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Abstract: Understanding within-host evolution is critical for predicting viral evolutionary outcomes,
yet such studies are currently lacking due to difficulty involving human subjects. Hepatitis C virus
(HCV) is an RNA virus with high mutation rates. Its complex evolutionary dynamics and extensive
genetic diversity are demonstrated in over 67 known subtypes. In this study, we analyzed within-host
mutation frequency patterns of three HCV subtypes, using a large number of samples obtained
from treatment-naive participants by next-generation sequencing. We report that overall mutation
frequency patterns are similar among subtypes, yet subtype 3a consistently had lower mutation
frequencies and nucleotide diversity, while subtype 1a had the highest. We found that about 50% of
genomic sites are highly conserved across subtypes, which are likely under strong purifying selection.
We also compared within-host and between-host selective pressures, which revealed that Hyper
Variable Region 1 within hosts was under positive selection, but was under slightly negative selection
between hosts, which indicates that many mutations created within hosts are removed during the
transmission bottleneck. Examining the natural prevalence of known resistance-associated variants
showed their consistent existence in the treatment-naive participants. These results provide insights
into the differences and similarities among HCV subtypes that may be used to develop and improve
HCV therapies.
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1. Introduction

Hepeatitis C virus (HCV) is a 9.6 kb, positive-strand, enveloped RNA virus of the family
Flaviviridae [1], causing chronic hepatitis, liver cirrhosis, and hepatocellular carcinoma [2].
Over 71 million people worldwide (1% of the world population) are known to have
chronic HCV infection [3]. As most RNA viruses, HCV has a high replication rate and
lacks proofreading activity of its RNA-dependent RNA polymerase, which allows it to
mutate and exist within the same host (patient) as a “quasispecies”, or swarm of similar
variants continuously generating mutations [4]. This high genetic diversity poses significant
challenges for antiviral drug and vaccine development [5,6]. Currently, no effective vaccine
exists for HCV [7]. A better understanding of viral evolutionary dynamics may improve
the treatment and control of HCV.

The diversity level of HCV is extensive, stemming from its high mutation rates, high
replication rate, large population size, and short generation time [8]. Its genetic diversity is
classified into seven main genotypes and over 67 subtypes, out of which genotype 1 subtype
a (la) accounts for the majority of infections [9]. Different genotypes are characterized
by 30-35% divergence at the nucleotide level, and different subtypes within a genotype
by less than 15% divergence at the nucleotide level [3,10]. The genome of HCV carries a
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single open reading frame that encodes three structural and seven non-structural proteins,
with a 5’ untranslated region (UTR) at the beginning and a 3’ UTR at the end. The UTRs
are known to be extremely conserved within and across genotypes [1,11]. In contrast, the
27 amino acids at the N terminus of the E2 gene display remarkable sequence variation and
are characterized as a Hyper Variable Region 1 (HVR1). It is the most variable segment of
the HCV genome and is involved in immune escape, as it carries a neutralizing epitope [12].

Characterizing the evolutionary dynamics of viral populations is complex, since viral
evolution occurs at different scales, from within hosts (within patients), to between hosts (or
between patients), to a global scale, and is likely shaped by different factors. For example,
one main difference between within-host and between-host evolutionary dynamics is that
between-host evolution stems from repeated bottlenecks from transmission events, but
within-host evolution does not [13,14]. Within-host evolution is highly affected by hosts’
heterogeneity, strong selective pressures from hosts” immune system, and trade-offs such
as the virus replication rates and the lifespan of the infected cells [15]. Generally, evolution
and diversity at the between-host level are easier to study than within-host evolution,
where a large number of accurate individual viral sequences per sample (patient/host)
are needed from multiple patients and/or timepoints [16,17]. However, up to 80% of
HCV-infected patients develop chronic infection, making HCV one of the most successful
persistent human viruses that evades the hosts” immune system [14]. It is therefore critical
to understand within-host evolutionary dynamics and what contributes to the success of
HCYV, for both scientific and practical purposes, including predicting evolutionary outcomes
and developing effective treatment strategies.

