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people’s intention to use digital
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In the era of FinTech, many countries are currently exploring the viability of

their own digital currencies due to the vast potential in terms of efficiency,

security and accessibility. Some digital currencies have been under rapid

development and real-world trials have recently been deployed. The purpose

of this paper is to understand the main factors that could affect people’s

intention to use digital currency via an empirical study. A survey was

employed to collect data and the final sample consisted of 408 respondents

in China. The responses were analyzed using exploratory factor analysis,

confirmatory factor analysis and structural equation modeling. The results

showed that financial knowledge, perceived value, openness to innovation

and perceived convenience positively impact people’s intention to use digital

currency. It was also found that perceived value can be significantly anteceded

by perceived monetary value, perceived functional value, and perceived

emotional value. In addition, the mediating effect of perceived value on the

influencing path between financial knowledge and intention to use was also

confirmed. The findings can be utilized by governmental related authorities or

FinTech companies to enhance the perception of users and develop effective

strategies for increasing their intention to use digital currency.

KEYWORDS
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Introduction

Digital currency (DC) is any currency that is used exclusively in electronic form
and not in physical form (Chuen, 2015). The rapid growth of internet usage and online
purchasing habits have led to the creation of digital currency, which has all intrinsic
properties of physical currency and allows for instantaneous transactions that can be
easily executed across borders via supported devices and networks (Matsuura, 2016; Lee
et al., 2021). Digital currency is often regarded as an innovative medium of exchange and

Frontiers in Psychology 01 frontiersin.org

https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/journals/psychology#editorial-board
https://www.frontiersin.org/journals/psychology#editorial-board
https://doi.org/10.3389/fpsyg.2022.928735
http://crossmark.crossref.org/dialog/?doi=10.3389/fpsyg.2022.928735&domain=pdf&date_stamp=2022-08-05
mailto:guo.wu@sandau.edu.cn
https://doi.org/10.3389/fpsyg.2022.928735
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/articles/10.3389/fpsyg.2022.928735/full
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/


fpsyg-13-928735 August 1, 2022 Time: 15:11 # 2

Wu et al. 10.3389/fpsyg.2022.928735

it transforms the way transactions are conducted. But unlike
physical currency, digital currency can only be electronically
created and stored on computer systems or mobile devices
(Chuen, 2015; Yao, 2018).

A central bank digital currency (CBDC) is a digital currency
that can solely be issued and backed by a country’s central
authority. As a legal tender, a CBDC must be accepted by all
economic actors for any legal purposes, such as paying utility
bills and paying taxes. Following the launch of decentralized
cryptocurrencies such as Bitcoin and Ethereum, which are
currently accounted for as indefinite-lived intangible assets
(Tan and Low, 2017), central banks and governments around
the world are exploring the possibility of establishing their
own digital currencies (Bindseil, 2019; Lee et al., 2021). For
example, the possibility of launching an American CBDC is
currently under evaluation in Project Hamilton initiated by the
Federal Reserve. The central bank of UAE is also working on
a project to create its own CBDC. China launched the digital
yuan project in 2014 and it is currently in the phase of testing
functionality at provincial scale. The digital yuan has all the
functions of China’s fiat currency and it is officially regulated
as M0 money (Qian, 2019; Peters et al., 2020; Lu and Chen,
2021). Unlike decentralized cryptocurrencies, China’s digital
yuan is issued and managed by China’s central bank using a
centralized approach. China’s central bank is also responsible
for unifying application standards, technical specifications and
safety standards (Yao, 2018; Qian, 2019).

There are many advantages of using digital currency. First,
the use of digital currency would help reduce environmental
pollution (Wadsworth, 2018) and the transactions can go
completely paperless. Second, the use of digital currency can
help increase the efficiency of transactions (Lee et al., 2021).
Transactions via digital currencies can be completed at any
time, even during weekends when banks are closed. Faster
processing time and enhanced security are key features (Smith
and Weismann, 2014). It is expected that digital currency will
become the main mode of payment in most countries. Its
combination of security and convenience will make it a better
alternative to the traditional money system (Yao, 2018). Third,
the use of credit cards may run the risk of leaking personal
information and this could cause fraudulent activities, while
digital currency cannot be counterfeited and the transaction
cannot be reversed arbitrarily (Chuen, 2015; Qian, 2019).
However, there are some disadvantages that have been discussed
by researchers. For example, some researchers (Gilbert and Loi,
2018; Latimer and Duffy, 2019; Samudrala and Yerchuru, 2021)
have pointed out that using digital currency requires a user’s
knowledge to properly perform certain tasks, such as opening
digital wallets, making payments, and exchanging different
digital currencies. In addition, some researchers (Gilbert and
Loi, 2018; Lee et al., 2021) argued that there are still security
issues associated with digital currencies as hackers could hack
into devices and steal the private key of a digital wallet.

Digital payment tools like Alibaba’s Alipay and Tencent’s
WeChat, which mainly rely on QR codes to complete
transactions, have now been widely used by small businesses
and individuals (Lu, 2018). The Chinese central government
has therefore been motivated to expand the China digital
yuan project and many hi-tech companies are also making
investment to harness the promising business opportunities
offered by the digital currency (Qian, 2019), which is officially
called the Digital Currency Electronic Payment (DC/EP). Unlike
blockchain-based cryptocurrencies, the DC/EP is centralized
and not anonymous. It is expected that the DC/EP could help
China accelerate the move to a cashless society and bring
unbanked population into the economy. Some experts (Yao,
2018; Li, 2019; Shen and Hou, 2021) also state that the use of the
DC/EP system could help detect money laundering transactions
and track suspicious financial activities.

Prospects of the digital currency seem to be quite
encouraging, but there is still a long way to go to achieve mass
adoption by the general public in China. Much uncertainty
still exists about people’s intention to use digital currency in
spite of the availability. However, very little currently is known
about the factors that predict people’s behavioral intentions
in a digital currency context. We therefore undertake an
analysis of factors affecting people’s intention to use digital
currency by using empirical evidence from China. A conceptual
model was established based on the modification of the unified
theory of acceptance and use technology (UTAUT) model
and four influencing constructs are proposed to affect the
behavioral intention to use digital currency, together with the
incorporation of a novel perceived value framework consisting
of multidimensional constructs. A structural equation modeling
approach is utilized in this study. It is expected that the current
study can make a contribution to the existing literature by
offering some important insights on factors affecting intention
to use digital currency, providing policy implications and
shedding light on effective strategies for the promotion of
digital currency.

The paper is structured as follows. The first section of this
paper will discuss the current contextual environment in China
with respect to the implementation of digital currencies, as it
could greatly impinge on the usage of digital currencies. Policy
development, planning and decision-making also depend on the
understanding of macro contextual factors. The next section will
lay out the conceptual framework of the structural model and
illustrate proposed factors affecting the intention to use of digital
currency. The next section will then focus on various aspects
of research methodology employed in the study. The findings
of the research will then be presented and discussed, including
results of validity analysis, reliability analysis, path coefficient
analysis and mediation analysis. The policy implications of
research findings will then be discussed. Based on the present
study, the implications for promoting or marketing the use of
digital currency are also shown.
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Research background

China has been researching digital fiat currency since 2014
and the People’s Bank of China (PBOC) established the Digital
Currency Institute (DCI) and proposed the first prototype of
China’s CBDC in 2016. In 2017, the PBOC started to develop and
test the digital currency framework through cooperation with
commercial banks, high-tech companies and telecom operators.
So far CBDC pilots have been launched in Shenzhen, Shanghai,
Suzhou, Chengdu and other cities where the digital economy is
rapidly growing. The CBDC has also been featured at the 2022
Winter Olympics in Beijing. From these initiatives, it can be seen
that China is serious about the digital currency project.

The economic environment in China calls for a new
retail payment infrastructure that can be in line with the
booming digital economy. The Chinese government has shifted
their focus to high-quality economic growth (Li and Yang,
2020; Zakic, 2021) and the digital economy will be an
important driver. A more inclusive and safer retail payment
infrastructure, which meets diversified payment needs with
enhanced convenience and security, is therefore needed to
support the development of the digital economy. Meanwhile, the
rapid development of mobile payment in China has helped the
public get used to cashless payment. Using Alipay or WeChat
pay in daily transactions has already become a habit for almost
everyone in China (Lu, 2018). A survey conducted by the PBOC
in 2019 has indicated that the number of transactions via mobile
payment accounted for 66 percent, while cash payment only
accounted for 23 percent (Li and Huang, 2021). The current
social environment may help foster people’s positive beliefs and
attitudes toward digital currencies that can further make sense
of their financial lives.

The institutional environment in China is currently in
neutrality but with increasing recognition of the need for
relevant institutional arrangements and rules. On one hand, the
PBOC has been quite prudent since the launch of research and
development of the CBDC and there is still no special regulation
in China. Some experts hold the view that the CBDC could cause
financial disintermediation and weaken the efficacy of monetary
policy (Bindseil, 2019; Shen and Hou, 2021). The PBOC has
also claimed that close attention would be paid to the potential
negative impacts on monetary system, financial markets and
financial stability. On the other hand, as mentioned in China’s
14th 5-Year plan (Li and Yang, 2020; Poo, 2021), the Chinese
government will forge ahead with the revisions of laws and
regulations, such as the Law on the People’s Bank of China,
regulations on personal information protection, etc. This could
become a catalyst for the implementation of digital currencies in
China. Overall, China is following the principle of being steady,
managed and practical.

The present study offers some important insights into the
development and usage of digital currencies in China. First, it
helps in identifying decisive factors affecting the usage and the

PBOC could accordingly improve the digital currency design or
features and shape the business framework that can better suit
the interests of the general public. Second, it provides policy
makers and regulators with an in-depth understanding of user
perceptions and helps them to assess how to promote the public
acceptance of digital currency innovation while safeguarding
financial stability and customer protection with appropriate
regulatory arrangements and rules.

The conceptual model

Intention to use

The intention to use (IU) reflects the extent of an individual’s
tendency to engage in a certain behavior (Davis et al., 1989;
Cooper and Zmud, 1990). The theory of reasoned action (TRA)
was first proposed by Fishbein and Ajzen (1980) and the
model describes that people’s intention to use is impacted by
people’s beliefs and attitudes. Based on the TRA, Ajzen (1991)
further proposed the theory of planned behavior (TPB) to
address the positive relationship between behavioral intention
and behavioral action. The technology acceptance model (TAM)
was then proposed by Davis (1989) and it shows the interaction
between beliefs, attitudes and intention to use technological
products (Venkatesh, 1999). A variety of researchers (Straub
et al., 1997; Venkatesh and Davis, 2000; Deng et al., 2005;
Teo, 2006; Ngai et al., 2007; Chow et al., 2012; Arias-Oliva
et al., 2019) have adopted the TAM to conduct their specific
theoretical and empirical studies and many results were in favor
of the TAM (Venkatesh, 1999; Lee et al., 2003; Legris et al.,
2003). Venkatesh et al. (2003) proposed the UTAUT model,
which consists of four constructs (performance expectancy,
effort expectancy, social influence and facilitating conditions)
influencing intention and usage of information technology. To
improve explanatory power, Venkatesh et al. (2012) further
incorporated three constructs (hedonic motivation, price value,
and habit) into the original UTAUT model to formulate the
UTAUT2 model. Williams et al. (2015) reviewed the literature
on the UTAUT and the UTAUT2 models and found that mixed
results of factors predicting behavioral intentions were reported
by researchers, in terms of constructs’ influencing strengths,
statistical significance and corresponding items, while most
previous studies were consistent with the postulations stated by
Venkatesh et al. (2003). However, Dwivedi et al. (2019) argued
that the original UTAUT model does not include any individual
characteristic like attitude and self-efficacy toward behavioral
intention. In the field of financial technology (FinTech), some
researchers have extended either the UTAUT model or the
UTAUT 2 model to study the intention to use FinTech products
or services. For example, Zhou et al. (2010) adapted the
UTAUT model to study factors affecting the user adoption
of mobile banking and they found that the user adoption
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was significantly affected by task technology fit, performance
expectancy, social influence and facilitating conditions. Similar
results were reported by Bhatiasevi (2016). Kwateng et al. (2019)
applied the UTAUT2 model to examine factors that influence
the user adoption of mobile banking in Ghana and their findings
suggest that price value, trust and habit are the main factors.
Khatimah and Halim (2014) employed the UTAUT model to
study the customer intention to use e-money in Indonesia, while
Novendra and Gunawan (2017) studied the intention to use
Bitcoin based on some UTAUT variables.

From the above discussion, it can be seen that the classic
UTAUT model has gained popularity among researchers as it
at least provides a reliable fundamental framework to start with
and becomes the prism through which to analyze behavioral
intention to use technological products. To effectively evaluate
determinants predicting the intention to use digital currency, we
propose a revised model by modifying or replacing constructs
of the original UTAUT model with respect to the context of
our study. The rationales for including these constructs in the
conceptual model will be further specifically discussed in the
following sections.

Financial knowledge

Financial knowledge (FK) can be defined as the degree
of knowledge that individuals have about various financial
concepts (Stolper and Walter, 2017) and it would help people
make informed financial decisions. Some researchers have
demonstrated that financial knowledge is a predictive factor
of behavioral intention to use financial products and services.
Lusardi and Mitchell (2014) found that a better command of
financial knowledge, a person’s higher intention to participate
in financial markets. Kumar and Karlina (2020) found that
there was a positive influence of financial knowledge on college
students’ intention to use credit cards in Greater Jakarta with
a total of 302 valid samples. Similar results were reported by
Hastings et al. (2012) and the findings suggest that financial
knowledge positively affects financial decisions related to the use
of credit cards and investment instruments.

In fact, the influence of knowledge on behavioral intentions
may be traced back to the TPB proposed by Ajzen (1991).
The theory provides a model which shows that the behavioral
intentions toward adoption new technology can be predicted
by beliefs through perceived behavioral control. Polonsky et al.
(2013) has shown that the predictive power of the TPB can be
enhanced by the incorporation of the knowledge variable and
several studies (Zhang et al., 2015; Parash et al., 2020) have
revealed the significant nexus between knowledge, beliefs and
perceived behavioral control. Some consumer research studies
(Hölscher and Strube, 2000; Karimi et al., 2015) have also
shown that knowledge of products would significantly affect
online purchasing behaviors. Akhtar and Das (2019) employed

an extended TPB model to examine factors affecting an
individual’s intention to use investment vehicles and the findings
also suggest that financial knowledge would positively affect
intention. Interestingly, some neuroscientists (Hansen et al.,
2012) found that prior knowledge could shape neural networks
and impact cortical activity, resulting in biased perceptions and
decisions when compared to scenarios without prior knowledge.
From the above analysis, it is indicated that knowledge can be a
significant predictor of behavioral intention, we therefore add
the variable financial knowledge to our research model and the
following hypothesis is therefore proposed:

H1. Financial knowledge positively influences intention to
use digital currency.

Meanwhile, there may exist an indirect influencing path
between financial knowledge and intention to use. Some
researchers (Akhtar and Das, 2019; Albaity and Rahman, 2019)
found that there was a partial mediation relationship between
financial knowledge and intention with the attitude being the
mediator. Similar results have been previously reported by Lim
et al. (2018), the authors studied the effect of financial knowledge
on financial behavioral intention and found that risk perception
was a mediator. The mediating role of perceived value has been
reported in other various contexts (Kwon et al., 2007; Shafiq
et al., 2011; Chen and Lin, 2019; Gao et al., 2021). Perceived
value is a measure of overall value assessed individually and
it is usually characterized as the trade between advantages
and expenses brought about (Woodruff, 1997; Petrick, 2002;
Roig et al., 2006). Some earlier studies (Zeithaml, 1988; Dodds
et al., 1991) indicated that perceived value can be a powerful
predictor of customers’ behavioral intention. Expected utility
theory (Morgenstern and Von Neumann, 1953; Schoemaker,
1982; Frisch and Clemen, 1994) suggests that value judgments
would impact intentions. If an individual evaluates a product to
be high in value, this judgment reflects a more positive attitude.
The individual is more inclined to possess a higher level of
purchase intention (Chang and Wildt, 1994).

