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ABSTRACT
Background: The incidence rate of scrub typhus has been increasing in the Republic of 
Korea. Previous studies have suggested that this trend may have resulted from the effects 
of climate change on the transmission dynamics among vectors and hosts, but a clear 
explanation of the process is still lacking. In this study, we applied mathematical models to 
explore the potential factors that influence the epidemiology of tsutsugamushi disease.
Methods: We developed mathematical models of ordinary differential equations including 
human, rodent and mite groups. Two models, including simple and complex models, were 
developed, and all parameters employed in the models were adopted from previous articles 
that represent epidemiological situations in the Republic of Korea.
Results: The simulation results showed that the force of infection at the equilibrium state 
under the simple model was 0.236 (per 100,000 person-months), and that in the complex 
model was 26.796 (per 100,000 person-months). Sensitivity analyses indicated that the most 
influential parameters were rodent and mite populations and contact rate between them for 
the simple model, and trans-ovarian transmission for the complex model. In both models, 
contact rate between humans and mites is more influential than morality rate of rodent and 
mite group.
Conclusion: The results indicate that the effect of controlling either rodents or mites could 
be limited, and reducing the contact rate between humans and mites is more practical and 
effective strategy. However, the current level of control would be insufficient relative to the 
growing mite population.
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INTRODUCTION

Scrub typhus, also known as tsutsugamushi disease, is one of the major zoonotic diseases 
in an East Asia region called the tsutsugamushi triangle. It is caused by the gram-negative 
bacterium Orientia tsutsugamushi, and the clinical symptoms include headache, anorexia, 
and myalgia, with pathognomonic eschar1; it is also related to acute cholecystitis.2 
Transmission of scrub typhus occurs through contact with infectious mites, mostly of the 
family Trombiculidae. The life cycle of the mite consists of seven stages: egg, pre-larval, 
larval, proto-nymph, deuto-nymph, trito-nymph, and adult. The mites in the larval stage 
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are also called chiggers, and mites exhibit parasitic (host-seeking) behavior only during this 
period. After growing to the nymph stage, they no longer need hosts for feeding. Their major 
habitats are places with humid and flourishing vegetation, such as meadows and wetlands, 
because of the high density of their hosts.3

In the Republic of Korea (ROK), scrub typhus was designated as a notifiable infectious 
disease from 1993, and an annual incidence of less than 300 cases was reported until 1997. 
However, the reported number of cases increased rapidly in 1998 to more than 1,000, surged 
again in 2004 to more than 5,000 cases, and maintained that level until 2011. Since 2012, the 
incidence has increased dramatically, with over 10,000 cases recorded in 2016 (Fig. 1); scrub 
typhus is the most frequent vector-borne disease in the ROK. Along with its considerable 
impact on public health, economic loss from scrub typhus is not negligible. Kim4 found 
that the cost of direct losses, such as treatment costs and reduction of the labor force, would 
be about 10 billion KRW per year and that the damage would surge with the ripple effect. 
Moreover, the burden is expected to increase in the future due to climate change.5 Therefore, 
the increasing incidence and huge economic impact imply that a systematic control strategy 
for scrub typhus is needed.

Many studies have been performed on scrub typhus. However, until 2000, studies focused 
mainly on case reports about rare symptoms and co-infection with human immunodeficiency 
virus-acquired immunodeficiency syndrome, or ecological studies for the density of 
Trombiculidae mites.6-9 After the year 2000, more studies considering other aspects were 
conducted, such as the association with meteorological factors,10 spatial analysis with 
geographic information system technology,11 economic damage assessment,4 and future 
incidence prediction with climate change.5

A limited number of studies on scrub typhus have been conducted with mathematical 
models. To our knowledge, only two studies in Korea have developed mathematical models 
for scrub typhus. Lee et al.12 adopted a single-species susceptible-infectious-recovered (SIR) 
mathematical model to predict future trends of scrub typhus incidence, focusing on the 
human population. The study by Kim et al.,13 which is used as the fundamental frame of 
our study, constructed a susceptible-infectious (SI) model with two species: mites and their 
natural hosts. The underlying assumptions represented ecological characteristics of mites 
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Fig. 1. Incidence of scrub typhus in Korea from 2001 to 2016.
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and disease transmission, and the model produced a basic reproductive number between 
the two species with implications for control strategies. However, an advanced modeling 
study is needed to integrate both human and ecological dynamics representing the context 
of Korea. In this study, we developed mathematical models of scrub typhus to understand 
the transmission dynamics of scrub typhus, and we drew suggestions from these for the best 
control strategies.14

