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Social Media Accounts of Food and Beverage Brands
Have Disproportionately More Black and Hispanic
Followers than White Followers
Pasquale E. Rummo,1,i Josh H. Arshonsky,1 Andrea L. Sharkey,1 Omni L. Cassidy,1 and Marie A. Bragg1,2,*,ii

Abstract
Introduction: On television, food companies promote their least nutritious products to Black and Hispanic youth
more than White youth, but little is known about the extent to which Black and Hispanic adolescents may dis-
proportionately engage with unhealthy food and beverage brands on social media relative to White adolescents.
Methods: In 2019, we purchased and analyzed demographic data of social media users who followed 27 of the
most marketed food/beverage brands on Instagram and Twitter. We used one-sample t-tests to compare per-
centages of Black, Hispanic, and White followers of the selected brands’ accounts versus all social media ac-
counts, and independent samples t-tests to compare followers of sugary versus low-calorie drink brands. We
also used linear regression to examine associations between racially targeted marketing practices and the per-
centages of Black, Hispanic, and White followers on social media.
Results: On Instagram, the percentage of Black followers of the selected brands (12.7%) was higher than the
percentage of Black followers of any account (7.8%) ( p < 0.001). On Twitter, findings were similar for Hispanic
users but opposite for White users. A higher racially targeted ratio was positively associated with the percentage
of Black followers, and negatively associated with the percentage of White followers. Sugary drink brands had
more Hispanic followers than low-calorie drink brands ( p < 0.001).
Conclusions: Unhealthy food/beverage brands that target Black adolescents have a disproportionately higher
percentage of Black followers on social media relative to White followers. These findings support the 2019 pro-
posal to restrict racially targeted advertising through the Children’s Online Privacy and Protection Act.
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Introduction
The National Academy of Medicine has identified food
advertisements (‘‘ads’’) as a major driver of poor diet
and childhood obesity.1–6 In the United States, Black
and Hispanic youth are disproportionately targeted
with food and beverage ads that promote unhealthy
foods and beverages.7 In 2017, food companies spent
nearly $13 billion on food ads across all platforms
(e.g., television [TV] and social media), including

$787 million on Hispanic-targeted TV ads and $333
million on Black-targeted TV ads.8 Between 2013 and
2017, spending on Black-targeted TV ads increased
by 50%.8

These racially targeted marketing practices may re-
flect companies’ recognition of the cultural and finan-
cial power of communities of color, but targeted
marketing can be problematic for public health when
companies promote products that contribute to
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disparities in diet-related health outcomes.9 Food com-
panies have identified Black youth as a valuable market
segment because of their high media use, spending pat-
terns, and role as cultural trendsetters.9 However few
studies have examined food advertising exposure
among Black and Hispanic communities, and most of
those studies have focused on TV or outdoor ads.9–15

Although TV advertising remains the most popu-
lar promotional channel, social media is growing rapid-
ly.12 In 2018, almost all adolescents reported that they
own a smartphone, and 90% of adolescents use social
media.11 The most frequently used sites among adoles-
cents are YouTube (85%), SnapChat (69%), Instagram
(72%), Facebook (51%), and Twitter (32%), and most
adolescents report using multiple platforms.16 Compa-
nies now dedicate substantial portions of their market-
ing expenditures to social media.17 There was *570%
increase in social media account creation by food and
beverage companies between 2007 and 2016.18 These
online platforms provide companies with the opportu-
nity to more precisely track and interact with potential
consumers through previously unavailable methods,
such as geo-location targeting and creating free ac-
counts that users can ‘‘follow’’ (e.g., @Sprite).19,20

Following a food and beverage brand account allows
users to engage with brands by ‘‘liking,’’ commenting,
or sharing the company’s posts with others in their so-
cial network. This level of engagement is unique to so-
cial media marketing and increases companies’ access
to consumers, particularly adolescents.21,22 Although
empirical data are limited, market research suggests
that learning about new products is the most common
reason consumers engage with brands on social
media.23