According to prospect theory proposed by Kahneman and
Tversky (1979), value can be gauged by the amount of expected
gains and losses. The value function in prospect theory suggests
that rational decision makers would undervalue uncertain
outcomes. Similarly, ambiguity aversion theory (Ellsberg, 1961)
posits that decision makers, such as people deciding whether
to use a new technology or whether to purchase a product,
prefer a known risk to an ambiguous risk. Ambiguity can be
alleviated through the addition of relevant information (Puto,
1987) and the awareness of more specific information means
a higher level of product knowledge (Brucks, 1985; Blair and
Innis, 1996). Some studies (Rao and Monroe, 1988; Cacciolatti
et al., 2015) have indicated that the linkage between knowledge
and perceived value can be significant. It is implied that an
individual with more knowledge of a product tends to feel
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less uncertain about usage outcomes and evoke perceptions of
higher value. Based on the above analysis, we suppose that
there exists a mediation of perceived value between financial
knowledge and intention to use digital currency. The following
hypothesis is proposed:

H2a. Financial knowledge positively influences perceived
value.

Perceived value

Perceived value (PV) refers to the concept that describes
individuals’ assessment of the merits of a product or service
and the evaluation of its ability to meet their demands when
other similar products or services are available (Petrick, 2002,
2004; Boksberger and Melsen, 2011). The concept perceived
value is actually rooted in equity theory (Carrell and Dittrich,
1978) and it represents customers’ evaluation of the desired
reward for the perceived costs that have been sacrificed (Bolton
and Lemon, 1999). Perceived value can also be viewed as a
tradeoff between perceived benefit and perceived cost or risk
(Roig et al., 2006; Kim et al., 2007; Prodanova et al., 2019;
Barbu et al., 2021; Hasan et al., 2021). Studies on perceived
value have been carried out in various sectors, such as hospitality
and tourism industry (Al-Sabbahy et al., 2004; Sanchez et al.,
2006), service industry (Boksberger and Melsen, 2011), software
industry (Helander and Ulkuniemi, 2012), automobile industry
(Lee et al., 2017), etc. Sánchez-Fernández and Iniesta-Bonillo
(2007) and Coutelle-Brillet et al. (2014) reviewed the literature
regarding the perceived value construct. With respect to the
relationship between perceived value and behavioral intention
to use FinTech products or services, a number of studies have
been reported. Xie et al. (2021) studied factors that affected
peoples’ intention to use FinTech services like internet wealth
management platforms and the findings suggest that perceived
value is strongly related to people’s FinTech adoption intention.
Hasan et al. (2022) empirically investigated the factors that
impact university students’ intention to use cryptocurrency and
found that perceived value was a significant factor. Similar
finding was reported by Pakrou and Amir (2016) in the case of
Bitcoin. Karjaluoto et al. (2019) discovered that perceived value
has strong effects on usage intention of mobile payment services
and the overall satisfaction. Based on cost-benefit theory, Lin
et al. (2020) analyzed the effect perceived value on intention
to use mobile payment services and the study also revealed a
significant positive relationship.

In fact, perceived value is a construct that has its foundations
in various theories, such as social exchange theory (Cropanzano
and Mitchell, 2005), utility theory (Fishburn, 1968), labor theory
of value (Cohen, 1979). Researchers have brought constructs
with some level of relevance to the concept of perceived value
in the theories and models of technology acceptance, such as

perceived utility and perceived of ease of use (Davis, 1989)
in TAM, relative advantage (Rogers, 1995) in IDT (innovation
diffusion theory), performance expectance and effort expectance
(Venkatesh et al., 2003) in UTAUT, pleasure (Kulviwat et al.,
2007) in CAT (consumer acceptance theory). In 2007, Kim
et al. (2007) firstly brought the construct perceived value to a
value-based adoption model (VAM) as a critical predictor of the
intention to adopt technology. The study by Kim et al. (2007)
has shown that the adoption of technology by customers can be
better explained in VAM than other traditional models.

From the above discussion, it can be seen that perceived
value could significantly affect the intention to use digital
currency. The following hypotheses are therefore proposed:

H2b. Perceived value positively influences intention to use
digital currency.

Meanwhile, there is a sustained interest in investigating
the antecedents that determine perceived value and purchase
intention among researchers over the years (Bolton and Drew,
1991; Vieira, 2013). Scholars focused on construct definition
and the components of value (Rossiter, 2002; Petrick, 2004;
Boksberger and Melsen, 2011) as understanding customers’
value perceptions is essential for effective marketing. For
example, there is a growing body of literature on value
dimensions in retail settings. Followed the suggestion by
Zeithaml (1988), early studies often used benefits and costs as
antecedents of value (Sirohi et al., 1998; Dabholkar et al., 2000;
Swait and Sweeney, 2000). Researchers then expanded studies
on other components, such as perceived risk (Adapa et al.,
2020), quality (Sweeney and Soutar, 2001), trust (Ponte et al.,
2015), etc. Some researchers argued that emphasis should be
placed on performance, quality, price, cost, risk, time and other
economic utility related components (Petrick, 2002; Roig et al.,
2006; Boksberger and Melsen, 2011). These notions are based on
a rational perspective, suggesting that perceived functional value
(PFV) (e.g., quality and performance) and perceived monetary
value (PMV) (e.g., price and cost) can be established as the
main contributors of perceived value. Therefore, we propose the
following hypotheses:

H3a. Perceived monetary value positively predicts
perceived value.

H3b. Perceived functional value positively predicts
perceived value.

In recent years, the emotional component of perceived value
has also received a great deal of attention (Sanchez et al.,
2006; Lee et al., 2007; Khan and Mohsin, 2017; Kato, 2021).
Emotional value can be defined as the reward derived from
positive feelings and the states of pleasure and enjoyment when
using a product or service (Sweeney and Soutar, 2001; Pura,
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2005; Sanchez et al., 2006). Studies (Asshidin et al., 2016; Candi
and Kahn, 2016) have shown that emotional value would be
enhanced by experiencing something new or different. Dodds
et al. (1991) suggested a positive linkage between emotional
value and intention to purchase retail products, as customers
tend to associate brands with specific symbolic meanings, which
could enhance their feelings of joy and contentment. In fact,
how customers view products emotionally may be traced back to
motivation research (Dichter, 1960) which promotes the notion
that non-cognitive and unconscious motives drive customers’
choices. Since the 1970s, various emotion theories then emerged
to investigate connections between emotions and actions
(Tomkins, 1970; Ekman and Friesen, 1971; Strongman, 1996;
Huang, 2001; Plutchik, 2001; Izard, 2009). Some researchers
have also argued that emotions should include cognitive
content and there are rationality related features associated with
emotions (Helm, 1994; Mulligan, 1998; Gabbay et al., 2006).
But how emotional feelings or affective states could impact
behavioral intentions is still unclear so far. As little research
has been done to investigate whether perceived emotional value
(PEV) can play a significant role in predicting perceived value,
especially in a FinTech context. Based on the above analysis,
we therefore incorporate a novel multidimensional perceived
value framework, which consists of PFV, PMV, and PEV, into
our theoretical model. This investigation is expected to provide
insights on how perceived value is formed through various
antecedent variables as well as the levels of influencing strength
among relationships. The following hypotheses are proposed:

H3c. Perceived emotional value positively predicts
perceived value.

In addition, it should be noted that the relationship between
perceived value and intention to use digital currency in China
may be dependent on its culture and contextual environment.
Fan et al. (2018) performed a comparative study between China
and United States on users’ attitude toward mobile payment
service. The authors found that Chinese people tend to generate
higher trust in mobile payment than Americans with the same
level of mobile payment prevalence. This could be due to the
fact that China has a more collectivistic culture (Hofstede, 2004,
2007; Ghosh, 2011) with stronger regulations being reinforced
in the financial services sector (Huang and Wang, 2017). In
China, people tend to value interdependence, harmony, and
conformity (Hofstede, 2004). This implies that Chinese people
may have more confidence in their perceived value of the digital
currency issued by the PBOC. Similar findings have been noticed
in other contexts. Hernandez-Ortega et al. (2017) investigated
the effect of cultures with different degrees of collectivism on
satisfaction of advanced mobile messaging services and found
that the influence of perceived value on satisfactory is higher
in Greece than in Spain. Liu et al. (2019) found that the
effects of perceived value on mobile advertising acceptance are

significantly different across countries with different cultural
environments. Ashraf et al. (2021) also reported that there
are country-specific levels in the impact of perceived value on
customers’ usage motivation in a mobile commerce context.

Openness to innovation

In the present study, openness to innovation (OI) refers
to the concept which describes the degree of individuals’
innovativeness and it measures their personality openness
and willingness to try innovative technological products or
services. Theoretically, the effect of openness to innovation on
behaviors can be traced back to Hofstede’s theory (De Mooij
and Hofstede, 2010; Hofstede, 2011). The theory suggests an
uncertainty avoidance dimension which reflects a country’s
level of tolerance for uncertainty and unstructured situations.
The willingness to embrace innovative products with uncertain
prospects in a society can be influential in many aspects,
such as customer behaviors, social norms and business strategy
development. In the case of China, studies (Hofstede, 2004,
2007; Hofstede and Minkov, 2010) have shown that the level of
uncertainty avoidance is relatively higher than countries such
as United States and Australia. Davison and Jordan (1998)
reckoned that technologies that facilitate the dissemination
of information would be implemented in a country with a
high uncertainty avoidance characteristic. This implies that an
individual from China may require more formal rules and
documentation of a product prior to acceptance.

Empirically, there are some studies indicating a significant
nexus between openness to innovation and behavioral intention.
Lassar et al. (2005) studied the role of innovativeness in
predicting people’s online banking adoption. Yoon and Steege
(2013) discovered that people with higher preference for
innovation tend to be more curious and participative to
adopt any new technology. Khan et al. (2019) investigated the
acceptance of electronic banking in Pakistan and the findings
were similar. Based on innovation diffusion theory (Rogers,
1995, 2002; McGrath and Zell, 2001), Gupta and Arora (2017)
put forward a behavioral reasoning theory to explain the positive
relationship between personal innovativeness and behavioral
intention to use mobile banking. Ho et al. (2020) provided
further empirical evidence to support the positive relationship.
Simarmata and Hia (2020) also concluded that an individual
with higher innovative personality is more likely to accept new
information technology products.

According to the above discussion, openness to innovation
could be a significant predictor of peoples’ behaviors toward the
usage of digital currencies, we therefore propose the following
hypothesis:

H4. Openness to innovation positively influences intention
to use digital currency.
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Perceived convenience

The concept of perceived convenience (PC) describes
the degree of convenience associated with time, place, and
the simplicity of execution when it comes to the usage
of a certain technological product or service (Yoon and
Kim, 2007; Farquhar and Rowley, 2009; Chang et al., 2013;
Teo et al., 2015). A number of researchers have adapted
classic models via incorporating perceived convenience as one
of the additional constructs. For example, Hsu and Chang
(2013) built an extended TAM model by incorporating the
perceived convenience variable which significantly predicts
students’ intention to use and acceptance of an e-learning
system. Bhatiasevi (2016) established an extended UTAUT
model to explain the adoption of mobile banking by including
perceived convenience as an influential variable. The adoption
of FinTech products or services has been an interesting topic
in recent years. Kim et al. (2015) illustrated that perceived
convenience was one of the most influential variables on the
usage intention of payment related FinTech services. Podile
and Rajesh (2017) found that respondents’ perception about
convenience had a positive impact on intention to adopt
cashless transactions in India. Gao and Waechter (2017)
also identified the positive relationship between perceived
convenience and usage intention of mobile payment by
analyzing a sample of 851 respondents in Australia. Pal et al.
(2021) demonstrated that perceived convenience has a positive
impact on individuals’ intention to use mobile payments
via survey responses from a sample of 215 people. Digital
currencies can provide convenience to the users in several ways.
First, the digital currency operational system is adaptive to
offline payments. The settlement of a transaction via mobile
payment providers usually requires telecommunications or
internet coverage. Digital currencies can serve the transaction
needs in offline situations and this would help ensure business
continuity. Second, the use of digital currencies is convenient
and safe without linking any bank accounts. Individuals use
personal digital wallets which enable them to make immediate
payments, transfer funds, set payment conditions and caps,
while enterprises use corporate digital wallets to pool or
distribute funds. In addition, the digital currency in China is
designed to be inclusive (Yao, 2018) and it must be accepted
in all kinds of payment scenarios. This could eliminate the
inconvenience caused by switching among different mobile
payment apps.

As can be seen from the above discussion, perceived
convenience could significantly affect intention to use digital
currency, we therefore incorporate the variable into our
conceptual model and propose the following hypothesis:

H5. Perceived convenience positively influences intention
to use digital currency.

Overall, Figure 1 shows the conceptual model based on
the hypotheses proposed for the relationships between the
interested variables.

Research methodology

Sampling procedure

A survey was used to collect the quantitative data required
for the study. We employed a combined sampling approach
which includes random selection of online public chat groups
and convenience sampling. The study targeted a population that
consists of local Chinese residents aged above 18 years with
basic experience in the use of the Internet and mobile phones.
They are more capable of comprehending survey questions and
rating things from their own perspectives. The groups were
randomly selected from several lists of public chat groups and
the conveniently available participants were chosen in order to
achieve the desired sample size with ease (Etikan et al., 2016).
The sampling procedure employed in the study is consistent
with research methods adopted in other empirical studies of
the intention to use FinTech products (Lim et al., 2019; Singh
et al., 2021). Specifically, the invitation to respond to the
survey and the associated link was distributed randomly online
without considering respondents’ prior knowledge of FinTech
products. The process regarding online data collection and
storage was ensured to fulfill the guiding ethical principles.
The study was performed in line with Sanda University’s policy
on research with minimal risk involving human participants
with the approval number of 2022003. The conveniently
available participates were informed that the survey was for
academic purpose only and all data would not be used for
commercial purposes. The participation was strictly voluntary,
and respondents were asked to read the ethical statement on
the top of the questionnaire. They were also informed that they
had the right to withdraw at any time during the study. The
anonymity of the questionnaire and respondents’ confidentiality
were both assured.

With respect to the desired sample size, researchers have
suggested a variety of rules or guidelines when determining
the sample size in empirical studies (Memon et al., 2020). For
example, the well-known Krejcie and Morgan table (KMT)
suggests that a sample size of 384 is enough for a population
of one million or more (Krejcie and Morgan, 1970). Roscoe and
Byars (1971) reckoned that a sample size between 30 and 500 is
suitable for most behavioral studies. Gorsuch (1990) suggested
that the sample-to-item ratio should be no less than 5:1 and
a study of 25 items would require at least 125 respondents.
Kline (2016) suggested that a sample size over 200 should be
considered for analyzing structural equation models. A similar
recommendation was put forward by Kock and Hadaya (2018).
Based on the suggestions from the extant literature, a sample size
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FIGURE 1

The hypothesized conceptual framework.

of around 400 deems appropriate in the context of the present
study.