Recent advances in next-generation sequencing (NGS) technology have improved
our ability to study within-host viral evolution. However, a limited number of studies so
far assessed the within-host evolutionary dynamics of HCV, and most studies involved
only a small number of patients. For example, Gray et al. [13] estimated the within-host
(15 samples) and between-host evolutionary rates across the HCV genome, revealing
higher evolutionary rates at the within-host than at the between-host level. Raghwani
et al. [18] assessed within-host population dynamics in four patients over time, suggesting
within-host HCV evolutionary dynamics are shaped by population structure and strong
genetic linkage. We recently analyzed within-host mutations and their fitness costs in
195 patients with HCV 1a [19].

Here, we use NGS data from a large number of treatment-naive patients to compare
within-host evolutionary dynamics of HCV across three different subtypes (1a, 1b, 3a) by
assessing patterns of mutation frequencies and genetic diversity. Certain genotypes or
subtypes are known to be associated with an elevated treatment failure risk [20,21], and
understanding the evolutionary dynamics of different subtypes will help uncover funda-
mental evolutionary differences between them. We also explore the natural prevalence of
known resistance-associated variants (RAVs), taking advantage of our deep-sequencing
data. We then examine within-host evolutionary pressures compared to those at the
between-host level to gain insights into the differences and similarities between the two.

2. Materials and Methods
2.1. Viral Samples

Viral RNA samples were obtained and sequenced, as described in Tisthammer et al. [19].
Briefly, plasma samples were obtained from HCV treatment-naive and viremic HCV/HIV
co-infected participants from sites in the Canadian Co-infection Cohort (CCC) [22]. The
CCC study included participants with diverse backgrounds, risk profiles, and ethnicities
across Canada, including extremely marginalized groups (see Tables 1 and 2 of [22]). As
stated [22], the CCC study was approved by all the research ethics boards of the partic-
ipating institutions and the community advisory committee of the Canadian HIV Trials
Network (MUHC BMC-06-006 approved on 17 January 2007). HCV RNA was extracted
from 500 UL of plasma. The mean viral load of all samples was 1.68 x 107 (copies/mL), and
therefore, the mean RNA templates per sample used for cDNA synthesis was 8.41 x 10°
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(Supplementary Dataset S1). cDNA was synthesized by an oligo d(A)20 primer, which was
further amplified by pangenotypic primers using two nested PCR reactions. The resulting
8991-bp amplicons were sequenced on an Illumina MiSeq platform (Illumina, Inc., San
Diego, CA, USA).

All sequence reads of virus isolates were quality-filtered and trimmed using BBTools [23],
by following the methods of Tisthammer et al. [19]. We incorporated several processes
to increase the confidence in calling minor variants, as well as compared the outcomes of
different processes to ensure that results did not change. Briefly, after removing the adapters
and contaminants (phix), we applied a strict filtering standard by trimming all bases with
a phred score < 35. Both merged and unmerged reads were mapped to a subtype-specific
reference sequence using bwa [24] (AF011753 for subtype 1a, GU133617 for subtype 1b, and
AB691595 for subtype 3a), and consensus sequences for each sample were generated using
Geneious (v. 11.1.4, Biomatters Ltd., Auckland, New Zealand). The resulting sam files were
further filtered using a custom script in R to eliminate potential contaminants and chimeric
sequences by removing reads with harmonic d [25]. The same files were converted to bam
files using samtools [26] and then to frequency tables of nucleotides at each genomic position
using Rsamtools {Morgan:2019wp} in R [27]. After filtering steps and eliminating low-quality
samples, the total number of samples for each subtype used in our study were 195 for subtype
1a, 21 for subtype 1b, and 39 for subtype 3a. The frequency tables were further processed to
calculate transition and transversion mutation frequencies in two separate ways: (1) minor
variants frequencies (MVFs) at each site, and (2) frequencies of mutations relative to each
subtype’s consensus-reference sequence (i.e., a consensus sequence of all sample consensus
sequences within each subtype, generated by Geneious). Types of mutations, such as whether
the mutations result in synonymous/nonsynonymous changes, result in drastic amino acid
changes, and create CpG sites, were also identified for each site. For each sample, sites with
<1000 read counts were removed.

2.2. Data Validation

The sequencing method used for our dataset has high accuracy (99.3%) and precision
(99.7%) [28]. We also took additional steps to validate our filtering methods and the
resulting datasets, as Illumina Miseq has a sequencing error rate of around 0.1% [29]. We
were concerned that if our previous filtering steps did not remove the errors efficiently,
mutations observed at low frequencies (<0.001) could actually represent sequencing errors.
To evaluate whether this posed a problem, we replaced all mutation frequencies < 0.001
with either NA or zero and assessed the resulting mutation frequency patterns. The results
showed consistent patterns. Therefore, we used the original datasets for further analysis.

