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Impulsivity and risk-taking are known to have an important impact on problematic
substance use and criminal behavior. This study examined the predictive value
of baseline self-report and behavioral impulsivity and risk-taking measures [Delay
Discounting Task (DDT), Balloon Analogue Risk Task (BART) and Behavioral Inhibition,
Behavioral Activation Scale (BIS/BAS)] in 12-months follow-up substance use outcomes
(e.g., use of alcohol, cannabis and other substances) and criminal recidivism (yes/no).
Participants were 213 male offenders with a substance use disorder (SUD) under
probation supervision. Bivariate regression analyses showed that BIS and BAS levels
were associated (respectively) with the use of alcohol and cannabis. Multiple regression
analysis showed that BIS was negatively associated with alcohol use at follow-up,
whereas cannabis use at baseline and BAS predicted cannabis use at follow-up. At
a trend level, interactions between delay discounting and risk-taking, and interactions
between baseline cannabis use and BAS and BART predicted cannabis use at follow-up.
Other substance use at follow-up was solely predicted by baseline other substance use.
Overall, the findings provide marginal support for the predictive utility of impulsivity and
risk-taking in accounting for variability in substance use among offenders with a SUD.
This may be partly explained by the fact that only a limited number of psychological
factors was assessed in this study. The studied population consists of a severe group,
in which relapse into substance use or criminal behavior likely is related to complex,
interacting biopsychosocial factors, of which impulsivity measures play a relatively
small part.

Keywords: addiction, dependence, criminality, violence, probation, BART, BIS/BAS, delay discounting

INTRODUCTION

This article examines the predictive utility of self-report and behavioral impulsivity and
risk-taking measures on substance use in offenders with a substance use disorder (SUD). In
SUDs, higher impulsivity has been linked to both the development of SUD, and to a more
severe course, such as evidenced by earlier treatment dropout and more frequent relapses in SUDs
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(Stevens et al., 2014). Central to many dual-process theories
about SUDs are the higher impulsivity and diminished control
functions, compared with a focus on more immediate rewards,
and specifically, responsivity towards drug-related cues, as for
example in the I-RISA (Impaired-Response Inhibition Salience
Attribution) model by Goldstein and Volkow (REF; Goldstein
and Volkow, 2002; Verdejo-García and Bechara, 2009). This
makes persons with SUDs who both experience a high reward
responsivity to drug cues (e.g., by a higher cue reactivity, and
a focus on more immediate rewards), in combination with less
cognitive control—as for instance in higher impulsivity more
vulnerable to relapse. A large number of studies corroborate that
impulsivity and risk-taking are associated with a broad range
of problematic behaviors such as SUDs or at-risk substance
use (e.g., Moeller and Dougherty, 2001; Lejuez et al., 2003;
Bornovalova et al., 2005; Perry and Carroll, 2008; Verdejo-García
et al., 2008; de Wit, 2009; Dick et al., 2010; MacKillop et al., 2011;
Smith et al., 2014) and criminal behavior (e.g., Gottfredson and
Hirschi, 1990; White et al., 1994; Nofziger, 2009; Ribeaud and
Eisner, 2016).

In addition, a strong and consistent association has been
found between substance abuse and crime (e.g., Pihl and
Peterson, 1995; Haggård-Grann et al., 2006; Bennett et al.,
2008). Although impulsivity and risk-taking are associated with
substance abuse and crime in general, these associations may
differ across crime-types (e.g., violent, nonviolent; Cherek et al.,
1997) and classes of substances (e.g., cocaine, heroin use;
Bornovalova et al., 2005).

Impulsivity has been defined as ‘‘a predisposition toward
rapid, unplanned reactions to internal or external stimuli without
regard to the negative consequences of these reactions to the
impulsive individual or to others’’ (Moeller et al., 2001, p.1784).
It is a multifaceted construct whose facets can be assessed
both by self-rated [e.g., Behavioral Inhibition, Behavioral
Activation Scale (BIS/BAS)] and behavioral (neurocognitive)
measures. Behavioral aspects of impulsivity are for instance delay
discounting and risk-taking (Dougherty et al., 2015). The Delay
Discounting Task (DDT) is a frequently used task that measures
the preference for smaller immediate rewards over larger delayed
rewards. The BIS/BAS scale is an instrument assessing reactivity
to reward and punishment (Carver andWhite, 1994). Risk-taking
behavior, the ‘‘propensity to seek out novel, stimulating but
potentially harmful experiences’’ (Dougherty et al., 2015, p.1502)
can be estimated with the Balloon Analogue Risk Task (BART),
a computer task in which the propensity of an increase in gains
(by pumping a balloon) over a risk of loss of the total accrued
amount (when the balloon explodes after a pump) is measured.

Behavioral risk-taking as measured with the BART, and
similar risky decision making tasks like the Cambridge Gamble
Task—has been associated with substance use (Wills et al.,
1994; Bornovalova et al., 2005; Schneider et al., 2012; Hanson
et al., 2014). In this study, we, therefore, hypothesize that
higher risk-taking would lead to a higher substance use,
which was also shown by Fernie et al. (2010), who found
that risk-taking predicted alcohol use in a group of 75 social
drinkers. There are some indications that risk-taking in the
BART is associated with alcohol use, but other studies indicate

no differences. Ashenhurst et al. (2011) reported that higher
risk-taking propensity was associated with lower alcohol use
disorder symptoms in a sample of 158 non-treatment seeking
heavy alcohol drinkers. Moreover, Ashenhurst et al. (2011)
proposed that risk-taking may be an influential factor at
initiation of alcohol use, but as use progresses, the relationship
may turn in the opposite direction. Hanson et al. (2014)
found a predictive effect of riskier choice in the BART and
more frequent use of marijuana and other drug use in the
past 18 months in a sample of 24 marijuana users and
34 non-users. Wichary et al. (2015) investigated risk-taking in
male and female prisoners and non-prisoners. They reported an
increased level of risk-taking in female prisoners compared to
female non-prisoners, but no difference between male prisoners
compared to male non-prisoners.

Delay discounting has also been associated with substance
use, as indicated by two meta-analyses (Amlung et al., 2017).
MacKillop et al. (2011) conducted a meta-analysis and reported
a relation between substance use and delay discounting, but
with a small magnitude of effect and high heterogeneity of
effect size. They also presented a number of studies not showing
a relationship for both alcohol and cannabis use. From the
64 studies analyzed, 27 studied substance use and 74% of the
studies reported a higher delay discounting in the SUD samples
compared to controls. In a more recent meta-analysis by Amlung
et al. (2017), a small, but highly significant effect size was found
for steeper delay discounting in SUD, and this relationship
was stronger for studies focusing on severity of substance use
problems, compared to studies including quantity by frequency
measures of substance use. Results from single studies do indicate
that several factors may impact the relation between substance
use and delay discounting, as for instance gender: in a study
on delay discounting and alcohol use in 65 college students
or graduated students, higher levels of delay discounting were
associated with higher levels of drinking in female college
students, but not in their male counterparts (Yankelevitz et al.,
2012). Although the meta-analyses did not indicate differential
effects for specific substances, Moallem and Ray (2012) reported
a steeper delay discounting rate in heavy drinkers who smoked
(n = 213), compared to heavy drinkers (n = 107) or smokers
(n = 67) solely. When drinking in combination with smoking
is viewed as more severe substance use, this finding converges
with the conclusion of the meta-analysis by Amlung, that severity
measures have a stronger relation to steeper delay discounting.
Impulsivity in substance using offenders was correlated with
substance use in a sample of 80 drug court participants when
measured using self-report, but not when impulsivity was
measured with a DDT (Jones et al., 2015). In conclusion, both
the meta-analyses indicate a link between substance use and
delay discounting, whereas some other individual studies or
in some subgroups—no relations were found. Thus, higher
delay discounting in SUD samples is present, although the
meta-analyses both indicate a small—but significant—magnitude
of effect and high heterogeneity of effect size, indicating that the
strength of the association of higher delay discounting in SUD
samples differs across studies and may be stronger with more
severe levels of substance use problems.

Frontiers in Behavioral Neuroscience | www.frontiersin.org 2 September 2019 | Volume 13 | Article 192

https://www.frontiersin.org/journals/behavioral-neuroscience
https://www.frontiersin.org
https://www.frontiersin.org/journals/behavioral-neuroscience#articles


Rieser et al. Impulsivitiy in Substance Using Criminals

Regarding the relation between delay discounting and
criminal activity, a smaller number of studies has been
published. Åkerlund et al. (2016) analyzed the link between
delay discounting at age 13 with their criminal behavior up
to age 31 in 6,749 males. Adolescents showing a higher delay
discounting rate had a higher risk to be involved in criminal
behavior in the future. A study in 86 male offenders (prisoners
and ex-prisoners) reported a significant group difference in delay
discounting between non-offenders, prisoners and ex-prisoners;
ex-prisoners showed a higher discounting rate compared to
the other groups (Hanoch et al., 2013). Lastly, Piquero et al.
(2018) recently conducted a long-term analysis in a longitudinal
sample of over 400 boys of the predictive effect of delay
discounting (instead of a task, they asked one question each at
age 18, 32 and 48) on criminal behavior (number of convictions
until age 56). Higher delay discounting was associated with
more convictions.

