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Abstract

Long endemicity of the Highly Pathogenic Avian Influenza (HPAI) H5N1 subtype in Egypt
poses a lot of threats to public health. Contrary to what is previously known, outbreaks have
been circulated continuously in the poultry sectors all year round without seasonality. These
changes call the need for epidemiological studies to prove or deny the influence of climate
variability on outbreak occurrence, which is the aim of this study. This work proposes a mod-
ern approach to examine the degree to which the HPAI-H5N1disease event is being influ-
enced by climate variability as a potential risk factor using generalized estimating equations
(GEEs). GEE model revealed that the effect of climate variability differs according to the tim-
ing of the outbreak occurrence. Temperature and relative humidity could have both positive
and negative effects on disease events. During the cold seasons especially in the first quar-
ter, higher minimum temperatures, consistently show higher risks of disease occurrence,
because this condition stimulates viral activity, while lower minimum temperatures support
virus survival in the other quarters of the year with the highest negative effect in the third
quarter. On the other hand, relative humidity negatively affects the outbreak in the first quar-
ter of the year as the humid weather does not support viral circulation, while the highest pos-
itive effect was found in the second quarter during which low humidity favors the disease
event.

Introduction

Avian influenza posed a significant pandemic threat [1, 2] through the persistence of mutant
or genetically reassorted progenitor in poultry [3]. HPAI outbreaks have been clustered glob-
ally in three Asian countries -Bangladesh, Indonesia and Vietnam and in Middle east in Egypt
[4] with enzootic H5N1-HPAI clinical disease in poultry [5]. Outside Asia the longest endemic
status of H5SN1-HPALI is reported in Egypt [6]. The highest human cases were recorded in
Egypt with a case fatality rate coming to 53.2% according to the World Health Organization
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(WHO) [7]. A lot of studies evidenced that H5N1 increase its adaptation in human through
antigenic drift, considering Egypt a hotspot for the evolution of a pandemic potential virus [8,
9]. Disease eradication in poultry is crucial [3] since reported human case locations overlap
significantly with reported A (H5N1) in poultry outbreaks areas [10].

The spread of the virus is investigated by many studies with a discussion of the possible risk
factors. However, the climate factor, which can impact the outbreak, has been enormously
overlooked [11]. The global trend of HPAI-H5N1 influenza outbreak shows a clear seasonality
[3] with the seasonal peak occurrence, particularly, in countries with endemic H5N1-HPAI
clinical disease in poultry [4, 12, 13]. There is a lot of evidence proved that the avian influenza
outbreak is related to climate change [14, 15]. Climate variability changes the ability of the
virus to survive and it also could be a possible factor in the widening of H5N1 infection if it
causes longer environmental survival [10, 16-19]. So, it’s considered one of the driving forces
of the outbreaks [15, 20].

Countries like Egypt facing significant changes in their climate likely experience a higher
risk of outbreaks [15].Understanding climate variability factors may enable the expectation
and control of future disease events in Egypt [6]. Unfortunately, the environmental persistence
of A/H5N1 is troublesome to evaluate [21] and prediction based on climate variability has
once in a while been assessed, to fill the information crevice, the evidence is required for the
effect of them on HPAI-H5N1 outbreaks [22, 23]. The study proposes a new approach to
investigate the degree to which the HPAI-H5N1event is being influenced by climate variability
as a potential risk factor in the spread and maintenance of the virus in the environment using
generalized estimating equations (GEEs).

Data and methods

This study has been carried out using the extent of one of the Nile Delta governorates (Menou-
fia, Egypt) as highlighted in (Fig 1), reported as one of the highest disease incidence [24]. In
addition to that Menoufia is considered one of the leading poultry producing governorates in
Egypt [25].

An outbreak is the unit of analysis, based on that all poultry populations in each single vil-
lage were considered infected with HPAI-H5N1even if there was only one reported outbreak
within a certain circumscribed location in this village at a certain point in time. The outbreak
is defined as the smallest epidemiological unit, it may represent farms, household or whole vil-
lages. Each case was Geo-referenced by GPS coordinates where HPAI-H5N1had been identi-
fied at a definite time. The country map was constructed by ArcGIS 10.5 software
(Environmental Systems Research Institute, Inc., Redlands, CA, USA) (Fig 1).

Domestic poultry HPAI-H5N1 outbreak data have been collected from the Egyptian minis-
try of agriculture (Egyptian Committee for Veterinary Services) official reports for national
surveillance. In addition to the database of the Global Animal Health Information System of
the Food and Agricultural Organization (FAO) were obtained from the Emergency Prevention
System for Transboundary Animal and Plant Pests and Diseases Programme EMPRES-I [26].
All are integrated into one dataset for the study period from January 2006 to December 2016.