We also assessed whether (1) viral loads and (2) sequence depths biased observed
diversity patterns by comparing nucleotide diversity of patient samples to viral loads and
average sequence depths (Supplementary Dataset S1). We found no correlation between
diversity and viral loads for all samples, as well as within each subtype (Spearman’s
rank correlation test, p-value = 0.717-0.935, p = —0.060-0.082, Figure S1A). Viral loads
did not differ significantly between subtypes for our samples (Wilcoxon rank sum test,
p-value = 0.380-0.739). We also did not find any significant correlation between average
sequence depths and viral loads (Spearman’s rank correlation test, p-value = 0.111-0.914,
p = —0.350-0035, Figure S1B). The average sequence depth of all samples was 6115.0
(£341) per site, with no significant differences in average read depths between subtypes
(subtypes 1a = 6178 £ 427, 1b = 5891 + 510, 3a = 5919 £ 590, Wilcoxon rank sum test,
p-value = 0.595-0.817). Therefore, all samples were included in the analysis.

2.3. Data Analysis

To compare mutation patterns across subtypes, mutation frequencies were averaged
at each site within each subtype. Sites missing more than two-thirds of the total sample
size for the subtype were excluded, which resulted in a data table for each subtype with
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the numbers of usable sites of 8312 (subtype 1a), 8282 (subtype 1b), and 8349 (subtype 3a)
sites between the genome positions 264 to 8649 (Figure 1).

5 UTR 342 8649 3'UTR
1 ORF
264 |

HCV genomic sites included in our study (264-8649)

Subtype 1a Subtype 1b
No. of sites 8312 8282
No. of coding sites 8234 8154 8271

Figure 1. Schematic showing the hepatitis C virus (HCV) genomic sites used in the study. Purple
color in the diagram on the top represents the coding region of the HCV genome, which consists of
one large open reading frame (ORF) for polyproteins, and green color represents non-coding regions
(5" untranslated region (UTR) and 3’ UTR).

The coding region starts at the position 342, and therefore, for the analysis involving
types of mutations (synonymous/nonsynonymous/nonsense), the first 78 sites that are
part of the 5’ UTR were excluded. Average mutation frequencies were calculated for each
subtype across the polyprotein coding region, as well as within each genomic region. We
estimated within-host nucleotide diversity (7) using a method developed specifically for
calculating a within-host nucleotide diversity of virus populations from NGS data [16]
Comparison of frequencies and nucleotide diversity between different subtypes, genomic
regions, and types of mutations was performed using Wilcoxon rank sum tests. Beta regres-
sion was conducted to understand the effects of different factors on mutation frequencies
using the betareg package [30] in R. Predictor variables included ancestral nucleotide, mu-
tation types (synonymous vs. nonsynonymous, CpG site-creating or not, drastic amino
acid-changing or not), location (11 genomic regions), and interactions. The Akaike informa-
tion criterion (AIC) values were used as a criterion to select the best-fit model.

In order to compare within-host (in vivo) evolutionary patterns to between-host
patterns, we downloaded additional genome sequences from the NCBI GenBank. Each
downloaded sequence represents a consensus sequence of a viral population (i.e., patient),
and these sequences were used to estimate between-host evolutionary patterns. A total of
433 complete genome sequences for subtype 1a, 247 for subtype 1b, and 501 for subtype
3a were obtained, and the ratio of nonsynonymous to synonymous nucleotide diversity
(mn/7s) was estimated by obtaining the standard pairwise nucleotide diversity using
the Pegas package [31] in R. We estimated the values of the fixation index (Fsr) at each
nucleotide site, which was calculated as (Ttota1-Ttwithin-subtype) / Ttotal -

Known RAVs were compiled from existing publications [6,32-36] (Supplementary
Dataset 52), and the prevalence of pre-existing RAVs in treatment-naive participants (i.e.,
natural prevalence) was assessed for each subtype.

