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Age group ground, Fuzhou COVID-19 large wave (November 19, 2022—February 9, 2023) led by
Omicron BA.5.2 variant Omicron BA.5.2 variant was recorded and prevailed for three months in Fujian Province.
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. Methods: A multi-age groups susceptible-exposed-infected-hospitalized-recovered
Social contact

(SEIHR) COVID-19 model with social contacts was proposed in this study. The main ob-
ject was to evaluate the impacts of age groups and social contacts of the total population.
The idea of Least Squares method was governed to perform the data fittings of four age
groups against the surveillance data from Fujian Provincial Center for Disease Control and
Prevention (Fujian CDC). The next generation matrix method was used to compute basic
reproduction number for the total population and for the specific age group. The ten-
dencies of effective reproduction number of four age groups were plotted by using the
Epiestim R package and the SEIHR model for in-depth discussions. The sensitivity analysis
by using sensitivity index and partial rank correlation coefficients values (PRCC values)
were operated to reveal the differences of age groups against the main parameters.

Results: The main epidemiological features such as basic reproduction number, effective
reproduction number and sensitivity analysis were extensively discussed for multi-age
groups SEIHR model in this study. Firstly, by using of the next generation matrix
method, basic reproduction number Ry of the total population was estimated as 1.57 using
parameter values of four age groups of Fuzhou COVID-19 large wave. Given age group k,
the values of Roy (age group k to age group k), the values ofR{‘) (an infected of age group k to
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the total population) and the values of Rﬁ (an infected of the total population to age group
k) were also estimated, in which the explorations of the impacts of age groups revealed
that the relationship R(’§ > Rok >R5 was valid. Then, the fluctuating tendencies of effective
reproduction number R; were demonstrated by using two approaches (the surveillance
data and the SEIHR model) for Fuzhou COVID-19 large wave, during which high-risk group
(G4 group) mainly contributed the infection scale due to high susceptibility to infection
and high risks to basic diseases. Further, the sensitivity analysis using two approaches (the
sensitivity index and the PRCC values) revealed that susceptibility to infection of age
groups played the vital roles, while the numerical simulation showed that infection scale
varied with the changes of social contacts of age groups. The results of this study claimed
that the high-risk group out of the total population was concerned by the local govern-
ment with the highest susceptibility to infection against COVID-19.
Conclusions: This study verified that the partition structure of age groups of the total
population, the susceptibility to infection of age groups, the social contacts among age
groups were the important contributors of infection scale. The less social contacts and
adequate hospital beds for high-risk group were profitable to control the spread of COVID-
19. To avoid the emergence of medical runs against new variant in the future, the poli-
cymakers from local government were suggested to decline social contacts when hospital
beds were limited.
© 2024 The Authors. Publishing services by Elsevier B.V. on behalf of KeAi
Communications Co. Ltd. This is an open access article under the CC BY-NC-ND license
(http://creativecommons.org/licenses/by-nc-nd/4.0/).

1. Introduction

The first COVID-19 epidemic caused by SARS-CoV-2 Omicron variant was recorded in December of 2021 at Tianjin City (Tan
et al., 2022) since dynamic zero-COVID policy was carried out in August of 2021 (Liang et al., 2022). Afterwards, the COVID-19
epidemics were contained on the Chinese mainland until the implements of Twenty Measures and Ten New Measures as of the
end of 2022 (Chen et al., 2022; Wei et al., 2023; Zeng et al., 2023; Zhong et al., 2022). The COVID-19 epidemics led by SARS-CoV-2
Omicron variant in Fujian Province included Quanzhou epidemic (March 10-April 14, 2022), Xiapu epidemic (July 1-July 15,
2022), Fuzhou COVID-19 small wave (October 22-November 18, 2022) and Fuzhou COVID-19 large wave (November 19,
2022—February 9, 2023). To further optimize the COVID-19 responses before the end of the year 2022, Chinese government
announced Twenty Measures on November 11 in (Twenty Measures, 2022; The State Council The People’s Republic of China,
2022a), then announced Ten New Measures on December 7 in (Ten New Measures, 2022; The State Council The People’s
Republic of China, 2022b) against the spreading of COVID-19. More precisely, the eleventh measure of Twenty Measures was
to prepare inpatient beds and beds for the severe cases according to their threshold values of COVID-19 nucleic acid tests and
their clinic severeness, which meant that all infection cases required the hospital beds before December 7 of the year 2022. The
fifth measure of Ten New Measures was to suggest the asymptomatic carriers and those with mild symptoms undergoing home
quarantine, the close contacts undergoing five days of home quarantine, which meant that the asymptomatic cases or those
with mild symptoms did not require the hospital beds after December 7 of the year 2022. These differences of the hospital-bed
requirements for infection cases were very significant to the policymaker of the local government.

