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BACKGROUND Familial hypercholesterolemia (FH) is an underdiagnosed genetic condition that leads to premature

cardiovascular disease. Flag, Identify, Network, and Deliver (FIND) FH is a machine learning algorithm (MLA) developed

by the Family Heart Foundation that identifies high-risk individuals in the electronic medical record for targeted FH

screening.

OBJECTIVES The purpose of this study was to characterize the FH diagnostic coding status of patients detected by a

MLA screening and assess for correlations with patterns in medical management and cardiovascular outcomes.

METHODS We applied the FIND FH MLA to a retrospective, cross-sectional cohort within one large academic medical

center. Individual patient charts were manually reviewed and stratified by diagnosis status. Variables including baseline

characteristics, medical history, family history, laboratory values, medications, and cardiovascular outcomes were

compared across diagnosis status.

RESULTS The MLA identified 471 patients over 5.5 years with a high probability for FH. 121 (26%) previously undiag-

nosed patients met criteria for having “likely FH.” Those with established FH diagnoses (n ¼ 32) had significantly more

lipid panel monitoring, prescriptions for non-statin or combination lipid-lowering agents, visits with a cardiologist, and

frequency of coronary artery calcium score (CACS) testing or lipoprotein(a) testing than undiagnosed patients with likely

FH. The 2 groups had no significant differences in having had prior major adverse cardiovascular events. The remaining

318 patients were classified as having “suspected FH.”

CONCLUSIONS These findings suggest that implementation of a MLA approach such as FIND FH may be feasible for

identifying undiagnosed individuals living with FH, as well as addressing treatment disparities in this population

at increased cardiovascular risk. (JACC Adv. 2024;3:101184) © 2024 The Authors. Published by Elsevier on behalf

of the American College of Cardiology Foundation. This is an open access article under the CC BY-NC-ND license

(http://creativecommons.org/licenses/by-nc-nd/4.0/).
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ABBR EV I A T I ON S

AND ACRONYMS

ASCVD = atherosclerotic

cardiovascular disease

CAD = coronary artery disease

CACS = coronary artery

calcium score

EHR = electronic health record

EMR = electronic medical

record

FH = familial

hypercholesterolemia

FIND FH = Flag, Identify,

Network, and Deliver Familial

Hypercholesterolemia

LDL-C = low-density

lipoprotein cholesterol

MLA = machine learning

algorithm

MACE = major adverse

cardiovascular event

MI = myocardial infarction
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F amilial hypercholesterolemia (FH) is
an underdiagnosed genetic condition
that results in markedly elevated

serum low-density lipoprotein cholesterol
(LDL-C) and increased risk for premature cor-
onary heart disease. It is inherited in a mono-
genic, autosomal dominant pattern and
affects approximately 1 in 313 people in the
general population.1 If untreated, individuals
with FH have a 3.8-fold increased risk of
developing premature coronary heart dis-
ease, the leading cause of preventable death
in the United States.2 Studies suggest that
26% of patients with FH have an atheroscle-
rotic cardiovascular disease (ASCVD) event
by age 40, and 7% do not survive past this
age.3 It is estimated that <1% of affected per-
sons worldwide receive a formal diagnosis.4

The American Heart Association and
National Lipid Association currently
recommend applying diagnostic criteria (eg,
the Dutch Lipid Clinic Network criteria, the
MEDPED criteria, or the Simon Broome Register) in
adults with high clinical suspicion for FH, which is
usually based on a threshold LDL-C level exceeding
190 mg/dL with a family history of early-onset
ASCVD.5-8 Formal assessment requires manual re-
view of certain variables, such as history of ASCVD
events, untreated lipid levels, physical examination
findings including tendon xanthomas, medical
histories of first-degree relatives, and genetic
testing results (if available). Although there re-
mains significant clinical utility in reviewing these
criteria and conducting a thorough physical exam,
there nevertheless remain certain pragmatic bar-
riers to diagnosis, such as obtaining a detailed
family history, determining the precise age of index
events, and investing the time for such
investigations.