Climatological data from January 2006 to December 2016 were obtained from the NASA
Prediction of Worldwide Energy Resources [27]. Parameters are based on solar radiation
delivered from satellite observation and meteorological data from assimilation models. Cli-
mate parameters for the outbreaks in each Epidemic Wave (EW) from EW1 to EW6 were
extracted based on their spatial coordinates and outbreak dates to establish its spatial linkage
with HPAI-H5NI1 outbreaks. The internal environment as temperature and relative humidity
is typically near to outside conditions in naturally ventilated houses [28, 29]. The outbreaks
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Fig 1. Menoufia governorate, Nile Delta, Egypt.
https://doi.org/10.1371/journal.pone.0240442.9001

can, therefore, be predicted based on external conditions. The meteorological parameters used
in this study, units and definition, are shown in Table 1.

Design, statistical analysis and modelling

To display the overall dynamics of HPAI-H5N1 outbreaks, a time series was constructed to dis-
play temporal distribution using reported outbreaks from 2006 to 2016 at Menoufia, Egypt. This
study based mainly on the Epidemic waves of the disease in the study area as illustrated in (Fig 2).

In order to test if climate variability has any relation with outbreak occurrence, General
Linear Model (GLM) has been used to test the difference between climatic conditions associ-
ated with outbreak periods (Epidemic waves) and those with outbreak free periods. Then, we
investigated the existence of differences in climate parameters that accompanied the outbreaks
and whether these differences were seasonally or monthly or even in four Quarters of the year,
GLM is chosen to test these differences.

PLOS ONE | https://doi.org/10.1371/journal.pone.0240442  October 29, 2020 3/13


https://doi.org/10.1371/journal.pone.0240442.g001
https://doi.org/10.1371/journal.pone.0240442

PLOS ONE

Possible Ramifications of Climate Variability on HPAI-H5N1 Outbreak Occurrence

Table 1. Meteorological parameters units and definition.

PARAMETER UNITS | DEFINITION

RELATIVE HUMIDITY (RH) % Ratio of actual partial press of water vapor to the partial pressure at
saturation, expressed in percent. The daily average of relative humidity
at 2 meters above the surface of the earth.

DEW/FROST POINT °C Temperature at which air is saturated with water vapor. The daily

(T-DEW) average of dew/frost point temperature is at 2 meters above the surface
of the earth and calculated as the average of hourly values pulled from
the MERRA-2 assimilation model.

MAXIMUM TEMPERATURE °C | The daily maximum temperature at 2 meters above the surface of the
(T-MAX) earth.

MINIMUM TEMPERATURE °C | The daily minimum temperature at 2 meters above the surface of the
(T-MIN) earth.

MAXIMUM WIND SPEED m/s | The daily Maximum wind speed at 2 meters above the surface of the
(WS-MAX) earth.

MINIMUM WIND SPEED m/s | The daily Minimum wind speed at 2 meters above the surface of the

(WS-MIN) earth.

https://doi.org/10.1371/journal.pone.0240442.t001

Finally, based on the results from GLM, Poisson regression using generalized estimating
equations (GEEs) is done to investigate the degree to which the HPAI-H5N1 event is being
influenced by climate variability as a potential risk factor in the spread and maintenance of the
virus in the environment. Model is based on epidemic waves outbreak data with repeated mea-
surements from the four quarters of the year over the period 2006-2016 from Menofia, Egypt.
This study used a GEE model corrected through an offset parameter for the poultry population
sizes. It also accounted for over-dispersion for the number of poultry outbreaks, because one
outbreak can result in other outbreaks via local transmission.

Estimated coefficients antilog (bi) corresponds to the relative risk (RR). Univariate analysis
for each variable was conducted, and those with a significance level p < 0.010 were considered
in the results. SAS version 9.4 was used for all statistical analyses.

Results and discussion

In Egypt, HPAI-H5N1 has been reported for the first time in poultry in 2006 [6]. From 2006 to
the end of 2016, six epidemic waves of HPAI-H5N1 of about 700 outbreaks were observed in
the Menoufia governorate as illustrated in (Fig 2). During epidemic waves, the number of out-
breaks increases to a peak then falls until the wave is over. (Fig 2) indicates the beginning,
peaking and ending period of outbreaks over six epidemic waves. Through visual inspection of
(Fig 3), it might be possible to give the different climate parameters distribution in outbreak
periods (Epidemic waves) the same description of epidemic wave collectively from the way it
begins, peaks then end, unlike the distribution of the same parameters in outbreak free
periods.

