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Abstract: Comprehending the complexity and determinants of food choices can help understand
facets of the growing obesity epidemic. Focusing on consumers’ subjective sensations as determinants
of food choices can provide essential insights into eating behaviors. We explored subjective sensations
linked to appetite, desire, wellbeing and energy. This study aims to 1) quantify subjective temporal
sensations, and 2) study the effects of these sensations on snack choice. Two-hundred and fifty-three
participants (mean age 20.5) evaluated subjective sensations using a visual analogue scale. The choice
of one of six snacks was offered to the participants; choices were recorded as implicit choice measures.
The results demonstrated that especially sensory specific desire sensations (Salty, Fatty, Sweet desire)
affected, either positively or negatively, snack choice. Furthermore, wellbeing sensations (Overall,
Mental, Physical wellbeing) also showed significant effects for snack choice. Health-conscious females
chose healthy snacks, and males chose unhealthy snacks. Importantly, this research indicates the
relevance of subjective sensations in consumer studies that focus on diverse determinants of food
choice. Sensory specific desires and wellbeing sensations were notably shown to be important
determinants of snack choice. The contribution of different sensations to food choice is imperative,
and helps us to understand aspects of snacking behavior. This could have broader implications
concerning public health issues and obesity.
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1. Introduction

We live in a multifaceted world, and the processes around food choices and eating behavior are
complex and multifactorial [1–4]. Seeking to comprehend the complexity and determinants of food
choices might help us understand and elucidate some of the underlying facets of the growing obesity
epidemic [5–7]. Several approaches have been applied to model food choices [2,3,8]. One of the most
widely used is the Theory of Planned Behavior (TBP), linking one’s attitudes and behavioral intentions
with one’s behavior. TBP functions as a cognitive model and theorizes that we make rational and
conscious decisions based on attitudes and intentions [1,3,5]. Yet, stronger attitudes are thought to
be more predictive of food choice than weaker, ambivalent attitudes [3,8]. Contrariwise, it has been
established that intuitive and subconscious decision-making also play important roles in food-related
behavior [4,9]. Often, researchers find inconsistencies or weak associations between intention and
actual eating behavior [5,10,11]. For instance, Weijzen et al. (2009) found that 24% of consumers with
a healthy snack choice intention actually chose an unhealthy snack instead, showing a discrepancy
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between intent and action [5]. Psychologist and Nobel Prize winner Daniel Kahneman differentiates
between two cognitive systems within decision-making. His groundbreaking two-system view is
characterized into a System 1 and a System 2. System 1 is characterized as intuitive, fast and automatic
thinking, whereas System 2 is characterized as reasoned, conscious and controlled thinking. It can
be said that in basic behavior like eating and drinking, intuitive thinking is a rule rather than an
exception [4,9,12]. Actual snack choices are often made impulsively, and maybe even instinctively
or unconsciously [13,14]. The realization that much decision making happens unintentionally leads
us to reconsider choice measures. More emphasis should be placed on research that shows real
behavioral effects, for instance observational studies of actual choices [4]. Measuring actual behavior
can be an advantage in food choice studies where the answers are found in people’s choice behaviors,
rather than measuring choice based on intention or “imaginary on paper”. This indeed favors more
observational and implicit approaches, which permits consumers to deal with food in a natural way,
and this behavioral research can be considered closer to real life.

In order to explain food choices, we as researchers seek to explore various factors that could
play important roles in eating behavior. Psychobiological perspectives highlight the relationship
between our appetite control system and food choices. Here, homeostatic processes such as hunger
and satiety sensations drive eating behavior, reflecting a need or motivation to eat or not to eat [15,16].
Non-homeostatic processes also influence food choices, for instance eating/choosing food for pleasure
or because of desires in order to achieve a hedonic reward [17–19]. Exploring subjective appetite
and diverse subjective sensations and their relationship to choice can provide essential insights
into intake behaviors [20,21]. The Merriam-Webster Dictionary defines a “sensation” as a “state of
consciousness due to internal bodily changes, e.g., a sensation of hunger” [22]. We therefore argue that
subjective sensations relate to one’s interoceptive state. “Interoception” is defined as our perception
of internal bodily signals, e.g., hunger, pain, heat, satiety, muscular and visceral sensations [23–26].
It is furthermore suggested that interoception is the basis for subjective feelings, sensations and
self-awareness, representing a subjective evaluation of “how I feel” [18,23]. With reference to this,
the study of subjective sensations might contribute important knowledge to the complex area of
understanding the diversity in determinants of food choices.

Research in the area of subjective appetite has moved towards a broader understanding of
the concept. It points towards employing a more diverse and holistic approach by which to
better understand human eating behavior [26–30]. Specifically, understanding how subjective
wellbeing relates to food can contribute to a better understanding of consumer choices [28,31].
Food-related wellbeing and quality of life can be significant additions when conducting consumer food
studies [26–28,32,33]. Researchers bring in multiple variables when assessing sensations in relation
to eating and health [30,34–36]. For instance, food studies have used variables such as psychological
wellbeing, nausea, physical wellbeing, desire for other foods, sensory specific desires, energy level,
sleepiness, relaxation and other subjective evaluations [30,35,37]. However, most of these studies do
not relate the sensations to subsequent food choices. Focusing on consumers’ subjective sensations
as determinants of food choice, therefore, offers a new basis upon which to predict food choice.
However, the importance and implications of subjective sensations relative to food choices have
scarcely been researched.

This research study thus seeks to unravel the complex area of determinants of food choice by
including subjective sensations as important consumer evaluations for food choice. The overall
objective of this study is to quantitatively measure consumers’ subjective sensations, and thereafter,
relate these subjective sensations to actual snack choices. Snack choice is assessed with a real, actual
choice, hereby applying an implicit behavioral measurement. We believe that this implicit observational
measure validates and represents an actual daily snack choice very well. Specifically, the study aims
to (1) quantify subjective temporal sensations such as energy, wellbeing, hunger, satiety and desires,
and (2) study the effects of subjective sensations on consumers’ choice of specific snacks. Our research
questions therefore include:
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1. What subjective temporal sensations contribute to snack choice?
2. Do other factors such as gender, time of day and health consciousness affect consumers’

snack choice?

2. Materials and Methods

2.1. Participants, Recruitment and Procedure

Participants (ntotal = 253) were recruited from the campus at University of Otago in Dunedin,
New Zealand. Participants included undergraduate and postgraduate students ranging from
18−30 years old. Inclusion criteria involved being above 18 years old and in general good health.
Exclusion criteria involved having any food allergies. Table 1 displays the characteristics from
the 253 participants. Recruitment occurred between 8 am and 4 pm on campus. Students were
approached in person and asked if they wanted to participate in a study about appetite sensations.
After agreeing to partake, participants were given instructions and handed an iPad to fill in the online
questionnaire. After completion of the questionnaire, the iPad was returned to the researcher, and the
participants were given the option to choose one snack from a selection of six types snack products.
The researchers registered all participants’ snack choices. All participants gave written consent prior to
the commencement of the study. University of Otago Human Ethics Committee approved this research
(19/018).

Table 1. Participant characteristics.

Characteristics

ntotal
Male/female
Age (years)
Weight (kg)
Height (cm)

BMI 1 (kg/m2)

253
98/155

20.5 ± 2.8 (18−30) *
71.0 ± 15.2 (45−125) *

172.0 ± 9.6 (150−195) *
23.9 ± 4.3 (15.9−45.9) *

* Mean ± standard deviation (range); 1 BMI = body mass index.

2.2. Questionnaire

The choice of sensation variables and the development of the questionnaire were based on
existing scientific literature on appetite and sensations, and were also adapted from Duerlund et al.
(2019) [26,29,30,36,38].

