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Regulatory transposable elements in the
encyclopedia of DNA elements

Alan Y. Du 1,2,5, Jason D. Chobirko 3,5, Xiaoyu Zhuo 1,2,5,
Cédric Feschotte3 & Ting Wang 1,2,4

Transposable elements (TEs) comprise ~50% of our genome, but knowledge of
how TEs affect genome evolution remains incomplete. Leveraging ENCODE4
data, we provide themost comprehensive study to date of TE contributions to
the regulatory genome.We find 236,181 (~25%) human candidate cis-regulatory
elements (cCREs) are TE-derived, with over 90% lineage-specific since the
human-mouse split, accounting for 8–36%of lineage-specific cCREs. Except for
SINEs, cCRE-associated transcription factor (TF)motifs in TEs are derived from
ancestral TE sequence more than expected by chance. We show that TEs may
adopt similar regulatory activities of elements near their integration site. Since
human-mouse divergence, TEs have contributed 3–56% of TF binding site
turnover events across 30 examined TFs. Finally, TE-derived cCREs are similar
to non-TE cCREs in terms of MPRA activity and GWAS variant enrichment.
Overall, our results substantiate the notion that TEs have played an important
role in shaping the human regulatory genome.

Barbara McClintock, who discovered TEs in maize1, was the first to
recognize their ability to act as cis-regulatory elements (CREs) con-
trolling the expression of nearby genes. In the ensuing decades, it
became clear that a large fraction of the genome of multicellular
organisms consists of interspersed repeats primarily derived fromTEs.
In mammals, TEs account for 28–75% of the genome sequence2. In
humans, at least 46% of the ~3.1 GB haploid genome is derived from
TEs3. Most TEs in the human genome can be classified into LINE, SINE,
LTR and DNA transposon classes. LINEs are autonomous retro-
transposons that use target primed reverse transcription to insert into
the genome. SINEs are short, non-autonomous elements that rely on
the LINE machinery to mobilize. LTR elements in the human genome
are mostly derived from endogenous retroviruses (ERVs) which
expand using the retroviral replication mechanism. Unlike the other
three classes which use RNA intermediates to transpose, DNA trans-
posons mobilize directly via a “cut-and-paste” DNA mechanism4. The
vast majority of human TEs have long ceased transposition activity,
and only a small subset of LINEs and SINEs are known to be currently
capable of mobilization in modern humans.

Although McClintock viewed TEs as essential “controlling ele-
ments”, it is clear that the vast majority of TE sequences in the human
genome have not evolved under functional constraint and therefore
do not appear to contribute significantly to organismal fitness5. Still,
about 11% of evolutionarily constrained bases in human fall under TEs5,
and there have been many reports showing that some TEs function as
CREs, including promoters and enhancers, regulating important bio-
logical processes (reviewed in refs. 6–11). However, we still lack a
global picture of howmany CREs are derived from TEs and how many
are truly functional.

Another fundamental question concerns the evolution of TEs
from selfish elements to CREs co-opted for gene regulation. One
model postulates that TEs ancestrally harbor CREs and transcription
factor binding sites (TFBSs) inorder to regulate their owngenes, which
are then occasionally co-opted for regulating host gene expression.
Many examples of previously characterized TE-derived CREs are con-
sistent with this ancestral originmodel12–15. An alternativemodel is that
TEs acquire TFBSs and cis-regulatory activity post-insertion through
mutation over time. This has been observed for P53, PAX-6, and MYC
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TFBSs in humanAluSINE elements and circadian clock TFBSs inmouse
RSINE1 elements, in which imperfect binding motifs matured into
canonical binding motifs over evolutionary time16–18.

The ENCODE and Roadmap projects have sought to characterize
the landscape of CREs in the human genome, providing invaluable
resources for scientists all over the world19,20. Data from these projects
have facilitated systematic investigation of TE contributions to reg-
ulatory functions in the genome21,22. In ENCODE phase 3, genome-wide
annotations of candidate cis-regulatory elements (cCREs)were created
in both human and mouse genomes19. Based on four epigenomic
assays and gene annotation, cCREs were classified into promoter-like
sequence (PLS), proximal enhancer-like sequence (pELS), distal
enhancer-like sequence (dELS), high-H3K4me3 elements (DNase-
H3K4me3), and potential boundary elements (CTCF-only). Regions
with enhancer signal were separated into pELS anddELS based on their
distance to annotated transcription state sites (TSSs).DNase-H3K4me3
cCREs represent regions with promoter signal without a nearby
annotated TSS. CTCF-only cCREs represent regions that could be
genome folding anchors or other architectural elements. Altogether,
cCREs comprise 7.9% and 3.4% of human and mouse genomes,
respectively. In the latest ENCODE phase 4, functional assays such as
massively parallel reporter assay (MPRA) have been included to vali-
date regulatory element predictions. Herewe leverage these resources
to quantify the contribution of TEs to the regulatory genome and
derive general principles for how TEs become regulatory elements.

Results
Landscape of TE-derived cCREs in human
To broadly characterize the contribution of TEs to the human reg-
ulatory genome, we intersected TEs with cCREs from the version 2
registry of cCREs19. As a conservative estimate, we considered cCREs
with at least 50%of their sequences coming froma single annotated TE
to be TE-derived. Using this criterion, we found that TEs supply ~25%
(236,181/926,535) of all human cCREs (Fig. 1A). When cCREs are sepa-
rated by annotation type, TE contribution ranges from 4.6% in PLS to
38.2% in CTCF-only cCREs. Compared to their genomic proportion,
TEs are generally underrepresented in all types of cCREs (Supple-
mentary Fig. 1). Notably, TEs are most depleted in PLS, possibly due to
a combination of purifying selection against TE insertion in promoters
and incomplete annotation of TE promoters. By contrast, DNase-
H3K4me3 and CTCF-only cCREs were enriched for the LTR class of
elements (log2 enrichments of 0.42 and 0.46, respectively). These
results suggest that LTR elements have been a prominent source of
non-canonical promoters and CTCF binding sites, an observation
consistent with previous reports23–26.

Within each TE class, TEs are further subdivided into many sub-
families of variable age and sequence composition. Thus, we next
examined TE contributions to the human regulatory genome at the
subfamily level. In terms of absolute numbers of cCRE-associated TEs,
LINE and SINE classes contribute the most cCREs per subfamily on
average (~5 times more than LTR and ~9 times more/contributed by a
single TE, resultin/ than DNA elements) (Fig. 1B). On the other hand,
after normalizing to genomic abundance, the LTR class is the most
enrichedper subfamily on average for cCREs (~4 timesmore than LINE/
SINE and ~2 times more than DNA elements) (Fig. 1C). These results
confirm that LTR elements are generallymore likely to supply cCREs in
the human genome, possibly because they contain strong promoter
and enhancer sequences10. However, numerically the majority of TE-
derived cCREs come from SINEs and LINEs due to their sheer abun-
dance in the human genome.