Survey design and data collection

In this study, the instrument for validating the conceptual
model was a self-report survey questionnaire which served
as the tool for collecting the research data. Each factor was
measured through five indicators. All items used Likert-type
scales with a graduation from 1 (minimum score, strongly
disagree) to 5 (maximum score, strongly agree). All questions
correspond to the conceptual model defined in the study and
the wordings were carefully refined according to feedback
from various experts in similar fields. A Chinese version was
also established by translating the original English version
via the back-translation technique (Brislin, 1970) to obtain
clarity and meaning similarity. An initial pilot study was also
conducted with 50 bilingual participants to make sure that
both the questions in several key constructs and the response
formats were understood. A revised version of the questionnaire
(Appendix Table A1) with the incorporation of questions
regarding the perceived value framework, was then reviewed
and swiftly pretested by experts and professionals in Shanghai.
After excluding incomplete responses, a final sample size of 408
respondents was obtained.

Data analysis

The collected data was analyzed through a series of
steps. First, the reliability of the questionnaire was assessed
using the Cronbach’s alpha method (Tavakol and Dennick,
2011). Second, exploratory factor analysis (EFA) was
performed using SPSS 26 to confirm the anticipated five
factors and to test the convergent validity and discriminant

validity. Third, confirmatory factor analysis (CFA) was
performed with AMOS 26 to validate the measurement
model by calculating composite reliability, standardized
factor loadings, average variance extracted (AVE), and
goodness-of-fit indices. Fourth, the hypothesized relationships
between variables were tested by examining the structural
equation model and the mediation analysis was conducted
using maximum likelihood estimates and bootstrap
resampling.

In hypothesis testing, both the significance of individual
paths and the model as a whole were considered. Specifically,
the significance of an individual path was evaluated by the t
statistic which is equal to the ratio of path coefficient estimate
to its standard error (known as the critical ratio, CR). It is
noted that as the sample size increases, the CR could resemble
a normal distribution (Gao et al., 2008), implying that a value
of CR greater than 1.96 means the path is significant at
the 5% level. Meanwhile, as for the evaluation of the model
as a whole, various test statistics had been recommended.
According to Bentler and Bonett (1980), the Chi-square χ2 test
statistic assesses the fit between the hypothesized model and
the observed results. Barrett (2007) pointed out that the Chi-
square χ2 test statistic is more reliable than other model fit
indices, some scholars (Singh, 2009; Kline, 2016; Hair et al.,
2018) also recommended the use of the Chi-square χ2 test
statistic divided by the degree of freedom (df ) as a measure,
with a value of 3 or less being a common cutoff (Hu and
Bentler, 1999). However, some scholars (Marsh et al., 1988;
Kenny and McCoach, 2003; Schumacker and Lomax, 2010)
criticized that the Chi-square χ2 test statistic may always be
significant when the sample size is large. The goodness-of-
fit index (GFI) and the adjusted goodness-of-fit index (AGFI)
have also been used extensively in the literature (Joreskog and
Sorbom, 1982; Tanaka and Huba, 1985; Lei and Lomax, 2005).
Sharma et al. (2005) criticized these measures for being sensitive
to sample size. Other alternative measures are recommended,
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TABLE 1 Results of the Cronbach’s alpha values.

Variable Item CITC Cronbach’s alpha if item deleted Cronbach’s alpha

Perceived monetary value (PMV) PMV1 0.716 0.843 0.873

PMV2 0.657 0.858

PMV3 0.705 0.845

PMV4 0.699 0.846

PMV5 0.739 0.837

Perceived functional value (PFV) PFV1 0.724 0.824 0.862

PFV2 0.717 0.825

PFV3 0.747 0.817

PFV4 0.657 0.841

PFV5 0.577 0.860

Perceived emotional value (PEV) PEV1 0.727 0.840 0.873

PEV2 0.710 0.844

PEV3 0.711 0.844

PEV4 0.677 0.852

PEV5 0.679 0.851

Financial knowledge (FK) FK1 0.719 0.823 0.861

FK2 0.647 0.841

FK3 0.635 0.845

FK4 0.723 0.822

FK5 0.684 0.832

Openness to innovation (OI) OI1 0.563 0.816 0.831

OI2 0.623 0.800

OI3 0.715 0.774

OI4 0.661 0.789

OI5 0.591 0.809

Perceived convenience (PC) PC1 0.756 0.822 0.867

PC2 0.710 0.833

PC3 0.677 0.842

PC4 0.646 0.849

PC5 0.656 0.847

Perceived value (PV) PV1 0.698 0.821 0.856

PV2 0.639 0.836

PV3 0.687 0.823

PV4 0.641 0.834

PV5 0.696 0.820

Intention to use (IU) IU1 0.743 0.811 0.856

IU2 0.712 0.816

IU3 0.687 0.823

IU4 0.574 0.854

IU5 0.659 0.830

such as incremental fit index (IFI) (Bollen, 1989) and normed
fit index (NFI) (Bentler, 1990). The Tucker-Lewis index (TLI)
(Tucker and Lewis, 1973; Hu and Bentler, 1999; Kenny and
McCoach, 2003) and the comparative fit index (CFI) (Fan et al.,
1999) are also preferred as they provide some penalties for
adding parameters. Another popular statistic is the root mean
square error of approximation (RMSEA) as confidence intervals
of the point estimate can be computed (Chen et al., 2008).

MacCallum et al. (1996) suggested a cutoff value of 0.08 and
RMSEA may produce better rejection rates, while Kenny et al.
(2015) argued that models with small df and small sample size
could produce artificially large values. Overall, there are still
some debates among scholars on which test statistic should be
preferred, implying that it is unlikely to find a single test statistic
that can both penalize model complexity and maintain stable
across different sample sizes and distributions. Therefore, a set
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TABLE 2A Results of the exploratory factor analysis (total variance explained).

Factor Initial eigenvalues Extraction SSL Rotation SSL

Total % of Var CUM% Total % of Var CUM% Total % of Var CUM%

1 11.921 29.803 29.803 11.921 29.803 29.803 3.436 8.591 8.591

2 2.537 6.344 36.146 2.537 6.344 36.146 3.374 8.436 17.027

3 2.377 5.943 42.090 2.377 5.943 42.090 3.365 8.411 25.439

4 2.222 5.554 47.644 2.222 5.554 47.644 3.291 8.227 33.666

5 1.986 4.965 52.609 1.986 4.965 52.609 3.269 8.174 41.840

6 1.948 4.869 57.478 1.948 4.869 57.478 3.220 8.051 49.890

7 1.654 4.134 61.613 1.654 4.134 61.613 3.130 7.825 57.715

8 1.531 3.828 65.441 1.531 3.828 65.441 3.090 7.726 65.441

SSL, sums squares of loadings; CUM, cumulative; criterion: eigenvalue > 1; varimax rotation.

of test statistics will be reported so as to assess the consistency of
model fitting results.

Profile of respondents

The final respondents include 408 local Chinese residents
and their profiles are summarized as follows: 53% of the
respondents were male, while 47% were female; the age levels
of the respondents were in the range of 18–30 (54%), 31–55
(41%), and 56–65 (5%) respectively; the income levels of the
respondents were in the range of below 50000 CNY per year
(27%), 50000–100000 CNY per year (55%), and above 100000
CNY per year (18%), respectively; 32% of the respondents were
living in rural areas, while 68% were living in urban areas.

Results and discussion

Reliability test

The internal consistency of the questionnaire was measured
by calculating the Cronbach’s alpha (α) of each multi-item
scale. The value of Cronbach’s alpha ranges from 0 to 1.
A higher Cronbach’s alpha indicates more shared covariances
between scale items which reliably measure the same variable
(Cronbach, 1951; Cortina, 1993). Some researchers agreed
(Tavakol and Dennick, 2011; Bonett and Wright, 2015; Taber,
2018) that a value of α > 0.7 is generally acceptable for
most research while other researchers (Cho and Kim, 2015;
Heo et al., 2015) argued that more stringent cut-offs (e.g.,
α > 0.8) should be considered. As shown in Table 1, all the
Cronbach’s alpha values were well above the recommended
cut-off: PMV, α = 0.873; PFV, α = 0.862; PEV, α = 0.873;
financial knowledge (FK), α = 0.861; openness to innovation
(OI), α = 0.831; perceived convenience (PC), α = 0.867;
perceived value (PV), α = 0.856; and intention to use (IU),
α = 0.856. The corrected item-total correlation (CITC) values

are also above 0.5, indicating the coherence between items
and an appropriate discrimination in questions. Table 1 also
presents the value of Cronbach’s alpha would be if a particular
question was removed from the scale. It can be seen that
the removal of any question in each scale would result in a
lower Cronbach’s alpha, suggesting a high level of reliability
between items.

Validity test

Exploratory factor analysis
An initial EFA was conducted to examine the 40 scale

items representing financial knowledge, openness to innovation,
perceived convenience, perceived value and intention to use.
EFA is a statistical method which can be used to help determine
the number of latent constructs and identify the underlying
factor structure (Fabrigar et al., 1999), especially when the
information of dimensionality is limited. The analysis was
carried out using VARIMAX rotation with SPSS 26 and the
final eight-factor solution explained 65.4% of the variance (see
Table 2A). The Kaiser-Meyer-Olkin (KMO) test returned a value
of 0.932, indicating the sampling is adequate. The Bartlett’s
test for sphericity was also conducted to ensure moderate
intercorrelations between items and the test returned a value
of 8306.447 (p = 0.000), suggesting the suitability for factor
analysis. It can be seen from Table 2B that the EFA resulted
in the anticipated five factors. As the items load more strongly
on their associated factors (>0.50) than on the other factors,
convergent validity and discriminant validity are both evident.

Confirmatory factor analysis
To further assess the construct validity, CFA was performed

using SPSS Amos 26. It is known that CFA can help test
the consistence between observed data and the hypothesized
conceptual model which specifies the assumed relations between
latent factors (Brown, 2015). CFA also offers a measurement
model based on structural equations modeling (SEM). The
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TABLE 2B Results of the exploratory factor analysis (component matrix).

Factors

Items 1 (PMV) 2 (PEV) 3 (PC) 4 (FK) 5 (PV) 6 (IU) 7 (PFV) 8 (OI)

FK1 0.147 0.123 0.091 0.773 0.157 0.098 0.144 0.058

FK2 −0.001 0.127 0.131 0.743 0.117 0.099 0.106 0.093

FK3 0.109 0.132 0.036 0.688 0.072 0.167 0.219 0.097

FK4 0.040 0.055 0.113 0.790 0.103 0.188 0.096 0.122

FK5 0.168 0.080 0.062 0.698 0.226 0.190 0.202 0.072

OI1 0.143 0.136 0.074 0.039 0.078 0.066 0.074 0.684

OI2 0.020 0.060 0.142 0.083 0.012 0.075 0.206 0.739

OI3 0.145 0.055 0.119 0.105 0.084 0.107 0.135 0.787

OI4 0.094 0.123 0.122 0.045 0.117 0.178 0.134 0.728

OI5 0.115 0.065 0.079 0.158 0.220 0.114 0.081 0.668

PC1 0.092 0.135 0.796 0.075 0.176 0.102 0.075 0.176

PC2 0.074 0.089 0.777 0.088 0.113 0.116 0.128 0.119

PC3 0.121 0.103 0.752 0.086 0.022 0.135 0.089 0.110

PC4 0.175 0.130 0.727 0.055 0.032 0.142 0.103 0.023

PC5 0.066 0.128 0.748 0.107 0.079 0.059 0.077 0.117

PV1 0.111 0.142 0.136 0.151 0.743 0.115 0.121 0.105

PV2 0.103 0.193 0.075 0.209 0.686 0.134 0.067 0.095

PV3 0.159 0.153 0.090 0.082 0.747 0.194 0.118 0.024

PV4 0.110 0.110 0.095 0.079 0.707 0.139 0.145 0.124

PV5 0.067 0.068 0.036 0.135 0.772 0.154 0.100 0.163

IU1 0.154 0.095 0.111 0.168 0.205 0.758 0.123 0.131

IU2 0.086 0.136 0.113 0.215 0.127 0.753 0.135 0.115

IU3 0.135 0.098 0.155 0.138 0.129 0.741 0.116 0.096

IU4 0.065 0.040 0.105 0.075 0.158 0.668 0.136 0.100

IU5 0.099 0.139 0.108 0.152 0.129 0.717 0.101 0.130

PMV1 0.768 0.086 0.133 0.046 0.098 0.105 0.158 0.135

PMV2 0.710 0.098 0.179 0.155 0.072 0.119 0.105 0.112

PMV3 0.784 0.041 0.058 0.118 0.187 0.066 0.088 0.108

PMV4 0.752 0.136 0.087 0.086 0.087 0.080 0.185 0.136

PMV5 0.803 0.159 0.096 0.019 0.092 0.144 0.137 0.047

PFV1 0.217 0.196 0.123 0.193 0.162 0.135 0.685 0.219

PFV2 0.133 0.129 0.178 0.210 0.149 0.184 0.703 0.166

PFV3 0.078 0.155 0.095 0.141 0.116 0.133 0.808 0.114

PFV4 0.140 0.044 0.121 0.129 0.150 0.102 0.736 0.109

PFV5 0.227 0.033 0.055 0.162 0.051 0.129 0.630 0.162

PEV1 0.080 0.778 0.154 0.121 0.135 0.060 0.158 0.064

PEV2 0.074 0.768 0.219 0.037 0.083 0.075 0.182 0.074

PEV3 0.131 0.744 0.184 0.165 0.103 0.132 0.047 0.138

PEV4 0.109 0.760 0.026 0.127 0.116 0.095 0.111 0.101

PEV5 0.125 0.759 0.062 0.064 0.205 0.126 −0.026 0.091

results are shown in Figure 2, Tables 3, 4. First of all, as can
be seen in Table 3, the composite reliability ranges from 0.834
to 0.876, exceeding the acceptable level of 0.70 recommended
by various researchers (Bacon et al., 1995; Shrestha, 2021). AVE
scores for constructs are all above the acceptable variance-
extracted level of 0.50 recommended by Hulland (1999) and

Brown (2015), indicating convergent validity. Second, the
standardized factor loadings of items range from 0.616 to
0.836 and they are all higher than the cutoff value of 0.50
(Brown, 2015). Third, as shown in Table 4, the GFIs of the
measurement model are all acceptable: χ2/degree of freedom
(CMIN/DF) = 1.084; GFI = 0.916; RMSEA = 0.024; NFI = 0.910;
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FIGURE 2

Diagram illustrating the measurement model.

IFI = 0.992; TLI = 0.992; CFI = 0.992; Overall, the results of
the CFA are satisfactory, supporting the subsequent structural
model analysis.

Correlation analysis
Correlation analysis was also performed to assess

discriminant validity, which represents the extent that measures
of constructs minimally correlation with one another (Matthes
and Ball, 2019). Specifically, the square root of the AVE for
each factor was compared with the inter-construct correlation
coefficients in the correlation matrix. As can be seen in Table 5,
the inter-construct correlation coefficients are all below 0.5 and
significantly lower than the square roots of the AVEs, indicating

satisfactory divergence between different constructs. The results
of correlation analysis also support a further structural model
analysis.

Test of the structural model

Goodness of fit
Structural equation modeling was adopted to test the

relationships proposed in the hypothesized model, as shown
in Figure 3. It can be seen in Table 6 that all goodness-of-
fit indicators were found to exceed the levels recommended
by the literature (Singh, 2009; Iacobucci, 2010; Hair et al.,
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TABLE 3 Results of the confirmatory factor analysis.