Sensation measurements were collected using a visual analogue line scale (VAS) via the
Compusense® Cloud software (Compusense Inc., Guelph, Ontario, Canada) in randomized order.
A continuous scale ranging from 0, i.e., “not at all” to 10, i.e., “very much”, was used to evaluate
each sensation. Subsequently, all participants filled out a demographics and psychographics section
including gender, age, weight, height, time since last food intake and health consciousness related
questions. Health consciousness was evaluated by asking participants the extent to which they agree
with the following two statements: “I choose food carefully to ensure good health” and “I think of
myself as a health-conscious consumer”, adapted by Squirel et al. (2001) and used also by other
researchers evaluating consumer health consciousness [39–41]. The responses were collected on a
seven point Likert scale ranging from “completely disagree” to completely agree”. Table 2 presents all
questionnaire variables including demographic and psychographic background questions.
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Table 2. Questionnaire variables.

Background Information Sensation Variables

Gender
Age

Height
Weight

Time since last intake
Health consciousness

Energy
Concentration

Sleepiness
Fullness
Hunger

Overall wellbeing

Physical wellbeing
Mental wellbeing

Desire-to-eat
Desire-to-snack

Sweet desire
Salty desire
Fatty desire

2.3. Snack Samples

A selection of six different snack products which are commercially available in New Zealand was
chosen for the study. All snacks were presented unpacked to avoid any brand knowledge related biases.
The six snacks were divided into two categories, with each representing a healthy and unhealthy
version of a sensory taste profile, sweet, salty or fatty (Table 3). The snacks were chosen based on two
criteria: Firstly, from interviews with New Zealand students about their perception of snack products
(‘What is a snack?’); and secondly, from screening the available snack products in supermarkets, both
through actual physical observation and online research of display and availability. Emphasis was
given to choosing snacks with similar levels of familiarity to New Zealand students, and for snacks
to reflect a similar price range, so as to avoid any biased choices based on expensive versus cheaper
options. To avoid any biases related to portion size, the snacks were presented in portions that were
visually comparable and regarded as a proper snack amount. Therefore, the portion size of the snacks
depended not on calorie content but on appearance.

Table 3. The six snacks used in the study divided into categories.

- Sweet Salty Fatty

Healthy Grapes Nuts Dark chocolate
Unhealthy Jelly beans Potato chips Cookies

2.4. Real Snack Choice

Participants were offered a snack of their own choice as a token of thanks for their participation.
The researcher noted the real snack choice as an implicit choice measure. The snacks were placed in
small containers to avoid the risk of poor hygiene contamination. All snacks were represented four
times in a display at all times, so that the snacks were always equally represented to allow choice
based on attractiveness rather than availability; see Figure 1. The display was consistently refilled and
randomized in an unstructured way to ensure that each participant always had the same amount of
choice options. An assistant was appointed to carry out this task with care.
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2.5. Data Analysis

Data on self-reported weight and height were used to calculate body mass index (BMI): weight
(kg)/(height (m))2. One-way analysis of variance (ANOVA) was performed for each sensation
(dependent variable) and all snack types (explanatory variable, six levels) to analyze significant snack
sample differences for each sensation. p-values ≤ 0.05 were considered statistically significant, and
a Tukey’s Honest Significant Differences (HSD) test was applied for pairwise comparisons between
the six snack types. Effect sizes were examined using Cohen’s d values [42]. A Principal Component
Analysis (PCA), including Pearson correlations, was undertaken to reveal the patterns of correlations
among the sensation variables. Binomial Logistic regression models were applied separately for each
snack choice response in order to examine the effect of the subjective sensation state on the specific
choice behavior. Subjective sensation variables functioned as the explanatory variables, and the snack
choice as the implicit binary response type (1/0, choice/no choice). Models were iteratively reduced in
case of nonsignificant effects to produce more stable models. ANOVA, PCA and logistic regression
models were carried out using XLSTAT by Addinsoft, version 2019.2. (XLSTAT, Long Island, NY,
USA) [43].

Subsequently, the data were organized into three separate data matrices: X (sensation measures),
Y (implicit choice measures) and Z (background data) in order to prepare for multivariate L-shaped
Partial Least Square Regression (L-PLSR) analysis, as described by Martens et al. (2001) and applied
by Giacalone et al. (2013) [44,45]. The X-matrix consisted of the significant subjective sensations as
columns and each snack sample as rows. The Y-matrix consisted of the implicit consumer snack choice
data (1/0, choice/no choice), with consumers as columns and snack samples as rows. The Z-matrix
consisted of the background data, with consumers as columns and background information as rows.
Data matrices X (sensations) and Z (background data) shared no dimensions but were connected via a
data matrix Y. L-PLSR was employed to find the latent variables modelling the covariance structure
between the three data matrices [46,47]. Prior to L-PLSR analysis, preliminary full cross-validated
two-block PLSR analyses using Martens’ uncertainty test were carried out to validate the variance and
significance of the different sets of variables [48]. The first preliminary PLSR model was performed with
X (sensation measures) and Y (implicit choice) containing the actual snack sample choice observations.
This two-block PLSR model was performed to reveal the sensations that were significant for explaining
snack choice, using a so-called discriminant Partial Least Square Regression (D-PLSR). The second
preliminary two-block PLSR model was performed on X (background data) and Y (implicit choice) to
reveal the significant explanatory background variables for snack choice. Thus, only specifically chosen
and significant variables were included in the L-PLSR analysis. All multivariate PLSR models (incl.
L-PLSR) were carried out using Unscrambler® X, version 10.5.1. (CAMO software, Oslo, Norway).

3. Results

3.1. Snack Choice Differences

Across the actual snack choices, grapes were chosen most frequently, i.e., by 36% of the participants
(n = 92). Jelly beans were chosen the least frequently, i.e., by 5% (n = 13). Potato chips and dark
chocolate were both chosen by 17% of the participants (n = 43 and 44), whereas nuts and cookies were
chosen by 16% (n = 39) and 9% (n = 22), respectively.

One-way ANOVA revealed that consumers’ levels of seven of the thirteen sensations were
significantly different for the snack choices: Hunger (p = 0.009), Physical wellbeing (p = 0.030),
Desire-to-eat (p = 0.023), Desire-to-snack (p = 0.001), Sweet desire (p < 0.0001), Fatty desire (p < 0.0001),
and Salty desire (p < 0.0001). Table 4 shows all the details from all sensation variables with least squares
means, standard deviations, p-values, F-values, and Tukey’s pairwise comparisons. Tukey’s (HSD)
pairwise comparison revealed significant differences between the specific snack samples. Specifically,
level of Hunger (p = 0.029, d = 0.5), Desire-to-eat (p = 0.011, d = 0.6), Desire-to-snack (p = 0.003, d =

0.7), Fatty desire (p < 0.0001, d = 1.1), and Salty desire (p < 0.0001, d = 0.9) were different between
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consumers choosing grapes compared to potato chips, with medium and large effect sizes [42,49]. Salty
desire level was also different between consumers choosing potato chips compared to dark chocolate
(p < 0.0001, d = 0.7), and fatty desire level was different between consumers choosing potato chips
compared to nuts (p = 0.009, d = 0.5). Sweet desire level was different between consumers choosing
potato chips compared to cookies (p = 0.011, d = 1.0), as well as compared to dark chocolate (p < 0.0001,
d = 1.1). Importantly, this ANOVA output does not disclose which sensations were explanatory for the
specific snack choice. This will be outlined via the binomial logistic regression analysis explained in
Section 3.3.

