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Abstract: Healthy and unhealthy lifestyles are tightly linked to general health and well-being. How-
ever, measurements of well-being have failed to include elements of health and easy to interpret
information for patients seeking to improve lifestyles. Therefore, this study aimed to create an index
for the assessment of general health and well-being along with two cut-off points: the lifestyle and
well-being index (LWB-I). This was a cross-sectional analysis of 15,168 individuals. Internally valid
multivariate linear models were constructed using key lifestyle features predicting a modified Short
Form 36 questionnaire (SF-36) and used to score the LWB-I. Categorization of the LWB-I was based
on self-perceived health (SPH) and analyzed using receiver operating characteristic curve analysis.
Optimal cut-points identified individuals with poor and excellent SPH. Lifestyle and well-being
were adequately accounted for using 12 lifestyle items. SPH groups had increasingly healthier
lifestyle features and LWB-I scores; optimal cut-point for poor SPH were scores below 80 points
(AUC: 0.80 (0.79, 0.82); sensitivity 75.7%, specificity 72.3%)) and above 86 points for excellent SPH
(AUC: 0.67 (0.66, 0.69); sensitivity 61.4%, specificity 63.3%). Lifestyle and well-being were quantita-
tively scored based on their associations with a general health measure in order to create the LWB-I
along with two cut points.

Keywords: well-being; health related quality of life; precision medicine; lifestyle; metabolism; Index

1. Introduction

Over the past few decades, the role of the environment for populational health has
gained greater interest among the scientific community as we now know these play a key
role for defining daily habits, which lead to non-communicable diseases (NCD) [1]. Physical
inactivity alone is attributed with a total of 832 thousand yearly deaths worldwide for its
role in cardiovascular and other diseases; and smoking habit is attributed with 23.6% and
14.5% of all forms of cancer for men and women, respectively [1]. Although less studied,
environments also influence the way an individual experiences health and disease and,
thus, the level of physical, mental and social satisfaction derived from a particular health
state, also known as health-related quality of life (HRQoL) [2]. This judicious assessment of
health is also determined by factors such as socioeconomic status and early life experiences,
but also personal goals and values [3,4]. As such, the role of environments in defining daily
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habits and perceived health will remain relevant in the coming decades as we continue
reducing the impact of NCDs on populational health.

It is clear how daily habits influence biological pathways for health, some of which
are related to the immune system or inflammatory markers and promote healthy cellular
activity; however, the impact of health perception on health is less studied and yet highly
relevant [5]. Clear examples of its importance for health and longevity include: health
and well-being have been linked to self-harm attitudes in the adolescence [6]; detrimental
lifestyles such as poor sleep [7,8] and unhealthy eating habits [9] negatively impact HRQoL
through various underlying mechanisms; and, compared to participants with no impair-
ment, those reporting deteriorated self-perceived health (SPH) saw a RR for mortality
of 1.99 (95% CI: 1.64 to 2.42) [10]. Some researchers stress that in some instances, these
effects are of significant magnitude and thus cannot be omitted from future research [8,11].
However, clear limitations to the concepts of HRQoL and SPH exist. For one, the asso-
ciations between health states and HRQoL are not always straightforward; for example,
two individuals experiencing similar health conditions could report significantly differ-
ent HRQoL [12]. This phenomenon, however, has been linked back to the relevance of
environments, cultural values and individual experiences to define health, but mainly
to acquired lifestyles [4]. Secondly, the assessment of HRQoL is traditionally based on
questionnaires that lack clear, interpretable results to guide clinical practice and improve
patients’ well-being [13]. For these reasons, and despite the fact that these tools are highly
useful for researchers, they are less practical in a clinical setting and among the general
population [12].

Traditionally, HRQoL assessment tools focus on the impact of health and disease on
either physical or mental well-being domains [14,15]. At this point, a distinction must be
made between SPH and HRQoL, the latter is a broader concept that encompasses how an
individual perceives their well-being from a physical, mental and social standpoint [2].
Contrastingly, SPH relates to the impact of health on daily activities, social relations and
mental well-being. As such and based on the type of questions presented in HRQoL assess-
ment tools, these more accurately reflect SPH [2]. The Short Form 36 (SF-36) questionnaire,
the most widely used general assessment of HRQoL, evaluates a total of eight health
domains pertaining to either physical or mental component scales including: role limita-
tions due to physical or mental issues, bodily pain, vitality, general health, mental health,
social function and physical function [13,14]. In contrast, disease specific assessments
include additional health domains, which assess the detrimental effects of treatment, or the
level of dependence caused by a disease. However, these tools suffer from similar limita-
tions as general assessment tools, with low interpretability and highly dependent on the
individuals’ perception.

Current risk assessment scores focus on measuring biomarker levels and early metabolic
changes in order to predict disease incidence or mortality [16]. However, this approach
is now being questioned as we lack information on the factors that lead individuals and
populations to experience satisfactory and fulfilling lives. This ‘positive epidemiology’
approach centers on HRQoL and well-being and has led to novel insights for health and
yet we require further study of the lifestyles and characteristics of individuals living satis-
factory lives [11]. In this line, tools for the assessment of life satisfaction and well-being
include the Flourishing index and the Ryff questionnaire, which has been associated with
a moderate reduction in mortality in a recent review [17,18]. Additional approaches to
characterizing states of well-being have been reported, not only for longevity and health,
but for particular diseases and risk factors. The Mini-Nutritional Assessment questionnaire,
a tool that combines elements of well-being and objective measures such as anthropometric
measurements, is a tool for malnutrition screening in elder populations [19]. This simple
questionnaire, for use in clinical scenarios, accelerates the assessment of these individuals at
their arrival, reducing the risk of in-hospital complications due to malnutrition [19]. Similar
tools for the general population might provide additional information on traditional and
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non-traditional determinants of health, as well as an insight into the ways environments
and daily habits promote states of well-being associated with positive outcomes.

One particular example of a lifestyle index has seen great success as a global assess-
ment of health by combining a variety of laboratory and well-being items. The MEDLIFE
index evaluates daily habits based on a traditional Mediterranean lifestyle [20]. By includ-
ing elements such as conviviality during meals and performing group activities, among
traditional elements of diet and cholesterol profiling markers, this index is a clear example
of the utility of mixed measurements of health and well-being. This lifestyle index has
seen strong associations with incidence of metabolic syndrome (compared with unhealthy
lifestyles, participants with high adherence to the MEDLIFE index had an OR of 0.29, 95%
CI: 0.10 to 0.90) and depression (compared to the lowest quartile of this index, those in
the third quartile saw HR of 0.74, 95% CI: 0.61 to 0.89), both of which have been linked to
lifestyles and general states of mental well-being [20–22]. Missing from this index, however,
are other relevant domains of HRQoL such as bodily pain, psychological well-being and
mental health, all of which are critical for individuals to experience fulfilling and successful
lives [17,23,24]. Further development of similar indices might provide additional insight
into the associations between environments and their impact on health perception, but also
the way these influence daily habits, which in conjunction could provide more adequate
estimators of traditional epidemiological outcomes and determinants of satisfactory lives
and lifestyles. Under this premise, it can be hypothesized that individuals experiencing
diverse states of health and well-being may reflect distinct habits and particular features,
which put them at higher risk of adverse outcomes.

Therefore, our aim was to design an index capable of objectively evaluating health
and well-being based on pondered associations between key nutritional, metabolic and
lifestyle features with HRQoL. Moreover, two optimal cut-off points were defined for the
index according SPH, which classified subjects into three states of lifestyle and well-being.
An interactive version of the tool will accompany this work for the reader to estimate their
lifestyle and well-being based on the associations found in this sample.

2. Materials and Methods
2.1. Study Type and Population

This is a cross-sectional analysis nested in the ongoing, permanently open, prospective,
dynamic, multipurpose cohort, the “Seguimiento Universidad de Navarra” (SUN) project;
ClinicalTrials.gov registry identifier: NCT02669602. Participants include Spanish university
graduates who were invited to participate once they had concluded their undergraduate
studies; this was considered the baseline for each participant. This cohort sought to establish
associations between dietary and lifestyle habits with chronic diseases since December
1999 [25]. Data were collected through self-administered standardized questionnaires at
standard interval follow-ups of two years.