Factor Items Unstandardized loading S.E. Standardized loading CR AVE p

PMV PMV1 1.000 0.781 0.876 0.586

PMV2 1.118 0.076 0.718 ***

PMV3 1.134 0.072 0.762 ***

PMV4 1.103 0.070 0.761 ***

PMV5 1.062 0.064 0.802 ***

PFV PFV1 1.000 0.819 0.866 0.566

PFV2 1.069 0.060 0.805 ***

PFV3 1.009 0.058 0.792 ***

PFV4 0.996 0.066 0.704 ***

PFV5 0.839 0.064 0.624 ***

PEV PEV1 1.000 0.793 0.874 0.581

PEV2 1.025 0.063 0.775 ***

PEV3 0.972 0.059 0.784 ***

PEV4 0.967 0.064 0.728 ***

PEV5 0.940 0.062 0.728 ***

FK FK1 1.000 0.781 0.864 0.561

FK2 0.975 0.069 0.700 ***

FK3 0.974 0.069 0.699 ***

FK4 0.999 0.062 0.783 ***

FK5 0.940 0.059 0.775 ***

OI OI1 1.000 0.621 0.834 0.504

OI2 1.252 0.111 0.702 ***

OI3 1.338 0.109 0.803 ***

OI4 1.288 0.110 0.744 ***

OI5 1.171 0.109 0.663 ***

PC PC1 1.000 0.836 0.867 0.568

PC2 0.921 0.054 0.777 ***

PC3 0.878 0.055 0.737 ***

PC4 0.810 0.054 0.697 ***

PC5 0.843 0.055 0.713 ***

PV PV1 1.000 0.772 0.858 0.548

PV2 1.042 0.074 0.705 ***

PV3 1.129 0.074 0.763 ***

PV4 0.946 0.068 0.699 ***

PV5 1.090 0.072 0.758 ***

IU IU1 1.000 0.831 0.861 0.556

IU2 1.059 0.060 0.798 ***

IU3 1.023 0.063 0.747 ***

IU4 0.883 0.069 0.616 ***

IU5 0.924 0.060 0.718 ***

***p < 0.001.

TABLE 4 Goodness-of-fit indices of the measurement model.

χ 2 CMIN/DF GFI RMSEA NFI IFI TLI CFI

<3 >0.9 <0.08 >0.9 >0.9 >0.9 >0.9

772.058 1.084 0.916 0.024 0.910 0.992 0.992 0.992
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TABLE 5 Discriminant validity for the measurement model (implied correlation matrix).

Factors PMV PFV PEV FK OI PC PV IU

PMV 0.766a

PFV 0.510 0.752a

PEV 0.391 0.447 0.762a

FK 0.369 0.563 0.401 0.749a

OI 0.406 0.527 0.368 0.382 0.710a

PC 0.386 0.430 0.438 0.354 0.420 0.754a

PV 0.418 0.490 0.464 0.496 0.413 0.374 0.740a

IU 0.420 0.517 0.408 0.539 0.446 0.428 0.537 0.746a

aSquare root of average variance extracted (AVE).

2019): χ2/degree of freedom (CMIN/DF) = 1.092; GFI = 0.915;
RMSEA = 0.024; NFI = 0.909; IFI = 0.992; TLI = 0.991;
CFI = 0.992; The structural model is therefore deemed
acceptable.

Path coefficient analysis
The path coefficient analysis (Land, 1969) was conducted

with SPSS AMOS 26 to test the proposed causal relationships
between constructs. Table 7 shows the standardized path
coefficients of the structural model with the statistical
significance. It is evident that the relations between construct
were all positively significant. First, the positive relationship
between financial knowledge and intention to use was
demonstrated with a significant standardized coefficient
(β = 0.288, p < 0.001). Financial knowledge was also found
to be a significant and positive predictor of perceived value
(β = 0.246, p < 0.001), whilst perceived value was also found
to have a significant and positive relationship with intention
to use (β = 0.277, p < 0.001). Second, PMV, PFV, and PEV
can significantly predict perceived value, with the standardized
coefficients of 0.152 (p < 0.05), 0.179 (p < 0.05), and 0.231
(p < 0.001), respectively. Third, openness to innovation was
shown to have a significant and positive impact on intention to
use (β = 0.166, p < 0.01). Fourth, perceived convenience was
found to be a significant predictor of intention to use (β = 0.161,
p < 0.01). Therefore, the results indicate that all hypotheses
with the proposed causal relationships were supported at the
p < 0.01 level.

Mediation analysis
The mediation process was also tested using SEM in the

present study. As suggested by Baron and Kenny (1986),
SEM provides a more appropriate mediation analysis than
the method of regressing equations. Specifically, the mediating
effect of perceived value on a relationship between financial
knowledge and intention to use was examined. The bootstrap
method (Rucker et al., 2011; Gunzler et al., 2013) was
employed in the mediation analysis as it does not rely on
any distribution assumption of on the indirect effect. As
can be seen in Table 8, the mediating effect of perceived

value on the path between financial knowledge and intention
to use is confirmed. We calculated both bias-corrected
confidence intervals and percentile confidence intervals at the
95% significance level. The results show that the value of
the indirect effect regarding the FK-PV-IU path is within
the confidence intervals, suggesting that perceived value
partially mediates the path between financial knowledge and
intention to use.

Discussion

The present study was designed to analyze the factors
impacting people’s intention to use digital currency. First of
all, the findings suggest that financial knowledge is significantly
related to intention to use. This is in line with most existing
studies on behavioral intentions to use financial products and
services (Luarn and Lin, 2005; Kang and Choi, 2019; Lim
et al., 2019; Muslichah and Sanusi, 2020). A partial mediation
effect was also confirmed as perceived value mediates the path
between financial knowledge and intention to use. The results
may corroborate the viewpoint that perceived value (in terms of
functionality and utility) depends on the degree of knowledge
that a person has acquired (Boksberger and Melsen, 2011). If
people were unfamiliar with finance related concepts, they were
unlikely to gauge the value of FinTech products accurately.
Meanwhile, it was shown that openness to innovation had a
positive impact on intention to use. The findings were consistent
with similar empirical studies (Islam et al., 2013; Cheng, 2014;
Hong et al., 2017). A possible explanation could be based
on diffusion of innovation theory (Rogers, 1995, 2002). The
theory states that innovators have more willingness to try new
technological things than the majority and thus they have
greater chances for adoption. However, it should also be noted
that the theory assumes innovation is solely beneficial and is
just waiting to be adopted. In addition, the findings further
promote the notion that perceived convenience would positively
influence intention to use. The results were in agreement with
similar studies carried out in Malaysia (Lai and Liew, 2021),
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FIGURE 3

Diagram illustrating the structural model.

TABLE 6 Goodness-of-fit indices of the structural model.

χ 2 CMIN/DF GFI RMSEA NFI IFI TLI CFI

<3 >0.9 <0.08 >0.9 >0.9 >0.9 >0.9

783.132 1.092 0.915 0.024 0.909 0.992 0.991 0.992

India (Pal et al., 2021), South Korea (Joo, 2018), and Indonesia
(Nurlaily et al., 2021). As for results of the investigation
regarding the multi-dimensional perceived value framework, it
is noted that the three antecedents can all significantly predict

perceived value. Interestingly, the impact of PEV on perceived
value has been shown to be the strongest with an estimation
coefficient of 0.231. This finding suggests that people’s emotional
feelings and attitudes can play a critical role in their value

Frontiers in Psychology 15 frontiersin.org

https://doi.org/10.3389/fpsyg.2022.928735
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/


fpsyg-13-928735 August 1, 2022 Time: 15:11 # 16

Wu et al. 10.3389/fpsyg.2022.928735

TABLE 7 Results of the path coefficient analysis.

Hypotheses Path coefficient (β ) S.E. C.R. (t-value) p Decision

H1: FK→ IU 0.288 0.061 4.816 *** Supported

H2a: FK→ PV 0.246 0.062 3.836 *** Supported

H2b: PV→ IU 0.277 0.062 4.754 *** Supported

H3a: PMV→ PV 0.152 0.066 2.550 * Supported

H3b: PFV→ PV 0.179 0.068 2.585 * Supported

H3c: PEV→ PV 0.231 0.050 3.958 *** Supported

H4: OI→ PV 0.166 0.066 2.932 ** Supported

H5: PC→ PV 0.161 0.044 2.979 ** Supported

*p < 0.05; **p < 0.01; ***p < 0.001.

TABLE 8 Results of the mediation analysis.

Paths Indirect Effect (Standardized β ) Bias-Corrected 95% CI Percentile 95% CI

PMV→ PV→ IU 0.042 0.004–0.105 0.003–0.098

PFV→ PV→ IU 0.050 0.007–0.117 0.005–0.112

PEV→ PV→ IU 0.064 0.019–0.144 0.013–0.132

FK→ PV→ IU 0.068 0.020–0.149 0.015–0.139

Bootstrap Reps = 2000; CI, confidence interval.

perceptions. In the case of China, some studies have implied that
Chinese people tend to have a strong sense of national identity
and patriotism (Callahan, 2006; Modongal, 2016). Individuals
prefer to purchase products made by local companies in China
and recent studies have suggested that Chinese customers are
pivoting away from foreign brands (Ewing et al., 2002; Chan
et al., 2009; He and Wang, 2017). Chinese people might generate
a sense of belonging and a higher emotional reward upon using
the CBDC, which is legally issued and protected by the PBOC
and the government, resulting in a higher perceived value and
enhanced behavioral intention to use digital currency.

The research findings are also expected to have important
implications for developing marketing strategies for the
use of digital currency. As the market of digital currency
is rapidly growing, it is increasingly crucial to build
coherent and effective marketing strategies to enhance
public acceptability. For example, according to the results
of the study, it is recommended that decision makers could
launch online platforms which contain free resources for
improving financial knowledge. This could result in an
improvement in perceived value and subsequently in intention
to use. Meanwhile, people’s openness to innovation could
be greatly enhanced within an innovation-driven culture
and building such a culture through various propaganda
on communication channels (face-to-face, social media,
broadcast media, etc.) would somehow have a positive
impact on promoting the usage. Moreover, content marketing
strategies could emphasize on the convenience of use which
would contribute positively to people’s intention to use
digital currency.

In addition, there are some policy implications of the
research findings. First, it is advised to have certain policies
and practices for strengthening public financial education and
introducing more application scenarios, such as transportation,
leisure, entertainment, medical care, tourism, etc. This would
help enhance people’s financial literacy and usage experience.
Second, the government needs to have strict rules and
regulations in place to prevent the risk of financial fraud
and other financial crimes in the name of digital currency,
and great importance should be attached to loss protection,
data security and privacy protection. These types of policy
responses could help maintain the credibility of digital
currency, improve people’s perceived value and encourage
the usage. Third, it is recommended to establish some
guiding principles by policy makers regarding the design of a
convenient digital currency system with greater emphases on
expandability and adaptability. Various payment needs from
individuals could be conveniently met with the amelioration
of using conditions and the coverage of all possible scenarios.
Collaboration with commercial banks and telecom operators
would help improve the technical infrastructure required
for widespread use. Fourth, it is suggested to have some
tax relief and subsidy policies for relevant enterprises to
encourage the improvement of infrastructures and promote the
technological competitions. The government can also establish
some mechanisms for direct and low-cost funding to start-
ups. These practices could stimulate technological innovations
and facilitate the development of the entire digital currency
ecosystem, providing a highly safe and convenient usage
environment for the general public.
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Conclusion and Limitations

The empirical study aimed at investigating factors which
affect people’s intention to use digital currency using empirical
evidence from China. The structural equation modeling
approach was used to test the hypothesized relationships
between variables. The research findings can be summarized as
follows: first, a positive nexus between financial knowledge and
intention to use was demonstrated and perceived value was also
shown to positively affect intention to use; second, perceived
value can be significantly predicted by three antecedent
variables, including PMV, PFV, and PEV, and it was found to
partially mediate the relationship between financial knowledge
and intention to use; third, openness to innovation was a
significant positive indicator of behavioral intention to use
digital currency; fourth, perceived convenience was shown to
have a positive impact on intention to use. Confirmation of
the causal relationships proposed in the model may inform
the choice of policies and the design of marketing strategies
which would ultimately help increase people’s intention to use
digital currency.

The study has some limitations that can be considered in
order to provide clear research direction for future studies.
First, it should be noted that the path analysis assumed linear
relationships between constructs. If there were some non-linear
effects within the model, the results of the path analysis might be
slightly distorted. Second, researchers could examine additional
factors that may influence people’s intention to use digital
currency and increase the total proposed model variance, as the
current factors explain 65% of the total variance. Third, this
study was only conducted in a single-country context. Different
countries with different environments may have different digital
currency functions or systems under development, leading to
different results in terms of the relationships between variables.
It would be interesting to know any other geographically
diverse perspectives.

Data availability statement

The raw data supporting the conclusions of this article will
be made available by the authors, without undue reservation.

Ethics statement

The studies involving human participants were reviewed
and approved by Sanda University Ethics Committee. Written
informed consent for participation was not required for
this study in accordance with the national legislation and
the institutional requirements. Written informed consent was
obtained from the individual(s) for the publication of any
potentially identifiable images or data included in this article.

Author contributions

GW research design, methodology, data collection, data
analysis, supervision, and writing and editing. JY research
design, data collection, and writing. QH methodology, data
analysis, and writing and editing. All authors listed have
contributed to the work and approved it for publication.

Funding

This work was supported by the Sanda University Research
Fund (grant number: 2021ZD03).

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could
be construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the
authors and do not necessarily represent those of their affiliated
organizations, or those of the publisher, the editors and the
reviewers. Any product that may be evaluated in this article, or
claim that may be made by its manufacturer, is not guaranteed
or endorsed by the publisher.

References

Adapa, S., Fazal-e-Hasan, S. M., Makam, S. B., Azeem, M. M., and
Mortimer, G. (2020). Examining the antecedents and consequences of perceived
shopping value through smart retail technology. J. Retail. Cons. Ser. 52:
101901.