Meanwhile, the vaccination situation for the Chinese mainland was in high-level in (Zhou et al., 2024), which was reported
by the key media that 1272.83 (90.28%) million individuals on the Chinese mainland finished the full vaccination as of
November 28 of the year 2022 in (People’s Daily Online, 2023). Especially, the vaccination situation of Fujian Province had
been improved during the period from November 1 to December 20 of the year 2022 as shown in Fig. 1, from which the total
number of the full vaccination ranged from 39.0028 (93.90%) to 39.0749 (94.10%) million individuals, the total number of the
boosted vaccination ranged from 24.2605 to 24.6716 million individuals, the cumulative number of the vaccination ranged
from 102.1986 to 103.0916 doses (Health Commission of Fujian Province, 2022a,b). The high coverage situation of the vaccine
in Fujian Province implied that the number of the individuals who were not been vaccinated was very less, which also re-
flected that the herd immunity of the total population was established. Based on the vaccination situation, aiming at opti-
mizing the COVID-19 responses, the managers from Fujian Provincial Center for Disease Control and Prevention (i.e., Fujian
CDC) collected the surveillance data of COVID-19 from the healthcare institutions and medical agents, then they reported to
the policymakers of the local government for optimizing further measures against COVID-19.

The SEIR-type compartment models and the models alike were usually governed to investigate the epidemiological
characteristics and dynamic behaviors of infectious diseases. The recent studies combining the multi-age groups and the
hospitalization data in (Kimathi et al., 2021; Lu et al., 2019; Zhou et al., 2019; Li et al., 2022; Makhoul et al., 2021; Liu & Wei,
2022; Wei & Xue, 2020; Yu et al.,, 2023; Zhang & Wei, 2020; Wei et al., 2021; Zhai et al., 2023; Taboe et al., 2022; Wei et al.,
2023; Wu & Feng, 2024), were less. For instance, the studies for two-age groups compartment model in (Taboe et al., 2022)
indicated that the individuals under 65 years old were the primary drivers of the COVID-19 pandemic in West Africa. The
findings in (Wei et al., 2023) showed that two-age groups compartment model with non-pharmaceutical interventions
described the successful containment of the Shijiazhuang epidemic. The results of (Wu & Feng, 2024) showed that the
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Fig. 1. Vaccination situation of Fujian Province from November 1 to December 20 of the year 2022 against COVID-19. Full vaccination (Left top) and booster
vaccination (Right top) are presented respectively. Vaccination situation of Fujian Province with the same scale-magnitude (Bottom).

threshold dynamics of COVID-19 transmission relied on infection age and spatial diffusion of a space-age structured model. To
analyze the main epidemiological features of Fuzhou COVID-19 large wave, we established an SEIHR compartment model and
studied the impacts of the heterogeneity for social contacts and age groups of the total population, in which the requirements
on hospital-beds were mainly for severe cases and those with symptoms, the asymptomatic cases and the mild/moderate
cases instead. The multi-age groups SEIHR model of this study filled in the gap of the compartment models with hospital-bed
requirements in the existed contributions. The main results of this study would provide the valuable insights for the man-
agers of Fujian CDC and the policymakers of the local government.

2. Methods
2.1. Definition of the hospitalized case

The standards for identifying the hospitalized cases were referred as the cases who were diagnosed in hospitals and then
were discharged from hospitals due to their recoveries by the surveillance data from Fujian Provincial Center for Disease

Control and Prevention (i.e., Fujian CDC). Here, the hospitalized cases were not all symptomatic infections as explored in the
recent contributions (Chen et al., 2022; Wei et al., 2022).

2.2. Data sources and contact matrix

2.2.1. Surveillance data and collection

The surveillance data of this study were recorded by Fujian CDC. The funder of the study had no role in study design, data
collection and analysis, interpretation and writing of the report. The corresponding authors had full access to all data in the
study and had final responsibility for the decision to submit for publication. The total population was separated into four
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parts: G1 group (infants and school-oriented children, 0—11 years old), G2 group (school-oriented teenagers, 12—19 years
old), G3 group (job-oriented young adults, 20—59 years old), G4 group (home-oriented elder adults, 60 years old and over), in
which G4 group took high risks during the prevalence of COVID-19 due to their basic diseases such as diabetes, high blood
pressure, heart disease, hyperlipidemia and chronic inflammation.

