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Abstract. Diabetes mellitus is becoming a major health burden 
worldwide. Pancreatic β‑cell death is a characteristic of type 
2 diabetes (T2D), but the underlying mechanisms of pancre‑
atic β‑cell death remain unknown. Therefore, the aim of the 
present study was to identify potential targets in the pancreatic 
islet of T2D. The GSE20966 dataset was obtained from the 
Gene Expression Omnibus (GEO) database, and differentially 
expressed genes (DEGs) were identified by using the GEO2R 
tool. The Gene Ontology terms and Kyoto Encyclopedia of 
Genes and Genomes Pathway enrichment analysis of DEGs 
were further assessed using the Database for Annotation, 
Visualization and Integrated Discovery. Furthermore, 
protein‑protein interaction (PPI) networks were constructed 
for the up‑ and downregulated genes using STRING databases 
and were then visualized with Cytoscape. The body weight, 
fasting blood glucose (FBG), pancreatic index and biochem‑
istry parameters were measured in db/db mice. Moreover, 
the morphology of the pancreas was detected by hematoxylin 
and eosin staining, and hub genes were assessed using reverse 
transcription‑quantitative PCR (RT‑qPCR) and western 
blot analysis. In total, 570 DEGs were screened, including 
376 upregulated and 194 downregulated genes, which were 
associated with ‘complement activation, classical pathway’, 
‘proteolysis’, ‘complement activation’ and ‘pancreatic secre‑
tion pathway’. It was found that the body weight, FBG, alanine 
aminotransferase, aspartate aminotransferase, total cholesterol, 
triglycerides, blood urea nitrogen, creatinine, fasting serum 
insulin, glucagon and low‑density lipoprotein cholesterol levels 
were significantly higher in db/db mice, while high‑density 
lipoprotein cholesterol levels and the pancreatic index were 
significantly decreased. Furthermore, albumin, interleukin‑8, 

CD44, C‑C motif chemokine ligand 2, hepatocyte growth 
factor, cystic fibrosis transmembrane conductance regulator, 
histone cluster 1 H2B family member n, mitogen‑activated 
protein kinase 11 and neurotrophic receptor tyrosine kinase 2 
were identified as hub genes in PPI network. RT‑qPCR and 
western blotting results demonstrated the same expression 
trend in hub genes as found by the bioinformatics analysis. 
Therefore, the present study identified a series of hub genes 
involved in the progression of pancreatic β‑cell, which may 
help to develop effective therapeutic strategy for T2D.

Introduction

Diabetes mellitus (DM), a common syndrome of disordered 
metabolism, is a growing major public health issue that 
involves the deficiency of insulin production by β‑cells in 
type 1 diabetes (T1D), but approximately 95% of patients have 
T2D (1). T2D is characterized by peripheral insulin resistance 
(IR) and decompensation of the pancreatic β‑cells (1,2). With 
rapidly increasing incidence and prevalence rates, 415 million 
individuals have been diagnosed with T2D in 2015 globally, 
and this figure is expected to rise to 642 million individuals 
by 2040 (2‑4). Moreover, previous studies have shown that the 
association between several genetic and environmental factors 
contribute to the risk of developing T2D, causing IR and the 
dysfunction of pancreatic β‑cells (4,5).

The pancreas is an important endocrine organ, and 
pancreatic β‑cells play a vital role in regulating the stability 
and metabolism of blood glucose, and are the only class of 
cells characterized by synthesizing and secreting insulin in 
the body (6‑8). Furthermore, progressive pancreatic β‑cells 
dysfunction and apoptosis are recognized as fundamental 
pathologies of T2D  (9,10). Previous studies have revealed 
that the abnormal transcription of lncRNAs growth arrest 
specific 5 (Gas5), MAF bZIP transcription factor A (MAFA), 
MAF bZIP transcription factor B (MAFB), NK6 homeobox 
1 (NKX6.1), and pancreatic and duodenal homeobox 1 
(PDX1), may be associated with islet functional injury (7,11). 
Additionally, Robertson et al (12) reported that deficiency in 
PDX1, a central administrator of insulin promoter activity, 
is an essential mechanism resulting in β‑cell dysfunction. 
Moreover, Okauchi  et  al  (13) showed that suppressing 
sodium‑glucose co‑transporter 2 using luseogliflozin has 
protective effects on pancreatic β‑cell mass and function 
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to improve glycemic control, due to the increase in β‑cell 
proliferation and reduction of β‑cell apoptosis. In addition, 
reactive oxygen species are known to enhance NF‑κB activity, 
which potentially induces β‑cell apoptosis (14). Therefore, 
these results indicate that transcription factors are involved 
in maintaining the development processes of adult β‑cells. 
Significant advances have been made in understanding glucose 
homeostasis and the pathophysiology of T2D over the past 
few decades (4,15); however, the identification of islet‑specific 
molecular targets and their mechanisms of pathology in T2D 
remains unknown.

Previous studies using high‑throughput microarray 
platforms have facilitated knowledge discovery and are 
increasingly valued for identifying the initiation and 
progression of complex diseases from multiple scales (16,17). 
With the continuous progression of the systems biology 
research field, network pharmacology is becoming a novel 
subject for scientific researchers to investigate and identify 
interconnecting disease features, bioactive agents and drug 
targets in complex biological systems  (16‑18), as well as 
bioinformatics, an interdisciplinary field that has key roles in 
the analysis of high‑throughput data (19). Microarray analysis 
of T2D, combining network pharmacology with bioinfor‑
matics methods, provides a promising strategy to identify 
molecular biological information, and are also powerful 
tools for the development of anti‑T2D targets (19). A large 
amount of core data on complex diseases, such as T2D, has 
been produced from gene combining chromatin immuno‑
precipitation, which are uploaded on the Gene Expression 
Omnibus (GEO) public database of the National Center of 
Biotechnology Information (20). Furthermore, extracting and 
re‑analyzing molecular data can provide a valuable perspec‑
tive on understanding the molecular mechanisms of complex 
diseases (20).

The aims of the present study were to identify and assess 
the transcriptional expression levels of differently expressed 
genes (DEGs) in pancreatic β‑cells associated with T2D. 
Network pharmacology and bioinformatics re‑analysis 
were performed on original data downloaded from GEO 
(GSE20966) of β‑cells separated from the pancreases of 
ten healthy controls and ten T2D samples, from a study by 
Marselli et al (21). The validation of key candidate DEGs 
expressions in pancreatic β‑cells, which were isolated from 
C57BLK/J‑db/db and db/m mice, was performed using 
reverse transcription‑quantitative PCR (RT‑qPCR). The 
present results provided further understanding of the patho‑
genesis of T2D at the molecular level and identified potential 
targets for individualized treatment of DM.

Materials and methods

Data collection. Gene expression profiling of GSE20966, using 
the Agilent‑014850 Whole Human Genome Microarray 4x44 
K G4112F platform (Agilent Technologies, Inc.), deposited by 
Marselli et al (21) was downloaded from the GEO database 
(http://www.ncbi.nlm. nih.gov/geo/). A total of 20 samples 
(GSM524151‑GSM524170) including 10 controls and 10 T2D 
subjects, along with a laser capture microdissection tech‑
nique (21), were used to extract β‑cells from pancreatic tissue 
sections of the samples.