Lee et al. (2017) found a bi-directional relation between delay
discounting and property crime 1 and 2 years later in a study
in 526 undergraduates. In another study among 63 male and
female offenders, higher delay discounting rates were found
in offenders compared to 70 non-offenders (Arantes et al.,
2013). In the only study that examined offenders with a SUD,
discounting rates and substance use among 80 offenders with
a SUD were higher compared to noncriminal students (Jones
et al., 2015). In a very small study by Cherek et al. (1997),
parolees who had a history of violent crime (n = 9) displayed
higher discounting rates than parolees without such a history
(n = 21). Lastly, higher levels of delay discounting predicted
property crimes, but not violent crimes later on Nagin and
Pogarsky (2004). Mixed findings were present in a study by
White et al. (1994), who reported a predictive value of cognitive
and behavioral impulsivity at age 10 in a sample of 400 boys for
delinquency at age 12–13, but no differences between stable non-
delinquents, other delinquents and stable-serious delinquents
in delay discounting at age 10 and 12–13. Wilson and Daly
(2006) also found no difference in the discounting rates of
young offenders (n = 91) compared to high school students
(n = 284). Summarizing, previous research found evidence for
an association between DDT and delinquency, but the relation
has not uniformly been demonstrated, and studies in combined
populations of offenders with problematic substance use are
virtually non-existent (Jones et al., 2015).

BIS/BAS levels in young adults have been linked to alcohol,
cannabis andmethamphetamine use (e.g., O’Connor and Colder,
2005; Pardo et al., 2007; Simons et al., 2008). The BIS is associated
with the avoidance of punishment, whereas the BAS is related
to disinhibited behavior (Gray, 1975). The BAS was positively
correlated with alcohol and cannabis use, whereas the BIS
revealed a negative relation to these two substances (Pardo et al.,
2007; Simons et al., 2008). To our best knowledge, there exists no
previous research about the association of BIS/BAS levels with
criminal recidivism and substance use in a criminal population.
We hypothesize that higher BAS and lower BIS may promote
substance use and criminal behavior.

In sum, relatively few studies assessed the association of
impulsivity and risk-taking with substance use or future criminal

behavior in offenders, using laboratory behavioral measures of
impulsivity and risk-taking (e.g., Cherek et al., 1997; Mathias
et al., 2002; Munro et al., 2007; Chen et al., 2008). These
laboratory behavioral measures are especially important for the
assessment of offender’s impulsiveness and risk-taking, as they
provide measures that are less susceptible to simulation than
self-report measures. In addition, very few of these studies have
focused on multiple aspects of impulsivity. As impulsivity is a
multifaceted construct, it can be argued that being impulsive on
several of these aspects—e.g., having a focus on steeper delay
discounting and a higher risk-taking propensity may exacerbate
the effects on potential future substance use and criminal
behavior more than only having a present reward orientation
or high risk-taking. The purpose of our study is to examine
the predictive utility of baseline self-reported and behavioral
impulsivity and risk-taking measures, and interactions between
impulsivity factors and baseline substance use and impulsivity
measures on follow-up use of: (1) alcohol; (2) cannabis; (3) other
substance use; and (4) criminal behavior in offenders with
a SUD, using a self-rated measure of impulsivity (BIS/BAS)
and behavioral measures of impulsivity (DDT) and risk-taking
propensity (BART). We hypothesized that higher baseline scores
on DDT, BAS and BART, and lower BIS scores would be
associated with higher substance use (i.e., alcohol, cannabis and
other substances) and higher criminal behavior at follow-up.

MATERIALS AND METHODS

Study Design
A cluster-site, controlled trial (CRT) was conducted to examine
the effectiveness of a brief motivation enhancing intervention for
offenders with SUDs. The reported results were part of a larger
study (see Shaul et al., 2016 for additional information). Within
the 220 offenders under probation supervision, participants
followed either the motivation enhancing sessions or supervision
as usual. The probation officer was set as the cluster variable
and the participants were allocated to the two conditions by
cluster randomization. This means, 73 probation officers of six
probation offices were randomized to perform either supervision
with the motivation increasing intervention (intervention
condition) or supervision as usual (control condition). With
the allocation to the probation officer, participants were also
allocated to the supervision they will follow. To control for a
potential bias of the motivation enhancing intervention, only
data of offenders from the control condition were included for
substance use outcome.

Recruitment and Assessment Procedures
The probation officers gave all the eligible offenders information
about the study. The interested offenders were invited for the
baseline assessment (T1). Baseline assessment took place in
a private consulting room at the drug-probation office and
consisted of a face-to-face interview, and three computerized
neurobehavioral tests. A 17-inch laptop computer with a
computer mouse was used to run the three neurobehavioral test-
programs. Written informed consent for the offender’s study
participation was obtained prior to baseline assessment. The
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follow-up (T2) took place on average 14.4 months (SD = 3.76)
after baseline (T1). Offenders were paid e15 at baseline and
e20 at follow-up for participation. The CRT was approved by the
Medical Research Ethics Committee of the Academic Medical
Centre, University of Amsterdam. The trial is registered at the
Dutch Trial Register, number NTR2420.

Participants
A total of 220 male parolees were included in the study,
recruited from four addiction probation offices of five out of
eleven District Courts in Netherlands (for more information
regarding the inclusion process see Shaul et al., 2016). For
27 months, beginning in May 2010 until August 2012, all
offenders meeting inclusion criteria were invited to participate.
Inclusion criteria were: (i) a sufficient command of the Dutch
language to understand interview questions and questionnaires;
(ii) male gender; (iii) at least one prior sentence; (iv) regular
use of alcohol and/or illicit drugs, i.e., using at least 3 days
a week of which for alcohol: consuming at least five or
more glasses per day; and (v) currently under a court-order
supervision executed by an addiction probation service in
a noncustodial setting. Exclusion criteria were: (i) a history
of neurological problems or severe psychiatric disorders like
schizophrenia, psychotic disorder, or bipolar disorder; (ii) only
convicted for driving under influence; and (iii) illegal stay in the
Netherlands. Of the 220 participants at baseline, 217 completed
the DDT, 212 completed the BART and 209 filled in the
BIS/BAS. We had to exclude two participants; one due to
the diagnosis of schizophrenia (exclusion criterion i) and one
participant due to not using any substances regularly (inclusion
criterion iv). Five additional participants completed the BART
or DDT at follow-up instead of baseline and were therefore
excluded from our further analysis, leading to a final sample
of n = 213. Out of the included 213 parolees, 160 participants
finished the full procedure. Previous findings in our group
showed that the motivation enhancing intervention had no
significant effect on criminal recidivism at follow-up (Shaul et al.,
2016), and effects of this intervention on treatment entry and
substance use are being reported in a separate article (Shaul
et al., 2016). Since the earlier publication found no difference
between the two conditions regarding criminality, we used
the whole sample (n = 213) to predict criminal behavior at
follow-up. However, the effect of the motivation enhancing
sessions on substance use at follow-up is still being analyzed,
therefore, we used solely the participants in the no-intervention
(n = 106) subgroup for the prediction of substance use at a
12-month follow-up.

Measures
A semi-structured interview based on the MATE-crimi
(Schippers et al., 2011) was conducted both at baseline (T1) and
12 months follow-up (T2) assessment, including demographic
questions and questions regarding lifetime, 12 months and
30 days information from offenders about their substance use,
treatment history and criminal behavior.

Substance use was measured both at T1 and T2 using the
Measurements in the Addiction for Triage and Evaluation

(MATE 2.1; Schippers et al., 2010, 2011). We distinguished
between three classes of substances: alcohol, cannabis and other
substances, and used different entities per class. For alcohol, we
used the number of units of the last 30 days, for cannabis the
amount of grams, and for other substances the total number
of days used in the last 30 days before T1 and T2. Because use
was lower for other substances (cocaine, crack, other stimulantia,
ecstasy, heroine, other opiates and other substances), we added
all these substances together and analyzed the effect of the
aggregated use of other substances. As the measure of other
substances variable included multiple substances it is possible
that participants could show a sum of more than 30 days on T1
and T2 measures. This measure shows us how many days these
substances were used.

Delay Discounting Task (DDT)
A computerized version of the DDT by Wittmann et al. (2007)
was used to assess impulsive-choice behavior. This shorter
functional magnetic resonance imaging (fMRI)-compatible
version was included to limit the assessment time and in order
to enable comparison to other SUD studies of the authors.
The task consisted of six blocks, each containing eight trials
on which participants made a choice between an immediate
(lower) and a delayed (higher) hypothetical monetary reward.
Delay in days (i.e., 5, 30, 180, 365, 1,095, 3,650) and delayed
reward in euros (range 476–524 Euro) were equal for all trials
of a given block, while the immediate reward value varied across
trials within each block (range 0–476 Euro), in which the first
two trials of one block were used to narrow down the delay
equivalent depending on the responses made (see Wittmann
et al., 2007 for exact adjustments). Block order varied and
was randomized across participants. As proposed by Myerson
et al. (2001), the area under the discounting curve (AUC) was
used as a dependent measure; with lower AUC values denoting
more discounting by delay (more impulsivity, or inversely, less
self-control).