The surveillance data showed that Fuzhou COVID-19 small wave brought 1,529 infection cases during the implements of
Twenty Measures on November 11; Fuzhou COVID-19 large wave brought 74,528 infection cases during the implements of
Ten New Measures on December 7. These two waves were caused by SARS-CoV-2 Omicron BA.5.2 variant, but the hospital-
bed requirements from Fuzhou COVID-19 large wave clearly changed before and after December 7. Precisely, the infected
cases immediately occupied hospital beds when confirmed before December 7, while the infected cases took several days
waiting for hospital beds when confirmed due to inadequate beds against COVID-19 after December 7. Therefore, we sepa-
rated surveillance data into the infected cases and the hospitalized cases by four age groups. Here, the infection scale for the
hospitalized cases was less than that of the infected cases after December 7, because the asymptomatic cases and those with
mild symptoms stayed at home for medical care after onset of illness was detected.

2.2.2. Contact matrix

By the heterogeneous 16 x 16 contact matrix of the Chinese mainland from (Prem et al., 2021) and the weighted average
method, we derived a heterogeneous 4 x 4 contact matrix describing the average contact numbers of four age groups in Fig. 2
and table 1 in (Lan et al., 2024), in which the computation details of the values for contact matrix were provided in Appendix
A. Here, these two contact matrices showed the heterogeneity of social contact patterns among age groups of the total
population. Further, we assumed that Cj, was not equal to Cy; due to their essentially different meanings. Precisely, Cj, meant
for the daily average number of contacts with the individuals of age group k by an individual of age j; Cy; stood for the daily
average number of contacts with the individuals of age group j by an individual of age k, when we fixed the partition of four
age groups of the total population in this study.

2.3. Age-group SEIHR model

According to the heterogeneities among age groups of the surveillance data from Fujian CDC, we established a multi-age
groups SEIHR model in this study. Precisely, we kept the features of the surveillance data and made the following assumptions
in this study. (i) The total population in a given region/city was assumed to remain the constant with the same birth rate and
death rate during Fuzhou COVID-19 large wave. (ii) We neglected the fatality rate of COVID-19 of the total population due to
the 90-day duration of Fuzhou COVID-19 large wave. (iii) The hospitalized individuals were regarded as stopping the
transmission with their good treatments in health care facilities, the hospitalized individuals would transfer into the
recovered compartment further returned back the susceptible compartment losing the temporary immunities within next six
months in this study. (iv) The contact pattern between the susceptible individuals and the infected individuals was described
by the standard incidence rate. (v) The aging rates among age groups were assumed to be the constants. Here, the SEIHR
model consisted of the susceptible (S, the individuals who were not the hosts of SARS-CoV-2 virus), the exposed (Ey, the
individuals who were infected by SARS-CoV-2 virus and started their incubation periods), the infected (I, the infectious
individuals had no requirements on hospital beds), the hospitalized (Hi, the infectious individuals had requirements on
hospital beds) and the recovered (Ry, the individuals who had transient immunities and would return to the susceptible
population) of age group k with in the total population Ny = Sk + Ex + Ix + Hx + R for k =1, 2, ..., K. So, the multi-age groups
SEIHR model was described as follows:

Contact matrix of 16 age groups Contact matrix of 4 age groups
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Fig. 2. The heterogeneity of 16 x 16 contact matrix of the Chinese mainland was given in (Prem et al., 2021) (Left). The heterogeneity of 4 x 4 contact matrix of
the Chinese mainland was computed by using the weighted average method (Right).
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where 641 =1 and 01 =0 for k # 1, wg = 0 and wg = 0. Here, A, were the susceptibility to infection of Si; Cj, the daily average
number of contacts with individuals of age group k by an individual of age group j; wy, the daily aging rate from group k to k +
1; v1x the average recovery rates of Iy; vk, the average recovery rates of Hy; 6, the average hospitalization rates of age group
k; u, the natural birth/death rate; 1/v, the average duration of immune protection; 1/«, the average incubation period.

The initial values of the SEIHR model were set as follows. By the population scale of age groups in 2021 from Fuzhou City
Bureau of Statistics (Fuzhou Statistics Bureau, 2020), the initial value of the susceptible was given by
Sk(0) = Ni(0) — Ex(0) — I(0) — Hi(0) — Ri(0), the initial value of the exposed Ei(0) was set by Fuzhou Health Care Commission
(Fuzhou Health Commission, 2023). Here, the initial values of the infected I;(0) and the hospitalized Hy(0) were supposed to
be zero on November 17 due to the very beginning of Fuzhou COVID-19 large wave. By the report from Fuzhou Health Care
Commission (Fuzhou Health Commission, 2023), the initial of the recovered Ry(0) was set to be 1,600 by the recorded cases
from Fuzhou COVID-19 small wave and closed-loop management, which was distributed into the initial values of four age
groups in Table B.1.

