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Transcriptome analysis reveals 
mucin 4 to be highly associated 
with periodontitis and identifies 
pleckstrin as a link to systemic 
diseases
Anna Lundmark1,*, Haleh Davanian1,*, Tove Båge1, Gunnar Johannsen1, Catalin Koro1, 
Joakim Lundeberg2 & Tülay Yucel-Lindberg1

The multifactorial chronic inflammatory disease periodontitis, which is characterized by destruction 
of tooth-supporting tissues, has also been implicated as a risk factor for various systemic diseases. 
Although periodontitis has been studied extensively, neither disease-specific biomarkers nor 
therapeutic targets have been identified, nor its link with systemic diseases. Here, we analyzed 
the global transcriptome of periodontitis and compared its gene expression profile with those of 
other inflammatory conditions, including cardiovascular disease (CVD), rheumatoid arthritis (RA), 
and ulcerative colitis (UC). Gingival biopsies from 62 patients with periodontitis and 62 healthy 
subjects were subjected to RNA sequencing. The up-regulated genes in periodontitis were related to 
inflammation, wounding and defense response, and apoptosis, whereas down-regulated genes were 
related to extracellular matrix organization and structural support. The most highly up-regulated gene 
was mucin 4 (MUC4), and its protein product was confirmed to be over-expressed in periodontitis. 
When comparing the expression profile of periodontitis with other inflammatory diseases, several 
gene ontology categories, including inflammatory response, cell death, cell motion, and homeostatic 
processes, were identified as common to all diseases. Only one gene, pleckstrin (PLEK), was 
significantly overexpressed in periodontitis, CVD, RA, and UC, implicating this gene as an important 
networking link between these chronic inflammatory diseases.

Periodontitis, a common chronic inflammatory disease characterized by tissue and bone destruction that ulti-
mately leads to tooth loss, is initiated when oral pathogens gain access to the gingival tissue and stimulate a host 
immune and inflammatory response. Approximately 49% of the population suffers from generalized periodon-
titis1,2. Individual susceptibility to this disease involves interactions between multiple genes and environmental 
factors, such as smoking and stress. Periodontitis shares many characteristics with other chronic inflammatory 
diseases and has been associated with several systemic inflammatory disorders, including cardiovascular disease 
(CVD), the inflammatory bowel disease ulcerative colitis (UC), and Rheumatoid Arthritis (RA)3–5.

The hallmarks of periodontitis are host inflammatory events, including the release and activation of inflam-
matory mediators and cytokines such as interleukins (ILs) and tumor necrosis factor α  (TNF-α ), as well as pro-
teolytic enzymes such as matrix metalloproteinases (MMPs). The chronic inflammatory process in the gingival 
tissue is also characterized by infiltration of inflammatory cells such as cytotoxic T lymphocytes, B lymphocytes, 
and macrophages6,7. In patients with periodontitis, the levels of the inflammatory mediators IL-1β , TNF-α , and 
prostaglandin E2 are elevated in the gingival crevicular fluid (GCF), which reflects serum and local tissue condi-
tions8–10. In addition, the proteolytic MMP enzymes – especially MMP2, MMP8, and MMP9 – have been detected 
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in gingival tissues, saliva, and GCF, and associated with the progression of periodontal diseases11–14. However, to 
date no diagnostic and prognostic biomarkers or therapeutic targets for periodontitis have been identified.

Among the few studies on the gingival tissue transcriptome of patients with periodontitis15, Demmer et al.16 
found that the processes that were expressed differentially in inflamed and non-inflamed tissue were associated 
with apoptosis, the humoral antimicrobial response, antigen presentation, regulation of metabolic processes, sig-
nal transduction, and angiogenesis. Another study, which included only a limited number of patients, showed 
that immune processes were more highly up-regulated in patients with periodontitis in comparison to healthy 
controls17. These investigations involved microarrays, which are characterized by lower sensitivity, a more limited 
dynamic range, and higher technical variation than RNA sequencing (RNA-Seq)18–20. We are the only group so 
far to have applied RNA-seq to examine the transcriptome associated with periodontitis, using inflamed and 
non-inflamed tissue from patients with periodontitis, and showed that the genes up-regulated in inflamed tissue 
were mainly related to immune and inflammatory responses21.

Now, for the first time, we have applied massively parallel RNA-seq to a large number of biopsies from patients 
with periodontitis and from healthy subjects in order to characterize the global transcriptome of periodontitis, as 
well as its association to other chronic inflammatory disorders. The analysis identified 1268 genes differentially 
expressed between patients with periodontitis and healthy controls. The up-regulated genes in periodontitis were 
primarily related to inflammation, response to wounding, and apoptosis, whereas genes associated with extracel-
lular matrix organization and structural support were down-regulated. The most highly up-regulated gene was 
MUC4 and the second was MMP7. Further characterization of the association between periodontitis and the 
chronic inflammatory disorders CVD, RA, and UC identified only one gene, pleckstrin (PLEK), that was commonly 
up-regulated in all four diseases, suggesting this gene as a key link between periodontitis and various systemic 
diseases associated with periodontitis.

Results
Subject characteristics.  The characteristics of the 124 participants, 62 patients with periodontitis and 62 
healthy subjects without periodontitis, are shown in Table 1. As expected, the patients with periodontitis exhibited 
a greater probing depth (mean 8 mm versus ≤ 3 mm) and more bleeding upon probing (79% versus 21%) than 
healthy subjects.