3. Results
3.1. Comparison of Within-Patient Evolutionary Patterns between HCV Subtypes
3.1.1. Within-Host Mutation Frequency Summary

Comparative analyses of genomes from three HCV subtypes were conducted using
the NGS data from treatment-naive CCC participants (subtype 1la: n = 195, 1b: n = 21,
and 3a: n = 39). The sample size reflects the overall prevalence of HCV subtypes in
the human population, with subtype 1a being the dominant subtype worldwide [37].
MVFs at each nucleotide site were estimated by averaging MVFs across samples within
each subtype. The MVFs along the genome of all subtypes showed a similar overall
pattern, with a clear peak in HVR1 (Figure 2A). The average MVFs observed were just
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below 1% (8.15-9.45 (+0.11-0.29) x 1073 per nucleotide), of which the average MVFs
resulting from transition mutations were just below 1% (6.92-8.00 (£0.10-0.27) x 1073),
and the average MVFs resulting from transversion mutations were just over 0.1% (1.22-1.45
(£0.04-0.11) x 10~3) (Figure 2B, Table S1). In all three categories, subtype la had the
highest average MVFs, and subtype 3a had the lowest. The differences in the average
MVFs were all statistically significant (Wilcoxon rank-sum test, p < 0.0001), except for the
transition mutation frequencies between subtype 1b and subtype 3a (p = 0.16), which may
be due to the smaller sample sizes for these subtypes.
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Figure 2. Within-host minor variant frequencies (MVFs) of HCV subtype 1a, 1b, and 3a. (A) MVFs across the genome with

a 100-base rolling average,

(B) a box plot of MVFs for total, transition, and transversion mutations, and (C) a box plot of

MVFs per genomic region. Circles in (B,C) represent the means with standard errors. Letters in (B,C) represent statistically
significant differences between subtype 1a and 1b (a), subtype 1a and subtype 3a (b), and subtype 1b and subtype 3a (c).

For some of our analyses, we split the HCV genome into 12 parts or regions (the 5’
UTR, 10 genes, and HVR1, which is part of gene E2). Subtype 1a had the highest MVF
averages in 10 out of 12 regions, and subtype 3a had the lowest averages in 10 out of
12 genes (Figure 2C). Statistically, subtype 1a had significantly higher MVFs in seven
regions than subtype 1b, and in 11 regions than subtype 3a (Wilcoxon test, p-values range
from 4.05 x 1077 to 0.048). Since transition mutations occur at much higher frequencies,
our analysis hereafter focuses on transition mutations to gain more statistical power and
accuracy (i.e., MVF hereafter refers to ‘minor transition variant frequency’).

3.1.2. Nonsynonymous and Synonymous Transition Mutation Frequencies by
Genomic Region

At each site, there is only one possible transition mutation. This mutation is a syn-
onymous, a non-synonymous, or a nonsense (stop) mutation. We split all mutations in the
11 genomic regions (excluding 5 UTR) into synonymous, non-synonymous, and nonsense
mutations. The average transition MVFs and nucleotide diversity (71) were compared
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between subtypes. For this analysis, sites that did not have the same nucleotide as the
reference sequence were excluded from each sample.

First, we compared MVFs and nucleotide diversity of different mutation types per
region within each subtype. The results revealed that, except for HVR1, the average MVFs
were significantly lower at nonsynonymous sites than at synonymous sites in all regions in
all subtypes (Wilcoxon test, p-values range from 1.65 x 10722 t0 8.93 x 1071, Figure 3A).
HVR1 had higher average MVFs at nonsynonymous sites than at synonymous sites, though
the differences were not statistically significant. The average MVFs at nonsense sites were
also compared to those at nonsynonymous sites. Nonsense sites had significantly lower
MVFs than nonsynonymous sites in all regions in all subtypes (Wilcoxon test, p-values
range from 3.97 x 10710 to 1.95 x 10~1%), except for HVR1 and P7. Here, HVR1 was
excluded from statistical analysis due to the small sample sizes (HVR1 had only 1 or
2 nonsense mutations per subtype). For P7, only subtype 3a had significantly lower MVFs
at nonsense sites than at nonsynonymous sites (Wilcoxon test, p = 0.019). Comparison of
nucleotide diversity between synonymous and nonsynonymous sites showed the same
pattern as MVFs; all but HVR1 had significantly lower nucleotide diversity at nonsynony-
mous sites than at synonymous sites in all subtypes (Wilcoxon test, p-values range from
1.80 x 1072% to0 4.68 x 10~ 4, Figure 3B). For HVR1, nucleotide diversity was higher at
nonsynonymous sites than at synonymous sites in all subtypes, but the difference was
again not statistically significant.

