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Abstract: In recent years, the increasing rate of road crashes involving cyclists with a disproportionate
overrepresentation in injury statistics has become a major concern in road safety and public health.
However, much remains unknown about factors contributing to cyclists’ high crash rates, especially
those related to personal characteristics. This study aims to explore the influence of cyclist personality
traits and cycling behaviors on their road safety outcomes using a mediated model combining
these constructs. A total of 628 cyclists completed an online questionnaire consisting of questions
related to cycling anger, impulsiveness, normlessness, sensation seeking, risky cycling behaviors,
and involvement in crash-related conditions in the past year. After the psychometric properties of the
employed scales were examined, the relationships among the tested constructs were investigated
using structural equation modeling. The results showed that cyclists’ crash risks were directly
predicted by risky cycling behaviors and cycling anger, and the effects of cycling anger, impulsiveness,
as well as normlessness on crash risks, were mediated by cycling behaviors. The current findings
provide insight into the importance of personality traits in impacting cycling safety and could facilitate
the development of evidence-based prevention and promotion strategies targeting cyclists in China.
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1. Introduction

1.1. Cycling: Risks Outweighs Benefits

Cycling is recognized as an efficient way of improving health and has the potential to tackle
obesity, diabetes, and physical inactivity [1,2]. As a mode of transport, cycling is advantaged over
motorized transportation in terms of environmental benefits such as zero emissions of greenhouse
gas, decreased noise pollution, and reduction of traffic congestion [3]. Given the broad public health
benefits, cycling has been promoted extensively worldwide in the last few decades. However, with the
growing prevalence of cycling, risks associated with this mode of transportation, especially road
crashes involving cyclists, have emerged as a noticeable concern for global public health agencies and
practitioners [4].

Cyclists suffer from a heavy burden of road crashes with a disproportionate overrepresentation in
traffic injury statistics [5], especially in low and middle-income countries [6]. According to the statistics
of World Health Organization [7], pedestrians and cyclists represented 26% of road fatalities all over
the world in 2016, with over 40 thousand cyclists falling victim to fatal road crashes just in one year.
In the case of China, for instance, in a total of 58,539 road crashes resulting in deaths of road users in
2013, 8% of them involved cyclists [8]. Cyclists are at a higher crash risk than motorized road users
(in particular, car drivers) in terms of the number of crashes involved per kilometer or per millionth
hour traveled [9,10]. They are also exposed to potentially more serious injuries in collisions due to
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lack of physical protection and disadvantages of bicycles in mass, speed as well as stability [11,12].
What is even worse, it is well known that crashes involving cyclists are seriously underreported in
police, hospital, and insurance claim data [5,13], implying that road safety conditions of cyclists may
actually present more threat to public health than it appears.

1.2. Factors Related to Crashes Involving Cyclists

Substantial research has been conducted to explore potential causes of the frequent occurrence of
cycling-related crashes and factors that may have an impact on crash or injury severities. The three
factors that have been widely considered in the literature are cyclists’ age, gender, and exposure to
cycling. Generally speaking, older cyclists (particularly those aged over 65) as well as males tend to
have a higher crash risk [4,14,15], and cyclists with a greater exposure to cycling (commonly measured
by cycling distance, cycling frequency, or cycling time) also have a higher possibility of being involved
in crashes [16,17]. Besides, a number of environmental factors regarding the context where the crashes
took place, for example, the time of day [18,19] and weather conditions [20], have also been found to
be related to cyclists’ road safety outcomes. In addition, prior studies have evaluated the effects of
vehicle types, use of protective equipment, and road users’ behavioral patterns on outcomes involving
crashes or injuries of cyclists [14,15,21], and certain factors related to infrastructures, roadway design,
and traffic control measures have also been identified as stimulus of cycling-related crashes and
enhancers of cyclists’ injury severity [22–25].