Business marketing literature indicates that brand
engagement affects purchase intent and actual pur-
chases.24–26 In one study commissioned by Twitter,
positive Tweets that increased likelihood of ‘‘sharing’’
were nine times more effective in increasing video
game sales compared with traditional advertising.
Another study examining social media metrics and
music album sales found that following music artists
on social media was positively associated with increases
in album sales.27 There are no published studies exam-
ining how engaging with food and beverage brands on
social media influences purchase intent or actual pur-
chases among Black or Hispanic youth. Exposure to
targeted ads on social media, however, is likely
designed to increase sales of advertised unhealthy
products. Sales, and ultimately consumption, of these

products may contribute to poor diet, obesity, and as-
sociated chronic conditions in these vulnerable groups.

Because adolescents face increased exposure to tar-
geted ads on social media, two US Senators introduced
bipartisan legislation in 2019 to update the Children’s
Online Privacy and Protection Act, which regulates
how companies collect and use online data from chil-
dren (age < 13 years) and stipulates the extent to
which children can be targeted with online ads.28 The
Senators’ proposal aimed to expand protections (e.g.,
further limit data collected from children online),
apply the protections to adolescents up to age 15
years, and eliminate racially targeted marketing prac-
tices online (e.g., via geo-tagging features).29

But there is a critical gap in our understanding of the
online landscape of racially targeted food advertising:
no studies, to our knowledge, have examined whether
there is an association between racially targeted mar-
keting practices and the number of adolescents who en-
gage with advertisements on social media. Objective
data on Black and Hispanic followers of food and bev-
erage companies are critical for determining the extent
to which policies should regulate online advertising
that targets adolescents of color.

To address this gap in the literature, we analyzed
social media data from Instagram and Twitter. This
study aimed to: (1) quantify the percentage of Black,
Hispanic, and White individuals who follow food and
beverage brands; (2) compare whether unhealthy food
brands and sugary drink brands have higher percentages
of Black and Hispanic followers relative to all social
media accounts; (3) determine whether sugary drink
brands have more Black and Hispanic followers com-
pared with low-calorie drink brands; and (4) examine
the association between targeted marketing practices to
youth of color and the percentage of Black, Hispanic,
and White users who follow food and beverage brands.

Methods
Population
Our analysis draws from the 30 fast food, snack, and
beverage brands with the highest ad expenditures in
2016.30–32 We chose to analyze only fast food, snack,
and beverage brands because marketers disproportion-
ately promote those types of products to adolescents
and communities of color.6 In 2019, we purchased
the data Demographics Pro on the demographic char-
acteristics of social media users who followed the se-
lected brands on Twitter and Instagram (data are not
available on other social media platforms).
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Including these two platforms is valuable for several
reasons. Although YouTube is the most popular plat-
form among adolescents, it is primarily used to view vid-
eos rather than post, share, and follow others users,
making it less relevant to this study. And SnapChat,
the second most popular social media site among ado-
lescents, generates just $1.7 billion per year in advertis-
ing revenue.33,34 In comparison, Instagram generates
$20 billion annually, and Twitter generates $3 billion an-
nually—suggesting that ad exposure on these sites are
high. Finally, although Twitter is only used by 32% of
adolescents in the United States, that figure translates
to roughly 8 million adolescents.35,36

Demographics Pro is a data analytics firm that uses
proprietary algorithms to infer likely demographic char-
acteristics of social media users based on their behavior
on social media.37–39 The predictions rely on the low co-
variance of multiply amplified data signals. These data
signals include the nature and strength of ties between
users on Twitter and Instagram; the Twitter and Insta-
gram accounts users follow; overall Twitter and Insta-
gram usage; and the words and phrases used in posts.
Big data methods, natural language processing, image
analyses, and network theory are also used in the predic-
tion of users’ demographic characteristics.