Second, we compared MVFs and nucleotide diversity between subtypes per region,
which followed the overall pattern of subtype 1a having the highest values, and subtype
3a having the lowest values in most regions. For synonymous mutations, subtype la
had the highest MVFs in seven out of 11 regions (Wilcoxon test, p-values range from
2.2 x 10716 to 0.003), while subtype 3a had the lowest average MVFs in 9 regions, 4
of which were statistically significant (Wilcoxon test, p-values range from 0.009-0.02,
Figure 3A). Differences between the subtypes were less pronounced for nonsynonymous
mutations: subtype la had significantly higher nonsynonymous MVFs in five regions than
subtype 1b and subtype 3a (Wilcoxon test, p-values range from 0.001 to 0.02), but none of
the regions in subtype 3a had significantly lower or higher MVFs than those of subtype
1b. Similarly, nucleotide diversity was the highest in subtype 1a in the majority of regions:
at synonymous sites, subtype 1a had a significantly higher diversity in eight (vs. 1b) and
nine (vs. 3a) regions, and at nonsynonymous sites, in six (vs. 1b) and eight (vs. 3a) regions
(Figure 3B). The comparison between subtype 1b and subtype 3a resulted in fewer regions
being significantly different (four at synonymous sites, and two at nonsynonymous sites).

3.1.3. Sites Conserved across Different Subtypes Have Lower Mutation Frequencies

To obtain further insights into the differences of within-host evolutionary patterns
among subtypes, we compared MVFs and nucleotide diversity for sites that have the
same ancestral nucleotide and mutation type between subtypes (e.g., “A” that results in
a “synonymous” change at the genome position 359 in both subtype 1a and subtype 1b;
referred to as “conserved sites” hereafter). Pairwise comparison of conserved sites between
the two subtypes revealed that 77.3% of the studied sites were conserved sites between
subtype la and subtype 1b (5003 + 1481 sites), 66.2% between subtype 1la and subtype 3a
(5003 + 551 sites), and 67.4% between subtype 1b and subtype 3a (5003 + 645 sites). The
proportion of conserved sites across the three subtypes was 59.7% (5003 sites) (Figure 4),
of which 81.4% were nonsynonymous (4072 sites, which is 49.0% of the studied sites).
The average MVFs at conserved sites were compared to those of non-conserved sites,
which revealed that MVFs were significantly lower at conserved sites in nonsynonymous
sites for the majority of genomic regions (Wilcoxon rank-sum test, p-values range from
3.64 x 10713 t0 0.029, Figure 5), while for synonymous sites, about a half of the comparisons
were significantly lower for conserved sites (Wilcoxon rank-sum test, p-values range from
6.85 x 10719-0.023).
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Figure 3. Within-host MVFs of HCV subtype 1a, 1b, and 3a. (A) MVFs across the genome with a
100-base rolling average, (B) a box plot of MVFs for total, transition, and transversion mutations,
and (C) a box plot of MVFs per genomic region. Circles in (B,C) represent the means with standard
errors. Letters on the top in (A,B) represent statistically significant differences between subtype 1a
and 1b (letter ‘a’), subtype 1a and subtype 3a (letter ‘b’), and subtype 1b and subtype 3a (letter ‘c’).
Asterisks (*) on the bottom in (A,B) represent a statistically significant difference between mutation
types (Synonymous vs. nonsynonymous, nonsynonymous vs. nonsense) within each subtype (1a, 1b
and 3a from the left).
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Subtype 1a Subtype 1b

Subtype 3a

Figure 4. Venn diagram showing the number of sites that were ‘conserved’ (have the same nucleotide
and mutation type) between subtypes.
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Figure 5. Comparison of average MVFs between ‘conserved sites” and the rest of the sites (‘non-
conserved sites’). The average MVFs were plotted separately for synonymous (Syn) mutations and
nonsynonymous (Nonsyn) mutations. Error bars denote standard errors. Asterisks (*) denote a
statistically significant difference between conserved and non-conserved sites for each subtype (from
left, subtype 1a, 1b, and 3a).