As of December 2019, the SUN-Cohort study included a total of 22,894 participants.
Cross-sectional analyses were conducted for the 4th year of follow-up; however, sociode-
mographic and lifestyle characteristics were taken from the baseline questionnaire as
shown in Figure 1. As such, the following exclusion criteria were applied: 4 years and
9 months of follow-up were required as shorter follow-ups precluded the completion
of the SF-36 questionnaire; SF-36 information was insufficient; failure to answer item 1,
item 28, or item 31 of the SF-36 questionnaire; pre-defined energy intake limits (female
intake <500 kcal/day or >3500 kcal/day; and male intake <800 kcal/day or >4000 kcal/day);
and missing information on other variables of interest such as dietary and lifestyle habits.
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Figure 1. Data origin for the present analysis.

2.2. Primary Outcome: Health Related Quality of Life (SF-36)

HRQoL was assessed at the fourth year of follow-up using a validated, Spanish version
of the SF-36 questionnaire and scored from the RAND version of this questionnaire [9].
The SF-36 uses 36 Likert-scale questions, which are scored on a scale from zero to 100
(100 corresponds to the best possible HRQoL state) to assess 8 health domains. Finally, a
global SF-36 score was obtained as the mean score of each of the health domains. Further
scoring details and additional measures are described elsewhere [26].

For our analysis, the SF-36 was modified to exclude items 1, 28 and 31 for later use as
predictors in the LWB-I. In accordance to scoring instructions, missing items were imputed
only if these did not represent more than 50% of the items conforming a health domain
and dropped if missing items exceeded this threshold; overall, less than 2% of data were
imputed. Item 1 (In general, would you say your health is) of the SF-36 was used as a single-
item assessment of SPH and to define cut-off points for our index. Item 28 (During the past
4 weeks, have you felt downhearted and blue?) and item 31 (During the past 4 weeks, did
you feel tired?) were items corresponding to the emotional well-being and vitality health
domains of the SF-36, respectively.

2.3. Sociodemographic, Dietary and Lifestyle Items Included in the LWB-Index

The variables used to create the LWB-I were self-reported data taken from the baseline
questionnaire as described in Figure 1. Item selection was based on the literature and on
previously described associations between sociodemographic, anthropometric and lifestyle
features with HRQoL in this sample [9,22,27]. For the predictor data, categorizations
were systematically analyzed in order to identify subgroups at distinct risk of increased
or decreased SPH, as described by other reports on the development of multivariate
indices [16]. These transformations are described below.

Level of adiposity was calculated using self-reported weight and height, which were
then used to calculate body mass index (BMI) using the standard formula and reported
in kg/m2. In order to demonstrate the reliability of self-reported weight and height
data, a validation study was conducted in 2005, in which it was concluded that the data
were of sufficient reliability [28]. Smoking status was included as a categorical variable
identifying current, former and non-smokers; missing data were imputed and accounted
for <1% of the sample. Family history of diseases (FHD) identified the presence of the
following diseases in either parent: obesity, hypertension, diabetes, cardiovascular disease
(CVD; myocardial infarction or cardiac sudden death) and various forms of cancer (lung,
colon, rectum, melanoma and breast). Pre-existing diseases were identified with a single
variable for prevalent cases of diabetes, hypertension and hypercholesterolemia; reported
as a quantitative discontinuous variable ranging from 0–3. Each of these diseases were
initially self-reported by participants, following the diagnosis by a medical practitioner and
confirmed through additional questionnaires and official medical records [25].

Dietary characteristics were obtained through a validated, 136-item, self-reported,
semiquantitative food frequency questionnaire (FFQ) [25]. From the FFQ, the average
consumption of fruit and vegetable (FV) was calculated and reported as the number of
servings per day (serv/day). The consumption of sugar products was assessed using the
combined consumption of sugar packets, jam and carbonated beverages and categorized
as: non-consumers, less than one overall serv/d and those who consumed more than one
overall serv/day.

Additional lifestyle characteristics included the assessment of physical activity and
insomnia as an indicator of sleep quality [29]. Insomnia was self-reported and categorized
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as: never experienced insomnia; rarely presenting insomnia; and currently experiencing
insomnia or past symptoms of insomnia. The assessment of physical activity mimicked the
methods of two notorious cohorts, the Nurses’ Health Study and the Health Professionals’
Follow-Up study, methods that were further validated in this cohort [30]. In short, subjects
self-reported the frequency with which they performed 17 activities over the past year, for
which a standard metabolic equivalent of task (MET) was known; also known as leisure time
physical activity (LTPA). Data were then transformed to METs/h per week and categorized
for analysis according to the World Health Organization (WHO) recommendations: where
less than 2.5 h/wk of moderate intensity activities (<150 min/wk of activities such as brisk
walking or low intensity cycling per-week) was considered as below recommendations;
between 2.5 and 5 h/week of moderate/vigorous intensity activities (<300 min/wk of
moderate and vigorous activities) was within recommendations; and over 5 h/wk of
vigorous physical activity was considered to exceed current recommendations of LTPA [31].

2.4. Statistical Analyses

The samples were characterized according to SPH, measured through item 1 of the
SF-36, which consisting of five categories that were transformed as follows: poor and fair
were pooled into a “poor” SPH group, good and very good conformed the “transition”
SPH group, and a third category for excellent SPH remained independent from the rest.
Additionally, two distinct dichotomous variables were created to uniquely identify subjects
with poor SPH, and a second for those with excellent SPH; variables that were later used
to develop the cut points for the LWB-I based on receiver operated characteristics curves.
Baseline comparisons were made across groups of poor, transition and excellent SPH
groups using analysis of variance (ANOVA) for normally distributed, continuous data
(ascertained through graphical means) and reported as means (SD). χ2 distribution was
used to analyze categorical variables, which were reported as percentages.

The selection of sociodemographic and lifestyle variables used to create the LWB-I
were systematically analyzed, as (1) univariate associations with the modified SF-36 scores
and (2) in a multivariate model created through a stepwise method using the following
criteria for including a variable (univariate p value of <0.20) and for the permanence of said
variable in the model (p value had to remain <0.30 in the fitted model). Interactions were
explored, but ultimately excluded (data not shown) as they did not significantly improve
the performance of the model. Once the final set of variables were defined, the Leave-one-out
cross validation (LOO-CV) method was used to create individual β-estimates for each of
the participants in the sample. According to the LOO-CV method, each participant is
iteratively removed from the sample and a multivariate linear regression model is fitted
with the 12 predictors. The resulting β-estimates are then used to ponder the characteristics
of the participant which had been excluded from the dataset and define their LWB-I score.
Therefore, this validation method creates a training set comprised by n = (15,176 − 1)
individuals and a validation set encompassing the entire sample. As the variance in β-
estimates were low across all items (data not shown), the tool and tables presented use the
estimates of the standard linear regression model. Additional cross-validations methods
were conducted, such as the K-folds method (using 5 and 10 validation sets) along with
bootstrap β-estimations for the items of the predictive model; no significant differences
between methods were found. Reference categories were either the absence or wellness
category of a trait (BMI, smoking status, pre-existing diseases, FHD, insomnia and items 28
and 31 of the SF-36) or the category “male” when analyzing sex. Assumptions needed to
conduct multivariate model were tested by testing the normality of the residuals as well as
their variance homogeneity.

To define categorize the LWB-I, optimal cut points sought to identify participants with
poor and excellent SPH. The use of SPH as outcome of interest, is supported by previous
reports and in the absence of a gold standard for well-being [32]. ROC and AUC analyses
were calculated for the LWB-I as the independent variable and poor SPH or excellent SPH
as outcome variables. The following methods were used to identify optimal cut points:
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(a) Youden index-an optimization of sensitivity and specificity for every value of the LWB-I
and (b) The Jacobson–Traux (JT) formula—a method considering the data distribution
of LWB-I scores between groups; this last method is recommended in the absence of a
gold-standard and psychometric outcomes [33,34]. The JT formula is the following:

c = ((m1 × s2) + (m2 × s1))/s1 + s2 (1)

The formula was used two-fold to identify a lower and an upper cut-point (c) capable
of distinguishing between the scores of subjects in the poor SPH or the excellent SPH
groups. Mean and standard deviation (SD) (m# s#) of LWB-I scores were obtained for each
of the groups of poor SPH (yes = m1, s1; or no = m2, s2) or excellent SPH (yes = m1, s1;
or no = m2, s2). The sensitivity and specificity were calculated for the newly defined cut-
offs and additional exploratory scores (cut-offs that were rounded to the nearest integer).
Finally, an interactive tool was created based on the questions used in the SUN study to
emulate the assessment of the LWB-I. This application is available as Supplementary File S1.
Sub-group analyses were conducted for groups that were under-represented in our sample
and to identify significant deviations of the index scores, these included individuals with
overweight and obesity and those over 50 years of age. For each subgroup, new LWB-I
estimates were obtained and tested using the previously defined cut-points in order to
calculate sensitivity and sensibility parameters. Additionally, degree of agreement was
calculated between sub-group and whole sample LWB-I estimates using a pondered Kappa
index (K-index) analysis.