Data of 27 participants were considered non-systematic
using the proposed algorithm developed by Johnson et al.
(2010) to identify cases with indifference points that were
not monotonically decreasing with delay. Specifically, a case
was defined as non-systematic if: (i) two or more individual
indifference points were greater than their preceding indifference
point by a magnitude greater than 20% of the larger later reward;
or (ii) the last indifference point was not less than the first
indifference point by at least a magnitude equal to 10% of the
larger later reward (Johnson et al., 2010). For participants with
just one outlier point of indifference according to the former
criteria (N = 11), the AUC was replaced by an adjusted AUC
through linear interpolation of that point of indifference, leading
to exclusion of 16 participants.

Balloon Analogue Risk Task (BART)
The BART (Lejuez et al., 2002) was used to assess risk-taking
propensity. Due to time constraints, a version with 20 trials
was chosen, as versions with 10–30 trials are a methodologically
sound choice (Wallsten et al., 2005). As correlations for the
total score are acceptable for the first 10 trials (∼0.6) and
good for trials 11–20 (∼0.8) with little change for the 10 trials
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that follow (21–30: ∼0.8; Wallsten et al., 2005; Dahne et al.,
2013), we opted for a 20-trial BART version. This was also
done for feasibility reasons (time restrictions). During each of
the 20 trials, participants inflated a picture of a balloon by
pressing a pump button on the screen with a laptop mouse.
Each pump increased the risk of the balloon exploding (average
breaking point being 64 pumps) and the potential earning (rising
by 5 cents). In each trial the balloon’s potential earning that
was accumulated in a temporary bank could be assured by
clicking a collect button on the screen, thus transferring the
earning from that particular balloon into a permanent bank.
If a balloon exploded before that, the potential earning in
the temporary bank for that balloon was lost and a new trial
began. Participants received no precise information about the
probability of explosion and the task contained no practice trials
(for additional task details see Lejuez et al., 2002). The two
outcome measures used were: (1) the total number of balloons
that exploded during the task; and (2) the average number of
pumps on trails where the balloon did not explode (i.e., adjusted
average pumps).

Behavioral Inhibition, Behavioral Activation Scale
(BIS/BAS Scale)
We used the BIS/BAS scale (Carver and White, 1994; Dutch
version: Putman et al., 2004) to assess two general motivational
systems underlying behavior. The BIS assesses the affective
response to punishment, regulates avoidance of punishment and
is associated with suppressing behavior and negative affect. The
BAS assesses the affective response of upcoming rewards and is
associated with the attainment of positively valued stimuli. The
BAS scales are subdivided into the three categories; BAS drive,
BAS fun-seeking and BAS reward sensitivity.

Statistical Analysis
Statistical analyses were performed using SPSS 24.0 statistical
software package (SPSS Inc., Chicago, IL, USA). Prior to the
analyses, we converted all scores to z-scores entered into the
bivariate, multiple, moderated and binary logistic regressions, in
order for variables to have comparable impact. As suggested by
Babyak (2004), we first conducted a bivariate linear regression
with the potential predictors (DDT, BART, BIS/BAS) and the
dependent variables (alcohol, cannabis and other substance use
at follow-up) individually in order to minimize the amount of
predictors a priori and prevent over-fitting of our models. The
impulsivity and risk-taking measures with a p-value < 0.10 were
included in the further analysis (Babyak, 2004). Second, we
performed a multiple regression to investigate whether the
measures examined a priori predicted the use of alcohol, cannabis
or other substances in the last 30 days before 12 months
follow-up assessment (T2). We used the exclusion criteria
listwise as proposed by Field (2009). To correct for the baseline
use of the specific substance (alcohol, cannabis, and other
substances), we entered the T1 substance use measures in
the first block. The impulsivity measures were entered in the
second block, also using the enter method to assess which
measures would show the highest impact. This resulted in
three different multiple regression models for the prediction

of alcohol use, cannabis use, other substance use at follow-up
(T2). The impulsivity and risk-taking measures (BIS/BAS, DDT
and BART) were entered using the forward step (likelihood
ratio) method as suggested by Field (2009). The cut-off p-value
to enter was set at 0.05 and the one to remove was set at
0.10 (Hosmer and Lemeshow, 2000).

Furthermore, to assess interaction effects of impulsivity
measures on the multiple regression, we conducted moderated
regressions. To predict substance use (alcohol or cannabis)
at follow-up, we first entered substance use (either alcohol
or cannabis use) at baseline and the hypothesized impulsivity
measures into the first block and the interaction effect
of the substance use at baseline with impulsivity measures
and interactions between the impulsivity measures into the
second block.

We hypothesize that a higher alcohol use at follow-up would
be associated with a lower BIS, a lower delay discounting (present
orientation) and their interactions (lower BIS in combination
with lower delay discounting; lower delay discounting and
higher BAS; lower BIS and higher BAS). We entered the
measures as moderator, whereas alcohol use at baseline
was set as the independent variable and alcohol use at
follow-up as the dependent variable. In a second model
predicting alcohol use at follow-up, we hypothesize that a
lower BIS, a higher BART and interactions of the impulsivity
measures (moderators) and of baseline alcohol use and
impulsivity measures are associated with increased alcohol use.
Analyzing the moderating effect of the impulsivity measures
on cannabis use at follow-up—cannabis use at baseline as
an independent variable—we expected a higher BAS and a
higher delay discounting to be associated with higher cannabis
use. Furthermore, higher values of combinations of impulsivity
measures were expected to be linked to an increased cannabis use
at follow-up.

RESULTS

Although not all variables were perfectly normally distributed,
no serious violations of normality such as platy kurtosis
requiring transformations were observed (Stevens, 1996). The
demographic information is displayed in Table 1.

Bivariate Analysis
When predicting alcohol use at follow-up in the bivariate
analysis, only the BIS displayed a p < 0.10 and was therefore
entered in the following multiple linear regression as only
predictor. The same occurred for the BAS, which predicted
cannabis use at follow-up and was included in the multiple
regression for cannabis use. However, no impulsivity measure
predicted the use of other substances with a p < 0.10 and no
predictor was entered into the model. More detailed results of
the bivariate analyses are shown in Table 2.

When predicting criminal recidivism for property crime, the
BAS displayed a p < 0.10 and was therefore entered as the only
impulsivity measure in the binary logistic regression analysis.
No impulsivity measures showed a p < 0.10 when predicting
criminal recidivism for violent crime or all types of crime.
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TABLE 1 | Characteristics of offenders in the two groups.

Samples

Substance use (N = 106) Criminal recidivism (N = 215)

Age mean (SD) 37.55 (10.67) 37.03 (10.90)

Years of education mean (SD) 12.02 (2.28) 12.03 (2.31)

Cultural identity % (n)
Dutch 57.5 (61) 57.8 (122)

Surinam/Antillean 24.5 (26) 23.7 (50)

Other 17 (17) 18.5 (39)

Onset age criminal behavior mean (SD) 19.67 (9.63) 20.15 (9.90)

Onset age problematic substance use mean (SD) 20.75 (7.96) 21.08 (8.68)

Substance use at baseline in the last 30 days mean (SD):
Alcohol (units) 70.82 (133.81) 96.65 (233.32)

Cannabis (g) 21.90 (43.94) 28.65 (109.71)

Merged other substances (days)a 5.93 (13.87) 4.86 (13.06)

Substance use at follow-up in the last 30 days mean (SD):
Alcohol (units) 88.66 (184.87) 101.40 (261.23)

Cannabis (gram) 14.51 (20.97) 14.31 (29.38)

Merged other substances (days)a 4.83 (12.83) 5.34 (14.56)

Criminal recidivism at follow-up (yes) % (n) 59.4 (63) 56.9 (124)

BIS subscale (range: 7–28) 17.25 (3.7) 17.9 (3.8)

BAS subscale (score range: 16–52) 39.5 (6.68) 39.8 (6.72)

BART explosions (range: 0–14) 4.8 (2.8) 4.7 (2.8)

BART adjusted pumps (range: 1–64) 28.5 (13.3) 28.5 (13.4)

DDT AUC (range: 0.02–1.00) 0.37 (0.28) 0.36 (0.26)

Note: a including: heroine, other opiate, crack, cocaine, other stimulantia, ecstasy and other substances.

TABLE 2 | Results of bivariate linear regression analysis for predictors of substance use individually.