Site-by-site comparison of MVFs between subtypes at conserved sites also showed
2.6—4.3-time higher correlation (Spearman’s correlation, rho-value range 0.68-0.76) than
at non-conserved sites (Spearman’s correlation, rho-values 0.18-0.26, Table 52). However,
all correlations were significant even for non-conserved sites (p < 4.5 X 10~11), and this
genome-wide high correlation of MVFs across subtypes indicates overall selective pressures
or evolutionary constraints are similar across subtypes.

We also estimated the values of the fixation index (Fst) between subtypes, using the
site-by-site Fgr values averaging across the genome, which resulted in over 50% higher
values between different genotypes (la vs. 3a: Fsr = 0.307 and 1b vs. 3a: 0.299) than within
a genotype (la vs. 1b: Fst = 0.199). The aggregate nucleotide diversity values within each
subtype and between subtypes also followed a similar pattern (Figure S2).
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3.2. What Drives and Constrains Within-Host Mutations?

Multiple factors simultaneously drive and constrain mutation frequencies, and these
effects were explored using beta-regression models to understand the driving force of
similarities and differences in mutation patterns across subtypes. We explored the effects of
ancestral nucleotide, mutation type (synonymous/nonsynonymous, whether a mutation
creates a CpG-site or not or causes a drastic amino acid (AA) change or not), location in the
genome, and interactions of these factors, as they were known to shape mutation patterns
in HCV [19]. The best-fit model included a total of 15 factors (Table S3). In our model, the
effect size of each factor on mutation frequencies was estimated from the baseline, which
was a ‘synonymous, non-CpG, non-drastic AA change mutation at nucleotide A’.

The directions of the effects (i.e., to increase or decrease mutation frequencies) were the
same across all three subtypes (Figure 6). The overall magnitudes of the effects were also
comparable across the three subtypes: the predicted mutation frequencies from the best-fit
model did not differ significantly among subtypes (x>-test, p = 1). Whether a mutation was
nonsynonymous or not had the largest negative effect on mutation frequencies (—48.6 to
—61.4%), while HVR1 had the largest positive effect (22.2 to 30.3 %). Subtype 1a had the
largest effect size in the majority of factors (10 out of 15), while subtype 3a had the smallest
effect size in the majority of factors (11 out of 15). However, the effect of CpG-creating
mutations was largest in subtype 3a (—11.3 % in 3a, —8.5% in 1a, —6.0% in 1b), and the
effects of locations also showed variable results between subtypes.
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Figure 6. Effects of various factors on mutation frequencies estimated using beta regression. Predicted
effect sizes of ancestral nucleotide (t, ¢, or g vs. a); CpG-creating status (CpG; vs. non-CpG-creating
status); nonsynonymous (Nonsyn; vs. synonymous); drastic amino acid-changing status (AAChange;
vs. non-drastic amino acid-changing); genomic locations (Core, HVR1, E2, P7, NS2, NS4A, and NS5B;
vs. the NS3/NS4B/NS5A regions) on mutation frequencies in the HCV genome. The figure reflects
the result of the best-fit model based on AIC from the beta regression.