Data processing and identification of DEGs. GEO2R 
(Version: 2.40.0; http://www.ncbi.nlm.nih.gov/geo/geo2r/), 
an interactive web‑based tool, was used to identify DEGs 
between T2D and healthy pancreatic β‑cells. Furthermore, the 
GEO2R tool was used to view the distribution of the expression 
values in the samples, which were graphically demonstrated 
as a box plot. Subsequently, the linear models for micro‑
array data package (limma; Version: 3.26.8; https://www.
bioconductor.org/) in R/Bioconductor (Version: R 3.2.3; 
https://www.r‑project.org/) were used to screen the DEGs 
between T2D and healthy pancreatic β‑cells, with P<0.05 
and log2|(FC)|≥1 used as the cut‑off criteria. Statistically 
significant DEGs were visualized on a heatmap.

Functional enrichment analysis of DEGs. Database for 
Annotation, Visualization and Integrated Discovery (DAVID; 
http://david.abcc.ncifcrf.gov/), an online biological information 
database, was used to annotate specific biological attributes for 
large‑scale molecular datasets using high‑throughput micro‑
arrays (22,23). The KEGG pathway database (https://www.
kegg.jp/) was used to perform GO functional and KEGG 
pathway enrichment analyses for DEGs, via DAVID. P<0.05 
and Benjamini‑value of <0.05 were considered as statistically 
significant.

Establishment of PPI network and hub DEGs screening. The 
STRING database (https://string‑db.org/) is an online tool, 
which provides both experimental and predicted interaction 
information for evaluating PPI networks (24). Therefore, the 
interaction of the upregulated and downregulated DEGs were 
analyzed by STRING, and a confidence with interaction score 
of ≥0.4 was used as the cut‑off criteria (25,26). Subsequently, 
complex networks of the upregulated and downregulated DEGs 
were visualized using Cytoscape (version 3.2.1; http://cyto‑
scape.org/). The hub genes in the up‑ and down‑regulated 
DEGs PPI networks were identified and the network topology 
analysis was performed using the Network Analyzer plug‑in in 
the Cytoscape (v3.6.1; https://cytoscape.org/). The hub genes, 
which may play a critical role in the network, were identified 
by using the front value of node degree, node betweenness and 
closeness of nodes (25).

Animals. The db/db male mice (weight, 31‑36  g; age, 
7 weeks; n=8) and male non‑diabetic control (db/m) mice 
(weight, 17‑26 g; age, 7 weeks; n=8) were purchased from the 
Nanjing Biological Medicine Research Institute Affiliated 
with Nanjing University. All the mice were housed in cages 
at 25˚C with 50‑70% humidity and maintained on a 12‑h 
light/darkness cycle, with free access to water and food in the 
Animal Center of Zhejiang Chinese Medicine University. All 
animal experimental procedures were based on the guidelines 
from, and were approved by, the Animal Care and Welfare 
Committee of Zhejiang Chinese Medical University (permit 
no. ZSLL‑2018‑196). db/db mice and db/m mice were fed with 
basic feed for 7 weeks. At the 14th week, the body weight, 
fasting blood glucose (FBG) and biochemical parameters were 
measured. At the defined time points, mice were euthanized 
using sodium pentobarbital (150 mg/kg, intraperitoneal) after 
an 8‑h fast. The eyeballs were removed, and then 1.5 ml blood 
samples were collected. When the heart of the mouse stopped 
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completely, pancreas tissues were removed, weighed and the 
index of the pancreas to body weight was calculated. A part 
of pancreas was frozen immediately in liquid nitrogen and 
stored at ‑80˚C until further analysis, and the remaining tissue 
sections were stored in formalin at room temperature, and the 
islet were isolated. Serum samples were acquired by centrifu‑
gation at 1,000 x g for 10 min at 4˚C for the measurement of 
alanine aminotransferase (ALT), aspartate aminotransferase 
(AST), total cholesterol (TC), triglycerides (TG), blood 
urea nitrogen (BUN), creatinine (CREA), low‑density lipo‑
protein cholesterol (LDL‑C) and high‑density lipoprotein 
cholesterol (HDL‑C) levels using a 7020 fully automatic 
biochemical analyzer (Hitachi Ltd.). In addition, the fasting 
serum insulin (FINS) and glucagon levels were measured by 
radioimmunoassay (RIA) method using a commercial kit (cat. 
no. 2013000920; Shanghai Ruiqi Biotechnology Co., Ltd.).

Morphology. Samples from the pancreas were fixed in 10% 
buffered formalin for 24 h at room temperature, embedded in 
paraffin and cut into 6‑µm sections. The sections were subse‑
quently stained with hematoxylin and eosin (H&E staining kit; 
cat. no. G1120; Beijing Solarbio Science & Technology Co., 
Ltd.) at 37˚C for 20 min. Pancreatic lesions were examined 
under a light microscope (magnification, x200; DMI 3000B; 
Leica Microsystems GmbH).

Isolation of pancreatic islets. Pancreatic islets were isolated 
as previously described (27). The pancreas was excised and 
digested by 0.5 mg/l collagenase P (Roche Diagnostics, Basel, 
Switzerland) for 13 min at 37˚C and acquired using a density 
gradient. Islet cells at a density of 5x104/ml were cultured 
in six‑well plates with RPMI‑1640 medium (Gibco; Thermo 
Fisher Scientific, Inc.) containing 11.1  mM glucose and 
10 mM HEPES, supplemented with 10% FBS (Gibco; Thermo 
Fisher Scientific, Inc.), 100 mg/ml streptomycin and 100 U/ml 
penicillin for 12 h in a 95% O2/5% CO2 atmosphere to recover 
from the isolation. Islet cells were then harvested to investigate 
the transcriptional expression levels of hub genes.

RT‑qPCR. Total RNAs were extracted from isolated mouse 
islets using TRIzol® reagent (Invitrogen; Thermo Fisher 
Scientific, Inc.) according to the manufacturer's instructions. 
The quality and quantity of RNA samples were measured using 
spectrophotometry at 260/280 nm (Thermo Fisher Scientific, 
Inc.), and cDNA was obtained using a PrimeScript RT Master 
Mix kit (cat. no. RR036A; Takara Biotechnology Co., Ltd.) 
according to the manufacturer's instructions. qPCR was 
carried out using a CFX96 Touch Deep Well detection system 
(Bio‑Rad Laboratories, Inc.). Each reaction (10 µl) contained 
1 µl cDNA template, 0.4 µl forward and reverse primers, 3.2 µl 
RNase‑free ddH2O and 5 µl SYBR-Green Master Mix (Takara 
Biotechnology Co., Ltd.). The following thermocycling condi‑
tions were used for the qPCR: Initial denaturation at 95˚C 
for 30 sec; 40 cycles of denaturation at 95˚C for 5 sec and 
annealing at 60˚C for 30 sec and dissolution curve conditions 
at 65˚C for 0.05 sec and 95˚C for 0.5 sec. The forward and 
reverse primer sequences used for PCR are shown in Table I. 
The transcriptional expression levels of the hub genes were 
normalized to GAPDH by comparing the cycle threshold (Cq) 
values, calculated by the 2‑ΔΔCq method (28).