Table 4. Least squares means ± standard deviations (n = 253) from analysis of variance (ANOVA).

p-Value F Cookies Dark
Chocolate

Potato
Chips Nuts Jelly Beans Grapes

Energized 0.790 (ns) 0.48 4.69 ± 2.2 5.46 ± 2.2 5.11 ± 2.2 5.22 ± 1.9 4.85 ± 1.9 5.25 ± 2.2
Concentration 0.748 (ns) 0.54 5.44 ± 2.1 5.71 ± 2.0 5.30 ± 2.2 5.35 ± 1.9 6.05 ± 2.3 5.27 ± 2.2
Sleepy 0.674 (ns) 0.63 5.73 ± 2.6 4.90 ± 2.7 4.63 ± 2.6 4.53 ± 2.7 4.89 ± 2.9 4.92 ± 2.9
Fullness 0.062 (ns) 2.13 4.69 ± 2.3 4.89 ± 2.6 3.87 ± 2.7 3.99 ± 2.6 6.37 ± 2.9 4.56 ± 2.9
Hunger 0.009 3.14 4.66 ± 2.3 ab 4.49 ± 2.6 ab 5.96 ± 2.7 b 5.14 ± 2.9 ab 2.98 ± 2.6 a 4.35 ± 3.2 a

Overall Wellbeing 0.265 (ns) 1.30 6.15 ± 2.1 6.44 ± 1.8 6.33 ± 2.1 6.34 ± 1.9 5.27 ± 2.0 5.81 ± 2.1
Physical wellbeing 0.030 2.51 5.96 ± 2.0 ab 6.18 ± 2.0 ab 5.65 ± 2.3 ab 6.86 ± 2.0 b 5.22 ± 1.7 a 5.59 ± 2.2 ab

Mental wellbeing 0.163 (ns) 1.59 6.42 ± 1.5 6.25 ± 2.0 5.95 ± 2.1 6.26 ± 2.3 5.05 ± 2.4 5.52 ± 2.5
Desire to eat 0.023 2.65 6.10 ± 2.5 ab 5.57 ± 2.4 ab 6.58 ± 2.6b 5.66 ± 2.8 ab 4.92 ± 3.2 ab 4.80 ± 3.2 a

Desire to snack 0.001 4.08 6.56 ± 2.2 b 5.33 ± 2.5 ab 6.31 ± 2.6 b 5.17 ± 2.7 ab 5.58 ± 3.1 ab 4.44 ± 2.9 a

Sweet desire <0.0001 6.03 5.50 ± 2.4 bc 5.72 ± 2.7 c 3.16 ± 2.1 a 3.64 ± 2.3 ab 4.96 ± 3.4 abc 3.94 ± 2.9 ab

Fatty desire <0.0001 4.86 4.41 ± 2.1 ab 3.57 ± 2.7 ab 6.02 ± 2.8 b 4.62 ± 2.6 a 3.07 ± 2.6 ab 3.21 ± 2.5 a

Salty desire <0.0001 8.02 3.89 ± 2.5 ab 3.39 ± 2.3 a 4.98 ± 2.5 b 3.04 ± 2.5 ab 3.67 ± 3.2 a 2.75 ± 2.7 a

Means with different superscript (a,b,c) within a row differ significantly (Tukey p < 0.05); Degrees of freedom (5, 247);
ns = no significant difference; Data was collected on a continuous visual analogue scale (VAS) ranging from 0 to 10.

3.2. Patterns of Correlation for Sensations

PCA revealed patterns of correlation for consumers’ subjective sensations. A total of 61.72% of
the variance was explained in the first three factors. Factors 1, 2 and 3 explained 27.35%, 24.89% and
9.48% of the variance, respectively. The pattern of correlations of Factor 1 vs. Factor 2 (52.24% of
explained variance) and Factor 1 vs. Factor 3 (36.83% of explained variance) is presented in Figures 2
and 3, respectively. Results showed four main directions for subjective sensations. Factor 1 clearly
separated appetite-related sensations, and Factor 2 clearly separated more vitality- and energy-related
sensations, (Figure 2). Factor 3 was included because it revealed a different pattern than the first two
factors, namely that Sweet desire mainly explained the variance for the third factor, (Figure 3). Sweet
desire was hence not explained well in either Factor 1 or Factor 2, but rather in Factor 3. Sweet desire
was positively correlated with Desire-to-snack (r = 0.37, p < 0.0001), Desire-to-eat (r = 0.27, p < 0.0001),
and Sleepy (r = 0.14, p = 0.026).
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Figure 3. Patterns of correlations for all sensation variables from Principal Component Analysis (PCA)
displaying Factor 1 (27.35% explained variance) vs. Factor 3 (9.48% explained variance).

3.3. Sensations’ Effect on Choice

In order to examine the effect of subjective sensations on choice behavior, and thereby, to link
the specific snack choice to its explanatory sensations, we performed a binomial logistic regression
analysis. Figure 4 shows the significant effect of sensations on the two large choice groups: grapes
(chosen by 36% of the consumers) and potato chips (chosen by 17% of the consumer), by depicting
standardized coefficient values (COEF) including 95% confidence intervals (CI).
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Figure 4. Significant explanatory sensations for (a) grapes choice and (b) potato chips choice depicting
standardized coefficient values including 95% confidence intervals.

After iteratively reducing the model to increase its stability, we found that three sensations had
a significant negative effect for grape choice: Mental wellbeing (X2 = 3.818, COEF = −0.162, 95% CI
[−0.324, 0.00], p = 0.050), Desire-to-snack (X2 = 5.693, COEF = −0.210, 95% CI [−0.382, −0.037], p
= 0.017), and Salty desire (X2 = 8.002, COEF = −0.261, 95% CI [−0.441, −0.080], p = 0.005). Hence,
sensing Mental wellbeing, Desire-to-snack, or a high Salty desire caused consumers not to choose
grapes. Salty desire had the largest effect of the three sensations. No sensations positively drove grape
choice. We found that five of the subjective sensations had an effect on potato chips choice. Sensing
Overall wellbeing (X2 = 4.350, COEF = 0.312, 95% CI [0.019, 0.604], p = 0.037), Fatty desire (X2 = 11.383,
COEF = 0.385, 95% CI [0.161, 0.609], p = 0.001), or Salty desire (X2 = 12.394, COEF = 0.389, 95% CI
[0.173, 0.606], p < 0.0001) showed a positive effect on potato chips choice. On the other hand, sensing
Physical wellbeing (X2 = 5.823, COEF = −0.358, 95% CI [−0.649, −0.067], p = 0.016) or Sweet desire (X2

= 13.288, COEF = −0.460, 95% CI [−0.708, −0.213], p < 0.0001) had a negative effect on potato chips
choice. Hence, sensing Physical wellbeing or a high Sweet desire caused consumers not to choose
potato chips, whereas sensing Overall wellbeing, a high Fatty desire or a high Salty desire caused
consumers to choose potato chips. The three desires, i.e., Sweet, Fatty, and Salty, had the largest effects.
Table 5 shows the details for all the snack choices as well their significant explanatory sensations with
either a positive or a negative effect given by the standardized coefficient value (COEF).
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Table 5. The effect of subjective sensations on each snack choice including significant p-values and positive/negative coefficient values (COEF) from binomial logistic
regression models.