Higher degree of inflammation in gingival tissue samples from patients with periodontitis.  To 
assess gingival inflammation, the biopsies from all 124 subjects were stained both with H&E (Fig. 1a,b) and 
cell-type-specific antibodies (Fig. 1c–f). Evaluation of inflammatory cell infiltration into gingival biopsies by three 
“blinded” observers, revealed significantly more inflammation (P <  0.01) in the group with periodontitis (Table 1). 
Immunohistochemical staining revealed that 85% of the biopsies from periodontitis patients expressed the B-cell 
marker CD20, as opposed to only 40% of those from controls (Fig. 1c,d; Supplementary Table S1). This represents 
a significantly higher (P <  0.01) expression in patients with periodontitis than healthy controls. The corresponding 
values for the macrophage marker CD68 were 85% and 45% (Fig. 1e,f; Supplementary Table S1; P =  0.02).

Identification of significant patterns of gene expression using principal component analysis (PCA) 
and orthogonal projections to latent structures discriminant analysis (OPLS-DA).  Multivariate 
analyses were performed to summarize and obtain an overview of the gene expression data. To identify causes of 
variation and potential outliers or biases within the dataset, an unsupervised PCA model was created. This model 
revealed that the largest variation, known as the first principal component (PC1), explained 40% of the variance 
within the dataset, while the second principal component (PC2) explained 15%. Under this model, the samples 
aligned along the PC1 according to their degree of inflammation (Fig. 2a), whereas the PC2 tended to separate the 
periodontitis and healthy control samples from each other (Fig. 2b).

Periodontitis 
(n = 62)

Controls 
(n = 62)

Gender (female/male) 33/29 37/25

Mean age (± SD, years) 64 ±  11 56 ±  16

Mean probing depth (± SD, mm) 8.2 ±  1.7 ≤ 3

Bleeding on probing (n) 49/62 13/62

Degree of inflammation (0–3)a in 
gingival samples including the number 
of subjects (n)b and mean value.

0 (n =  4) 0 (n =  11)

1 (n =  17) 1 (n =  21)

2 (n =  19) 2 (n =  17)

3 (n =   22) 3 (n =  12)

Mean 2.0c Mean 1.5c

Table 1.   Characteristics of the study participants and the degree of inflammation in gingival biopsies 
from patients with periodontitis and healthy controls without periodontal disease. a0 =  no evidence of 
inflammatory infiltration, 1 =  slight inflammatory infiltration, 2 =  moderate inflammatory infiltration and 
3 =  severe inflammatory infiltration. bThe degree of inflammation from one patient is excluded due to the lack 
of a second biopsy. cP <  0.01 for the difference between periodontitis and healthy controls as assessed by  
Mann-Whitney U test.
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Figure 1.  Histological and immunohistological staining of gingival biopsies from patients with 
periodontitis and healthy control subjects. (a) Representative Hematoxylin-Eosin (H&E) staining of gingival 
tissue from a patient with periodontitis and (b) a healthy control subject. Representative immunohistological 
staining with (c,d) CD20, a B plasma cell marker, and (e,f) CD68, a macrophage marker, of gingival tissue from 
a patient with periodontitis and a healthy control subject. EC =  epithelial cells, B =  B cells, M =  macrophages. 
Scale bars =  100 μ m.
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Furthermore, the supervised OPLS-DA approach was applied to the dataset to identify genes whose expression 
in the two groups differed most. A model with one predictive and two orthogonal components successfully distin-
guished between the periodontitis and healthy samples along the first predictive component (Fig. 2c). The degree 
of variation explained by this model (R2) was 0.629 and the value describing the model’s predictive ability (Q2) was 
0.304. In addition, to identify potential biomarkers, an S-plot was created on the basis of the OPLS-DA (Fig. 2d). 
The magnitude of the contribution of each gene to the separation in the OPLS-DA model (p[1]) was plotted against 
the significance of this same gene (p[corr]). The genes contributing most to the periodontitis group, with highest 
significance, were MUC4, MMP7, interleukin 19 (IL19), and immunoglobulin heavy variable 3–43 (IGHV3-43), 
while the corresponding genes in the healthy subjects were collagen type X alpha 1 (COL10A1), WNT1-inducible 
signaling pathway protein 2 (WISP2), and Sp7 transcription factor (SP7) (Fig. 2d).

Identification of up- and down-regulated genes and gene ontology (GO) categories in periodon-
titis.  Of the 22,810 protein-coding genes identified by the RNA-seq analysis, 665 were up-regulated and 633 
down-regulated in periodontitis in comparison to healthy tissue (with the threshold q-value, an adjusted P-value, 
of 0.01). The functional annotation clustering tool in the Database for Annotation, Visualization and Integrated 
Discovery (DAVID), which clusters related groups and orders these clusters according to their significance (as 
determined by their EASE scores, a modified Fisher exact P-value), revealed that the three clusters of up-regulated 
genes with the highest significance included items related to defense, inflammation, and wounding responses as well 
as apoptosis and cell death (Fig. 3a). On the other hand, the biological processes associated with down-regulated 
genes were related to organization of the extracellular matrix and structure, organization of collagen fibrils as well 
as development of the skeleton, skin, ectoderm, and epidermis (Fig. 3b).