Western blot analysis. Isolated mouse islets were lysed by 
RIPA buffer (Beyotime Institute of Biotechnology) to obtain 
the total protein. A bicinchoninic acid protein assay kit (cat. 
no. P0011; Beyotime Institute of Biotechnology) was used to 
measure the concentration of the protein samples. The samples 
were boiled for 5 min, and 30 ng protein from each cell lysate 
were resolved by SDS‑PAGE on 8 or 12% gels and transferred 
to a PVDF membrane (EMD Millipore). Then, the membranes 
were blocked with 5% skim milk at 37˚C for 1 h and incubated 
at 4˚C overnight with the primary antibodies against: Albumin 
(ALB; 1:2,000; cat. no. ab207327; Abcam), interleukin (IL)‑8 
(1:1,000; cat. no. sc‑376750; Santa Cruz Biotechnology, Inc.), 
CD44 (1:200; cat. no. sc‑7297; Santa Biotechnology, Inc.), C‑C 
motif chemokine ligand 2 (CCL‑2; 1:1,000; cat. no. ab9669; 
Abcam), hepatocyte growth factor (HGF; 1:2,000; cat. 
no. ER1910‑54; HuaBio, Inc.), cystic fibrosis transmembrane 
conductance regulator (CFTR; 1:500; cat. no. ab2784; Abcam), 
histone cluster 1 H2B family member n (HIST1H2BN; 1:100; 
cat. no. sc‑515808; Santa Biotechnology, Inc.), mitogen‑acti‑
vated protein kinase 11 (MAPK11; 1:1,000; cat. no. ab183208; 
Abcam), neurotrophic receptor tyrosine kinase 2 (NTRK2; 
1:1,000; cat. no.  ET1701‑16; HuaBio, Inc.) and GAPDH 
(1:5,000; cat. no. 60004‑1‑1 g; HuaBio, Inc.), which served 
as a loading control. Subsequently, the membranes were 
washed with TBS containing 0.1% Tween‑20, and incubated 
with horseradish peroxidase‑conjugated secondary antibodies 
(cat. nos. A9294 and A6715; 1:5,000; Sigma‑Aldrich; Merck 
KGaA) at room temperature for 1 h. To visualize the specific 
protein bands, an ECL advanced western blot detection kit 
(Thermo Fisher Scientific, Inc.) was used, and the intensity 
of bands was measured using ImageJ software (version 1.46; 
National Institutes of Health).

Statistical analysis. Statistical analysis was performed using 
SPSS version 21.0 software (IBM Corp.). Data are presented 
as the mean ± SD. Student's t‑test was used to analyze differ‑
ences between db/db mice and control groups. P<0.05 was 
considered to indicate a statistically significant difference.

Results

Data processing and DEG screening. As shown in Fig. 1A, 
raw expression data were normalized after preprocessing; 
median‑centered values demonstrated that the data were 
normalized and thus it was possible to cross‑compare between 
control and T2D samples. Using the threshold of P<0.05 and 
log2|FC|≥1, a total of 570 genes were screened to be differen‑
tially expressed in GSE20966 (Fig. 1B). Among them, 376 were 
upregulated and 194 were downregulated DEGs. Moreover, 
the top 40 upregulated and 40 downregulated DEGs were 
analyzed by heatmap clustering based on Euclidean distance 
(Fig. 1C).

Enrichment analysis of DEGs. DAVID was used to investigate 
GO function and KEGG pathway enrichment analysis of 
upregulated and downregulated DEGs. Following GO func‑
tion analysis, the DEGs were divided into biological process, 
molecular function and cellular component terms. As shown 
in Table II, it was found that the majority of enriched GO 
terms for biological process were ‘complement activation, 



ZHOU et al:  BIOINFORMATICS ANALYSIS OF PANCREATIC β-CELLS4

classical pathway’, ‘proteolysis’ and ‘complement activa‑
tion’. Furthermore, the most enriched GO terms of cellular 
component were the ‘extracellular region’, ‘extracellular 
space’, ‘blood microparticle’ and ‘extracellular exosome’. It 
was also identified that the enrichment for molecular function 
was for ‘serine‑type endopeptidase activity’. Following the 
KEGG pathway analysis, it was found that the 570 DEGs were 
primarily involved in ‘pancreatic secretion’, ‘complement and 
coagulation cascades’, ‘protein digestion and absorption’ and 
‘TNF signaling pathway’, with a P‑value and Benjamini‑value 
of <0.05.

PPI network analysis of upregulated and downregulated 
DEGs. The PPI network of upregulated genes is shown in 
Fig. 2, and was constructed with 198 nodes and 451 edges. 
Moreover, three topological properties, ‘degree’, ‘betweenness’ 

and ‘closeness’ were calculated to screen for the putative 
hub genes, and six central node genes were identified as 
putative hub genes, by filtering of degree >20 criteria in the 
network (red in Fig.  2): ALB (degree=61, node between‑
ness=0.50283976 and closeness=0.5327381), IL‑8 (degree=33, 
node betweenness=0.14382652 and closeness=0.45316456), 
CD44 (degree=27, node betweenness=0.13017011 and 
closeness=0.42316785), CCL2 (degree=23, node between‑
ness=0.05333124 and closeness=0.42417062), HGF (degree=21, 
node betweenness=0.0329843 and closeness=0.4124424) 
and CFTR (degree=21, node betweenness=0.09656952 and 
closeness=0.40406321).

The downregulated PPI network consisted of 58 nodes 
and 47 edges (Fig.  3). In addition, three down‑regulated 
genes (in green) were selected as putative hub genes in the 
downregulated PPI networks: HIST1H2BN (degree=4, 

Figure 1. Distribution of differentially expressed genes in the control and type 2 diabetic samples. (A) Box plots of the GSE20966 datasets following normal‑
ization. The x‑axis represents the samples, and the y‑axis represents the distribution of expression levels. (B) Volcano plot of the up‑ and downregulated DEGs. 
The horizontal axis is logFC and the vertical axis is the P‑value after the negative logarithm conversion. Up‑ and downregulated genes are marked in red and 
green, respectively. (C) Heat map of the upregulated and downregulated genes. The horizontal axis represents the sample and the vertical axis represents the 
genes. The red and green blocks represent the expression pattern of the gene; green represents low expression, and red represents high expression.

Table I. Primers used for reverse transcription‑quantitative PCR.

Gene 	 Forward primer (5'→3')	 Reverse primer (5'→3')

ALB	 TGGTGAAATGGCTGACTGCT	 CTCTGGTCTCACCAATCGGG
IL‑8	 GGACAACAGAGAGGTGTGCT	 ACAGCGGTGCATCAGAATTG
CD44	 CCCATTCGACAACAGGGACA	 TGGGGTGTGAGATTGGGTTG
CCL2	 GATGCAATCAATGCCCCAGTC	 TTTGGGACACTTGCTGCTGG
HGF	 ACCCTGGTGTTTCACAAGCA	 GCAAGAATTTGTGCCGGTGT
CFTR	 CCCAGCCATTTTTGGCCTTC	 GACGCCTGTAACAACTCCCA
HIST1H2BN	 CACCGGTATCTCGTCCAAGG	 ATGGTCGAGCGCTTGTTGTA
MAPK11	 CGACGAGCACGTTCAATTCC	 TCACAGTCCTCGTTCACAGC
NTRK2	 ACTGTGAAAGGCAACCCCAA	 CAGCCCATGAAGTGAGCAGA
GAPDH	 ATTCCATGGCACCGTCAAGG	 TCGCCCCACTTGATTTTGGA

ALB, albumin; IL, interleukin; CCL2, C‑C motif chemokine ligand 2; HGF, hepatocyte growth factor; CFTR, cystic fibrosis transmembrane 
conductance regulator; HIST1H2BN, histone cluster 1 H2B family member n; MAPK11, mitogen‑activated protein kinase 11; NTRK2, neuro‑
trophic receptor tyrosine kinase 2.
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node betweenness=0.38562092 and closeness=0.31034483), 
MAPK11 (degree=4, node betweenness=0.60130719 
and closeness=0.36) and NTRK2 (degree=4, node 
betweenness=0.21568627 and closeness=0.29508197.

