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Abstract: Drinking water contaminated by fluorosurfactant-based aqueous film-forming foams
(AFFF) is a source of human exposure to poly- and perfluoroalkyl substances (PFAS). However,
assessment of bioaccumulation potentials of diverse PFAS in commercial products such as AFFF
have been insufficient and challenging, especially due to a lack of analytical standards. Here we
explore the value of suspect screening, equilibrium dialysis, and molecular-docking simulations
to identify potentially bioaccumulative PFAS. We exposed human serum albumin (HSA) protein
to dilutions of a legacy AFFF produced by 3M in 1999 using equilibrium dialysis and screened
in-vitro protein-binding affinities using high-resolution mass spectrometry (HRMS). Through suspect
screening, we identified 32 PFAS and 18 hydrocarbon surfactants in the AFFF that bound to HSA.
Quantification of noncovalent association constants for 26 PFAS standards confirmed that many
PFAS, including the short-chain perfluoropropane sulfonic acid (log Ka= 4.1 ± 0.2 M−1), exhibit
strong binding affinities with HSA. At least five PFAS in AFFF (including three PFAS with less
than five perfluorocarbons) remained bound to the precipitated HSA pellet after extensive solvent
washing—an indication of high PFAS binding potential. Three PFAS (PFBS, PFOS, and PFOA) were
confirmed in the protein pellet with analytical standards and quantified after acid digestion—this
sample fraction accounted for 5 to 20% of each compound mass in the sample. We calculated pseudo-
bioconcentration factors (BCFpseudo) for PFAS that suspect screening flagged as noncovalently bound
or potentially covalently bound. Most PFAS exhibiting high BCFpseudo, especially those with seven
perfluorocarbons, contained a carboxylic acid or a sulfonic acid. Finally, we used molecular docking
to simulate HSA binding affinities for 62 ligands (26 PFAS targets, 18 PFAS qualified in AFFF, and
18 hydrocarbon surfactants qualified in AFFF). We found that molecular docking can effectively
separate HSA-binding and -nonbinding compounds in AFFF. In-vitro and in-silico approaches
described in this study provide replicable, high-throughput workflows for assessing bioaccumulation
potentials of diverse PFAS in commercial products.

Keywords: PFAS; equilibrium dialysis; bioconcentration; suspect screening; docking

1. Introduction

Application of aqueous film-forming foams (AFFF) for fire-suppression at military
bases and airports is a cause of drinking water contamination with poly- and perfluoroalkyl
substances (PFAS) [1]. Fluorosurfactant-based legacy AFFF formulations include complex
mixtures of perfluoroalkyl carboxylic acids (PFCA), perfluoroalkyl sulfonic acids (PFSA),
and highly diverse PFAS, including polyfluorinated precursors [2]. Consumption of AFFF-
contaminated drinking water can lead to elevated PFAS levels in human blood [3,4].
Occupational exposure to PFAS in AFFF may also present health risks to firefighters [5–7].
Human exposure to PFAS has been linked to cancer, cardiovascular disease, kidney disease,
liver disease, immune suppression, neurological disease, type II diabetes, osteoarthritis,
respiratory disease, among other impacts [8,9].
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Given these problems, researchers have gained interest in studying the health impacts
of novel PFAS in AFFF [10,11], including compounds with one perfluorinated carbon
that sometimes are not classified as PFAS (e.g., fluorinated aromatics) [12]. In particular,
constructing physiologically-based pharmacokinetic (PBPK) models for PFAS exposure
requires researchers to determine affinities (quantified as partition coefficients or associa-
tion constants) among different PFAS structures in different biological tissues. The high
numbers and structural diversity of existing and emerging PFAS renders this task experi-
mentally infeasible. An alternative approach is to evaluate associations of PFAS mixtures
in an AFFF with abundant model proteins (commonly serum albumin and liver fatty acid
binding proteins) to identify potentially bioaccumulative PFAS and to yield quantitative
relationships between PFAS exposure, bioaccumulation, and tissue distribution [13]. In
this study, we assess binding affinities of diverse PFAS in AFFF to human serum albumin
(HSA). HSA is the most abundant protein in human blood plasma, presenting in tissues
throughout the body, and serves important biological functions (e.g., transportation of fatty
acids, drugs, and thyroid hormones) [14]. Data on the binding affinities of AFFF-derived
PFAS with HSA will support development of PBPK models for such PFAS.

Accurately incorporating protein binding affinities into PBPK models requires accurate
understanding and quantification of the molecular mechanisms at play. Several studies
reported that PFCAs and PFSAs bind with serum albumin proteins noncovalently through
specific site binding or non-specific surface adsorption [15–18]. Two studies identified
a potential for covalent binding between PFAS and albumin proteins [19,20]. While no
studies have investigated ultrastrong noncovalent bindings (KA > 109 M−1) between PFAS
and proteins, ultrastrong binding was observed for PFAS in aqueous supramolecular
polymerization [21]. Common serum-extraction protocols are likely to overlook or discard
strongly bound ligands, including covalently bound or ultrastrong noncovalently bound
PFAS. In organic solvent extraction, for instance, the precipitated protein pellet is disposed
after extraction—along with any strongly bound ligands or residual targets. In online or
offline solid phase extraction (SPE), covalently bound ligands and denatured proteins are
lost on SPE cartridges [22]. Additionally, many studies accounted for matrix effects by
spiking calibration standards into blank serum before analysis [23]. Extraction efficiencies
are typically reported as satisfactory (e.g., 70–130% spike recoveries) by using such matrix
(serum) matched calibration curves for quantification, thereby inadvertently masking
strong protein–ligand interactions [24,25].

In this study, we combined experimental and modeling techniques to identify po-
tentially bioaccumulative PFAS present in an AFFF and to investigate multiple binding
pathways for diverse PFAS structures. We first utilized HSA as a model protein system to
quantify both noncovalently bound and potentially covalently bound PFAS using targeted
analysis. This analytical approach facilitates evaluation of the degree to which strongly
bound or residual PFAS may be discarded in precipitated protein pellets. We then es-
timated bioconcentration factors for legacy and novel PFAS using linear (L)-PFOS as a
bioaccumulative benchmarking compound. Finally, we predicted protein binding affinities
for novel PFAS using molecular docking, a traditional drug design tool that simulates
interactions between small molecules and large proteins [26,27]. The results comprised
the most comprehensive quantification of relative PFAS-HSA binding affinities to date,
providing valuable inputs for bioaccumulation and PBPK models.

PFAS Terminology

In this paper, we adopted acronyms and rules established in previous studies for
PFAS terminology. We mainly followed acronym naming rules established by Barzen-
Hanson et al. (2017) [2]. We followed the rules published by Buck et al. (2011) for naming
polyfluoroalkyl phosphate esters (PAPs) and fluorotelomer acrylates [28]. Table S6.2 de-
tails our abbreviation rules for compounds that were not previously characterized with
abbreviated names. The number of perfluorocarbons (n) in a compound is indicated as Cn,
which should not be confused with the number of carbons in PFAS. For instance, PFOA is
a C7 PFCA, while PFOS is a C8 PFSA. Based on categorizations from the Organisation for
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Economic Co-operation and Development (OECD) [12], we used the term “short-chain”
to refer to PFCAs containing fewer than six perfluorocarbons and PFSAs with fewer than
five perfluorocarbons. We used the term “long-chain” to refer to PFCAs containing six or
more perfluorocarbons and to PFSAs with five or more perfluorocarbons. We applied the
short-chain and long-chain convention for PFCAs to all other PFAS evaluated in this study.
For analogs of well-known PFSAs identified, we added common contractions to enhance
recognizability. For instance, PFOS analogs include chloro (Cl), ketone (K), unsaturated
(U), hydrogen (H), linear (L), and branched (br)-substituted PFOS [29].

2. Materials and Methods
2.1. Study Design and Workflow

The overall workflow consists of the following components. First, we exposed HSA to
either (a) dilutions of an AFFF produced by 3M in 1999 or (b) in-house mixtures of 26 PFAS
(listed in Table S6.2) through equilibrium dialysis. We used data-dependent (tMS/MS, for
target PFAS) and data-independent (all-ion fragmentation, for suspect-screening) mass
spectrometry against an in-house library of PFAS and hydrocarbon surfactants to identify
compounds that were bound noncovalently to HSA. Second, we acid-digested residual
protein pellets that were free of noncovalently bound PFAS. We applied suspect screening
to identify residual PFAS in the precipitated protein pellet. Residual PFAS were considered
candidates for forming ultrastrong or covalent associations with HSA. We used targeted
MS for three PFAS to quantify residual levels in the protein pellet. Third, we quantitatively
evaluated protein association constants predicted by molecular docking between 26 target
PFAS structures and two HSA crystal structures. Fourth and finally, we used the molecular
docking workflow to classify PFAS and non-PFAS surfactants in the AFFF as either HSA-
binding or non-binding.

