blunt policy design pursued for hospitals.

The all-or-nothing approach concealed meaningful variability in

adoption by equating as “have nothings” all of the 91% of hospitals

that did not achieve the threshold. This approach to the data was

replicated in the MU program, which treated achievement of each

stage as all-or-nothing. This approach modeled the use of MU

achievement as a trigger for incentive payment while concealing the

variation in EHR adoption patterns. Displaying this data as a heat

map, as in Figure 1, might have drawn policymakers toward an ap-

proach designed to help hospitals “fill in” missing areas in the fig-

ure. Such a policy might have directed incentives toward hospitals

that had made less progress in 2008, because they had access to

fewer resources to do so, and directed fewer resources to the many

hospitals that had nearly completed adoption of a basic EHR. Level-

ing of adoption should have been very important to policy makers

because interoperability, which was a major goal of HITECH,

requires all participants in health information exchange to have

equivalent technical capabilities. The Regional Extension Centers

program, created through HITECH, did give some priority to less

well-resourced hospitals and physicians, but the $720 million allo-

cated to the Extension Centers program pales in comparison with

the $38 billion paid out as Meaningful Use incentives.38,39

The consequences of tailoring adoption incentives would there-

fore be far greater in promoting adoption and interoperability in pri-

oritizing implementation support.

As we continue into the post-HITECH era, we believe it is essen-

tial that future policy design is informed by accurately understood

dynamics of the programs of the past decade. In 2008, a more accu-

rate statement would have been that 73% of hospitals had begun

the transition to an EHR, that in aggregate national progress toward

a basic EHR was 58% complete, and that only 9% of hospitals had

implemented a complete basic EHR. The memetic “9%” statistic

was but one way, and an extreme way, of reporting hospital EHR

adoption in 2008. We seek here to correct the impression left by

that report. History requires it, and to paraphrase an often-used

aphorism, we will repeat the mistakes of history unless we learn

from them.
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