The 10 most potently up- and down-regulated genes in gingival tissue from patients with periodontitis are 
demonstrated in Table 2 together with the Ensembl ID, the gene symbol, a description of the gene product, 
the fold change, and the log2 fold change. The complete lists of up- and down-regulated genes can be found as 
Supplementary Table S2a,b online. MUC4 was the most highly up-regulated gene, with a fold change of 7.1, 
while MMP7 was the second most, with a fold change of 6.8 (Table 2). The overexpression of these genes was 

Figure 2.  Multivariate analysis of gene expression data from gingival biopsies. (a) Principal component 
analysis (PCA) score plot with the two first principal components (PC1 and PC2) plotted on the x- and y-axis. 
Each data point representing one sample is color-coded according to the extent of inflammatory cell infiltration 
(evaluated in biopsies adjacent to those used for gene expression analysis and harvested at the same time). 
Dark green =  0 (no evidence of inflammatory infiltration), light green =  1 (slight inflammatory infiltration), 
orange =  2 (moderate inflammatory infiltration) and red =  3 (severe inflammatory infiltration). (b) The 
PCA score plot with data points from patients with periodontitis and healthy control subjects represented in 
red and blue, respectively. (c) Orthogonal projections to latent structures discriminant analysis (OPLS-DA) 
score plot for gingival biopsies from patients with periodontitis (red) and healthy control subjects (blue). The 
between-group variation predictive component, t(1), is plotted against the within-group variation orthogonal 
component, to (1). (d) S-plot of the OPLS-DA data showing the magnitude of each gene’s contribution to the 
separation, p(1), in relationship to its significance, p(corr). The genes contributing the most to the periodontitis 
group (highlighted in red) are, from left to right, MMP7, IL19, IGHV3-43, and MUC4. The genes contributing 
the most to the healthy control group (highlighted in blue) are COL10A1, WISP2, and SP7.
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also identified by the OPLS-DA as highly significant. The two most down-regulated genes in periodontitis were 
keratin 71 (KRT71) and SP7 (fold change < − 10 in both cases; Table 2), of which the latter was also identified by 
the OPLS-DA.

Upregulation of MUC4 and MMP7 at the mRNA and protein levels in periodontitis.  The two most 
up-regulated genes in connection with periodontitis, MUC4 and MMP7, were investigated further. The normalized 
counts for these genes in patients with periodontitis and healthy controls are demonstrated in Fig. 4a,e. To evaluate 
the expression of the corresponding proteins, immunohistochemical staining of gingival biopsies from 20 patients 
and 20 controls was performed. The MUC4 protein was detected in the gingival epithelial cells of 18 (90%) patients 
with periodontitis but only 2 (10%) of the healthy control subjects (P <  0.001; Fig. 4b,c; Supplementary Table S3). 
Evaluation of the MMP7 protein expression, as assessed by scoring the epithelium and connective tissue of all 
gingival biopsies, showed a significantly (P <  0.01) higher expression of MMP7 in the connective tissue of the 
periodontitis group, with a mean value of 2.1, compared to that of the non-periodontitis group, with a mean value 
of 1.0. In contrast, there was no significant difference in protein expression of MMP7 in the epithelium (P =  0.40; 
Fig. 4f,g; Supplementary Table S3).

Comparative gene expression analysis of periodontitis, CVD, RA, and UC.  To identify common key 
genes, we compared the differentially expressed genes acquired through our RNA-seq analysis with differentially 
expressed genes obtained from the chronic inflammatory diseases CVD, RA, and UC (diseases implicated to be 
associated with periodontitis). Only one gene, PLEK, was identified as commonly up-regulated in all four diseases 
(Fig. 5a), with fold changes of 1.6 in periodontitis, 1.5 in CVD, 4.1 in RA, and 1.8 in UC. Additionally, MMP7 and 
B-cell lymphoma 2-related protein A1 (BCL2A1) were up-regulated across periodontitis, CVD, and UC, while the 
genes kynureninase (KYNU), regulator of G-protein signaling 1 (RGS1) and serpin peptidase inhibitor, clade A 
(SERPINA1) were up-regulated across periodontitis, CVD, and RA (Fig. 5a). With regard to down-regulated genes, 
there was no gene common to all four diseases, although one gene, angiotensin II type I receptor (AGTR1), was 
down-regulated in periodontitis, CVD, and RA (Fig. 5b). To further investigate whether the differentially expressed 
genes in these diseases encode similar processes, GO analysis was performed on all up- and down-regulated genes 
for all four diseases. There were 20 up-regulated GO categories common to all diseases, including inflammatory 
response, cell death, cell motion, and homeostatic processes (Fig. 5c). However, there was no down-regulated 
process common to all four diseases (Fig. 5d).

Expression of PLEK in gingival tissue.  Based on our findings identifying PLEK as a commonly up-regulated 
gene in all four diseases, we further investigated the protein expression of this gene in gingival tissue biopsies from 
patients with periodontitis and healthy controls. Immunohistochemical staining of gingival tissue samples of 
patients with periodontitis with PLEK showed positively stained fibroblast-like cells, epithelial cells, immune 
cells, and endothelial cells (Fig. 6a). In contrast, gingival tissue from healthy controls exhibited low proportion of 
positively stained cells for PLEK (Fig. 6b).