Measuring the differences between db/db and control 
group mice. A number of characteristic differences were 
measured between db/db and control mice at the 14th week 
(Fig.  S1). The results indicated that the body weights of 
db/db mice were significantly increased compared with the 

control group. Moreover, the FBG value was significantly 
upregulated in the db/db mice group. The biochemical param‑
eters of ALT, AST, TG, TC, BUN, CREA, LDL‑C, HDL‑C, 
FINS and glucagon were measured from sera collected at 
the experimental end point. The results indicated that the 
db/db mice group had higher levels of ALT, AST, TG, TC, 
BUN, CREA, FINS, glucagon and LDL‑C compared with 
the control group (P<0.01). However, the levels of HDL‑C 
and pancreatic/body weight coefficient were significantly 
decreased in db/db mice.

Table II. Gene Ontology and pathway analysis of the differentially expressed genes in GSE20966.

GO	 GO ID	 GO term	 P‑value	 Benjamini	 Count

GO_BP	 GO:0006958	 Complement activation, classical pathway	 4.49x10‑7	 9.57x10‑4	 15
GO_BP	 GO:0006508	 Proteolysis	 2.57x10‑6	 2.74x10‑3	 34
GO_BP	 GO:0006956	 Complement activation	 2.29x10‑5	 1.62x10‑2	 12
GO_CC	 GO:0005615	 Extracellular space	 9.22x10‑14	 3.16x10‑11	 86
GO_CC	 GO:0005576	 Extracellular region	 4.44x10‑10	 7.61x10‑8	 87
GO_CC	 GO:0072562	 Blood microparticle	 1.46x10‑7	 1.67x10‑5	 19
GO_CC	 GO:0070062	 Extracellular exosome	 4.42x10‑6	 3.79x10‑4	 114
GO_MF	 GO:0004252	 Serine‑type endopeptidase activity	 4.37x10‑7	 2.87x10‑4	 24
PATHWAY	 hsa04972	 Pancreatic secretion	 8.40x10‑8	 1.97x10‑5	 16
PATHWAY	 hsa04610	 Complement and coagulation cascades	 5.31x10‑6	 6.24x10‑4	 12
PATHWAY	 hsa04974	 Protein digestion and absorption	 2.75x10‑4	 0.021326216	 11
PATHWAY	 hsa04668	 TNF signaling pathway	 3.07x10‑4	 0.017869834	 12
PATHWAY	 hsa04978	 Mineral absorption	 3.88x10‑4	 0.018059595	 8

GO, Gene Ontology; BP, biological process; CC, cellular component; MF, molecular function; TNF, tumor necrosis factor.

Figure 2. Protein‑protein interaction network of upregulated DEGs. In total, six upregulated DEGs in red were identified as putative candidate genes. DEGs of 
low degree values are presented as small‑sized nodes of bright colors. DEGs, differentially expressed genes.
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Islet morphology changes in db/db mice. Light microscopy 
examination of HE stained sections identified the appear‑
ance of pancreatic acinar structures in the control mice group 
(Fig. 4A). Moreover, pancreatic islets of healthy pancreatic 
tissue were round or oval and had a clear boundary, with the 
cells arranged in a neat, medium‑sized uniform distribution. 
However, in the db/db mice group, pancreatic morphologies 
were abnormal and the boundaries were not clear, and the cell 
number was decreased (Fig. 4B).

Hub genes expression. The islets of pancreas were removed 
to detect the mRNA expression levels of hub genes in the 
upregulated and downregulated PPI network, including ALB, 
IL‑8, CD44, CCL2, HGF, CFTR, HIST1H2BN, MAPK11 and 
NTRK2. It was found that the mRNA expression levels of 
ALB, IL8, CD44, CCL2, HGF and CFTR were significantly 
increased in the db/db mice group compared with the control 

group (P<0.05; Fig. 5A‑F). Furthermore, the results indicate 
that the mRNA expression levels of HIST1H2BN, MAPK11 
and NTRK2 were significantly decreased compared with the 
control group (P<0.05; Fig. 5G‑I). Therefore, the RT‑qPCR 
results of the DEGs were consistent with the microarray 
analysis.

In addition, it was found that the protein expression 
levels of ALB and IL‑8 were significantly higher in db/db 
mice compared with the control group (P<0.01; Fig. 6A‑C). 
However, there was no significant difference in CD44 and 
CCL2 protein expression levels (Fig. 6D and E). Moreover, 
the results suggested that db/db mice had significantly 
higher HGF and CFTR protein expression levels compared 
with control mice (P<0.01 and P<0.05, respectively; 
Fig. 6F and G). It was also found that there were no significant 
differences in the expression of HIST1H2BN between db/db 
and control mice groups (Fig. 6H). In addition, the results 

Figure 4. Islet morphology changes in db/db mice. (A) Control mice group. (B) db/db mice group. Magnification, x200.

Figure 3. Protein‑protein interaction network of downregulated DEGs. In total, three downregulated DEGs in green were identified as putative candidate 
genes. DEGs of low degree values are presented as small‑sized nodes of bright colors. DEGs, differentially expressed genes.
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indicated that the protein expression levels of MAPK11 and 
NTRK2 were significantly lower in db/db mice compared 
with the control group (P<0.05 and P<0.01, respectively; 
Fig. 6I and J).

Discussion

T2D, the most common form of DM worldwide, is a complex 
metabolic disease and is characterized by varied degrees of 
dysfunction in pancreatic β‑cells, resulting in IR  (29,30). 
However, the pathophysiology of T2D has not been as exten‑
sively studied, with regards to defective insulin secretion and 
impaired insulin action in peripheral tissues. In the present 
study, putative hub genes and enriched pathways of pancreatic 
β‑cells were identified using bioinformatics analysis, and 
assessed using RT‑qPCR and western blot analysis. Gene 
expression data from GSE20966 were re‑analyzed, and it was 
found that there were 376 upregulated and 194 downregulated 
DEGs in patients with diabetes compared with the control 
subjects. The functional annotation analysis results suggested 
that these DEGs participated in ‘complement activation and 
classical pathways’. Furthermore, abnormal insulin secretion 
was one of the prominent molecular events of pancreas. It was 

also demonstrated that the ‘pancreatic secretion pathway’ was 
the most significantly enriched KEGG pathway.