METHODS

In this study, we developed two dynamic models of scrub typhus. The first model (Fig. 2) 
reflects the fundamental ecology of transmission with a three-species population: humans, 
mites, and rodents as the natural host of mites. It describes the disease circulating between 
mites and their natural host population, and spreading to the human population by 
accident (spill-over effect).15 Theoretically, transmission from humans to mites is feasible; 
however, this is ignored because the probability of a human patient experiencing another 
mite bite without treatment is low, and further effects on the transmission dynamics are 
negligible. It is also assumed that rodents are the only host species for parasitic mites. Most 
mammals, such as elk and raccoon dogs, act as natural hosts of the parasitic mite, and their 
characteristics as hosts can differ due to their immune systems.16 This assumption implies 
that all parameters related to the natural host population are standardized. We employed the 
SI model for the rodent and mite groups to simplify the disease dynamics among groups, as 
demonstrated in previous studies.13,17 On the other hand, the human group is considered 
to represent a SIS model18 because there are many subtypes of scrub typhus infections, and 
the immunity can last for less than 2 years. For simplification, a closed population, without 
births and deaths, was assumed for humans, unlike the rodent and mite populations.

The second model (Fig. 3) represents more realistic transmission dynamics of scrub typhus 
with a more complicated structure than that in model 1. The fundamental assumptions 
of model 2 were the same as model 1; differences between the two derived from setting a 
life cycle-structure for the mite population. The family Trombiculidae, the main vector for 
scrub typhus, has the following seven-stage life cycle: egg, pre-larval, larval, proto-nymph, 
deuto-nymph, trito-nymph, and adult. However, in the model, the life cycle was reclassified 
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Fig. 2. Schematic diagram of model 1.
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into three stages, questing larvae (pre-larval), feeding larvae (larval), and adult (nymph 
and adult) because the important element for the disease dynamic system is interaction 
with susceptible hosts. In model 2, to reflect the ecology of the Trombiculidae mite, it was 
assumed that only infectious questing larvae (infectious host-seeking larvae) can transmit 
infection to the rodent or human population. Trans-ovarian transmission, from adult mites 
to their offspring, was also considered. In the model of sessile vector-borne diseases, such as 
tick- and flea-borne diseases, general assumptions for the vector population are, first, that 
there are two stages, free-living and feeding on the host, and second, that vectors can move 
bidirectionally, from free-living to feeding and from feeding to free-living.18 However, in 
the model of this paper, the mites could change their stages only from free-living to feeding 
(from questing larva to feeding larva, as described above) because, unlike other sessile 
vectors, the parasitic period of the trombiculid mite is less than 1 week (usually 3 days),3 so 
the chance of returning to the questing stage was considered negligible. As indicated above, 
there are some underlying assumptions that support the models; these are summarized in 
Supplementary Table 1.

Most parameters were adopted from published articles (Tables 1 and 2). Considering 
that the ecological systems of mites and rodents are greatly influenced by environmental 
diversity, we used parameters from studies in Korea to maximize practicability. Unlike other 
parameters, measuring the rate of contact between species (r1, r2) is impractical; hence, 
there is no appropriate study result for this parameter. Therefore, the contact rate was 
derived in an alternative manner. For the contact rate between humans and mites (r1), we 
used the number of scrub typhus cases. Since 2012, the reported cases ranged from 8,000 
to over 10,000 cases. Thus, we assumed that 600,000 contacts with bites occurred per 
year (the transmission probability per bite is 75%; the infection prevalence among mites is 
2%).19 Parameter r2, the contact rate between rodents and mites, was calculated from the 
chigger index, the number of mites on a host, in the same way. The contact rate between two 
populations was represented as the number of contacts per month divided by the product of 
the two population sizes.18
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In this study, a constant population was presumed, and several parameters were calculated 
from other parameters with this assumption. For example, in Model 1, the birth rate and 
natural mortality rate of the mite group (BM, μM) were equal, and were the same as that in 
the rodent group (BR, μR). The units of these parameters were represented as the events per 
month. For Model 2, we fixed the mortality rate of adult mites (μA) and birth rate of mites 
(BM). The growth rate from larvae to adults (G), mortality rate of questing larvae (μLQ), and 
mortality rate of feeding larvae (μLF) were derived from the equations below:

G = μA × A/LF

μLQ = A × BM/LQ − r2 × R

μLF = R × r2 × LQ/LF − G

where the symbols R, A, LQ, and LF indicate the number in the respective populations. These 
equations result from the assumption of a steady state equilibrium, where the input equals 
the output for each compartment of the model.