2.2. Equilibrium Dialysis

Equilibrium dialysis was performed in a 96-well system (Harvard Apparatus, Hol-
liston, MA, USA) in which each polypropylene cell was separated into two chambers
by a 10-kDa regenerated cellulose membrane. One side of each dialysis cell was dosed
with 7.97 mg HSA (≤0.02% fatty acids, Sigma-Aldrich, Munich, Germany) in phosphate-
buffered saline (PBS, pH 7.4 prepared in HPLC grade water) to a final concentration of
600 µM, which mimics physiological conditions [30]. The other side of each cell was then
dosed with 200 µL of an AFFF dilution (4000 to 16,000-fold in PBS) or an in-house mixture
of 26 PFAS (prepared with PFAC-24PAR, PFPrS, and br-PFOS from Wellington Laboratories
Inc., Guelph, ON, Canada). Seventeen out of the 26 target PFAS in this study are commonly
measured in drinking water using EPA method 533 or EPA method 537.1.

An aliquot of legacy AFFF (3M, 1999) was provided by Professor Christopher Higgins
at the Colorado School of Mines. Experimental batches consisted of six concentration levels
of AFFF or PFAS standard dilutions and were replicated four times. For each batch of
experiments, a method blank was prepared with HSA free of AFFF or PFAS. A negative
control cell containing AFFF or the PFAS standard mix was prepared without HSA to assess
free movement of PFAS through the membrane (Figure S1.1). The system was incubated at
37 ◦C while rotating at 30 RPM for 108 h (Figure S1.2).

2.3. PFAS Extractions

Aliquots from each dialysis cell were processed to generate three extracts, shown in
Figure 1. These were (1) free PFAS from the aqueous fraction, (2) noncovalently bound PFAS
associated with the dissolved protein, and (3) residual PFAS in the precipitated protein
pellet (candidates for ultrastrong noncovalently bound or potentially covalently bound
PFAS). Briefly, post-dialysis aqueous samples (100 µL) from the chemical chambers were
equilibrated with 50% methanol. Protein aliquots (100 µL) of the post-dialysis protein cells
were extracted with formic acid (FA) acidified acetonitrile (ACN) for protein denaturation
and precipitation. Noncovalently bound PFAS were determined by taking the concentration
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difference between protein aliquot fraction and chemical fraction. The residual protein
pellets were further washed with 1 mL ACN five times, and the last wash was concentrated
(to 200 µL) and saved to verify the absence of PFAS. We then applied a standard acid
hydrolysis protocol for amino acid analysis to break peptide bonds and to release any
PFAS that were possibly covalently bound to HSA [31–35] Extracts of noncovalently bound
PFAS and residual PFAS in the protein pellet were solvent exchanged into 50% methanol
to match the final solvent composition of the aqueous extracts. Additional details on the
sample preparation can be found in Supporting Information (S1.1). An internal standard
mix (ISTD, Table S6.1) in 50% methanol was added into each extract prior to analysis.
Details on instrumentation and acquisition settings are provided in Table S5.1.
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2.4. Analytical Instrumental Set-Up

Quantification of 26 PFAS targets and qualification of diverse PFAS via suspect screen-
ing were performed on each AFFF dilution and each PFAS extract from dialysis. Data
were acquired on an Agilent 1260 Infinity HPLC system paired with a 6530 QTOF MS.
Sample extracts (10 µL) were injected onto a C18 column (ZORBAX RRHD Eclipse Plus
C18 column; 2.1 mm × 150 mm, 1.8 µm, Agilent Technologies, Inc., Santa Clara, CA, USA)
at a flow rate of 0.40 mL/min, with a total run time of 31.5 min. The aqueous mobile phase
(A) was 20 mM ammonium acetate (Fisher Scientific, Pittsburgh, PA, USA) in OptimaTM

HPLC grade water (Fisher Scientific, Pittsburgh, PA, USA) and the organic mobile phase
(B) was 100% OptimaTM HPLC grade acetonitrile (Fisher Scientific, Pittsburgh, PA, USA).
The mass spectrometer ionized samples in a negative mode using collision energies (CE) of
0, 10, 20, and 40 eV. A quality-control run of the 26-PFAS standard mix was analyzed after
every 8 samples to ensure that concentrations of targeted PFAS remained within 30% of
known concentrations.

2.5. Suspect Screening

For suspect screening, mass-to-charge-ratios (m/z) of 50–1200 were fragmented in the
collision cell with CE of 0, 10, 20, and 40 eV in All-Ions acquisition modes. Data were pro-
cessed using Agilent MassHunter Qualitative Analysis (B.08.00) by applying the “Find by
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Formula” search against an in-house AFFF Personal Compound Data Library (PCDL). The
PCDL contained 3793 PFAS extracted from the Norman Suspect List Exchange (OECDP-
FAS) [36], and 727 hydrocarbon surfactants (monoisotopic mass: 100–1200) extracted from
the surfactant suspect list curated by Schymanski et al. (2014) [37]. The PCDL also included
63 MS/MS spectra, of which 31 spectra were acquired from in-house standards, 24 spectra
were extracted from MassBank [38], and six spectra were generated with CFM-ID 3.0 [39].
PFAS were considered qualified with level 2–3 confidence as outlined in Schymanski et al.
(2014) [40]. Suspect-screening search settings are listed in Table S5.2. Qualified PFAS
were reported only if the following additional criteria were met: (1) the abundance of the
qualified ion was greater than three times the experimental blank ion abundance; (2) the
ion was qualified in at least 67% of dialysis cells in each batch of experiments; and (3) the
PFAS qualified in dialysis cell extracts were also qualified in neat AFFF dilutions. All qual-
ified PFAS that met these additional criteria were confirmed by re-running extracts with
data-dependent targeted analysis (see Section 2.6).

2.6. Targeted MS/MS

For data-dependent targeted analysis, a list of targeted mass-to-charge ratios (m/z)
and corresponding retention times (RT) was compiled based on pre-runs with All-Ions
acquisition described in Section 2.5. To avoid overlapping peaks of targeted compounds,
duplicate injections were performed for each sample to ensure at least 0.4 min RT difference
between peaks of any two targeted compounds within one injection. This approach can
minimize false identifications of PFAS due to the instrument’s inherent mass error.

2.7. PFAS Quantification

Quantification was performed with 19-ISTD dosed ten-point calibration curve
(0.5–250 ng/mL). Whole method limits of quantification (LOQ) range from 0.025 to
1 ng/mL. Details of analytical standards and extraction recoveries are available in
Table S6.1.

2.8. Experimental Determination of PFAS Noncovalent Binding Affinities

The concentrations of 26 PFAS targets that partitioned into the protein chamber,
remained in the chemical chamber, and remained associated with the protein pellet were
directly determined by HPLC-QTOF-MS. Noncovalent binding affinities, measured as
association constants (KA), were calculated assuming a one site specific binding as shown
in Equations (1) and (2).

[HSA] + [PFASi]
kon


koff

[HSA − PFASi] (1)

[HSA − PFASi]

[HSA][PFASi]
=

kon,i

koff,i
= KA, i (2)

To enable the assessment of multiple specific binding sites, we also fitted the data
to the Langmuir isotherm model [41] with a limited binding sites assumption, following
Equations (3) and (4).

qm = [HSA − PFASi] + q0,i (3)

1
[HSA − PFASi]

=
[PFASi] ∗ q0,i
1

KA, i
+ [PFASi]

(4)

In these equations, i refers to the compound of interest, qm is the concentration of
total binding sites, and q0,i is the concentration of empty binding sites. [PFASi] is the
concentration of free PFASi measured in the chemical side of the equilibrium dialysis
set-up. [HSA − PFASi] is calculated by taking the difference between the concentration
of PFAS in the protein side and in the chemical side, as shown in Figure 1. Additional
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isotherm models, including linear adsorption and Freundlich adsorption models, were also
evaluated (Figure S1.3).

2.9. Computational Simulations of Noncovalent PFAS Protein Binding

We used AutoDock Vina (v 1.1.2) [42] to dock 62 ligands (26 PFAS targets, 18 qualified
PFAS, and 18 qualified hydrocarbon surfactants in AFFF) to two HSA crystal structures
(Protein Data Bank entries 1E7G and 1AO6). 1E7G was chosen as the native structure
of HSA, which complexed with tetradecanoic acid (myristic acid) [43,44]. 1AO6 is an
unliganded HSA structure and may be more similar in conformation to the HSA we used
experimentally, since the protein standard we purchased contained low levels of fatty
acids (<0.02%). We followed the workflow outlined by Ng and Hungerbuehler (2015) with
several modifications. Specifically, in the ligand-preparation step, we used the “Gener-
ating Conformers” function in DataWarrior V5.2.1 [45] to generate 3D structures for all
ligands. Then, we optimized ligand structures using the MMFF94s forcefield in Avogadro
V1.90.0 [46]. In addition, we used PyMol (v2.3.3) [47,48] for structure visualization, redock-
ing alignment, and crucial residue identification. Simulations were repeated 100 times for
6 binding pockets, and each simulation generated 9 binding modes, yielding 5400 predic-
tions in total for each PFAS. Further details on the docking method as well as simulation
precision and accuracy are available in Supporting Information (S3.1 and S3.2).