In total, nine hub genes were identified, which were 
screened from the calculation of network topology in the 
upregulated and downregulated PPI networks. In the present 
study, the body weight, FBG and biochemical parameters for 
the db/db mice were significantly increased compared with the 
control mice. The leptin receptor‑deficient db/db mouse model 
is a generally‑used research model, in which the development of 
progressive diabetes is characterized by reduced proliferation 
and increased apoptosis in pancreatic β‑cells (31). Similarly, 
the pancreatic/body weight coefficient and islet morphology 
changes identified in the present study were consistent with 
previous studies  (31,32). Moreover, using the GSE20966 
dataset, Ding et al (33) revealed DEGs that are enriched in the 
pancreatic secretion pathway, and that serpin family G member 
1 and alanyl aminopeptidase membrane are associated with 
the development of T2D. In addition, Zhong et al (34) reported 
that ATP‑citrate lyase is hub gene involved in the molecular 
mechanism of T2D. Based on previous studies, the character‑
istic of the PPI network were further analyzed in the present 
study, which identified additional hub genes, including ALB, 
IL‑8, CD44, CCL2, HGF, CFTR, HIST1H2BN, MAPK11 and 

Figure 5. Validation of microarray data with RT‑qPCR. Microarray and RT‑qPCR for (A) ALB, (B) IL‑8, (C) CD44, (D) CCL2, (E) HGF, (F) CFTR, 
(G) HIST1H2BN, (H) MAPK11 and (I) NTRK2. RT‑qPCR results were consistent with the microarray data, and the P‑values were calculated by Student's 
t‑test. ▲P<0.05, ▲▲P<0.01. RT‑qPCR, reverse transcription‑quantitative PCR; ALB, albumin; IL, interleukin; CCL2, C‑C motif chemokine ligand 2; HGF, 
hepatocyte growth factor; CFTR, cystic fibrosis transmembrane conductance regulator; HIST1H2BN, histone cluster 1 H2B family member n; MAPK11, 
mitogen‑activated protein kinase 11; NTRK2, neurotrophic receptor tyrosine kinase 2.
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NTRK2. It was found that these hub genes exhibited the same 
expression levels as the microarray data of GSE20966, and the 
protein expression levels of ALB, IL‑8, CD44, HGF, CFTR, 
MAPK11 and NTRK2 were consistent with the RT‑qPCR 
results.

ALB is a useful marker of nutrition and general health 
status, and it has been shown that ALB concentration is 
associated with metabolic syndromes, diabetes, coronary 
heart disease, all‑cause mortality and IR (35‑37). T2D is also 
characterized by systemic low‑grade inflammation, which 
promotes the development of IR (38). IL‑8, a pro‑inflamma‑
tory polypeptide, is one of the most central members of the 
CXC chemokine superfamily, and is involved in macrophage 
infiltration, systemic immunity and activation of adipose 
tissue (38). Furthermore, it has been reported that IL‑8 may 
play a major role in the pathogenesis of T2D (38). Previous 
studies revealed that inflammatory stimulation induces IL‑8 
production in human adipocytes via the p38 MAPK pathway 
and/or ERK pathway, and can induce IR via the inhibition of 
Akt phosphorylation in human adipocytes  (38). Moreover, 
Zozuliñska et al (39) showed that increased IL‑8 expression 
in a small cohort of both patients with T1D or T2D results 
in poor glycemic control compared with healthy control 
subjects (38,39).

CD44 is a multifunctional adhesion molecule receptor 
expressed at the cell surface of extracellular matrix (ECM) 
components, which contains 20 exons and generates multiple 
protein isoforms, resulting in standard (CD44s) and variant 
(CD44v) isoforms, via alternative transcript splicing (40,41). 
Previous studies have shown CD44 expression to be positively 
associated with adipose inflammation and the index of IR in 
adipose tissue, and that serum CD44s levels are positively 
associated with IR and glycemic control in patients with 
diabetes (42,43). Kobayashi et al (41) reported that CD44v is 
highly expressed in pancreatic islets of diabetic mice and that 

it inhibits insulin secretion by attenuating amino acid transport 
mediated by the L‑type amino acid transporter LAT1. Similar 
to these previous studies, the present study also found upregu‑
lation of CD44 in db/db mice, indicating that CD44 may be a 
promising therapeutic target for DM.

The pro‑inflammatory chemokine CCL2 is a member of 
the CC chemokine family, which contains 76 amino acids, and 
plays a key role in the inflammatory process (44). Studies on 
the intervention of CCL2 or CCL2‑deficient diabetic mouse 
kidneys revealed that a lack of CCL2 results in reduced accu‑
mulation of interstitial myofibroblasts, renal production of 
transforming growth factor‑β1 and deposition of ECM (45,46). 
As reported by Hopfgarten et al (47), inflammation of the islet 
promotes the loss of β‑cells and T2D, as shown by increased 
expression CCL2 in the islets of donors with T1D, whereas 
it is undetected in healthy donors. The results of the present 
study is consistent with the findings of Hopfgarten et al (47), 
indicating that CCL2 is a crucial potential therapeutic target 
for the treatment of inflammation in T2D.

HGF is a mesenchymal‑derived pleiotropic factor, 
which has multiple roles, including cellular proliferation, 
morphogenesis, motogenic, anti‑apoptotic, angiogenic 
and angioprotective, as well as tissue regeneration and 
repair (48‑50). Mellado‑Gil et al (51) showed that the disruption 
of the endogenous pancreatic HGF/c‑Met signaling pathway 
enhances pancreatic β‑cell death and accelerates the onset of 
DM in diabetogenic conditions. Moreover, it has been revealed 
that there is increased HGF protein expression in adipose and 
liver tissues with IR (51). Araújo et al (52) also reported that 
HGF treatment on isolated β‑cells from rats results in increased 
levels of insulin receptor substrate 2 tyrosine phosphorylation, 
as well as AKTser473 and ERK phosphorylation, thus suggesting 
that the correlation between HGF and β‑cell mass increase 
may involve these proteins from insulin signaling pathways. 
Consistent with previous studies, the present results suggested 

Figure 6. Western blotting. (A) Detection of protein expression levels of (B) ALB, (C) IL‑8, (D) CD44, (E) CCL‑2, (F) HGF, (G) CFTR, (H) HIST1H2BN, 
(I) MAPK11 and (J) NTRK2. *P<0.05, **P<0.01 vs. control mice. ALB, albumin; IL, interleukin; CCL2, C‑C motif chemokine ligand 2; HGF, hepatocyte 
growth factor; CFTR, cystic fibrosis transmembrane conductance regulator; HIST1H2BN, histone cluster 1 H2B family member n; MAPK11, mitogen‑
activated protein kinase 11; NTRK2, neurotrophic receptor tyrosine kinase 2; Con, control.



EXPERIMENTAL AND THERAPEUTIC MEDICINE  20:  60,  2020 9

that the expression of HGF in the islet of db/db mice was 
higher compared with the control mice.

Cystic fibrosis‑related (CF‑related) diabetes (CFRD) is 
identified as a form of type 3c (pancreatogenic) DM, as CFRD 
shows characteristics of both T1D and T2D, with regards to 
the occurrence and development of chronic infection, pancre‑
atic insufficiency and varying degrees of IR (53). Furthermore, 
CFRD is caused by mutations in CFTR (53,54), which is a Cl‑ 

channel that belongs to the ATP‑binding cassette‑transporter 
proteins family and is activated by cAMP. It has been shown 
that mutations in the CFTR impair the function of ion chan‑
nels, causing cystic fibrosis (55). The present study found that 
CFTR levels were significantly increased in db/db mice. These 
data suggested that abnormal expression and mutations of 
CFTR may be a potential molecule for therapeutic response 
of DM.