Regulation of MUC4, MMP7, and PLEK in human gingival fibroblasts and gingival epithelial 
cells.  In the next series of experiments, the regulation of MUC4, MMP7, and PLEK was investigated in vitro 
using gingival fibroblasts (the predominant cells of gingival connective tissue) and gingival epithelial cells. The 

Figure 3.  Gene ontology (GO) categories enriched among the genes up- and down-regulated in association 
with periodontitis. Biological processes that are up- or down-regulated in connection with periodontitis were 
identified using the annotation tool DAVID and related processes clustered using the functional annotation 
clustering tool. (a) The up-regulated processes with the highest enrichment (EASE) scores included items 
related to defense, inflammation and wounding responses as well as apoptosis and cell death. (b) The down-
regulated gene clusters with the highest enrichment scores were related to organization of the extracellular 
matrix and structure, organization of collagen fibrils, as well as development of the skeleton, skin, ectoderm and 
epidermis.
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regulation of MUC4, which was exclusively expressed in the epithelium of gingival tissue of patients with perio-
dontitis, was studied in gingival epithelial cells. Treatment of these cells with lipopolysaccharide (LPS) for 24 hours 
significantly (P <  0.001) increased the mRNA expression of MUC4 (Fig. 4d). Similarly, LPS treatment of gingival 
fibroblasts for 24 hours significantly increased the mRNA expression of MMP7 (P <  0.001) and PLEK (P <  0.01), 
shown in Figs 4h and 6c, respectively. The mRNA expression of MMP7 and PLEK, in contrast to MUC4, was not 
affected by LPS treatment in epithelial cells (data not shown).

Discussion
The present RNA-seq study of the global transcriptome of periodontitis identified MUC4 and MMP7 as the 
two most highly up-regulated genes in periodontitis. We also report, for the first time, that PLEK is commonly 
up-regulated in periodontitis and the chronic inflammatory diseases CVD, RA, and UC.

We confirmed that inflammatory cell infiltration into gingival tissue was more extensive in the periodontitis 
group than in healthy controls. In addition, our PCA model, based on gene expression data, showed the largest var-
iation within all samples to be associated with the degree of inflammation. However, the PCA model also revealed 
specific patterns distinguishing periodontitis from healthy tissue irrespective of the degree of inflammation, sug-
gesting that other processes may be involved. This suggestion is further supported by our GO category analysis 
identifying, in addition to up-regulation of immune responses, up-regulation of apoptosis and down-regulation 
of extracellular matrix organization and structural support. The up- and down-regulation of these processes may 
contribute to the disruption of tissue homeostasis that characterizes the pathogenesis of periodontitis.

The most highly up-regulated gene associated with periodontitis was MUC4, a completely novel finding. Mucins, 
glycoproteins provided by mucus-producing epithelial cells, form a physical barrier, have anti-microbial properties, 
and contribute to the clearance of microbes. The production of mucins is stimulated by neutrophils, microbial 
products, and different inflammatory mediators, including TNF-α  and IL-1β . This interaction forms a link between 
mucins, innate mucosal immunity, and mucosal inflammatory responses22. In addition, MUC4 has also been 

Ensembl ID Gene symbol Gene product
Fold 

change
log2 fold 
change

Up-regulated

  ENSG00000145113 MUC4 mucin 4, cell surface associated 7.1 2.8

  ENSG00000137673 MMP7 matrix metallopeptidase 7 
(matrilysin, uterine) 6.8 2.8

  ENSG00000211658 IGLV3-27 immunoglobulin lambda 
variable 3–27 6.4 2.7

  ENSG00000242515 UGT1A10 UDP glucuronosyltransferase 1 
family, polypeptide A10 6.0 2.6

  ENSG00000240671 IGKV1-8 immunoglobulin kappa variable 
1–8 5.8 2.5

  ENSG00000232216 IGHV3-43 immunoglobulin heavy variable 
3–43 5.7 2.5

  ENSG00000142224 IL19 interleukin 19 5.1 2.4

  ENSG00000140835 CHST4
carbohydrate 

(N-acetylglucosamine 6-O) 
sulfotransferase 4

4.5 2.2

  ENSG00000211892 IGHG4 immunoglobulin heavy constant 
gamma 4 (G4m marker) 4.4 2.2

  ENSG00000211611 IGKV6-21 immunoglobulin kappa variable 
6–21 (non-functional) 4.2 2.1

Down-regulated

  ENSG00000139648 KRT71 keratin 71 < − 10 > 10

  ENSG00000170374 SP7 Sp7 transcription factor < − 10 > 10

  ENSG00000131668 BARX1 BARX homeobox 1 − 4.5 2.2

  ENSG00000105664 COMP cartilage oligomeric matrix 
protein − 4.3 2.1

  ENSG00000104435 STMN2 stathmin-like 2 − 3.6 1.9

  ENSG00000269729 AC006262.4 lincRNA − 3.6 1.8

  ENSG00000231605 LINC01363 long intergenic non-protein 
coding RNA 1363 − 3.5 1.8

  ENSG00000178172 SPINK6 serine peptidase inhibitor, Kazal 
type 6 − 3.5 1.8

  ENSG00000146250 PRSS35 protease, serine, 35 − 3.4 1.8

  ENSG00000130600 H19
H19, imprinted maternally 
expressed transcript (non-

protein coding)
− 3.3 1.7

  ENSG00000211890 COL1A1 collagen, type I, alpha 1 − 3.1 1.7

Table 2.   The 10 genes up- and down-regulated to the greatest extent in association with periodontitis. 
Genes with a q-value (P-value adjusted for multiple testing59) < 0.01 were considered to be significantly 
differentially expressed.
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implicated in cancer by mediating the epidermal growth factor family of enzymes, including the tyrosine kinase 
receptor ERBB2. This results in activation of downstream signal transduction pathways, such as protein kinase C 
(PKC)23,24, known to be involved in inflammation25. The overexpression of MUC4 in the epithelial gingival tissue 
of patients with periodontitis suggests that this protein might also be present at elevated levels in saliva and GCF, 
providing non-invasive diagnostic markers for early detection and monitoring of the progression of periodontitis. 
Thus, studies are ongoing to investigate the levels of MUC4 in saliva and GCF in a large cohort of patients with 
periodontitis and healthy controls.