Ajzen, I. (1991). The theory of planned behavior. Organ. Behav. Hum. Decision
Process. 50, 179–211. doi: 10.1016/0749-5978(91)90020-T

Akhtar, F., and Das, N. (2019). Predictors of investment intention in Indian
stock markets: extending the theory of planned behaviour. Int. J. Bank Mark. 37,
97–119. doi: 10.1108/IJBM-08-2017-0167

Albaity, M., and Rahman, M. (2019). The intention to use Islamic banking: an
exploratory study to measure Islamic financial literacy. Int. J. Emerg. Mark. 14,
998–1012. doi: 10.1108/IJOEM-05-2018-0218

Frontiers in Psychology 17 frontiersin.org

https://doi.org/10.3389/fpsyg.2022.928735
https://doi.org/10.1016/0749-5978(91)90020-T
https://doi.org/10.1108/IJBM-08-2017-0167
https://doi.org/10.1108/IJOEM-05-2018-0218
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/


fpsyg-13-928735 August 1, 2022 Time: 15:11 # 18

Wu et al. 10.3389/fpsyg.2022.928735

Al-Sabbahy, H. Z., Ekinci, Y., and Riley, M. (2004). An investigation of perceived
value dimensions: implications for hospitality research. J. Travel Res. 42, 226–234.
doi: 10.1177/0047287503258841

Arias-Oliva, M., Pelegrín-Borondo, J., and Matías-Clavero, G. (2019). Variables
influencing cryptocurrency use: a technology acceptance model in Spain. Front.
Psychol. 10:475. doi: 10.3389/fpsyg.2019.00475

Ashraf, A. R., Tek, N. T., Anwar, A., Lapa, L., and Venkatesh, V. (2021).
Perceived values and motivations influencing m-commerce use: a nine-country
comparative study. Int. J. Inform. Manag. 59:102318. doi: 10.1016/j.ijinfomgt.2021.
102318

Asshidin, N. H. N., Abidin, N., and Borhan, H. B. (2016). Perceived quality and
emotional value that influence consumer’s purchase intention towards American
and local products. Proc. Econ. Finance 35, 639–643. doi: 10.1016/S2212-5671(16)
00078-2

Bacon, D. R., Sauer, P. L., and Young, M. (1995). Composite reliability in
structural equations modeling. Educ. Psychol. Meas. 55, 394–406. doi: 10.1177/
0013164495055003003

Barbu, C. M., Florea, D. L., Dabija, D. C., and Barbu, M. C. R. (2021). Customer
experience in fintech. J. Theoretical Appl. Electron. Commerce Res. 16, 1415–1433.
doi: 10.3390/jtaer16050080

Baron, R. M., and Kenny, D. A. (1986). The moderator-mediator variable
distinction in social psychological research: conceptual, strategic, and statistical
considerations. J. Pers. Soc. Psychol. 51, 1173–1182. doi: 10.1037/0022-3514.51.6.
1173

Barrett, P. (2007). Structural equation modelling: adjudging model fit. Pers.
Individ. Differ. 42, 815–824. doi: 10.1016/j.paid.2006.09.018

Bentler, P. M. (1990). Comparative fit indexes in structural models. Psychol. Bull.
107, 238–246. doi: 10.1037/0033-2909.107.2.238

Bentler, P. M., and Bonett, D. G. (1980). Significance tests and goodness of fit
in the analysis of covariance structures. Psychol. Bull. 88, 588–606. doi: 10.1037/
0033-2909.88.3.588

Bhatiasevi, V. (2016). An extended UTAUT model to explain the adoption of
mobile banking. Inform. Dev. 32, 799–814. doi: 10.1177/0266666915570764

Bindseil, U. (2019). Central bank digital currency: financial system implications
and control. Int. J. Political Econ. 48, 303–335. doi: 10.1080/08911916.2019.
1693160

Blair, M. E., and Innis, D. E. (1996). The effects of product knowledge on the
evaluation of warranteed brands. Psychol. Mark. 13, 445–456. doi: 10.1002/(SICI)
1520-6793(199608)13:5<445::AID-MAR1>3.0.CO;2-9

Boksberger, P. E., and Melsen, L. (2011). Perceived value: a critical examination
of definitions, concepts and measures for the service industry. J. Serv. Mark. 25,
229–240. doi: 10.1108/08876041111129209

Bollen, K. A. (1989). A new incremental fit index for general structural equation
models. Sociol. Methods Res. 17, 303–316. doi: 10.1177/0049124189017003004

Bolton, R. N., and Drew, J. H. (1991). A multistage model of customers’
assessments of service quality and value. J. Consum. Res. 17, 375–384. doi: 10.1086/
208564

Bolton, R. N., and Lemon, K. N. (1999). A dynamic model of customers’ usage
of services: usage as an antecedent and consequence of satisfaction. J. Mark. Res.
36, 171–186. doi: 10.1177/002224379903600203

Bonett, D. G., and Wright, T. A. (2015). Cronbach’s alpha reliability: interval
estimation, hypothesis testing, and sample size planning. J. Organ. Behav. 36, 3–15.
doi: 10.1002/job.1960

Brislin, R. W. (1970). Back-translation for cross-cultural research. J. Cross Cult.
Psychol. 1, 185–216. doi: 10.1177/135910457000100301

Brown, T. A. (2015). Confirmatory Factor Analysis for Applied Research.
New York, NY: Guilford publications.

Brucks, M. (1985). The effects of product class knowledge on information search
behavior. J. Consum. Res. 12, 1–16. doi: 10.1086/209031

Cacciolatti, L. A., Garcia, C. C., and Kalantzakis, M. (2015). Traditional
food products: the effect of consumers’ characteristics, product knowledge, and
perceived value on actual purchase. J. Int. Food Agribusiness Mark. 27, 155–176.
doi: 10.1080/08974438.2013.807416

Callahan, W. A. (2006). History, identity, and security: producing and
consuming nationalism in China. Crit. Asian Stud. 38, 179–208. doi: 10.1080/
14672710600671087

Candi, M., and Kahn, K. B. (2016). Functional, emotional, and social benefits
of new B2B services. Industrial Mark. Manag. 57, 177–184. doi: 10.1016/j.
indmarman.2016.02.002

Carrell, M. R., and Dittrich, J. E. (1978). Equity theory: the recent literature,
methodological considerations, and new directions. Acad. Manag. Rev. 3, 202–210.
doi: 10.2307/257661

Chan, T. S., Cui, G., and Zhou, N. (2009). Competition between foreign and
domestic brands: a study of consumer purchases in China. J. Glob. Mark. 22,
181–197. doi: 10.1080/08911760902845015

Chang, C. C., Tseng, K. H., Liang, C., and Yan, C. F. (2013). The influence of
perceived convenience and curiosity on continuance intention in mobile English
learning for high school students using PDAs. Technol. Pedagogy Educ. 22, 373–
386. doi: 10.1080/1475939X.2013.802991

Chang, T. Z., and Wildt, A. R. (1994). Price, product information, and purchase
intention: an empirical study. J. Acad. Mark. Sci. 22, 16–27. doi: 10.1177/
0092070394221002

Chen, F., Curran, P. J., Bollen, K. A., Kirby, J., and Paxton, P. (2008). An
empirical evaluation of the use of fixed cutoff points in RMSEA test statistic
in structural equation models. Sociol. Methods Res. 36, 462–494. doi: 10.1177/
0049124108314720

Chen, S. C., and Lin, C. P. (2019). Understanding the effect of social media
marketing activities: the mediation of social identification, perceived value, and
satisfaction. Technol. Forecasting Soc. Change 140, 22–32. doi: 10.1016/j.techfore.
2018.11.025

Cheng, Y. M. (2014). Exploring the intention to use mobile learning: the
moderating role of personal innovativeness. J. Syst. Inform. Technol. 16, 40–61.
doi: 10.1108/JSIT-05-2013-0012

Cho, E., and Kim, S. (2015). Cronbach’s coefficient alpha: well known but poorly
understood. Organ. Res. Methods 18, 207–230. doi: 10.1177/1094428114555994

Chow, M., Herold, D. K., Choo, T. M., and Chan, K. (2012). Extending the
technology acceptance model to explore the intention to use second life for
enhancing healthcare education. Comput. Educ. 59, 1136–1144. doi: 10.1016/j.
compedu.2012.05.011

Chuen, D. L. K. (ed.) (2015). Handbook of Digital Currency: Bitcoin, Innovation,
Financial Instruments, and Big Data. Cambridge, MA: Academic Press.

Cohen, G. A. (1979). The labor theory of value and the concept of exploitation.
Philos. Public Affairs 8, 338–360.

Cooper, R. B., and Zmud, R. W. (1990). Information technology implementation
research: a technological diffusion approach. Manag. Sci. 36, 123–139. doi: 10.
1287/mnsc.36.2.123

Cortina, J. M. (1993). What is coefficient alpha? An examination of theory and
applications. J. Appl. Psychol. 78, 98–104. doi: 10.1037/0021-9010.78.1.98

Coutelle-Brillet, P., Riviere, A., and Des Garets, V. (2014). Perceived value of
service innovation: a conceptual framework. J. Bus. Industrial Mark. 29, 164–172.
doi: 10.1108/JBIM-04-2012-0066

Cronbach, L. J. (1951). Coefficient alpha and the internal structure of tests.
Psychometrika 16, 297–334. doi: 10.1007/BF02310555

Cropanzano, R., and Mitchell, M. S. (2005). Social exchange theory: an
interdisciplinary review. J. Manag. 31, 874–900. doi: 10.1177/0149206305279602

Dabholkar, P. A., Shepherd, C. D., and Thorpe, D. I. (2000). A comprehensive
framework for service quality: an investigation of critical conceptual and
measurement issues through a longitudinal study. J. Retail. 76, 139–173. doi:
10.1016/S0022-4359(00)00029-4

Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user
acceptance of information technology. MIS Q. 13, 319–340. doi: 10.2307/249008

Davis, F. D., Bagozzi, R. P., and Warshaw, P. R. (1989). User acceptance of
computer technology: a comparison of two theoretical models. Manag. Sci. 35,
982–1003. doi: 10.1287/mnsc.35.8.982

Davison, R., and Jordan, E. (1998). Group support systems: barriers to adoption
in a cross-cultural setting. J. Glob. Inform. Technol. Manag. 1, 37–50. doi: 10.1080/
1097198X.1998.10856229

De Mooij, M., and Hofstede, G. (2010). The Hofstede model: applications
to global branding and advertising strategy and research. Int. J. Advertising 29,
85–110. doi: 10.2501/S026504870920104X

Deng, X., Doll, W., Hendrickson, A., and Scazzero, J. (2005). A multi-group
analysis of structural invariance: an illustration using the technology acceptance
model. Inform. Manag. 42, 745–759. doi: 10.1016/j.im.2004.08.001

Dichter, E. (1960). The Strategy of Desire. Piscataway, NJ: Transaction
Publishers.

Dodds, W. B., Monroe, K. B., and Grewal, D. (1991). Effects of price, brand,
and store information on buyers’ product evaluations. J. Market. Res. 28, 307–319.
doi: 10.1177/002224379102800305

Frontiers in Psychology 18 frontiersin.org

https://doi.org/10.3389/fpsyg.2022.928735
https://doi.org/10.1177/0047287503258841
https://doi.org/10.3389/fpsyg.2019.00475
https://doi.org/10.1016/j.ijinfomgt.2021.102318
https://doi.org/10.1016/j.ijinfomgt.2021.102318
https://doi.org/10.1016/S2212-5671(16)00078-2
https://doi.org/10.1016/S2212-5671(16)00078-2
https://doi.org/10.1177/0013164495055003003
https://doi.org/10.1177/0013164495055003003
https://doi.org/10.3390/jtaer16050080
https://doi.org/10.1037/0022-3514.51.6.1173
https://doi.org/10.1037/0022-3514.51.6.1173
https://doi.org/10.1016/j.paid.2006.09.018
https://doi.org/10.1037/0033-2909.107.2.238
https://doi.org/10.1037/0033-2909.88.3.588
https://doi.org/10.1037/0033-2909.88.3.588
https://doi.org/10.1177/0266666915570764
https://doi.org/10.1080/08911916.2019.1693160
https://doi.org/10.1080/08911916.2019.1693160
https://doi.org/10.1002/(SICI)1520-6793(199608)13:5<445::AID-MAR1>3.0.CO;2-9
https://doi.org/10.1002/(SICI)1520-6793(199608)13:5<445::AID-MAR1>3.0.CO;2-9
https://doi.org/10.1108/08876041111129209
https://doi.org/10.1177/0049124189017003004
https://doi.org/10.1086/208564
https://doi.org/10.1086/208564
https://doi.org/10.1177/002224379903600203
https://doi.org/10.1002/job.1960
https://doi.org/10.1177/135910457000100301
https://doi.org/10.1086/209031
https://doi.org/10.1080/08974438.2013.807416
https://doi.org/10.1080/14672710600671087
https://doi.org/10.1080/14672710600671087
https://doi.org/10.1016/j.indmarman.2016.02.002
https://doi.org/10.1016/j.indmarman.2016.02.002
https://doi.org/10.2307/257661
https://doi.org/10.1080/08911760902845015
https://doi.org/10.1080/1475939X.2013.802991
https://doi.org/10.1177/0092070394221002
https://doi.org/10.1177/0092070394221002
https://doi.org/10.1177/0049124108314720
https://doi.org/10.1177/0049124108314720
https://doi.org/10.1016/j.techfore.2018.11.025
https://doi.org/10.1016/j.techfore.2018.11.025
https://doi.org/10.1108/JSIT-05-2013-0012
https://doi.org/10.1177/1094428114555994
https://doi.org/10.1016/j.compedu.2012.05.011
https://doi.org/10.1016/j.compedu.2012.05.011
https://doi.org/10.1287/mnsc.36.2.123
https://doi.org/10.1287/mnsc.36.2.123
https://doi.org/10.1037/0021-9010.78.1.98
https://doi.org/10.1108/JBIM-04-2012-0066
https://doi.org/10.1007/BF02310555
https://doi.org/10.1177/0149206305279602
https://doi.org/10.1016/S0022-4359(00)00029-4
https://doi.org/10.1016/S0022-4359(00)00029-4
https://doi.org/10.2307/249008
https://doi.org/10.1287/mnsc.35.8.982
https://doi.org/10.1080/1097198X.1998.10856229
https://doi.org/10.1080/1097198X.1998.10856229
https://doi.org/10.2501/S026504870920104X
https://doi.org/10.1016/j.im.2004.08.001
https://doi.org/10.1177/002224379102800305
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/


fpsyg-13-928735 August 1, 2022 Time: 15:11 # 19

Wu et al. 10.3389/fpsyg.2022.928735

Dwivedi, Y. K., Rana, N. P., Jeyaraj, A., Clement, M., and Williams, M. D.
(2019). Re-examining the Unified Theory of Acceptance and Use of Technology
(UTAUT): towards a revised theoretical model. Inform. Syst. Front. 21, 719–734.
doi: 10.1007/s10796-017-9774-y

Ekman, P., and Friesen, W. V. (1971). Constants across cultures in the face and
emotion. J. Pers. Soc. Psychol. 17, 124–129. doi: 10.1037/h0030377

Ellsberg, D. (1961). Risk, ambiguity, and the savage axioms. Q. J. Econ. 75,
643–669. doi: 10.2307/1884324

Etikan, I., Musa, S. A., and Alkassim, R. S. (2016). Comparison of convenience
sampling and purposive sampling. Am. J. Theoretical Appl. Stat. 5, 1–4. doi: 10.
11648/j.ajtas.20160501.11

Ewing, M. T., Napoli, J., Pitt, L. F., and Watts, A. (2002). On the renaissance
of Chinese brands. Int. J. Advertising 21, 197–216. doi: 10.1080/02650487.2002.
11104926

Fabrigar, L. R., Wegener, D. T., MacCallum, R. C., and Strahan, E. J. (1999).
Evaluating the use of exploratory factor analysis in psychological research. Psychol.
Methods 4, 272–299. doi: 10.1037/1082-989X.4.3.272

Fan, X., Thompson, B., and Wang, L. (1999). Effects of sample size, estimation
methods, and model specification on structural equation modeling fit indexes.
Struct. Equ. Model. Multidisciplinary J. 6, 56–83. doi: 10.1080/10705519909540119

Fan, J., Shao, M., Li, Y., and Huang, X. (2018). Understanding users’ attitude
toward mobile payment use: a comparative study between China and the USA.
Indust. Manag. Data Syst. 118, 524–540.

Farquhar, J. D., and Rowley, J. (2009). Convenience: a services perspective.
Mark. Theory 9, 425–438. doi: 10.1177/1470593109346894

Fishbein, M., and Ajzen, I. (1980). Predicting and understanding consumer
behavior: attitude-behavior correspondence. Understanding Attitudes Predict. Soc.
Behav. 1, 148–172.

Fishburn, P. C. (1968). Utility theory. Manag. Sci. 14, 335–378. doi: 10.1287/
mnsc.14.5.335

Frisch, D., and Clemen, R. T. (1994). Beyond expected utility: rethinking
behavioral decision research. Psychol. Bull. 116:46. doi: 10.1037/0033-2909.116.
1.46

Gabbay, D. M., Woods, J., and Thagard, P. (2006). Philosophy of Psychology and
Cognitive Science. Amsterdam: Elsevier.