Meanwhile, the parameter values of the SEIHR model were set by steps. Firstly, the awareness delay was assumed to be 2
days for Fuzhou COVID-19 large wave, because Omicron BA.5.2 variant was a highly infectious variant as studied in (Duan &
Jin, 2022; Huang et al., 2020; Huo et al., 2023; Nguyen et al., 2021; Xiong et al., 2023; Fuzhou Statistics Bureau, 2020). Then,
the average lengths of hospitalization 1/y,, were calculated using the surveillance data from Fujian CDC. The main parameter
values wg, Y1k 4, 1/v and 1/a were provided in the recent contributions of Table B.2. Further, the hospitalization rates ) and
susceptibility to infection Ax were derived by data fittings, in which 6y took less values after December 7, A took high values
before December 3 as presented in Table B.3.

2.4. Basic reproduction number
By next generation matrix method (van den Driessche & Watmough, 2002), the expression of basic reproduction number
RO = p(FV71> = p(fFElvlilleVa:J) (2)

was derived, where p(FV~1) was the spectral radius of FV~! and
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The expression of basic reproduction number of age group k to age group k, Roi (i.e., the average number of the infections of
age group k was led by an infected of age group k) was given by

e
@t o+ @) (Y1 + O+ p+ o)

Roje = k=1,2, ... K. (5)

Further, we defined basic reproduction number of an infected of age group k to the total population, Rﬁ (i.e., the average
number of the infections of the local population was led by an infected of age group k) was described by

K
K ahdZizq G

R = L k=1,2,..., K. 6
07 (a+ p+ o) (yik + O + 1+ w) ®)

Meanwhile, we defined basic reproduction number of an infected of the total population to age group k, R’E, (i.e., the
average number of the infections of age group k was led by an infected of the total population) was described by

R at K wC,
RE = k21 WG k=1,2, ... K, (7)
(0 + p+ o) (Y1k + Ok + 1+ wp)

where w; denoted the probability that an infected coming from age group j of the total population.
2.5. Effective reproduction number

We collected the daily cases of the surveillance data for Fuzhou COVID-19 large wave from Fujian CDC, then used EpiEstim
R package in (Cori et al., 2013; R Core Team, 2019) to estimate effective reproduction number R;. Meanwhile, the curves of
effective reproduction number for each age group were performed by using the SEIHR model, which were operated by
software MATLAB. Alternatively, the precise expression of effective reproduction number from (Huang, 2008) was applied on
the tendencies of COVID-19 in (Bai et al., 2023; Sun, et al., 2023; Wei et al., 2020) and Monkeypox in (Wei et al., 2022).

2.6. Sensitivity analysis

2.6.1. Local sensitivity analysis by partial derivative

According to the work in (Wei et al., 2023), we defined sensitivity index and impact magnitude of Rgj as follows
__ORg P
9P Ry

F=T(P): m = logyo|T, (8)

where P was the parameter of model (1), and was referred as to u, «, Wk, Y1k Ak Ok and C.

2.6.2. Global sensitivity analysis by PRCC
The global sensitivity analysis was performed by using Latin Hypercube sampling (LHS) and Partial Rank Correlation
Coefficient (PRCC) methodology in (Alvey et al., 2015; Duan & Jin, 2022; Marino et al., 2008; Taboe et al., 2022) in this study.

3. Results
3.1. Data fittings of Fuzhou COVID-19 large wave

By using of the idea of Least Squares method (i.e., the object was to minimize the differences between the numerical
simulation and the surveillance data from Fujian CDC), we performed the simulations for the infected I; in blue and the
hospitalized Hy in orange in Fig. 3, according to the surveillance data, together with the initial values (Table B.1) and the
parameter values (Table B.2, Table B.3) for four age groups. Further, we concerned the transmission features of G4 group in the
total population. The numerical investigations against the surveillance data from Fujian CDC showed that G4 group was high-
risk group in the total population, the value of effective reproduction number for G4 group took the highest value after Ten
New Measures due to high susceptibility to infection and high risks on the basic diseases. While, the value of effective
reproduction number for G2 group took the lowest value after Ten New Measures because schools and universities became
the key regions for future surveillance spots. The research results indicated that the main parameters such as susceptibility to
infection, average number of contacts, average hospitalization rates and average recovery rates for high-risk group were main
options to control COVID-19 infection scale.
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3.2. Estimation of basic reproduction number

By the next generation matrix method, the expression of basic reproduction number Ry was obtained in (2). We
substituted the parameter values in Table B.2 and the values of contact matrix in Fig. 2b into (2) and (4) to estimate

Ro = 1.5718, which implied that an infected case averagely produced 1.5718 new infection cases as offspring within the total
population. By the same arguments, the values of Rox were calculated as follows

Ro1 = 0.3135, Ryy = 0.5427, Rg3 = 1.2019, Rgs = 0.5136.