HIST1H2BN encodes for members of the histone H2B 
family in humans located on human chromosome 6 (6p21‑p22), 
regarded as the histone H2B‑type 1‑N protein, and also 
functions in the compaction of chromatin into higher‑order 
structures  (56). In the present study, it was demonstrated 
that the transcriptional expression level of HIST1H2BN was 
downregulated in GSE20966; however, additional prospective 
experiments are required to investigate whether HIST1H2BN 
acts as a therapeutic target in T2D.

P38 MAPK belongs to the MAPK superfamily, which is 
composed of four isoforms: MAPK14, MAPK11, MAPK12 
and MAPK13. Among them, MAPK14 and MAPK11 are the 
predominant forms, and play important roles in the occurrence 
and development of T2D, due to increased apoptosis of pancre‑
atic β‑cells (57,58). Huang et al (58) reported that diazoxide 
prevents the onset and development of DM in OLETF rats 
by inhibiting β‑cell apoptosis via increasing MAPK11, and 
elevating the Bcl‑2/Bax ratio to ameliorate insulin secretory 
capacity. In addition, the mRNA and protein expression of 
MAPK11 were significantly lower in the db/db mice of the 
present study. The result indicated that MAPK11 might be a 
novel therapeutic strategy to prevent and manage T2D. To the 
best of our knowledge, this is the first report in elucidating the 
abnormality of MAPK11 in db/db mice, and further research 
of MAPK 11 on β‑cell function is required.

NTRK2, a possible candidate gene on 9q21, belongs to 
the family of NTRK proteins and is the membrane‑bound 
receptor for brain‑derived neurotrophic factor (BDNF) (59). 
In addition, BDNF binding triggers the signaling cascades of 
phospholipase Cγ, MAPK and PI3K pathways with tyrosine 
phosphorylation in the intracellular domains of NTRK2 (58). 
Furthermore, BDNF/NTRK2 deficiency and mutations of 
NTRK2 are correlated with increased weight and obesity in 
humans and mice (59-61). In the present study, it was identified 
that NTRK2 had significantly suppressed expression in db/db 
pancreatic β‑cells.

Therefore, the aforementioned results suggested that 
these hub genes may be potential therapeutic targets and 
may play a critical role in pancreatic β‑cell death of T2D; 
however, this process is currently not fully understood. 
Moreover, it has been revealed that body mass index (BMI) 
is the most common predictor to identify IR (62); however, 
the relationship between BMI and IR was not investigated 
in the present study, and only body weight was measured. In 

addition, the sample sizes were relatively few in the present 
study, and thus should be performed with clinical cases. 
Therefore, future comprehensive studies are required with 
larger clinical samples to identify the mechanisms related 
to the potential targets to increase understand their roles in 
T2D.

In conclusion, the present results suggested ALB, IL‑8, 
CD44, CCL2, HGF, CFTR, HIST1H2BN, MAPK11 and 
NTRK2 may be potential core genes of T2D, which may 
facilitate the development of treatment options for T2D. 
However, further studies are required to investigate the signifi‑
cant pancreatic β‑cell‑associated genes that have potential for 
targeted therapy of T2D.

Acknowledgements

Not applicable.

Funding

This work was supported by grants from the National Natural 
Science Foundation of China (grant no. 81703996) and the 
Natural Science Foundation of Zhejiang Province (grant 
no. LQ14H270004).

Availability of data and materials

The datasets used and/or analyzed during the current study 
are available from the corresponding author on reasonable 
request.

Authors' contributions

DYZ, XM and DZ participated in the design of the study and 
performed statistical analysis. KL, WHL and YQX conducted 
the study and interpreted the data. DYZ, and DZ drafted the 
manuscript and revised it critically for important intellectual 
content. All authors read and approved the final manuscript.

Ethics approval and consent to participate

Not applicable.

Patient consent for publication

Not applicable.

Competing interests

The authors declare that they have no competing interests.

References

  1.	 Omar DF, Kamal MM, El‑Hefnawy MH and El‑Mesallamy HO: 
Serum vitamin D and its upregulated protein, thioredoxin 
interacting protein, are associated with beta‑cell dysfunction in 
adult patients with type 1 and type 2 diabetes. Can J Diabetes 42: 
588‑594, 2018.

  2.	Shroff G, Shroff R and Gupta R: Analysis of the regulation 
pathways via microarray and miRNA studies: Human embryonic 
stem cells to treat diabetes mellitus type‑II. Am J Stem Cells 7: 
48‑55, 2018.



ZHOU et al:  BIOINFORMATICS ANALYSIS OF PANCREATIC β-CELLS10

  3.	Sireesh  D, Dhamodharan  U, Ezhilarasi  K, Vijay  V and 
Ramkumar KM: Association of NF‑E2 related factor 2 (Nrf2) 
and inflammatory cytokines in recent onset type 2 diabetes 
mellitus. Sci Rep 8: 5126, 2018.

  4.	Zhou Z, Sun B, Li X and Zhu C: DNA methylation landscapes 
in the pathogenesis of type 2 diabetes mellitus. Nutr Metab 
(Lond) 15: 47, 2018.

  5.	Stumvoll M, Goldstein BJ and van Haeften TW: Type 2 diabetes: 
Principles of pathogenesis and therapy. Lancet 365: 1333‑1346, 
2005.

  6.	Ruan Y, Lin N, Ma Q, Chen R, Zhang Z, Wen W, Chen H and 
Sun J: Circulating LncRNAs analysis in patients with type 2 
diabetes reveals novel genes influencing glucose metabolism and 
islet β‑cell function. Cell Physiol Biochem 46: 335‑350, 2018.

  7.	 Jin F, Wang N, Zhu Y, You L, Wang L, De W and Tang W: 
Downregulation of long noncoding RNA Gas5 affects cell cycle 
and insulin secretion in mouse pancreatic β cells. Cell Physiol 
Biochem 43: 2062‑2073, 2017.

  8.	DeSouza SV, Singh RG, Yoon HD, Murphy R, Plank LD and 
Petrov MS: Pancreas volume in health and disease: A systematic 
review and meta‑analysis. Expert Rev Gastroenterol Hepatol 12: 
757‑766, 2018.

  9.	 Butler AE, Janson J, Bonner‑Weir S, Ritzel R, Rizza RA and 
Butler PC: Beta‑cell deficit and increased beta‑cell apoptosis in 
humans with type 2 diabetes. Diabetes 52: 102‑110, 2003.

10.	 Yin Y, Hao H, Cheng Y, Zang L, Liu J, Gao J, Xue J, Xie Z, 
Zhang Q, Han W and Mu Y: Human umbilical cord‑derived 
mesenchymal stem cells direct macrophage polarization to alle‑
viate pancreatic islets dysfunction in type 2 diabetic mice. Cell 
Death Dis 9: 760, 2018.

11.	 Guo  S, Dai  C, Guo  M, Taylor  B, Harmon  JS, Sander  M, 
Robertson RP, Powers AC and Stein R: Inactivation of specific 
β cell transcription factors in type 2 diabetes. J Clin Invest 123: 
3305‑3316, 2013.