The simulation method was evaluated by redocking PFOS on an experimentally
determined HSA (Protein Data Bank entry 4E99) structure that was originally complexed
with two PFOS in fatty-acid binding site (FA) 3/4 and 5. The atomic root-mean-square-
deviation (RMSD) of redocked PFOS on FA 3/4 and FA 5 was determined to be less than
two angstroms, indicating successful redocking. The redocking search information and
RMSD statistics are available in Table S2.3.

3. Results
3.1. Characterization of PFAS in AFFF

Targeted analysis using 26 PFAS standards was insufficient for characterizing the
AFFF sample: less than 9% of the total organic fluorine was quantified as compared to
quantitative 19F NMR (Table S7.1). In addition to the target PFAS, we identified 18 other
PFAS and 18 hydrocarbon surfactant structures using suspect screening analysis for initial
qualification. The suspected PFAS and hydrocarbon surfactant structures were further
confirmed via data-dependent acquisition or library spectrum match. Manual annotation of
the MS/MS spectra supported identification of these compounds (S1.2, Figures S4.1–S4.19).
Based on structural categorizations conducted by the OECD [12], PFAS qualified in the
AFFF sample included: 19 perfluoroalkane sulfonyl compounds, seven perfluoroalkyl
carbonyl compounds, four fluorotelomer-related compounds, and two side-chain fluori-
nated aromatic compounds. Eight PFAS suspects were qualified in the initial screening but
eliminated via manual confirmation. A full list of the hydrocarbon surfactants identified in
AFFF is provided in Table S6.2. These hydrocarbon surfactants homologous series were
detected using EnviHomolog (http://www.envihomolog.eawag.ch accessed on 5 Novem-
ber 2020). A repeating mass-increment of 14.0156 (-CH2-) was observed for four Linear
Alkylbenzyl Sulfonates (LAS). Repeating mass-increments of 28.0313 (-C2H4-) and 44.0262
(-C2H4O-) were observed for 31 Alkyl Ethoxy Sulfates (AES).

3.2. Noncovalent and Potentially Covalent Binding of PFAS in AFFF to Human Serum Albumin

Of 32 PFAS identified in the AFFF, 28 PFAS bound noncovalently to HSA in equilib-
rium dialysis experiments. We confirmed 14 of these PFAS with analytical standards, and
the remaining via data-dependent acquisition. Five PFAS were qualified and confirmed in
the precipitated and washed protein pellets. Since PFAS released from hydrolyzed HSA
pellets could not be extracted with the organic solvent, natural dissociation of this fraction
of PFAS was not expected in a reasonable timeframe. Hence, these PFAS were considered
as candidates for ultrastrong noncovalent or potentially covalent binding to HSA. Fourteen

http://www.envihomolog.eawag.ch


Toxics 2021, 9, 63 7 of 18

additional PFAS were qualified (confidence level 4) in the protein pellet, but were not
qualified in the AFFF dilutions. We excluded these compounds from further analysis.

In HSA binding experiments using the 26 PFAS targets, three PFAS (PFBS, PFOA, and
PFOS) were consistently quantified in the protein pellets. The protein pellets contained 7%
PFBS, 20% PFOA, and 5% PFOS of the total spiked mass (80 ng) of each of these compounds
(Figure 1). PFHxS was detected inconsistently in the protein pellets (11 out of 24 samples
among four trials). The AFFF (df = 4 × 103)-spiked protein pellets contained 1% of
spiked PFBS, 26% of spiked PFOA, and 2% of spiked PFOS. N-(3-(dimethylamino)propyl)-
1,1,2,2,3,3,4,4,5,5,6,6,6-tridecafluorohexane-1-sulfonamide FHxSA (N-diMAmP-FHxSA)
and 4,4,4-trifluoro-2-(2,2,2-trifluoroethyl)butanoic acid (diTF-IsoBA) were also detected
consistently in the protein pellets (at least 16 out of 18 pellets among 3 trials) after AFFF
exposure, but could not be quantified due to lack of available standards.

3.3. Quantitative Determination of PFAS–HSA Association Constants

We experimentally quantified HSA binding affinities for 26 PFAS: 11 PFCAs (C3
through C13), nine PFSAs (C3 through C12), one perfluoroalkane sulfonamide (C8), two
perfluoroalkane sulfonamide acetic acids (methylated and ethylated C8), and three fluo-
rotelomer sulfonic acids (4:2 FTS, 6:2 FTS, and 8:2 FTS). PFAS-HSA association constants
ranged from 104.0 to 105.5 M−1 (Figure 2).
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3.4. Evaluation of Molecular Docking to Predict the PFAS–HSA Binding Affinities

Molecular docking of PFAS with two HSA crystal structures (1E7G and 1AO6) was
used to simulate KA for the 26 PFAS tested experimentally (Table S7.2). Accurate KA pre-
dictions using 1E7G were limited to short-chain PFAS. In Figure 3, for the nine short-chain
PFAS (PFCA with less than six perfluorinated carbons and PFSA with less than five perflu-
orinated carbons), a significant positive correlation between the docking-predicted KA and
the experimentally determined values was observed (95% CI: slope = 1.02 ± 0.19, r = 0.900).
For the 17 long-chain PFAS, significant negative correlation between the docking-predicted
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KA and the experimentally determined values was observed (95% CI: slope = −1.05 ± 0.30,
r = 0.7680).
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4. Discussion
4.1. AFFF Formulation

Most PFAS identified in this study were also reported by Houtz et al. (2013) [49],
Barzen-Hanson et al. (2017) [2], and McDonough et al. (2020) [29] for the same or similar
AFFF commercial products. We qualified C4 and C6 perfluoroalkyl sulfonamide amino
carboxylates and perfluoroalkyl sulfonamido amines that were reported by Houtz et al.
One pentafluorosulfide-containing eight perfluorocarbon PFAS (8-F5S-PFOS) found in
AFFF was also reported by Barzen-Hanson et al. We qualified four of six PFOS-substituted
compounds (H-PFOS, U-PFOS, Cl-PFOS, and K-PFOS) and one of two PFDS-substituted
compounds (H-PFDS) reported by McDonough et al. A C6 containing phosphonic acid
and ester functional groups (8:2 monoPAP-diEes) identified in this study was detected
in PFAS-contaminated soil (from paper sludge) in Germany [50]. We identified six novel
PFAS that have not been otherwise detected in environmetnal samples to our knowledge:
4-FHp-CycHxA, diTF-IsoBA, Hx-diFB, Uridine-FB, and two C4 fluoroalkyl esters (N-PFBS-
MFPe, N-FBEAc). Fluoroalkyl esters may undergo hydrolysis in the ambient environment
and eventually release PFSAs or PFCAs [51].

4.2. HSA Noncovalent Binding Affinity Relative to Perfluorocarbon Chain Length

Consistent with previous studies of PFAS-protein associations, PFAS were highly
bound to HSA [24,25,41]. HSA contains multiple PFAS binding sites with potentially differ-
ent binding affinities [18,52] such that measured KA values represent a mixture of affinities
for different binding sites. A majority of the PFAS exhibited linear binding isotherms,
indicating nonspecific noncovalent associations with HSA (Figure S1.4 and Table S1.1). KA
followed an inverted-V trend by which KA increased with perfluorocarbon chain elonga-
tion up to C6 through C9 and subsequently decreased (Figure 2). The trend for C4 through
C6 and C8 through C11 PFCAs is consistent with the pattern for bovine serum albumin
(BSA)–water distribution coefficients (KPW) determined by Bischel et al. (2011) [25]. The
PFSA trend for C4 through C8 is consistent with the BSA-association constants determined
by Allendorf et al. (2019) [24]. Our measurements of KA were generally an order of
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magnitude lower than KA measured by Allendorf et al. (2019), with the exception of
PFBA, PFHpA, and C6 PFAS. We have greater confidence in the physiological relevance
of our experimental results as our results were obtained at physiologically relevant molar
ratios of PFAS and HSA, and our KA values were determined from isotherm data rather
than single-point experimentation. As low levels of AFFF exposures to humans are most
common [53], we tested PFAS-HSA association constants from 0.001 to 0.1 PFAS:HSA.

Overall, a trend of increasing KA with perfluorocarbon-chain length was observed
for PFCAs and PFSAs up to C6. The HSA binding affinities of perfluorohexanesulfonic
acid (PFHxS) and perfluoroheptanoic acid (PFHpA) were exceptionally high (Log KA:
4.99 ± 0.44 and 5.53 ± 0.39, respectively). These observations are consistent with long
blood plasma elimination half-lives reported for PFHxS in humans [54,55] and for PFHpA
and PFHxS in pigs [56].