The main analysis in this study was the construction of mathematical dynamic models with 
different settings and sensitivity tests for each parameter. Using the constructed model, we 
examined the dynamics of each population with graphs, compared the results with observed 
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Table 1. Parameters used in model 1
Parameters Meaning Value Reference
r1 Contact rate between a larva and a person 2 × 10−17 Assumeda

r2 Contact rate between a larva and a rodent 2 × 10−11 Assumedb

µR Mortality rate of rodents 1 Same as BR
c

µM Mortality rate of mites 20 Same as BM
c

γH Recovery rate of infected humans 2 Plamer et al.1

THL Transmission probability to humans from a larva bite 0.75 Same as TRL
d

TRL Transmission probability to rodents from a larva bite 0.75 Lerdthusnee et al.33

TLR Transmission probability to larva from rodent contact 0.09 Takahashi et al.34

BR Birth rate of rodents 1 Yoon et al.35

BM Birth rate of mites 20 Kim et al.3

Calculated from aincidence case per year and bchigger index of rodents. cTo satisfy the assumption of fixed 
population size. dAssumed due to lack of available data.

Table 2. Parameters used in model 2
Parameters Meaning Value Reference
r1 Contact rate between a larva and a person 2 × 10−17 Assumeda

r2 Contact rate between a larva and a rodent 2 × 10−11 Assumeda

µR Mortality rate of rodents 1 Same as BR
a

µLQ Mortality rate of questing larva 1.5 Calculatedb

µLF Mortality rate of feeding larva 7.92 Calculatedb

µA Mortality rate of adult mite 0.08 Yu and Tesh36

γH Recovery rate of infected humans 2 Plamer et al.1

THL Transmission probability to humans from a larva bite 0.75 Same as TRL
a

TRL Transmission probability to rodents from a larva bite 0.75 Lerdthusnee et al.33

TLR Transmission probability to larva from rodent contact 0.09 Takahashi et al.34

BR Birth rate of rodents 1 Yoon et al.35

BM Birth rate of mites 20 Kim et al.3

ε Trans-ovarian transmission probability of mites 0.9 Shin et al.37

G Growth rate 0.084 Calculatedb

aSame as model 1 parameters. bCalculated to satisfy the assumption of fixed population size (the calculation 
process is described in the text).
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data, and considered the reasons for discrepancies. A one-way sensitivity test was conducted 
with a tornado plot. Finally, we assessed single control measures and explored optimal 
strategies to prevent scrub typhus. In the sensitivity test and assessment of control measures, 
we focused on variation in the force of infection (λ) by changing the parameters. The force of 
infection is defined as the transmission rate per 1 human individual, as described below for 
Model 1:

λ = r1 × THL × MI

Here, r1 × THL indicates an effective (causing transmission) contact rate between a person 
and a mite (or questing larva in Model 2). Therefore, multiplying this product by the number 
of infectious mites MI (or LQI, infectious questing larva in Model 2) yields the transmission 
rate per 1 person. Throughout this paper, however, λ represents the transmission rate per 
100,000 person-months instead.

The assessment of control measures was conducted by exploring the effectiveness (0%–100%) 
and compliance level (0%–100%) of the measure to reduce the contract rate between mites 
and humans (r1) under different scenarios of relative population size. The reduction in contact 
rate by a control measure was expressed as r1

* in the formula below:

r1
* = r1 × (1 − α × β)

[where, α = effectiveness of control measure, β = compliance level]

The open source software R v.3.1.1 (R Foundation, Vienna, Austria; http://www.r-project.
org/) was used for all analyses. The R package “deSolve” was used to solve differential 
equations, and the package “rootSolve” was used for equilibrium analysis.

Ethics statement
The present study was not reviewed by the Institutional Review Board, because we did not use 
any clinical data.

RESULTS

Fig. 4 shows simulation results by model. As the graphs here display, the force of infection at 
the equilibrium state under model 1 was 0.236 (per 100,000 person-months), and that under 
model 2 was 26.796 (per 100,000 person-months), much higher than the value for model 1.