Among all the aforementioned factors, the behavior of road users has been proven to be the
most immediate determinant of crash involvement [26], with cyclists not being an exception [27]. It is
estimated that 60% of the fatal crashes involving cyclists are incurred by their undesirable behaviors
such as red-light running, distracted riding, and the occupation of motorized vehicle lanes, and a large
proportion of cycling-related crashes involve more than one dangerous cycling behavior [25,28,29].
Martínez-Ruiz et al., [30] noticed that when carrying a passenger or cycling under the influence of
alcohol or drugs, the risk of being involved in single-vehicle crashes and collisions with another vehicle
was substantially increased. Bacchieri et al., [31] found that the crash risk of commute cyclists engaging
in behaviors such as zigzagging through traffic, riding after ingestion of alcohol, and speeding was
1.5 times that of the others. Studies conducted by Useche et al., [21,25] revealed significantly positive
effects of cyclists’ traffic violations and riding errors on the number of crashes that they had been
involved in. Clearly, risky cycling behaviors not only contribute to the occurrence of traffic accidents
but also have an impact on the injury severity of cyclists in collisions [21]. However, compared
to the considerable amount of studies which have confirmed the undisputable role of behaviors in
automobile drivers’ road safety, research linking cycling behavior with cyclist crashes is relatively
scarce. Much remains unknown about the nature of cyclists’ dangerous cycling behaviors, which has
hindered the development of interventions and preventive measures specifically targeting cyclist
injuries and fatalities.

1.3. Personality, Behaviors and Crash Involvement

One of the topics that have been extensively investigated in the research on behavior formation is
personality traits. Personality, commonly viewed as an intrinsic characteristic of individual differences,
reveals one’s behavioral consistency towards the external environment [32] and has long been cited
as a critical precursor of road users’ unsafe behaviors and crash involvement [33–36]. Interestingly,
research examining the direct effects of personality traits on road safety outcomes sometimes revealed
a nonsignificant or relatively weak association between these two constructs [32,37], while attempts
to consider road users’ behavior as a more distal factor in the personality–crash relationship have
been more successful [38–40]. The empirical evidence suggests that personality tends to impact crash
involvement indirectly through influencing one’s behavior on the road rather than directly contributing
to crash risk.
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To illuminate the role of personality and behavior in influencing road users’ crash risk, several
studies have tried to integrate these constructs into a single structure. For example, Iversen
and Rundmo [39] proposed a personality–behavior–crash model and tested it on a sample of
Norwegian drivers, and the results showed that risky driving behaviors mediated the effects of
drivers’ personality traits on crash involvement. Sümer [40] considered drivers’ dispositional elements
and driving behaviors as the distal and proximal context in a contextual mediated model, respectively,
and noticed that drivers’ dysfunctional drinking, aberrant driving, and speed choice served as
an intermediate construct in the relationship between their crash involvement and psychological
symptoms, sensation-seeking, as well as aggression. Similarly, Zhang et al., [36] developed a mediated
model combining driving anger, aberrant driving, and crash risk, and found that anger provoked
by hostile gestures and arrival-blocking indirectly contributed to drivers’ involvement in adverse
outcomes through impacting driving behaviors. Therefore, in light of the available evidence, the role
of personality traits should not be neglected when attempting to further understand the mechanisms
underlying cyclists’ dangerous behaviors and crash involvement. Nonetheless, research on this issue
is still lacking.

1.4. The Current Study

In the past few years, the constantly growing number of cyclists worldwide along with their
greater exposure to crash risk (i.e., longer time and distance of daily cycling journeys) has led to
a substantial rise in crash-related injuries and fatalities in this group, especially in countries where
bicycles are used as a common daily mode of transport [21,30]. This situation calls for an urgent
need to emphasize issues surrounding cycling safety and simultaneously control the potential risk for
global cyclists. The aim of the current study is to explore the role of cyclists’ personality and cycling
behaviors in influencing their crash risk. Although there is no standard measure of personality that
has been used across studies, personality research of this nature on other types of road users in China
can provide some inspiration. For example, road anger and sensation-seeking have been identified as
critical precursors to unsafe driving for Chinese drivers [36,41,42]. Research on motorcyclists in China
showed that those with a traffic offence history presented a tendency of poor response inhibition [43],
and impulsiveness was significantly related to commuter motorcyclists’ ordinary and aggressive
violations [44]. Another frequently examined personality trait is normlessness, which has been found
to not only add to the endorsement of traffic violations for drivers and e-bikers in China [35,45]
but also contribute to Chinese drivers’ involvement in serious and at-fault crashes [35]. Therefore,
the four personality traits, road anger (cycling anger in this case), sensation seeking, impulsiveness,
and normlessness are adopted in this study.

A model combining the four personality traits, risky cycling behaviors, and cyclists’ crash risk
is proposed, as presented in Figure 1. Cyclists’ demographics, as well as cycling exposure, are also
included in the model as control variables. We hypothesize that a higher level of cycling anger,
sensation seeking, impulsiveness, and normlessness will increase cyclists’ risky cycling behaviors,
and risky cycling behaviors are assumed to be positively correlated to cyclists’ crash risk. Besides,
the effects of personality traits on crash risk are also presumed to be mediated by cycling behaviors.
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Figure 1. The proposed mediated model.