4.3. Residual PFAS in Precipitated Protein Pellets

Consistent detection of three PFAS in the digested protein pellets precipated from
AFFF and PFAS standard exposure experiments is presented in Figure 4. Residual protein
pellets from HSA exposed to PFAS standards (which did not include C4 precursors) con-
tained similar amount of PFBS, PFOA, and PFOS as protein pellets from HSA exposed to
AFFF dilutions (Figure 4 and Table S1.1). PFAS release from the protein pellet could be a
result of several factors. First, residual PFAS in the pellet could be present as an analytical
artifact resulting from high-concentrations of PFAS in AFFF. However, no quantifiable
level of PFAS was observed in the protein pellet washes, blank cells, or control cells used
in the equilibrium dialysis experiment (See Figure S1.1). Additionally, AFFF was diluted
from 2000-fold to 80,000-fold prior to HSA exposure in the most dilute case, and the PFAS
targets were still present in the precipitated protein from these tests. Second, PFAS could
be retained in the pellet via ultrastrong noncovalently interations, which was observed
in an amphiphilic polymerization system [21]. In conjunction with an exterior aqueous
environment, large proteins like HSA that have multiple hydrophobic binding sites can
provide an amphiphilic environment in which different protein residues interact with the
polar headgroups and hydrophobic perfluorotails of PFAS simultaneously [57]. Third,
PFAS could be retained in the pellet via covalent interations, the potential for which we
evaluate in further detail below.
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Figure 4. Residual PFAS quantified in digested HSA pellets, precipitated from equilibrium dialy-
sis experiment.

To our knowledge, only two types of PFAS have been reported to bind covalently
to proteins: PFCAs [19] and fluorotelomer unsaturated aldehydes (FTUALs) [20,58]. The
mechanism of covalent binding between PFAS and proteins remains unclear, but thiol- and
nitrogen-containing nucleophilic amino acids in serum albumin proteins are suspected
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to play a role [19]. In the case of FTUALs, covalent bond formation occurs via Michael
addition [58]. This mechanism cannot explain our observation of perfluoro alkyl carboxylic
and sulfonic acids in the protein pellet. Formation of covalent bonds between carboxylic
acids or sulfonic acids containing ligands and protein residues has not been observed
under physiological conditions [59,60]. The low mole ratio of residual PFAS detected in the
protein pellet to initial HSA levels indicates that not all PFAS-HSA associations resulted in
PFAS retention in the protein pellets.

While we are unable to disentangle the mechanisms explaining PFAS in the protein
pellet, we consider residual PFAS in protein pellets as candidates for ultrastrong noncova-
lent or potentially covalent binding to HSA. In addition to the perfluoro alkyl acids (PFAAs)
described above, we noted that 14 additional PFAS qualified in the dialysis extracts were
not further evaluated in this study (i.e., by acquiring targeted MS/MS). It is possible that
these PFAS were generated from reactions with HSA or through transformations during
the acid-hydrolysis processing step. We would expect the formation of PFAS-HSA covalent
bonds and subsequent digestion of PFAS-containing HSA to yield PFAS-peptide complexes.
Future analysis should evaluate whether perfluorocarbon moieties are associated with
amino acids or peptides following digestion.

4.4. Semi-quantification of Bioconcentration Factors of Qualified PFAS

We calculated pseudo-bioconcentration factors (BCFpseudos) for noncovalently bound
and potentially covalently bound fractions separately to evaluate patterns related to perflu-
orocarbon chain length and functional groups (Figure 5). BCFpseudo serves as a quantitative
benchmarking technique to cross-compare bioaccumulation potentials of novel PFAS using
qualitative screening data [29]. The BCFpseudo was calculated for each PFAS as follows:

BCFi,pseudo =
Ai,sample

AL−PFOS,sample
∗ AL-PFOS,AFFF

Ai,AFFF
(5)

where Ai,sample is the peak area of compound i detected in the protein aliquot or pel-
let; AL-PFOS,sample is the peak area of L-PFOS detected in the protein aliquot or pellet;
AL-PFOS,AFFF is the peak area of L-PFOS detected in neat AFFF dilutions; and Ai,AFFF is the
peak area of compound i detected in neat AFFF dilutions. All peak areas were normalized
with their corresponding internal standard peak area prior to the calculations.

Analysis of BCFpseudo revealed several key findings in Figure 4. First, sulfonic acids
(C4 through C9) and carboxylic acids (C2 through C7) consistently exhibited high BCFpseudos
in the noncovalently bound fraction. Second, C7 PFAS across different functional groups
consistently exhibited high BCFpseudos in the noncovalently bound fraction. We observed
a noncovalent binding trend with a turning point at C7 for all qualified PFAS, which is
consistent with observations for targeted PFSAs (Figure 2). Third, PFOA exhibited the
highest BCFpseudo for potentially covalently bound fractions. This is despite low levels in
the AFFF; PFOA represented less than two percent of the total organic fluorine mass in
the AFFF among all PFAS compounds quantified through targeted analysis. Finally, three
PFAS with four or fewer perfluorocarbons exhibited higher BCFpseudos in the potentially
covalently bound fraction than L-PFOS. The BCFpseudo for the C2 carboxylic acid in the
potentially covalently bound fraction (BCFdiTF-IsoBA, pseudo = 13.8 ± 3.14) was an order of
magnitude greater than the BCFpseudo for L-PFOS. This finding is concerning, as short-
chain PFAS are typically considered less bioaccumulative than long-chain PFAS and exhibit
weaker noncovalent interactions with proteins [61]. Our results indicate that short-chain
PFAS may in fact be strongly retained in proteins (and in precipitated protein pellets) even
when present at low concentrations in serum. Further studies should consider the impacts
of these observations on analytical conclusions as well as potential toxicological risks.
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To assess the ability of in-vitro binding studies with HSA to represent bioaccumula-
tion potentials of PFAS in animals, we compared our BCFpseudos from the noncovalently
bound fraction to pseudo-bioaccumulation factors (BAFpseudos) calculated in an in-vivo
mouse-dosing study that used the same AFFF commercial product [29]. Our calculation
of BCFpseudo. (Equation 5) was equivalent to the calculation of BAFpseudo by McDonough
et al. (2020). However, we performed direct exposure of HSA to PFAS while McDonough
et al. used a PFAS sample from mouse serum following AFFF oral gavage. Twelve types of
PFAS (43 distinct chemical structures) were qualified by McDonough et al. in the mouse
serum (which excluded analysis of the protein pellet and associated ligands) following
oral gavage of the AFFF. Of the six reported noncovalent BAFpseudos for PFOS substitutes
prevalent in mouse serum, two were similar to the noncovalent BCFpseudos we observed
noncovalently bound to HSA. The bioconcentration potential of U-PFOS with seven perflu-
orocarbons was high in both studies (BCFU-PFOS,pseudo = 8.85 ± 0.16 with HSA, compared
to BAFU-PFOS,pseudo = 6.7 in mouse serum, averaged across genders). The bioconcentration
potential of noncovalently associated Cl-PFOS (BCFCl-PFOS,pseudo = 0.82 ± 0.16 for HSA)
was similar to L-PFOS (BCFL-PFOS,pseudo = 1) in both McDonough et al. and this study. Com-
parisons between the two studies may otherwise aid in identifying products of metabolic
biotransformation. For example, the mouse serum BAFpseudo for hydrogen-substituted
PFAS (H-PFOS) in McDonough et al. was about one order of magnitude higher than the
BCFH-PFOS,pseudo we observed for HSA. We suspect that biotransformation—which only
takes place for in-vivo experiments—might have contributed to the high BAFH-PFOS,pseudo
observed by McDonough et al., given that H-PFOS is a daughter product of precursor
PFAS in AFFF. Altogether, these results indicated the value of comparing BAFpseudo and
BCFpseudo to assess contributions of protein binding and metabolism of PFAS precursors as
explanatory factors for PFAS bioaccumulation.
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4.5. Molecular Docking Predictions

Molecular docking simulations provide a rapid and high-throughput strategy to assess
protein–ligand interactions. However, the accuracy of AutoDock Vina for the best protein–
ligand conformations is only 60 to 80% [62]. Modeling assumptions integrated into AutoDock
Vina include, for example, unrealistic rigidity of the protein and the removal of water [63]. The
docking scores generated and shown in Figures 3 and S2.3 (for 1AO6) therefore cannot be used
directly as protein–ligand binding energies, especially for large compounds. Nevertheless,
we expected that docking predictions for short-chain PFAS would be more accurate than
for long-chain PFAS, as docking accuracy declines with increasing numbers of rotatable
bonds [42]. Indeed, we observed a positive correlation for short-chain PFAS between docking
scores generated and our experimental results (Figure 3), while docking scores for long-chain
PFAS were negatively correlated with experimental results.