During 2006-2008, HPAI-H5N1 infection is associated with winter months in Egypt [30,
31]. When the environmental temperature increased in summer and autumn seasons, the
infection decreased. The pattern of outbreaks in first, second and third epidemic waves (EW1,
EW2, and EW3) from 2006 to 2008 were observed to have one definitive peak for each wave,
(Fig 2). It seems to be in harmony with the pattern of different climate parameters, but it is not
perfectly identical as one can observe in the distribution curves in (Fig 3).

However, by 2009, the virus has been circulated and reported all over the year [30, 31]. The
fourth epidemic wave (EW4) appears to have several successive peaks, also it lasts for a longer
time in comparison to other precede waves. This could be attributed to newly emerged clades
thermostability (2.2.1.1 and 2.2.1.2-B/2.2.1.2-C), increase virus ability to survive at elevated
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temperatures (56 °C degrees) [6]. These clades lead to maintain endemicity of HPAI-H5N1
through virus adaptation in the environment in Egypt [24].

The distribution of climate parameters during EW4 surprisingly follows the same pattern
of the outbreak, especially in T-MAX and T-MIN. The outbreak in the last two waves (EW5,
EW6) appears to occur also with several peaks but the epidemic curve does not upsurge to
reach high levels as EW4, the way it became more flattened but still posse peaks that clearly
can be observed, (Fig 2). T-MAX, T-MIN and WS-MAX curves in last two epi-waves appear to
follow the same pattern becoming more flattened in comparable to the same parameter curve
in other epidemic waves, (Fig 3).

Besides, it could be evidenced from GLM results and the distribution curves in (Fig 3) that
the climate trend significantly differ between HPAI-H5NI1 outbreak periods (EWs) and out-
break free periods. Therefore, climate conditions and its variability might be considered as one
of the driving forces of the outbreaks as shown by [15, 20]. In addition, it may influence the
outbreak occurrence by altering the virus’s ability to survive in the environment and it also
could be a possible risk factor in the widening and spread of HPAI-H5NI1 infection [17-19].

Meanwhile, the outbreak might occur nearly under the same climatic conditions. It is indi-
cated by comparing the climate conditions and their variability across different epidemic
waves in (Fig 3). Although the outbreaks were widely distributed and it prompts the range of
climate parameters to be conceivably wide [11], there are ranges in common in all epidemic
waves could be used to determine highest risk range for outbreaks occurrence, (44.4-73.2),
(16.52-26.46), (6.5-11.4), (2.15-5.62) for RH, T-MAX, T-MIN, WS-MAX respectively.

The climatic parameters with seasonally and monthly outbreak occurrence found to be not
significantly different. But climate trend differs significantly between four quarters of the year
along with HPAI-H5N1 outbreak density tested by General Linear Model (GLM), results in
(Fig 4). The infection was basically concentrated from October to March, these results are
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https://doi.org/10.1371/journal.pone.0240442.9003
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similar to the finding by [12] and in accordance to Egyptian surveillance [6, 32-36]. In addi-
tion, many other scientists declared the same observations globally [14].

Despite the seasonality nature of Avian Influenza, without adequate and more effective mit-
igation strategies horizontal span of the epidemic curve would extend for longer periods with-
out predictable seasonality. Increasing the duration of epidemic waves could be accompanied
by continuing outbreaks extend sometimes to the whole year encountered in severe economic
losses. Control measures have been applied appear to have a short-term impact in effectively
lessening the disease events and are not exceptionally effective in compressing the disease spa-
tially and change the regularity of the H5N1 epidemic [2, 11].

According to the previous results, only significant parameters are included in the general-
ized estimating equations model (GEEs) and the model was developed based on four quarters
of the year considering all epidemic waves from 2006-2016 as presented in (Fig 5). The highest
probability of infection is observed in the first quarter of the year, followed by the fourth and
the second one respectively as shown in (Fig 5). While the lowest one was recorded in the third
quarter. These results are in accordance with the incidence of outbreaks in previous
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a

factor®. “The result for the number of poultry outbreaks was obtained by Poisson regression using generalized

estimating equations (GEEs) based on epidemic waves outbreak data with repeated measurements from the four

quarters of the year (ordered from the highest probability of infection to the lowest) over the period 2006-2016 from

Menofia, Egypt.

https://doi.org/10.1371/journal.pone.0240442.9005
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surveillance in Egypt peaked from October 1* to March 31 of each year [6, 32-36], hence the
first and fourth quarters of the year.

Results from the GEEs model indicate that not all parameters have the same effect on the
outbreak over all periods. All possible effects of climate variability on disease events in four
quarters of the year will be discussed as given in (Fig 5), considering only significant
parameters.