2. Materials and Methods

2.1. Participants and Procedure

This cross-sectional study was conducted with an online survey based on a self-administered
questionnaire. The study was approved by the Institutional Review Board of Southeast University
Affiliated Zhongda Hospital. The questionnaire was published on one of the largest professional
online survey websites in China-Sojump (www.sojump.com). Recruiting efforts included emails, social
media, and public forum advertisements. Respondents were considered eligible to participate in the
survey if they were no less than 15 years old, were active cyclists (cycled no less than once a month on
average), and were able to understand simple statements. Before the survey started, voluntariness,
anonymity, and confidentiality of responses were declared to respondents in an electronic consent
form, and respondents were encouraged to answer the questionnaire according to their actual thoughts
and feelings. It took approximately 15 min to complete the questionnaire. The online survey was
opened for 30 days, and the returned questionnaires were carefully examined by two experienced
research assistants. There were no missing data in the survey responses, for the online questionnaire
could not be submitted with unanswered questions. After excluding questionnaires that were not
answered seriously (e.g., choosing the same answer for all questions, answers following a certain
tendency, reporting an unreasonable number of crashes), the final sample consisted of 628 participants
(364 males and 264 females) with an average age of 31.15 years (S.D. = 9.00 years), and covered 24
provinces and autonomous regions in China.

2.2. Measures

2.2.1. Demographic Information and Crash History

Besides the basic demographic information usually surveyed in similar studies (age, gender, and
educational background), cyclists were required to report their cycling exposure in terms of cycling
frequency and the average weekly cycling distance in the past 12 months. In addition, cyclists were
asked about how many times they nearly had an accident (i.e., near-misses), and the number of times
they have been involved in minor (those resulting in only material losses or slight personal injuries)
and major crashes (those leading to severe personal injuries) during cycling in the past 12 months.

2.2.2. Cycling Anger

Cycling anger is a predisposition to experience anger while cycling, commonly viewed as
a situation-specific form of personality trait anger [46]. Respondents’ cycling anger proneness was

www.sojump.com
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measured using the cycling anger scale (CAS) [46]. The CAS contains 14 items, each describing one type
of cyclists’ problematic interaction with other road users, including police, pedestrians, other cyclists
and drivers [40]. Respondents were asked to rate the level of anger they would experience when
encountering a given situation during cycling on a five-point Likert scale ranging from 1 (not at all) to
5 (very much). The four-factor CAS showed an acceptable internal consistency, with Cronbach’s α
ranging from 0.61 to 0.88 for the four subscales and 0.71 for the overall scale [46]. The Chinese version
of the CAS was adopted in the current study [47], which had the same factorial structure as the original
version and demonstrated a good internal consistency (a Cronbach’s α of 0.86 for the entire scale).

2.2.3. Sensation-seeking

Sensation-seeking is defined as one’s willingness to take physical and social risks for a novel
experience [48]. The brief sensation-seeking scale (BSSS) [49] was adopted to measure respondents’
sensation-seeking tendency. The BSSS was developed on the widely used sensation-seeking scale [50].
The 8 items covered the four basic aspects of sensation-seeking, including boredom susceptibility,
experience-seeking, thrill- and adventure-seeking as well as disinhibition, and the scale revealed
satisfactory internal reliability with a Cronbach’s α of 0.76 [49]. Respondents were required to rate the
extent to which they agreed with each statement on a five-point Likert scale (1 = strongly disagree,
5 = strongly agree). The BSSS has been validated in China by Chen et al., [51], and the Chinese version
was used in this study.

2.2.4. Impulsiveness

Impulsiveness is a personality trait addressing one’s tendency to act unguardedly and impulsively,
as well as a lack of planning [52]. The Barratt impulsiveness scale-11 (BIS-11) [53] is a commonly
used tool to measure an individual’s impulsiveness. The BIS-11 assesses the following three
aspects of impulsiveness: motor impulsiveness, attentional impulsiveness, and non-planning
impulsiveness. The internal consistency of the scale ranged from 0.79 to 0.83 when tested among
different populations [53]. All items of the BIS-11 are answered on a four-point scale (1 = rarely/never,
4 = almost always/ always). A short form of the BIS-11 comprising 15 items (BIS-15) was adopted
in this study [54], which retained the three-factor structure as the original version and showed good
reliability (Cronbach’s α = 0.79) as well as validity.