Considerable variability exists among FH diag-
nostic trends in the United States, with over half of
diagnoses being made through clinical judgment
either with or without consideration of the Dutch
Lipid Clinic Network criteria, MEDPED criteria, or
the Simon Broome Register.9 However, of these pa-
tients receiving only a clinical judgment-based
diagnosis, 93% would have also qualified for an
FH diagnosis under at least one of the 3 formal
criteria.9 These findings suggest that a lack of
consensus criteria does not necessarily account for
the gap in FH identification, and may instead be
attributed to lack of upstream, preventive screening
efforts.
To increase earlier targeted screening for FH, the
global health care system needs innovative strategies
to implement existing evidence-based guidelines.
Machine learning algorithms (MLAs) present a prom-
ising approach to case identification through
analyzing large data sets to consistently predict out-
comes with widespread adoption of the electronic
health record (EHR) increasing availability of patient-
level data for their development. The Flag, Identify,
Network, and Deliver (FIND) FH algorithm is one such
screening algorithm developed by the Family Heart
Foundation, trained on deidentified, structured EHR
data from 939 individuals with diagnosed FH and
83,136 presumed controls. As the MLA’s development
predated the availability of an International Classifi-
cation of Diseases (ICD)-10 code for FH, MLA
developers sought expert opinion on identifying true-
positive FH cases from 4 different health systems.
The final model selects across 75 features, with
laboratory-based features contributing most
frequently, followed by health care encounter-based
features (including prescription, diagnosis, and pro-
cedure), and does not necessarily require the pres-
ence of specific information (such as physical exam
findings) that may not be reliably extracted from
existing EHR data. Unstructured data, such as free-
text clinical notes, were not included. Model devel-
opment was focused on individuals with at least one
cardiovascular disease risk factor, which enabled
improvement in differentiation of FH and other
similar cardiac conditions.

The MLA, consisting of 2 consecutive random for-
est model layers, was trained on an initial data set
split using the 80-20 holdout method, followed by
external validation from 2 independent, real-world
data sets: 170 million patients utilizing a national
health care encounter database as well as a smaller
173,733 individual data set from the Oregon Health &
Science University health care system. Over 3 years,
the FIND FH MLA correctly identified 77 to 87% of
individuals having possible, probable, or definite
FH.10 These findings indicate that application of an
MLA approach might lead to increased efficacy of
targeting such high-risk patients for advanced eval-
uation and intervention.

This study’s purpose was to apply the Health In-
surance Portability and Accountability Act compliant
MLA to a retrospective, cross-sectional cohort within
the [Redacted] Healthcare system to identify previ-
ously undiagnosed patients with potential FH. Addi-
tional analyses assessed clinical characteristics of
those identified by the algorithm and the relationship
of diagnosis status with study covariates.
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METHODS

This study was reviewed and approved by the
(Redacted for Anonymity) Institutional Review Board
(IRB#: 00003806).

Patients at least 18 years of age who had accessed
(Redacted) Healthcare services from January 1, 2017,
to June 30, 2022, with at least one cardiovascular
comorbid risk factor listed in their diagnostics codes
were selected. Of those, individuals with pre-existing
ICD-10 code for FH were excluded. All available data
from these individuals available from the (Redacted)
Healthcare CDW (Clinical Data Warehouse) were
extracted by the data analyst team within the
(Redacted) Department of Biomedical Informatics
and sent to the Family Heart Foundation to be
analyzed by the MLA. Clinical data specifically con-
sisted of ICD-9 and ICD-10 diagnostic codes in addi-
tion to procedure codes, prescription claims,
medications prescribed, diagnostic testing ordered,
and laboratory values. Of this population, individuals
flagged by the MLA were then sent to the (Redacted)
FIND FH clinical team for manual chart review and
risk stratification.

Charts were reviewed between October and
December 2023 using all available information avail-
able through Cerner’s PowerChart and EPIC’s Hyper-
space. This iterative approach was necessary due to
[Redacted] Healthcare’s transition from a Cerner-
based electronic medical record (EMR) to EPIC on
October 1, 2022.

Manual extraction of data was performed for
baseline characteristics, medical history, family his-
tory, laboratory values, and medications by the
(Redacted) FIND FH clinical team. Extracted cardio-
vascular outcomes included diagnosed coronary ar-
tery disease (CAD), fatal and nonfatal myocardial
infarction (MI), peripheral arterial disease, cerebral
vascular accidents, and revascularization, including
undergoing percutaneous coronary intervention and
coronary artery bypass grafting. 10 Patients with a
clinical diagnosis of homozygous FH recorded in the
medical record were excluded from analysis. These
individuals lacked an ICD-10 code in their clinical
record and were identified as having homozygous FH
from manual chart review of free-text clinical notes.