Considering that regulatory elements are often active in a cell-
type-specific manner, we evaluated the contribution of TEs to each of
the 25 ENCODE cell/tissue types with full cCRE profiling. Overall, TEs
make up between 9 and 19% of cCREs across cell/tissue types (Fig. 1D).
The proportion of TE classes contributing to cCREs stays relatively

stable across cell/tissue types (Supplementary Fig. 1). Next, we exam-
ined whether TE-derived cCREs are more or less likely to be cell-type
specific compared to non-TE cCREs. We grouped all cCREs by the
number of cell types that share them. With more ubiquitously active
cCREs across the 25 fully profiled cell/tissue types (i.e., less cell-type
specific), the percentage of cCREs that are TE-derived decreases
(Fig. 1E), indicating that cCREs contributed by TEs aremore likely to be
cell-type specific. This observation is consistent with previous reports
that find TEs to contribute cell-type specific regulatory elements21,27,28.

Evolution of TE-derived cCREs across human and mouse
Next, we investigated the contribution of TEs in the evolution of cCREs
in the humanandmouse lineages. Starting from926,535human cCREs,
we identified syntenic mouse regions using UCSC liftOver29, yielding
601,136 syntenic regions corresponding to ~66% rate of synteny
(Fig. 2A, Supplementary Fig. 2). This is significantly higher than the
~40% rate of synteny based on whole genome comparison (p = 1.5 ×
10−323, binomial test), which is expected as cCREs should be enriched
for functional regulatory elements and therefore more evolutionarily
constrained30. To identify cCREs derived from TEs orthologous in
human and mouse (acquired from their common ancestor), we
required that the human cCREbeTE-associated and the corresponding
mouse syntenic region contains the same annotated TE (“Methods”).
As expected, orthologous TEs are primarily composed of old TE sub-
families that exist in both human and mouse (Supplementary Fig. 2).
This approach identified 18,010 TE-derived human cCREs (1.9% of all
human cCREs) with a mouse orthologous sequence. Overall, 97%
(228,670/236,181) of human TE-derived cCREs are only found in the
human lineage. We performed the reciprocal analysis starting from
mouse cCREs and found similar results: 1.7% (5900/339,815) of mouse
cCREs are TE-derived and have human orthology, and 93% (38,815/
41,800) of mouse TE-derived cCREs are only found in the mouse
lineage. Thus, TE-derived cCREs are overwhelmingly lineage-specific,
and ancient TEs are a minor source of cCREs shared between human
and mouse.

To investigate how often orthologous TEs evolve shared function
across lineages, we first searched for orthologous TEs with conserved
cis-regulatory function in human and mouse. Of 98,278 human cCREs
with the same syntenic mouse cCRE, 1575 (1.6%) are derived from
orthologous TEs. This is similar to the percentage of humancCREs that
are TE-derived and have a mouse TE ortholog (1.9%), indicating that
conserved regulatory elements are not enriched for TEs. We next
asked whether orthologous TEs and non-TE syntenic sequences have
different annotations between human and mouse. We categorized
each human-mouse pair of sequences into same cCRE type (same),
shared cCREs but different type (different), or lineage-specific cCREs.
Regardless of cCRE type, orthologous TEs contributing cCREs in
human display a significantly different proportion of same, different,
and lineage-specific cCRE annotations compared to non-TE sequences
(Fig. 2B). Contrary to the null expectation where the proportions are
the same between TEs and non-TEs, orthologous TEs that contribute
cCREs aremore lineage-specific than the non-TE syntenic background,
ranging from 7.9% difference for dELS to 41.2% difference for PLS in
human (Exact multinomial tests, p <0.001). We performed the same
analyses starting from mouse cCREs and found similar results, with
differences ranging from 8.7% for DNase-H3K4me3 to 36% for PLS
(Supplementary Fig. 2, exact multinomial tests, p <0.001). This sug-
gests that among cCREs with a shared sequence origin, TEs are more
likely to diverge in cis-regulatory activity to provide lineage-specific
function compared to non-TE sequences.

Sequence conservation is generally a good indicator for con-
served function. Since we can be confident that orthologous TEs in
human and mouse descend from a common ancestor, we tested
whether sequence conservation as measured by phastCons score is
correlated with their shared annotation as cCREs. Considering only TE
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subfamilies that are ancestral to human andmouse, we confirmed that
orthologous TE sequences have higher phastCons scores than non-
orthologous TEs (Wilcoxon test, p < 2.2 × 10−16) (Fig. 2C). Furthermore,
we found that orthologous TEs with shared cCRE annotation have
higher phastCons scores compared to orthologous TEs with lineage-
specific cCRE annotation (Wilcoxon test, p < 2.2 × 10−16) (Fig. 2D). This
result suggests thatTE-derived cCREs sharedbyboth species areunder
stronger functional constraint than those that are lineage-specific

cCREs. Thus, this set of ~1500orthologousTE-derived cCREs are strong
candidates for being co-opted for important and conserved cellular
function.

Given thatmost human TE-cCREs are not found inmouse and vice
versa, we sought to quantify the contribution of TEs to lineage-specific
cCREs relative to non-TE sequences. In human, 85% (788,108/926,535)
of cCREs were identified as lineage-specific due to either lack of syn-
tenic sequence in mouse or synteny with no mouse cCRE. Among

Fig. 1 | Overlap of TEswith humancCREs.A Proportion of genome and cCREs that
are TE-derived. B Number of elements per TE subfamily, grouped by TE class, that
are associated with a cCRE. C Enrichment of TE subfamily overlapping with cCREs
relative to their abundance in the genome, grouped by TE class. Shown in (B) and
(C) are 326 DNA transposons subfamilies, 184 LINE subfamilies, 595 LTR sub-
families, and 61 SINE subfamilies annotated by RepeatMasker. D Proportion of
cCREs that are TE-derived across 25 fully profiled cell/tissue types. E Percentage of

cCREs that are TE-derived for cell/tissue specific cCREs to ubiquitously used cCREs.
The x-axis is the number of fully profiled cell/tissue types in which the cCRE is
found. cCRE candidate cis-regulatory element, dELS distal enhancer-like sequence,
pELS proximal enhancer-like sequence, PLS promoter-like sequence, TE transpo-
sable element. For all boxplots in this paper, box, interquartile range (IQR); center,
median; whiskers, 1.5 × IQR.
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human lineage cCREs, 29% (228,670/788,108) could be attributed to
TEs. In mouse, 61.6% (209,338/339,815) of cCREs were identified as
lineage-specific, of which 18.5% (38,815) were TE-associated. We found
that TEs have contributed between 6 and 38%of lineage-specific cCREs
depending on cCRE type, with the lowest contribution to PLS and the
highest to CTCF binding sites (Fig. 2E). Despite more cCRE data being
available for human compared to mouse, we observed a similar trend
in human and mouse in which TEs supplied 10–40% of human lineage
cCREs and 6–33% of mouse lineage cCREs. Overall, these results sup-
port the long-standing hypothesis that TEs have had a substantial
impact on cis-regulatory innovation during mammalian evolution31–34.

Origin of cCRE-associated transcription factor motifs in TEs
As TFBSs are a major component in driving cis-regulatory activity of a
sequence, we looked for TF motifs that are associated with cCRE
activity in TEs. For each TE subfamily defined by RepeatMasker, we
looked for TFmotifs that are enriched in cCRE-associated copies of the
subfamily relative to non-cCRE copies of the same subfamily (Sup-
plementary Fig. 3A, “Methods”). By using copies of the same TE sub-
family as background sequences in this analysis, we minimize the
influence of TF motifs that are merely enriched in the TE subfamily
compared to the rest of the genome. In total, we could detect 1183
cCRE-associated TF motifs across 376 TE subfamilies (Supplementary

Fig. 3B). The TFs most frequently associated with cCREs include AP1,
CTCF, ETS, KLF, and Ebox motifs (Supplementary Data 5).