To predict each demographic characteristic, Demo-
graphics Pro requires confidence of 95% or above.
The firm evaluates their methods by iteratively testing
their approach among established samples of between
10,000 and 200,000 social media users with verified de-
mographic information, enabling more precise calibra-
tion of their methods. Using this methodology,
Demographics Pro has profiled > 300 million social
media users. At the time of purchase, Demographics
Pro had data on Instagram and Twitter users for 27
of the 30 brands, including 24 brands on Instagram
and 19 brands on Twitter (Table 1).

Measures
We used the University of Connecticut Rudd Center’s
2019 report on targeted food advertising to characterize
the degree to which the 27 selected brands targeted
Black consumers.8 The report provides total TV spend-
ing as well as a Black:White targeted ratio for children
and adolescents, including separate measures for 2–5
years, 6–11 years, and 12–17 years. Data were available
for 9 of the 27 brands we selected (Table 2). The tar-
geted ratios are calculated by dividing the ratio of TV
ad exposure for Black children/adolescents by the ratio
of TV ad exposure to White children/adolescents. To ac-

count for racial differences in time spent viewing ads, this
value is then divided by the ratio of TV viewing times.
For example, a Black:White targeted ratio of 2.00 indi-
cates that Black children/adolescents viewed 100%
more TV ads for a specific brand compared with
White children/adolescents, TV viewing being equal.

Data on spending and disproportionate exposure
to social media advertising were not available for
social media, so we used spending on TV ads and
disproportionate exposure to TV advertising as prox-
ies. Without such measures for adult social media
users, we also used targeted ratios for Black children/
adolescents as proxies for targeted advertising to
Black adults. The report, however, does not include a
Hispanic:White ratio for children and adolescents.
They include data on food and beverage company ex-
penditures on Spanish-language television, which we
included in analyses to examine the relationship be-
tween targeted marketing expenditures and number
of Hispanic followers in our sample.

Our primary outcome was the percentage of social
media users who followed the selected food/beverage
brands on each platform, by racial demographic sub-
group. We also calculated the percentage of followers
by race/ethnicity for (1) fast food brands, (2) all bever-
age brands, (3) sugary drink brands, and (4) low-
calorie drink brands (Table 2). We classified both
zero-calorie beverages and beverages with artificial
sweeteners as low-calorie drink brands. We reported
the mean (standard deviation) of the percentage of fol-
lowers of the selected brands, as well as user posting
frequency, length of time since account creation, and
user’s geo-enabled settings.

Statistical analysis
Using a one-sample t-test, we examined whether the
mean percentage of followers of the selected food and
beverage brands was statistically significantly different
from the mean percentage of followers of any account
on Instagram or Twitter, by racial demographic sub-
group. Using an independent samples t-test, we also
tested whether the mean percentage of followers of
the sugary drink brands was statistically significantly
different compared with the mean percentage of fol-
lowers of the low-calorie drink brands. We used a lin-
ear regression model to examine the association
between spending on TV advertising and the
Black:White-targeted ratios of the selected food/bever-
age brands with the racial demographic characteristics
of followers, by social media platform.
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Finally, for Hispanic targeting, we used a linear re-
gression model to examine the association between
ad expenditures on Spanish-language television and
ethnic demographic characteristics of followers, by so-
cial media platform. Statistical significance was defined
at the a = 0.05 level. We used Stata version 15.1 (Stata-
Corp LLC, College Station, TX) for all analyses.40 We
downloaded and analyzed the data in January 2019.

Results
There were an estimated total of 55.9 million users
who followed the 27 food/beverage brands on Insta-
gram, and 17.3 million users who followed the brands
on Twitter in January 2019, including users who fol-
lowed multiple accounts on both Instagram and Twit-
ter (Table 1). An estimated total of 17.7 million and
6.8 million followers of the selected brands had geo-
enabled network settings on Instagram and Twitter,
respectively.