The largest value of Ry3 reflected that G3 group was the most active group in the total population. Again, by expression (6), we
calculated that

R} = 0.8228, R3 = 1.1954, R} = 1.6679, R§ = 2.2469.
Obviously, Ry < R’(§ were valid for each group k, which yielded that an infected of age group k contributed less infection cases

to age group k, while an infected of age group k contributed more infection cases to other three groups. By expression (7) and
the probability vector w = (0.15, 0.10, 0.50, 0.25) for four age groups, the calculation gave that

Ry =0.1173, R, = 0.1206, Ry = 0.9563, R; = 0.3484.
Obviously, Rgj > RS held for each group k, which implied that an infected of age group k contributed more infection cases to

age group k, but, an infected of the total population contributed less infection cases to age group k. Especially, we obtained
that

Ro =Ry + RS + Ry + Ry = 1.5426,

which indicated that the average number of the infections by an infected of the total population reached around 1.54.
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Fig. 3. The daily cases, cumulative cases and numerical simulations for four age groups of Fuzhou COVID-19 large wave. The daily cases with bars of the infected
and the hospitalized came from the surveillance data of Fujian CDC. The cumulative cases in dashed curves and numerical simulations in solid curves were
plotted for four age groups of Fuzhou COVID-19 large wave. The susceptibility to infection of age groups (A«) were changed twice starting from December 3 of the
year 2022 with red dashed vertical line. The average hospitalization rates of age groups () were changed on December 7 of the year 2022 with green dashed
vertical line, which were consistent with the values and periods in Table B.3.
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Fig. 4. Tendencies of effective reproduction number R, for four age groups in Fuzhou COVID-19 large wave. The implements of Ten New Measures on December 7
brought the fluctuations of Fuzhou COVID-19 large wave. The rebounding tendency reached the peak after December 19 of the year 2022, Fuzhou COVID-19 large
wave was controlled around January 12.

3.3. Estimation of effective reproduction number

The curve of effective reproduction number R; reflected the evolution tendency of the average number of the infections by
an infected of the total population with the time t, which was an effective indicator of a COVID-19 course in the total pop-
ulation at time t. The evolution tendency of R; was run by EpiEstim R package in (Cori et al., 2013; R Core Team, 2019) and
MATLAB using the surveillance data and the SEIHR model. Precisely, Fig. 4 using the surveillance data showed that the
tendency curves fluctuated above threshold one during the measure operation period from November 11 to December 7 of
the year 2022, Fuzhou COVID-19 large wave was controlled around January 12 of having 9 days away from Spring Festival on
January 21 of the year 2023. Fig. 5 and Fig. 6 using the SEIHR model gave the similar curves for Fuzhou COVID-19 large wave,
which implied that the control date was January 7 of having two weeks away from Spring Festival on January 21 of the year
2023. Here, the expression of effective reproduction number of each age group k was formulated by using the SEIHR model,
which was given by

k_ ok Sk(t)
Rf%xmm. 9)

The curves in Fig. 5 showed that effective reproduction number of G3 group was larger than other three groups, which
implied that G3 group was active during the implements of Twenty Measures; both G3 group and G4 group were the main
contributors of infection scale after the implements of Ten New Measures on the Chinese mainland. The curves in Fig. 5 also
revealed that each age group of Fuzhou COVID-19 large wave was controlled on distinct date from December 25 to January 7
of the year 2023. By the same discussion, the expression of effective reproduction number of the total population was given by
the formula
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Fig. 5. The expression of R for four age groups of Fuzhou COVID-19 large wave was given by formula (9). The value of R; for G3 group took the largest value
during the implements of Twenty Measures. After the implements of Ten New Measures, both G3 group and G4 group took the high thresholds, G1 group and G2
group instead. Fuzhou COVID-19 large wave was controlled on the date ranging from December 25 to January 7 for each age group.

Re = Ro % S(6) = 1(6) + -+ Salt), (10)

where N(t) is a constant. The curve of R; in Fig. 6 fluctuated around one and kept the large value ongoing after the release of
Ten New Measures until Fuzhou COVID-19 large wave was controlled.