We investigated whether cCRE-enriched TF motifs likely origi-
nated from the ancestral TE or arose throughmutations after insertion.
We first asked what percentage of cCRE-enriched motifs can be iden-
tified in the TE’s consensus sequence, which represents their ancestral
TE sequence. Of 1183 motifs, 541 (46%) are found in consensus
sequences (Supplementary Fig. 3C). Notably, SINEs have the lowest
percentage (mean of 12%) among TE classes. To increase resolution
and specificity, we extended our analysis to considermotif location for
individual TE copies. If a TF motif is truly derived from its ancestral TE
insertion, we expect themotif to be in the same relative position as the
consensus sequence’s motif. Thus, we inferred the ancestral origin of
each TE’s motifs based on the presence or absence of the motif within
10 bp of a consensusmotif (Fig. 3A). At a mean of 7%, SINEs once again
have the lowest percentage of ancestrally derived TF motifs (percent
ancestral origin) for cCRE-associated motifs across TE subfamilies
(Fig. 3B). We also observed that cCRE-associated TF motifs have sig-
nificantly higher percent ancestral origin compared to randomly
selected motifs for DNA transposons (p = 1.2 × 10−8), LINEs (p = 8.7 ×
10−8), LTRs (p < 2.2 × 10−16), and ERV internal regions (ERV-int)
(p = 0.0067). This suggests that ancestral TE sequences serve as an
important source of TFmotifs in cCREs for most but not all TE classes.

Fig. 2 | TE-derived conserved and lineage-specific cCREs in human and mouse.
A Classification of shared and lineage-specific cCREs for human to mouse com-
parison. For orthologous TE-cCREs, syntenic cCRE inmouse is not required but can
be present. B Percentage of cCREs that are shared or lineage-specific for ortholo-
gous TEand syntenic non-TEhumananchored cCRE regions. Shared cCREs are split
into “same” and “different” categories depending on the syntenic human and
mouse cCRE types. Grouping by cCRE type is done using the anchored human
cCRE. Multinomial tests for goodness of fit (log-likelihood ratio, exact or Monte
Carlo simulations with 1,000,000 random trials) were performed to compare TE
and non-TE distributions (dELS Monte Carlo p-value =0; pELS Monte Carlo p-

value = 0; PLS exact p-value = 3.922 × 10−26; DNase-H3K4me3 exact p-value = 3.975 ×
10−16; CTCF-only exact p-value = 7.233 × 10−28; no multiple test correction). C 100-
way vertebrate phastCons score distributions for orthologous TEs and non-
orthologous TEs associated with human cCREs. One-sided Wilcoxon rank-sum test
p-value < 2.2 × 10−16. D 100-way vertebrate phastCons score distributions for
orthologous TEs that have cCRE in both human and mouse vs. human only. One-
sided Wilcoxon rank-sum test p-value < 2.2 × 10−16. E Percentage of conserved and
novel (lineage-specific) cCREs that are TE-derived, split up by cCRE type. Percen-
tages for human and mouse are shown by red and blue dots, respectively. Bars
represent the mean percentage between human and mouse. ***p <0.001.
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For SINEs, the percentage of cCRE-associatedmotifs of ancestral origin
was not different from random expectation (p =0.86), indicating that
the ancestral TE sequence does not generally explain the presence of
TF motifs enriched within SINE-derived cCREs.

Next, we considered the evolutionary fate of TF motifs within TE
sequences. If TEs contain ancestral TF motifs that are occasionally
retained within cCREs, we expect many ancestrally derived TF motifs
to gradually decay away through accumulated mutations as most TE
copies neutrally evolve. Consistent with this prediction, TE subfamily
age, as measured by the mean Kimura divergence of individual copies
from the subfamily consensus, is negatively correlated with the per-
centage of ancestrally derived TF motifs (Fig. 3C). When we break
down this analysis per TE class, we found that this correlation held for
LINEs, LTRs, and ERV-int, but not for DNA transposons or SINEs. As an
orthogonal analysis, we calculated the percentage of TE copies con-
taining the TF motif within each subfamily, based on the hypothesis
that ancestrally derivedmotifs should be found in a higher percentage
of copies compared to mutation-derived motifs. TE subfamily age was
negatively correlated with the percentage of copies with motif for all
TE classes except for SINEs (Supplementary Fig. 3E). Taken together,
these findings suggest that most TE subfamilies arrive in the genome
already containing cis-regulatory sequence features that are retained

within cCREs. SINEs tend to adopt a different trajectory whereby TF
motifs do not preexist within their ancestral sequence but evolve
subsequently via mutations. It is important to note the considerable
variation between different TE subfamilies, highlighting that each TE
subfamily has its own unique evolutionary path to maintain or acquire
cis-regulatory activity.

Examining the consensus coverage of cCRE-associated TEs com-
pared to non-cCRE TEs revealed an unexpected enrichment over the 5’
end of LINE1, even after controlling for length (Supplementary
Figs. 4 and 5). This indicates that LINE1s that contain the 5’ end dis-
proportionately contribute to cCREs. Our observation is consistent
with the prediction that the 5’ region of LINE1 harbors their promoter
sequence and contains a wealth of TFBSs35–38. These results suggest
that the 5’ end of LINEsmay be similar to LTRs in providing regulatory
sequence.

Genomic context influences the cis-regulatory potential of TEs
As TEs are not evenly distributed throughout the genome, we next
sought to explore whether there is any relationship between the
genomic loci of TE-derived cCREs and non-TE cCREs. Specifically, we
quantified the relative distance, or normalized distance between two
genomic loci, from either TEs or cCRE-associated TEs to the nearest

Fig. 3 | cCRE-enriched TF motifs are mostly ancestral except in SINE.
A Calculation of ancestral origin percentage for cCRE-associated TF motifs. For TF
motifs found in the TE subfamily consensus sequence (motif #1), percent ancestral
origin was calculated as the percentage of motifs in individual TE copies that align
to within 10 bp of the consensus motif (dotted line). For TF motifs that are not
found in the consensus sequence (motif #2), we assumed that the TE subfamily’s
ancestral sequence did not contain the TFmotif and all instances of themotif arose
through mutation. The mean percentage was taken across all cCRE-associated TF
motifs for a TE subfamily to equally weight each TF motif. B Distribution of mean
percent ancestral origin of cCRE-associated TF motif for each TE subfamily, sepa-
rated by TE class. Two-sided Wilcoxon rank-sum test with Benjamini–Hochberg