Fig. 5 depicts the one-way sensitivity test results for λ associated with a 10% increase or 
decrease in each parameter. In model 1, the population size of the rats and mites and the 
contact rate between them were the most influential parameters; as they increased, the value 
of λ also increased. On the other hand, λ decreased when the mite mortality rate decreased 
and the mite population size increased. Because the contact rate was automatically adjusted 
with each variation in population size, the relationship between the mite population size 
and λ was inversely proportional. TLR has a proportional relationship with λ and is less 
influential than the mite population size. Because both r1 and THL are proportional to λ by 
definition, their sensitivity is same. The mortality rate and population size of the rodents had 
the least effect on λ, and their associations with λ were inversely proportional. Overall, the 
rodent and mite populations and r2 were the most influential parameters for model 1. The 
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sensitivity index for λ was 1.85, indicating that a change in the parameter would result in 1.85 
times greater change in λ. On the other hand, in model 2, the trans-ovarian transmission 
probability (ε) was the most influential parameter for λ, followed by r1, THL, and TLR. The value 
of λ in model 2 was robust compared with the parameters of r2, TRL, mortality, and population 
size. In particular, the mite population and mortality did not have any impact on λ (sensitivity 
index was 0). Overall, trans-ovarian transmission was the most influential parameter under 
model 2. The sensitivity indices for λ, RI, and LQ

I were 69.73, 6.97, and 0.02, respectively. 
There was no effect of adult mite mortality and the total mite population size.

Table 3 shows the minimum compliance levels for the strategies to reduce r1 by 50%. The 
dash means that the required compliance level exceeded 1; therefore, it is considered 
impossible to reduce r1 by 50% using these strategies. Overall, as the population ratio (n) 
increased, more intense control strategies were required. The results of model 1 showed 
that when the population ratio was increased by 1.5 times, only control measures with 90% 
effectiveness could attain a 50% contact rate. On the other hand, the results for model 2 were 
more moderate, so an effectiveness of 80% could cover a reservoir population twice as large.

DISCUSSION

The main purpose of this study was to construct mathematical models with parameters 
reflecting the transmission dynamics of scrub typhus in the context of Korea and to identify 
effective control strategies by application of these models. According to the simulation 
results for model 1, the infection prevalence in the rodent group at the equilibrium state 
was 70.28%, and that in the mite group was 0.32%. Previous studies19,20 reporting a 
seroprevalence survey among rodents and mites have revealed that the prevalence in rodents 
ranges from 45% to 52%, and that in mites ranges from 1.37% to 1.77%. Therefore, according 
to the results for model 1, the prevalence in rodents was comparatively overestimated, 
whereas that in mites was underestimated in this study. Regarding the incidence of infection, 
the value calculated, from approximately 10,000 cases reported annually since 2013, was 
1.67 per 100,000 person-months. In comparison, the model estimated λ to be 0.236, lower 
by 7 times. There are several reasons for discrepancies between the mathematical model and 
actual situation.18 The higher prevalence in rodents could be derived from the assumption 
that there are no scrub typhus-induced deaths in the rodent population or through 
underestimation of the natural death rate of rodents. In the case of mites, however, although 
the whole mite population was assumed to have a parasitic life, which means a higher 
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Table 3. Minimum compliance level of the differing effectiveness of contact-reducing strategies to reduce r1 by 50%, in the case of a growing population size of 
rodents (R) and mites (M), relative to humans (H)
Model H:R:M (1 : n × 103 : n × 106) Effectiveness of contact-reducing measures

0.5 0.6 0.7 0.8 0.9
Model 1 n = 1 1 0.83 0.71 0.63 0.56

n = 1.25 - a - a - a 0.90 0.80
n = 1.5 - a - a - a - a 0.91
n = 1.75 - a - a - a - a 0.97
n = 2 - a - a - a - a 1

Model 2 n = 1 1 0.83 0.71 0.63 0.56
n = 1.25 - a 1 0.86 0.75 0.67
n = 1.5 - a - a 0.96 0.84 0.74
n = 1.75 - a - a - a 0.89 0.79
n = 2 - a - a - a 0.94 0.83

aRequired compliance level exceeds 1, indicating that reaching 50% reduced r1 is impossible.
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chance of being infected from infectious rodents, the prevalence at equilibrium was lower 
than that in reality. This could be a result of the assumption that there was no trans-ovarian 
transmission. The underestimated λ is because of the lower proportion of infected mites.

In model 2, the prevalence in both rodents and larvae was over-estimated (by 99.63% and 
49.62%, respectively). The possible causes for overestimating the rodent prevalence are the 
same as those discussed for model 1; however, the extent of the discrepancy was amplified 
by the overestimated prevalence in mites. This discrepancy could be due to the inclusion of 
trans-ovarian transmission in the model. Because the prevalence in rodents and mites in the 
model was higher than that in reality, the value of λ was also overestimated, by 16 times.