To the best of our knowledge, Ng and Hungerbuehler (2015) [27] conducted the only
other PFAS–HSA molecular docking study, predicting binding affinities of 25 PFAS with
HSA. As shown in Figure S2.4, the two studies were in good agreement (least-square-linear
correlation predicted KA for 1E7G slope = 0.993, r = 0.997), even though our mean docking
scores were calculated based on 5400 conformations (available in Table S7.2) instead of
the 54 conformations simulated by Ng and Hungerbuehler. Unlike the previous study,
we did not apply a 20-fold correction factor to decrease the predicted KA values, as this
did not improve correlations with our experimentally determined KA values. Ng and
Hungerbuehler may have required a correction factor due to the diversity of experimen-
tal results compiled in their study and unrealistic conditions in available studies. Many
studies evaluated PFAS-HSA binding affinities using oversaturated protein conditions. For
instance, Chen and Guo (2009) measured the HSA association constants of PFAS at lig-
and:protein ratio ranging from 4 to 40 in their fluorescence quenching study [64]. Han et al.
(2003) used microdesalting columns to measure the PFAS–HSA association constants with
a ligand:protein ratio ranging from 4 to 36 [65]. When the ligand-to-protein ratio is greater
than one, PFAS can shift from primary binding site(s) to secondary binding sites [41]. PFAS
associations with secondary binding sites on HSA are not physiologically relevant, as hu-
man exposure to PFAS generally occurs at low levels [66]. Our experimental data represent
binding affinities at primary binding site(s) because we made direct measurements with
high-resolution-mass-spectrometry at low ligand:protein mole ratios.

4.6. Qualitative Prediction of HSA-bound vs. Nonbound Compounds

While docking scores are unreliable for quantitative predictions of binding affinities,
docking scores can be used for qualitative comparisons between complexes and to identify
candidate ligands for the protein of interest. We used AutoDock Vina to identify HSA-
binding compounds in AFFF by comparing PFAS and hydrocarbon surfactants in AFFF.
Results of docking are presented as violin plots, which display the distribution of simulated
docking scores (Figures S3.1–S3.6). For each PFAS, a kernel density plot of docking scores
was derived using the 5400 conformations generated from simulations on six HSA binding
pockets. All hydrocarbon surfactants identified in AFFF had more than 10 carbons in the
backbone, so we selected docking results for PFAS with 10 or more perfluorocarbons in the
backbone for comparison (Figure 6). For both sets of long-chain PFAS and hydrocarbon
surfactants, we observed a separation of distributions that appeared to distinguish binding
(low docking scores) or non-binding (high docking scores) compounds. The low and
high docking scores corresponded, respectively, to PFAS that were observed as bound or
unbound to HSA in in-vitro experiments. We performed a Kruskal–Wallis test of docking
predicted binding scores for the compounds in Figure 6. Most compounds in AFFF that we
observed to bind to HSA in the in-vitro experiments also had predicted docking scores that
were significantly different from the unbound compounds (p < 0.05 in Table S7.3). However,
the binding score of one experimentally determined unbound PFAS (N-diMAmP-PBSAP)
and three experimentally determined bound hydrocarbon surfactants (C10-LAS, C11-LAS,
and C12-LAS) were not significantly different from each other (p = 1, in Table S7.3, labeled
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with black X in Figure 6). Experimental results for suspect screening were thus largely
consistent with simulated docking scores when comparing HSA binding affinities within
the same class of chemicals.
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The shape of the kernel density plots may also provide insights into different binding pro-
cesses. The kernel density plots for both bound and unbound PFAS (Figures 6a and S2.5–S2.7)
are more varied in shape than those for hydrocarbon surfactants (Figure 5b and Figure S3.0).
Similar to kernel plots, cluster analyses were commonly used to identify preferential ligand
binding sites [67], suggesting site-specific binding between PFAS and HSA [68]. Predicted
HSA binding scores for bound hydrocarbons exhibited bimodal or even trimodal (C10-LAS
and C11-LAS) distributions. Predicted HSA binding scores for nonbound hydrocarbons con-
verged and centralized for all HSA binding pockets (Figures S2.8 and S2.9). To further validate
and accurately predict PFAS-HSA binding energies, mechanistic studies using molecular
dynamics coupled with molecular mechanics/Poisson–Boltzmann surface area (MM/PBSA)
methods for these PFAS are ongoing in our research group.

5. Conclusions

Our study explored the value of suspect screening and computational simulations to
identify potentially bioaccumulative PFAS from a PFAS-containing commercial product,
AFFF. A majority of the PFAS we identified in a legacy AFFF bind to the most abundant
protein in human serum, human serum albumin (HSA). At least five PFAS, including
two PFAS with less than five perfluorocarbons, were detected in the precipitated and
washed protein pellet. The potential health implications of ultrastrong or covalent binding
of PFAS are unclear. Covalent modifications of HSA affect the clearance and metabolic
destiny of many drugs, and have been hypothesized as the center of toxicity exhibited by
many drugs [69–71].

Our observation of binding of short-chain PFAS to albumin is concerning and requires
further mechanistic assessment. Short-chain PFAS are largely considered less bioaccumu-
lative, with shorter half-lives in organisms, than long-chain PFAS. Our results indicated
that some short-chain PFAS may be retained in the blood for much longer—these PFAS
remained associated with HSA after extensive solvent washing. Computational simula-
tions for bioaccumulation potential can provide value by decreasing reliance on time- and
labor-intensive laboratory experiments. Though predicted binding scores cannot quanti-
tively describe binding affinities with HSA, the scores can be used to qualitatively identify
previously uncharacterized PFAS that are likely to bind to HSA. More broadly, this study
offers a framework for evaluating bioaccumulation potentials of thousands of PFAS in
comparable biological tissues.
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method (NMR acquisition), Table S6.1: List of LC-QTOF-MS targeted compounds, internal standards,
LOQ, and extraction recoveries (LCMS target compounds), Table S6.2: Qualified PFAS in AFFF
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AFFF using suspect-screening (LCMS qualified nonPFAS), Table S7.1: AFFF formulation comparison
of total fluorine quantified in AFFF using HPLC-QTOF-MS and 19F NMR (Total fluorine quant),
Table S7.2: Experimentally determined and molecular docking predicted HSA-PFAS association
constants (Ka_docking and exp), Table S7.3: Kruskall-Wallis one-way pairwise ANOVA analysis on
docking predicted HSA (1E7G) binding affinities of long-chain PFAS and hydrocarbon surfactants
identified in AFFF (Kruskall-Wallis ANOVA).

Author Contributions: Conceptualization, W.L. and H.N.B.; methodology, W.L. and H.N.B.; software,
W.L. and Y.H.; validation, W.L.; formal analysis, W.L.; data curation, W.L.; writing—original draft
preparation, W.L. and Y.H.; writing—review and editing, W.L. and H.N.B.; visualization, W.L.;
supervision, H.N.B.; project administration, H.N.B.; funding acquisition, H.N.B. All authors have
read and agreed to the published version of the manuscript.

Funding: Research reported in this publication was supported by UC Davis College of Engineering
start-up funds and the National Institute of Environmental Health Sciences of the National Institutes
of Health under Award Number P30ES023513. The content is solely the responsibility of the authors
and does not necessarily represent the official views of the National Institutes of Health.

Informed Consent Statement: Not applicable.

Data Availability Statement: All data generated or analyzed during this study are included in this
published article (and its supplementary files).

Acknowledgments: The authors would like to thank to Thomas Young, Gabrielle Black, Luann Wong,
and Chris Alaimo for assistance in instrumental optimization, workflows, and software support. We
thank Hannah Safford for the helpful comments and edits. We would also like to thank Christopher
Higgins for the AFFF sample and Carrie McDonough for the insight in sample preparation and
analytical methods.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Banzhaf, S.; Filipovic, M.; Lewis, J.; Sparrenbom, C.J.; Barthel, R. A Review of Contamination of Surface-, Ground-, and Drinking

Water in Sweden by Perfluoroalkyl and Polyfluoroalkyl Substances (PFASs). Ambio 2017, 46, 335–346. [CrossRef]
2. Barzen-Hanson, K.A.; Roberts, S.C.; Choyke, S.; Oetjen, K.; McAlees, A.; Riddell, N.; McCrindle, R.; Ferguson, P.L.; Higgins, C.P.;

Field, J.A. Discovery of 40 Classes of Per- and Polyfluoroalkyl Substances in Historical Aqueous Film-Forming Foams (AFFFs)
and AFFF-Impacted Groundwater. Environ. Sci. Technol. 2017, 51, 2047–2057. [CrossRef]

3. Gyllenhammar, I.; Berger, U.; Sundström, M.; McCleaf, P.; Eurén, K.; Eriksson, S.; Ahlgren, S.; Lignell, S.; Aune, M.; Kotova, N.; et al.
Influence of Contaminated Drinking Water on Perfluoroalkyl Acid Levels in Human Serum—A Case Study from Uppsala,
Sweden. Environ. Res. 2015, 140, 673–683. [CrossRef]