correction was performed to compare percent ancestral origin between observed
cCRE-associated TF motifs and randomly selected TF motifs (DNA transposons p-
value = 1.17 × 10−8, LINE p-value = 8.71 × 10−8, LTR p-value < 1.1 × 10−15, ERV-int p-
value = 0.00668, SINE p-value = 0.863), and to compare percent ancestral origin
between TE classes (DNA transposon vs. SINE p-value = 0.0097, LTR vs. LINE p-
value = 0.0239, LTR vs. SINE p-value = 0.0002).CCorrelation betweenTE subfamily
Kimura divergence and cCRE-associated TF motif percent ancestral origin.
R-squared and p-values for each linear regression is shown along with the 95%
confidence interval band. The TE subfamily Kimura divergence represents the age
of the TE subfamily given the neutral evolution of most TEs. *p <0.05,
**p <0.01, ***p <0.001.
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non-TE-derived cCREs. Here, we zoomed in to focus on relative dis-
tance from 0 to 0.1 where the differences weremost prominent. If TEs
randomly develop into cCREs regardless of their insertion location, we
should observe a uniform distribution (a flat line in the relative dis-
tance plot) of distances between cCRE-associated TEs and non-TE
cCREs. As expected, TE insertions are uniformly distributed in the
genome relative to cCREs (left panels in Fig. 4A). However, TEs asso-
ciated with PLS, pELS, and DNase-H3K4me3 are significantly closer to
other cCREs of the same category (higher proportion at low relative
distances) when using a cell type-agnostic approach by
Kolmogorov–Smirnov test (KS test) (middle panels in Fig. 4A). While
not significantly closer when considering cell type-agnostic annota-
tions of dELS, TEs associated with dELS are significantly closer to non-
TE dELS sites after separating dELS by cell or tissue type (brown lines in
right panels in Fig. 4A). This suggests that, despite being uniformly
distributed in the genome in general, TE insertions close to other
promoters or enhancers aremore likely to be promoters or enhancers
themselves. At the TE class level, LTR elements associated with cCREs
are more likely to be distant from non-TE cCREs (Fig. 4A), which
implies that LTRs are less dependent on genomic context in displaying
regulatory activity compared to other TE classes. Lastly, we found that
the distances from TEs associated with CTCF-only sites to non-TE
CTCF-only sites are more consistent with random distribution in both
human and mouse (red lines in Fig. 4A and Supplementary Fig. 6A),
despite abundant B2-derived CTCF binding sites in the mouse
genome25. This indicates that CTCF binding sites provided by TEs are
scattered randomly in the genome, which could facilitate formation of
new chromatin boundaries. We performed the same analysis using
mouse cCREs and TEs and found all trends observed in human to be
consistent in the mouse genome (Supplementary Fig. 6A).

To further probe the connection between linear genomic distance
and TE-derived cis-regulatory activity, we next examined the distance
of TEs to TFBSs in K562 cells. For each of 409 TFs with ChIP-seq
datasets where at least one TE subfamily was bound at least 10 times,
we compared the distance of TF-bound TEs to their nearest non-TE
TFBS of the same TF to that of non-bound TEs of the same subfamily.
Across all TFs, we found that TF-bound TE copies are ~10 times closer
to non-TE TFBSs of the same TF than non-bound TE copies, regardless
of TE class (Fig. 4B). These results are consistent with our distance
analysis with cCREs and suggest that TEs with cis-regulatory activity
tend to be proximal to other cis-regulatory elements.

Since TF-bound TEs tend to reside near non-TE TFBSs, we hypo-
thesized that TEs can introduce local redundancy in TF binding, which
may promote TFBS turnover during evolution39–42, whereby the TE-
derived TFBS can functionally replace the nearby ancestral TFBS. To
test this hypothesis, we selected all TFs (30) with high-quality ChIP-seq
data in both humanK562 andmouseMELerythroleukemic cells, which
are biologically homologous. As reported previously43, we found that
up to ~40% of TFBSs are contributed by TEs in each cell line (Fig. 4C).
While most TFBSs in TEs are derived from species-specific TEs, 13–54%
and 20–58% of TE-derived TFBSs are syntenic in both human and
mouse, respectively. These syntenic TEs are frequently boundbyTFs in
just one lineage (syntenic but specific). This suggests that TEs are
involved in a dynamic evolutionary processwhereTFBSs canbe gained
or lost inone lineage through lineage-specificmutations. In addition to
providing space for innovation by providing novel TFBSs, TEs are also
thought to help maintain local TFBSs through TF turnover. To identify
putative TFBS turnover events, we searched for lineage-specific TFBSs
within 5 kb of a syntenic TFBS in the other lineage and inferred which
TFBS was ancestral based on synteny and phastCons score (Supple-
mentary Fig. 7A). Using this approach, we discovered a total of 6700
and 9245 putative TFBS turnover events across 30 TFs in human and
mouse, respectively (Supplementary Fig. 7B). TEs make up 3–56% of
putative turnover events, with most derived from lineage-specific TE
insertions (Fig. 4D, E). The TFs with the highest TE-derived turnover

rates are CTCF and RAD21 in mouse, both of which are part of the
cohesin loading complex. These results are consistent with previous
studies that have found TEs to participate in CTCF binding site turn-
over after human-mouse divergence25. Our findings point to TEs as
important drivers of TFBS turnover during evolution.

TE- and non-TE-derived cCREs have similar features
Since TEs contribute a large proportion of cCREs across the human
genome, we explored whether TE-derived cCREs have distinct prop-
erties from non-TE cCREs. First, we considered sequence intrinsic cis-
regulatory activity as measured by MPRA. Using ENCODE phase 4
lentivirus-based MPRA (lentiMPRA) data in K562 cells, which assayed
all open chromatin sites in K562, we asked if the tested genomic
sequences display differential regulatory activity based on TE
annotation44.We classified sequences asTE-associated if at least 50%of
the sequence is contributed by a single TE, resulting in ~34,000 TE-
associated and ~81,000 non-TE sequences tested byMPRA.We further
split sequences based on cCRE type. Overall, TE-associated sequences
have similar or higher levels of MPRA activity compared to non-TE
sequences of the same cCRE type (Fig. 5A). MPRA activity was sig-
nificantly higher for TE-associated sequences in all cCRE types except
PLS and CTCF-bound cCREs (Wilcoxon rank-sum test, pval <0.05), but
the differences in activity were subtle (median log2 fold change dif-
ference of 0.207, 0.060, 0.060, 0.078, and 0.052 for DNase-H3K4me3,
dELS, pELS, DNase-only, and None, respectively). This is consistent
with a previous study that found TE sequences of one LTR subfamily
with higher MPRA activity than positive control sequences, albeit with
far fewer tested elements15. Overall, these results suggest that TE-
derived sequences possess the sequence potential for cis-regulatory
activity as strong or stronger than their non-TE counterparts.

Next, we examined the frequency of variants found in the human
population for TE-derived and non-TE cCREs based on the 1000 Gen-
omes Project45. The expectation is that regions under functional con-
straint, like DNA elements regulating genes, would have fewer
common variants, defined here as variants with human population
allele frequency greater than 1%. Promoter distal TE-derived cCREs
(dELS and CTCF-only) overlap variants less often than regions directly
flanking them (Fig. 5B top, Supplementary Fig. 8). Furthermore, the
frequencyof commonvariants found inTE-derived cCREs is lower than
their flanking regions apart frompromoter sequences (PLS andDNase-
H3K4me3) (Fig. 5B bottom, Supplementary Fig. 8). These results sug-
gest that non-promoter TE-derived cCREs are under functional con-
straint and less tolerant of sequence variation than their surrounding
sequences. However, TE-derived PLS, pELS, and dELS cCREs have sig-
nificantly more common variants compared to non-TE cCREs, though
the trend exists for all cCRE types. This indicates that TE-derived cCREs
are generally less constrained in the human population than those
apparently not derived from TEs.