Followers of food/beverage brands versus any
social media account by race/ethnicity
Among all Instagram users, an estimated total of 3.1
million Black, 2.1 million Hispanic, and 21.5 million
White individuals followed the selected food/beverage
brands; and among all Twitter users, an estimated
total of 1.3 million Black, 1.1 million Hispanic, and
9.2 million White individuals followed the selected
brands (Table 2). Sprite (30.7%) and Fanta (19.3%)
had the highest percentage of Black followers on Insta-
gram relative to other beverage brands ( < 14%). Fanta
(13.7%) also had the highest percentage of Hispanic
followers on Instagram, along with Burger King
(13.2%), Pizza Hut (12.9%), KFC (12.3%), and Sprite
(12.2%).

In contrast, Coca-Cola Life (90.1%) and Diet Coke
(89.8%) had the highest percentage of White followers
relative to other beverage brands ( < 85%). On Twitter,
Taco Bell (22.9%) and Sprite (22.7%) had the highest
percentages of Black followers relative to other brands,
whereas Monster Energy Drink (11.7%) and Fanta
(10.6%) had the highest percentage of Hispanic follow-
ers (Table 2).

We found that the percentage of White followers of
the selected food/beverage brands (77.2%) was lower
than the percentage of White individuals who followed
any account on Instagram (81.1%) ( p = 0.02) (Table 3).
We observed a similar finding for White followers of
fast food brands relative to all social media accounts
on Instagram (75.3% vs. 81.1%; p = 0.01). In contrast,
the percentage of Black followers of the selected brands
(12.7%) was higher than the percentage of Black indi-
viduals who followed any account on Instagram
(7.8%) ( p < 0.001). We observed a similar pattern for
fast food brands (13.5% vs. 7.8%; p < 0.001). The per-
centage of Hispanic followers of the selected brands
(8.5%) was also higher than the percentage of Hispanic
individuals who followed any account on Twitter
(7.6%) ( p = 0.04), and even higher for sugary drink
brands (9.9%).

We did not, however, find statistically significant dif-
ferences in the percentages of White and Black follow-
ers of the selected brands relative to all social media
accounts on Twitter.

Followers of sugary drink brands versus
low-calorie drink brands by race/ethnicity
On Twitter, the percentage of Hispanic followers of
sugary drink brands (9.9%) was higher than the per-
centage Hispanic followers of low-calorie drink brands

Table 3. Comparison of Demographics of Followers of Popular Food/Beverage Brands (n = 27) Versus All Users, 2019

All brands pa
Fast food

brands pa
Drink

brands pa
Sugary drink

brands pa
Low-calorie

drink brands pa
Average

on platform

Twitter (% followers)
Race (United States only)

White 79.5 0.54 80.3 0.34 78.9 0.92 77b 0.54 80.8b 0.51 78.7
Black 11.4 0.12 10.5 0.08 12.1 0.54 12.5 0.81 11.7 0.57 13.1
Hispanic 8.5 0.04 8.7 0.06 8.4 0.24 9.9b 0.01 6.9b 0.39 7.6

Instagram (% followers)
Race (United States only)

White 77.2 0.02 75.3 0.01 77.9 0.23 75.1 0.08 84.2 0.42 81.1
Black 12.7 < 0.001 13.5 < 0.001 12.5 0.02 14.4 0.02 8.3 0.82 7.8
Hispanic 9.4 0.07 10.5 0.87 8.9 0.08 9.8 0.48 7.0 0.08 10.4

aThe mean percentage of followers of the group of brands was statistically significantly different ( p < 0.05) from the mean percentage of all Twit-
ter/Instagram users using a one-sample t-test.

bThe mean percentage of followers of sugary drink brands was statistically significantly different ( p < 0.05) than the mean percentage of followers
of low-calorie drink brands using an independent samples t-test.
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(6.9%) ( p < 0.001) (Table 3), whereas the percentage of
White followers of sugary drink brands (77.0%) was
lower than the percentage of White followers of low-
calorie drink brands (80.8%) ( p = 0.03). The direction
of differences was similar using data from Instagram,
but not statistically significant. We did not observe sta-
tistically significant differences in the percentage of
Black followers of sugary drink brands compared
with low-calorie drink brands on either platform.