2.2.5. Normlessness

Normlessness refers to one’s belief that socially unapproved behaviors are necessary to achieve
certain goals [55]. Respondents’ normlessness was measured using Kohn and Schooler’s normlessness
scale [55]. The scale consisted of 4 items describing one’s belief that deviating behaviors are acceptable
to serve for certain goals, which were all answered on a five-point Likert scale ranging from 1 (strongly
disagree) to 5 (strongly agree). This study adopted the Chinese version of the normlessness scale,
which has been previously applied in Zheng et al.,’s study [45].

2.2.6. Risky Cycling Behaviors

Risky cycling behaviors were examined with the cycling behavior questionnaire (CBQ),
an assessment tool specifically designed for cyclists regarding their misbehaviors on the road [56].
In accordance with prior studies [21,25], a combination of two CBQ dimensions, violations and errors,
was adopted as the measure of risky cycling behaviors. The violations dimension contains 8 items
describing cyclists’ deliberate deviations from practices that are generally considered necessary to
maintain the safe operation of bicycles (Cronbach’s α = 0.70), and the errors dimension consists of 15
items which depict cyclists’ failure to perform the intended actions in traffic (Cronbach’s α = 0.85).
Respondents were required to choose how often they performed each type of behavior during cycling
in the past 12 months on a five-point Likert scale (1 = almost never/never, 5 = almost always/always).
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2.3. Statistical Analyses

All analyses were conducted in IBM SPSS v19.0 and the AMOS 21.0 statistical package. First,
descriptive statistics were performed on respondents’ demographics, cycling-related experience,
and crash history. Second, principal component analyses (PCA) using varimax rotation were applied to
examine the factorial structures of the variables. Internal consistency reliabilities of the variables were
then assessed with Cronbach’s α. In addition, structural equation modeling (SEM) with maximum
likelihood estimation was adopted to investigate the validity of the proposed model. A series of indices
were selected to evaluate the model fit, including the comparative fit index (CFI), the Tucker–Lewis
index (TLI), and the root mean square error of approximation (RMSEA) with a 90% surrounding
confidence interval (90% C.I.) [57]. Generally, a value no less than 0.90 for CFI and TLI indicates
an acceptable fit of the model to the sample data [57]. The model fit is also judged to be good when
RMSEA is no more than 0.06 [57].

3. Results

3.1. Descriptive Statistics

Descriptive statistics of respondents’ demographics and cycling exposure are presented in Table 1.
The respondents ranged in age from 15 to 59, and 78.0% of them were aged between 25 and 44 years.
The majority of the respondents (77.2%) had a high school or an undergraduate degree. Only 3.3%
of the respondents cycled over 50 km per week, and the percentages of respondents who reported
a weekly cycling distance of 11–20 km and 21–50 km were 34.9% and 35.7%, respectively.

In terms of crash history in the past 12 months, the respondents had an average of 0.74 near-miss
(S.D. = 0.92) during cycling, and the average numbers of minor and major crashes they have been
involved in as a cyclist were 0.36 (S.D. = 0.61) and 0.11 (S.D. = 0.33), respectively.

Table 1. Participants’ demographics and cycling exposure.

Variable N Percentage (%)

Gender
Male 364 58.0
Female 264 42.0

Age group
15–24 152 24.2
25–34 272 43.3
35–44 155 24.7
Over 44 years 49 7.8

Educational level
Middle school and below 94 15.0
High school 248 39.5
Undergraduate degree 237 37.7
Postgraduate degree and over 49 7.8

Weekly cycling distance
0–10 km 164 26.1
11–20 km 219 34.9
21–50 km 224 35.7
50–100 km 14 2.2
Over 100 km 7 1.1

3.2. Factorial Structures and Reliabilities of the Four Personality Traits and Risky Cycling Behaviors

PCA is a widely-used approach to abstract factors from questionnaire responses through
summarizing the information included in a set of correlated variables into a smaller number of
uncorrelated variables while minimizing the loss of information [58]. A series of PCA with varimax
rotation were conducted to investigate whether the original factorial structures of the scales measuring
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cycling anger, impulsiveness, normlessness, sensation-seeking, and risky cycling behaviors fit the
data collected in the present study. The Kaiser criterion (eigenvalues greater than 1.0) [59], the scree
plot test [60], and parallel analysis [61] were applied to determine the number of dimensions for
each variable.