Besides the epigenomic marks used by ENCODE to define cCREs,
we used four additional metrics for identifying regulatory elements to
compare the global profiles of TE-derived and non-TE cCREs: ATAC-
seq for open chromatin, TF ChIP-seq for TF binding, MPRA for reg-
ulatory potential of the underlying sequence, and phastCons score for
sequence conservation. As the vast majority of TE-derived cCREs are
lineage-specific, we limited our analysis to TE-derived and non-TE
cCREs that are found in human but not in mouse, allowing us to
compare cCREs of roughly similar ages. Overall, TE-derived cCREs are
not significantly different from non-TE cCREs in the proportion of
elements that have any combination of ATAC-seq peaks, TF ChIP-seq
peaks, MPRA activity, and high phastCons scores (Chi-square test,
p =0.24, Fig. 5C). This shows that the genomic features that are com-
monly used to annotate regulatory elements genome-wide are largely
the same between TE and non-TE elements.

Finally, we investigated whether TE-derived cCREs could be phy-
siologically relevant using the NHGRI-EBI GWAS catalog46. In addition
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to the comprehensive list of top GWAS SNPs (GWAS variants), we
divided SNPs into different parent terms as defined by EBI for phy-
siologically relateddiseases and traits. Compared to randomly shuffled
genomic coordinates, the general set of cCREs is enriched for GWAS
variants across all GWAS parent terms, in line with a previous study
(Fig. 5D, Supplementary Fig. 9)47. TE-derived cCREs are enriched for
GWAS variants overall and in 11/17 parent terms (Supplementary Fig. 9,

Supplementary Data 2). However, they have consistently lower
enrichment for GWAS variants compared to non-TE cCREs, whichmay
be due to underrepresented profiling of SNPs in TEs from genotyping
arrays (Supplementary Data 2). Altogether, these results suggest that
TE-derived cCREs are functionally comparable to non-TE cCREs and
carry sequences that are physiologically important for human traits
and disease.

Article https://doi.org/10.1038/s41467-024-51921-6

Nature Communications |         (2024) 15:7594 7

www.nature.com/naturecommunications


Discussion
TEs make up a large portion of most mammalian genomes, and many
studies have shown that TEs contribute to their regulatory landscape.
However, the extent to which TEs supply different types of reg-
ulatory elements and the factors that allow them to evolve as reg-
ulatory elements are not well understood. In this study, we utilize
cCREs to define the contribution of TEs to the human regulatory
space, finding that ~25% of all cCREs are TE-derived. This overall
contribution is similar to previous estimates by Pehrsson et al. who
studied the overlap of TEs with active regulatory states in the
RoadMap Epigenome Project22. We observed that TEs do not con-
tribute to the different types of cCREs equally; they contribute more
substantially to gene-distal enhancers than to gene-proximal
enhancers and promoters. This pattern is likely driven by selection
against TE insertions in the proximity of genes48. Regardless of their
cCRE type, we found that TE-derived cCREs are more likely to be
restricted to one or a few cell/tissue types compared to non-TE
cCREs. This result suggests that TEs could be important for reg-
ulatory innovation by providing gene regulatory elements that are
active in a limited number of cellular contexts. The documented
contribution of TEs to gene regulation in rapidly-evolving processes
such as innate immunity and placentation support this
hypothesis13,49.

Different TEs have invaded and expanded in genomes at various
points during evolution, leading to some being shared between spe-
cies and others being lineage-specific. Andrews et al. had previously
found that over 80% of primate-specific TFBS and cCREs overlap with
TEs based on alignments of 241mammalian genomes50. In contrast, we
only identified ~29%of all human-lineage cCREs to be TE-derived based
on cCRE annotations in human and mouse. The two main reasons for
the difference in cCREs attributed to TEs are the definition of TE
overlap and definition of primate-specific or human-lineage cCREs.
First, Andrews et al. counted 1 bp intersection of cCRE and TE as
overlap, whereas we were much more stringent in only counting a
cCRE as overlapping if at least half of the cCRE sequence intersects
with a single TE copy. Second, Andrews et al. looked only at primate-
specific regions of the genome while we extended our analysis to
include regions with synteny between human and mouse. By examin-
ing human-mouse shared cCREs, we found that TEs provide a small
fraction (up to 2%) of conserved cCREs orthologous between human
and mouse, though this may be an underestimation due to less
extensive profiling of cells/tissues inmouse relative to human (839 and
157 cell/tissue types profiled in human andmouse, respectively). Thus,
it is possible that we are underestimating the contribution of TEs to
conserved regulatory elements and many TE-derived mouse cCREs
have yet to be discovered. Including syntenic TEs in human andmouse
also allowed us to gain additional insights. Among TEs that contribute
to cCREs and areorthologous (sharedby descent) between human and
mouse, most are retained as or become cCREs in only one lineage,
indicating either lineage-specific loss or lineage-specific gain of reg-
ulatory activity, respectively. Furthermore, a majority of non-ortholo-
gous, lineage-specific TE-cCREs come from TE subfamilies that are old
enough to be found in both human andmouse (Supplementary Fig. 2).
Taken together, our results suggest that most TE-derived regulatory
elements come from old TEs. This is consistent with a previous study

by Villar et al. which found that evolutionarily young enhancers were
primarily adapted from ancestral DNA sequences over 100 million
years of age51.

To broadly understand where cis-regulatory activity in TEs comes
from, we investigated the evolutionary origins of cCRE-associated TF
motifs. In LINEs, LTR elements, andDNA transposons, cCRE-associated
TF motifs originate from their consensus sequences more than
expected by chance, suggesting an ancestral source for many impor-
tant TE-derived TF motifs. As TEs age, the bulk of these TF motifs
degrade over time. These results suggest that the amplification of
these TEs disperses TF motifs available immediately upon insertion,
but only a small subset is co-opted for host gene regulation. SINEs,
which are extremely abundant in mammals (Alu elements alone
account for 10% of the human genome sequence), show a very dif-
ferent trend compared to the other main TE classes. They have the
lowest proportion of cCRE-associated TF motifs stemming from their
consensus sequence, and the percentage of motifs that have an
ancestral origin does not decrease as they age. Although SINEs have
slightly higher substitution rates than L1s and DNA transposons of the
same age, this does not explain the lack of relationship between TE
subfamily age and percentage of cCRE-enriched TF motifs with
ancestral origin52. These results suggest that SINEs provide relatively
fewer mature TF motifs but instead frequently supply raw sequence
material from which additional TF motifs emerge over time by muta-
tion. This model is consistent with previous studies documenting the
progressive birth of enhancers from Alu and RSINE1 elements in
human and mouse, respectively18,53. Since SINEs have given rise to ~5%
of human cCREs, these findings indicate that this “seed-and-mature”
process has been a rich source of new cis-regulatory elements in the
human genome.

When TEs insert themselves into the genome, the newly inte-
grated copy and its progenitor are typically identical in sequence and
therefore have the same sequence potential for cis-regulatory activity.
However, only a small subset of TE copies within any given subfamily
overlaps with cCREs. What influences some TE copies to retain or
evolve cis-regulatory activity? One likely influential factor is the
genomic context of the TE and its proximity to functional sequences
such as genes and cis-regulatory elements18. Consistent with this
model, we demonstrate that TEs with either cCREs or TFBSs have
shorter genomic distance to non-TE cCREs or TFBSs compared to
other TEs. AmongTEs, the distance between LTRelementswith cCREs/
TFBSs and non-TE cCREs/TFBSs is the highest, indicating the relatively
independent activity of LTRs, possibly due to high density of TFBSs in
LTRs54,55. Based on the observation that TF bound TEs are close to non-
TE TFBSs, we propose that the clustering of TFBSs from TE insertions
introduces functional redundancy that can promote the turnover of
TFBSs during evolution, as is prominent inmammals39–42. By examining
the binding profiles of 30 TFs in human andmouse leukemia cell lines,
we estimate that TEs have contributed 3–56% of all putative TFBS
turnover events depending on the TF. Together these results suggest
that the insertion of TEs near existing cis-regulatory elements is a
major driver of TFBS evolutionary turnover.