4. Graber, J.M.; Alexander, C.; Laumbach, R.J.; Black, K.; Strickland, P.O.; Georgopoulos, P.G.; Marshall, E.G.; Shendell, D.G.;
Alderson, D.; Mi, Z.; et al. Per- and Polyfluoroalkyl Substances (PFAS) Blood Levels after Contamination of a Community Water
Supply and Comparison with 2013-14 NHANES. J. Expo. Sci. Environ. Epidemiol. 2019, 29, 172–182. [CrossRef]

5. Daniels, R.D.; Bertke, S.; Dahm, M.M.; Yiin, J.H.; Kubale, T.L.; Hales, T.R.; Baris, D.; Zahm, S.H.; Beaumont, J.J.; Waters, K.M.; et al.
Exposure–Response Relationships for Select Cancer and Non- Cancer Health Outcomes in a Cohort of US Firefighters from San
Francisco, Chicago and Philadelphia (1950–2009). Occup Env. Med. 2015, 72, 699–706. [CrossRef]

6. Trowbridge, J.; Gerona, R.R.; Lin, T.; Rudel, R.A.; Bessonneau, V.; Buren, H.; Morello-Frosch, R. Exposure to Perfluoroalkyl
Substances in a Cohort of Women Firefighters and Office Workers in San Francisco. Environ. Sci. Technol. 2020, 54, 3363–3374.
[CrossRef]

7. Rotander, A.; Kärrman, A.; Toms, L.M.L.; Kay, M.; Mueller, J.F.; Gómez Ramos, M.J. Novel Fluorinated Surfactants Tentatively
Identified in Firefighters Using Liquid Chromatography Quadrupole Time-of-Flight Tandem Mass Spectrometry and a Case-
Control Approach. Environ. Sci. Technol. 2015, 49, 2434–2442. [CrossRef]

8. ASTR (Agency for Toxic Substances and Disease Registry). An Overview of Perfluoroalkyl and Polyfluoroalkyl Substances and Interim
Guidance for Clinicians Responding to Patient Exposure Concerns Interim Guidance; Agency for Toxic Substances and Disease Registry:
Atlanta, GA, USA, 2017.

http://doi.org/10.1007/s13280-016-0848-8
http://doi.org/10.1021/acs.est.6b05843
http://doi.org/10.1016/j.envres.2015.05.019
http://doi.org/10.1038/s41370-018-0096-z
http://doi.org/10.1136/oemed-2014-102671
http://doi.org/10.1021/acs.est.9b05490
http://doi.org/10.1021/es503653n


Toxics 2021, 9, 63 16 of 18

9. Lau, C.; Dagnino, S.; Kato, K.; Ye, X.; Calafat, A.M.; Rooney, A.A.; Boyles, A.L.; Walker, V.R.; Wambaugh, J.; Reiner, J.L.; et al. Toxicological
Effects of Perfluoroalkyl and Polyfluoroalkyl Substances; Dewitt, J.C., Dietert, R.R., Eds.; Humana Press: Cham, Switzerland, 2015;
ISBN 978-3-319-15517-3.

10. Wang, Z.; Dewitt, J.C.; Higgins, C.P.; Cousins, I.T. A Never-Ending Story of Per- and Polyfluoroalkyl Substances (PFASs)? Environ.
Sci. Technol. 2017, 51, 2508–2518. [CrossRef]

11. Sunderland, E.M.; Hu, X.C.; Dassuncao, C.; Tokranov, A.K.; Wagner, C.C.; Allen, J.G. A Review of the Pathways of Human
Exposure to Poly- and Perfluoroalkyl Substances (PFASs) and Present Understanding of Health Effects. J. Expo. Sci. Environ.
Epidemiol. 2019, 29, 131–147. [CrossRef]

12. OECD (Organisation for Economic Co-operationand Development). Toward a New Comprehensive Global Database of Per- and
Polyfluoroalkyl Substances (PFASs): Summary Report on Updating the OECD 2007 List of Per- and Polyfluoroalkyl Substances (PFASs);
OECD (Organisation for Economic Co-operationand Development): Paris, France, 2018.

13. Ng, C.A.; Hungerbühler, K. Bioaccumulation of Perfluorinated Alkyl Acids: Observations and Models. Environ. Sci. Technol.
2014, 48, 4637–4648. [CrossRef] [PubMed]

14. Sobolewski, K.; Radparvar, S.; Wong, C.; Johnston, J. Blood, Blood Components, Plasma, and Plasma Products. Side Eff. Drugs
Annu. 2018, 40, 415–429. [CrossRef]

15. Beesoon, S.; Martin, J.W. Isomer-Specific Binding Affinity of Perfluorooctanesulfonate (PFOS) and Perfluorooctanoate (PFOA) to
Serum Proteins. Environ. Sci. Technol. 2015, 49, 5722–5731. [CrossRef]

16. Wu, L.-L.; Gao, H.-W.; Gao, N.-Y.; Chen, F.-F.; Chen, L. Interaction of Perfluorooctanoic Acid with Human Serum Albumin. BMC
Struct. Biol. 2009, 9, 31. [CrossRef]

17. Woodcroft, M.W.; Ellis, D.A.; Rafferty, S.P.; Burns, D.C.; March, R.E.; Stock, N.L.; Trumpour, K.S.; Yee, J.; Munrok, K. Experimental
Characterization of the Mechanism of Perfluorocarboxylic Acids’ Liver Protein Bioaccumulation: The Key Role of the Neutral
Species. Environ. Toxicol. Chem. 2010, 29, 1669–1677. [CrossRef] [PubMed]

18. Bischel, H.N.; MacManus-Spencer, L.A.; Luthy, R.G.R.G. Noncovalent Interactions of Long-Chain Perfluoroalkyl Acids with
Serum Albumin. Environ. Sci. Technol. 2010, 44, 5263–5269. [CrossRef]

19. Vanden Heuvel, J.P.; Kuslikis, B.I.; Peterson, R.E. Covalent Binding of Perflourinated Fatty Acids to Proteins in the Plasma, Liver
and Testes of Rats. Chem. Biol. Interact. 1992, 82, 317–328. [CrossRef]

20. Rand, A.A.; Mabury, S.A. In Vitro Interactions of Biological Nucleophiles with Fluorotelomer Unsaturated Acids and Aldehydes:
Fate and Consequences. Environ. Sci. Technol. 2012, 46, 7398–7406. [CrossRef]

21. Krieg, E.; Weissman, H.; Shimoni, E.; Baris, A.; Rybtchinski, B. Understanding the Effect of Fluorocarbons in Aqueous Supramolec-
ular Polymerization: Ultrastrong Noncovalent Binding and Cooperativity. J. Am. Chem. Soc. 2014, 136, 9443–9452. [CrossRef]

22. Calafat, A.M.; Wong, L.Y.; Kuklenyik, Z.; Reidy, J.A.; Needham, L.L. Polyfluoroalkyl Chemicals in the U.S. Population: Data
from the National Health and Nutrition Examination Survey (NHANES) 2003-2004 and Comparisons with NHANES 1999–2000.
Environ. Health Perspect. 2007, 115, 1596–1602. [CrossRef]

23. Pei, Y.; Li, H.; You, J. Determining Equilibrium Partition Coefficients between Lipid/Protein and Polydimethylsiloxane for Highly
Hydrophobic Organic Contaminants Using Preloaded Disks. Sci. Total Environ. 2017, 598, 385–392. [CrossRef]

24. Allendorf, F.; Berger, U.; Goss, K.U.; Ulrich, N. Partition Coefficients of Four Perfluoroalkyl Acid Alternatives between Bovine Serum
Albumin (BSA) and Water in Comparison to Ten Classical Perfluoroalkyl Acids. Environ. Sci. Process. Impacts 2019, 21, 1852–1863.
[CrossRef] [PubMed]

25. Bischel, H.N.; Macmanus-Spencer, L.A.; Zhang, C.; Luthy, R.G. Strong Associations of Short-Chain Perfluoroalkyl Acids with
Serum Albumin and Investigation of Binding Mechanisms. Environ. Toxicol. Chem. 2011, 30, 2423–2430. [CrossRef]

26. Zhang, L.; Ren, X.M.; Guo, L.H. Structure-Based Investigation on the Interaction of Perfluorinated Compounds with Human
Liver Fatty Acid Binding Protein. Environ. Sci. Technol. 2013, 47, 11293–11301. [CrossRef]

27. Ng, C.A.; Hungerbuehler, K. Exploring the Use of Molecular Docking to Identify Bioaccumulative Perfluorinated Alkyl Acids
(PFAAs). Environ. Sci. Technol. 2015, 49, 12306–12314. [CrossRef] [PubMed]

28. Buck, R.C.; Franklin, J.; Berger, U.; Conder, J.M.; Cousins, I.T.; de Voogt, P.; Jensen, A.A.; Kannan, K.; Mabury, S.A.; Pj, S.; et al.
Perfluoroalkyl and Polyfluoroalkyl Substances in the Environment: Terminology, Classification, and Origins. Integr. Environ.
Assess. Manag. 2011, 7, 513–541. [CrossRef]