The purpose of sensitivity analyses in this paper was not only to understand which 
parameters had a greater influence on the outcome but also to suggest future studies needed 
to construct theoretical models with better parameters. In the sensitivity analysis of model 
1, the rat and mite populations and r2 had the greatest effects on λ. On the other hand, in the 
sensitivity analysis of model 2, trans-ovarian transmission had a huge impact on the outcome 
values, especially on λ, but it showed limited or no effect on the population size or mortality 
rate of mites and rodents.

These discrepancies arise from several facts and model assumptions. First, model 2 did not 
respond to the change in the mortality rate because the population size was fixed. Therefore, 
population loss by mortality was complemented by other parameters. For example, if the 
mortality rate of the adult mites increased, parameter G, which is the growth rate from 
feeding larvae to adult mites, also increased, and if the mortality rate of the questing larvae 
increased, the spawning rate (birth rate) of the mites also increased automatically. This may 
be perceived as theoretical and unrealistic; however, it is generally accepted that nature's 
capacity for each species is fixed by the local fauna and flora. Therefore, the assumption is 
reasonable. Second, the different sensitivity of r2 on λ is a result of the assumption regarding 
a fixed population size because a change in r2 is compensated by an inverse change in the 
mortality of the questing larvae.

The strong sensitivity of trans-ovarian transmission (ε) could be a result of a high reference 
value (0.9). Because the sensitivity is calculated with variance in the reference value (−10%, 
+10%), the upper limit of ε was 0.99, which means nearly 100% transmission probability. 
A 100% rate of trans-ovarian transmission means that there is no way to increase the 
proportion of the group susceptible, and the only direction would be from susceptible to 
infectious; consequently, the prevalence in mites and λ increased drastically. However, the 
accuracy of ε is critical for the reliability of model 2.

The Korean Center for Disease Control and Prevention (KCDC) has implemented intensive 
control programs for endemic scrub typhus since 2006. The program mainly consists of 
providing oversleeves and repellent to local residents, along with education programs. In a 
modeling framework, these control strategies are translated as a reduction in r1. Finding from 
sensitivity analysis that avoiding mite bites is the only practical methodology, we needed to 
focus on the next question: how intensive should the control program be?

In models 1 and 2, as the population sizes of rodents and mites increase, λ also increases 
up to 5.24 times and 2 times higher, respectively, so a lower r1 value is required to maintain 
or reduce λ. Table 3 shows the value of the compliance level by the effectiveness of each of 
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the simulation scenarios. A higher compliance level is required under model 1 than under 
model 2 for the same level of effectiveness given the same population scenarios. This 
indicates that the increase in λ by the increasing size of the rodent and mite populations is 
more rapid in model 1 than in model 2. The difference is caused by the simulation result of 
model 2. Because the infection prevalence in rodents is already too high in model 2, there 
is insufficient room to increase λ by increasing the population of mites. Therefore, it also 
can be inferred that the effect of population size variation was larger with lower rates of 
trans-ovarian transmission because it had a greater impact on the prevalence in rodents at 
equilibrium.

In Korea, the effectiveness of oversleeves and repellent was reported to be 50% in a case–
control study.21 Therefore, this seems to be an insufficient method to reduce or even maintain 
the incidence as the population ratio increases. This might explain why the incidence of 
scrub typhus has been increasing, although the control program has been implemented 
with increased scale and intensity. Because it is generally accepted that the number of 
rodents and mites increases with climate changes such as warmer temperatures and higher 
precipitation,22,23 the rate of infection is also increased by the growing numbers of rodents and 
mites, which cannot be neutralized with the current intensity of distancing strategies.24

From the one-health perspectives, the transdisciplinary and systemic approaches from human, 
animal, and environmental health,25 environmental factors such as host biodiversity and 
richness may have influences on the contact rate between humans and mites that have crucial 
effects on the human epidemics. Although there remains a lack of understanding regarding 
how these factors affect disease ecology,26 cooperation between sectors of the human and 
environmental sciences should be considered as another control strategy on a broader scale.27

Because scrub typhus has not been sufficiently addressed in previous research,28 limitations 
exist in this study concerning parameter uncertainties, such as the mortality rate of the 
rodent and mite populations and transmission probability per contact between animal 
hosts. We assumed that the mortality rates of rodents and mites were the same as their birth 
rates, as these assumptions have been used in other modeling studies with rodents29 and 
ticks.30 Additionally, these are ecologically reasonable because their population densities 
are modulated by other related species in the hierarchy of the food web, as described in a 
review study.31 In terms of transmission probability between hosts, we assumed that the 
transmission probability from infected mites to humans was the same as that from the 
mites to rodents. Although this assumption was unavoidable due to the absence of related 
experimental studies, other modeling studies incorporating multi-host systems, such as 
West Nile disease, have often used the assumption,14 and rodents have been used as disease 
models because pathogen dynamics in mice are similar to those in humans.32