An outstanding question for future studies is to determine the
extent to which TE-derived cCREs have contributed to human
adaptation and phenotypic variation. Our analysis brings hints that a

Fig. 4 | Regulatory TEs cluster with non-TE regulatory elements and TEs pro-
videTFBS turnover sites. ARelative distance of all TEs to cCREs, cCRE-associated
TEs to all cCREs of the same type (cell agnostic), and cCRE-associated TEs to
same cell/tissue type cCREs. Relative distances are further separated by TE
class and cCRE type. See Supplementary Data 6 for KS test p-values. B Median
distances for TF bound TEs (red) and non-bound TEs (blue) across 409 TFs in
535 TF ChIP-seq datasets. One-sided Wilcoxon rank-sum test was performed
with Benjamini–Hochberg correction (p-value < 2.2 × 10−16 for all TE classes).
C Percentage of TE-derived TFBSs for 30 TFs with ChIP-seq in human K562 and

mouse MEL cells. TE percentage is further divided into binding sites that are
species-specific with no synteny, binding sites that are species-specific with
synteny, and binding sites that are shared. D Percentage of putative TFBS turn-
over events that come from TEs. Each percentage is split up by TE class con-
tribution for the TF. E Browser shot of USF2 binding site turnover in human
facilitated by primate lineage insertion of MER5A. Underlying USF2 motif
sequence alignment in human and mouse are shown (if available). TF transcrip-
tion factor, KS test Kolmogorov–Smirnov test. ***p < 0.001.
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subset of TE-derived cCREs serve important biological functions.
First, we found that the sequences of TE-derived cCREs are generally
more evolutionarily constrained than their non-cCRE counterparts.
Second, we observed that TE-derived cCREs are enriched for GWAS
variants, albeit to a lesser extent than non-TE cCREs. While this could
indicate that TEs are less likely to be physiologically relevant, it could
also reflect technical shortcomings associated with genotyping

within TE sequences. Genotyping arrays, which use short oligonu-
cleotide probes to discern SNPs, are designed to avoid repetitive
regions of the genome. Our analysis of nine genotyping arrays from
Affymetrix and Illumina shows between 30 and 36% of SNPs located
in repetitive DNA, short of the 45% TE content in the human genome
(Supplementary Data 2). These observations suggest that GWAS
studies may have missed trait-associated SNPs residing within TE
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sequences and there is a need to consider TE-derived variants in
follow-up studies to GWAS56.

Here, we focused on K562 for analyses related to TF binding and
turnover as well as MPRA functional assay support simply due to the
abundance of data available in this cell line. However, it is important to
note that K562 is a cancer cell line with many chromosomal abnorm-
alities, including a near-triploid genome57,58. Changes in copy number
may affect the results of epigenomic profiling assays, as previously
demonstrated by the correlation between whole genome sequencing
and POLR2A ChIP-seq59. There is also the possibility that some of the
TE-cCREs in K562 are cancer-specific and shared across multiple can-
cer cell lines. We observed that K562 TE-cCREs are biased to being
specific to K562, less shared across cancer cell lines than all cCREs, and
depleted for promoter cCREs (Supplementary Fig. 1D, E). Since these
trends in cancer cell lines are consistent with the overall trends for all
TE-cCREs, it is likely that observations for TE-derived cCREs in K562 are
generally applicable.

The nature of TEs as repetitive elements with rich and varied
evolutionary histories raises challenges during their study. Mapping
short reads back to TEs uniquely has been a long-standing problem.
With the application of long, paired-end reads the problem has been
largely alleviated, as demonstrated by Sexton and Han60. Therefore,
the utilization of paired-end reads in ENCODE4 made it possible to
reliably identify cCREs within most TEs. However, we still need to
bear inmind that the cCREs within recent L1 subfamilies could still be
undercounted in the study due to limitations inmapping. In addition,
technical limitations in identifying particularly old TEs could have
impacted several of our analyses. As TEs accumulate mutations over
time, their sequences diverge from the consensus sequence used to
annotate them. This can lead to incorrect or missing annotation,
especially for RepeatMasker-based annotations which rely on align-
ment to consensus sequences61,62. In our human-mouse comparison,
we observed that ~20% of TEs in syntenic regions were classified as
belonging in the same repeat family but not assigned to the same
subfamily. Although a few are real instances where different TEs
created independent insertions in the same syntenic region, most
cases likely arise due to a combination of high sequence divergence
from the consensus sequence and high similarity between subfamily
consensus sequences. Incorrect annotation of TE subfamily elements
could have also affected our analyses that compare TE copies within
their subfamily, like for cCRE-enriched TF motifs and their origins.
Finally, since highly conserved regulatory elements are old by defi-
nition, TEs that provided the underlying regulatory element
sequence may have already decayed past the point of recognition.
Any missing TE annotations would have led to underestimating the
scale of TE contribution to conserved regulatory elements, possibly
including many gene-proximal or broadly used elements. It would be
interesting to see if more sensitive TE detection methods would

implicate TEs as significant contributors to regulatory elements of
ancient origins.

In summary, we have shown that TEs are substantial contributors
to cis-regulatory innovation and maintenance. We confirm previous
reports that TEs make up ~25% of the human regulatory genome and
provide direct, genome-wide functional evidence from K562 lentiM-
PRA. This is also reflected in the depletion of common human popu-
lation variants and enrichment of GWAS variants in TE-derived cCREs
relative to background. To gain insights into regulatory innovation, we
quantify the proportion of lineage-specific regulatory elements in
humans and mice that are derived from TEs (8–36% depending on
type). By taking advantage of the phylogenetic relationship between
TE copies in the same subfamily, we probe the origins of TF motifs for
regulatory TEs, discovering that most TE classes bring TF motifs to be
potentially co-opted while SINEs primarily gain regulatory TF motifs
through mutations. Although most focus in the field has been on
innovation, we demonstrate that TEs are active participants in main-
taining regulatory features like TFBSs (3–56% of putative TF turnover
events). Lastly, we provide evidence that TE genomic insertion site is
potentially a general factor in determining which TE copies become
regulatory elements. Whilemany ideas are not completely novel to the
field, this study has provided systematic analyses that explore whether
the trends described in a handful of TE subfamilies are generally
applicable. With TEs becoming increasingly recognized to be inter-
twined with how genomes have evolved and operate, we believe that
our work will serve as an encyclopedia to help advance our under-
standing of fundamental biology and disease.

Methods
Annotation of TE-derived cCREs
Genomic cCRE annotations in hg38 (cell agnostic and 25 fully profiled
ENCODE cell/tissue types) and mm10 were downloaded from (https://
screen.wenglab.org/) and the ENCODE portal (https://www.
encodeproject.org/)19. Genomic TE annotations in hg38 and mm10
were obtained from RepeatMasker (https://repeatmasker.org/)63. We
used BedTools intersect64 to find cCREs that are associated with TEs,
requiring at least 50% of the cCRE to overlap a single TE.