29. Mcdonough, C.A.; Choyke, S.; Ferguson, P.L.; Dewitt, J.; Higgins, C.P. Bioaccumulation of Novel Per-and Polyfluoroalkyl
Substances (PFASs) in Mice Dosed with an Aqueous Film-Forming Foam (AFFF). Environ. Sci. Technol. 2020. [CrossRef]

30. Myatt, D.P. The Correlation of Plasma Proteins Binding Capacity and Flavopiridol Cellular and Clinical Trial Studies. Biomed.
Spectrosc. Imaging 2017, 6, 59–73. [CrossRef]

31. Hirs, C.H.W.; Stein, W.H.; Moore, S. The Free Amino Acids of Human Blood Plasma. J. Biol. Chem. 1954, 211, 941–950. [CrossRef]
32. Otter, D.E. Standardised Methods for Amino Acid Analysis of Food. Br. J. Nutr. 2012, 108, 230–237. [CrossRef]
33. Muñoz, A.; Kral, R.; Schimmel, H. Quantification of Protein Calibrants by Amino Acid Analysis Using Isotope Dilution Mass

Spectrometry. Anal. Biochem. 2011, 408, 124–131. [CrossRef] [PubMed]
34. Mustăt,ea, G.; Ungureanu, E.L.; Iorga, E. Protein Acidic Hydrolysis for Amino Acids Analysis in Food—Progress over Time: A

Short Review. J. Hyg. Eng. Des. 2019, 26, 81–87.
35. Lapierre, H.; Binggeli, S.; Sok, M.; Pellerin, D.; Ouellet, D.R. Estimation of Correction Factors to Determine the True Amino Acid

Concentration of Protein after a 24-Hour Hydrolysis. J. Dairy Sci. 2019, 102, 1205–1212. [CrossRef] [PubMed]

http://doi.org/10.1021/acs.est.6b04806
http://doi.org/10.1038/s41370-018-0094-1
http://doi.org/10.1021/es404008g
http://www.ncbi.nlm.nih.gov/pubmed/24762048
http://doi.org/10.1016/bs.seda.2018.06.011
http://doi.org/10.1021/es505399w
http://doi.org/10.1186/1472-6807-9-31
http://doi.org/10.1002/etc.199
http://www.ncbi.nlm.nih.gov/pubmed/20821618
http://doi.org/10.1021/es101334s
http://doi.org/10.1016/0009-2797(92)90003-4
http://doi.org/10.1021/es3008485
http://doi.org/10.1021/ja503906p
http://doi.org/10.1289/ehp.10598
http://doi.org/10.1016/j.scitotenv.2017.04.123
http://doi.org/10.1039/C9EM00290A
http://www.ncbi.nlm.nih.gov/pubmed/31475719
http://doi.org/10.1002/etc.647
http://doi.org/10.1021/es4026722
http://doi.org/10.1021/acs.est.5b03000
http://www.ncbi.nlm.nih.gov/pubmed/26393377
http://doi.org/10.1002/ieam.258
http://doi.org/10.1021/acs.est.0c00234
http://doi.org/10.3233/BSI-170165
http://doi.org/10.1016/S0021-9258(18)71181-2
http://doi.org/10.1017/S0007114512002486
http://doi.org/10.1016/j.ab.2010.08.037
http://www.ncbi.nlm.nih.gov/pubmed/20807498
http://doi.org/10.3168/jds.2018-15392
http://www.ncbi.nlm.nih.gov/pubmed/30591335


Toxics 2021, 9, 63 17 of 18

36. Place, B.J.; Field, J.A. Identification of Novel Fluorochemicals in Aqueous Film-Forming Foams Used by the US Military. Environ.
Sci. Technol. 2012, 46, 7120–7127. [CrossRef] [PubMed]

37. Schymanski, E.L.; Singer, H.P.; Longrée, P.; Loos, M.; Ruff, M.; Stravs, M.A.; Ripollés Vidal, C.; Hollender, J. Strategies to
Characterize Polar Organic Contamination in Wastewater: Exploring the Capability of High Resolution Mass Spectrometry.
Environ. Sci. Technol. 2014, 48, 1811–1818. [CrossRef]

38. Horai, H.; Arita, M.; Kanaya, S.; Nihei, Y.; Ikeda, T.; Suwa, K.; Ojima, Y.; Tanaka, K.; Tanaka, S.; Aoshima, K.; et al. MassBank:
A Public Repository for Sharing Mass Spectral Data for Life Sciences. J. Mass Spectrom. 2010, 45, 703–714. [CrossRef] [PubMed]

39. Allen, F.; Pon, A.; Wilson, M.; Greiner, R.; Wishart, D. CFM-ID: A Web Server for Annotation, Spectrum Prediction and Metabolite
Identification from Tandem Mass Spectra. J. Mass Spectrom. 2014, 12, 94–99. [CrossRef] [PubMed]

40. Schymanski, E.L.; Jeon, J.; Gulde, R.; Fenner, K.; Ruff, M.; Singer, H.P.; Hollender, J. Identifying Small Molecules via High
Resolution Mass Spectrometry: Communicating Confidence. Environ. Sci. Technol. 2014, 48, 2097–2098. [CrossRef] [PubMed]

41. Zhang, X.; Chen, L.; Fei, X.C.; Ma, Y.S.; Gao, H.W. Binding of PFOS to Serum Albumin and DNA: Insight into the Molecular
Toxicity of Perfluorochemicals. BMC Mol. Biol. 2009, 10, 1–12. [CrossRef]

42. Trott, O.; Olson, A. Autodock Vina: Improving the Speed and Accuracy of Docking. J. Comput. Chem. 2010, 31, 455–461. [CrossRef]
43. Bhattacharya, A.A.; Grüne, T.; Curry, S. Crystallographic Analysis Reveals Common Modes of Binding of Medium and Long-

Chain Fatty Acids to Human Serum Albumin. J. Mol. Biol. 2000, 303, 721–732. [CrossRef]
44. Wardell, M.; Wang, Z.; Ho, J.X.; Robert, J.; Ruker, F.; Ruble, J.; Carter, D.C. The Atomic Structure of Human Methemalbumin at

1.9 Å. Biochem. Biophys. Res. Commun. 2002, 291, 813–819. [CrossRef] [PubMed]
45. Sander, T.; Freyss, J.; von Korff, M.; Rufener, C. DataWarrior: An Open-Source Program for Chemistry Aware Data Visualization

and Analysis. J. Chem. Inf. Modeling 2015, 55, 460–473. [CrossRef] [PubMed]
46. Hanwell, M.D.; Curtis, D.E.; Lonie, D.C.; Vandermeersch, T.; Zurek, E.; Hutchison, G.R. Avogadro: An Advanced Semantic

Chemical Editor, Visualization, and Analysis Platform. Adv. Math. 2012, 4. [CrossRef] [PubMed]
47. Schrodinger LLC. The PyMOL Molecular Graphics System, Version 1.8; Schrodinger LLC.: New York, NY, USA, 2015.
48. Schrodinger LLC. The JyMOL Molecular Graphics Development Component, Version 1.8; Schrodinger LLC.: New York, NY, USA, 2015.
49. Houtz, E.F.; Higgins, C.P.; Field, J.A.; Sedlak, D.L. Persistence of Perfluoroalkyl Acid Precursors in AFFF-Impacted Groundwater

and Soil. Environ. Sci. Technol. 2013, 47, 8187–8195. [CrossRef]
50. Bugsel, B.; Zwiener, C. LC-MS Screening of Poly- and Perfluoroalkyl Substances in Contaminated Soil by Kendrick Mass Analysis.

Anal. Bioanal. Chem. 2020, 412, 4797–4805. [CrossRef]
51. Nielsen, C.J. Potential PFBS and PFHxS Precursors-Literature Study on Abiotic Degradation Processes of Abiotic Degradation

Pathways Leading to PFBS and PFHxS. 2017. Available online: https://www.miljodirektoratet.no/globalassets/publikasjoner/
M792/M792.pdf (accessed on 5 November 2020).