- Grapes Jelly Beans Nuts Potato Chips Dark Chocolate Cookies
- Pr > X2 COEF Pr > X2 COEF Pr > X2 COEF Pr > X2 COEF Pr > X2 COEF Pr > X2 COEF

Energized - - - - - - - - - - - -
Concentration - - 0.038 * 0.371 - - - - - - - -

Sleepy - - - - - - - - - - - -
Fullness - - - - - - - - - - - -
Hunger - - 0.005 ** -0.604 - - - - - - - -
Overall

Wellbeing - - 0.012 * −0.459 - - 0.037 * 0.312 - - - -

Physical
wellbeing - - - - 0.003 ** 0.312 0.016 * −0.358 - - - -

Mental
wellbeing 0.050 * −0.162 - - - - - - - - - -

Desire to eat - - - - - - - - - - - -
Desire to snack 0.017 * −0.210 0.019 * −0.440 - - - - - - 0.022 * 0.282

Sweet desire - - - - - - 0.000 *** −0.460 0.000 *** 0.347 - -
Salty desire 0.005 ** −0.261 - - - - 0.000 *** 0.389 - - - -
Fatty desire - - - - - - 0.001 *** 0.385 - - - -

The ‘−’ denotes non-significant variables removed from the model to produce a more stable model; COEF = standardized coefficient value: negative or positive effect on snack choice; * p ≤
0.05, ** p < 0.01, *** p < 0.0001; X2 = Chi-square.
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3.4. Overall Structure by L-PLSR

The overall structure and relationship between subjective sensations, background variables and
real snack choice were provided by the L-PLSR analysis. The preliminary full cross-validated two-block
PLSR models revealed which variables were retained for the L-PLSR. Consequently, significant
sensation variables were Salty desire, Fatty desire, and Desire-to-eat. Significant background variables
were Health consciousness, gender female and gender male. The remaining non-significant variables
were thus omitted from the L-PLSR analysis. Figure 5 shows the correlation loadings plot from L-PLSR,
which visually summarizes the systematic covariation from the multiblock analysis. It illustrates
the interrelationships of consumer snack choices (Y) explained by both subjective sensations (X) and
background information (Z). Interpreting the plot in Figure 5, we see that consumers’ real choices
(•), as expected, are represented together with the snack samples given the nature of a choice or
no-choice design (1/0 binary response). The consumers are thus grouped together for one snack choice.
The results further show that both subjective sensations (•) and background information (•) bring
important knowledge to the overall picture, and thus provide explanations for real snack choices.
Factor 1 is explained by Health consciousness, depicted to the left in the plot, as well as desire sensations
(Salty, fatty, Desire-to-eat), depicted to the right in the plot. Factor 2 is mainly explained by gender,
with Females placed in the upper part of the plot and Males in the lower part. Clustering variables
around choice, we observe that the choice of grapes was mainly explained by Health consciousness
and gender Female. No sensations positively correlate and explain the choice of grapes. Around the
upper left quadrant, we also see a cluster including the three presumed healthy snack options, i.e.,
grapes, dark chocolate, and nuts. In contrast, we see that the desire sensations and gender Male explain
and cluster around the more unhealthy snack options, especially potato chips and partly cookies. Data
matrix X explained in total 96% of the variance in the L-PLSR analysis, compared to data matrix Z,
with 100% explained variance, and data matrix Y with 1.0% explained variance. This makes sense,
considering that both the X- and Z-matrices bring new information to explain the choice and include
quantitative variables that show variation amongst consumers, whereas the Y-matrix is a dummy
matrix with binary variables that essentially indicates snack choice.
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8%, Y: 0.4%, Z: 25%). Variables not explanatory for choice were omitted through preliminary full
cross-validated two-block PLS regression analyses.
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4. Discussion

4.1. Main Effects of Desires on Snack Choice

In relation to our first research question, i.e., which subjective temporal sensations contribute to
snack choice, we found that subjective desires contribute the most, both positively and negatively.
The results showed that especially consumers’ sensory specific desires (Salty, Fatty, Sweet desire)
discriminated between the snack choices and also had the greatest effects in general. The theory
behind Sensory Specific Desires (SSD) can be described as a general desire for certain tastes (e.g., sweet,
salty, or fatty foods) and an intrinsic motivation to eat a food that contains that characteristic [19,50].
Both Salty and Fatty desires were explanatory for consumers’ choice of potato chips. Making a choice
based on desires might be in line with the previously described impulsive decision-making [4,9,12].
For instance, Honkanen et al. (2012) found that impulsive snacking was characterized by the tendency
to buy snacks without thinking [13,14]. This could perhaps reflect a behavior driven by an internal
desire. Salty and Fatty desires also showed overall very high positive correlation with each other, as
well as with Hunger. It is suggested that desires for specific sensory stimuli may be related to hedonic
hunger, and function as a new and different dimension of appetite [26,36,51,52]. Hedonic hunger is
driven by the need for pleasure rather than for nutrients, which is the case for homeostatic hunger [51].
We believe that in this research study, consumers’ desires (Salty, Fatty desire, and Desire-to-snack) and,
thereby, hedonic hunger, drove choices, especially for the pleasurable hedonic snack choices such as
potato chips and cookies, adding importance to non-homeostatic factors for actual snack choice.

Yet, Sweet desire seemed to not be related to the other desires, nor to Hunger nor Fullness,
but revealed a different pattern than the other desire sensations, as illustrated in Figure 3. Sweet
desire, hence, seemed to be disconnected from general appetite-related sensations. Sweet desire
was not predictive of any of the presumed sweet snacks either, but instead, had a positive effect on
dark chocolate choice and a negative effect on potato chips choice. Harington et al. (2016) suggest
that our desire for sweet foods is partially disconnected from our appetite, hypothesizing a “dessert
mentality” [53]. This could mean that there is always room for something sweet, regardless of other
appetite sensations [26,52]. Harington et al. (2016) found that the desire for sweet was maintained
for their whole study period of three hours, after eating two slices of bread, whereas participants’
desire for salty, fatty and savory decreased [53]. This suggests a disconnect of sweet desire from
the other desires as well, which is in line with the results in this research study. Thus, including
desires when studying food choice and eating behavior in general is highly relevant and provides
valuable information. Sensory specific desires were revealed to be important determinants for actual
snack choice. However, Sweet desire appeared to have its own agenda and showed different patterns.
More detailed knowledge about the disconnect of Sweet desire from appetite and other desires is
therefore needed.

4.2. Health Consciousness and Females as Explanatory for Healthy Snack Choice

Multivariate analyses revealed that not only consumers’ subjective sensation state or only
consumers’ background information data explained snack choice. Both subjective sensations and
background data brought important knowledge to the overall picture. This underlines that we live
in a multifaceted world, and that the processes around food choice are complex [3,4]. For this snack
study, and in relation to our second research question, Health consciousness was a driving factor
for healthy choices, especially grapes. The three presumed healthy snack options in this study, i.e.,
grapes, nuts and dark chocolate, were mainly explained by gender Female and Health consciousness,
whereas male consumers more frequently chose the unhealthy snacks. These results add to plentiful
research showing that gender and health consciousness are linked to healthy eating, and that health
consciousness itself is a substantial driver of healthy eating in general [5,14,41,54–57]. Consumers with
high health consciousness tend to engage in behavior that improves their health as, well as follow
health and dietary recommendations [41,58–60]. Additionally, according to Honkanen et al. (2012),
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reflective or deliberate snacking behavior (as opposed to impulsive) was characterized by an attitude
towards unhealthy snacking, and furthermore strengthened by a strong food related self-control [14].
Her and Seo (2017) investigated the role of health-consciousness on the intention to order desserts,
finding that highly health-conscious consumers reliably showed low intention [54]. Hartman et al.
(2012) examined the associations between snack frequency and healthy versus unhealthy food choices
in order to identify underlying patterns. They found that high frequency snacking happened in the
context of both healthy and unhealthy lifestyle patterns. However, the unhealthy snacking consumer
segments were less health conscious than the healthy snacking segments [61]. Moreover, they found
that women chose fruit snacks and made healthier choices than men, while men more often chose
unhealthy snacks such as sweets and savories [61]. Amongst adolescent consumers, Mielby et al. (2012),
also found that boys chose baked savory and sweet snacks, whereas girls chose fruit snacks such as
grapes more often [62]. Consumers in this study were between 18 and 30 years old and revealed similar
tendencies. This raises the question of why female consumers choose more healthy snacks in general.
Weijzen et al. (2009) found that the aforementioned discrepancy between intention and actual choice
was less evident amongst female participants, and that females had a healthy snacking habit as well as
strong self-control [5]. Hartman et al. (2012) found that the consumer segment with high frequency
healthy snacking habits consisted mainly of females reporting high levels of health consciousness, as
well as regular breakfast consumption and low consumption of alcohol in general [61]. Leaning on
these findings, we might reason that health-conscious and high self-control females, more often than
male consumers, do not follow their immediate desires, but tend to follow a more reflective choice
pattern when choosing snacks. The results from this study could also be reflected in this reasoning and
support the consistency between health attitudes, intention and actual choice behavior.