Enrichment of TEs in cCREs
We calculated the enrichment of TE subfamilies for cCREs as follows.

log2
number of TE� cCREelementsð Þ= total cCREsð Þ

total bp inTE subfamilyð Þ= genome sizeð Þ ð1Þ

For visualization, we included TE subfamilies with no overlap with
cCREs as log2 enrichment of −10, which is lower than any subfamily
with cCRE overlap.

Fig. 5 | TE-derived cCREs share similar features with non-TE cCREs. A K562
lentiMPRA activity split by cCRE annotation or lack thereof. Number of TE and non-
TE sequences tested for each group is listed.Median log2 fold change over negative
control activity is displayedas awhite dash. Two-sidedWilcoxon rank-sum test with
Benjamini–Hochberg correction was performed to compare TE and non-TE
sequence MPRA activity (None p-value = 4.13 × 10−91, DNase-only p-value = 3.51 ×
10−21, CTCF p-value =0.166, pELS p-value = 0.0223, dELS p-value = 7.19 × 10−10,
DNase-H3K4me3 p-value = 5.85 × 10−6, PLS p-value = 0.195). B 1000 Genomes Pro-
ject common variants (allele frequency >1%) in TE and non-TE cCREs. Percentage of
cCREs that overlap common variants (top) and variants per 100bp (bottom) are
shown for each cCRE type. Percentages of common variant overlap for upstream
and downstream cCRE flanking regions are shown as black dots (top). Mean var-
iants per 100bp is displayed by a blackdot and listedbeloweach boxplot (bottom).
Outliers have been removed from boxplots. Comparisons between TE cCREs, non-
TE cCREs, and flanking regions were done using permutation tests (1000

permutations, two-sided). The numbers of TE cCREs shown in the boxplot for
CTCF-only, dELS, DNase-H3K4me3, pELS, and PLS cCREs are 14,110, 120,930, 5766,
14,787, and 1100. The numbers of non-TE cCREs shown in the boxplot for CTCF-
only, dELS, DNase-H3K4me3, pELS, and PLS cCREs are 22,089, 305,405, 10,820,
63,862, and 16,508. The numbers of TE-cCRE flanking regions shown in the boxplot
for CTCF-only, dELS, DNase-H3K4me3, pELS, and PLS cCREs are 28,609, 242,971,
11,514, 29,325, and 2185. See Supplementary Data 3 for p-values. C Venn diagram of
human-lineage TE and non-TE cCRE overlap with TF ChIP-seq, ATAC-seq, 30-way
phastCons, and MPRA activity. One-sided Chi-square test was performed to com-
pare TE and non-TE cCRE overlaps. D Enrichment of GWAS variants by EBI EFO
parent term for all cCREs, non-TE cCREs, and TE cCREs. Permutation test (1000
permutations, one-sided) was performed to compare observed overlap of cCREs
withGWASvariants to shuffledgenomic background. See SupplementaryData 2 for
p-values. MPRA, massively parallel reporter assay; lentiMPRA, lentivirus-based
MPRA. **p <0.01, ***p <0.001, not significant (ns).
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Human-mouse cCRE comparison
To characterize human andmouse cCREs as shared or lineage-specific
(Supplementary Fig. 2), we first used liftOver with -minMatch option of
0.1 to identify syntenic regions in the other species. The syntenic
regionwas determined to be a cCRE or TE-derived if at least 50% of the
syntenic region overlaps with a cCRE or TE. Syntenic regions with
cCREswere classified as “shared” if the cCRE typewas the same in both
species and “different” if the cCRE type was different. TEs in syntenic
regions of human andmouse were counted as orthologous if both TEs
are annotated as belonging to the same TE family (e.g., SINE/Alu). To
calculate the total number of human-specific cCREs, we started by
summing syntenic human cCRE (394,610), non-syntenic human cCRE
(167,134), and human TE-cCRE (215,752) categories from Fig. 2A. Then,
we subtracted human TE-cCREs with a syntenic mouse cCRE but no
syntenic TE (5361) and added orthologous TEs that are lineage-
specific (15,973).

To compare sequence conservation, 100-way phastCons scores65

were downloaded from https://genome.ucsc.edu/. Two-sided Wil-
coxon rank-sum test was used for comparisons between groups of
TE-cCREs.

Identification of cCRE-enriched TF motifs
First, TEs in each subfamilywere separated based on overlapwith hg38
cCREs, with subfamilies that lacked cCRE overlap removed from ana-
lysis (n = 116). Next, TE subfamilies were split into three groups
depending on whether the length distributions of cCRE (foreground)
and non-cCRE (background) elements were significantly different
based on Kolmogorov–Smirnov (KS) test. One group of subfamilies
(n = 194) have no significant difference with all background elements
included. For the secondgroupof subfamilies (n = 993)with significant
difference in length distribution between foreground and background
elements, background elements were binned and randomly selected
to match the proportion of foreground elements found in each bin.
Random selection of background elements in the second group of
subfamilies was performed 10 times. TE subfamilies that could not
achieve matched foreground/background length distributions were
disregarded from further analysis (n = 17).

To identify cCRE-enriched motifs, we ran AME motif enrichment
using the HOCOMOCOv11 human core transcription factor motif
database66 for each TE subfamily, with cCRE elements as foreground
and non-cCRE elements (all elements or random selection) as back-
ground/control. Enriched motifs were grouped according to motif
archetypes47. To confirm AME results, we scanned TE subfamily ele-
ments for the top enrichedmotif within each archetype andperformed
Fisher’s exact test, further filtering for motifs that have significant
association with cCRE annotation (p <0.05 after multiple test correc-
tion with Benjamini–Hochberg method), at least 10 elements having
both the motif and cCRE annotation, and odds ratios of at least 2. We
also filtered for TF motifs that pass Fisher’s exact test using TE sub-
family consensus coverage-controlled background sequences, identi-
fying TFmotifs that distinguish cCRE overlapping TE copies from non-
overlapping copies based on sequence variation alone.

Origin of cCRE-associated TF motifs
In order to estimate the percentage of cCRE-enrichedmotifs that were
derived from an ancestral origin, we first derived consensus sequences
for each TE subfamily from RepeatMasker and the RepBase-derived
RepeatMasker Library 20170127 (Supplementary Methods). We could
not obtain consensus sequences for four subfamilies (L2d, L2d2, Alu,
and MLT1B-int), which were excluded from further analysis. Next, we
scanned each consensus sequence for all HOCOMOCOv11 human core
motifs. For each motif found in a TE subfamily’s consensus sequence,
we scanned all elementswithin the subfamily for themotif. The relative
position of each motif to the consensus sequence was found by
aligning eachelement to its consensus sequenceusingNeedle pairwise

alignment67. Finally, the percent ancestral origin rate of a given motif
was calculated as the percentage of motifs that were within 10 bp of
the consensus sequence motif. As we had grouped motifs based on
motif archetype, we used the ancestral origin rate of the top enriched
motif per archetype. In the case that the topmotif was not found in the
consensus sequence, we allowed for any other enriched motif in the
archetype thatwas in the consensus to substitute. Anymotif archetype
that had no cCRE-enriched motif in the consensus sequence was
assigned an ancestral origin rate of 0.