12.	Robertson RP, Harmon J, Tran PO, Tanaka Y and Takahashi H: 
Glucose toxicity in beta‑cells: Type 2 diabetes, good radicals 
gone bad, and the glutathione connection. Diabetes 52: 581‑587, 
2003.

13.	 Okauchi  S, Shimoda  M, Obata  A, Kimura  T, Hirukawa  H, 
Kohara K, Mune T, Kaku K and Kaneto H: Protective effects 
of SGLT2 inhibitor luseogliflozin on pancreatic β‑cells in obese 
type 2 diabetic db/db mice. Biochem Biophys Res Commun 470: 
772‑782, 2016.

14.	 Zheng S, Zhao M, Ren Y, Wu Y and Yang J: Sesamin suppresses 
STZ induced INS‑1 cell apoptosis through inhibition of NF‑κB 
activation and regulation of Bcl‑2 family protein expression. Eur 
J Pharmacol 750: 52‑58, 2015.

15.	 Kahn SE, Cooper ME and Del Prato S: Pathophysiology and 
treatment of type 2 diabetes: Perspectives on the past, present, 
and future. Lancet 383: 1068‑1083, 2014.

16.	 Wang T, Wu Z, Sun L, Li W, Liu G and Tang Y: A computational 
systems pharmacology approach to investigate molecular mecha‑
nisms of herbal formula Tian‑Ma‑Gou‑Teng‑Yin for treatment of 
Alzheimer's disease. Front Pharmacol 9: 668, 2018.

17.	 Li Y, Li Y, Lu W, Li H, Wang Y, Luo H, Wu Y, Dong W, Bai G and 
Zhang Y: Integrated network pharmacology and metabolomics 
analysis of the therapeutic effects of Zi Dian Fang on immune 
thrombocytopenic purpura. Front Pharmacol 9: 597, 2018.

18.	 Hopkins AL: Network pharmacology: The next paradigm in 
drug discovery. Nat Chem Biol 4: 682‑690, 2008.

19.	 Qian F, Guo J, Jiang Z and Shen B: Translational bioinformatics 
for cholangiocarcinoma: Opportunities and challenges. Int J Biol 
Sci 14: 920‑929, 2018.

20.	Zhou W, Gong L, Li X, Wan Y, Wang X, Li H and Jiang B: 
Screening key candidate genes and pathways involved in insuli‑
noma by microarray analysis. Medicine (Baltimore) 97: e10826, 
2018.

21.	 Marselli  L, Thorne  J, Dahiya  S, Sgroi  DC, Sharma  A, 
Bonner‑Weir S, Marchetti P and Weir GC: Gene expression profiles 
of Beta‑cell enriched tissue obtained by laser capture microdissec‑
tion from subjects with type 2 diabetes. PLoS One 5: e11499, 2010.

22.	Zhao Y, Zhang X, Zhao Y, Kong D, Qin F, Sun J and Dong Y: 
Identification of potential therapeutic target genes, key miRNAs 
and mechanisms in acute myeloid leukemia based on bioinfor‑
matics analysis. Med Oncol 32: 152, 2015.

23.	Zhou W, Yin M, Cui H, Wang N, Zhao LL, Yuan LZ, Yang XP, 
Ding XM, Men FZ, Ma X and Na JR: Identification of potential 
therapeutic target genes and mechanisms in non‑small‑cell lung 
carcinoma in non‑smoking women based on bioinformatics 
analysis. Eur Rev Med Pharmacol Sci 19: 3375‑3384, 2015.

24.	Szklarczyk  D, Gable  AL, Lyon  D, Junge  A, Wyder  S, 
Huerta‑Cepas  J, Simonovic  M, Doncheva  NT, Morris  JH, 
Bork P, et al: STRING v11: Protein‑protein association networks 
with increased coverage, supporting functional discovery in 
genome‑wide experimental datasets. Nucleic Acids Res 47 (D1): 
D607‑D613, 2019.

25.	Saito R, Smoot ME, Ono K, Ruscheinski J, Wang PL, Lotia S, 
Pico AR, Bader GD and Ideker T: A travel guide to cytoscape 
plugins. Nat Methods 9: 1069‑1076, 2012.

26.	Xu X, Shi Z, Hu J, Yuan B, Huang H, Fang H, Yin X, Nie N 
and Sheng X: Identification of differentially expressed genes 
associated with burn sepsis using microarray. Int J Mol Med 36: 
1623‑1629, 2015.

27.	 Zmuda EJ, Powell CA and Hai T: A method for murine islet 
isolation and subcapsular kidney transplantation. J Vis Exp: pii: 
2096, 2011.

28.	Livak KJ and Schmittgen TD: Analysis of relative gene expres‑
sion data using real‑time quantitative PCR and the 2(‑Delta Delta 
C(T)) method. Methods 25: 402‑408, 2001.

29.	 Nasteska D and Hodson DJ: The role of beta cell heterogeneity in 
islet function and insulin release. J Mol Endocrinol 61: R43‑R60, 
2018.

30.	Unnikrishnan R, Pradeepa R, Joshi SR and Mohan V: Type 
2 diabetes: Demystifying the global epidemic. Diabetes  66: 
1432‑1442, 2017.

31.	 Puff R, Dames P, Weise M, Göke B, Seissler J, Parhofer KG and 
Lechner A: Reduced proliferation and a high apoptotic frequency 
of pancreatic beta cells contribute to genetically‑determined 
diabetes susceptibility of db/db BKS mice. Horm Metab Res 43: 
306‑311, 2011.

32.	Li Y, Zheng J, Shen Y, Li W, Liu M, Wang J, Zhu S and Wu M: 
Comparative study of liraglutide and insulin glargine on 
glycemic control and pancreatic β‑cell function in db/db mice. 
Med Sci Monit 24: 3293‑3300, 2018.

33.	 Ding L, Fan L, Xu X, Fu J and Xue Y: Identification of core 
genes and pathways in type 2 diabetes mellitus by bioinformatics 
analysis. Mol Med Rep 20: 2597‑2608, 2019.

34.	Zhong M, Wu Y, Ou W, Huang L and Yang L: Identification of 
key genes involved in type 2 diabetic islet dysfunction: A bioin‑
formatics study. Biosci Rep 39: pii: BSR20182172, 2019.

35.	 Jin SM, Hong YJ, Jee JH, Bae JC, Hur KY, Lee MK and Kim JH: 
Change in serum albumin concentration is inversely and inde‑
pendently associated with risk of incident metabolic syndrome. 
Metabolism 65: 1629‑1635, 2016.

36.	Liu M, Tang J, Zeng J and He Y: Higher serum albumin was 
related with diabetes incidence and the impact of BMI changes: 
Based on cohort study of 18,384 Chinese male elderly. J Diabetes 
Complications 31: 1663‑1668, 2017.

37.	 Khoundabi B, Kazemnejad A, Mansourian M and Faghihimani E: 
Factors associated with serum albumin in diabetes mellitus type 2 
with microalbuminuria using non‑normal mixed models: A 
prospective cohort study. Iran Red Crescent Med J 18: e20671, 2016.

38.	Cimini FA, Barchetta I, Porzia A, Mainiero F, Costantino C, 
Bertoccini L, Ceccarelli V, Morini S, Baroni MG, Lenzi A and 
Cavallo MG: Circulating IL‑8 levels are increased in patients 
with type 2 diabetes and associated with worse inflammatory and 
cardiometabolic profile. Acta Diabetol 54: 961‑967, 2017.