In this paper, we concluded that reducing the contact rate between humans and mites is the 
only practical method to control the incidence of scrub typhus, as the control of mites or 
rodents has only limited effects. Particularly in model 2, it was clear that mite control has no 
protective effect because it is neutralized by the trans-ovarian transmission rate from adult 
mites. The modeling results also revealed that the current control program is not sufficient 
to reduce or even maintain the incidence rate among humans when the population sizes 
of mites and rodents are growing. Therefore, more intensive control programs should be 
considered to address the increasing vector population.

10/12https://jkms.org https://doi.org/10.3346/jkms.2018.33.e98

Mathematical Modeling for Scrub Typhus

https://jkms.org


SUPPLEMENTARY MATERIAL

Supplementary Table 1
Model assumptions

Click here to view

REFERENCES

 1. Plamer SR, Soulsby L, Torgerson P, Brown DW. Oxford Textbook of Zoonoses. 2nd ed. New York, NY: Oxford 
University Press; 2011.

 2. Lee H, Ji M, Hwang JH, Lee JY, Lee JH, Chung KM, et al. Acute cholecystitis in patients with scrub typhus. 
J Korean Med Sci 2015;30(11):1698-700. 
PUBMED | CROSSREF

 3. Kim KC, Lee JJ, Kim JS, Jo YK. Hygienic Entomology. Seoul, Korea: Sinkwangmunhwasa; 2002.

 4. Kim JH. Socioeconomic Loss of Tsutsugamushi Disease. Seoul, Korea: Korea Centers for Disease Control and 
Prevention; 2008.

 5. Shin HS, Kim DJ. Climate Change and Burden of Infectious Disease. Seoul, Korea: Korean Institute for Health 
and Social Affaris; 2008.

 6. Kim YW, Cho MK, Kim HS, Yoon CS, Yoo KS, Lee JH, et al. Patterns of acute febrile illness (murine 
typhus, scrub typhus, leptospirosis and hemorrhagic fever with renal syndrome) from 1986 to 1990 in 
Korea. J Korean Soc Microbiol 1991;26(5):431-41.

 7. Song HJ, Kim KH, Kim SC, Hong SS, Ree HI. Population density of chigger mites, the vector of 
tsutsugamushi disease in Chollanam-do, Korea. Korean J Parasitol 1996;34(1):27-33. 
PUBMED | CROSSREF

 8. Chang WH, Kim IS, Choi MS, Han MJ, Seung SY, Park KH, et al. Seroepidemiological survey of scrub 
typhus in Korea,1992. J Korean Soc Microbiol 1994;29(2):153-60.

 9. Choi MS, Chang WJ, Park SK, Huh MS, Kim HR, Han TH, et al. Seroepidemiological survey of scrub typus 
in Korea, 1995–1996. J Korean Soc Microbiol 1997;32(2):219-26.

 10. Jang JH, Lee JH, Je MK, Cho MJ, Bae YM, Son HS, et al. Correlations between the incidence of national 
notifiable infectious diseases and public open data, including meteorological factors and medical facility 
resources. J Prev Med Public Health 2015;48(4):203-15. 
PUBMED | CROSSREF

 11. Kong WS, Shin EH, Lee HI, Hwang TS, Kim HH, Lee NY, et al. Time-spatial distribution of scrub typhus 
and its environmental ecology. J Korean Geogr Soc 2007;42(6):863-78.

 12. Lee JH, Murshed MS, Park JS. Estimation of infection distribution and prevalence number of 
Tsutsugamushi fever in Korea. J Korean Data Inf Sci Soc 2009;20(1):149-58.

 13. Kim BN, Gordillo LF, Kim YK. A model for the transmission dynamics of Orientia tsutsugamushi among 
its natural reservoirs. J Theor Biol 2010;266:154-61. 
PUBMED | CROSSREF

 14. Bowman C, Gumel AB, van den Driessche P, Wu J, Zhu H. A mathematical model for assessing control 
strategies against West Nile virus. Bull Math Biol 2005;67(5):1107-33. 
PUBMED | CROSSREF

 15. Luz PM, Struchiner CJ, Galvani AP. Modeling transmission dynamics and control of vector-borne 
neglected tropical diseases. PLoS Negl Trop Dis 2010;4(10):e761. 
PUBMED | CROSSREF

 16. Kim SY, Choi MS, Cho NH. Cellular and systemic interactions of Orientia tsutsugamushi with 
mammalian host. J Bacteriol Virol 2012;42(4):276-83. 
CROSSREF

 17. Lou Y, Wu J. Modeling Lyme disease transmission. Infect Dis Model 2017;2(2):229-43.

 18. Keeling MJ, Rohani P. Modeling Infectious Diseases in Humans and Animals. Princeton, NJ: Princeton University 
Press; 2008.