Relative distance of TE to closest cCRE
To estimate the spatial correlation between TEs and cCREs, we calcu-
lated relative distance first described by Favorov et al. and imple-
mented within the BEDTools suite64,68. Briefly, for each cCRE type, TEs
were assigned to their closest non-TE cCRE. Then, the distance
between cCREs was split into 100 equal sized intervals and the fre-
quency of TEs that fall within each interval was counted. We shuffled
TE coordinates using bedtools shuffle 100 times to constitute the null
hypothesis set, and applied KS test with Bonferroni multiple test cor-
rection to evaluate the difference between observation and shuffled
null expectation.

Bound vs unbound TE distance to nearest TF peak
A total of 587 IDR thresholded TF ChIP-seq peak files in K562 were
downloaded from ENCODE after filtering out those with “NOT_COM-
PLIANT” or “ERROR” audit labels. Supplementary Data 4 lists the TFs
and ChIP-seq datasets that were used. For each TF, individual TEs were
classified as bound if they intersected the peak summit and non-bound
otherwise. We then calculated the linear distance from each TE to the
nearest non-overlapping peak. For each TE subfamily with at least 10
TF bound individual TEs, we randomly sampled an equal number of
non-bound individualTEs as thosewhichwerebound and ranked them
in descending order of distance. After repeating random sampling
1000 times, we averaged each of the ranks across all 1000 samples to
get a distribution of average distances to the nearest non-overlapping
peak for non-bound TEs. We then calculated p-values using two-sided
Wilcoxon rank-sum tests betweenbound andunboundTEswithin each
subfamily.We calculated the log10 ratio of averagemediandistances to
the nearest non-overlapping peak between bound and non-bound TEs
as the following:

log10
Mediandistance tonearestnon� TEpeak ðboundTEsÞ
Mediandistance to nearestnon� TEpeak ðunbondTEsÞ ð2Þ

Identification of putative TF turnover events
IDR-thresholded peaks for 30 TF ChIP-seq datasets with matching
K562 TF ChIP-seq were downloaded for mouse MEL from ENCODE19.
Syntenic regions to TF binding peaks were identified with the same
methoddescribed above for human-mouse comparison. If a TF peak in
one species overlapped at least 50% of a peak in the other species, it
was classified as “shared”. Otherwise, the TF peak was classified as
“syntenic but specific” for alignable sequences but with species-
specific TF binding. To identify putative TFBS turnover events after
human-mouse divergence, we identified all TF peaks in one species
within 5 kb of the syntenic region of a TF peak in the other species
(Supplementary Fig. 7A). For each peak, mean phastCons score was
assigned using 100-way vertebrate phastCons scores in human or 60-
wayvertebrate phastCons scores inmouse65.We calculated themedian
phastCons score for conserved TF binding peaks in human andmouse
to infer human-mouse ancestral TF binding. For each pair of lineage-
specific peaks, the human-mouse ancestral TFBSwas inferredbasedon
human-mouse synteny and phastCons score higher than the median
phastCons score for conserved TF binding peaks. Pairs of lineage-
specific peaks were identified as putative TFBS turnover events if a
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single non-ancestral TF binding peakwas within 5 kb of an ancestral TF
binding peak. TE-derived peaks were classified using the prior men-
tioned criteria of 50% overlap with the TF binding peak.

MPRA comparison
K562 lentiMPRA data was downloaded from the ENCODE portal44. TE-
derived or non-TE-derived cCRE annotations were intersected with
lentiMPRA sequence coordinates and then assigned themaximum log2
fold change (log2FC) value (both strands). cCREs were grouped based
on their annotation with the following exceptions: “None” = Low-
DNase or no intersection, “CTCF” = any classification bound by CTCF.
Two-sided Wilcoxon rank-sum test was performed comparing the
log2FC values of TE-derived cCREs with non-TE-derived cCREs within
the same category. An alternative hypothesis of TE-derived cCREs
having a greater log2FC value than non-TE-derived cCREs was used.
P-values for all tests underwent Benjamini–Hochberg multiple-test
correction.

Human population variant frequency in cCREs
We extracted variants within the human population characterized by
the 1000 genomes project45 and further selected variants with allele
frequency >1% as common variants. For each cCRE that did not
overlap coding sequence in GENCODEv4169, we counted how many
common variants intersect with them, and the number of common
variants was normalized per 100 bp of sequence. The percentage
with variant overlap and the distribution of variants per 100 bp was
obtained for TE-derived cCREs, non-TE cCREs, and cCRE flanking
regions. Flanking regions were defined as non-coding genomic
regions directly upstream and downstream with the same length as
the cCRE. Permutation tests were then performed to compare per-
centage with variant overlap and mean variants per 100bp between
TE-derived cCREs, non-TE cCREs, and cCRE flanking regions relative
to random genomic background (Supplementary Data 3, Supple-
mentary Methods).

Venn Diagram comparing features for TE-derived and non-TE-
derived cCREs
ATAC-seq in K562 cells were downloaded from ENCODE and 30-way
(27 primates) phastCons scores were downloaded from https://
genome.ucsc.edu/. Non-TE and TE-derived cCREs were classified as
being accessible (ATAC-seq), bound by a TF (TF ChIP-seq), MPRA
active (MPRA), or having high levels of sequence conservation among
primates (phastCons). PhastCons scores were binned into 20bp win-
dows and each cCRE was assigned themean of intersecting phastCons
scores. cCREs with the top 10% of phastCons scores were selected as
high sequence conservation. For ATAC-seq and TF ChIP-seq, a cCRE
containing a peak summit within its interval was considered accessible
or bound, respectively. MPRA log2FC was obtained for each cCRE as
previously described, and cCREs were classified as active in MPRA if
the maximum log2FC was greater than 1. Finally, a Venn Diagram was
generated using the combined classification of cCREs. Chi-square test
was performed to test for differences in feature classification between
TE- and non-TE-derived cCREs.

Enrichment of cCREs in GWAS variants
The NHGRI-EBI GWAS catalog with added ontology annotations and
GWAS to EFO mappings was downloaded from http://www.ebi.ac.uk/
gwas46. The strongest SNP was chosen for each reported entry. We
used dbSNP15370 to assign chromosome positions in hg38 to SNPs if
chromosome position was not already listed; SNPs with neither chro-
mosome position nor dbSNP153 rs ID were excluded. The number of
GWASSNPs found in cCREswas counted followingBEDToolsoverlap64.
Each SNPwas counted atmost once for each parent term. Permutation
test by genome-wide shuffling of cCRE coordinates was performed
1000 times to obtain a random expectation for GWAS SNP overlap.

Enrichment was calculated as the number of overlapping GWAS var-
iants in cCREs divided by the number of overlapping GWAS variants in
random shuffled coordinates. P-value was defined as the proportion of
random shuffles that reached the number of overlapping GWAS var-
iants in cCREs or higher. As a negative control, we shuffled cCRE
coordinates an additional 100 times and took the mean number of
GWAS variant overlaps.

Statistics and reproducibility
No statistical method was used to predetermine sample size (all TEs
and datasets were used where reasonable). All data points were
included in statistical analysis. Statistical analyses and graphical
representations were performed using R versions 3.5.1 and 4.0.1.

Reporting summary
Further information on research design is available in the Nature
Portfolio Reporting Summary linked to this article.

Data availability
All accession codes and download links for publicly available data are
listed in Supplementary Data 1. Source data are provided with
this paper.

Code availability
All code for analysis is available at https://github.com/twlab/
ENCODE_TE71.
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