52. Chi, Q.; Li, Z.; Huang, J.; Ma, J.; Wang, X. Interactions of Perfluorooctanoic Acid and Perfluorooctanesulfonic Acid with Serum
Albumins by Native Mass Spectrometry, Fluorescence and Molecular Docking. Chemosphere 2018, 198, 442–449. [CrossRef]

53. Kaboré, H.A.; Vo Duy, S.; Munoz, G.; Méité, L.; Desrosiers, M.; Liu, J.; Sory, T.K.; Sauvé, S. Worldwide Drinking Water Occurrence
and Levels of Newly-Identified Perfluoroalkyl and Polyfluoroalkyl Substances. Sci. Total Environ. 2018, 616–617, 1089–1100.
[CrossRef]

54. Olsen, G.W.; Burris, J.M.; Ehresman, D.J.; Froelich, J.W.; Seacat, A.M.; Butenhoff, J.L.; Zobel, L.R. Half-Life of Serum Elimination
of Perfluorooctanesulfonate, Perfluorohexanesulfonate, and Perfluorooctanoate in Retired Fluorochemical Production Workers.
Environ. Health Perspect. 2007, 115, 1298–1305. [CrossRef]

55. Li, Y.; Fletcher, T.; Mucs, D.; Scott, K.; Lindh, C.H.; Tallving, P.; Jakobsson, K. Half-Lives of PFOS, PFHxS and PFOA after End of
Exposure to Contaminated Drinking Water. Occup. Environ. Med. 2018, 75, 46–51. [CrossRef]

56. Numata, J.; Kowalczyk, J.; Adolphs, J.; Ehlers, S.; Schafft, H.; Fuerst, P.; Müller-Graf, C.; Lahrssen-Wiederholt, M.; Greiner, M.
Toxicokinetics of Seven Perfluoroalkyl Sulfonic and Carboxylic Acids in Pigs Fed a Contaminated Diet. J. Agric. Food Chem.
2014, 62, 6861–6870. [CrossRef]

57. Yang, F.; Zhang, Y.; Liang, H. Interactive Association of Drugs Binding to Human Serum Albumin. Int. J. Mol. Sci. 2014, 15, 3580–3595.
[CrossRef]

58. Rand, A.A.; Mabury, S.A. Covalent Binding of Fluorotelomer Unsaturated Aldehydes (FTUALs) and Carboxylic Acids (FTUCAs)
to Proteins. Environ. Sci. Technol. 2013, 47, 1655–1663. [CrossRef]

59. Wilbur, D.S. Formation of Sulfonamide Bonds Through Reaction of Dyes with Serum Proteins Correlation of Tumor Radiation-
Absorbed Dose with Response Is Easier to Find in Previously Untreated Patients. J. Nucl. Med. 2003, 44, 1540–1545.

60. Dietzen, D.J. Amino Acids, Peptides, and Proteins; Elsevier Inc.: Amsterdam, The Netherlands, 2018; ISBN 9780128160619.
61. Danish Ministry of the Environment. Short-Chain Polyfluoroalkyl Substances (PFAS); Kjølholt, J., Jensen, A.A., Warming, M., Eds.;

The Danish Environmental Protection Agency: København, Denmark, 2015; ISBN 9788793352155.
62. Wang, Z.; Sun, H.; Yao, X.; Li, D.; Xu, L.; Li, Y.; Tian, S.; Hou, T. Comprehensive Evaluation of Ten Docking Programs on a Diverse

Set of Protein-Ligand Complexes: The Prediction Accuracy of Sampling Power and Scoring Power. Phys. Chem. Chem. Phys.
2016, 18, 12964–12975. [CrossRef]

63. Chen, Y.C. Beware of Docking! Trends Pharmacol. Sci. 2015, 36, 78–95. [CrossRef]
64. Chen, Y.M.; Guo, L.H. Fluorescence Study on Site-Specific Binding of Perfluoroalkyl Acids to Human Serum Albumin. Arch.

Toxicol. 2009, 83, 255–261. [CrossRef]

http://doi.org/10.1021/es301465n
http://www.ncbi.nlm.nih.gov/pubmed/22681548
http://doi.org/10.1021/es4044374
http://doi.org/10.1002/jms.1777
http://www.ncbi.nlm.nih.gov/pubmed/20623627
http://doi.org/10.1093/nar/gku436
http://www.ncbi.nlm.nih.gov/pubmed/24895432
http://doi.org/10.1021/es5002105
http://www.ncbi.nlm.nih.gov/pubmed/24476540
http://doi.org/10.1186/1471-2199-10-16
http://doi.org/10.1002/jcc.21334.AutoDock
http://doi.org/10.1006/jmbi.2000.4158
http://doi.org/10.1006/bbrc.2002.6540
http://www.ncbi.nlm.nih.gov/pubmed/11866438
http://doi.org/10.1021/ci500588j
http://www.ncbi.nlm.nih.gov/pubmed/25558886
http://doi.org/10.1186/1758-2946-4-17
http://www.ncbi.nlm.nih.gov/pubmed/22889332
http://doi.org/10.1021/es4018877
http://doi.org/10.1007/s00216-019-02358-0
https://www.miljodirektoratet.no/globalassets/publikasjoner/M792/M792.pdf
https://www.miljodirektoratet.no/globalassets/publikasjoner/M792/M792.pdf
http://doi.org/10.1016/j.chemosphere.2018.01.152
http://doi.org/10.1016/j.scitotenv.2017.10.210
http://doi.org/10.1289/ehp.10009
http://doi.org/10.1136/oemed-2017-104651
http://doi.org/10.1021/jf405827u
http://doi.org/10.3390/ijms15033580
http://doi.org/10.1021/es303760u
http://doi.org/10.1039/C6CP01555G
http://doi.org/10.1016/j.tips.2014.12.001
http://doi.org/10.1007/s00204-008-0359-x


Toxics 2021, 9, 63 18 of 18

65. Han, X.; Snow, T.A.; Kemper, R.A.; Jepson, G.W. Binding of Perfluorooctanoic Acid to Rat and Human Plasma Proteins. Chem.
Res. Toxicol. 2003, 16, 775–781. [CrossRef]

66. Nakayama, S.F.; Yoshikane, M.; Onoda, Y.; Nishihama, Y.; Iwai-Shimada, M.; Takagi, M.; Kobayashi, Y.; Isobe, T. Worldwide
Trends in Tracing Poly- and Perfluoroalkyl Substances (PFAS) in the Environment. Trac Trends Anal. Chem. 2019, 121, 115410.
[CrossRef]

67. Hamdi, O.A.A.; Feroz, S.R.; Shilpi, J.A.; Anouar, E.H.; Mukarram, A.K.; Mohamad, S.B.; Tayyab, S.; Awang, K. Spectrofluorometric
and Molecular Docking Studies on the Binding of Curcumenol and Curcumenone to Human Serum Albumin. Int. J. Mol. Sci.
2015, 16, 5180–5193. [CrossRef]

68. Salvalaglio, M.; Muscionico, I.; Cavallotti, C. Determination of Energies and Sites of Binding of PFOA and PFOS to Human Serum
Albumin. J. Phys. Chem. B 2010, 114, 14860–14874. [CrossRef] [PubMed]

69. Gan, J.; Zhang, H.; Humphreys, W.G. Drug-Protein Adducts: Chemistry, Mechanisms of Toxicity, and Methods of Characterization.
Chem. Res. Toxicol. 2016, 29, 2040–2057. [CrossRef] [PubMed]

70. Larsen, M.T.; Kuhlmann, M.; Hvam, M.L.; Howard, K.A. Albumin-Based Drug Delivery: Harnessing Nature to Cure Disease.
Mol. Cell. Ther. 2016, 4, 1–12. [CrossRef] [PubMed]

71. Uetrecht, J. Immune-Mediated Adverse Drug Reactions. Chem. Res. Toxicol. 2009, 24–34. [CrossRef] [PubMed]

http://doi.org/10.1021/tx034005w
http://doi.org/10.1016/j.trac.2019.02.011
http://doi.org/10.3390/ijms16035180
http://doi.org/10.1021/jp106584b
http://www.ncbi.nlm.nih.gov/pubmed/21028884
http://doi.org/10.1021/acs.chemrestox.6b00274
http://www.ncbi.nlm.nih.gov/pubmed/27989144
http://doi.org/10.1186/s40591-016-0048-8
http://www.ncbi.nlm.nih.gov/pubmed/26925240
http://doi.org/10.1021/tx800389u
http://www.ncbi.nlm.nih.gov/pubmed/19149477

	Introduction 
	Materials and Methods 
	Study Design and Workflow 
	Equilibrium Dialysis 
	PFAS Extractions 
	Analytical Instrumental Set-Up 
	Suspect Screening 
	Targeted MS/MS 
	PFAS Quantification 
	Experimental Determination of PFAS Noncovalent Binding Affinities 
	Computational Simulations of Noncovalent PFAS Protein Binding 

	Results 
	Characterization of PFAS in AFFF 
	Noncovalent and Potentially Covalent Binding of PFAS in AFFF to Human Serum Albumin 
	Quantitative Determination of PFAS–HSA Association Constants 
	Evaluation of Molecular Docking to Predict the PFAS–HSA Binding Affinities 

	Discussion 
	AFFF Formulation 
	HSA Noncovalent Binding Affinity Relative to Perfluorocarbon Chain Length 
	Residual PFAS in Precipitated Protein Pellets 
	Semi-quantification of Bioconcentration Factors of Qualified PFAS 
	Molecular Docking Predictions 
	Qualitative Prediction of HSA-bound vs. Nonbound Compounds 

	Conclusions 
	References