The MMP family of enzymes degrades the extracellular matrix and components of the basement membrane, 
and the enzymes MMP2, 8, and 9 have previously been shown to be associated with periodontitis26–28. In the 

Figure 4.  MUC4 and MMP7 mRNA and protein expression in gingival biopsies and gingival cells.  
(a) Boxplot demonstrating the normalized number of transcripts of MUC4 in gingival tissue from patients 
with periodontitis and healthy controls. (b) Representative staining for MUC4 in the gingival epithelium 
from a patient with periodontitis and (c) a healthy control subject. EC =  epithelial cells. Scale bars =  50 μ m. 
(d) Relative gene expression of MUC4 in gingival epithelial cells treated with lipopolysaccharide (LPS), for 
24 hours, compared to control cells (Ctrl) treated with medium only, expressed as fold change normalized to the 
expression of GAPDH. Data are shown as mean ±  S.D. from triplicates (*P <  0.001) (e) Normalized number of 
transcripts of MMP7 in gingival tissue from patients with periodontitis and healthy subjects. (f) Representative 
immunostaining for MMP7 in gingival tissue from a patient with periodontitis and (g) a healthy subject. 
EC =  epithelial cells, IC =  immune cells, F =  fibroblast. Scale bars =  50 μ m. (h) Relative gene expression of 
MMP7 in gingival fibroblast cells stimulated with lipopolysaccharide (LPS) (24 hours) compared to control cells 
treated with medium only (Ctrl), expressed as fold change normalized to the expression of GAPDH. Results 
shown are representative of three experiments performed in gingival fibroblasts obtained from three individuals 
and data presented as mean ±  S.D. from triplicates (*P <  0.001).

Figure 5.  Comparative gene expression and GO analysis for periodontitis, CVD, RA, and UC. Venn 
diagrams representing the numbers of common and specific (a) up-regulated and (b) down-regulated genes 
in periodontitis (PD), cardiovascular disease (CVD), Rheumatoid Arthritis (RA), and ulcerative colitis (UC), 
together with the gene names for the genes common to all or three diseases. (c) Venn diagram demonstrating 
the numbers of common and specific up-regulated gene ontology (GO) categories including the list of 20 
up-regulated GO categories common in PD, CVD, RA, and UC. (d) Venn diagram showing the numbers of 
common and specific down-regulated GO categories in all diseases.
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Figure 6.  Expression of PLEK in gingival biopsies and gingival fibroblasts. (a) Representative PLEK staining 
of gingival tissue sections from a patient with periodontitis and (b) a healthy control subject. EC =  epithelial 
cells, F =  fibroblasts, EnC =  endothelial cells, IC =  immune cells. Scale bars =  50 μ m. (c) Relative gene 
expression of PLEK in fibroblast cells stimulated with lipopolysaccharide (LPS) compared to control cells 
treated with medium only (Ctrl), expressed as fold change normalized to the expression of GAPDH. Results 
shown are representative of three experiments performed in gingival fibroblasts obtained from three individuals 
and data presented as mean ±  S.D. from triplicates (*P <  0.01).
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current study, MMP7 was identified as the second most highly up-regulated gene in periodontitis. MMP7 is 
an epithelial matrix metalloproteinase that degrades fibronectin, laminin, type IV collagen, gelatin, elastin, and 
proteoglycans29,30. Its overall role in periodontal disease, however, has not previously been characterized. Our 
study is the first to link MMP7 to periodontitis, showing it to be overexpressed at the protein level in gingival 
connective tissue, but not in the gingival epithelium of patients with periodontitis. This latter observation supports 
the proposal that MMP7 is constitutively expressed in epithelia to provide a defense against microorganisms31. 
MMP7 has been proposed to underlie pulmonary injury in mice, possibly by helping to recruit neutrophils whose 
oxidative burst can destroy connective tissue, while MMP7-deficient mice are protected, and we propose a similar 
defense mechanism in periodontitis31,32. Thus, our current findings indicate that MMP7 may play a crucial role 
in the pathogenesis of periodontitis.

To explore the transcriptomic association between periodontitis and systemic diseases, we further compared 
our gene expression data with equivalent data obtained from patients with various chronic inflammatory condi-
tions, including CVD, RA, and UC. Our analysis revealed that similar processes related to immune responses, cell 
motion, cell death, and homeostasis were up-regulated in all diseases. However, although several GO categories 
were commonly up-regulated in all four diseases, only a few genes were commonly up-regulated, suggesting that 
different genes contribute to similar processes in the various diseases.