4.3. Differences in Subjective Wellbeing Sensations

For the included wellbeing sensations, i.e., Overall, Mental and Physical wellbeing, we observed
that all three parameters were important and showed significant effects on snack choice, but in different
ways. Overall, wellbeing and Physical wellbeing revealed opposite effects for potato chips choice,
showing that high Overall wellbeing positively drove that choice, whereas high Physical wellbeing
caused consumers not to choose potato chips. Furthermore, consumers that rated high Mental wellbeing
showed a negative effect on grape choice. So, even though the three wellbeing sensations showed high
positive correlations to each other independently of snack choice (Figure 2), it seems that consumers do
distinguish (perhaps subconsciously) between these three sensations before choosing a snack, and that
the three wellbeing sensations each bring important knowledge to the overall picture. Food-related
wellbeing has gained a lot of interest in recent years [26,27,32,34,36,37,63], but its multifaceted nature
proves very difficult to define and conceptualize [28,64,65]. Consequently, there is no one universal way
of defining or measuring wellbeing; King et al. (2015) suggest that it includes five dimensions, namely
physical, emotional, social, intellectual and spiritual, as encompassed in their developed WellSense
Profile™ [34]. Wellbeing in food-related contexts has shown strong associations with physical health
when eliciting consumer associations with wellbeing [31,33]. Andersen and Hyldig (2015) also found
qualitative evidence that physical wellbeing functions as an important element in food satisfaction [35].
Food-related wellbeing is furthermore recognized as a comprehensive holistic concept that goes beyond
just physical health [27,28], and is additionally associated with sensations such as calmness, happiness,
satisfaction, joy and general positive emotions [26,33,66]. Psychological wellbeing was also found to
be explanatory for food satisfaction in a study by Andersen et al. (2017) [38].

Regular healthy eating results in better wellbeing. Foods that are recognized as positive for
wellbeing include fruits, vegetables, grains and dairy products, whereas foods high in fat, salt and
sugar are perceived to be negative for one’s wellbeing [33,67]. This applies to the effect of food on
wellbeing, but the direct effect of subjective wellbeing for healthy food choices is less clear. Gardner et
al. (2014) found that mood influences the choice between healthy and indulgent foods, with positive
mood leading to a preference for healthy foods and negative mood leading to a preference for indulgent
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foods [68]. Somewhat controversially, we found that Overall wellbeing had a positive effect for the
presumed unhealthy potato chips snack choice, a snack which is high in salt and fat. Could this mean
that if you feel general overall wellbeing, then you choose your snacks based on your desires and
not your health attitudes? These findings add to the significance, importance and applicability of
evaluating subjective wellbeing in consumer research. Exploring food-related wellbeing can help
to clarify some of the factors influencing our food choices, and perhaps try to unravel the complex
implications for choice, intake and eating behaviors overall [4,28].

4.4. Sleepiness Versus Energy

The vitality- and energy-related sensations such as Sleepy, Energized and Concentration did
not have any significant effects on the actual snack choice behavior in this study. Thus, in this study
and in relation to the first question, these subjective sensations were not important or contributed to
actual snack choice. Nonetheless, independently of snack choice measures, we observed that these
sensations functioned almost as opposites in consumer perceptions (Figure 2), with Sleepy being
significantly negatively correlated to Energized and Concentration. In a previous study done by the
authors [36], we observed that sleepiness and energized displayed almost opposite dynamic curves
after the consumption of a breakfast meal, with an immediate decrease in sleepiness and an immediate
increase in energized, suggesting that feeling energized and sleepy function as two opposites of
one pole [36]. Energy level was demonstrated to be an important factor in driving consumers’ food
satisfaction in a study by Andersen et al. (2017). They did not measure sleepiness, but found energy to
be negatively correlated to nausea [38]. Energy sensations have been found to include both positive
sensations such as concentration and feeling alert, but also more negative sensations such as a lack
of focus, heaviness and sleepiness [26]. Boelsma et al. (2010) applied and concluded a measure of
overall postprandial wellness, which included both pleasantness of sleepiness, physical energy, mental
alertness, hunger and fullness. They thus explained these variables in a common underlying factor [30].
With regard to energy and sleepiness, research suggests a term called “post-lunch sleepiness” or a
“post-lunch dip” in energy. It occurs, accordingly, after having lunch, and is a distinctive urge for
sleep in the early afternoon [26,69–71]. According to Monk (2005), this “post-lunch-dip” in energy can
occur even without having eaten lunch, or without being aware of the time of day [71]. In the present
study, we did not serve any food to the participants prior to the subjective sensation measurements,
nor did we allocate the data collection to a specific time of day. Taking the above into consideration,
researching consumers’ energy levels in relation to food choices has several applications, including
whether eating food influences the sensation of, e.g., sleepiness or energy, or whether these vitality-
and energy-related sensations influence the next meal intake or even longer-term food choices. In this
study, these sensations did not affect snack choice. Perhaps, if the study had extended data collection
to the evening, these sensations would have shown significant effects on snack choice. The applications
require more research for elaboration and new knowledge creation.

4.5. Research Contribution and Future Perspectives

The present results contribute to the multicomplex area of understanding determinants of food
choices and eating behaviors. With this study, we add new knowledge about effects of subjective
temporal sensations on actual snack choice. The contribution of the different sensations to snack choice
is imperative, and helps to unravel and understand some aspects of snack eating behavior.

While this research study focused on snack choice, future studies should extend the investigation of
the effect of subjective sensations on main meals and general food intake. The importance of subjective
sensations in relation to predictions of longer-term food intake is, to date, unstudied. Therefore,
additional and longer-term research is necessary to support our findings and to gain more in-depth
knowledge about the importance of subjective sensations and their relevance to food choice behavior
over time. Furthermore, researching subjective sensations with other and more diverse approaches such
as including more implicit and indirect measures for both homeostatic and non-homeostatic sensations
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could add to the validation and application of predicting food choices. This entails interdisciplinary
research, involving research areas such as psychology, neuroscience, human nutrition, biology and
physiology. This could provide further insights into (over) eating, and have an impact in broader
contexts with implications for public health issues and obesity.

4.6. Limitations

In the present study, the six snacks were divided into categories each representing a healthy and
unhealthy version of a sensory taste profile, being sweet, salty, or fatty. It is important to consider
that these categories might be a matter of interpretation, and that consumers might distinguish other
sensory profiles than those that we categorized. For instance, we saw that Sweet desire showed an
effect on dark chocolate, and that Fatty desire showed an effect on potato chips. Cookies represented
an overall higher mean Sweet desire amongst participants than did the Fatty desire. Nuts represented
an overall higher mean Salty desire than Fatty desire. These sensations do not necessarily describe the
snacks by sensory attributes, but might be an indicator as to how consumers perceive them, given
that desires were explanatory for specific snack choices. Furthermore, some consumers consider dark
chocolates or nuts as healthy or unhealthy, or perhaps regard potato chips as overlapping in both
fatty and salty. Other examples of researchers categorizing choices in consumer food studies include
Muñoz-Vilches et al. (2019) [72], who used the concepts of vice and virtue products, characterized
into hedonic or utilitarian categories using crisps and green smoothies as choice options. Her and Seo
(2017) [54] categorized cake, cookie and ice cream as unhealthy as their excessive caloric value can
lead to aversive health consequences. Hence, we see diverse categorizations, and for this reason, one
should avoid making firm interpretations based only on category definitions.