Predictors β R R2 F p

Dependent variable: alcohol use at follow-up
BIS −0.232 0.232 0.054 4.136 (1,73) 0.046∗

BAS 0.138 0.138 0.019 1.415 (1,73) 0.238
DDTa

−0.179 0.179 0.032 2.115 (1,64) 0.151
BARTb 0.112 0.112 0.012 0.936 (1,74) 0.336
Dependent variable: cannabis use at follow-up
BIS −0.135 0.135 0.018 1.357 (1,73) 0.248
BAS 0.367 0.367 0.134 11.335 (1,73) 0.001∗

DDTa 0.095 0.095 0.009 0.581 (1,64) 0.449
BARTb 0.036 0.036 0.001 0.096 (1,74) 0.758
BIS 0.067 0.067 0.004 0.432 (1,97) 0.513
BAS 0.003 0.003 0.000 0.001 (1,97) 0.973
DDTa 0.084 0.084 0.007 0.625 (1,87) 0.431
BARTb 0.056 0.056 0.003 0.313 (1,99) 0.577

Note: ameasured using Area under curve (AUC), bmeasured using average adjusted pumps, ∗p < 0.10.

Detailed results of the bivariate analysis for criminal recidivism
are reported in Table 3.

Multiple Linear Regression Predicting
Substance Use in the Last 30 Days at
Follow-Up
In the multiple regression analysis with alcohol use at follow-up
as the dependent variable, the alcohol use at baseline was
entered (β = 0.211, p = 0.073), the model was not significant;
F(1,71) = 3.310, p = 0.073, R2 = 0.211, adjusted R2 = 0.045. After
including BIS (second block), the model showed a significant,
albeit limited amount of explained variance; F(2,70) = 3.770,
p = 0.028, R2 = 0.312, adjusted R2 = 0.097, indicating a small
goodness of fit according to Cohen, 1992). Alcohol use at

baseline was marginally associated with alcohol use at follow-up
(β = 0.217, p = 0.060), and the association with BIS was
statistically significant (β = −0.230, p = 0.047).

In the first block of predicting cannabis use at follow-up,
cannabis use at baseline entered the model with a R2 of 0.424
(adjusted R2 = 0.179), which indicated a small goodness of
fit according to Cohen (1992). The model and the regression
coefficient were significant; F(1,73) = 15.96, p< 0.001, respectively
β = 0.424, p < 0.001). Additionally in the second block, we found
a significant prediction of cannabis use at follow up by cannabis
use at baseline and BAS; F(2,72) = 13.064, p < 0.001. The R2 for
the overall model was 0.516 (adjusted R2 = 0.266), which also
indicated a medium goodness of fit according to Cohen (1992).
Therefore, the two variables together explained more variance
than cannabis use at baseline solely. Cannabis use at baseline
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TABLE 3 | Results of logistic regression analysis for predictors of criminal behavior individually.

95% CI for odds ratio

B (SE) Lower Odds ratio Upper Nagelkerke R2 p-value

Dependent variable: property crimes
BIS 0.149 (0.152) 0.861 1.160 1.563 0.006 0.328
BAS 0.300 (0.161) 0.985 1.350 1.850 0.025 0.062∗

DDTa
−0.018 (0.154) 0.726 0.982 1.329 >0.001 0.908

BARTb 0.084 (0.147) 0.815 1.088 1.451 0.002 0.568
Dependent variable: violent crimes
BIS 0.072 (0.152) 0.798 1.075 1.449 0.002 0.634
BAS 0.245 (0.163) 0.929 1.278 1.758 0.016 0.131
DDTa

−0.204 (0.169) 0.585 1.137 0.816 0.011 0.229
BARTb 0.014 (0.153) 0.751 1.014 1.368 0.000 0.929
Dependent variable: all crimes together
BIS 0.064 (0.140) 0.810 1.066 1.403 0.001 0.647
BAS 0.099 (0.138) 0.842 1.104 1.448 0.003 0.475
DDTa

−0.196 (0.146) 0.617 0.822 1.095 0.012 0.180
BARTb 0.158 (0.141) 0.888 1.171 1.543 0.008 0.263

Note: ameasured using Area under curve (AUC), bmeasured using average adjusted pumps, ∗p < 0.10.

(β = 0.369, p = 0.001) and BAS (β = 0.300, p = 0.005) were
significant predictors in the model.

Moderated Regression Analyses
In the moderated regression analyses with alcohol use at follow
up as the dependent variable—no predictors or interactions
beyond the predictive value of the BIS (main effect of BIS
(β = −0.28, p = 0.04), reached significance (p < 0.05) or a trend
level (p < 0.10). The original model without the interactions,
explained 18% of the variance (R2 = 0.18, adjusted R2 = 0.11);
F(5,61) = 2.5, p = 0.04. The moderated regression model did not
reach a significant level (p = 0.18). In Figure 1, we report the
interaction graphs between alcohol use and the measures BART,
BIS and DDT.

The moderated regression analysis to predict cannabis use
at follow up, indicated in the first block, as expected from the
multiple linear regression analyses, a significant main effect of
cannabis use at baseline (β = 0.49, p ≤ 0.001) and BAS (β = 0.25,
p = 0.02), but also of BIS (β = −0.22, p = 0.046). The moderated
model also reached significance (F(10,63) = 5.14, p ≤ 0.001,
R2 = 0.49, adjusted R2 = 0.40). With the interaction effects in
the model, besides the main effects of cannabis use at baseline
(β = 0.32, p = 0.02) and BAS (β = 0.35, p ≤ 0.002), and a trend for
BIS (β = −0.20, p ≤ 0.07), significant interactions were present
for baseline cannabis use*BAS (β = 0.395, p = 0.013), a trend for
baseline cannabis use*BART (β = −0.25, p = 0.09), and a trend
for BART*delay discounting (β = −0.22, p = 0.046). To have a
better understanding of the tendencies or direction, we included
Figure 2 reporting the interactions between cannabis use and
BART, BAS and DDT and in Figure 3 the interaction between
cannabis use, BART and DDT.

To summarize, no significant interaction effects for prediction
of alcohol use at follow-up were present, but in cannabis
use at follow-up, interaction effects were present. In patients
with a higher BAS, an increased use at baseline was strongly
associated with higher cannabis use at follow up. However,
in patients with a lower BAS, the association was minor.
For the BART, lower levels of cannabis use at baseline in

combination with higher risky decision making, predicted
higher cannabis use at follow-up, whereas this relation was less
strong in those with higher levels of cannabis use at baseline,
although this only was a trend (p = 0.09). An interaction of
both high BART and high delay discounting was predictive
of more cannabis use at follow-up, although only at a trend
level (p = 0.07).

DISCUSSION

We aimed to investigate the predictive value of impulsivity
(DDT and BIS/BAS) and risk-taking (BART) measures for
substance use and criminal recidivism at follow-up in a sample
of substance using criminals. Results showed that self-rated
impulsivity measures (BIS/BAS) were associated with substance
use at follow-up. Specifically, a higher BIS predicted lower
alcohol use at follow-up, whereas a higher cannabis use at
baseline and BAS predicted an increased cannabis use at follow-
up. For cannabis use, baseline use interacted with impulsivity
measures to predict cannabis use at follow-up, and a (trend-
level) interaction between delay discounting and risky decision
making (BART) predicted higher cannabis use at follow-up.
Other substance use at follow-up was not predicted by BIS/BAS
impulsivity measures or any of the behavioral impulsivity
measures and was only associated with baseline other substance
use. Our hypotheses were therefore partly confirmed.

When looking at other substances, only baseline use was
associated with use at follow-up. This may be due to a less
frequent use of the other substances and a higher amount of
non-users which resulted in a reduced power. The relationship
between impulsivity, risk-taking and substance use might differ
across substances in the other substance use class. For example,
in a study in crack cocaine users, higher levels of risk-taking
and impulsivity were present compared to those of heroin users
(Bornovalova et al., 2005). Therefore, the combination of varying
levels of impulsivity in the other substance use category may
have had a reducing effect on power, although the analysis of the
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FIGURE 1 | Scatterplot indicating the interaction between alcohol use and the measures Balloon Analogue Risk Task (BART, measured using average adjusted
pumps), Behavioral Inhibition Scale (BIS) and Delay Discounting (measured using Area under curve, AUC). A higher measure on BART indicated a higher risk-taking
because of more average adjusted pumps to a balloon. Whereas a lower AUC points to more discounting by delay, higher impulsivity and less self-control.

FIGURE 2 | Scatterplot indicating the interaction between cannabis use and the measures BART (measured using average adjusted pumps), BIS and Delay
Discounting (measured using Area under curve, AUC). A higher measure on BART indicated a higher risk-taking because of more average adjusted pumps to a
balloon. Whereas a lower AUC points to more discounting by delay, higher impulsivity and less self-control.

individual other substances was not an option, given their lower
prevalence of use.

Previous research demonstrated that a higher BIS is associated
with a more inhibited personality style (Hoppenbrouwers et al.,
2015). Furthermore, higher BIS scores have been related to the
avoidance of potentially dangerous environments (Campbell-
Sills et al., 2004). Therefore, it seems plausible that increased
inhibition, as evidenced in higher BIS scores are protecting for
alcohol use as found in our study, which is also in line with
previous findings in a study in undergraduates (Pardo et al.,
2007). However, baseline alcohol use had no influence on alcohol
use at follow-up, indicating that BIS had a stronger effect on
future alcohol use than the baseline use, which means that
personality traits relating to impulsivity may be more important
when predicting future alcohol use.