Interestingly, when comparing differentially expressed genes from all four diseases, only one gene, PLEK, was 
up-regulated in all inflammatory diseases investigated in the current study. One reason for our identification of a 
single gene common to all diseases might be the comparison of our RNA-seq data with data sets obtained using 
microarray technology. Several studies have shown that RNA-seq outperforms microarray technology33–36, mainly 
due to higher precision in detecting transcript levels because of lower background noise and overcoming problems 
with probe hybridization bias, which allows for better quantification of differentially expressed genes37.

PLEK is a PKC substrate inducibly expressed by macrophages; it is suggested to be an important intermediate in 
the secretion and activation pathways of the pro-inflammatory cytokines TNF-α  and IL-1β 38,39. In addition, it has 
been shown that the expression of PLEK is induced in macrophages in response to the bacterial stimuli LPS40. This is 
in agreement with our current results showing an up-regulation of PLEK in gingival fibroblasts stimulated with LPS. 
Up-regulation of PLEK by oral bacterial products22 in combination with activation of PKC pathways in response 
to overexpression of MUC4 may contribute to the initiation and maintenance of chronic inflammation. Moreover, 
AGTR1 – the only down-regulated gene in CVD, RA and periodontitis – may also be involved in the disruption 
of tissue homeostasis since it has been reported to stimulate cell proliferation by activation of PKC enzymes41. In 
light of our novel finding that PLEK is up-regulated in the conditions investigated here, we hypothesize that this 
protein may act as an important link associating periodontitis with other chronic inflammatory diseases, possibly 
through activation via periodontal bacteria translocated into the circulatory system. Thus, the functional relevance 
of this gene, as well as its contribution to various chronic systemic diseases, needs to be further elucidated.

The genes identified as up-regulated in three out of four diseases – MMP7, BCL2A1, KYNU, RGS1, and 
SERPINA1 – are all involved in inflammatory responses and are induced by a wide range of external stimuli, 
including LPS and TNF-α 42–47. Furthermore, RGS1 and SERPINA1 activate the mitogen-activated protein kinase 
(MAPK) signaling pathway implicated in the control of inflammatory responses45,48,49, while MMP7 have been 
reported to be induced by the MAPK signaling pathway50. The enzyme KYNU is involved in the kynurenine 
pathway, which plays a key role in the increased prevalence of cardiovascular disease by regulating inflammation, 
immune activation and oxidative stress51, also reported to activate the MAPK pathway52. BCL2A1, reported to 
act anti-apoptotically, is induced by the transcription factor NF-κ B, which controls numerous genes involved in 
inflammatory diseases, such as atherosclerosis, bowel disease and arthritis44,53. Thus, the related functions and 
shared signaling pathways of these commonly up-regulated genes identified here imply that they may act together 
in maintaining chronic inflammation.

In summary, by applying RNA-seq to a relatively large number of gingival biopsies, both from patients with 
periodontitis and healthy control subjects, we identified numerous up- and down-regulated genes. The top two 
most up-regulated genes were MUC4 and MMP7, and the corresponding proteins of these genes were also over-
expressed in gingival tissue from patients with periodontitis. Our novel findings suggest MUC4 and MMP7 to 
be potential biomarkers and therapeutic targets for periodontitis. Finally, we also report that periodontitis shares 
commonly up-regulated processes with other chronic inflammatory diseases and, for the first time, we identify 
PLEK to be up-regulated in several inflammatory conditions associated with periodontitis, which highlights this 
gene as an important link between periodontitis and other chronic inflammatory diseases.

Materials and Methods
Ethics Statement.  This study was performed in accordance with the Declaration of Helsinki and obtained 
ethical board approval. The clinical dental examination, collection of human gingival tissue samples and exper-
imental procedures were approved by the Regional Ethics Board in Stockholm (number 2008/1935-31/3), and 
written informed consent was obtained from all participants.

Subjects and collection of gingival biopsies.  A total of 144 participants, 71 patients with periodontitis and 
73 healthy controls, were initially included in the study. The patients with periodontitis had tooth sites with probing 
depth ≥ 6 mm, clinical attachment level ≥ 5 mm, and bleeding on probing. Healthy control subjects showed no signs 
of periodontal disease, with no gingival/periodontal inflammation, a probing depth ≤ 3.0 mm, a clinical attachment 
level ≤ 3.5 mm, and no bleeding on probing. None of the participants used nicotine or nicotine-replacement med-
ications. The healthy controls were all undergoing implant surgery for tooth loss due to other reasons (e.g., caries 
and accidents), which allowed biopsies to be harvested at the same time. The biopsies were collected from an area 
distal or mesial to the tooth and close to an edentulous area. Such an area may be harder to clean and thus may have 
a higher degree of local inflammation. However, none of the healthy controls showed any signs of periodontitis.
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Two gingival biopsies of similar size were harvested from the same site in each subject. One was stored in RNA 
Later (Applied Biosystems, Massachusetts, USA) overnight at 4 °C and thereafter at − 80 °C for subsequent RNA 
isolation, and the second biopsy was fixed in 4% neutral buffered formalin and embedded in paraffin for histological 
and immunohistochemical analysis.