3. Results

After applying the exclusion criteria, the final sub-sample included a total of
15,168 participants (Figure 2). When comparing the excellent and poor categories of
SPH (Table 1), individuals with excellent perceived health were younger (34.4 yrs. (SD:
10.9) versus 44.3 yrs. (13.2)), had lower BMI (22.7 kg/m2 (3.0) versus 24.7 kg/m2 (4.2)),
exerted more physical activity (27.4 METs-h/wk (27.7)) compared to those with poor SPH
(18.5 METs-h/wk (20.7)) and were healthier overall. Interestingly, in the poor SPH group,
7.3% of individuals consumed no added sugars compared to the 4.5% in the excellent
SPH group.
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Table 1. Baseline characteristics of participants categorized by Item 1 of the SF-36 (In general, would
you say your health is).

Characteristics Total (n = 15,168) Poor
SPH (n = 803)

Transition SPH
(n = 12,919)

Excellent SPH
(n = 1446) p-Value

Female Sex (%) 59.8 58.9 59.8 60.0 0.805
Age (years) 38.4 (12.0) 44.3 (13.2) 38.5 (11.9) 34.4 (10.9) <0.001

BMI (kg/m2) 23.5 (3.5) 24.7 (4.2) 23.6 (3.5) 22.7 (3.0) <0.001
Underweight

(<18.5 kg/m2; %) 3.7 3.7 3.5 5.4 <0.001

Normal weight
(18.5–24.9 kg/m2; %) 66.3 55.0 66.1 74.1

Overweight
(25.0–29.9 kg/m2; %) 25.4 31.3 25.8 18.4

Obesity
(>30.0 kg/m2; %) 4.6 10.0 4.6 2.1

Smoking status (%) <0.001
Never 49.3 38.9 48.9 58.8

Current 21.2 23.0 21.5 18.0
Former 29.5 38.1 29.6 23.2

Family history of diseases a (%) <0.001
0 36.0 26.5 35.7 44.0
1 43.7 42.7 44.0 41.4
2 20.3 30.8 20.3 14.7

Pre-existing
diseases b (%) <0.001

0 75.0 59.0 74.7 86.7
1 19.9 25.3 20.4 12.4
2 4.6 13.3 4.5 0.8
3 0.5 2.4 0.4 0.1

Insomnia (%) <0.001
Never 34.1 15.2 33.6 48.8
Rarely 47.4 46.3 48.4 39.2

Yes 18.5 38.5 18.0 12.0

Physical activity (METs-h/week) 21.7 (22.7) 18.5 (20.7) 21.3 (22.0) 27.4 (27.7) <0.001

Fruits + vegetables (serv/day) 4.7 (2.8) 4.7 (3.0) 4.7 (2.8) 4.7 (2.7) 0.789

Added sugars c (total servings) <0.001
None 5.4 7.3 5.4 4.5

<1/day 91.8 87.7 91.9 93.3
>1/day 2.8 5.0 2.7 2.1

SF-36 score 82.1 (12.6) 56.7 (16.8) 82.7 (10.7) 90.9 (6.9) <0.001
SF-33 score 82.1 (12.7) 56.8 (19.9) 82.7 (10.8) 90.7 (6.9) <0.001

Data is presented as unadjusted means (SD), or percentages for categorical data. Units of measurement are
presented along with each variable. Categorization was done according to question 1 of the SF-36. Answers
include poor, fair, good, very good and excellent. Categories poor/fair and good/very good were pooled according to
the researchers’ criteria and group size. p values were obtained using χ2 distribution for categorical variables and
one-way ANOVAs for continuous variables. Prior assessment of data distribution of continuous variables was
analyzed using tests for normality and graphical means. Abbreviations BMI: Body mass index; SF-36: Short Form
36 Questionnaire, SF-33: Modified version of the SF-36 excluding items 1, 10 and 28. a: identifies the existence of
chronic diseases in both parents ranging from absent (0), present in one parent (1) and present in both parents (2).
A detailed list of the included diseases can be found in the main text. b: identifies the number of diseases
present for each subject. Diseases include diabetes, hypertension and hypercholesterolemia. c: Pooled analysis of
standard servings of sodas including products labeled as “low calorie” (200 cc), sugar (10 g) and marmalade (10 g)
were included.
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3.1. Development of the LWB-I

The multivariate linear regression model (adjusted R-squared of 0.48, p < 0.001) con-
sisted of 12 lifestyle habits and features, presented in Table 2, which significantly con-
tributed to the logistic models and the R-squared value of the linear model; data are
presented in Supplementary Table S1. Direct associations scored positively in the LWB-I
and were found for healthy habits such as FV consumption (β = 0.07 (CI 95%: 0.01, 0.12);
p = 0.017) and exerting above the recommendations of physical activity (β = 0.05 (CI 95%:
−0.47, 0.57); p = 0.843). In contrast, unhealthy lifestyles were inversely scored by the LWB-I,
these included participants that were current smokers (β = −0.86 (CI 95%: −1.24, −0.48);
p < 0.001) and those with current or past experiences of insomnia (β = −3.46 (CI 95%: −3.90,
−3.03); p < 0.001).

Table 2. Multivariate linear regression models using total SF-33 scores (range from 0 to 100) as the
outcome. Description of β-Coefficients (difference in SF-33 for each unit of the independent variable).
All variables used to develop the Lifestyle and Well-being Index are included in The SUN cohort.

LWB-I Items Beta Coefficient
(β)

Lower
Bound

Upper
Bound p-Value

Sex (female vs. male) −1.13 −1.47 −0.78 <0.001

Age (for each year) −0.04 −0.05 −0.02 <0.001

BMI category a

Underweight (<18.5 kg/m2) 0.05 −0.74 0.83 0.911
Normal (18.5–24.9 kg/m2) 0 (Ref.) 0 (Ref.) 0 (Ref.) 0 (Ref.)

Overweight (25.0–29.9 kg/m2) −0.64 −1.01 −0.27 0.002
Obesity (>30.0 kg/m2) −2.03 −2.75 −1.30 <0.001

Smoking status
Never 0 (Ref.) 0 (Ref.) 0 (Ref.) 0 (Ref.)

Current −0.86 −1.24 −0.48 <0.001
Former −0.56 −0.91 −0.20 0.002

Family History of Disease b

0 0 (Ref.) 0 (Ref.) 0 (Ref.) 0 (Ref.)
1 −0.14 −0.47 0.19 0.420
2 −0.45 −0.86 −0.03 0.035

Number of Pre-existing Diseases
0 0 (Ref.) 0 (Ref.) 0 (Ref.) 0 (Ref.)
1 −0.68 −1.07 −0.30 0.001
2 −2.39 −3.12 −1.65 <0.001
3 −4.11 −6.20 −2.02 <0.001

Insomnia
Never 0 (Ref.) 0 (Ref.) 0 (Ref.) 0 (Ref.)
Rarely −1.48 −1.81 −1.15 <0.001

Yes, currently, or in the past −3.46 −3.90 −3.03 <0.001

Physical Activity
Below recommendations c −0.58 −0.90 −0.27 <0.001

Recommended c 0 (Ref.) 0 (Ref.) 0 (Ref.) 0 (Ref.)
Above recommendations c 0.05 −0.47 0.57 0.843

Fruits + vegetables (for each serv./d) 0.07 0.01 0.12 0.017

Sugary products d (serv./d)
None 0 (Ref.) 0 (Ref.) 0 (Ref.) 0 (Ref.)

Less than 1 −0.32 −0.97 0.34 0.343
More than 1 −1.45 −2.53 −0.38 0.008
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Table 2. Cont.

LWB-I Items Beta Coefficient
(β)

Lower
Bound

Upper
Bound p-Value

Have you felt downhearted and blue? (Item 28, SF-36)
All of the time −20.45 −23.53 −17.37 <0.001

Most of the time −26.22 −28.10 −24.35 <0.001
A good bit of time −21.07 −21.94 −20.20 <0.001
Some of the time −10.85 −11.3 −10.38 <0.001

A little of the time −3.53 −3.87 −3.20 <0.001
None of the time 0 (Ref.) 0 (Ref.) 0 (Ref.) 0 (Ref.)