Gao, L., and Waechter, K. A. (2017). Examining the role of initial trust in user
adoption of mobile payment services: an empirical investigation. Inform. Syst.
Front. 19, 525–548. doi: 10.1007/s10796-015-9611-0

Gao, S., Mokhtarian, P. L., and Johnston, R. A. (2008). Nonnormality of data in
structural equation models. Transportat. Res. Record 2082, 116–124. doi: 10.3141/
2082-14

Gao, Y., Wang, J., and Liu, C. (2021). Social media’s effect on fitness behavior
intention: perceived value as a mediator. Soc. Behav. Pers. Int. J. 49, 1–11. doi:
10.2224/sbp.10300

Ghosh, A. (2011). Power distance in organizational contexts-a review of
collectivist cultures. Ind. J. Industrial Relat. 47, 89–101.

Gilbert, S., and Loi, H. (2018). Digital currency risk. Int. J. Econ. Finance 10,
108–123. doi: 10.5539/ijef.v10n2p108

Gorsuch, R. L. (1990). Common factor analysis versus component analysis:
some well and little known facts. Multivariate Behav. Res. 25, 33–39. doi: 10.1207/
s15327906mbr2501_3

Gunzler, D., Chen, T., Wu, P., and Zhang, H. (2013). Introduction to mediation
analysis with structural equation modeling. Shanghai Arch. Psychiatry 25, 390–394.

Gupta, A., and Arora, N. (2017). Consumer adoption of m-banking: a behavioral
reasoning theory perspective. Int. J. Bank Mark. 35, 733–747. doi: 10.1108/IJBM-
11-2016-0162

Hair, J. F., Black, W. C., Babin, B. J., and Anderson, R. E. (2018). Multivariate
Data Analysis, 8th Edn. Boston, MA: Cengage Learning.

Hair, J. F., Risher, J. J., Sarstedt, M., and Ringle, C. M. (2019). When to use and
how to report the results of PLS-SEM. Eur. Bus. Rev. 31, 2–24. doi: 10.1108/EBR-
11-2018-0203

Hansen, K. A., Hillenbrand, S. F., and Ungerleider, L. G. (2012). Effects of prior
knowledge on decisions made under perceptual vs. categorical uncertainty. Front.
Neurosci. 6:163. doi: 10.3389/fnins.2012.00163

Hasan, R., Ashfaq, M., and Shao, L. (2021). Evaluating drivers of fintech
adoption in the Netherlands. Glob. Bus. Rev. doi: 10.1177/09721509211027402
[Epub ahead of print].

Hasan, S. Z., Ayub, H., Ellahi, A., and Saleem, M. (2022). A moderated mediation
model of factors influencing intention to adopt cryptocurrency among university
students. Hum. Behav. Emerg. Technol. 2022:9718920. doi: 10.1155/2022/9718920

Hastings, J. S., Madrian, B. C., and Skimmyhorn, W. L. (2012). Financial
Literacy, Financial Education and Economic Outcomes. NBER Working Paper,
18412. Cambridge, MA: NBER. doi: 10.3386/w18412

He, J., and Wang, C. L. (2017). How global brands incorporating local cultural
elements increase consumer purchase likelihood: an empirical study in China. Int.
Market. Rev. 34, 463–479. doi: 10.1108/IMR-08-2014-0272

Helander, N., and Ulkuniemi, P. (2012). Customer perceived value in the
software business. J. High Technol. Manag. Res. 23, 26–35. doi: 10.1016/j.hitech.
2012.03.003

Helm, B. W. (1994). The significance of emotions. Am. Philos. Q. 31, 319–331.

Heo, M., Kim, N., and Faith, M. S. (2015). Statistical power as a function of
Cronbach alpha of instrument questionnaire items. BMC Med. Res. Methodol.
15:86. doi: 10.1186/s12874-015-0070-6

Hernandez-Ortega, B., Aldas-Manzano, J., Ruiz-Mafe, C., and Sanz-Blas, S.
(2017). Perceived value of advanced mobile messaging services: a cross-cultural
comparison of Greek and Spanish users. Inform. Technol. People 30, 324–355.
doi: 10.1108/ITP-01-2014-0017

Ho, J. C., Wu, C. G., Lee, C. S., and Pham, T. T. T. (2020). Factors affecting
the behavioral intention to adopt mobile banking: an international comparison.
Technol. Soc. 63:101360. doi: 10.1016/j.techsoc.2020.101360

Hofstede, G. (2004). Business goals and corporate governance.
Asia Pacific Bus. Rev. 10, 292–301. doi: 10.1080/136023804200026
4379

Hofstede, G. (2007). Asian management in the 21st century. Asia Pacific J.
Manag. 24, 411–420. doi: 10.1007/s10490-007-9049-0

Hofstede, G. (2011). Dimensionalizing cultures: the Hofstede model in context.
Online Read. Psychol. Cult. 2, 2307–2919. doi: 10.9707/2307-0919.1014

Hofstede, G., and Minkov, M. (2010). Long-versus short-term orientation: new
perspectives. Asia Pacific Bus. Rev. 16, 493–504. doi: 10.1080/13602381003637609

Hölscher, C., and Strube, G. (2000). Web search behavior of Internet experts and
newbies. Comput. Netw. 33, 337–346. doi: 10.1016/S1389-1286(00)00031-1

Hong, J. C., Lin, P. H., and Hsieh, P. C. (2017). The effect of consumer
innovativeness on perceived value and continuance intention to use smartwatch.
Comput. Hum. Behav. 67, 264–272. doi: 10.1016/j.chb.2016.11.001

Hsu, H. H., and Chang, Y. Y. (2013). Extended TAM model: impacts of
convenience on acceptance and use of Moodle. US-China Educ. Rev. A 3, 211–218.

Hu, L., and Bentler, P. M. (1999). Cutoff criteria for fit indexes in covariance
structure analysis: conventional criteria versus new alternatives. Struct. Equ.
Model. 6, 1–55. doi: 10.1080/10705519909540118

Huang, M. H. (2001). The theory of emotions in marketing. J. Bus. Psychol. 16,
239–247. doi: 10.1023/A:1011109200392

Huang, Y., and Wang, X. (2017). Building an efficient financial system in China:
a need for stronger market discipline. Asian Econ. Policy Rev. 12, 188–205. doi:
10.1111/aepr.12173

Hulland, J. (1999). Use of partial least squares (PLS) in strategic management
research: a review of four recent studies. Strategic Manag. J. 20, 195–204. doi:
10.1002/(SICI)1097-0266(199902)20:2<195::AID-SMJ13>3.0.CO;2-7

Iacobucci, D. (2010). Structural equations modeling: fit indices, sample size, and
advanced topics. J. Consum. Psychol. 20, 90–98. doi: 10.1016/j.jcps.2009.09.003

Islam, M., Low, P. K. C., and Hasan, I. (2013). Intention to use advanced
mobile phone services (AMPS). Manag. Decision 51, 824–838. doi: 10.1108/
00251741311326590

Izard, C. E. (2009). Emotion theory and research: highlights, unanswered
questions, and emerging issues. Annu. Rev. Psychol. 60, 1–25. doi: 10.1146/
annurev.psych.60.110707.163539

Joo, J. (2018). Factors affecting intentions to use internet-only bank in
South Korea: implications of service convenience and social influence. J. Serv. Res.
Stud. 8, 77–94.

Joreskog, K. G., and Sorbom, D. (1982). Recent developments in structural
equation modeling. J. Mark. Res. 19, 404–416. doi: 10.1177/002224378201900402

Kahneman, D., and Tversky, A. (1979). Prospect theory: an analysis of decision
under risk. Econometrica 47, 263–292. doi: 10.2307/1914185

Kang, Y. S., and Choi, B. (2019). Effects of emotions on intention to use in
online financial counseling service: moderating roles of agent type and subjective
financial knowledge. Knowledge Manag. Res. 20, 99–118.

Karimi, S., Papamichail, K. N., and Holland, C. P. (2015). The
effect of prior knowledge and decision-making style on the online
purchase decision-making process: a typology of consumer shopping
behaviour. Decision Support Syst. 77, 137–147. doi: 10.1016/j.dss.2015.
06.004

Frontiers in Psychology 19 frontiersin.org

https://doi.org/10.3389/fpsyg.2022.928735
https://doi.org/10.1007/s10796-017-9774-y
https://doi.org/10.1037/h0030377
https://doi.org/10.2307/1884324
https://doi.org/10.11648/j.ajtas.20160501.11
https://doi.org/10.11648/j.ajtas.20160501.11
https://doi.org/10.1080/02650487.2002.11104926
https://doi.org/10.1080/02650487.2002.11104926
https://doi.org/10.1037/1082-989X.4.3.272
https://doi.org/10.1080/10705519909540119
https://doi.org/10.1177/1470593109346894
https://doi.org/10.1287/mnsc.14.5.335
https://doi.org/10.1287/mnsc.14.5.335
https://doi.org/10.1037/0033-2909.116.1.46
https://doi.org/10.1037/0033-2909.116.1.46
https://doi.org/10.1007/s10796-015-9611-0
https://doi.org/10.3141/2082-14
https://doi.org/10.3141/2082-14
https://doi.org/10.2224/sbp.10300
https://doi.org/10.2224/sbp.10300
https://doi.org/10.5539/ijef.v10n2p108
https://doi.org/10.1207/s15327906mbr2501_3
https://doi.org/10.1207/s15327906mbr2501_3
https://doi.org/10.1108/IJBM-11-2016-0162
https://doi.org/10.1108/IJBM-11-2016-0162
https://doi.org/10.1108/EBR-11-2018-0203
https://doi.org/10.1108/EBR-11-2018-0203
https://doi.org/10.3389/fnins.2012.00163
https://doi.org/10.1177/09721509211027402
https://doi.org/10.1155/2022/9718920
https://doi.org/10.3386/w18412
https://doi.org/10.1108/IMR-08-2014-0272
https://doi.org/10.1016/j.hitech.2012.03.003
https://doi.org/10.1016/j.hitech.2012.03.003
https://doi.org/10.1186/s12874-015-0070-6
https://doi.org/10.1108/ITP-01-2014-0017
https://doi.org/10.1016/j.techsoc.2020.101360
https://doi.org/10.1080/1360238042000264379
https://doi.org/10.1080/1360238042000264379
https://doi.org/10.1007/s10490-007-9049-0
https://doi.org/10.9707/2307-0919.1014
https://doi.org/10.1080/13602381003637609
https://doi.org/10.1016/S1389-1286(00)00031-1
https://doi.org/10.1016/j.chb.2016.11.001
https://doi.org/10.1080/10705519909540118
https://doi.org/10.1023/A:1011109200392
https://doi.org/10.1111/aepr.12173
https://doi.org/10.1111/aepr.12173
https://doi.org/10.1002/(SICI)1097-0266(199902)20:2<195::AID-SMJ13>3.0.CO;2-7
https://doi.org/10.1002/(SICI)1097-0266(199902)20:2<195::AID-SMJ13>3.0.CO;2-7
https://doi.org/10.1016/j.jcps.2009.09.003
https://doi.org/10.1108/00251741311326590
https://doi.org/10.1108/00251741311326590
https://doi.org/10.1146/annurev.psych.60.110707.163539
https://doi.org/10.1146/annurev.psych.60.110707.163539
https://doi.org/10.1177/002224378201900402
https://doi.org/10.2307/1914185
https://doi.org/10.1016/j.dss.2015.06.004
https://doi.org/10.1016/j.dss.2015.06.004
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/


fpsyg-13-928735 August 1, 2022 Time: 15:11 # 20

Wu et al. 10.3389/fpsyg.2022.928735

Karjaluoto, H., Shaikh, A. A., Saarijärvi, H., and Saraniemi, S. (2019). How
perceived value drives the use of mobile financial services apps. Int. J. Inform.
Manag. 47, 252–261. doi: 10.1016/j.ijinfomgt.2018.08.014

Kato, T. (2021). Functional value vs emotional value: a comparative study of the
values that contribute to a preference for a corporate brand. Int. J. Inform. Manag.
Data Insights 1:100024. doi: 10.1016/j.jjimei.2021.100024

Kenny, D. A., Kaniskan, B., and McCoach, D. B. (2015). The performance
of RMSEA in models with small degrees of freedom. Sociol. Methods Res. 44,
486–507. doi: 10.1177/0049124114543236

Kenny, D. A., and McCoach, D. B. (2003). Effect of the number of variables on
measures of fit in structural equation modeling. Struct. Equ. Model. 10, 333–351.
doi: 10.1207/S15328007SEM1003_1

Khan, I. U., Hameed, Z., and Hamayun, M. (2019). Investigating the acceptance
of electronic banking in the rural areas of Pakistan: an application of the unified
model. Bus. Econ. Rev. 11, 57–87. doi: 10.22547/BER/11.3.3

Khan, S. N., and Mohsin, M. (2017). The power of emotional value: exploring
the effects of values on green product consumer choice behavior. J. Clean. Product.
150, 65–74. doi: 10.1016/j.jclepro.2017.02.187

Khatimah, H., and Halim, F. (2014). Consumers’ intention to use e-money
in Indonesia based on Unified Theory of Acceptance and Use of Technology
(UTAUT). Am.-Eurasian J. Sustain. Agric. 8, 34–40.

Kim, H. W., Chan, H. C., and Gupta, S. (2007). Value-based adoption of
mobile internet: an empirical investigation. Decision Support Syst. 43, 111–126.
doi: 10.1016/j.dss.2005.05.009

Kim, Y., Park, Y. J., Choi, J., and Yeon, J. (2015). An empirical study on the
adoption of “Fintech” service: focused on mobile payment services. Adv. Sci.
Technol. Lett. 114, 136–140. doi: 10.14257/astl.2015.114.26

Kline, R. B. (2016). Principles and Practice of Structural Equation Modeling.
New York, NY: The Guilford Press.

Kock, N., and Hadaya, P. (2018). Minimum sample size estimation in PLS-
SEM: the inverse square root and gamma-exponential methods. Inform. Syst. J.
28, 227–261. doi: 10.1111/isj.12131

Krejcie, R. V., and Morgan, D. W. (1970). Determining sample size for
research activities. Educ. Psychol. Meas. 30, 607–610. doi: 10.1177/0013164470030
00308

Kulviwat, S., Bruner, G. C. 2nd., Kumar, A., Nasco, S. A., and Clark, T. (2007).
Toward a unified theory of consumer acceptance technology. Psychol. Market. 24,
1059–1084. doi: 10.1002/mar.20196

Kumar, S., and Karlina, L. (2020). Intention to use credit card among college
students in Greater Jakarta. J. Appl. Account. Finance 4, 49–59. doi: 10.33021/jaaf.
v4i1.1227

Kwateng, K. O., Atiemo, K. A. O., and Appiah, C. (2019). Acceptance and use
of mobile banking: an application of UTAUT2. J. Enterprise Inform. Manag. 32,
118–151. doi: 10.1108/JEIM-03-2018-0055

Kwon, H. H., Trail, G., and James, J. D. (2007). The mediating role of perceived
value: team identification and purchase intention of team-licensed apparel. J. Sport
Manag. 21, 540–554. doi: 10.1123/jsm.21.4.540

Lai, P. C., and Liew, E. J. (2021). Towards a cashless society: the effects
of perceived convenience and security on gamified mobile payment platform
adoption. Australasian J. Inform. Syst. 25, 1–25. doi: 10.3127/ajis.v25i0.2809

Land, K. C. (1969). Principles of path analysis. Sociol. Methodol. 1, 3–37. doi:
10.2307/270879

Lassar, W. M., Manolis, C., and Lassar, S. S. (2005). The relationship between
consumer innovativeness, personal characteristics, and online banking adoption.
Int. J. Bank Mark. 23, 176–199. doi: 10.1108/02652320510584403

Latimer, P., and Duffy, M. (2019). Deconstructing digital currency and its risks:
why ASIC must rise to the regulatory challenge. Federal Law Rev. 47, 121–150.
doi: 10.1177/0067205X18816237

Lee, C. K., Yoon, Y. S., and Lee, S. K. (2007). Investigating the relationships
among perceived value, satisfaction, and recommendations: the case of the Korean
DMZ. Tourism Manag. 28, 204–214. doi: 10.1016/j.tourman.2005.12.017

Lee, D. K. C., Yan, L., and Wang, Y. (2021). A global perspective on central
bank digital currency. China Econ. J. 14, 52–66. doi: 10.1080/17538963.2020.187
0279

Lee, S., Cho, C., Choi, J., and Yoon, B. (2017). R&D project selection
incorporating customer-perceived value and technology potential: the case of the
automobile industry. Sustainability 9:1918. doi: 10.3390/su9101918

Lee, Y., Kozar, K., and Larsen, K. (2003). The technology acceptance model:
past, present, and future. Commun. Assoc. Inform. Syst. 12, 752–780. doi: 10.17705/
1CAIS.01250

Legris, P., Ingham, J., and Collerette, P. (2003). Who do people use information
technology? A critical review of the technology acceptance model. Inform. Manag.
40, 191–204. doi: 10.1016/S0378-7206(01)00143-4

Lei, M., and Lomax, R. G. (2005). The effect of varying degrees of nonnormality
in structural equation modeling. Struct. Equ. Model. 12, 1–27. doi: 10.1207/
s15328007sem1201_1

Li, S., and Huang, Y. (2021). The genesis, design and implications of China’s
central bank digital currency. China Econ. J. 14, 67–77. doi: 10.1080/17538963.
2020.1870273

Li, W., and Yang, L. (2020). China’s 13th and 14th five-year plans: review and
advice. China Econ. 15, 2–36.