Histological and immunohistochemical staining.  Serial sections (4 μ m thick) of the fixed and embed-
ded biopsies were deparaffinized and stained with Hematoxylin-Eosin (H&E). The degree of inflammatory cell 
infiltration into the gingival tissues was evaluated by three “blinded” observers, where 0 =  no evidence of inflam-
matory infiltration, 1 =  slight inflammatory infiltration, 2 =  moderate inflammatory infiltration, and 3 =  severe 
inflammatory infiltration. For each sample, the median value from the three observers was calculated. Then the 
mean of these values was obtained for each group, and the difference between the groups was assessed using the 
Mann-Whitney U test. The difference between groups was considered significant at P <  0.05. The intraclass cor-
relation coefficient, representing the consistency of the rating of the observers, was 0.64.

The sections were pre-heated at 60 °C for 60 minutes, followed by a deparaffinization procedure. After apply-
ing the Dako Target Retrieval solution for CD20, CD68, and MMP7 (Dako Sweden AB) and 10 mM sodium 
citrate-0.05% Tween 20 (pH 6.0) for MUC4 and PLEK, the sections were blocked in 1% H2O2 in phosphate-buffered 
saline (PBS) with Saponin for 60 minutes at room temperature (RT) and then incubated with 3% bovine serum albu-
min for 30 minutes at RT. Mouse monoclonal antibodies, directed against CD20 (diluted 1:100; Leica Biosystems, 
Stockholm, Sweden), CD68 (1:50, Dako Sweden AB), PLEK (1:50, Abcam, Cambridge, England), and MUC4 and 
MMP7 (1:100, Abcam, Cambridge, England) were used.

After incubation overnight at 4 °C with these primary antibodies, sections were blocked with 1% normal goat 
serum for 15 minutes and thereafter incubated with a horseradish-peroxidase-conjugated secondary polyclonal 
anti-mouse antibody (Dako Sweden AB, Stockholm, Sweden) for 40 minutes at RT in the dark. Afterwards, the 
Avidin-Biotin Complex solution (Vector laboratories, Burlingame, CA, USA) was applied for 40 minutes at RT in 
the dark. The sections were washed with PBS and peroxidase activity visualized. Finally, the slides were dehydrated, 
mounted, and photographed under a light microscope. In parallel with each immunohistochemical staining, 
IgG was used as a negative control following the same protocol and all the sections were counterstained with 
hematoxylin.

The extent of MMP7-positive cells in the epithelium and connective tissue was evaluated by three “blinded” 
observers using a relative scale from 0 to 3 and the results were analyzed as described above. The intraclass correla-
tion coefficient was 0.94 and 0.91 for the scoring of the epithelium and connective tissue, respectively. The sections 
stained for MUC4, CD20, or CD68, were simply examined for the presence of positively stained cells. The results 
for the periodontitis and healthy control groups were compared using Fisher’s exact test and the differences were 
considered significant at P <  0.05.

RNA extraction.  RNA was extracted from the 144 biopsies using the Qiagen RNeasy kit (VWR, Stockholm, 
Sweden), and its quality was assessed using the RNA 6000 NanoLabChip kit of the Bioanalyzer system from Agilent 
Technologies (Santa Clara, CA, USA). Samples with an RNA Integrity Number (RIN) < 7 and a yield < 0.4 μ g were 
excluded from further analysis, leaving 65 samples from patients with periodontitis and 64 from healthy controls 
with mean RIN values of 8.8 and 8.9, respectively.

Preparation and sequencing of RNA libraries.  RNA libraries were prepared using the TruSeq Stranded 
mRNA sample prep kit with 96 dual indexes (Illumina, CA, USA) in accordance with the manufacturer’s instruc-
tions except for the following changes: The protocols were carried out automatically on an Agilent NGS workstation 
(Agilent, CA, USA) using the purification steps described by Lundin et al.54 and Borgström et al.55. After clustering 
on cBot, the samples were sequenced on a HiSeq 2500 as recommended by the manufacturer. Demultiplexing and 
conversion were performed with CASAVA v1.8.2. software (Illumina, CA, USA) employing the Sanger/phred33/
Illumina 1.8+  quality scale. On average, each run generated 44.3 million paired-end reads per sample, of which 
81% mapped to the human genome. For 5 samples, the sequencing quality was low and these were excluded from 
further analysis, leaving 62 samples from patients and 62 from healthy controls.

Sequence alignment and analysis.  The paired-end sequences were aligned to the human genome assem-
bly, build GRCh37/hg19, with STAR software version 2.3.1o using standard parameters56. The numbers of aligned 
reads per gene were determined with HTSeq version 0.6.1 (http://www-huber.embl.de/users/anders/HTSeq/doc/
overview.html), with standard parameters, except for “–s reverse.” Mapping statistics were calculated from numbers 
obtained by running “bam_stat.py” (included in rseqc version 2.3.6) on bamfiles.

Principal component analysis (PCA) and orthogonal projections to latent structures discriminant 
analysis (OPLS-DA).  The read counts were used to perform PCA (in R version 3.1.0 using the prcomp func-
tion) and the OPLS-DA (Simca 13.0.3, Umetrics, Umeå, Sweden). After adjusting the raw counts by a trimmed 
mean of M values (TMM) scaling in the Bioconductor/edgeR package57, followed by a transformation into log2 
counts per million, the 500 genes with the highest variability were used in the PCA model. When the degree of 
inflammation was analyzed with this model, one patient was excluded due to the lack of a second biopsy. The 
data were log-transformed and subjected to unit variance scaling prior to OPLS-DA and estimation of the model 
complexity by cross-validation. In the case of the S-plot, pareto-scaling was used instead of unit variance scaling.