Associations between racially targeted marketing
practices and the percentage of followers
by race/ethnicity
When examining the relationship between racially
targeted advertising and follower demographics, we
found that a higher Black:White child-targeted ratio
(2–5 years) was positively associated with the percent-
age of Black followers of the selected brands on
Twitter (b = 9.0; p = 0.001); and a higher Black:White
child-targeted ratio (2–5 years) was negatively associ-
ated with the percentage of White followers of the
selected brands on Twitter (b =�10.8; p = 0.002)
(Table 4). Findings for targeted ratios for older chil-
dren (6–11 years) and adolescents (12–17 years)
were similar in direction and magnitude for Black
and White followers. The direction and magnitude
of the results using Instagram data were also similar
for all racially targeted ratio measures.

We did not, however, observe a relationship between
TV spending and the percent of Black, Hispanic, or
White followers of the selected brands using data
from either platform; and we did not observe a rela-
tionship between Spanish-language TV spending and
the percent of Hispanic followers on either platform.

Discussion
These data show that the 27 food and beverage brands in
our sample maintained a total of 73.2 million followers on
Twitter and Instagram as of 2019, including some users
who may follow multiple accounts on both platforms.
This study provides the first evidence, to our knowledge,
demonstrating that popular food and beverage brands
have a disproportionately higher percentage of Black
and Hispanic followers relative to users who follow
other social media accounts.

Our study also provides new evidence to show that ra-
cially targeted advertising ratios are associated with a
higher percentage of Black followers—and a lower per-
centage of White followers—of popular food and bever-
age brands (Table 4). Sprite (140 calories per serving)
and Fanta (160 calories per serving), for example, are
sugary beverage brands that target Black youth more
than zero-calorie beverage brands like Diet Coke and
Dasani Water. All three brands are owned by the same
parent company (Coca-Cola) and yet 22.7% of Sprite’s
Twitter followers are Black, whereas 10.0% of Diet
Coke’s and 8.1% of Dasani’s Twitter followers are
Black. Companies like Coca-Cola should promote a bal-
ance of healthy beverages to all consumers, rather than
disproportionately targeting sugary drinks to communi-
ties that experience high rates of diabetes and obesity.41

Nearly half (40.0%) of social media followers in our
sample had geo-enabled network settings, which facil-
itates companies’ use of their location for targeted mar-
keting. Although geo-targeting may be convenient for
individuals who receive coupons to nearby stores,
such targeting holds the potential to exacerbate health
disparities if companies promote coupons for un-
healthy products to communities that experience high

Table 4. Associations Between Targeted Marketing Ratios and Demographics of Followers of Popular Food/Beverage Brands
(n = 27), 2019

Total TV spending
(in $10 million) p

Spanish-language
TV spending

(in $10 million) p

Black:White
targeted ratio

(2–5 years)a p

Black:White
targeted ratio
(6–11 years)a p

Black:White
targeted ratio
(12–17 years)a p

Twitter (% followers)
White 0.3 0.85 — — �10.8 0.001b �10.4 0.002b �9.9 < 0.001b

Black 0.3 0.65 — — 9.0 0.002c 8.4 0.004c 8.0 0.001c

Hispanic 0.1 0.29 0.002 0.45 — — — — — —

Instagram (% followers)
White �1.1 0.38 — — �15.4 0.004b �15.2 0.002b �14.2 0.001b

Black 0.5 0.56 — — 12.1 0.002c 11.4 0.00c 0.5 < 0.001c

Hispanic 0.5 0.17 0.0005 0.88 — — — — — —

aThe targeted ratios are calculated by dividing the ratio of TV ad exposure for Black youth versus White youth by the ratio of TV viewing times.
bThese findings show that a higher degree of racially targeted marketing (i.e., more TV ad exposure per TV viewing time) per brand was associated

with disproportionately lower percentage of White followers per brand.
cThese findings show that a higher degree of racially targeted marketing (i.e., more TV ad exposure per TV viewing time) per brand was associated

with a disproportionately higher percentage of Black followers per brand.
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rates of obesity and diabetes.42 In response to growing
concerns about the unique features of social media
marketing, two U.S. Senators introduced bipartisan
legislation in March 2019 to update the Children’s
Online Privacy and Protection Act, including restrict-
ing companies’ use of geo-targeting and racially tar-
geted advertising.29 Our data reinforce the need for
such an expansion.