Did you feel tired? (Item 31, SF-36)
All of the time −25.37 −27.46 −23.28 <0.001

Most of the time −23.39 −24.52 −22.25 <0.001
A good bit of time −13.83 −14.58 −13.09 <0.001
Some of the time −7.65 −8.32 −6.99 <0.001

A little of the time −3.36 −4.02 −2.71 <0.001
None of the time 0 (Ref.) 0 (Ref.) 0 (Ref.) 0 (Ref.)

Constant 98.11 96.97 99.24 <0.001

The coefficients used to develop the index were obtained through multivariate linear regressions using the
“Leave one out” method. The modified version of the SF-36 (SF-33) was used as a dependent (predicted) variable,
whereas the variables described in this table were included as independent variables in a single model. For
categorical variables, reference categories were set to the absence of the condition or defined by literature-based
recommendations. Each β-Coefficient represents the pondered association between each variable or variable
category and an individual’s health and well-being. a: For comparison purposes, the proportion and number
of cases in each category are as follows: underweight 3.7% (548 cases); normal weight 66.3% (9920 cases);
overweight 25.4% (3807 cases); and obesity 4.6% (649 cases); b: The item designates the number of parents that
present any of the diseases described in the main text; c: Below recommendations—less than 2.5 h/wk of moderate
intensity activities, recommended-2.5 and 5 h/wk of moderate/vigorous intensity activities; d: Pooled analysis of
standard servings of sodas, including artificially sweetened beverages (200 cc), sugar (10 g) and marmalade (10 g)
were included.; Above recommendations-over 5 h/wk of vigorous physical activity.

To demonstrate the scoring process of the LWB-I, we developed the interactive tool
found in Supplementary File S1, which uses the estimates from Table 2 to ponder lifestyle
and individual features.

From sociodemographic data, female participants scored lower in the LWB-I; β coeffi-
cient: −1.13 (CI 95%: −1.47, −0.78). Inverse associations were also found for individuals
with pre-existence of three diseases (β = −4.11 (CI 95%: −6.20, −2.02); p < 0.001) or those
whom both parents presented a FHD (β = −0.45 (CI 95%: −0.86, 0.03); p = 0.035). The
consumption of ≥1 serv/day of added sugars were inversely scored: β = −1.45 (−2.53,
−0.38); p = 0.008, as well as participants that did not comply with physical activity rec-
ommendations with a coefficient of β = −0.58 (−0.90, −0.27). Finally, items 28 and 31 of
the SF-36 had statistically significant coefficients across all categories. Individuals in the
category ‘All of the time’ had an associated reduction of −20.45 (−23.53, −17.37) for item
28 and −25.37 (−27.46, −23.28) for item 31.

3.2. Defining LWB-I Cut Points

ROC curve analysis, Table 3 and Figure 3, revealed an AUC of 0.80 (0.79, 0.82) when
identifying individuals in the poor SPH category and 0.67 (0.66, 0.69) when identifying indi-
viduals with excellent SPH group. Sensitivity and specificity for the cut-off points (Table 3)
are described for the Youden method, the JT formula and for additional exploratory cut-
points. Optimal cut-points were the exploratory lower cut-off 80 points with a sensibility of
75.7% and specificity of 72.3% and the exploratory upper cut-off of 86 points with a sensitiv-
ity of 61.4% and specificity of 63.3%. A description of the sample using exploratory cut-offs
(lower bound 80 and upper bound 86 points) can be found in Supplementary Table S2. The
LWB-Index tool is presented as Supplementary File S1 using data from the entire sample.
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Table 3. ROC and area under the curve (AUC) analysis of the Lifestyle and Well-being Index and
Sensitivity and Specificity of the Cut-off points.

Lower Cut-off

AUC (CI: 95%) a 0.80 (0.79, 0.82)

Method Proposed Cut-off Sensitivity (%) Specificity (%)
Jacobson-Traux formula 77.9 69.0 77.3

Youden index 80.7 77.8 70.3
Exploratory * 80.0 75.7 72.3
Exploratory b 81.0 78.6 69.2

Upper Cut-off

AUC (CI: 95%) a 0.67 (0.66, 0.69)

Method Proposed Cut-off Sensitivity (%) Specificity (%)
Jacobson-Traux formula 84.3 71.0 52.9

Youden index 86.0 61.6 63.1
Exploratory * 85.0 66.1 56.9
Exploratory b 86.0 61.4 63.3

Logistic regression models were used to analyze the ability of the index to identify the outcome of interest. a: For
the lower cut-off, the outcome was poor self-perceived health (SPH), defined by item 1 of the SF-36 (categories:
Poor and Fair versus Good, Very Good and Excellent). *: Excellent SPH was set as the outcome for the upper
cut-off, defined by item 1 of the SF-36 (categories Excellent vs. Poor, Fair, Good and Very Good). b: Exploratory
cut-offs were obtained by upwards/downwards rounding of values obtained by the previous methods. The
cut-off points were defined using Youden’s index, a standardized formula developed by Jacobson and Traux
in 1991 based on mean (SD) HRQoL scores [32]. The estimated cut-off points were determined to the nearest
thousandth decimal.

Healthcare 2022, 10, x 5 of 5 
 

 

rounding of values obtained by the previous methods. The cut-off points were defined using 

Youden’s index, a standardized formula developed by Jacobson and Traux in 1991 based on mean 

(SD) HRQoL scores [32]. The estimated cut-off points were determined to the nearest thousandth 

decimal. 

 

Figure 3. ROC Curves for the Lifestyle and Well-being index using Item Nº 1 of the SF-36 as the 

outcome. (A): Categories Poor and Fair as outcomes (B): Category Excellent as outcome. 

Subgroup analysis, Supplementary Tables S3 and Supplementary Table S4, for indi-

viduals over 50 years resulted in estimations that did not significantly differ from the es-

timations of the whole sample. The weighted Kappa-index for the subgroup of age over 

50 years was 0.88 (0.87, 0.89) and an agreement of 91.8% with the whole-sample estimates. 

Similarly, the predictions for the subgroup of overweight and obese individuals were sim-

ilar to the whole sample estimations of the LWB-I; weighted Kappa of 0.91 (0.90, 0.91) with 

a 93.8% of agreement with the original estimates. 

4. Discussion 

In this study, an operational definition of lifestyle and well-being was methodologi-

cally possible through 12 sociodemographic, dietary and lifestyle items, which quantita-

tively characterize general health and perceived well-being defined by a modified SF-36 

questionnaire. Based on sound statistical methods, β-coefficients served to ponder self-

determined lifestyle characteristics in order to calculate the LWB-I. Cut-off points were 

systematically estimated to distinguish individuals with poor (<80 points), transition (be-

tween 80 and 86 points) or excellent (>86 points) SPH and used to describe their particular 

nutritional and lifestyle characteristics. ROC and AUC analyses revealed that these cut-

off points adequately classified the sample in three groups that were distinctively related 

to detrimental habits in the case of the poor SPH group, and healthful habits for those who 

reported excellent SPH. Additionally, an interactive tool that calculates the LWB-I accom-

panies this report and exemplifies the calculation of the index based on the data from this 

sample (Supplementary File 1). 

4.1. Lifestyle and Well-Being 

Lifestyle and nutritional factors have been loosely studied in relation to subjective 

determinants of health and health perception [35,36]. Based on the available evidence and 

results from this study, lifestyle and well-being can be operatively defined using 12 key 

dietary and lifestyle features within the SUN study. In order to create the single measure 

Figure 3. ROC Curves for the Lifestyle and Well-being index using Item Nº 1 of the SF-36 as the
outcome. (A): Categories Poor and Fair as outcomes (B): Category Excellent as outcome.