Differential gene expression analysis.  The R/Bioconductor package samr version 2.058 was used to nor-
malize the data and assess differential expression on the basis of the read counts using a False Discovery Rate (FDR) 

http://www-huber.embl.de/users/anders/HTSeq/doc/overview.html
http://www-huber.embl.de/users/anders/HTSeq/doc/overview.html
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< 0.01 as the threshold. The q-value, obtained by assessing differential expression with SAMSeq in the samr package, 
describes the P-values as corrected for the errors arising from multiple testing in an FDR approach59. Through the 
Ensembl ID’s of the genes found to be differentially expressed, gene names and descriptions were retrieved using 
the R/Bioconductor package biomaRt60 or, in a few cases, from www.ensembl.org.

Gene Ontology (GO) category analysis.  The default parameters of the Database for Annotation, 
Visualization and Integrated Discovery (DAVID)61 were used to achieve functional annotation clustering of the 
genes that were up-regulated and down-regulated. Homo sapiens was used as background and the “GOTERM_
BP_FAT” option selected.

Association analysis of periodontitis, cardiovascular disease (CVD), Rheumatoid Arthritis (RA), 
and ulcerative colitis (UC).  To obtain differentially expressed genes for diseases previously implicated to 
be associated with periodontitis, a literature search for transcriptome analyses of these inflammatory conditions 
was conducted. Studies on tissue biopsies from patients with disease and healthy controls, that reported up- and 
down-regulated genes, or raw data, were included in the analysis. To obtain corresponding differentially expressed 
genes in CVD, GSE2154562, and GSE1376063, datasets containing carotid plaque samples and healthy arterial tissue 
were downloaded from the National Center for Biotechnology Information’s (NCBI) Gene Expression Omnibus 
repository (GEO) and analyzed as previously described by Sikorski et al.64. Genes differentially expressed between 
synovial tissue from patients with RA and healthy controls were downloaded from Ungethuem et al.65, and genes 
differentially expressed between colon biopsies from patients with UC and healthy controls were downloaded from 
Noble et al.66. All obtained microarray data were normalized in R version 3.1.0 using Robust Multi-array Average 
(RMA) and differentially expressed genes were assessed using samr58 with an FDR threshold of 0.01. A cutoff fold 
change of 1.5 was applied to all gene lists. Enrichment analyses of GO categories were performed using DAVID, 
as described above, except for using the Functional Annotation Chart tool instead of the Functional Annotation 
Clustering tool. All statistical analyses were performed in R version 3.1.0.

Culturing and stimulation of human gingival fibroblasts and epithelial cells.  Gingival fibroblasts, 
established from gingival biopsies obtained from three individuals with no clinical signs of periodontitis, were 
cultured as described previously67. Human primary gingival epithelial cells were purchased from CellnTec (CellnTec 
Advanced Cell Systems AG, Bern, Switzerland) and cultured in CnT-PR cell culture medium (CellnTec) at 37 °C 
in a 5% CO2 incubator. The cells (0.5 ×  106) were seeded in Petri dishes (60 mm) in DMEM supplemented with 
penicillin (50 units/ml), streptomycin (50 μ g/ml), and 5% fetal calf serum (FCS, Technologies Europe BV) in case 
of the fibroblasts, and in iCnT-PR cell culture medium (CellnTec) in case of the epithelial cells, and cultured at 37 °C 
for 24 hours. The cell layers were rinsed twice with serum-free medium (DMEM or CnT-PR medium) followed 
by the addition of 2.0 ml of medium in the absence or presence of 5 μ g/ml Porphyromonas gingivalis or E.coli 
LPS (InvivoGen, Toulouse, France). After incubation for 24 hours, the culture medium was collected and the cells 
washed twice with ice-cold PBS and used for total isolation of RNA.

Quantitative PCR.  Total RNA was extracted from LPS-stimulated gingival fibroblasts/epithelial cells and 
unstimulated control cells using the RNeasy Mini Kit (Qiagen, Valencia, CA, USA) and quantified at 260/280 nm, 
with a Nanodrop 2000 spectrophotometer (Thermo Scientific, MA, USA). cDNA synthesis was performed from 
1.0 μ g RNA using the iScript™  cDNA Synthesis Kit (BioRad, Herkules, CA, USA) according to the manufactur-
er’s instructions. Analysis of PLEK, MMP7, MUC4, and GAPDH was performed by quantitative PCR (qPCR) 
using cDNA from the fibroblast cells and TaqMan Universal PCR Master Mix together with the TaqMan probes 
Hs001160164_m1 for PLEK, Hs01042796_m1 for MMP7, Hs02569088_s1 for MUC4 and Hs02758991_g1 for 
GAPDH (Applied Biosystems, Waltham, MA, USA). Analysis of MUC4 and GAPDH was performed on cDNA 
isolated from epithelial cells. All samples were run in triplicates. The PCR conditions were 50 °C for 2 minutes, 
followed by 95 °C for 10 minutes, and then 40 cycles of 95 °C for 15 seconds and 60 °C for 1 minute. Relative gene 
expression was calculated using the Δ Δ Ct method68 where the mean Ct for PLEK, MMP7, and MUC4 were nor-
malized against the mean Ct for GAPDH for each sample. All the experiments were performed in cells established 
from at least three individuals and reproducible data representing one of the experiments is demonstrated. The 
significance of the difference between groups was assessed by the Student’s t-test (two-tailed) with the difference 
considered significant at P <  0.05.
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