Scores on the BAS have been associated with a higher
attention to positively valued stimuli (Hoppenbrouwers et al.,
2015), impulsive reward-seeking behavior (Carver and White,
1994) and disinhibited behavior (Gray, 1975). Therefore, a
higher BAS could lead to a higher anticipation of pleasure
and reward-seeking behavior, thus explaining the relation to
increased cannabis use in our study in criminal offenders.

This finding is in line with prior research (Pardo et al.,
2007). Baseline cannabis use predicted follow-up use as well,
and at a trend level, interactions between both higher risk-
taking behavior as measured in the BART and higher delay
discounting, and higher cannabis use at baseline and higher
BAS were also predictive of higher cannabis use at follow-
up, indicating that combinations of higher impulsivity have an
additive effect on predicting cannabis use at follow-up, while
also interacting with baseline cannabis use. In the last case, an
opposite effect of the main effect of baseline cannabis use was
present, with higher BAS and higher BART values impacting
cannabis use at follow-up more when baseline cannabis use
was lower.

No direct associations between BART or DDT and alcohol,
cannabis, or other substance use were present in our study.
This could be related to the fact that in this severe sample,
probably with a higher level of impulsivity compared to the
general population, the influence of these factors is limited
through a restriction of range. Swogger et al. (2010) found no
association between psychopathy and BART in male criminals
and argued that caution is needed when generalizing results from
non-criminal to criminal samples. They also suggested that the
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FIGURE 3 | Scatterplot indicating the interaction between cannabis use and
the measures BART (measured using average adjusted pumps) and Delay
Discounting (measured using Area under curve, AUC).

diagnostic benefit of the BART among inmates may be limited.
To be able to detect differences between inmates and other
samples, a BART version with higher rewards for risky behavior
may be superior (Bornovalova et al., 2009).

As already seen in the introduction, some inconsistent
results were reported in the literature regarding the association
betweenDDT and offending, respectively. Prior research with the
DDT demonstrated positive findings, for example, an increased
delay discounting in offenders compared to students (Arantes
et al., 2013), predictive value for property and violent crime in
undergraduates (Lee et al., 2017), increased delay discounting
in a drug court sample compared to non-criminal university
students (Jones et al., 2015), and delayed discounting measured
in early lifetime (13 or 18, 32 and 48, respectively) as a
predictive value for criminal convictions until the age of 31 or
56, respectively (Åkerlund et al., 2016; Piquero et al., 2018).
However, negative findings are also present for instance in
two studies where: no differences in delay discounting between
delinquents and non-delinquents were found (White et al., 1994;
Wilson and Daly, 2006). Property and violent criminality may
be associated differently with delay discounting, as high levels
of delay discounting have been associated with property crime,
but not violent crime, which was predicted by poor impulse
control (Nagin and Pogarsky, 2004). Our results indicate no
predictive value of DDT for criminal behavior, which may
be related to the male sample that we included, whereas
other studies included both males and females. Since gender
differences exist in the DDT (Yankelevitz et al., 2012), this
may have had an influence. The DDT used in this study
was a shorter version than usual DDT tasks, which also may
have led to a less optimal measurement of delay discounting,
as also indicated by the exclusion of 16 participants due
to non-systematic data on the DDT. Further, the statistical
analyses differed; we wanted to predict criminal behavior and
substance use in parolees, whereas the prior studies calculated
a comparison between offenders and students or predicted
crime in students or in a healthy sample. Thirdly, most studies

analyzed a longer time period than we used (e.g., 18 years,
Åkerlund et al., 2016; 38 years, Piquero et al., 2018). Lastly,
the DDT itself differed; for example, Piquero et al. (2018)
asked the participants only one question in each survey year to
assess delay discounting, whereas Arantes et al. (2013) used a
DDT with amounts between $500–$4,000 with delays between
1–8 years. These are higher amounts and later hypothetic payout
than in the version of the DDT that was used in this study
(Wittmann et al., 2007).

Another factor which may be related to future substance use
that has been discussed in this field is one’s attitude towards the
future. An optimistic attitude towards the future is linked to less
risky behavior, whereas a negative orientation towards the future
correlates with higher substance use and more risk-taking (e.g.,
Wills et al., 2001; Apostolidis et al., 2006a,b; Henson et al., 2006).
Juveniles on probation who are more positive about their future
were less involved in substance use and more likely to reject risky
behaviors (Robbins and Bryan, 2004). The willingness to take
risks can vary and be dependent on attitudes toward the future
(Wilson and Daly, 2006). Participants in our sample recently
left the prison and may show a more optimistic perspective
for their future and may be keen to change their behavior.
Therefore, they may display less impulsive behavior just after
their stay in prison.

Wise and Koob (2014) discussed the development and
maintenance of SUDs including positive (increase of behavior
with positive stimuli) and negative (increase of behavior in
order to remove or avoid a negative condition) reinforcement.
When starting to use a substance, positive reinforcement,
involvingmore impulsive behavior, is essential. They hypothesize
that after developing an addiction, negative reinforcement
predominates, involving elements of compulsivity [defined as
‘‘actions inappropriate to the situation that persist, have no
obvious relationship to the overall goal, and often result in
undesirable consequences’’ (Wise and Koob, 2014, p.257)].
Therefore, impulsivity may have a larger impact at the beginning
of an addiction, but for the maintenance of an addiction, other
factors may become more influential. Still, we found effects
of the BIS/BAS, of a combination of high delay discounting
and high BART and an interaction of BAS and BART with
baseline cannabis use, on follow-up of cannabis use, indicating
that combinations of higher levels of impulsivity and risk-taking
can impact future substance (alcohol and cannabis use). These
findings are consistent with addiction models that indicate a
central role for impulsivity, other executive functions, and the
underlying diminished functioning of the dorsolateral prefrontal
cortex and anterior cingulate cortex (Goldstein and Volkow,
2002; Verdejo-García and Bechara, 2009). Thus, a combination
of increased impulsivity, risk-taking and/or a preference for
immediate rewards over delayed rewards, may exert its influence
on future alcohol and cannabis, through changes in striatal-
frontal brain circuitry, on top of the predictive effect that use at
baseline has. Our sample consisted of parolees with a long history
of criminal behavior and it may be possible that impulsivity at
this period may have a smaller impact, than in younger or at-risk
populations. This assumption may be supported by the findings
in extremely violent prisoners, where Værøy et al. (2015) did
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not find an association between higher impulsivity (UPPS)
and increased physical aggression (AQ-RSV). A further study
found that premeditated aggression, which is defined as a
planned action, predicted criminal recidivism, whereas impulsive
aggression did not (Swogger et al., 2015), also indicating that the
role of impulsivity may be limited, at least for some forms of
(aggressive) criminality.

Limitations
The sample consisted of male parolees and the effects are not
generalizable to female offenders or offenders with comorbid
mental illnesses. Additionally, the sample differed widely in
the range of substance use. A few parolees had been using
solely one substance, leading to a high portion of non-users
in the ‘‘other substance’’ group (43.5%), limiting the power to
detect differences for this specific analysis. Furthermore, the
intervention or probationary service which all of these parolees
followed, could have had a diminishing effect on impulsivity,
meaning that the sessions may have reduced the influence of
impulsivity on substance use. In this study, we could explain
between 10%–40% of variance, which means that there are other
predictors that we did not measure, such as other personality
traits, acute substance intoxication during offense, childhood
experiences, genetic predisposition, their neighborhood and
its criminogenic behavior and/or relationships (Zimmerman,
2010). In this study, no counterbalancing was employed and
thus, fatigue may have impacted the neurocognitive assessment,
potentially impacting the power of predicting substance use at a
later point. For the delay discounting, a quality check was done
ensuring data integrity (see DDT), indicating that only in a small
minority of cases, this was the case. Also, given the fact that
the DDT and BART were not speed tasks, we think fatigue only
may have impacted the data minimally. Another limitation may
lie in a ‘‘restriction of range’’ effect: as our sample consisted of
criminals with problematic substance use, this likely reflects a
population in which impulsivity is higher than in the general
population, and thus, impulsivity measures may have had more
limited effects in our study. Lastly, the analyzed time at risk may

have been too short. Further studies should assess a longer time
period after prison.

CONCLUSION

Several impulsivity and risk-taking tasks had a predictive impact
on alcohol and cannabis use at follow-up inmale, substance using
parolees. Assessing behavioral inhibition, behavioral activation,
impulsivity and risk-taking propensity in parolees seem to be a
valuable addition in order to prevent substance use. Using these
scores, parolees could be assigned to an intervention that focuses
on reducing impulsivity and/or risk-taking behavior. However,
additional research is needed in order to improve the assessment
of predicting criminal recidivism and substance use, taking into
consideration other variables which may explain the complex
roles of impulsivity and risk-taking in criminal behavior and
substance use.

ETHICS STATEMENT

The trial was approved by the Medical Research Ethics
Committee of the Academic Medical Centre, University of
Amsterdam. The trial is registered at the Dutch Trial Register,
number NTR2420. Participants provided written informed
consent prior to study participation.