Subgroup analysis, Supplementary Tables S3 and S4, for individuals over 50 years
resulted in estimations that did not significantly differ from the estimations of the whole
sample. The weighted Kappa-index for the subgroup of age over 50 years was 0.88 (0.87,
0.89) and an agreement of 91.8% with the whole-sample estimates. Similarly, the predictions
for the subgroup of overweight and obese individuals were similar to the whole sample
estimations of the LWB-I; weighted Kappa of 0.91 (0.90, 0.91) with a 93.8% of agreement
with the original estimates.
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4. Discussion

In this study, an operational definition of lifestyle and well-being was methodologically
possible through 12 sociodemographic, dietary and lifestyle items, which quantitatively
characterize general health and perceived well-being defined by a modified SF-36 question-
naire. Based on sound statistical methods, β-coefficients served to ponder self-determined
lifestyle characteristics in order to calculate the LWB-I. Cut-off points were systematically
estimated to distinguish individuals with poor (<80 points), transition (between 80 and
86 points) or excellent (>86 points) SPH and used to describe their particular nutritional
and lifestyle characteristics. ROC and AUC analyses revealed that these cut-off points
adequately classified the sample in three groups that were distinctively related to detrimen-
tal habits in the case of the poor SPH group, and healthful habits for those who reported
excellent SPH. Additionally, an interactive tool that calculates the LWB-I accompanies this
report and exemplifies the calculation of the index based on the data from this sample
(Supplementary File S1).

4.1. Lifestyle and Well-Being

Lifestyle and nutritional factors have been loosely studied in relation to subjective
determinants of health and health perception [35,36]. Based on the available evidence and
results from this study, lifestyle and well-being can be operatively defined using 12 key
dietary and lifestyle features within the SUN study. In order to create the single measure of
LWB-I, each characteristic was pondered using the β-estimates of the multivariate models
for a quantitative assessment of general health and well-being. Developing a classification
for our index required the use of SPH in the absence of a gold standard to classify lifestyle
and well-being. These methods rely on the premise that individuals with distinct SPH
should also differ in their lifestyle and well-being scores; a conceptual framework that
has been described by the developers of the JT formula [34,37]. In our sample, initial
stratification by SPH and the cut-points that were selected for lifestyle and well-being (the
exploratory cut-points of 80 and 86 points) confirmed these clinically significant differences
for most of 12 items of the index. Previous attempts at defining cut-points for perceived
health are surprisingly compliant with our results; however, our report stands out for
its use of the use of a single HRQoL questionnaire and the use of lifestyles features as
determinants of general health and SPH [38]. A possible explanation for these trends
involves underlying homeostatic mechanisms that regulate well-being [38,39]; however,
we can neither prove or disprove this hypothesis, nor was this the goal of our report.

4.2. Lifestyle Characteristics in Association with Well-Being

Lifestyle and dietary-pattern assessments tools have been qualitatively associated
with HRQoL [9]; however, our index uses a scoring algorithm that ponders these complex
associations. The relationship between SPH and lifestyles has been previously demon-
strated using a causal inference framework. In the work by Bauldry, S. and collaborators, it
was determined that aside from socioeconomic status, adolescent lifestyles and anthropo-
metric features were determinant of SPH and HRQoL in early adulthood [4]. Indeed, our
assessment did not study these associations longitudinally; however, it can be inferred that
items relating to BMI, LTPA and nutrition such as the single item assessment of fruit and
vegetable consumption were valid means of assessing well-being as previous reports have
stated [40,41]. Regarding the assessment of diet quality, multi-item or single item assess-
ments have both been described in the past [33]. Irrespectively of the form of measurement,
the underlying mechanisms in terms of HRQoL relate to the impact of high-quality diets
on well-being. More specifically, these associations could initially stem from the personal
satisfaction derived from improving ones eating patterns and in the long-from the innate
properties of healthy diets. Similar chains of events have been described in clinical trials
that include behavioral counseling for dietary interventions [40,42]. In contrast, sugary
products were included for their role as determinants of body composition and glucose
metabolism, as well as their negative effects on health and well-being [43–46]. We observed
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relatively low consumption of these products across the categories of SPH; hence, only
the group of poor SPH was significantly associated with sugary product consumption.
We would expect for inverse associations to be consistent in future studies, particularly in
samples with higher consumption of similar food items, and thereof, marked detrimental
effects on lifestyle and well-being [46,47]. Physical activity on the other hand, is known
for its positive impact on health in a dose-response relationship [48,49]. Nevertheless,
we found that only the lack of compliance to physical activity requirements had inverse
associations with health, suggesting that these benefits are obtained irrespective of the type
and duration of the activity. Interestingly, the items for insomnia, tiredness and mood were
major contributors to our models. Insomnia in particular could reflect the effect of external
stressors that manifest as sleep disturbances as described before [43]. The contributions of
items 28 and 31 (mood and tiredness, respectively) on the other hand, have been attributed
to changes in vitality and determinants of perceived health [45]. Both of these items served
to broadly classify lifestyle and well-being, whereas lifestyle characteristics provide a more
precise estimation and help contextualize these subjective components.

4.3. Metabolic Characteristics and Their Associations with Well-Being

Previous reports highlight the subtle changes in perceived health prior to the onset
of metabolic diseases similar to the changes in metabolic syndrome [40,50]. Thus, BMI,
hypertension and hypercholesterolemia were included, and contributed significantly to the
model. BMI and HRQoL have bi-directional associations with HRQoL [51]; however, the
effects of health on body composition are expected to be limited due to the low prevalence
of obesity in our sample [25]. The integration of these comorbidities into a single item
may be underestimating the associations for diabetes; however, these data were used in
the absence of reliable indicators of glucose homeostasis [52]. Finally, the impairment of
well-being scores attributed to recent diagnoses of diseases such as diabetes have been
previously described and known to recede over time [43]. These changes could not be
explored in this cross-sectional analysis; however, we would expect minor changes of our
estimations for individuals with poor health given the low prevalence of diabetes as the
only major disease considered in the index [25].

4.4. Strengths and Limitations

Overall, the main strength of this index was an intuitive score and interpretation of
precluded lifestyle characteristics as potential determinants of low SPH and general health.
The 12 items that conform this index can be obtained from most medical records or research
datasets, and thus could serve for initial screening of participants and patients in clinical
and research scenarios. Based on these items, it was also possible to create a working
definition of healthy lifestyles and well-being, a definition that is open for scrutiny and
further research as novel studies contribute to this report. The field of application is open
to clinical practices as general assessments of health, which allow for the identification
of detrimental lifestyles based on the scores obtained for each of the items in the LWB-I.
As such, recommendations can be tailored to an individuals’ detrimental lifestyle traits, a
feature that had been absent from HRQoL and other SPH indices. A major strength was
the successful definition of cut-off points to identify three SPH groups. These categories
identified the subgroup of our sample who consider their health to be “poor”, which also
corresponded to detrimental daily habits and overall characteristics.

The methods supporting the SUN project have been widely criticized, but also con-
sistently endorsed by the scientific community on their validity. Self-reported outcomes
and exposures have been validated and, thus, the results from this study are of sufficient
credibility. Furthermore, the sampling of the SUN project was an intended restriction of
the sample. This method of restriction allows for the control of socioeconomic status and
education degree within the sample parting from the premise that a variable that does not
vary within a sample cannot influence other estimates [53]. Indeed, this sampling restriction
precludes the SUN project from estimating true prevalence of diseases and impaired SPH;
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however, it does not prevent us from reaching conclusions regarding biological plausibility
and degree of association. Examples of this method are also present in the Nurses’ Health
Study and the Health Professionals Follow-up Study, on which this cohort based [54,55]. A
major concern was the validity of our results for overweight and obese individuals and
the elderly, as these groups were under-represented in our sample. However, subgroup
analysis revealed that the estimations and classification of these groups did not significantly
depart from our initial results. Regarding the method of evaluating HRQoL, the 2-year dif-
ference between well-being and lifestyle measurements could have slightly underestimated
our coefficient for age and preexisting diseases. However, our estimations are reliable given
the low prevalence of diseases and homogenous socioeconomic status of the sample. The
reliability of self-reported data was thoroughly addressed with validation studies.

This index could serve as periodical lifestyle assessments in various clinical scenarios
after its validation and to identify early changes in nutritional status prior to the onset
of metabolic diseases. Iterative assessments could reveal progressive, clinically signifi-
cant changes in SPH as lifestyles and habits are modified with potential implications for
health over time. We encourage other research groups to analyze these associations in
their datasets to contrast with our findings. Going forward, these associations and other
characteristics should be explored for a better understanding of lifestyle and well-being
and health.