Another aspect to consider when interpreting the results is the possibility that the choice outcome
could be affected by the consumer’s own answers, e.g., “I answered high salty desire, therefore I
should choose potato chips”. Moreover, the consumer group that chose jelly beans was the smallest
of all, comprising only 5%. Therefore, any strong conclusions should not be drawn as to the effects
for the choice of jelly beans. Furthermore, it is important to consider the nature and composition of
the participants. All participants were relatively young adults associated with the university, whose
choice behavior may differ from that of the general population. Therefore, more confirmatory studies
are necessary with differing population groups in order to generalize the results from this study.

5. Conclusions

This research study provided new knowledge about the effects of subjective sensations on actual
snack choice. We explored subjective sensations related to appetite sensations, such as hunger and
fullness, but also focused on non-homeostatic subjective sensations such as desires, wellbeing and
energy sensations. Sweet desire seemed to be a unique sensation not related to appetite nor other desire
sensations. The results demonstrated that especially sensory specific desire sensations (Salty, Fatty and
Sweet desire) affected, either positively or negatively, snack choice. Furthermore, wellbeing sensations
(Overall, Mental, and Physical wellbeing) also showed significant effects on snack choice, each in
different ways, with Physical wellbeing contributing positively to the choice of nuts and negatively
to the choice of potato chips. The vitality- and energy-related sensations such as Sleepy, Energized
and Concentration did not affect snack choice. Additionally, we found that both subjective temporal
sensations and background factors brought important knowledge to the overall picture. Gender and
Health consciousness drove snack choice as well, with health-conscious females choosing the presumed
healthy snacks and males choosing the presumed unhealthy snacks.

Importantly, this study indicates the applicability of subjective sensations in food choice research
that focus on diverse determinants. Notably, including desires and wellbeing sensations elucidates
important knowledge. The contribution of the different sensations to food choice is thus imperative,
and helps to unravel and understand some aspects of snack eating behavior. This could provide further
insights into (over)eating, and have implications for public health issues such as unhealthy snacking
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and obesity. Future perspectives include interdisciplinary research involving implicit approaches to
predict choice behavior over time.
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Đorđević, J.M., Stojanović, Ž., Eds.; Springer: Dordrecht, The Netherlands, 2013; pp. 15–26.

4. Köster, E.P. Diversity in the Determinants of Food Choice: A Psychological Perspective. Food Qual. Prefer.
2009, 20, 70–82. [CrossRef]

5. Weijzen, P.L.G.; de Graaf, C.; Dijksterhuis, G.B. Predictors of the Consistency between Healthy Snack Choice
Intentions and Actual Behaviour. Food Qual. Prefer. 2009, 20, 110–119. [CrossRef]

6. Butland, B.; Jebb, S.; Kopelman, P.; McPherson, K.; Thomas, S.; Mardell, J.; Parry, V. Foresight–Tackling
Obesities: Future Choices—Project Report; Government Office for Science: London, UK, 2007.

7. World Health Organization (WHO). European Food and Nutrition Action Plan 2015–2020; WHO Regional Office
for Europe: Copenhagen, Denmark, 2015.

8. Conner, M.; Armitage, C. Social Psychological Models of Food Choice. In The Psychology of Food Choice;
Shepherd, R., Raats, M., Eds.; Open University Press: Wallingford, UK, 2006; pp. 41–58.

9. Kahneman, D. A Perspective on Judgment and Choice: Mapping Bounded Rationality. Am. Psychol. 2003,
58, 697–720. [CrossRef]

10. Fila, S.; Smith, C. Applying the Theory of Planned Behavior to Healthy Eating Behaviors in Urban Native
American Youth. Int. J. Behav. Nutr. Phys. Act. 2006, 3, 11–20. [CrossRef] [PubMed]

11. Cahayadi, J.; Geng, X.; Mirosa, M.; Peng, M. Expectancy versus Experience—Comparing Portion-Size-Effect
during Pre-Meal Planning and Actual Intake. Appetite 2019, 135, 108–114. [CrossRef] [PubMed]

12. Kahneman, D. Thinking, Fast and Slow; Farrar, Straus and Giroux: New York, NY, USA, 2011.
13. Wansink, B.; Sobal, J. Mindless Eating: The 200 Daily Food Decisions We Overlook. Environ. Behav. 2007, 39,

106–123. [CrossRef]
14. Honkanen, P.; Olsen, S.O.; Verplanken, B.; Tuu, H.H. Reflective and Impulsive Influences on Unhealthy

Snacking. The Moderating Effects of Food Related Self-Control. Appetite 2012, 58, 616–622. [CrossRef]
15. Yeomans, M.R. Psychobiological Mechanisms in Food Choice. In Consumer-lLd Food Product Development;

MacFie, H., Ed.; Woodhead Publishing: Boca Raton, FL, USA, 2007; pp. 81–107.
16. Rogers, P.J.; Blundell, J.E. Psychobiological Bases of Food Choice. BNF Nutr. Bull. 1990, 15, 31–40.
17. Rogers, P.J.; Hardman, C.A. Food Reward. What It Is and How to Measure It. Appetite 2015, 90, 1–15.

[CrossRef]
18. Møller, P. Satisfaction, Satiation and Food Behaviour. Curr. Opin. Food Sci. 2015, 3, 59–64. [CrossRef]
19. Olsen, A.; Ritz, C.; Hartvig, D.L.; Møller, P. Comparison of Sensory Specific Satiety and Sensory Specific

Desires to Eat in Children and Adults. Appetite 2011, 57, 6–13. [CrossRef] [PubMed]
20. Yeomans, M.R. Measuring Appetite and Food Intake. In Methods in Consumer Research. Alternative Approaches

and Special Applications; Ares, G., Varela, P., Eds.; Woodhead Publishing: Sawston, UK, 2018; Volume 2,
pp. 119–149.

http://dx.doi.org/10.1006/appe.1996.0019
http://dx.doi.org/10.1016/j.foodqual.2007.11.002
http://dx.doi.org/10.1016/j.foodqual.2007.05.007
http://dx.doi.org/10.1037/0003-066X.58.9.697
http://dx.doi.org/10.1186/1479-5868-3-11
http://www.ncbi.nlm.nih.gov/pubmed/16734903
http://dx.doi.org/10.1016/j.appet.2019.01.012
http://www.ncbi.nlm.nih.gov/pubmed/30639843
http://dx.doi.org/10.1177/0013916506295573
http://dx.doi.org/10.1016/j.appet.2011.11.019
http://dx.doi.org/10.1016/j.appet.2015.02.032
http://dx.doi.org/10.1016/j.cofs.2015.02.008
http://dx.doi.org/10.1016/j.appet.2011.03.009
http://www.ncbi.nlm.nih.gov/pubmed/21477632


Foods 2020, 9, 336 16 of 18

21. Blundell, J.; Bellisle, F. Satiation, Satiety and the Control of Food Intake: Theory and Practice; Blundell, J., France, B.,
Eds.; Woodhead Publishing Limited: Cambridge, UK, 2013.

22. Merriam-Webster. Sensation. Available online: https://www.merriam-webster.com/dictionary/sensation
(accessed on 30 October 2019).