AUTHOR CONTRIBUTIONS

GS, MK, and LS designed the study. NR and LS drafted the first
version of the manuscript. AG and MB amended the draft and
critically reviewed the article. All authors approve submission of
the manuscript.

FUNDING

This work was supported by Dutch Organisation for Health
Research (ZonMw; grant number 31160207). AG is supported
by grant number 91713354 from the Dutch Scientific Health
organisation: ZonMw.

REFERENCES

Åkerlund, D., Golsteyn, B. H. H., Grönqvist, H., and Lindahl, L. (2016). Time
discounting and criminal behavior. Proc. Natl. Acad. Sci. U S A 113, 6160–6165.
doi: 10.1073/pnas.1522445113

Amlung, M., Vedelago, L., Acker, J., Balodis, I., and MacKillop, J. (2017). Steep
delay discounting and addictive behavior: a meta-analysis of continuous
associations. Addiction 112, 51–62. doi: 10.1111/add.13535

Apostolidis, T., Fieulaine, N., Simonin, L., and Rolland, G. (2006a). Cannabis use,
time perspective and risk perception: evidence of a moderating effect†. Psychol.
Health 21, 571–592. doi: 10.1080/14768320500422683

Apostolidis, T., Fieulaine, N., and Soulé, F. (2006b). Future time perspective as
predictor of cannabis use: exploring the role of substance perception among
French adolescents. Addict. Behav. 31, 2339–2343. doi: 10.1016/j.addbeh.2006.
03.008

Arantes, J., Berg, M. E., Lawlor, D., and Grace, R. C. (2013). Offenders have higher
delay-discounting rates than non-offenders after controlling for differences in
drug and alcohol abuse. Legal Criminol. Psychol. 18, 240–253. doi: 10.1111/j.
2044-8333.2012.02052.x

Ashenhurst, J. R., Jentsch, J. D., and Ray, L. A. (2011). Risk-taking and alcohol
use disorders symptomatology in a sample of problem drinkers. Exp. Clin.
Psychopharmacol. 19, 361–370. doi: 10.1037/a0024412

Babyak, M. A. (2004). What you see may not be what you get: a brief, nontechnical
introduction to overfitting in regression-type models. Psychosom. Med. 66,
411–421. doi: 10.1097/01.psy.0000127692.23278.a9

Bennett, T., Holloway, K., and Farrington, D. (2008). The statistical association
between drug misuse and crime: a meta-analysis. Aggress. Violent Behav. 13,
107–118. doi: 10.1016/j.avb.2008.02.001

Bornovalova, M. A., Cashman-Rolls, A., O’Donnell, J. M., Ettinger, K.,
Richards, J. B., deWit, H., et al. (2009). Risk taking differences on a behavioral
task as a function of potential reward/loss magnitude and individual differences
in impulsivity and sensation seeking. Pharmacol. Biochem. Behav. 93, 258–262.
doi: 10.1016/j.pbb.2008.10.023

Bornovalova, M. A., Daughters, S. B., Hernandez, G. D., Richards, J. B., and
Lejuez, C. W. (2005). Differences in impulsivity and risk-taking propensity
between primary users of crack cocaine and primary users of heroin in a
residential substance-use program. Exp. Clin. Psychopharmacol. 13, 311–318.
doi: 10.1037/1064-1297.13.4.311

Frontiers in Behavioral Neuroscience | www.frontiersin.org 10 September 2019 | Volume 13 | Article 192

https://doi.org/10.1073/pnas.1522445113
https://doi.org/10.1111/add.13535
https://doi.org/10.1080/14768320500422683
https://doi.org/10.1016/j.addbeh.2006.03.008
https://doi.org/10.1016/j.addbeh.2006.03.008
https://doi.org/10.1111/j.2044-8333.2012.02052.x
https://doi.org/10.1111/j.2044-8333.2012.02052.x
https://doi.org/10.1037/a0024412
https://doi.org/10.1097/01.psy.0000127692.23278.a9
https://doi.org/10.1016/j.avb.2008.02.001
https://doi.org/10.1016/j.pbb.2008.10.023
https://doi.org/10.1037/1064-1297.13.4.311
https://www.frontiersin.org/journals/behavioral-neuroscience
https://www.frontiersin.org
https://www.frontiersin.org/journals/behavioral-neuroscience#articles


Rieser et al. Impulsivitiy in Substance Using Criminals

Campbell-Sills, L., Liverant, G. I., and Brown, T. A. (2004). Psychometric
evaluation of the behavioral inhibition/behavioral activation scales in a large
sample of outpatients with anxiety and mood disorders. Psychol. Assess. 16,
244–254. doi: 10.1037/1040-3590.16.3.244

Carver, C. S., and White, T. L. (1994). Behavioral inhibition, behavioral
activation, and affective responses to impending reward and punishment: the
BIS/BAS Scales. J. Pers. Soc. Psychol. 67, 319–333. doi: 10.1037/0022-3514.
67.2.319

Chen, C.-Y., Muggleton, N. G., Juan, C.-H., Tzeng, O. J. L., andHung, D. L. (2008).
Time pressure leads to inhibitory control deficits in impulsive violent offenders.
Behav. Brain Res. 187, 483–488. doi: 10.1016/j.bbr.2007.10.011

Cherek, D. R., Moeller, F. G., Dougherty, D. M., and Rhoades, H. (1997). Studies
of violent and nonviolent male parolees: II. Laboratory and psychometric
measurements of impulsivity. Biol. Psychiatry 41, 523–529. doi: 10.1016/s0006-
3223(96)00426-x

Cohen, J. (1992). A power primer. Psychological bulletin 112, 155–159.
doi: 10.1037/0033-2909.112.1.155

Dahne, J., Richards, J. M., Ernst, M., MacPherson, L., and Lejuez, C. W.
(2013). ‘‘Behavioral measures of risk-taking and their relevance to addictive
behaviors,’’ in Wiley-Blackwell Handbook of Addiction Psychopharmacology,
eds J. MacKillop and H. De Wit (Chichester: Wiley-Blackwell), 209–232.

de Wit, H. (2009). Impulsivity as a determinant and consequence of drug use: a
review of underlying processes. Addict. Biol. 14, 22–31. doi: 10.1111/j.1369-
1600.2008.00129.x

Dick, D. M., Smith, G., Olausson, P., Mitchell, S. H., Leeman, R. F., O’Malley, S. S.,
et al. (2010). Understanding the construct of impulsivity and its relationship to
alcohol use disorders. Addict. Biol. 15, 217–226. doi: 10.1111/j.1369-1600.2009.
00190.x

Dougherty, D. M., Lake, S. L., Mathias, C. W., Ryan, S. R., Bray, B. C.,
Charles, N. E., et al. (2015). Behavioral impulsivity and risk-taking trajectories
across early adolescence in youths with and without family histories of
alcohol and other drug use disorders. Alcohol. Clin. Exp. Res. 39, 1501–1509.
doi: 10.1111/acer.12787

Fernie, G., Cole, J. C., Goudie, A. J., and Field, M. (2010). Risk-taking but not
response inhibition or delay discounting predict alcohol consumption in social
drinkers. Drug Alcohol Depend. 112, 54–61. doi: 10.1016/j.drugalcdep.2010.
05.011

Field, A. (2009). Discovering Statistics Using SPSS: (And Sex Drugs and Rock ‘n’
Roll). London: SAGE Publications Ltd.

Goldstein, R. Z., and Volkow, N. D. (2002). Drug addiction and its underlying
neurobiological basis: neuroimaging evidence for the involvement of the frontal
cortex. Am. J. Psychiatry 159, 1642–1652. doi: 10.1176/appi.ajp.159.10.1642

Gottfredson, M. R., and Hirschi, T. (1990). A General Theory of Crime. Stanford,
CA: Stanford University Press.

Gray, J. A. (1975). Elements of A Two-Process Theory of Learning. London:
Academic Press.

Haggård-Grann, U., Hallqvist, J., Långström, N., and Möller, J. (2006). The role
of alcohol and drugs in triggering criminal violence: a case-crossover study∗.
Addiction 101, 100–108. doi: 10.1111/j.1360-0443.2005.01293.x

Hanoch, Y., Rolison, J., and Gummerum, M. (2013). Good things come
to those who wait: time discounting differences between adult offenders
and nonoffenders. Pers. Individ. Dif. 54, 128–132. doi: 10.1016/j.paid.2012.
08.025

Henson, J. M., Carey, M. P., Carey, K. B., and Maisto, S. A. (2006).
Associations among health behaviors and time perspective in young adults:
model testing with boot-strapping replication. J. Behav. Med. 29, 127–137.
doi: 10.1007/s10865-005-9027-2

Hanson, K. L., Thayer, R. E., and Tapert, S. F. (2014). Adolescent marijuana users
have elevated risk-taking on the balloon analog risk task. J. Psychopharmacol.
28, 1080–1087. doi: 10.1177/0269881114550352

Hoppenbrouwers, S. S., Neumann, C. S., Lewis, J., and Johansson, P. (2015). A
latent variable analysis of the Psychopathy Checklist-Revised and behavioral
inhibition system/behavioral activation system factors in North American and
Swedish offenders. Personal. Disord. 6, 251–260. doi: 10.1037/per0000115

Hosmer, D. W., and Lemeshow, S. (2000). Applied Logistic Regression. New York,
NY: Wiley.