5. Conclusions

In conclusion, a set of 12 items describing major sociodemographic, anthropometric,
dietary and lifestyle characteristics adequately estimated health and well-being in a sample
of 15,168 Spanish individuals. Based on these associations, a definition of lifestyle and
well-being as well as an index, the LWB-I, were developed by examining an individual’s
features to assess general health. In addition, two optimally defined cut-off points at 80
points and 86 points of the LWB-I were established to categorize samples and populations
in order to facilitate the development of preventive measures for subjects with hindering
lifestyles and deteriorated well-being. This approach to well-being from the perspective of
lifestyles offers a novel insight into the associations between lifestyle and perceived health
for patients, health professionals and policymakers alike who seek to improve individual
or populational health.

Supplementary Materials: The following supporting information can be downloaded at: https:
//www.mdpi.com/article/10.3390/healthcare10061088/s1, Supplementary Table S1. Individual R2
estimates from linear regression models and p-values for logistic models for each the items included in
the LWB-I; Supplementary Table S2. Sample characteristics according to the Lifestyle and Well-Being
index. Cut-off points using 80 pts as the lower cut-off and 86 pts as the upper cut-off; Supplementary
Table S3. Subgroup analysis for individuals with BMI ≥30 kg/m2. β-Estimations from the linear
model; Supplementary Table S4. Subgroup analysis for individuals with age ≥50 years. β-Estimations
from the linear model; Supplementary File S1. The Lifestyle and Well-Being Index interactive tool.

Author Contributions: The designated authors contributed to the following topics: conceptualiza-
tion, O.P., C.S.-O. and J.A.M.; methodology, O.P., C.S.-O., M.S.H., M.B.-R., M.A.M.-G. and J.A.M.;
validation, O.P., C.S.-O., M.S.H. and J.A.M.; formal analysis, O.P., C.S.-O., M.S.H., M.A.M.-G. and
J.A.M.; resources, M.B.-R., M.A.M.-G. and J.A.M.; data curation, O.P., C.S.-O. and M.S.H.; writing—
original draft preparation, O.P., C.S.-O. and J.A.M.; writing—review and editing, O.P., C.S.-O., M.S.H.,
M.B.-R., M.A.M.-G. and J.A.M.: Visualization, O.P., C.S.-O. and J.A.M.; supervision, C.S.-O., M.B.-R.,
M.A.M.-G. and J.A.M.; project administration, M.B.-R., M.A.M.-G. and J.A.M.; funding acquisition,
C.S.-O., M.B.-R., M.A.M.-G. and J.A.M. All authors have read and agreed to the published version of
the manuscript.

Funding: This research was funded by Funding was received from the Spanish Government-Instituto
de Salud Carlos III, the European Regional Development Fund (FEDER) (RD 06/0045, CIBER-
OBN, Grants PI10/02658, PI10/02293, PI13/00615, PI14/01668, PI14/01798, PI14/01764, PI17/01795,
PI10/00564 and G03/140), the Navarra Regional Government (27/2011, 45/2011, 122/2014) and the
University of Navarra.

https://www.mdpi.com/article/10.3390/healthcare10061088/s1
https://www.mdpi.com/article/10.3390/healthcare10061088/s1


Healthcare 2022, 10, 1088 14 of 16

Institutional Review Board Statement: The study was conducted in accordance with the Declaration
of Helsinki, and approved by the Research Ethics Committee of the University of Navarra (protocol
code 2001/03).

Informed Consent Statement: Participants voluntarily submitted their completed baseline ques-
tionnaire in a pre-paid package that was submitted through the national post, these actions were
considered as an informed consent to participate in the study. All methods, including this form of
consent were approved by the Research Ethics Committee of the University of Navarra (2001/03), in
line with the principles of the Declaration of Helsinki.

Data Availability Statement: Data will be made available under petition and only after the approval
by the chair of the Department of Preventive Medicine and Public health of the University of Navarra
and other members of The Seguimiento Universidad de Navarra Cohort Study.

Acknowledgments: We especially thank all participants in the SUN cohort for their long-standing
and enthusiastic collaboration and our advisors from Harvard TH Chan School of Public Health
Walter Willett, Alberto Ascherio, Frank B. Hu and Meir J. Stampfer who helped us design the SUN
Project, the PREDIMED study and the PREDIMED-PLUS ongoing trial.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Vos, T.; Lim, S.S.; Abbafati, C.; Abbas, K.M.; Abbasi, M.; Abbasifard, M.; Abbasi-Kangevari, M.; Abbastabar, H.; Abd-Allah, F.;

Abdelalim, A.; et al. Global burden of 369 diseases and injuries in 204 countries and territories, 1990–2019: A systematic analysis
for the Global Burden of Disease Study 2019. Lancet 2020, 396, 1204–1222. [CrossRef]

2. Karimi, M.; Brazier, J. Health, Health-Related Quality of Life, and Quality of Life: What is the Difference? Pharmacoeconomics 2016,
34, 645–649. [CrossRef]

3. Kivits, J.; Erpelding, M.L.; Guillemin, F. Social determinants of health-related quality of life. Rev. Epidemiol. Sante Publique 2013, 61
(Suppl. 3), S189–S194. [CrossRef]

4. Bauldry, S.; Shanahan, M.J.; Boardman, J.D.; Miech, R.A.; Macmillan, R. A life course model of self-rated health through
adolescence and young adulthood. Soc. Sci. Med. 2012, 75, 1311–1320. [CrossRef] [PubMed]

5. Benjamin, E.J.; Virani, S.S.; Callaway, C.W.; Chamberlain, A.M.; Chang, A.R.; Cheng, S.; Chiuve, S.E.; Cushman, M.; Delling, F.N.;
Deo, R.; et al. Heart Disease and Stroke Statistics-2018 Update: A Report From the American Heart Association. Circulation 2018,
137, e67–e492. [CrossRef] [PubMed]

6. Gyori, D.; Farkas, B.F.; Horvath, L.O.; Komaromy, D.; Meszaros, G.; Szentivanyi, D.; Balazs, J. The Association of Nonsuicidal
Self-Injury with Quality of Life and Mental Disorders in Clinical Adolescents-A Network Approach. Int. J. Environ. Res. Public
Health 2021, 18, 1840. [CrossRef]

7. Katz, D.A.; McHorney, C.A. The relationship between insomnia and health-related quality of life in patients with chronic illness.
J. Fam. Pract. 2002, 51, 229–235.

8. Woo, D.; Lee, Y.; Park, S. Associations among working hours, sleep duration, self-rated health, and health-related quality of life in
Korean men. Health Qual. Life Outcomes 2020, 18, 287. [CrossRef]

9. Pano, O.; Sayon-Orea, C.; Gea, A.; Bes-Rastrollo, M.; Martinez-Gonzalez, M.A.; Martinez, J.A. Nutritional Determinants of Quality
of Life in a Mediterranean Cohort: The SUN Study. Int. J. Environ. Res. Public Health 2020, 17, 3897. [CrossRef]

10. Islami, F.; Goding Sauer, A.; Miller, K.D.; Siegel, R.L.; Fedewa, S.A.; Jacobs, E.J.; McCullough, M.L.; Patel, A.V.; Ma, J.;
Soerjomataram, I.; et al. Proportion and number of cancer cases and deaths attributable to potentially modifiable risk fac-
tors in the United States. CA Cancer J. Clin. 2018, 68, 31–54. [CrossRef]

11. VanderWeele, T.J.; Chen, Y.; Long, K.; Kim, E.S.; Trudel-Fitzgerald, C.; Kubzansky, L.D. Positive Epidemiology? Epidemiology 2020,
31, 189–193. [CrossRef] [PubMed]

12. Fontaine, K.R.; Barofsky, I. Obesity and health-related quality of life. Obes. Rev. 2001, 2, 173–182. [CrossRef] [PubMed]
13. Hays, R.D.; Sherbourne, C.D.; Mazel, R.M. The RAND 36-Item Health Survey 1.0. Health Econ. 1993, 2, 217–227. [CrossRef]

[PubMed]
14. Ware, J.E., Jr.; Sherbourne, C.D. The MOS 36-item short-form health survey (SF-36). I. Conceptual framework and item selection.

Med. Care 1992, 30, 473–483. [CrossRef] [PubMed]
15. WHOQOL Group, T. The World Health Organization Quality of Life assessment (WHOQOL): Position paper from the World

Health Organization. Soc. Sci. Med. 1995, 41, 1403–1409. [CrossRef]
16. Sullivan, L.M.; Massaro, J.M.; D’Agostino, R.B., Sr. Presentation of multivariate data for clinical use: The Framingham Study risk

score functions. Stat. Med. 2004, 23, 1631–1660. [CrossRef]
17. Chida, Y.; Steptoe, A. Positive psychological well-being and mortality: A quantitative review of prospective observational studies.