3.3. Resistance-Associated Variants (RAVs)

The natural occurrence of known RAVs was explored for each subtype, which revealed
the consistent presence of RAVs in treatment-naive participants (Figure 7). Direct-acting
antiviral drugs that target the NS3, NS5A, or NS5B proteins have been developed for
HCV [6]. A number of RAVs developed in patients have been reported, of which we
assessed 79 variants for subtype 1a, 81 for subtype 1b, and 75 for subtype 3a that spanned
over 27 sites (Supplemental Dataset S2). We observed all RAVs in at least several samples,
with average percentages of RAVs ranging from 58.5 to 72.8% (Table S4A). Most RAVs
were observed at low frequencies (average 0.0017-0.0032 for non-fixed RAVs, Table S54A),
but certain RAVs were found to be fixed in some samples (i.e., an RAV as a majority
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nucleotide in the viral population). The proportion of RAVs that were observed to be
fixed in at least one sample was relatively low for subtype 1a (1 = 20 RAVs, 25.3%) and 1b
(n =10 RAVs, 12.3%), but high for subtype 3a (n = 48 RAVs, 64.0%). The average observed
proportion of fixed samples for each RAV was low for subtype 1a (5.66%) and subtype 3a
(4.30%), except for Q80K of NS3A in subtype 1a (54.4%), which is known to be prevalent in
patients from North America [34]. The average proportion of fixed samples per RAV was
higher for subtype 1b (17.1%), but this may be due to its small sample size (n = 21 patient
samples). The highest fixed RAV proportion in subtype 1b (42.9%) was seen at L31F of
NS5A (nucleotide position = 6366).
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Figure 7. Natural occurrence of resistance-associated variants (RAVs) in HCV subtypes ((A): subtype
1a, (B): subtype 1b, (C): subtype 3a). The upper plot in each figure shows the proportion (%) of
samples with RAVs as a majority nucleotide within each subtype. The bottom figure shows the
observed frequency of RAVs. Each dot represents a RAV frequency at a specified location in each
sample (patient).
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Comparing the occurrence of RAVs among three genes revealed that the proportions
of samples with RAVs among genes differed between subtypes 3a and subtypes 1a/1b. In
subtypes 1a/1b, NS5B had the lowest proportion of samples with RAVs (54-63%), while
NS3 had the highest (70-74%). In contrast, in subtype 3a, the observed proportions were
similar among three genes (57.5-59%, Table S4B). Our datasets included limited regions of
NS5B and thus assessed only nine RAVs from NS5B. However, interestingly, fixed RAVs
in this gene were observed only in subtype 3a (n = 4 RAVs, average 2.56% of samples per
RAV, Table 54B).

3.4. Between- vs. within-Host Genetic Variation

To understand how selective pressures act differently across different scales, we
compared the ratios of nucleotide diversity (my/7s) within hosts and between hosts. A
min/ g value of 1 suggests neutrality or absence of selective pressure, whereas a value
> 1 suggests the presence of positive (diversifying) selection, and a value < 1 suggests
negative (purifying) selection. Nucleotide diversity between hosts was calculated from full
genome sequences obtained from NCBI, combined with consensus sequences from our
dataset (Figure S3). The N /7S ratios calculated based on genomic regions revealed the
value of HVR1 to be >1 within hosts, indicating HVR1 being under positive or diversifying
selection, consistent with previous findings [13,18] (Figure 8). The rest of the genomic
regions appeared to be under purifying selection, with a comparable degree of selective
pressures among subtypes. The TN /7S ratios between hosts followed a similar overall
pattern to those within hosts, with HVR1 having prominently higher values than the
rest of the regions. However, the between-host IN/7S ratios at HVR1 were <1 in all
three subtypes, indicating that the selective pressure at HVR1 between hosts was slightly
negative, though it was much more relaxed than in the rest of the regions. Also, in all
genomic regions, the between-host mN/7S ratios were much lower than those within
hosts. The results illustrated that the evolutionary pattern between hosts was driven
by stronger purifying selection than within hosts, and many nonsynonymous mutations
that accumulate within hosts are removed during the viral transmission process. Indeed,
HCYV infections are reported to start with one or very few variants in most patients [38],
suggesting that the evolutionary force at the bottleneck transmission event is different from
that within host.

O R e e R e B e e e Subtype
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Figure 8. Between-host selective pressures (N, /7S) on different HCV genomic regions, in compari-
son with those within hosts (in vivo).
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4. Discussion

In this study, we quantitatively assessed within-host mutation patterns across three
different subtypes of HCV using a large number of NGS samples to gain much-needed
insights into within-host, in vivo molecular evolution. We showed that NGS generates
ideal data to study within-host mutational patterns of viral populations. They allow us to
investigate mutations that occur at a low frequency in a viral population that traditional
sequencing methods or consensus-level sequences cannot capture. Previous studies on
genetic diversity of HCV were conducted primarily at the between-host level. With NGS
technology, which has become more accessible and affordable over the last decades, we
can gain a more rigorous understanding of the complex within-host evolutionary patterns
and diversity of natural viral populations.