23. Craig, A.D. How Do You Feel? Interoception: The Sense of the Physiological Condition of the Body. Nat.
Rev. Neurosci. 2002, 655–666. [CrossRef] [PubMed]

24. Simmons, W.K.; DeVille, D.C. Interoceptive Contributions to Healthy Eating and Obesity. Psychology 2017,
17, 106–112. [CrossRef] [PubMed]

25. Stevenson, R.J.; Mahmut, M.; Rooney, K. Individual Differences in the Interoceptive States of Hunger, Fullness
and Thirst. Appetite 2015, 95, 44–57. [CrossRef] [PubMed]

26. Duerlund, M.; Andersen, B.V.; Grønbeck, M.S.; Byrne, D.V. Consumer Reflections on Post-Ingestive Sensations.
A Qualitative Approach by Means of Focus Group Interviews. Appetite 2019, 142. [CrossRef]

27. Meiselman, H.L. Quality of Life, Well-Being and Wellness: Measuring Subjective Health for Foods and Other
Products. Food Qual. Prefer. 2016, 54, 101–109. [CrossRef]

28. McMahon, A.-T.; Williams, P.; Tapsell, L. Reviewing the Meanings of Wellbeing and Wellness and Their
Implications for Food Choice. Public Health 2010, 130, 282–286. [CrossRef]

29. Karalus, M.; Vickers, Z. Satiation and Satiety Sensations Produced by Eating Oatmeal vs. Oranges. A
Comparison of Different Scales. Appetite 2016, 99, 168–176. [CrossRef]

30. Boelsma, E.; Brink, E.J.; Stafleu, A.; Hendriks, H.F.J. Measures of Postprandial Wellness after Single Intake of
Two Protein-Carbohydrate Meals. Appetite 2010, 54, 456–464. [CrossRef]

31. Ares, G.; De Saldamando, L.; Giménez, A.; Deliza, R. Food and Wellbeing. Towards a Consumer-Based
Approach. Appetite 2014, 74, 61–69. [CrossRef] [PubMed]

32. Ares, G.; Giménez, A.; Vidal, L.; Zhou, Y.; Krystallis, A.; Tsalis, G.; Symoneaux, R.; Cunha, L.M.; de
Moura, A.P.; Claret, A.; et al. Do We All Perceive Food-Related Wellbeing in the Same Way? Results from an
Exploratory Cross-Cultural Study. Food Qual. Prefer. 2016, 52, 62–73. [CrossRef]

33. Ares, G.; de Saldamando, L.; Giménez, A.; Claret, A.; Cunha, L.M.; Guerrero, L.; de Moura, A.P.;
Oliveira, D.C.R.; Symoneaux, R.; Deliza, R. Consumers’ Associations with Wellbeing in a Food-Related
Context: A Cross-Cultural Study. Food Qual. Prefer. 2015, 40, 304–315. [CrossRef]

34. King, S.C.; Snow, J.; Meiselman, H.L.; Sainsbury, J.; Carr, B.T.; McCafferty, D.; Serrano, D.; Gillette, M.;
Millard, L.; Li, Q. Development of a Questionnaire to Measure Consumer Wellness Associated with Foods:
The WellSense ProfileTM. Food Qual. Prefer. 2015, 39, 82–94. [CrossRef]

35. Andersen, B.V.; Hyldig, G. Food Satisfaction: Integrating Feelings before, during and after Food Intake. Food
Qual. Prefer. 2015, 43, 126–134. [CrossRef]

36. Duerlund, M.; Andersen, B.V.; Byrne, D.V. Dynamic Changes in Post-Ingestive Sensations after Consumption
of a Breakfast Meal High in Protein or Carbohydrate. Foods 2019, 8, 413. [CrossRef]

37. Andersen, B.V.; Byrne, D.V.; Bredie, W.L.P.; Møller, P. Cayenne Pepper in a Meal: Effect of Oral Heat on
Feelings of Appetite, Sensory Specific Desires and Well-Being. Food Qual. Prefer. 2017, 60, 1–8. [CrossRef]

38. Andersen, B.V.; Mielby, L.H.; Viemose, I.; Bredie, W.L.P.; Hyldig, G. Integration of the Sensory Experience
and Post-Ingestive Measures for Understanding Food Satisfaction. A Case Study on Sucrose Replacement by
Stevia Rebaudiana and Addition of Beta Glucan in Fruit Drinks. Food Qual. Prefer. 2017, 58, 76–84. [CrossRef]

39. Squires, L.; Bettina Cornwell, T.; Juric, B. Level of Market Development and Intensity of Organic Food
Consumption: Cross-cultural Study of Danish and New Zealand Consumers. J. Consum. Mark. 2011, 18,
392–409. [CrossRef]

40. Tarkiainen, A.; Sundqvist, S. Subjective Norms, Attitudes and Intentions of Finnish Consumers in Buying
Organic Food. Br. Food J. 2005, 107, 808–822. [CrossRef]

41. Shin, J.; Mattila, A.S. When Organic Food Choices Shape Subsequent Food Choices: The Interplay of Gender
and Health Consciousness. Int. J. Hosp. Manag. 2019, 76, 94–101. [CrossRef]

42. Cohen, J. Statistical Power Analysis for the Behavioral Sciences, 2nd ed.; Lawrence Erlbaum Associates: New
York, NY, USA, 1988.

43. Addinsoft. XLSTAT Statistical and Data Analysis Solution; Addinsoft: Long Island, NY, USA, 2019.
44. Martens, H.; Anderssen, E.; Flatberg, A.; Gidskehaug, L.H.; Høy, M.; Westad, F.; Thybo, A.; Martens, M.

Regression of a Data Matrix on Descriptors of Both Its Rows and of Its Columns via Latent Variables: L-PLSR.
Comput. Stat. Data Anal. 2005, 48, 103–123. [CrossRef]

https://www.merriam-webster.com/dictionary/sensation
http://dx.doi.org/10.1038/nrn894
http://www.ncbi.nlm.nih.gov/pubmed/12154366
http://dx.doi.org/10.1016/j.copsyc.2017.07.001
http://www.ncbi.nlm.nih.gov/pubmed/28950955
http://dx.doi.org/10.1016/j.appet.2015.06.008
http://www.ncbi.nlm.nih.gov/pubmed/26119812
http://dx.doi.org/10.1016/j.appet.2019.104350
http://dx.doi.org/10.1016/j.foodqual.2016.05.009
http://dx.doi.org/10.1177/1757913910384046
http://dx.doi.org/10.1016/j.appet.2016.01.012
http://dx.doi.org/10.1016/j.appet.2009.12.014
http://dx.doi.org/10.1016/j.appet.2013.11.017
http://www.ncbi.nlm.nih.gov/pubmed/24295927
http://dx.doi.org/10.1016/j.foodqual.2016.03.014
http://dx.doi.org/10.1016/j.foodqual.2014.06.001
http://dx.doi.org/10.1016/j.foodqual.2014.06.003
http://dx.doi.org/10.1016/j.foodqual.2015.03.004
http://dx.doi.org/10.3390/foods8090413
http://dx.doi.org/10.1016/j.foodqual.2017.03.007
http://dx.doi.org/10.1016/j.foodqual.2017.01.005
http://dx.doi.org/10.1108/07363760110398754
http://dx.doi.org/10.1108/00070700510629760
http://dx.doi.org/10.1016/j.ijhm.2018.04.008
http://dx.doi.org/10.1016/j.csda.2003.10.004


Foods 2020, 9, 336 17 of 18

45. Giacalone, D.; Bredie, W.L.P.; Frøst, M.B. “All-In-One Test”(AI1): A Rapid and Easily Applicable Approach
to Consumer Product Testing. Food Qual. Prefer. 2013, 27, 108–119. [CrossRef]

46. Sæbø, S.; Almøy, T.; Flatberg, A.; Aastveit, A.H.; Martens, H. LPLS-Regression: A Method for Prediction and
Classification under the Influence of Background Information on Predictor Variables. Chemom. Intell. Lab.
Syst. 2008, 91, 121–132. [CrossRef]

47. Martens, H.; Martens, M. Multivariate Analysis of Quality. An Introduction; John Wiley & Sons Ltd.: Chichester,
UK, 2001.