 19. Ree HI, Chang WH, Kee S, Lee IY, Jeon SH. Detection of Orientia tsutsugamushi DNA in individual 
trombiculids using polymerase chain reaction in Korea. Jpn J Sanit Zool 1997;48(3):197-209. 
CROSSREF

11/12https://jkms.org https://doi.org/10.3346/jkms.2018.33.e98

Mathematical Modeling for Scrub Typhus

https://jkms.org/DownloadSupplMaterial.php?id=10.3346/jkms.2018.33.e98&fn=jkms-33-e98-s001.xls
http://www.ncbi.nlm.nih.gov/pubmed/26539017
https://doi.org/10.3346/jkms.2015.30.11.1698
http://www.ncbi.nlm.nih.gov/pubmed/8820739
https://doi.org/10.3347/kjp.1996.34.1.27
http://www.ncbi.nlm.nih.gov/pubmed/26265666
https://doi.org/10.3961/jpmph.14.057
http://www.ncbi.nlm.nih.gov/pubmed/20600142
https://doi.org/10.1016/j.jtbi.2010.06.015
http://www.ncbi.nlm.nih.gov/pubmed/15998497
https://doi.org/10.1016/j.bulm.2005.01.002
http://www.ncbi.nlm.nih.gov/pubmed/21049062
https://doi.org/10.1371/journal.pntd.0000761
https://doi.org/10.4167/jbv.2012.42.4.276
https://doi.org/10.7601/mez.48.197
https://jkms.org


 20. Ree HI, Kim TE, Lee IY, Jeon SH, Hwang UW, Chang WH. Determination and geographical distribution 
of Orientia tsutsugamushi serotypes in Korea by nested polymerase chain reaction. Am J Trop Med Hyg 
2001;65(5):528-34. 
PUBMED | CROSSREF

 21. Kweon SS, Choi JS, Lim HS, Kim JR, Kim KY, Ryu SY, et al. A community-based case-control study of 
behavioral factors associated with scrub typhus during the autumn epidemic season in South Korea. Am J 
Trop Med Hyg 2009;80(3):442-6.
PUBMED

 22. Gage KL, Burkot TR, Eisen RJ, Hayes EB. Climate and vectorborne diseases. Am J Prev Med 
2008;35(5):436-50. 
PUBMED | CROSSREF

 23. Van Peenen PF, Lien JC, Santana FJ, See R. Correlation of chigger abundance with temperature at a 
hyperendemic focus of scrub typhus. J Parasitol 1976;62(4):653-4. 
PUBMED | CROSSREF

 24. Lee K, Park BC, Lim HS, Kweon SS, Choi JS, Kim JR, et al. Comparison of the awareness and knowledge 
of scrub typhus between case and control groups. J Agric Med Community Health 2012;37(1):1-11. 
CROSSREF

 25. Zinsstag J, Schelling E, Waltner-Toews D, Tanner M. From “one medicine” to “one health” and systemic 
approaches to health and well-being. Prev Vet Med 2011;101(3-4):148-56. 
PUBMED | CROSSREF

 26. Salkeld DJ, Padgett KA, Jones JH. A meta-analysis suggesting that the relationship between biodiversity 
and risk of zoonotic pathogen transmission is idiosyncratic. Ecol Lett 2013;16(5):679-86. 
PUBMED | CROSSREF

 27. Ryu S, Kim BI, Lim JS, Tan CS, Chun BC. One Health perspectives on emerging public health threats. J 
Prev Med Public Health 2017;50(6):411-4. 
PUBMED | CROSSREF

 28. Bonell A, Lubell Y, Newton PN, Crump JA, Paris DH. Estimating the burden of scrub typhus: a systematic 
review. PLoS Negl Trop Dis 2017;11(9):e0005838. 
PUBMED | CROSSREF

 29. Vervaeke M, Davis S, Leirs H, Verhagen R. Implications of increased susceptibility to predation for 
managing the sylvatic cycle of Echinococcus multilocularis. Parasitology 2006;132(Pt 6):893-901. 
PUBMED | CROSSREF