All data extraction from the EMR was performed
via manual review of existing medical codes, clinical
free-text entries, and hospital correspondence. No
new diagnoses were made for the purposes of data
extraction; outcome variables were identified from
existing assessments in clinical notes. A response of
“unknown” was designated for variables that could
not be ascertained from the EMR.
Chart reviewed individuals were further stratified
into 3 categories based on their risk for having FH:
1) “established FH,” defined as those with docu-
mented high suspicion of FH by clinicians who had
evaluated the patients face-to-face; 2) “likely FH,” or
those meeting parameters (outlined below) warrant-
ing further workup for FH diagnosis as determined by
the FIND FH clinical team; and 3) “suspected FH,”
who were identified by the MLA but not meeting
either of the above distinctions. These categories are
justified as the purpose of these automated ap-
proaches is not for immediate FH diagnosis, but to
screen large populations for individuals who should
be further evaluated clinically for FH. To meet criteria
for “likely FH,” patients were required to have a
recorded LDL-C $190 mg/dL (while on no lipid-
lowering therapies) or $125 mg/dL (while currently
treated with lipid-lowering therapies) with a family
history of ASCVD or a lipid disorder. For LDL-C
values, the highest recorded value was used when-
ever possible.

Data were summarized using median and inter-
quartile ranges for continuous variables or per-
centages for categorical variables. Variables of
interest (see Table 1) were compared among the 3
diagnostic categories using Kruskal-Wallis rank-
sum, Pearson chi-squared, and Fisher’s exact tests.
All hypothesis tests were performed at pre-
determined significance level of a ¼ 0.05. All sta-
tistical analyses were performed using R, version
4.2.2 (Family Heart Foundation) or Excel.

RESULTS

STUDY POPULATION. Between January 1, 2017, and
June 30, 2022, about 2.1 million patients had a clinical
encounter with (Redacted) Healthcare. Of those
encountered, 167,955 unique patients met the criteria
of having at least one qualifying cardiovascular co-
morbidity without having an ICD-10 code of FH. Of
these, 493 individuals were flagged by the MLA and
manually chart reviewed. Those with a clinical diag-
nosis of homozygous FH as evidenced through
reviewing their clinical record were excluded, leaving
a total cohort of 471 patients.

Based on the criteria listed previously for risk
stratification, 32 patients were categorized as
“established FH,” 121 patients as “likely FH,” and 318
as “suspected FH.”

DATA ANALYSIS. Data from descriptive analyses
conducted comparing these 3 groups based on likeli-
hood of having FH are shown in Table 1. With regard
to baseline characteristics and comorbid conditions,
those with “established FH” and “likely FH” had no



TABLE 1 Comparison of the Demographic and Clinical Variables Among 3 Diagnostic Groups: Established FH, Likely FH, and Suspected FH

N
Total

(N ¼ 471)
Suspected FH

(n ¼ 318)
Likely FH
(n ¼ 121)

Established FH
(n ¼ 32) P Valued

Age, y 463 50 (44–59) 49 (44–56) 52 (45–60) 57 (47–63) 0.004bc

Unknown 8 8 0 0

Female 471 226 (48%) 140 (44%) 68 (56%) 18 (56%) 0.046c

Race 434 0.037

Black 173 (40%) 117 (40%) 41 (36%) 15 (56%)

White 215 (50%) 137 (47%) 66 (57%) 12 (44%)

Asian 46 (11%) 38 (13%) 8 (7.0%) 0 (0%)