3.4. Study of sensitivity analysis

The local sensitivity analysis with respect to the main parameters was concerned in (Yang et al., 2020) for describing the
importance of each parameter. The sensitivity analysis with respect to each parameter consisted of sensitivity index and
impact magnitude in (8). The top panel of Fig. 7 revealed that frequent social contacts between the susceptible and the
infected led to the increments of the values of Cik, and that the values of Ry for each group were enlarged by formula (5),

ol
815
5,0
2l @
§18
25 = 7
z
3
z
c
2 2 B
o151 4
4 Threshold
05 h
1
1
0 I 1 I I I I
Nov 17 Dec 02 Dec 17 Jan 01 Jan 16 Jan 31
Date 2022-2023

Fig. 6. The expression of R; for the total population of Fuzhou COVID-19 large wave was given by formula (10). The threshold was above one during the im-
plements of Twenty Measures and Ten New Measures, Fuzhou COVID-19 large wave was controlled on January 7.
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which implied that infection scale of Fuzhou COVID-19 large wave for each group was increasing with the time. The bottom
panel of Fig. 7 demonstrated that the main parameters A, Cyk, 0k and y1x had significant impacts on Ry, of which A and Ciy
exhibited positive correlations, while 6 and vy1x displayed negative correlations. In other words, the impact magnitudes of
average recovery rates vy and average hospitalization rates 6, were significant, which were beneficial for the local gov-
ernment to reduce COVID-19 infection scale. Further, these main parameters were usually governed to control Rox and COVID-
19 infection scale by implementing non-pharmaceutical interventions. Consequently, the sensitivity analysis in Fig. 7 pro-
vided the essential insights into the intervention and control strategies against COVID-19. The results of this study pointed
that the public health policymakers were suggested to prepare the adequate hospital beds against future risks and medical
runs.

The global sensitivity analysis was performed for understanding the impacts of the main parameters on the peak number
of the infected individuals to the SEIHR model. Using the Latin Hypercube Sampling (LHS) and Partial Rank Correlation
Coefficients (PRCCs) on the main parameters of Table B.2 and Fig. 2b, the global sensitivity analysis was performed when we
set the sample size to be 3000. Precisely, we adopted the normal distributions for each parameter as described in (Alvey et al.,
2015; Duan & Jin, 2022; Marino et al., 2008; Taboe et al., 2022), the parameter values were regarded as the mean, the standard
deviation was set as 0.02 for each parameter, then the significance of PRCC values for the SEIHR model was derived in Fig. 8.
The magnitude of the PRCCs reflected the sensitivity of the main parameters, the sign of the PRCCs indicated whether the
relationship between the main parameters and the peak number of infections was positive (+) or negative (—).

4. Discussion and conclusion

Under the background of the implements of Twenty Measures and Ten New Measures, together with the establishment of
the herd immunity by vaccination to the total population on the Chinese mainland, an SEIHR model with age groups and
social contacts was built up in this study, by collecting the hospitalized cases from the surveillance data of Fujian CDC. The
SEIHR model of this study enriched the existing compartment models for investigating COVID-19. First of all, we explored the
epidemiological features of Fuzhou COVID-19 large wave including the expressions of basic reproduction number Ry for the
total population and for the specific age group by using of the next generation matrix method. Then, the PRCC values of
sensitivity analysis showed that high-risk group became the key population contributing the hospital beds due to their high
susceptibility to infection and their high risks to basic diseases. Meanwhile, the tendencies of effective reproduction number
R¢ were described using the surveillance data and the SEIHR model. The demonstrations in Figs. 4—Fig. 6 showed the high
similarity of the tendency.

4.1. Approximation of basic reproduction number

It was obvious that the expression Ry was dependent on each age group of t,l<1e total population, the implicit expression of
Ro was derived using formula (2). While, the explicit expression Ry governing Ry, of four age groups was the approximation of
basic reproduction number Ry. We referred Ry as the age-weighting basic reproduction number due to the appearance of the

probability vector w = (w1, W, ws, wy) in this study, which reflected the average number of the infections of age groups (i.e.,
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Fig. 8. Global sensitivity analysis: PRCC values for the peak numbers of the infected of four age groups. The sample size was set to be 3000. Parameter values and
the values in contact matrix were provided in Table B.2 and Fig. 2b. (*) denoted that the PRCCs were significant (p-value <0.01), among which the susceptibility
to infection (4y), the incubation period (1/«a) and aging rate (wy) of four age groups were significant.