 30. Porco TC. A mathematical model of the ecology of Lyme disease. IMA J Math Appl Med Biol 1999;16(3):261-96. 
PUBMED | CROSSREF

 31. Atkinson JA, Williams GM, Yakob L, Clements AC, Barnes TS, McManus DP, et al. Synthesising 30 years 
of mathematical modelling of Echinococcus transmission. PLoS Negl Trop Dis 2013;7(8):e2386. 
PUBMED | CROSSREF

 32. Binder SC, Telschow A, Meyer-Hermann M. Population dynamics of Borrelia burgdorferi in Lyme disease. 
Front Microbiol 2012;3:104. 
PUBMED | CROSSREF

 33. Lerdthusnee K, Khlaimanee N, Monkanna T, Sangjun N, Mungviriya S, Linthicum KJ, et al. Efficiency of 
Leptotrombidium chiggers (Acari: Trombiculidae) at transmitting Orientia tsutsugamushi to laboratory 
mice. J Med Entomol 2002;39(3):521-5. 
PUBMED | CROSSREF

 34. Takahashi M, Murata M, Hori E, Tanaka H, Kawamura A Jr. Transmission of Rickettsia tsutsugamushi 
from Apodemus speciosus, a wild rodent, to larval trombiculid mites during the feeding process. Jpn J Exp 
Med 1990;60(4):203-8.
PUBMED

 35. Yoon MH, Han SH, Oh HS, Kim JK. The Mammals of Korea. Goyang, Korea: Dongbang Media; 2004.

 36. Yu XJ, Tesh RB. The Role of mites in the transmission and maintenance of Hantaan virus (Hantavirus: 
Bunyaviridae). J Infect Dis 2014;210(11):1693-9. 
PUBMED | CROSSREF

 37. Shin EH, Roh JY, Park WI, Song BG, Chang KS, Lee WG, et al. Transovarial transmission of Orientia 
tsutsugamushi in Leptotrombidium palpale (Acari: Trombiculidae). PLoS One 2014;9(4):e88453. 
PUBMED | CROSSREF

12/12https://jkms.org https://doi.org/10.3346/jkms.2018.33.e98

Mathematical Modeling for Scrub Typhus

http://www.ncbi.nlm.nih.gov/pubmed/11716109
https://doi.org/10.4269/ajtmh.2001.65.528
http://www.ncbi.nlm.nih.gov/pubmed/19270296
http://www.ncbi.nlm.nih.gov/pubmed/18929970
https://doi.org/10.1016/j.amepre.2008.08.030
http://www.ncbi.nlm.nih.gov/pubmed/957048
https://doi.org/10.2307/3279442
https://doi.org/10.5393/JAMCH.2012.37.1.001
http://www.ncbi.nlm.nih.gov/pubmed/20832879
https://doi.org/10.1016/j.prevetmed.2010.07.003
http://www.ncbi.nlm.nih.gov/pubmed/23489376
https://doi.org/10.1111/ele.12101
http://www.ncbi.nlm.nih.gov/pubmed/29207450
https://doi.org/10.3961/jpmph.17.097
http://www.ncbi.nlm.nih.gov/pubmed/28945755
https://doi.org/10.1371/journal.pntd.0005838
http://www.ncbi.nlm.nih.gov/pubmed/16454866
https://doi.org/10.1017/S0031182006009838
http://www.ncbi.nlm.nih.gov/pubmed/10520492
https://doi.org/10.1093/imammb/16.3.261
http://www.ncbi.nlm.nih.gov/pubmed/24009786
https://doi.org/10.1371/journal.pntd.0002386
http://www.ncbi.nlm.nih.gov/pubmed/22470370
https://doi.org/10.3389/fmicb.2012.00104
http://www.ncbi.nlm.nih.gov/pubmed/12061450
https://doi.org/10.1603/0022-2585-39.3.521
http://www.ncbi.nlm.nih.gov/pubmed/2127292
http://www.ncbi.nlm.nih.gov/pubmed/24958909
https://doi.org/10.1093/infdis/jiu336
http://www.ncbi.nlm.nih.gov/pubmed/24721932
https://doi.org/10.1371/journal.pone.0088453
https://jkms.org

	Mathematical Modeling for Scrub Typhus and Its Implications for Disease Control
	INTRODUCTION
	METHODS
	Ethics statement

	RESULTS
	DISCUSSION
	SUPPLEMENTARY MATERIAL
	Supplementary Table 1

	REFERENCES