48. Martens, H.; Martens, M. Modified Jack-Knife Estimation of Parameter Uncertainty in Bilinear Modelling by
Partial Least Squares Regression (PLSR). Food Qual. Prefer. 2000, 11, 5–16. [CrossRef]

49. Sawilowsky, S.S. New Effect Size Rules of Thumb. J. Mod. Appl. Stat. Methods 2009, 8, 597–599. [CrossRef]
50. Mela, D.J. Eating for Pleasure or Just Wanting to Eat? Reconsidering Sensory Hedonic Responses as a Driver

of Obesity. Appetite 2006, 47, 10–17. [CrossRef]
51. Lowe, M.R.; Butryn, M.L. Hedonic Hunger: A New Dimension of Appetite? Physiol. Behav. 2007, 91, 432–439.

[CrossRef]
52. Murray, M.; Vickers, Z. Consumer Views of Hunger and Fullness. A Qualitative Approach. Appetite 2009, 53,

174–182. [CrossRef]
53. Harington, K.; Smeele, R.; Van Loon, F.; Yuan, J.; Haszard, J.J.; Drewer, A.; Venn, B.J. Desire for Sweet Taste

Unchanged After Eating: Evidence of a Dessert Mentality? J. Am. Coll. Nutr. 2016, 35, 581–586. [CrossRef]
54. Her, E.S.; Seo, S. Health Halo Effects in Sequential Food Consumption: The Moderating Roles of

Health-Consciousness and Attribute Framing. Int. J. Hosp. Manag. 2017, 62, 1–10. [CrossRef]
55. Apaolaza, V.; Hartmann, P.; D’Souza, C.; López, C.M. Eat Organic—Feel Good? The Relationship between

Organic Food Consumption, Health Concern and Subjective Wellbeing. Food Qual. Prefer. 2018, 63, 51–62.
[CrossRef]

56. Jeong, E.H.; Shawn Jang, S.C. Healthy Menu Promotions: A Match between Dining Value and Temporal
Distance. Int. J. Hosp. Manag. 2015, 45, 1–13. [CrossRef]

57. Lee, K.; Conklin, M.; Cranage, D.A.; Lee, S. The Role of Perceived Corporate Social Responsibility on
Providing Healthful Foods and Nutrition Information with Health-Consciousness as a Moderator. Int. J.
Hosp. Manag. 2014, 37, 29–37. [CrossRef]

58. Kraft, F.B.; Goodell, P. Identifying the Health Conscious Consumer. J. Health Care Mark. 1993, 13, 18–25.
59. Wardle, J.; Steptoe, A. Socioeconomic Differences in Attitudes and Beliefs about Healthy Lifestyles. J.

Epidemiol. Community Health 2003, 57, 440–443. [CrossRef]
60. Zizza, C.A. Healthy Snacking Recommendations: One Size Does Not Fit All. Physiol. Behav. 2014, 134, 32–37.

[CrossRef]
61. Hartmann, C.; Siegrist, M.; Van Der Horst, K. Snack Frequency: Associations with Healthy and Unhealthy

Food Choices. Public Health Nutr. 2013, 16, 1487–1496. [CrossRef]
62. Mielby, L.H.; Edelenbos, M.; Thybo, A.K. Comparison of Rating, Best-Worst Scaling, and Adolescents’ Real

Choices of Snacks. Food Qual. Prefer. 2012, 25, 140–147. [CrossRef]
63. Ares, G.; Giménez, A.; Deliza, R. Methodological Approaches for Measuring Consumer-Perceived Well-Being

in a Food-Related Context. In Methods in Consumer Research. Alternative Approaches and Special Applications;
Ares, G., Varela, P., Eds.; Woodhead Publishing: Sawston, UK, 2018; Volume 2, pp. 183–200.

64. Dodge, R.; Daly, A.P.; Huyton, J.; Sanders, L.D. The Challenge of Defining Wellbeing. Int. J. Wellbeing 2012, 2,
222–235. [CrossRef]

65. Miller, G.; Foster, L.T. Critical Synthesis of Wellness Literature; University of Victoria, Faculty of Human and
Social Development & Department of Geography: Victoria, BC, Canada, 2010.

66. Diener, E.; Ryan, K. Subjective Well-Being: A General Overview. S. Afr. J. Phychol. 2009, 39, 391–406.
[CrossRef]

67. Spence, C. Comfort Food: A Review. Int. J. Gastron. Food Sci. 2017, 9, 105–109. [CrossRef]
68. Gardner, M.P.; Wansink, B.; Kim, J.; Park, S.B. Better Moods for Better Eating?: How Mood Influences Food

Choice. J. Consum. Psychol. 2014, 24, 320–335. [CrossRef]
69. Reyner, L.A.; Wells, S.J.; Mortlock, V.; Horne, J.A. “Post-Lunch” Sleepiness during Prolonged, Monotonous

Driving–Effects of Meal Size. Physiol. Behav. 2012, 105, 1088–1091. [CrossRef] [PubMed]
70. Smit, H.J.; Finnegan, Y.E.; Rogers, P.J. Post-Lunch Dip? Get out and Stay Out! Appetite 2006, 47, 281.

[CrossRef]

http://dx.doi.org/10.1016/j.foodqual.2012.09.011
http://dx.doi.org/10.1016/j.chemolab.2007.10.006
http://dx.doi.org/10.1016/S0950-3293(99)00039-7
http://dx.doi.org/10.22237/jmasm/1257035100
http://dx.doi.org/10.1016/j.appet.2006.02.006
http://dx.doi.org/10.1016/j.physbeh.2007.04.006
http://dx.doi.org/10.1016/j.appet.2009.06.003
http://dx.doi.org/10.1080/07315724.2015.1117956
http://dx.doi.org/10.1016/j.ijhm.2016.11.009
http://dx.doi.org/10.1016/j.foodqual.2017.07.011
http://dx.doi.org/10.1016/j.ijhm.2014.11.001
http://dx.doi.org/10.1016/j.ijhm.2013.10.005
http://dx.doi.org/10.1136/jech.57.6.440
http://dx.doi.org/10.1016/j.physbeh.2014.01.034
http://dx.doi.org/10.1017/S1368980012003771
http://dx.doi.org/10.1016/j.foodqual.2012.02.007
http://dx.doi.org/10.5502/ijw.v2i3.4
http://dx.doi.org/10.1177/008124630903900402
http://dx.doi.org/10.1016/j.ijgfs.2017.07.001
http://dx.doi.org/10.1016/j.jcps.2014.01.002
http://dx.doi.org/10.1016/j.physbeh.2011.11.025
http://www.ncbi.nlm.nih.gov/pubmed/22155490
http://dx.doi.org/10.1016/j.appet.2006.07.003


Foods 2020, 9, 336 18 of 18

71. Monk, T.H. The Post-Lunch Dip in Performance. Clin. Sports Med. 2005, 24, 15–23. [CrossRef]
72. Muñoz-Vilches, N.C.; van Trijp, H.C.M.; Piqueras-Fiszman, B. The Impact of Instructed Mental Simulation on

Wanting and Choice between Vice and Virtue Food Products. Food Qual. Prefer. 2019, 73, 182–191. [CrossRef]

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1016/j.csm.2004.12.002
http://dx.doi.org/10.1016/j.foodqual.2018.11.010
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Materials and Methods 
	Participants, Recruitment and Procedure 
	Questionnaire 
	Snack Samples 
	Real Snack Choice 
	Data Analysis 

	Results 
	Snack Choice Differences 
	Patterns of Correlation for Sensations 
	Sensations’ Effect on Choice 
	Overall Structure by L-PLSR 

	Discussion 
	Main Effects of Desires on Snack Choice 
	Health Consciousness and Females as Explanatory for Healthy Snack Choice 
	Differences in Subjective Wellbeing Sensations 
	Sleepiness Versus Energy 
	Research Contribution and Future Perspectives 
	Limitations 

	Conclusions 
	References