G1 group to G4 group) led by an infected of the total population. Under the real circumstances, the epidemiological meaning
of Ry admitted the similar meaning with basic reproduction number Ry, the computation of Ry was easily handled than that of
basic reproduction number Ry.

4.2. Scenarios investigations

We assumed that the mutation of SARS-CoV-2 variants was kept very small, and that contact matrix C of four age groups in
Fig. 2 was regarded as basic scenario in this section. The distributions of infection cases in Fig. 3 and the tendencies of R; in
Fig. 3 revealed that hospitalized cases in G4 group took the largest infection scale during Fuzhou COVID-19 large wave. So, we
chose G4 group for further scenario investigations with fixed values in Table B.2 and Table B.3, changing the coefficient of
contact matrix C. The results showed that changes of social contact patterns of the total population led to the variations of
severe infections in Fig. 9.

4.3. Added value of this study

The main results of this study showed that susceptibility to infection (4x) of G4 group was the highest by data fittings, and
also that susceptibility to infection (Ax) were significant on the spread of COVID-19 by using PRCC values. Meanwhile, the
differences of the tendencies of effective reproduction number R’f by using the surveillance data and the SEIHR model varied
with age group. As a consequence, high-risk group (i.e., G4 group) became the key population because it contributed the
majority of hospital beds after the implements of Ten New Measures. The comprehensive investigations regarding the
hospital-beds requirements and age groups of the total population revealed that high-risk group should be paid more
attention on their hospital beds and medicine supply during the global circulation of COVID-19.

4.4. Implications of all the available evidence

This study presented the differences and social contacts of age groups against COVID-19, which provided the important
insights for policymakers. The hospital-bed indicator was an effective approach for studying COVID-19 new variant after
Twenty Measure on the Chinese mainland. This study presented the differences of social contacts among age groups against
COVID-19, which provided the important insights for policymakers. The heterogeneities of age groups and contact matrix
were kept for the relative analyses of basic reproduction number, effective reproduction number and the sensitivity analysis.
The multi-age groups SEIHR model was applied to other cities/regions by governing the liable surveillance data from the CDC
when the duration of COVID-19 was short. The situation of hospital-bed requirements was an effective approach for studying
COVID-19 new variant after Ten New Measures on the Chinese mainland.
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Fig. 9. Scale scenario investigations for the hospitalized cases in G4 group. The surveillance data of the hospitalized for G4 group were from Fujian CDC in dashed
curves on the left axis. The scale scenario simulations of the hospitalized for G4 group were in solid curves as presented on the right axis. The switchings for the
susceptibility to infection (14) in red dashed vertical line and the average hospitalization rates (64) in green dashed vertical line were kept same with those of G4

group in Fig. 8 and Table B.3.

4.5. Limitations of this study

Throughout this study, the migration of age groups of the total population in Fuzhou City was not considered due to the
short duration of Fuzhou COVID-19 large wave; the appearance and the prevalence of SARS-CoV-2 new variant was not
included because the domination of SARS-CoV-2 Omicron variant lasted over six months on the Chinese mainland.
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Appendix A. The computation of the elements in 4 x 4 contact matrix

Let Cjj, _j,]— [k, —k,) De the element of the 16 x 16 contact matrix, where [j; — j2] or [k1 — k2] stands for one of age groups
[0 4] [5~9] ... [70 — 74], [75 + ]. We supposed that Cj, _j,j—.k,_k, iS the daily average number of contacts with the
individuals of age group [k; — k2] by an individual of age group [j1 — jal, Cjj— (x, k,) i$ the daily average number of contacts with
the individuals of age group [k1 — k] by an individual of age [j], Cjj, _;,)x is the daily average number of contacts with the
individuals of age [k] by an individual of age group [j1 — jo]. Further, for j € [j1 — j2], k € [k1 — kz], we supposed that
Cljl— fky—ko] = Cljy—jo] > k1 —ky) A0 Cjjy g = %C[h _j]—ki—k, Deld in this study. For example, the daily average number of
contacts with the individuals of age group [0 — 11] by an individual of age group [0 — 11] was calculated as follows:

C 4 ]C 9 ]C 11 lC
0-11]-[0-11] :];)ﬁ i1~ [0-11] +]§Sﬁ i~ [0-11] +j§0ﬁ i~ [0-11]

5 5 2
= 135041~ 0-11] + 5C5-9~(0-11] + 5C110- 14— 0-11)

= % <C[074]—>[074] +Co4-5-9 + C[0,4]q[10711]>
+% (C[sfg]—»[ofq +Cls—9)-5-9] + C[5,9]q[10711])
+% (C[10714]a[074] + Cl1o-14)>[5-9) + C[m,m]%[wq”)
- % (C[0—4J~ 04+ Clo-4~(5-9) + éqofww)
5