Johnson, M. W., Bickel, W. K., Baker, F., Moore, B. A., Badger, G. J.,
and Budney, A. J. (2010). Delay discounting in current and former

marijuana-dependent individuals. Exp. Clin. Psychopharmacol. 18, 99–107.
doi: 10.1037/a0018333

Jones, C. G. A., Fearnley, H., Panagiotopoulos, B., and Kemp, R. I.
(2015). Delay discounting, self-control, and substance use among adult
drug court participants. Behav. Pharmacol. 26, 447–459. doi: 10.1097/FBP.
0000000000000149

Lee, C. A., Derefinko, K. J., Milich, R., Lynam, D. R., and DeWall, C. N. (2017).
Longitudinal and reciprocal relations between delay discounting and crime.
Pers. Individ. Dif. 111, 193–198. doi: 10.1016/j.paid.2017.02.023

Lejuez, C. W., Aklin, W. M., Jones, H. A., Richards, J. B., Strong, D. R.,
Kahler, C. W., et al. (2003). The balloon analogue risk task (BART)
differentiates smokers and nonsmokers. Exp. Clin. Psychopharmacol. 11, 26–33.
doi: 10.1037/1064-1297.11.1.26

Lejuez, C. W., Read, J. P., Kahler, C. W., Richards, J. B., Ramsey, S. E., Stuart, G. L.,
et al. (2002). Evaluation of a behavioral measure of risk taking: the Balloon
Analogue Risk Task (BART). J. Exp. Psychol. Appl. 8, 75–84. doi: 10.1037/1076-
898x.8.2.75

MacKillop, J., Amlung, M. T., Few, L. R., Ray, L. A., Sweet, L. H., and
Munafò, M. R. (2011). Delayed reward discounting and addictive behavior:
a meta-analysis. Psychopharmacology 216, 305–321. doi: 10.1007/s00213-011-
2229-0

Mathias, C. W., Dougherty, D. M., Marsh, D. M., Moeller, F. G., Hicks, L. R.,
Dasher, K., et al. (2002). Laboratory measures of impulsivity: a comparison
of women with or without childhood aggression. Psychol. Assess. 52, 289–303.
doi: 10.1007/bf03395431

Moallem, N. R., and Ray, L. A. (2012). Dimensions of impulsivity among heavy
drinkers, smokers, and heavy drinking smokers: singular and combined effects.
Addict. Behav. 37, 871–874. doi: 10.1016/j.addbeh.2012.03.002

Moeller, F. G., Barratt, E. S., Dougherty, D. M., Schmitz, J. M., and Swann, A. C.
(2001). Psychiatric aspects of impulsivity. Am. J. Psychiatry 158, 1783–1793.
doi: 10.1176/appi.ajp.158.11.1783

Moeller, F. G., and Dougherty, D. M. (2001). Impulsivity and substance
abuse: what is the connection? Addict. Disord. Their Treat. 1, 3–10.
doi: 10.1097/00132576-200205000-00002

Munro, G. E. S., Dywan, J., Harris, G. T., McKee, S., Unsal, A., and Segalowitz, S. J.
(2007). Response inhibition in psychopathy: the frontal N2 and P3. Neurosci.
Lett. 418, 149–153. doi: 10.1016/j.neulet.2007.03.017

Myerson, J., Green, L., and Warusawitharana, M. (2001). Area under the curve as
a measure of discounting. J. Exp. Anal. Behav. 76, 235–243. doi: 10.1901/jeab.
2001.76-235

Nagin, D. S., and Pogarsky, G. (2004). Time and punishment: delayed
consequences and criminal behavior. J. Quant. Criminol. 20, 295–317.
doi: 10.1007/s10940-004-5866-1

Nofziger, S. (2009). Victimization and the general theory of crime. Violence Vict.
24, 337–350. doi: 10.1891/0886-6708.24.3.337

O’Connor, R. M., and Colder, C. R. (2005). Predicting alcohol patterns in first-year
college students through motivational systems and reasons for drinking.
Psychol. Addict. Behav. 19, 10–20. doi: 10.1037/0893-164x.19.1.10

Pardo, Y., Aguilar, R., Molinuevo, B., and Torrubia, R. (2007). Alcohol use
as a behavioural sign of disinhibition: evidence from J.A. Gray’s model of
personality. Addict. Behav. 32, 2398–2403. doi: 10.1016/j.addbeh.2007.02.010

Perry, J. L., and Carroll, M. E. (2008). The role of impulsive behavior in drug abuse.
Psychopharmacology 200, 1–26. doi: 10.1007/s00213-008-1173-0

Pihl, R. O., and Peterson, J. (1995). Drugs and aggression: correlations, crime
and humanmanipulative studies and some proposedmechanisms. J. Psychiatry
Neurosci. 20, 141–149.

Piquero, A. R., Farrington, D. P., and Jennings, W. G. (2018). Money now, money
later: linking time discounting and criminal convictions in the cambridge
study in delinquent development. Int. J. Offender Ther. Comp. Criminol. 62,
1131–1142. doi: 10.1177/0306624X16678938

Putman, P., Hermans, E., and van Honk, J. (2004). Emotional stroop
performance for masked angry faces: it’s BAS, not BIS. Emotion 4, 305–311.
doi: 10.1037/1528-3542.4.3.305

Ribeaud, D., and Eisner, M. (2016). The ‘Drug-crime link’ from a self-control
perspective. Eur. J. Criminol. 3, 33–67. doi: 10.1177/1477370806059080

Robbins, R. N., and Bryan, A. (2004). Relationships between future orientation,
impulsive sensation seeking and risk behavior among adjudicated adolescents.
J. Adolesc. Res. 19, 428–445. doi: 10.1177/0743558403258860

Frontiers in Behavioral Neuroscience | www.frontiersin.org 11 September 2019 | Volume 13 | Article 192

https://doi.org/10.1037/1040-3590.16.3.244
https://doi.org/10.1037/0022-3514.67.2.319
https://doi.org/10.1037/0022-3514.67.2.319
https://doi.org/10.1016/j.bbr.2007.10.011
https://doi.org/10.1016/s0006-3223(96)00426-x
https://doi.org/10.1016/s0006-3223(96)00426-x
https://doi.org/10.1037/0033-2909.112.1.155
https://doi.org/10.1111/j.1369-1600.2008.00129.x
https://doi.org/10.1111/j.1369-1600.2008.00129.x
https://doi.org/10.1111/j.1369-1600.2009.00190.x
https://doi.org/10.1111/j.1369-1600.2009.00190.x
https://doi.org/10.1111/acer.12787
https://doi.org/10.1016/j.drugalcdep.2010.05.011
https://doi.org/10.1016/j.drugalcdep.2010.05.011
https://doi.org/10.1176/appi.ajp.159.10.1642
https://doi.org/10.1111/j.1360-0443.2005.01293.x
https://doi.org/10.1016/j.paid.2012.08.025
https://doi.org/10.1016/j.paid.2012.08.025
https://doi.org/10.1007/s10865-005-9027-2
https://doi.org/10.1177/0269881114550352
https://doi.org/10.1037/per0000115
https://doi.org/10.1037/a0018333
https://doi.org/10.1097/FBP.0000000000000149
https://doi.org/10.1097/FBP.0000000000000149
https://doi.org/10.1016/j.paid.2017.02.023
https://doi.org/10.1037//1064-1297.11.1.26
https://doi.org/10.1037/1076-898x.8.2.75
https://doi.org/10.1037/1076-898x.8.2.75
https://doi.org/10.1007/s00213-011-2229-0
https://doi.org/10.1007/s00213-011-2229-0
https://doi.org/10.1007/bf03395431
https://doi.org/10.1016/j.addbeh.2012.03.002
https://doi.org/10.1176/appi.ajp.158.11.1783
https://doi.org/10.1097/00132576-200205000-00002
https://doi.org/10.1016/j.neulet.2007.03.017
https://doi.org/10.1901/jeab.2001.76-235
https://doi.org/10.1901/jeab.2001.76-235
https://doi.org/10.1007/s10940-004-5866-1
https://doi.org/10.1891/0886-6708.24.3.337
https://doi.org/10.1037/0893-164x.19.1.10
https://doi.org/10.1016/j.addbeh.2007.02.010
https://doi.org/10.1007/s00213-008-1173-0
https://doi.org/10.1177/0306624X16678938
https://doi.org/10.1037/1528-3542.4.3.305
https://doi.org/10.1177/1477370806059080
https://doi.org/10.1177/0743558403258860
https://www.frontiersin.org/journals/behavioral-neuroscience
https://www.frontiersin.org
https://www.frontiersin.org/journals/behavioral-neuroscience#articles


Rieser et al. Impulsivitiy in Substance Using Criminals

Schippers, G. M., Broekman, T. G., Buchholz, A., Koeter, M. W. J., and van den
Brink, W. (2010). Measurements in the Addictions for Triage and Evaluation
(MATE): an instrument based on the World Health Organization family of
international classifications. Addiction 105, 862–871. doi: 10.1111/j.1360-0443.
2009.02889.x

Schippers, G., Broekman, T., and Buchholz, A. (2011).MATE 2.1: Handleiding en
Protocol. Nijmegen: Bêta Boeken.