In the first quarter, the outbreak is significantly associated with minimum temperature
and relative humidity (p <0.01), while the rest of the climatic parameters show no significant
effect on the outbreak occurrence. It is conducted from the minimum temperature positive
estimated coefficient that outbreak likelihood increases as minimum temperatures rise. One
can say that a one-unit minimum temperature increase, lead to an outbreak risk rise to about
12%. While for relative humidity; one-unit increase, led to lowering the outbreaks to 2%.

In the fourth quarter, the outbreak is significantly associated with the minimum, maxi-
mum temperature and maximum wind speed (p <0.01), while the rest of the climatic parame-
ters show no significant effect on the outbreak occurrence in the model. The parameters
estimated coefficient is all negative, proposing that with their rise, the outbreak likelihood
diminishes. An increase of one-unit minimum and maximum temperatures decreases the out-
break risk by 6%, and 5% respectively. While a one-unit increase in maximum wind speed;
lowered the outbreaks to 47%.

In the second quarter, the outbreak is significantly associated with the minimum, maxi-
mum temperatures and relative humidity (p <0.01), while the rest of the climatic parameters
show no significant effect on the outbreak occurrence in the model in the second quarter. Rela-
tive humidity positive estimated coefficient suggesting that the probability of outbreak and rel-
ative humidity rise together. A one-unit relative humidity increase raised the outbreak by
about 8%. While a one-unit increase in both minimum and maximum temperatures; lowered
the outbreaks by 5% and 7% respectively.

In the third quarter, the outbreak is significantly associated only with minimum tempera-
ture (p <0.01), while the rest of the climatic parameters show no significant effect on the out-
break occurrence in the model. The estimated coefficient is negative proposing that outbreak
likelihood diminishes as minimum temperature rises. A one-unit increase in minimum tem-
perature could increase the outbreak risk by about 23%.

Higher minimum temperature in the first quarter months would increase the disease likeli-
hood while lower humidity would likely increase the likelihood of the disease. These results
previously observed by different studies [15, 22, 23, 37, 38]. A Higher risk of disease in the cold
seasons was observed during higher minimum temperatures as the warm temperature in such
a condition is considered a significant risk factor because it can stimulate the activity of the
virus. This finding is in good agreement with different scientists [18, 22, 38, 39].

Other scientists show that lower temperatures increase virus stability by supporting better
survival of the virus in the environment [15, 40-42]. This could contribute to the negative
association of an outbreak occurrence with the minimum and maximum temperature in the
other quarters of the year. [15] showed that outbreaks likelihood decline by 0.22% for
al-degree Celsius rise in temperature.

One can find that the highest negative effect of minimum temperature was found in the
third quarter (April, May, and June), which can decrease the outbreak by 23% for a one-unit
increase, the same finding observed in Egypt by [6].

In addition to that exceptionally high humidity could decrease the likelihood of
HPAI-H5NT1 since during such condition humid weather do not support virus survival and
disease occurrence, which is also supported by [37]. In other circumstances, low humidity
months represent favorable conditions to the outbreak occurrence [37]. This could explain
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why relative humidity negatively affects the outbreak in the first quarter, while the highest pos-
itive effect of relative humidity was found in the second quarter months (April, May, and
June), that can increase the outbreak by 8% for a one-unit increase.

Eventually, climatic factors alone couldn’t explain HPAI-H5N1 prevalence in poultry [6],
rather than combination of key risk variables that might give a reasonable explanation [37, 43].

Summary and conclusion

Climate variability has been proved to influence the outbreak occurrence and spread of the
virus in the environment. The study infers that the HPAI-H5NI1 outbreak at different epidemic
waves occurs nearly in the same conditions. From which, an expected risk range of each cli-
matic parameter for HPAI-H5N1 disease event could be obtained. Despite the nature of Al is
seasonality, outbreaks will continue to occur all over the year with observed thermostability of
HPAI-H5N1 newly emerged clades.

The effect of climate variability differs according to the timing of outbreak occurrence.
Temperature and relative humidity could have both positive and negative effects of disease
events. During the cold seasons especially in the first quarter, higher minimum temperatures,
consistently show higher risks of disease occurrence, because this condition stimulates viral
activity, while lower temperature support virus survival in the other quarters of the year with
the highest effect in the third quarter. When humidity is exceptionally high (close to 100%), it
is noticed that the disease events decrease since the humid weather does not support virus sur-
vival in the environment, which is observed in the first quarter. In other circumstances, low
humidity favors the occurrence of the disease as in the second quarter with highest positive
effect.

Recommendation

Using climate parameter could help to enhance HPAI-H5N1 targeted surveillance program to
outbreaks high risk periods. Regular active surveillance along with climate variability should
be continued throughout the year to monitor the changes in virus ecology. Therefore, using
climate conditions and its variability in mitigation strategies would have co-benefits in dimin-
ishing future HPAI-H5N1 disease event.
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