2
(C[sfg]a[ofq + C5-9»[5-9] + gC[sfg]a[mfm])

12
2 2
+15 | Ci10-14~0-4) + Cjro-14~5-9) + £C110-14)-[10-14)

In fact, Cjo—11]—[0-11] Was Ci1.
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Appendix B. Four main tables to model (1)

Table B.1
Initial values of Fuzhou COVID-19 large wave

Variable k=1 k=2 k=3 k=4 Source
SK(0) 1,147,146 728,097 5,024,766 1,389,545 Calculated?®
Ei(0) 16 8 175 32 FHCP

1(0) 0 0 0 0 Assumed
Hi(0) 0 0 0 0 Assumed
Ri(0) 270 340 560 430 FHC®

NK(0) 1,147,424 728,441 5,025,414 1,389,989 FsBd

2 Sk(0) were calculated by Si(0) = Ni(0) — Ex(0) — I1(0) — Hi(0) — Ri(0).
b FHC was Fuzhou Health Commission in (Fuzhou Health Commission, 2023), and FSB was Fuzhou Statistic Bureau in (Fuzhou Statistics Bureau, 2020).

Table B.2
Main parameter values of Fuzhou COVID-19 large wave

Para. k=1 k=2 k=3 k=4 Source

AT? 2 2 2 2 Assumed

Ak 0.018 0.018 0.032 0.075 Fitted”

wf 2400 x 1074 8.000 x 107> 5.576 x 107> 0 (Duan & Jin, 2022)
Y1k 0.070 0.053 0.045 0.058 (Huo et al., 2023)
Y2k 0.41 0.48 0.36 0.26 Datad

Ok 0.270 0.244 0.232 0.260 Fitted”

u 2973 x 107° 2973 x 107 2973 x 107° 2973 x 107° FHC®

1y 160 160 160 160 (Nguyen et al., 2021)
1/a 4 4 4 4 (Xiong et al., 2023)

2 AT denoted awareness delay in (Huang et al., 2020), referring as the period or the delay between the date of the first infection and the date of the first
confirmation, unit for AT, 1/v, 1/a was day, unit for other parameters was day .
b parameters J; and 0 were average values in Table B.3, which were derived by data fittings.

1 1

c D i 2022 i A e
By (Duan & Jin, 2022), the formula of wi were written as wj, (MAk “MA,; ALS

span) was 80.41 years old in (Fuzhou Statistics Bureau, 2020).
d parameters 1/y2k were calculated as the average length of hospitalization spent for each age group by surveillance data from Fujian CDC.
€ FHC was Fuzhou Health Commission in (Fuzhou Health Commission, 2023).

) X 3% where MAy was mean age in age group k, and ALS (average life

Table B.3
Estimations for Ay and 0y

Para. Period Value Para. Period Value
A Nov 19, 2022—Dec 03, 2022 0.050 A2 Nov 19, 2022—Dec 03, 2022 0.080
Dec 04, 2022—Jan 01, 2023 0.021 Dec 04, 2022—Dec 25, 2022 0.0065
Jan 02, 2023—Feb 09, 2023 0.0026 Dec 26, 2022—Feb 09, 2023 0.00085
Average in time® 0.0181 Average in time® 0.0176
A3 Nov 19, 2022—Dec 03, 2022 0.133 Aq Nov 19, 2022—Dec 03, 2022 0.135
Dec 04, 2022—Jan 03, 2023 0.015 Dec 04, 2022—Jan 07, 2023 0.101
Jan 04, 2023—Feb 09, 2023 0.0014 Jan 08, 2023—Feb 09, 2023 0.016
Average in time? 0.0318 Average in time? 0.0747
[ Nov 19, 2022—Dec 07, 2022 0.8075 0, Nov 19, 2022—Dec 07, 2022 0.7614
Dec 08, 2022—Feb 09, 2023 0.100 Dec 08, 2022—Feb 09, 2023 0.072
Average in time? 0.270 Average in time? 0.238
03 Nov 19, 2022—Dec 07, 2022 0.757 04 Nov 19, 2022—Dec 07, 2022 0.803
Dec 08, 2022—Feb 09, 2023 0.065 Dec 08, 2022—Feb 09, 2023 0.088
Average in time® 0.232 Average in time® 0.260

@ Average in time = (P; x Vi + Py x V5 + P3 x V3)/(P1 + P + P3), where P; and V; are the periods and the values that parameters belong to.
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