Unknown 37 26 6 5

Current BMI, kg/m2 471 30 (26–34) 30 (27–35) 28 (25–32) 28 (25–32) 0.003c

Hypertension 471 234 (50%) 151 (47%) 67 (55%) 16 (50%) 0.336

Diabetes 471 148 (31%) 108 (34%) 35 (29%) 5 (16%) 0.082b

Peripheral arterial disease 471 8 (1.7%) 7 (2.2%) 1 (0.8%) 0 (0%) 0.691

Smoking history 471 116 (25%) 82 (26%) 27 (22%) 7 (22%) 0.701

Prior myocardial infarction 471 36 (7.6%) 21 (6.6%) 9 (7.4%) 6 (19%) 0.062b

History of CABG 471 20 (4.2%) 9 (2.8%) 8 (6.6%) 3 (9.4%) 0.049

CVA 470 20 (4.3%) 10 (3.2%) 8 (6.6%) 2 (6.3%) 0.149

Unknown 1 1 0 0

Last LDL value 470 107 (77–145) 104 (74–140) 108 (82–152) 132 (75–157) 0.179

Unknown 1 1 0 0

Last HDL value 469 50 (41–58) 49 (41–56) 51 (43–59) 54 (44–69) 0.109

Unknown 2 1 1 0

Last triglycerides 469 103 (75–161) 104 (74–165) 104 (78–163) 94 (71–112) 0.126a

Unknown 2 1 1 0

A1C 405 5.70 (5.30–6.30) 5.70 (5.30–6.40) 5.70 (5.30–6.15) 5.70 (5.35–6.00) 0.971

Unknown 66 39 18 9

Number of lipid-lowering agents 471 1.00 (0.00–1.00) 1.00 (0.00–1.00) 1.00 (1.00–2.00) 2.00 (1.00–.25) <0.001abc

Presence of any lipid-lowering agents 470 344 (73%) 210 (66%) 104 (87%) 30 (94%) <0.001bc

Unknown 1 0 1 0

On statin 471 318 (68%) 194 (61%) 101 (83%) 23 (72%) <0.001c

On PCSK9 inhibitor 471 23 (4.9%) 6 (1.9%) 4 (3.3%) 13 (41%) <0.001ab

LDL apheresis 471 5 (1.1%) 0 (0%) 0 (0%) 5 (16%) <0.001ab

Stress test within last 5 years 471 111 (24%) 68 (21%) 30 (25%) 13 (41%) 0.047b

Number of lipid checks in record 471 6.0 (3.0–8.0) 5.0 (3.0–8.0) 6.0 (3.0–9.0) 8.5 (5.8–17.0) <0.001abc

Total years on statin 467 3.0 (0.0–6.0) 2.0 (0.0–5.0) 5.0 (2.0–8.0) 3.0 (1.0–7.8) <0.001bc

Unknown 4 3 1 0

Major adverse cardiovascular event 471 48 (10%) 28 (8.8%) 13 (11%) 7 (22%) 0.074b

History of CAC scoring 471 89 (19%) 55 (17%) 18 (15%) 16 (50%) <0.001ab

Last CAC score 86 1 (0–108) 0 (0–113) 0 (0–58) 34 (0–109) 0.700

Unknown 385 265 103 17

Lipoprotein(a) in record 471 36 (7.6%) 16 (5.0%) 5 (4.1%) 15 (47%) <0.001ab

Lipoprotein(a) value 36 53 (27–114) 53 (27–96) 44 (8–103) 54 (41–141) 0.790

Unknown 435 302 116 17

On high-intensity statin 471 302 (64%) 183 (58%) 95 (79%) 24 (75%) <0.001c

Values are N, median (IQR), or n (%) Continuous and categorical variables are compared using Kruskal-Wallis rank sum test and Pearson’s chi-squared test, respectively. Additional significance
of separate 2-group comparison tests are reported as indicated. aCorresponding test P <0.05 for established FH vs likely FH. bCorresponding test P <0.05 for established FH vs suspected FH.
cCorresponding test P <0.05 for likely FH vs suspected FH. dKruskal-Wallis rank sum test; Pearson’s chi-squared test; Fisher’s exact test.

BMI ¼ body mass index; CABG ¼ coronary artery bypass graft; CVA ¼ cerebral vascular accident; CAC ¼ coronary artery calcium; FH ¼ familial hypercholesterolemia; HDL ¼ high-density
lipoprotein; LDL ¼ low-density lipoprotein; PCSK-9 ¼ Proprotein convertase subtilisin/kexin type 9.
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significant differences in age, sex, race, BMI, hyper-
tension, diabetes, peripheral arterial disease, or
smoking history. However, they significantly differed
from the “suspected FH” category in age, sex, race,
and BMI. Lipid profiles between all 3 groups were
similar. All 3 groups showed similar rates of major
adverse cardiovascular events (MACE), defined as a
composite of having an acute nonfatal MI, nonfatal
stroke, or cardiovascular mortality.