Li, Y. (2019). Emerging blockchain-based applications and techniques. Serv.
Oriented Comput. Appl. 13, 279–285. doi: 10.1007/s11761-019-00281-x

Lim, S. H., Kim, D. J., Hur, Y., and Park, K. (2019). An empirical study of
the impacts of perceived security and knowledge on continuous intention to use
mobile fintech payment services. Int. J. Hum. Comput. Interact. 35, 886–898.
doi: 10.1080/10447318.2018.1507132

Lim, T. S., Mail, R., Abd Karim, M. R., Ulum, Z. K. A. B., Jaidi, J., and Noordin,
R. (2018). A serial mediation model of financial knowledge on the intention to
invest: the central role of risk perception and attitude. J. Behav. Exp. Finance 20,
74–79. doi: 10.1016/j.jbef.2018.08.001

Lin, K. Y., Wang, Y. T., and Huang, T. K. (2020). Exploring the antecedents
of mobile payment service usage: perspectives based on cost–benefit theory,
perceived value, and social influences. Online Inform. Rev. 44, 299–318. doi: 10.
1108/OIR-05-2018-0175

Liu, F., Kanso, A., Zhang, Y., and Olaru, D. (2019). Culture, perceived value, and
advertising acceptance: a cross-cultural study on mobile advertising. J. Promot.
Manag. 25, 1028–1058. doi: 10.1080/10496491.2019.1612495

Lu, L. (2018). Decoding Alipay: mobile payments, a cashless society and
regulatory challenges. Butterworths J. Int. Banking Financial Law 33, 40–43.

Lu, L., and Chen, H. (2021). Digital Yuan: the practice and regulation of China’s
Central Bank Digital Currency (CBDC). Butterworths J. Int. Banking Financial
Law 36, 601–603.

Luarn, P., and Lin, H. H. (2005). Toward an understanding of the behavioral
intention to use mobile banking. Comput. Hum. Behav. 21, 873–891. doi: 10.1016/
j.chb.2004.03.003

Lusardi, A., and Mitchell, O. S. (2014). The economic importance of financial
literacy: theory and evidence. J. Econ. Literature 52, 5–44. doi: 10.1257/jel.52.1.5

MacCallum, R. C., Browne, M. W., and Sugawara, H. M. (1996). Power analysis
and determination of sample size for covariance structure modeling. Psychol.
Methods 1, 130–149. doi: 10.1037/1082-989X.1.2.130

Marsh, H. W., Balla, J. R., and McDonald, R. P. (1988). Goodness-of-fit indexes
in confirmatory factor analysis: the effect of sample size. Psychol. Bull. 103,
391–410. doi: 10.1037/0033-2909.103.3.391

Matsuura, J. H. (2016). Digital Currency: An International Legal and
Regulatory Compliance Guide. Sharjah: Bentham Science Publishers. doi: 10.2174/
97816810822331160101

Matthes, J. M., and Ball, A. D. (2019). Discriminant validity assessment in
marketing research. Int. J. Mark. Res. 61, 210–222. doi: 10.1177/1470785318793263

McGrath, C., and Zell, D. (2001). The future of innovation diffusion research
and its implications for management: a conversation with Everett Rogers.
J. Manag. Inquiry 10, 386–391. doi: 10.1177/1056492601104012

Memon, M. A., Ting, H., Cheah, J. H., Thurasamy, R., Chuah, F., and Cham,
T. H. (2020). Sample size for survey research: review and recommendations.
J. Appl. Struct. Equ. Model. 4, 1–20. doi: 10.47263/JASEM.4(2)01

Modongal, S. (2016). Development of nationalism in China. Cogent Soc. Sci.
2:1235749. doi: 10.1080/23311886.2016.1235749

Morgenstern, O., and Von Neumann, J. (1953). Theory of Games and Economic
Behavior. Princeton, NJ: Princeton university press.

Mulligan, K. (1998). From appropriate emotions to values. Monist 81, 161–188.
doi: 10.5840/monist199881114

Muslichah, I., and Sanusi, S. (2020). The effect of religiosity and financial literacy
on intention to use Islamic banking products. Asian J. Islamic Manag. 1, 85–92.
doi: 10.20885/ajim.vol1.iss2.art2

Ngai, E. W. T., Poon, J. K. L., and Chan, Y. H. C. (2007). Empirical examination
of the adoption of WebCT using TAM. Comput. Educ. 48, 250–267. doi: 10.1016/
j.compedu.2004.11.007

Novendra, R., and Gunawan, F. E. (2017). Analysis of Technology Acceptance
and Customer Trust in Bitcoin in INDONESIA Using UTAUT Framework. Jakarta:
KSII Transactions on Internet and Information Systems, 1–18.

Frontiers in Psychology 20 frontiersin.org

https://doi.org/10.3389/fpsyg.2022.928735
https://doi.org/10.1016/j.ijinfomgt.2018.08.014
https://doi.org/10.1016/j.jjimei.2021.100024
https://doi.org/10.1177/0049124114543236
https://doi.org/10.1207/S15328007SEM1003_1
https://doi.org/10.22547/BER/11.3.3
https://doi.org/10.1016/j.jclepro.2017.02.187
https://doi.org/10.1016/j.dss.2005.05.009
https://doi.org/10.14257/astl.2015.114.26
https://doi.org/10.1111/isj.12131
https://doi.org/10.1177/001316447003000308
https://doi.org/10.1177/001316447003000308
https://doi.org/10.1002/mar.20196
https://doi.org/10.33021/jaaf.v4i1.1227
https://doi.org/10.33021/jaaf.v4i1.1227
https://doi.org/10.1108/JEIM-03-2018-0055
https://doi.org/10.1123/jsm.21.4.540
https://doi.org/10.3127/ajis.v25i0.2809
https://doi.org/10.2307/270879
https://doi.org/10.2307/270879
https://doi.org/10.1108/02652320510584403
https://doi.org/10.1177/0067205X18816237
https://doi.org/10.1016/j.tourman.2005.12.017
https://doi.org/10.1080/17538963.2020.1870279
https://doi.org/10.1080/17538963.2020.1870279
https://doi.org/10.3390/su9101918
https://doi.org/10.17705/1CAIS.01250
https://doi.org/10.17705/1CAIS.01250
https://doi.org/10.1016/S0378-7206(01)00143-4
https://doi.org/10.1207/s15328007sem1201_1
https://doi.org/10.1207/s15328007sem1201_1
https://doi.org/10.1080/17538963.2020.1870273
https://doi.org/10.1080/17538963.2020.1870273
https://doi.org/10.1007/s11761-019-00281-x
https://doi.org/10.1080/10447318.2018.1507132
https://doi.org/10.1016/j.jbef.2018.08.001
https://doi.org/10.1108/OIR-05-2018-0175
https://doi.org/10.1108/OIR-05-2018-0175
https://doi.org/10.1080/10496491.2019.1612495
https://doi.org/10.1016/j.chb.2004.03.003
https://doi.org/10.1016/j.chb.2004.03.003
https://doi.org/10.1257/jel.52.1.5
https://doi.org/10.1037/1082-989X.1.2.130
https://doi.org/10.1037/0033-2909.103.3.391
https://doi.org/10.2174/97816810822331160101
https://doi.org/10.2174/97816810822331160101
https://doi.org/10.1177/1470785318793263
https://doi.org/10.1177/1056492601104012
https://doi.org/10.47263/JASEM.4(2)01
https://doi.org/10.1080/23311886.2016.1235749
https://doi.org/10.5840/monist199881114
https://doi.org/10.20885/ajim.vol1.iss2.art2
https://doi.org/10.1016/j.compedu.2004.11.007
https://doi.org/10.1016/j.compedu.2004.11.007
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/


fpsyg-13-928735 August 1, 2022 Time: 15:11 # 21

Wu et al. 10.3389/fpsyg.2022.928735

Nurlaily, F., Aini, E. K., and Asmoro, P. S. (2021). Understanding the FinTech
continuance intention of Indonesian users: the moderating effect of gender. Bus.
Theory Pract. 22, 290–298. doi: 10.3846/btp.2021.13880

Pakrou, M., and Amir, K. (2016). The relationship between perceived value and
the intention of using bitcoin. J. Internet Banking Commerce 21:187.

Pal, A., Herath, T., De, R., and Rao, H. R. (2021). Is the convenience worth the
risk? An investigation of mobile payment usage. Inform. Syst. Front. 23, 941–961.
doi: 10.1007/s10796-020-10070-z

Parash, M. H., Suki, N. M., Shimmi, S. C., Hossain, A. B. M. T., and Murthy,
K. D. (2020). Examining students’ intention to perform voluntary blood donation
using a theory of planned behaviour: a structural equation modelling approach.
Transfus. Clin. Biol. 27, 70–77. doi: 10.1016/j.tracli.2020.02.002

Peters, M. A., Green, B., and Yang, H. (2020). Cryptocurrencies, China’s
sovereign digital currency (DCEP) and the US dollar system. Educ. Philos. Theory
1–7. doi: 10.1080/00131857.2020.1801146 [Epub ahead of print].

Petrick, J. F. (2002). Development of a multi-dimensional scale for measuring
the perceived value of a service. J. Leisure Res. 34, 119–134. doi: 10.1080/00222216.
2002.11949965

Petrick, J. F. (2004). First timers’ and repeaters’ perceived value. J. Travel Res. 43,
29–38. doi: 10.1177/0047287504265509

Plutchik, R. (2001). The nature of emotions: human emotions have deep
evolutionary roots, a fact that may explain their complexity and provide tools for
clinical practice. Am. Sci. 89, 344–350.

Podile, V., and Rajesh, P. (2017). Public perception on cashless transactions
in India. Asian J. Res. Banking Finance 7, 63–77. doi: 10.5958/2249-
7323.2017.00069.4

Polonsky, M. J., Renzaho, A. M., Ferdous, A. S., and McQuilten, Z.
(2013). African culturally and linguistically diverse communities’ blood donation
intentions in Australia: integrating knowledge into the theory of planned behavior.
Transfusion 53, 1475–1486. doi: 10.1111/j.1537-2995.2012.03915.x

Ponte, E. B., Carvajal-Trujillo, E., and Escobar-Rodríguez, T. (2015). Influence
of trust and perceived value on the intention to purchase travel online: integrating
the effects of assurance on trust antecedents. Tourism Manag. 47, 286–302. doi:
10.1016/j.tourman.2014.10.009

Poo, M. M. (2021). Innovation and reform: China’s 14th Five-Year Plan unfolds.
Natl. Sci. Rev. 8:nwaa294. doi: 10.1093/nsr/nwaa294

Prodanova, J., Ciunova-Shuleska, A., and Palamidovska-Sterjadovska, N.
(2019). Enriching m-banking perceived value to achieve reuse intention. Mark.
Intell. Plann. 37, 617–630. doi: 10.1108/MIP-11-2018-0508

Pura, M. (2005). Linking perceived value and loyalty in location-based mobile
services. Manag. Serv. Qual. Int. J. 15, 509–538. doi: 10.1108/09604520510634005

Puto, C. P. (1987). The framing of buying decisions. J. Consumer Res. 14,
301–315. doi: 10.1086/209115

Qian, Y. (2019). Central Bank Digital Currency: optimization of the currency
system and its issuance design. China Econ. J. 12, 1–15. doi: 10.1080/17538963.
2018.1560526

Rao, A. R., and Monroe, K. B. (1988). The moderating effect of prior knowledge
on cue utilization in product evaluations. J. Consum. Res. 15, 253–264. doi: 10.
1086/209162

Rogers, E. M. (1995). “Diffusion of innovations: Modifications of a
model for telecommunications,” in Die Diffusion von Innovationen in der
Telekommunikation, eds M. W. Stoetzer and A. Mahler (Berlin: Springer), 25–38.
doi: 10.1007/978-3-642-79868-9_2

Rogers, E. M. (2002). Diffusion of preventive innovations. Addict. Behav. 27,
989–993. doi: 10.1016/S0306-4603(02)00300-3

Roig, J. C. F., Garcia, J. S., Tena, M. A. M., and Monzonis, J. L. (2006).
Customer perceived value in banking services. Marketing 24, 266–283. doi: 10.
1108/02652320610681729

Roscoe, J. T., and Byars, J. A. (1971). An investigation of the restraints with
respect to sample size commonly imposed on the use of the chi-square statistic.
J. Am. Stat. Assoc. 66, 755–759. doi: 10.1080/01621459.1971.10482341

Rossiter, J. R. (2002). The C-OAR-SE procedure for scale development
in marketing. Int. J. Res. Mark. 19, 305–335. doi: 10.1016/S0167-8116(02)00
097-6

Rucker, D. D., Preacher, K. J., Tormala, Z. L., and Petty, R. E. (2011). Mediation
analysis in social psychology: current practices and new recommendations. Soc.
Pers. Psychol. Compass 5, 359–371. doi: 10.1111/j.1751-9004.2011.00355.x

Samudrala, R. S., and Yerchuru, S. K. (2021). Central bank digital currency:
risks, challenges and design considerations for India. CSI Trans. ICT 9, 245–249.
doi: 10.1007/s40012-021-00344-5

Sanchez, J., Callarisa, L., Rodriguez, R. M., and Moliner, M. A. (2006). Perceived
value of the purchase of a tourism product. Tourism Manag. 27, 394–409. doi:
10.1016/j.tourman.2004.11.007

Sánchez-Fernández, R., and Iniesta-Bonillo, M. A. (2007). The concept of
perceived value: a systematic review of the research. Mark. Theory 7, 427–451.
doi: 10.1177/1470593107083165

Schoemaker, P. J. (1982). The expected utility model: its variants, purposes,
evidence and limitations. J. Econ. Literature 20, 529–563.

Schumacker, R. E., and Lomax, R. G. (2010). A Beginner’s Guide to Structural
Equation Modeling, 3rd Edn. New York, NY: Routledge Academic.