These findings build on previous research that exam-
ined website traffic of food and beverage brands that tar-
get Black and Hispanic youth.43 The authors used
ComScore data to report that Hispanic youth were
more likely to visit websites for food and beverages that
target Hispanic consumers than non-Hispanic youth.43

Our findings also corroborate previous research showing
that non-Hispanic Black and less-acculturated Hispanic
adolescents were more likely than non-Hispanic White
adolescents to engage with food and beverage brands
on social media.44 Although we did not assess why
some Black and Hispanic social media users choose to
follow food and beverage brands, other studies found
that Black and Hispanic consumers report feeling valued
by food and beverage companies that target members of
their racial/ethnic group.45

We also found that sugary drink brands have higher
percentages of Black and Hispanic followers than low-
calorie drink brands on Twitter, which may be driven
by racially targeted marketing practices of sugary drink
brands. The opposite pattern was true for low-calorie
drink brands, which had higher percentages of White
followers than sugary drink brands. Overall in the
United States, National Health and Nutrition Examina-
tion Survey (NHANES) data indicate that, among a
sample of 16,492 youth, *19% drank low-calorie sweet-
ened beverages.46 Given that Black and Hispanic youth
and adults experience high rates of obesity and diabetes
relative to other racial/ethnic groups, it is critical to de-
velop policy interventions that address unhealthy food
ads that target adolescents of color.

Our study had several limitations. We were not able
to identify any sources of data that report social media
ad expenditures made by food and beverage brands,
but we posit that measures of targeted marketing on tele-
vision are adequate proxies. This is because we expect
relative differences in expenditures on racially targeted
advertising on TV and social media to be consistent
across brands, although absolute expenditures may dif-
fer within brands. For example, greater expenditures
on racially targeted advertising for Sprite versus Diet
Coke on TV likely translates to a similar difference in

ad expenditures for Sprite versus Diet Coke on social
media. In the future, academic institutions may consider
working with commercial vendors who specialize in ag-
gregating digital advertising data and optimizing the col-
lection of such data for research opportunities (e.g.,
including more data on Hispanic consumers and more
detailed data on advertising expenditures).

Another limitation is that Demographics Pro did not
have data on all 27 brands across Instagram and Twitter,
which limited our ability to compare Instagram and Twit-
ter followers’ demographics. We also lacked data to char-
acterize the extent to which the brands in our sample
targeted Hispanic consumers, although we used data on
food and beverage company expenditures on Spanish-
language television as a proxy, and lacked targeted ratios
for adult social media users. Furthermore, the data from
Demographics Pro are inferences based on consumers’ so-
cial media presence and usage, which may not accurately
reflect actual demographics of users. Despite these limita-
tions, our study is the first to characterize the link between
brands’ targeted food marketing practices and the demo-
graphics of social media users who followed such brands.

Conclusions
In our sample, food and beverage brands that heavily tar-
get youth of color have a disproportionately higher per-
centage of Black followers—and a disproportionately
lower percentage of White followers—compared with
brands that do not heavily target youth of color. The pos-
itive association between racially targeted marketing and
percentage of Black social media followers is concern-
ing for public health nutrition. Exposure to food ad-
vertising is a major driver of poor diet among youth,
and Black and Hispanic youth are disproportionately
targeted with the least healthy food products.8,14 Such
targeting is concerning given our findings show that
food and beverage brands have a disproportionately
high percentage of Black and Hispanic followers rela-
tive to White followers.

In addition, sugary drink brands have a higher per-
centage of Hispanic followers relative to low-calorie
drink brands. Given that many of these brands pro-
mote sugary drinks and unhealthy fast food products
to Black and Hispanic children and adolescents, it is
possible that food marketing on social media contrib-
utes to poor dietary habits and disparities in obesity
risk among youth of color.
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