Though the 3 diagnostic categories were similar in
their clinical profiles and outcomes, there were sig-
nificant differences in the presence and extent of
diagnostic testing and therapeutics in lipid manage-
ment as well as risk stratification through lipid and
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lipoprotein(a) checks and coronary artery calcium
score (CACS). Therapeutics included the presence of
any statin, the presence of a high-intensity statin, and
the number of adjuvant lipid-lowering therapies
prescribed, including ezetimibe and PCSK-9 in-
hibitors (monoclonal antibodies only, as inclisiran
was not offered at our institution during the study
period). When compared to the other 2 categories,
patients with “established FH” had a significantly
greater number of lipid checks in the record and were
prescribed a significantly greater number of lipid-
lowering therapies, PCSK-9 inhibitors, and LDL
apheresis. They were also more likely to have a record
of screening tests for lipoprotein(a) and CACS but did
not significantly differ in the resulting values from
these tests. Furthermore, between those categorized
as “established FH” and “likely FH,” patients were
treated similarly in regard to the use of appropriate
high-intensity and high-dose statins, but differed
significantly from the “suspected FH” group.

DISCUSSION

Collectively, the algorithm identified about 0.4% of
patients with one or more cardiovascular risk factors
as having risk of FH. Among this selected cohort of
471 patients, we were able to find 121 patients as
lacking a documented diagnosis of FH while having
high enough suspicion to warrant further evaluation
and treatment. These values are similar to those re-
ported in other internal validation studies of the FIND
FH MLA.11

Overall, the MLA identified patients who shared
similar demographic and clinical characteristics
despite their risk-stratification status of likelihood of
FH. Furthermore, these groups also experienced
similar rates of MACE. Despite these similarities,
those with high clinical suspicion of FH as already
documented in the EMR by their clinicians, most of
whom were primary care physicians, received more
intense therapeutics for lipid management and more
frequent and advanced screening for CAD (Central
Illustration).

Research has shown that performing chart reviews
on MLA-identified individuals may help increase
diagnostic yield from clinical evaluation.12 However,
this approach of using machine learning technology
to achieve FH recognition is limited by the relatively
large number of people identified as being at risk but
not actually having FH, as well as a lack of EHR in-
formation necessary to help establish a definitive
diagnosis. Although those identified as “established”
and “likely” FH were more likely to receive intensive
treatment and screening, given the generally high-
risk profiles of all individuals flagged by the MLA,
even those with an absence of FH likely require
intensification of lipid-lowering treatments and
further preventive management.

Interestingly, the “established FH” and “likely FH”

cohorts did not vary significantly when it came to the
presence of any lipid-lowering therapy, the presence
of a statin, use of a high-intensity statin, or the total
number of years on a statin (which was suboptimal in
this population). However, they differed in the total
number of therapies prescribed, the presence of
PCSK-9 inhibitors, and the use of LDL apheresis. This
is suggestive of the fact that while clinicians are
diligent in following standard guidelines for at-risk
populations, they fall short of continuously meeting
this threshold when it comes to advancing toward
more aggressive, higher-level lipid management.
Regardless of whether an individual has FH, patients
such as those identified by the MLA can benefit from
the use of second- or third-line non-statin therapies,
which have been shown to reduce residual cardio-
vascular risk.13-15

Regarding closing the gap between “established”
and “likely FH,” lipoprotein(a) is an especially useful
tool in aiding with the diagnosis of FH. Although
elevated lipoprotein(a) and FH are independent di-
agnoses, presence of both magnifies risk. Up to 25% of
those with clinical FH are diagnosed through the
detection of elevated measurements of plasma lip-
oprotein(a), which can also provide useful ancillary
data in risk stratification for MI in FH patients to
guide management.16 Measuring lipoprotein(a) can
add to ASCVD risk assessment in patients with
elevated LDL-C levels regardless of having a FH
diagnosis, and increasingly more evidence is
emerging of its potential to reduce MACE by ascer-
taining optimal treatments in high-risk patients.17,18

Despite having otherwise highly similar risk factors,
those with high suspicion of having FH by clinicians
were more likely to have lipoprotein(a) measure-
ments in their record, elucidating a potential gap in
screening.