Shafiq, R., Raza, I., and Zia-ur-Rehman, M. (2011). Analysis of the factors
affecting customers purchase intention: the mediating role of perceived value. Afr.
J. Bus. Manag. 5, 10577–10585. doi: 10.5897/AJBM10.1088

Sharma, S., Mukherjee, S., Kumar, A., and Dillon, W. R. (2005). A simulation
study to investigate the use of cutoff values for assessing model fit in
covariance structure models. J. Bus. Res. 58, 935–943. doi: 10.1016/j.jbusres.2003.
10.007

Shen, W., and Hou, L. (2021). China’s central bank digital currency and
its impacts on monetary policy and payment competition: game changer or
regulatory toolkit? Comput. Law Security Rev. 41:105577. doi: 10.1016/j.clsr.2021.
105577

Shrestha, N. (2021). Factor analysis as a tool for survey analysis. Am. J. Appl.
Math. Stat. 9, 4–11. doi: 10.12691/ajams-9-1-2

Simarmata, M. T., and Hia, I. J. (2020). The role of personal innovativeness on
behavioral intention of information technology. J. Econ. Bus. 1, 18–29.

Singh, R. (2009). Does my structural model represent the real phenomenon?:
a review of the appropriate use of Structural Equation Modelling (SEM)
model fit indices. Mark. Rev. 9, 199–212. doi: 10.1362/146934709X46
7767

Singh, S., Sahni, M. M., and Kovid, R. K. (2021). Exploring trust and
responsiveness as antecedents for intention to use FinTech services. Int. J. Econ.
Bus. Res. 21, 254–268. doi: 10.1504/IJEBR.2021.113152

Sirohi, N., McLaughlin, E. W., and Wittink, D. R. (1998). A model of consumer
perceptions and store loyalty intentions for a supermarket retailer. J. Retail. 74,
223–245. doi: 10.1016/S0022-4359(99)80094-3

Smith, A., and Weismann, M. F. (2014). Are you ready for digital currency?
J. Corporate Account. Finance 26, 17–21. doi: 10.1002/jcaf.21999

Stolper, O. A., and Walter, A. (2017). Financial literacy, financial advice, and
financial behavior. J. Bus. Econ. 87, 581–643. doi: 10.1007/s11573-017-0853-9

Straub, D., Keil, M., and Brenner, W. (1997). Testing the technology acceptance
model across cultures: a three country study. Inform. Manag. 33, 1–11. doi: 10.
1016/S0378-7206(97)00026-8

Strongman, K. T. (1996). The Psychology of Emotion: Theories of Emotion in
Perspective. Hoboken, NJ: John Wiley & Sons.

Swait, J., and Sweeney, J. C. (2000). Perceived value and its impact on choice
behavior in a retail setting. J. Retail. Consum. Serv. 7, 77–88. doi: 10.1016/S0969-
6989(99)00012-0

Sweeney, J. C., and Soutar, G. N. (2001). Consumer perceived value: the
development of a multiple item scale. J. Retail. 77, 203–220. doi: 10.1016/S0022-
4359(01)00041-0

Taber, K. S. (2018). The use of Cronbach’s alpha when developing and reporting
research instruments in science education. Res. Sci. Educ. 48, 1273–1296. doi:
10.1007/s11165-016-9602-2

Tan, B. S., and Low, K. Y. (2017). Bitcoin–its economics for financial reporting.
Australian Account. Rev. 27, 220–227. doi: 10.1111/auar.12167

Tanaka, J. S., and Huba, G. J. (1985). A fit index for covariance structure under
arbitrary GLS estimation. J. Br. J. Math. Stat. Psychol. 38, 197–201. doi: 10.1111/j.
2044-8317.1985.tb00834.x

Tavakol, M., and Dennick, R. (2011). Making sense of Cronbach’s alpha. Int. J.
Med. Educ. 2, 53–55. doi: 10.5116/ijme.4dfb.8dfd

Teo, A. C., Tan, G. W. H., Ooi, K. B., Hew, T. S., and Yew, K. T. (2015). The
effects of convenience and speed in m-payment. Industrial Manag. Data Syst. 115,
311–331. doi: 10.1108/IMDS-08-2014-0231

Teo, T. (2006). Attitudes toward computers: a study of post-secondary
students in Singapore. Interact. Learn. Environ. 14, 17–24. doi: 10.1080/
10494820600616406

Tomkins, S. S. (1970). “Affects as primary motivational system,” in Feelings and
Emotions, ed. M. B. Arnold (New York: Academic Press), 101–110. doi: 10.1016/
B978-0-12-063550-4.50013-9

Frontiers in Psychology 21 frontiersin.org

https://doi.org/10.3389/fpsyg.2022.928735
https://doi.org/10.3846/btp.2021.13880
https://doi.org/10.1007/s10796-020-10070-z
https://doi.org/10.1016/j.tracli.2020.02.002
https://doi.org/10.1080/00131857.2020.1801146
https://doi.org/10.1080/00222216.2002.11949965
https://doi.org/10.1080/00222216.2002.11949965
https://doi.org/10.1177/0047287504265509
https://doi.org/10.5958/2249-7323.2017.00069.4
https://doi.org/10.5958/2249-7323.2017.00069.4
https://doi.org/10.1111/j.1537-2995.2012.03915.x
https://doi.org/10.1016/j.tourman.2014.10.009
https://doi.org/10.1016/j.tourman.2014.10.009
https://doi.org/10.1093/nsr/nwaa294
https://doi.org/10.1108/MIP-11-2018-0508
https://doi.org/10.1108/09604520510634005
https://doi.org/10.1086/209115
https://doi.org/10.1080/17538963.2018.1560526
https://doi.org/10.1080/17538963.2018.1560526
https://doi.org/10.1086/209162
https://doi.org/10.1086/209162
https://doi.org/10.1007/978-3-642-79868-9_2
https://doi.org/10.1016/S0306-4603(02)00300-3
https://doi.org/10.1108/02652320610681729
https://doi.org/10.1108/02652320610681729
https://doi.org/10.1080/01621459.1971.10482341
https://doi.org/10.1016/S0167-8116(02)00097-6
https://doi.org/10.1016/S0167-8116(02)00097-6
https://doi.org/10.1111/j.1751-9004.2011.00355.x
https://doi.org/10.1007/s40012-021-00344-5
https://doi.org/10.1016/j.tourman.2004.11.007
https://doi.org/10.1016/j.tourman.2004.11.007
https://doi.org/10.1177/1470593107083165
https://doi.org/10.5897/AJBM10.1088
https://doi.org/10.1016/j.jbusres.2003.10.007
https://doi.org/10.1016/j.jbusres.2003.10.007
https://doi.org/10.1016/j.clsr.2021.105577
https://doi.org/10.1016/j.clsr.2021.105577
https://doi.org/10.12691/ajams-9-1-2
https://doi.org/10.1362/146934709X467767
https://doi.org/10.1362/146934709X467767
https://doi.org/10.1504/IJEBR.2021.113152
https://doi.org/10.1016/S0022-4359(99)80094-3
https://doi.org/10.1002/jcaf.21999
https://doi.org/10.1007/s11573-017-0853-9
https://doi.org/10.1016/S0378-7206(97)00026-8
https://doi.org/10.1016/S0378-7206(97)00026-8
https://doi.org/10.1016/S0969-6989(99)00012-0
https://doi.org/10.1016/S0969-6989(99)00012-0
https://doi.org/10.1016/S0022-4359(01)00041-0
https://doi.org/10.1016/S0022-4359(01)00041-0
https://doi.org/10.1007/s11165-016-9602-2
https://doi.org/10.1007/s11165-016-9602-2
https://doi.org/10.1111/auar.12167
https://doi.org/10.1111/j.2044-8317.1985.tb00834.x
https://doi.org/10.1111/j.2044-8317.1985.tb00834.x
https://doi.org/10.5116/ijme.4dfb.8dfd
https://doi.org/10.1108/IMDS-08-2014-0231
https://doi.org/10.1080/10494820600616406
https://doi.org/10.1080/10494820600616406
https://doi.org/10.1016/B978-0-12-063550-4.50013-9
https://doi.org/10.1016/B978-0-12-063550-4.50013-9
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/


fpsyg-13-928735 August 1, 2022 Time: 15:11 # 22

Wu et al. 10.3389/fpsyg.2022.928735

Tucker, L. R., and Lewis, C. (1973). A reliability coefficient for maximum
likelihood factor analysis. Psychometrika 38, 1–10. doi: 10.1007/BF02291170

Venkatesh, V. (1999). Creation of favourable user perceptions: exploring the
role of intrinsic motivation. MIS Q. 23, 239–260. doi: 10.2307/249753

Venkatesh, V., and Davis, F. D. (2000). A theoretical extension of the technology
acceptance model: four longitudinal field studies. Manag. Sci. 46, 186–204. doi:
10.1287/mnsc.46.2.186.11926

Venkatesh, V., Morris, M. G., Davis, G. B., and Davis, F. D. (2003). User
acceptance of information technology: toward a unified view. MIS Q. 27, 425–478.
doi: 10.2307/30036540

Venkatesh, V., Thong, J. Y. L., and Xu, X. (2012). Consumer acceptance and use
of information: extending the unified theory of acceptance and use of technology.
MIS Q. 36, 157–178. doi: 10.2307/41410412

Vieira, V. A. (2013). Antecedents and consequences of perceived value:
a meta-analytical perspective. J. Customer Behav. 12, 111–133. doi: 10.1362/
147539213X13832198548210

Wadsworth, A. (2018). The pros and cons of issuing a central bank digital
currency. Reserve Bank New Zealand Bull. 81, 1–21.

Williams, M. D., Rana, N. P., and Dwivedi, Y. K. (2015). The unified theory
of acceptance and use of technology (UTAUT): a literature review. J. Enterprise
Inform. Manag. 28, 443–488. doi: 10.1108/JEIM-09-2014-0088

Woodruff, R. B. (1997). Customer value: the next source for competitive
advantage. J. Acad. Mark. Sci. 25, 139–153. doi: 10.1007/BF02894350

Xie, J., Ye, L., Huang, W., and Ye, M. (2021). Understanding FinTech platform
adoption: impacts of perceived value and perceived risk. J. Theoretical Appl.
Electro. Commerce Res. 16, 1893–1911. doi: 10.3390/jtaer16050106

Yao, Q. (2018). A systematic framework to understand central bank digital
currency. Sci. China Inform. Sci. 61, 1–8. doi: 10.1007/s11432-017-9294-5

Yoon, C., and Kim, S. (2007). Convenience and TAM in a ubiquitous computing
environment: the case of wireless LAN. Electron. Commerce Res. Appl. 6, 102–112.
doi: 10.1016/j.elerap.2006.06.009

Yoon, H. S., and Steege, L. M. B. (2013). Development of a quantitative model
of the impact of customers’ personality and perceptions on Internet banking use.
Comput. Hum. Behav. 29, 1133–1141. doi: 10.1016/j.chb.2012.10.005

Zakic, K. (2021). New development paradigm within the Chinese 14th five-year
plan-Chinese vision of modern China. Rev. Int. Affairs 72, 67–87. doi: 10.18485/
iipe_ria.2021.72.1183.4

Zeithaml, V. A. (1988). Consumer perceptions of price, quality, and value: a
means-end model and synthesis of evidence. J. Mark. 52, 2–22. doi: 10.1177/
002224298805200302

Zhang, D., Huang, G., Yin, X., and Gong, Q. (2015). Residents’ waste separation
behaviors at the source: using SEM with the theory of planned behavior in
Guangzhou, China. Int. J. Environ. Res. Public Health 12, 9475–9491. doi: 10.3390/
ijerph120809475

Zhou, T., Lu, Y., and Wang, B. (2010). Integrating TTF and UTAUT to explain
mobile banking user adoption. Comput. Hum. Behav. 26, 760–767. doi: 10.1016/j.
chb.2010.01.013

Frontiers in Psychology 22 frontiersin.org

https://doi.org/10.3389/fpsyg.2022.928735
https://doi.org/10.1007/BF02291170
https://doi.org/10.2307/249753
https://doi.org/10.1287/mnsc.46.2.186.11926
https://doi.org/10.1287/mnsc.46.2.186.11926
https://doi.org/10.2307/30036540
https://doi.org/10.2307/41410412
https://doi.org/10.1362/147539213X13832198548210
https://doi.org/10.1362/147539213X13832198548210
https://doi.org/10.1108/JEIM-09-2014-0088
https://doi.org/10.1007/BF02894350
https://doi.org/10.3390/jtaer16050106
https://doi.org/10.1007/s11432-017-9294-5
https://doi.org/10.1016/j.elerap.2006.06.009
https://doi.org/10.1016/j.chb.2012.10.005
https://doi.org/10.18485/iipe_ria.2021.72.1183.4
https://doi.org/10.18485/iipe_ria.2021.72.1183.4
https://doi.org/10.1177/002224298805200302
https://doi.org/10.1177/002224298805200302
https://doi.org/10.3390/ijerph120809475
https://doi.org/10.3390/ijerph120809475
https://doi.org/10.1016/j.chb.2010.01.013
https://doi.org/10.1016/j.chb.2010.01.013
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/


fpsyg-13-928735 August 1, 2022 Time: 15:11 # 23

Wu et al. 10.3389/fpsyg.2022.928735

Appendix

TABLE A1

Constructs Items

Financial knowledge FK1. I think that I am familiar with finance related terms and concepts.

FK2. I consider myself to be financially literate.

FK3. I consider my knowledge of finance to be sufficient.

FK4. I can make informed judgments of financial products or services.

FK5. I have the ability to apply basic knowledge in everyday financial choices.

Perceived value PV1. I believe that digital currency offers me a good value.

PV2. I think that digital currency has a good quality.

PV3. I think that it is advantageous to use digital currency for transactions.

PV4. I think that the basic functions provided by digital currency are sufficient.

PV5. I think that using digital currency would broaden my horizon.

Perceived monetary value PMV1. I think that using digital currency has no cost.

PMV2. I think that digital currency will not lose value over time.

PMV3. I think that the exchange rate of digital currency is stable.

PMV4. I think that there are side benefits of using digital currency.

PMV5. I think that digital currency is a form of wealth.

Perceived functional value PFV1. I believe that digital currency is better than other mobile payment tools.

PFV2. I think that digital currency can be used in many scenarios.

PFV3. I think that transaction settlement via digital currency is safe and fast.

PFV4. I think that digital currency can help prevent loss of money.

PFV5. I think that digital currency has good functionality.

Perceived emotional value PEV1. I think that using digital currency is happy and pleasant.

PEV2. I think that using digital currency is fulfilling.

PEV3. I feel content when I use digital currency.

PEV4. I feel delighted about the implementation of digital currency.

PEV5. I think that I am not fearful of using digital currency

Openness to innovation OI1. I think that I am not against innovations.

OI2. I think that I am interested in innovative technologies.

OI3. I think that I am open-minded to try new things.

OI4. I think that I have the courage to envision new possibilities.

OI5. I think that I am receptive to new information.

Perceived convenience PC1. I think that there is no difficulty in settling payments via digital currency.

PC2. I think that digital currency is more flexible to use than paper currency.

PC3. I think that it is easy to become skillful in using digital currency.

PC4. I think that it is convenient to use digital currency.

PC5. I think that using digital currency does not require a lot physical effort.

Intention to use IU1. I will use digital currency if given the opportunity to do so.

IU2. I will use digital currency on a regular basis in the future.

IU3. I have no objection to use digital currency for transactions.

IU4. I intend to use digital currency frequently for payments.

IU5. I would recommend my friends to use digital currency.
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