39.	 Zozuliñska D, Majchrzak A, Sobieska M, Wiktorowicz K and 
Wierusz‑Wysocka B: Serum interleukin‑8 level is increased in 
diabetic patients. Diabetologia 42: 117‑118, 1999.

40.	Lin D, Chun TH and Kang L: Adipose extracellular matrix 
remodelling in obesity and insulin resistance. Biochem 
Pharmacol 119: 8‑16, 2016.

41.	 Kobayashi  N, Okazaki  S, Sampetrean  O, Irie  J, Itoh  H and 
Saya H: CD44 variant inhibits insulin secretion in pancreatic 
β cells by attenuating LAT1‑mediated amino acid uptake. Sci 
Rep 8: 2785, 2018.

42.	Kodama K, Horikoshi M, Toda K, Yamada S, Hara K, Irie J, 
Sirota M, Morgan AA, Chen R, Ohtsu H, et al: Expression‑based 
genome‑wide association study links the receptor CD44 in 
adipose tissue with type 2 diabetes. Proc Natl Acad Sci USA 109: 
7049‑7054, 2012.

43.	 Liu LF, Kodama K, Wei K, Tolentino LL, Choi O, Engleman EG, 
Butte AJ and McLaughlin T: The receptor CD44 is associated with 
systemic insulin resistance and proinflammatory macrophages in 
human adipose tissue. Diabetologia 58: 1579‑1586, 2015.

44.	Czemplik M, Kulma A, Wang YF and Szopa J: Therapeutic 
strategies of plant‑derived compounds for diabetes via regula‑
tion of monocyte chemoattractant protein‑1. Curr Med Chem 24: 
1453‑1468, 2017.



EXPERIMENTAL AND THERAPEUTIC MEDICINE  20:  60,  2020 11

45.	 Haller H, Bertram A, Nadrowitz F and Menne  J: Monocyte 
chemoattractant protein‑1 and the kidney. Curr Opin Nephrol 
Hypertens 25: 42‑49, 2016.

46.	Chow FY, Nikolic‑Paterson DJ, Ma FY, Ozols E, Rollins BJ and 
Tesch GH: Monocyte chemoattractant protein‑1‑induced tissue 
inflammation is critical for the development of renal injury 
but not type 2 diabetes in obese db/db mice. Diabetologia 50: 
471‑480, 2007.

47.	 Hopfgarten J, Stenwall PA, Wiberg A, Anagandula M, Ingvast S, 
Rosenling T, Korsgren O and Skog O: Gene expression analysis 
of human islets in a subject at onset of type 1 diabetes. Acta 
Diabetol 51: 199‑204, 2014.

48.	Dishi M, Hevner K, Qiu C, Fida NG, Abetew DF, Williams MA 
and Enquobahrie DA: Early pregnancy maternal hepatocyte 
growth factor and risk of gestational diabetes. Br J Med Med 
Res 9: pii: BJMMR.18632, 2015.

49.	 Mesarosova L, Ochodnicky P, Leemans JC, Florquin S, Krenek P 
and Klimas J: High glucose induces HGF‑independent activa‑
tion of Met receptor in human renal tubular epithelium. J Recept 
Signal Transduct Res 37: 535‑542, 2017.

50.	Konya H, Miuchi M, Satani K, Matsutani S, Tsunoda T, Yano Y, 
Katsuno T, Hamaguchi T, Miyagawa J and Namba M: Hepatocyte 
growth factor, a biomarker of macroangiopathy in diabetes 
mellitus. World J Diabetes 5: 678‑688, 2014.

51.	 Mellado‑Gil  J, Rosa  TC, Demirci  C, Gonzalez‑Pertusa  JA, 
Velazquez‑Garcia S, Ernst S, Valle S, Vasavada RC, Stewart AF, 
Alonso  LC and Garcia‑Ocaña  A: Disruption of hepatocyte 
growth factor/c‑Met signaling enhances pancreatic beta‑cell 
death and accelerates the onset of diabetes. Diabetes 60: 525‑536, 
2011.

52.	Araújo  TG, Oliveira  AG, Carvalho  BM, Guadagnini  D, 
Protzek  AO, Carvalheira  JB, Boschero  AC and Saad  MJ: 
Hepatocyte growth factor plays a key role in insulin resistance‑
associated compensatory mechanisms. Endocrinology  153: 
5760‑5769, 2012.

53.	 Hart NJ, Aramandla R, Poffenberger G, Fayolle C, Thames AH, 
Bautista  A, Spigelman  AF, Babon  JAB, DeNicola  ME, 
Dadi PK, et al: Cystic fibrosis‑related diabetes is caused by islet 
loss and inflammation. JCI Insight 3: pii: 98240, 2018.

54.	Kayani K, Mohammed R and Mohiaddin H: Cystic fibrosis‑related 
diabetes. Front Endocrinol (Lausanne) 9: 20, 2018.

55.	 Rowntree RK and Harris A: The phenotypic consequences of 
CFTR mutations. Ann Hum Genet 67: 471‑485, 2003.

56.	Marzluff  WF, Gongidi  P, Woods  KR, Jin  J and Maltais  LJ: 
The human and mouse replication‑dependent histone genes. 
Genomics 80: 487‑498, 2002.

57.	 Yan S, Jiang Z, Cheng L, Lin Y, Fan B, Luo L, Yan Y, Yang L 
and Shen X: TLR4 knockout can improve dysfunction of β‑cell 
by rebalancing proteomics disorders in pancreas of obese rats. 
Endocrine 67: 67‑79, 2020.

58.	Huang Q, Bu S, Yu Y, Guo Z, Ghatnekar G, Bu M, Yang L, 
Lu B, Feng Z, Liu S and Wang F: Diazoxide prevents diabetes 
through inhibiting pancreatic beta‑cells from apoptosis via 
Bcl‑2/Bax rate and p38‑beta mitogen‑activated protein kinase. 
Endocrinology 148: 81‑91, 2007.

59.	 Thameem  F, Voruganti  VS, Blangero  J, Comuzzie  AG and 
Abboud HE: Evaluation of neurotrophic tyrosine receptor kinase 2 
(NTRK2) as a positional candidate gene for variation in estimated 
glomerular filtration rate (eGFR) in Mexican American participants 
of San Antonio Family Heart study. J Biomed Sci 22: 23, 2015.

60.	Yoshii A and Constantine‑Paton M: Postsynaptic BDNF‑TrkB 
signaling in synapse maturation, plasticity, and disease. Dev 
Neurobiol 70: 304‑322, 2010.

61.	 Ribases M, Gratacos M, Badia A, Jimenez L, Solano R, Vallejo J, 
Fernandez‑Aranda F and Estivill X: Contribution of NTRK2 to 
the genetic susceptibility to anorexia nervosa, harm avoidance and 
minimum body mass index. Mol Psychiatry 10: 851‑860, 2005.

62.	Gobato AO, Vasques AC, Zambon MP, Barros Filho Ade A and 
Hessel G: Metabolic syndrome and insulin resistance in obese 
adolescents. Rev Paul Pediatr 32: 55‑62, 2014.

This work is licensed under a Creative Commons 
Attribution-NonCommercial-NoDerivatives 4.0 
International (CC BY-NC-ND 4.0) License.