Similarly, the use of CAC scoring can serve as a
useful decision-making aid in primary prevention of
MACE in asymptomatic individuals with FH. It bears
mentioning that CAC scoring in high-risk individuals,
such as those with LDL-C $190 mg/dL, is not
currently recommended by established guidelines
due to limited data and lack of clinical utility when
risk status is already confirmed.19 However, more
traditional cardiovascular risk assessment strategies
like the Framingham Risk Score can underestimate
risk in FH patients, as these models fail to account for
long-term exposure to high LDL-C levels that can
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There is a lack of targeted screening efforts for familial hypercholesterolemia. A care gap exists for undiagnosed patients with high lipid levels meeting phenotypic

criteria. Use of a validated machine learning algorithm may help advance diagnosis and guide management. ASCVD ¼ atherosclerotic cardiovascular disease;

CAC ¼ coronary artery calcium; FH ¼ familial hypercholesterolemia; LDL-C ¼ low-density lipoprotein cholesterol; MACE ¼ major adverse cardiovascular event.
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contribute to early atherosclerosis development.20 In
contrast, CAC score-derived vascular ages has
recently been shown to improve risk discrimination
in FH patients, which can further help optimize
medication in those who might benefit from more
aggressive lipid-lowering therapies.21 This is particu-
larly useful considering that the clinical course of
ASCVD in FH patients is highly variable, with nearly
two-thirds of FH patients reclassified through CAC
scoring as lower-risk—a number similar to that in the
non-FH population.21

Notably, though patients in the “established FH”

cohort had significantly higher frequency of assess-
ing both CAC as well as lipoprotein(a), the actual
results of these test results did not differ signifi-
cantly from the other 2 cohorts. Meanwhile, our
study also shows clear differences for prescribing
non-statin therapies in those with documented sus-
picion for FH, as opposed to those undiagnosed with
similar clinical profiles. However, considering the
above evidence that many FH individuals could be
reclassified as lower risk after CAC scoring due to
phenotypic resilience and therefore have potentially
reduced need for PCSK-9 inhibitors, there is much
room for further optimizing treatment in the primary
prevention population. Broader implementation of
risk stratification tools such as lipoprotein(a) moni-
toring and CAC scoring could help more efficiently
allocate these costly non-statin therapies to those
with greater ASCVD risk, therefore enhancing cost-
effectiveness of adjunctive non-statin lipid-
lowering treatments, resource appropriation, and
utilization.

STUDY LIMITATIONS. A limitation of this study was
the missing or inconclusive data in the EHR needed to
risk stratify those who are likely to have an FH diag-
nosis using formal FH diagnostic criteria, necessi-
tating the creation of the clinically unverified “likely
FH” category. Key elements of diagnostic criteria,
particularly specific family history of premature
ASCVD events or family members having elevated
LDL-C with actual recorded levels, were missing in
many cases and thus likely contribute to an under-
estimation of “possible FH” individuals as formally
defined by Simon Broome criteria. Furthermore, this
was a single-center study and thus pertains to our
institution’s specific patient population, which may
limit the study’s generalizability. Finally, a source of
potential bias in our study is that our MLA’s inclusion
criteria required the presence of at least one cardio-
vascular disease risk factor, which may exclude
younger individuals who have not had a screening
lipid panel and lack other risk factors.

CONCLUSIONS

Applying a recognized FH screening algorithm to a
large university-based health care system identified
nearly a third of those flagged by the MLA as
meeting criteria for a phenotypic FH diagnosis. Our
study revealed a significant number of patients
who have not been appropriately screened for FH
and are not receiving appropriate guideline-
recommended levels of therapeutics or risk strati-
fication for CAD using readily available tools. This
gap in care applies for those identified by FIND FH
MLA who have highly elevated risk of ASCVD who
should be treated with more intensive management
regardless of whether they have FH. Enhanced
evaluation and use of subsequent proper diagnostic
ICD coding of those with high clinical suspicion for
FH may impact overall direction of management,
including more targeted and cost-effective utiliza-
tion of preventive care, disease monitoring, and
non-statin therapies.
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PERSPECTIVES

COMPETENCY IN PRACTICE-BASED LEARNING:

Use of a targeted machine-learning algorithm for

screening of FH identified a care gap in a subgroup of

patients with similar risk factors, lab values, and clinical

profiles as those with documented diagnosis who receive

significantly less intensive lipid-lowering therapy, risk

stratification, or screening.

TRANSLATIONAL OUTLOOK: Our findings suggest

that maintaining an awareness of proper diagnostic cod-

ing for FH, through the assistance of clinical decision

support tools such as MLAs, may assist in delivering

guideline-recommended levels of therapeutics for those

at elevated risk and impact future course of care.
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