Schneider, S., Peters, J., Bromberg, U., Brassen, S., Miedl, S. F., Banaschewski, T.,
et al. (2012). Risk taking and the adolescent reward system: a potential common
link to substance abuse. Am. J. Psychiatry 169, 39–46. doi: 10.1176/appi.ajp.
2011.11030489

Shaul, L., Koeter, M. W. J., and Schippers, G. M. (2016). Brief motivation
enhancing intervention to prevent criminal recidivism in substance-abusing
offenders under supervision: a randomized trial. Psychol. Crime Law 22,
903–914. doi: 10.1080/1068316x.2016.1202248

Simons, J. S., Dvorak, R. D., and Batien, B. D. (2008). Methamphetamine use
in a rural college population: associations with marijuana use, sensitivity to
punishment and sensitivity to reward. Psychol. Addict. Behav. 22, 444–449.
doi: 10.1037/0893-164X.22.3.444

Smith, J. L., Mattick, R. P., Jamadar, S. D., and Iredale, J. M. (2014). Deficits in
behavioural inhibition in substance abuse and addiction: a meta-analysis. Drug
Alcohol Depend. 145, 1–33. doi: 10.1016/j.drugalcdep.2014.08.009

Stevens, J. (1996). Applied Multivariate Statistics for the Social Sciences. 3rd Edn.
Mahwah, NJ: Lawrence Erlbaum Associates.

Stevens, L., Verdejo-García, A., Goudriaan, A. E., Roeyers, H., Dom, G., and
Vanderplasschen, W. (2014). Impulsivity as a vulnerability factor for poor
addiction treatment outcomes: a review of neurocognitive findings among
individuals with substance use disorders. J. Subst. Abuse Treat. 47, 58–72.
doi: 10.1016/j.jsat.2014.01.008

Swogger, M. T., Walsh, Z., Christie, M., Priddy, B. M., and Conner, K. R. (2015).
Impulsive versus premeditated aggression in the prediction of violent criminal
recidivism. Aggress. Behav. 41, 346–352. doi: 10.1002/ab.21549

Swogger, M. T., Walsh, Z., Lejuez, C. W., and Kosson, D. S. (2010). Psychopathy
and risk taking among jailed inmates. Crim. Justice Behav. 37, 439–452.
doi: 10.1177/0093854810361617

Værøy, H., Western, E., and Andersson, S. (2015). The link between facets of
impulsivity and aggression in extremely violent prisoners. Open J. Psychiatry
6,86-94. doi: 10.4236/ojpsych.2016.61010

Verdejo-García, A., and Bechara, A. (2009). A somatic marker theory of addiction.
Neuropharmacology 56, 48–62. doi: 10.1016/j.neuropharm.2008.07.035

Verdejo-García, A., Lawrence, A. J., and Clark, L. (2008). Impulsivity as a
vulnerability marker for substance-use disorders: review of findings from
high-risk research, problem gamblers and genetic association studies.Neurosci.
Biobehav. Rev. 32, 777–810. doi: 10.1016/j.neubiorev.2007.11.003

Wallsten, T. S., Pleskac, T. J., and Lejuez, C. W. (2005). Modeling behavior in
a clinically diagnostic sequential risk-taking task. Psychol. Rev. 112, 862–880.
doi: 10.1037/0033-295X.112.4.862

White, J. L., Moffitt, T. E., Caspi, A., Bartusch, D. J., Needles, D. J., and
Stouthamer-Loeber, M. (1994). Measuring impulsivity and examining
its relationship to delinquency. J. Abnorm. Psychol. 103, 192-205.
doi: 10.1037//0021-843x.103.2.192

Wichary, S., Pachur, T., and Li, M. (2015). Risk-taking tendencies in prisoners
and nonprisoners. does gender matter? J. Behav. Dec. Making 28, 504–514.
doi: 10.1002/bdm.1866

Wills, T. A., Sandy, J. M., and Yaeger, A. M. (2001). Time perspective and early-
onset substance use: a model based on stress-coping theory. Psychol. Addict.
Behav. 15, 118–125. doi: 10.1037//0893-164x.15.2.118

Wills, T. A., Vaccaro, D., and McNamara, G. (1994). Novelty seeking, risk
taking and related constructs as predictors of adolescent substance use. An
application of Cloninger’s theory. J. Subst. Abuse 6, 1–20. doi: 10.1016/s0899-
3289(94)90039-6

Wilson, M., and Daly, M. (2006). Are juvenile offenders extreme future
discounters? Psychol. Sci. 17, 989–994. doi: 10.1111/j.1467-9280.2006.01817.x

Wise, R. A., and Koob, G. F. (2014). The development and maintenance of drug
addiction. Neuropsychopharmacology 39, 254–262. doi: 10.1038/npp.2013.261

Wittmann, M., Leland, D. S., and Paulus, M. P. (2007). Time and decision making:
differential contribution of the posterior insular cortex and the striatum during
a delay discounting task. Exp. Brain Res. 179, 643–653. doi: 10.1007/s00221-
006-0822-y

Yankelevitz, R. L., Mitchell, S. H., and Zhang, Y. (2012). Gender differences in
factors associated with alcohol drinking: delay discounting and perception
of others’ drinking. Drug Alcohol Depend. 123, 273–276. doi: 10.1016/j.
drugalcdep.2011.11.012

Zimmerman, G. M. (2010). Impulsivity, offending, and the neighborhood:
investigating the person-context nexus. J. Quant. Criminol. 26, 301–332.
doi: 10.1007/s10940-010-9096-4

Conflict of Interest Statement: The authors declare that the research was
conducted in the absence of any commercial or financial relationships that could
be construed as a potential conflict of interest.

Copyright © 2019 Rieser, Shaul, Blankers, Koeter, Schippers and Goudriaan. This
is an open-access article distributed under the terms of the Creative Commons
Attribution License (CC BY). The use, distribution or reproduction in other forums
is permitted, provided the original author(s) and the copyright owner(s) are credited
and that the original publication in this journal is cited, in accordance with accepted
academic practice. No use, distribution or reproduction is permitted which does not
comply with these terms.

Frontiers in Behavioral Neuroscience | www.frontiersin.org 12 September 2019 | Volume 13 | Article 192

https://doi.org/10.1111/j.1360-0443.2009.02889.x
https://doi.org/10.1111/j.1360-0443.2009.02889.x
https://doi.org/10.1176/appi.ajp.2011.11030489
https://doi.org/10.1176/appi.ajp.2011.11030489
https://doi.org/10.1080/1068316x.2016.1202248
https://doi.org/10.1037/0893-164X.22.3.444
https://doi.org/10.1016/j.drugalcdep.2014.08.009
https://doi.org/10.1016/j.jsat.2014.01.008
https://doi.org/10.1002/ab.21549
https://doi.org/10.1177/0093854810361617
https://doi.org/10.4236/ojpsych.2016.61010
https://doi.org/10.1016/j.neuropharm.2008.07.035
https://doi.org/10.1016/j.neubiorev.2007.11.003
https://doi.org/10.1037/0033-295X.112.4.862
https://doi.org/10.1037//0021-843x.103.2.192
https://doi.org/10.1002/bdm.1866
https://doi.org/10.1037//0893-164x.15.2.118
https://doi.org/10.1016/s0899-3289(94)90039-6
https://doi.org/10.1016/s0899-3289(94)90039-6
https://doi.org/10.1111/j.1467-9280.2006.01817.x
https://doi.org/10.1038/npp.2013.261
https://doi.org/10.1007/s00221-006-0822-y
https://doi.org/10.1007/s00221-006-0822-y
https://doi.org/10.1016/j.drugalcdep.2011.11.012
https://doi.org/10.1016/j.drugalcdep.2011.11.012
https://doi.org/10.1007/s10940-010-9096-4
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/behavioral-neuroscience
https://www.frontiersin.org
https://www.frontiersin.org/journals/behavioral-neuroscience#articles

	The Predictive Value of Impulsivity and Risk-Taking Measures for Substance Use in Substance Dependent Offenders
	INTRODUCTION
	MATERIALS AND METHODS
	Study Design
	Recruitment and Assessment Procedures
	Participants
	Measures
	Delay Discounting Task (DDT)
	Balloon Analogue Risk Task (BART)
	Behavioral Inhibition, Behavioral Activation Scale (BIS/BAS Scale)

	Statistical Analysis

	RESULTS
	Bivariate Analysis
	Multiple Linear Regression Predicting Substance Use in the Last 30 Days at Follow-Up
	Moderated Regression Analyses

	DISCUSSION
	Limitations

	CONCLUSION
	ETHICS STATEMENT
	AUTHOR CONTRIBUTIONS
	FUNDING
	REFERENCES