Psychosom. Med. 2008, 70, 741–756. [CrossRef]
18. VanderWeele, T.J.; McNeely, E.; Koh, H.K. Reimagining Health-Flourishing. JAMA 2019, 321, 1667–1668. [CrossRef]

http://doi.org/10.1016/S0140-6736(20)30925-9
http://doi.org/10.1007/s40273-016-0389-9
http://doi.org/10.1016/j.respe.2013.06.001
http://doi.org/10.1016/j.socscimed.2012.05.017
http://www.ncbi.nlm.nih.gov/pubmed/22726620
http://doi.org/10.1161/CIR.0000000000000558
http://www.ncbi.nlm.nih.gov/pubmed/29386200
http://doi.org/10.3390/ijerph18041840
http://doi.org/10.1186/s12955-020-01538-2
http://doi.org/10.3390/ijerph17113897
http://doi.org/10.3322/caac.21440
http://doi.org/10.1097/EDE.0000000000001147
http://www.ncbi.nlm.nih.gov/pubmed/31809344
http://doi.org/10.1046/j.1467-789x.2001.00032.x
http://www.ncbi.nlm.nih.gov/pubmed/12120102
http://doi.org/10.1002/hec.4730020305
http://www.ncbi.nlm.nih.gov/pubmed/8275167
http://doi.org/10.1097/00005650-199206000-00002
http://www.ncbi.nlm.nih.gov/pubmed/1593914
http://doi.org/10.1016/0277-9536(95)00112-k
http://doi.org/10.1002/sim.1742
http://doi.org/10.1097/PSY.0b013e31818105ba
http://doi.org/10.1001/jama.2019.3035


Healthcare 2022, 10, 1088 15 of 16

19. Vellas, B.; Guigoz, Y.; Garry, P.J.; Nourhashemi, F.; Bennahum, D.; Lauque, S.; Albarede, J.-L. The mini nutritional assessment
(MNA) and its use in grading the nutritional state of elderly patients. Nutrition 1999, 15, 116–122. [CrossRef]

20. Hershey, M.S.; Sotos-Prieto, M.; Ruiz-Canela, M.; Christophi, C.A.; Moffatt, S.; Martinez-Gonzalez, M.A.; Kales, S.N. The
Mediterranean lifestyle (MEDLIFE) index and metabolic syndrome in a non-Mediterranean working population. Clin. Nutr. 2021,
40, 2494–2503. [CrossRef]

21. Hershey, M.S.; Sanchez-Villegas, A.; Sotos-Prieto, M.; Fernandez-Montero, A.; Pano, O.; Lahortiga-Ramos, F.; Martinez-Gonzalez,
M.A.; Ruiz-Canela, M. The Mediterranean Lifestyle and the Risk of Depression in Middle-Aged Adults. J. Nutr. 2022, 152, 227–234.
[CrossRef] [PubMed]

22. Pano, O.; Martinez-Lapiscina, E.H.; Sayon-Orea, C.; Martinez-Gonzalez, M.A.; Martinez, J.A.; Sanchez-Villegas, A. Healthy diet,
depression and quality of life: A narrative review of biological mechanisms and primary prevention opportunities. World J.
Psychiatry 2021, 11, 997–1016. [CrossRef] [PubMed]

23. Ma, Y.; Xiang, Q.; Yan, C.; Liao, H.; Wang, J. Relationship between chronic diseases and depression: The mediating effect of pain.
BMC Psychiatry 2021, 21, 436. [CrossRef]

24. Hohls, J.K.; Konig, H.H.; Quirke, E.; Hajek, A. Anxiety, Depression and Quality of Life-A Systematic Review of Evidence from
Longitudinal Observational Studies. Int. J. Environ. Res. Public Health 2021, 18, 2022. [CrossRef]

25. Carlos, S.; De La Fuente-Arrillaga, C.; Bes-Rastrollo, M.; Razquin, C.; Rico-Campa, A.; Martinez-Gonzalez, M.A.; Ruiz-Canela, M.
Mediterranean Diet and Health Outcomes in the SUN Cohort. Nutrients 2018, 10, 439. [CrossRef] [PubMed]

26. Ware, J.E., Jr. SF-36 health survey update. Spine 2000, 25, 3130–3139. [CrossRef] [PubMed]
27. de Cuevillas, B.; Alvarez Alvarez, I.; Cuervo, M.; Fernandez Montero, A.; Navas Carretero, S.; Martinez, J.A. Definition of

nutritionally qualitative categorizing (proto)nutritypes and a pilot quantitative nutrimeter for mirroring nutritional well-being
based on a quality of life health related questionnaire. Nutr. Hosp. 2019, 36, 862–874. [CrossRef]

28. Bes-Rastrollo, M.; Pérez Valdivieso, J.R.; Sánchez-Villegas, A.; Alonso, Á.; Martínez-González, M.Á. Validación del peso e índice
de masa corporal auto-declarados de los participantes de una cohorte de graduados universitarios. Rev. Esp. Obes. 2005, 3,
352–358.

29. Greaney, M.L.; Cohen, S.A.; Blissmer, B.J.; Earp, J.E.; Xu, F. Age-specific trends in health-related quality of life among US adults:
Findings from National Health and Nutrition Examination Survey, 2001–2016. Qual. Life Res. 2019, 28, 3249–3257. [CrossRef]

30. Martinez-Gonzalez, M.A.; Lopez-Fontana, C.; Varo, J.J.; Sanchez-Villegas, A.; Martinez, J.A. Validation of the Spanish version of
the physical activity questionnaire used in the Nurses’ Health Study and the Health Professionals’ Follow-up Study. Public Health
Nutr. 2005, 8, 920–927. [CrossRef]

31. Bull, F.C.; Al-Ansari, S.S.; Biddle, S.; Borodulin, K.; Buman, M.P.; Cardon, G.; Carty, C.; Chaput, J.P.; Chastin, S.; Chou, R.; et al.
World Health Organization 2020 guidelines on physical activity and sedentary behaviour. Br. J. Sports Med. 2020, 54, 1451–1462.
[CrossRef] [PubMed]

32. Girón, P. Is age associated with self-rated health among older people in Spain? Cent. Eur. J. Public Health 2012, 20, 185–190.
[CrossRef] [PubMed]

33. Fluss, R.; Faraggi, D.; Reiser, B. Estimation of the Youden Index and its associated cutoff point. Biom. J. 2005, 47, 458–472.
[CrossRef] [PubMed]

34. Jacobson, N.S.; Truax, P. Clinical significance: A statistical approach to defining meaningful change in psychotherapy research.
J. Consult Clin. Psychol. 1991, 59, 12–19. [CrossRef] [PubMed]

35. Knight, A.; Bryan, J.; Wilson, C.; Hodgson, J.M.; Davis, C.R.; Murphy, K.J. The Mediterranean Diet and Cognitive Function among
Healthy Older Adults in a 6-Month Randomised Controlled Trial: The MedLey Study. Nutrients 2016, 8, 579. [CrossRef]

36. Kilani, H.A.; Bataineh, M.F.; Al-Nawayseh, A.; Atiyat, K.; Obeid, O.; Abu-Hilal, M.M.; Mansi, T.; Al-Kilani, M.; Al-Kitani, M.;
El-Saleh, M.; et al. Healthy lifestyle behaviors are major predictors of mental wellbeing during COVID-19 pandemic confinement:
A study on adult Arabs in higher educational institutions. PLoS ONE 2020, 15, e0243524. [CrossRef]

37. Speer, D.C. Clinically significant change: Jacobson and Truax (1991) revisited. J. Consult Clin. Psychol. 1992, 60, 402–408. [CrossRef]
38. Cummins, R.A. Subjective Wellbeing, Homeostatically Protected Mood and Depression: A Synthesis. J. Happiness Stud. 2009, 11,

1–17. [CrossRef]
39. Tomyn, A.J.; Weinberg, M.K.; Cummins, R.A. Intervention Efficacy Among ‘At Risk’ Adolescents: A Test of Subjective Wellbeing

Homeostasis Theory. Soc. Indic. Res. 2014, 120, 883–895. [CrossRef]
40. Mujcic, R.; Oswald, A.J. Evolution of Well-Being and Happiness After Increases in Consumption of Fruit and Vegetables. Am. J.