Our study confirmed that results from our previous study on subtype 1a [19] generally
also hold for subtypes 1b and 3a. Genetic diversity is the lowest in the 5 UTR (the 3' UTR
was not included in our study) and, by far, the highest in the Hyper Variable Region 1
(HVR1), which is part of the E2 gene. A beta regression analysis found that in all three
subtypes, mutation frequencies were also somewhat higher in the genes neighboring HVR1
on the 3’ side (E2, P7, and NS2), while somewhat lower on the edges of the genome (the
Core gene right next to the 5 UTR and the NS5B gene, next to the 3’ UTR, see Figure 6).
Throughout the genome, mutation frequencies were reduced by 250% for nonsynonymous
mutations (as expected), and there was a small effect of whether mutations created CpG
dinucleotides, which reduced mutation frequencies by 7.5-11.4% (p-value = 4.6 x 10~ —
0.0002, Figure 6, Table S3). CpG dinucleotides are underrepresented, and CpG-creating
mutations are costly in many human viruses [39—-41]. In HCV, removal of CpG dinucleotides
enhanced the replication of subtypes 1b and 2a in vitro [42]. Our study, therefore, confirms
that CpG-creating mutations in HCV also come with a statistically significant, yet small
fitness cost compared to other human viruses [41].

In addition to clear similarities, we also found significant differences between the three
subtypes in genome-wide mutation frequencies, as well as consistent differences in the
degree of genetic variability: subtype 3a had the lowest mutation frequencies and genetic
diversity levels (Figures 2 and 3), while subtype 1a had the highest. This suggests that
different subtypes have inherent differences in population-level evolutionary dynamics.
Subtype 1a is most variable within patients and also the most common subtype globally. It
is not clear if these two observations are connected. Although our samples did not show
differences in viral loads between subtypes, genotype 1 has been reported to have higher
viral loads than genotype 3 [43—45]. The viral load of HCV is also reported to be associated
with certain host genotypes and a specific amino acid of the viral NS5A protein [46]. It
appears that the relationship between genetic variability, viral load, and transmission
effectiveness in HCV is complex, and its understanding requires further research.

Despite the HCV’s high level of mutagenesis, our results show that approximately 50%
of genomic sites are evolutionarily conserved across the three genotypes, subject to strong
purifying selection. Within-host mutation frequencies were lower at these conserved sites
than at non-conserved sites (Figure 5). This suggests that these sites are under purifying
selection, both at the within-host and at the between-host level in all three HCV subtypes
we studied.

When we compared the two subtypes within genotype 1, within-host mutation fre-
quencies and nucleotide diversity were clearly higher for subtype 1a than for subtype 1b in
the majority of regions. The results agree with previous findings [13], which reported a
higher between-host evolutionary rate for subtype 1a than for subtype 1b. Gray et al. [13]
also found that the codon rate ratios (the evolutionary rate at codon positions 1 and 2 com-
pared to that at codon position 3), which correlate with dN/dS ratios and can be interpreted
in the same way as dN/dS or TN/ 7S, exceeded 1 only in the region containing HVR1 within
hosts, but not between hosts. The concurrent results we obtained (Figure 8) suggest that
the HVRI1 region goes through strong immune-mediated positive or diversifying selection
within a patient, but a substantial portion of nonsynonymous mutations are removed dur-
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ing transmission. Xue et al. [47] reported similar findings that nonsynonymous mutations
are detectably purged between hosts, while they accumulate at a comparable rate to that of
synonymous mutations within hosts during acute influenza virus infection.

In our study, subtype 3a had the lowest genetic variation, and subtype 1a the high-
est. This could lead us to predict that drug resistance evolution may be more likely for
subtype la. Data on treatment outcomes do not show this pattern. Instead, genotype 3 is
generally reported to show poorer responses to antiviral drug treatments than genotype 1
(e.g., [48,49]). This treatment difficulty may be related to the higher occurrence of RAVs in
treatment-naive patients. Our results on RAVs revealed that subtype 3a had the highest
natural prevalence of RAVs that were fixed: 65% of RAVs examined in subtype 3a had one
or more samples with RAVs as majority nucleotides (Figure 5).

In summary, analyzing within-host viral diversity and variability, especially low-
frequency variants, deepens our understanding of the evolutionary dynamics of HCV,
which, as we showed in this study, are quite complex and distinct from between-host dy-
namics. With the cost of NGS becoming increasingly more affordable, we have tremendous
opportunities to expand our knowledge on within-host evolution of disease viruses. For
clinical application, this can help us predict mutational effects on the regions of interest
within a viral genome and identify potential candidates of RAVs for new drugs, all of which
will contribute to improving existing treatment, as well as developing new treatments.
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