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Appendix Figure S1. Continuous wavelet transform analysis. (A) Approach to extract ridge readout 
parameters from wavelet spectra (left panel). Ridge thresholds (TH) applied to the power spectrum 
were either adaptive, set to a quarter of the sample’s maximum wavelet power (MWP), or global, set 
to a quarter of the median of the maximum wavelet power of all samples combined (right panel, n=180 
samples). (B) Calculation of relative weights of continuous wavelet transform (CWT) parameters 
through sigmoidal fitting of ridge lengths underlying the extracted periods (left panel) and amplitudes 
(middle panel); weighting of Bmal1-Per2 phase differences were based on the common ridge lengths 
of Bmal1- and Per2-phases (right panel). Cell line models are color-coded by their subtype. The hill 
coefficient of the sigmoidal model was set to -0.1 and calculated inflection points (x0) of the fitted 
curve are marked in the plots. (C) Weighted boxplot of median periods (left panel) and amplitudes 
(right panel) from Bmal1- and Per2-signals of the specified cell models, with the bottom and top edges 
of the boxes representing the 25th and 75th percentiles, respectively. Extending whiskers represent data 
points within 1.5 times the interquartile range from lower and upper quartile. Relative weights of the 
samples, calculated as shown in B, are indicated by datapoint sizes: small (≤ 0.33), intermediate (> 
0.33 and ≤ 0.66), and large (> 0.66). Red horizontal lines denote median values, red crosses mark 
outliers  
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Appendix Figure S2. Capturing growth dynamics by long-term live-cell imaging. Normalized 
growth curves (blue dots) and exponential fits (red lines) for the indicated cell line models, yielding 
growth rates (k), and fit accuracies (R2). Growth assessment was based on nucleus counts, except for 
BT549 and MDAMB436, where confluency was used. Data represents the mean±s.d. of 9 images 
taken in a single well, with the shaded area representing the standard deviation across the images. 
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Appendix Figure S3. Elbow plot on selected circadian features from PCA clusters.  Within-cluster 
sum of squares of each k-means cluster, clustering 15 cell lines by their circadian signal’s period, 
circadian component, and Bmal1-Per2 phase difference. The green dashed line marks the elbow point, 
representing the optimal number of circadian-based clusters (k) within the cell line panel. Cluster-
specific silhouette (Silh.) scores are denoted in the grey box.   
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Appendix Figure S4. Accuracy results of methods to assess the impact of circadian features on 
drug sensitivity. (A) Accuracy of lasso regression in predicting cisplatin sensitivity metrics (rows) 
from circadian parameters across cell line models (columns). Accuracy was measured as the 
normalized difference between true and predicted sensitivity values per cell models (color-coded) and 
averaged per row. Predictions within 10% deviation were deemed correct. Mean accuracies across all 
sensitivity parameters are stated in the heading. R² values of the fit are provided alongside accuracy. 
(B) See A, but shown for lasso regression. (C) Leave-one-out cross-validation (LOOCV) of LDA 
results assessing the ability of circadian parameters to distinguish between high and low sensitivity 
groups to cisplatin (based on median-binarized drug sensitivity-values). The color-coding indicates 
classification accuracy for each cell line model: green for correct and red for incorrect categorization. 
The rightmost column shows total LOOCV accuracy for each sensitivity parameter, with 1 indicating 
100% accuracy. Mean accuracies across all sensitivity parameters are stated in the heading. (D) See C, 
but shown for logistic regression. (E) See C, but shown for LDA on circadian gene expression values. 
(F) See C, but shown for logistic regression on circadian gene expression values. 
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Appendix Figure S5. Accuracy results of classification methods to assess the impact of circadian 
features on drug sensitivity to multiple drugs. (A) Leave-one-out cross-validation (LOOCV) of 
LDA results assessing the ability of circadian parameters to distinguish between high and low 
sensitivity groups to numerous drugs from the CCLE database (based on median-binarized IC50 
values). The color-coding indicates classification accuracy for each cell line model: green for correct 
and red for incorrect categorization. The rightmost column shows total LOOCV accuracy for each 
sensitivity parameter, with 1 indicating 100% accuracy. Mean accuracies across all drugs are stated in 
the heading. NaN, cell line not available. (B) See A, but shown for logistic regression. (C) See A, but 
shown for LDA on circadian gene expression values. (D) See A, but shown for logistic regression on 
circadian gene expression values. 