Public Health 2016, 106, 1504–1510. [CrossRef]
41. Nguyen, B.; Ding, D.; Mihrshahi, S. Fruit and vegetable consumption and psychological distress: Cross-sectional and longitudinal

analyses based on a large Australian sample. BMJ Open 2017, 7, e014201. [CrossRef] [PubMed]
42. Sayon-Orea, C.; Razquin, C.; Bullo, M.; Corella, D.; Fito, M.; Romaguera, D.; Vioque, J.; Alonso-Gomez, A.M.; Warnberg, J.;

Martinez, J.A.; et al. Effect of a Nutritional and Behavioral Intervention on Energy-Reduced Mediterranean Diet Adherence
Among Patients With Metabolic Syndrome: Interim Analysis of the PREDIMED-Plus Randomized Clinical Trial. JAMA 2019, 322,
1486–1499. [CrossRef] [PubMed]

43. Oftedal, S.; Kolt, G.S.; Holliday, E.G.; Stamatakis, E.; Vandelanotte, C.; Brown, W.J.; Duncan, M.J. Associations of health-behavior
patterns, mental health and self-rated health. Prev. Med. 2019, 118, 295–303. [CrossRef] [PubMed]

http://doi.org/10.1016/S0899-9007(98)00171-3
http://doi.org/10.1016/j.clnu.2021.03.026
http://doi.org/10.1093/jn/nxab333
http://www.ncbi.nlm.nih.gov/pubmed/34549288
http://doi.org/10.5498/wjp.v11.i11.997
http://www.ncbi.nlm.nih.gov/pubmed/34888169
http://doi.org/10.1186/s12888-021-03428-3
http://doi.org/10.3390/ijerph182212022
http://doi.org/10.3390/nu10040439
http://www.ncbi.nlm.nih.gov/pubmed/29614726
http://doi.org/10.1097/00007632-200012150-00008
http://www.ncbi.nlm.nih.gov/pubmed/11124729
http://doi.org/10.20960/nh.02532
http://doi.org/10.1007/s11136-019-02280-z
http://doi.org/10.1079/PHN2005745
http://doi.org/10.1136/bjsports-2020-102955
http://www.ncbi.nlm.nih.gov/pubmed/33239350
http://doi.org/10.21101/cejph.a3690
http://www.ncbi.nlm.nih.gov/pubmed/23285518
http://doi.org/10.1002/bimj.200410135
http://www.ncbi.nlm.nih.gov/pubmed/16161804
http://doi.org/10.1037/0022-006X.59.1.12
http://www.ncbi.nlm.nih.gov/pubmed/2002127
http://doi.org/10.3390/nu8090579
http://doi.org/10.1371/journal.pone.0243524
http://doi.org/10.1037/0022-006X.60.3.402
http://doi.org/10.1007/s10902-009-9167-0
http://doi.org/10.1007/s11205-014-0619-5
http://doi.org/10.2105/AJPH.2016.303260
http://doi.org/10.1136/bmjopen-2016-014201
http://www.ncbi.nlm.nih.gov/pubmed/28298322
http://doi.org/10.1001/jama.2019.14630
http://www.ncbi.nlm.nih.gov/pubmed/31613346
http://doi.org/10.1016/j.ypmed.2018.11.017
http://www.ncbi.nlm.nih.gov/pubmed/30476503


Healthcare 2022, 10, 1088 16 of 16

44. Ruano, C.; Henriquez, P.; Martinez-Gonzalez, M.A.; Bes-Rastrollo, M.; Ruiz-Canela, M.; Sanchez-Villegas, A. Empirically derived
dietary patterns and health-related quality of life in the SUN project. PLoS ONE 2013, 8, e61490. [CrossRef]

45. Assaf, A.R.; Beresford, S.A.A.; Risica, P.M.; Aragaki, A.; Brunner, R.L.; Bowen, D.J.; Naughton, M.; Rosal, M.C.; Snetselaar, L.;
Wenger, N. Low-Fat Dietary Pattern Intervention and Health-Related Quality of Life: The Women’s Health Initiative Randomized
Controlled Dietary Modification Trial. J. Acad. Nutr. Diet 2016, 116, 259–271. [CrossRef]

46. Selenius, J.S.; Wasenius, N.S.; Kautiainen, H.; Salonen, M.; von Bonsdorff, M.; Eriksson, J.G. Impaired glucose regulation,
depressive symptoms, and health-related quality of life. BMJ Open Diabetes Res. Care 2020, 8, e001568. [CrossRef]

47. Poll, F.A.; Miraglia, F.; D’Avila, H.F.; Reuter, C.P.; Mello, E.D. Impact of intervention on nutritional status, consumption of
processed foods, and quality of life of adolescents with excess weight. J. Pediatr. 2020, 96, 621–629. [CrossRef]

48. Sari, S.; Bilberg, R.; Sogaard Nielsen, A.; Roessler, K.K. The effect of exercise as adjunctive treatment on quality of life for
individuals with alcohol use disorders: A randomized controlled trial. BMC Public Health 2019, 19, 727. [CrossRef]

49. Boberska, M.; Szczuka, Z.; Kruk, M.; Knoll, N.; Keller, J.; Hohl, D.H.; Luszczynska, A. Sedentary behaviours and health-related
quality of life. A systematic review and meta-analysis. Health Psychol. Rev. 2018, 12, 195–210. [CrossRef]

50. Gu, J.; Chao, J.; Chen, W.; Xu, H.; Zhang, R.; He, T.; Deng, L. Multimorbidity and health-related quality of life among the
community-dwelling elderly: A longitudinal study. Arch. Gerontol. Geriatr. 2018, 74, 133–140. [CrossRef]

51. Makovski, T.T.; Schmitz, S.; Zeegers, M.P.; Stranges, S.; van den Akker, M. Multimorbidity and quality of life: Systematic literature
review and meta-analysis. Ageing Res. Rev. 2019, 53, 100903. [CrossRef] [PubMed]

52. Cepeda Marte, J.L.; Ruiz-Matuk, C.; Mota, M.; Perez, S.; Recio, N.; Hernandez, D.; Fernandez, J.; Porto, J.; Ramos, A. Quality of life
and metabolic control in type 2 diabetes mellitus diagnosed individuals. Diabetes Metab. Syndr. 2019, 13, 2827–2832. [CrossRef]
[PubMed]

53. Lash, T.L.; VanderWeele, T.J.; Heaneause, S.; Rothman, K. Modern Epidemiology, 4th ed.; Wolters Kluwer Health: Waltham, MA,
USA, 2021.

54. Bao, Y.; Bertoia, M.L.; Lenart, E.B.; Stampfer, M.J.; Willett, W.C.; Speizer, F.E.; Chavarro, J.E. Origin, Methods, and Evolution of the
Three Nurses’ Health Studies. Am. J. Public Health 2016, 106, 1573–1581. [CrossRef] [PubMed]

55. Rimm, E.B.; Stampfer, M.J.; Colditz, G.A.; Giovannucci, E.; Willett, W.C. Effectiveness of various mailing strategies among
nonrespondents in a prospective cohort study. Am. J. Epidemiol. 1990, 131, 1068–1071. [CrossRef]

http://doi.org/10.1371/journal.pone.0061490
http://doi.org/10.1016/j.jand.2015.07.016
http://doi.org/10.1136/bmjdrc-2020-001568
http://doi.org/10.1016/j.jped.2019.05.007
http://doi.org/10.1186/s12889-019-7083-8
http://doi.org/10.1080/17437199.2017.1396191
http://doi.org/10.1016/j.archger.2017.10.019
http://doi.org/10.1016/j.arr.2019.04.005
http://www.ncbi.nlm.nih.gov/pubmed/31048032
http://doi.org/10.1016/j.dsx.2019.07.062
http://www.ncbi.nlm.nih.gov/pubmed/31425943
http://doi.org/10.2105/AJPH.2016.303338
http://www.ncbi.nlm.nih.gov/pubmed/27459450
http://doi.org/10.1093/oxfordjournals.aje.a115598

	Introduction 
	Materials and Methods 
	Study Type and Population 
	Primary Outcome: Health Related Quality of Life (SF-36) 
	Sociodemographic, Dietary and Lifestyle Items Included in the LWB-Index 
	Statistical Analyses 

	Results 
	Development of the LWB-I 
	Defining LWB-I Cut Points 

	Discussion 
	Lifestyle and Well-Being 
	Lifestyle Characteristics in Association with Well-Being 
	Metabolic Characteristics and Their Associations with Well-Being 
	Strengths and Limitations 

	Conclusions 
	References