3.2.1. Psychometric Properties of the CAS

The KMO measure for the CAS items was 0.834, and Bartlett’ test of sphericity was significant at
the 0.001 level (chi-square = 3216.73), indicating that the items were well-suited for factor analysis.
The PCA yielded four significant factors with eigenvalues greater than 1, and the four-factor structure
was then confirmed by the scree plot and the parallel analysis. The first factor included 4 items
describing cyclists’ interaction with cars (e.g., “A car forces you off your path”), accounting for 34.68%
of the explained variance. The second factor consisted of 4 items measuring cyclists’ anger proneness
when interacting with pedestrians (e.g., “Pedestrians are walking on the bicycle lane”), explaining
11.99% of the variance. The third and fourth factor each contained 3 items depicting cyclists’ interaction
with police (e.g., “You are fined for cycling on the wrong side of the road”) and other cyclists (e.g.,
“A cyclist drives very quickly towards you and thereby obstructs you”), and accounted for 10.63% and
8.83% of the variance, respectively. Cumulatively, the four factors explained 66.13% of the variance.

Factor loadings, means, and standard deviations of the CAS items are shown in Table 2. There was
no cross-loading for all items, and the factor loadings were all significant and greater than 0.32 (ranging
from 0.636 to 0.839), which was generally suggested as the minimum value of an acceptable factor
loading [62]. The four-factor structure is in accordance with that found in Zheng et al.’s study [47].
Moreover, Cronbach’s α of the whole scale and the four factors ranged between 0.75 and 0.85, indicating
a satisfactory internal consistency reliability for the CAS and its four subscales. Therefore, the four-factor
solution was used for further analysis, and the score of each factor was represented by the mean score
of its subordinate items.

3.2.2. Psychometric Properties of the BIS-15

As for impulsiveness, the 15 items were demonstrated suitable for factor analysis by a KMO
measure of 0.859 and a significant statistic of Bartlett’ test of sphericity at the 0.001 level (chi-square =

3913.77). The 15 items loaded on three significant factors with eigenvalues greater than 1. A further
examination of the scree plot and the parallel analysis suggested that the three-factor solution could
be used for further analysis. Factorial structure, means, and standard deviations of the BIS-15 items
are presented in Table 3. The first factor was comprised of 5 items describing one’s control over
behaviors and actions (e.g., “I do things without thinking”), and accounted for 38.07% of the variance.
The second factor contained 5 items depicting one’s preference to plan ahead for things (e.g., “I plan
for the future”), and 11.86% of the variance was explained by the factor. Five items measuring one’s
tendency to make quick cognitive decisions (e.g., “I don’t pay attention”) loaded on the third factor
and explained 9.81% of the variance. It was noticed that the items “I squirm at plays or lectures” and
“Easily bored solving thought problems” cross-loaded on the motor impulsiveness factor and the
attentional impulsiveness factor. Therefore, the two items were then eliminated to avoid ambiguity.
Factor loadings of the 13 items retained in the final structure were within the range of 0.689–0.801.
The three-factor structure also reached a satisfactory internal consistency with Cronbach’s α ranging
from 0.73 to 0.88 for the subscales and the whole scale. A mean score of each factor was then calculated
based on the items within the dimension.
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Table 2. Factor loadings, means, and standard deviations of the CAS items.

Items
Factor
1-Car

Interaction

Factor
2-Pedestrian
Interaction

Factor
3-Police

Interaction

Factor
4-Cyclist

Interaction
Mean (S.D.)

A fast driving car overtakes you leaving
very little space between you. 0.785 3.62 (1.03)

A car overtakes you in a narrow lane. 0.781 3.45 (1.00)

A car forces you off your path. 0.752 3.79 (0.99)

A car fails to give you the right of way. 0.724 3.34 (1.11)

Pedestrians are walking on the bicycle lane. 0.783 3.08 (1.03)

A pedestrian blocks the bicycle lane. 0.783 3.13 (1.01)

A pedestrian surprisingly steps on your
bicycle lane in front of you. 0.742 3.36 (1.00)

A pedestrian deliberately blocks your
bicycle lane. 0.636 3.77 (0.95)

You are fined for cycling on the wrong side
of the road. 0.839 2.79 (1.10)

You are fined for cycling without lights. 0.818 2.90 (1.09)

You are fined as your bicycle is considered
not fit for the road. 0.813 3.12 (1.15)

A cyclist drives very quickly towards you
and thereby obstructs you. 0.803 3.12 (1.03)

A cyclist overtakes you in a narrow lane. 0.780 2.98 (1.05)

A cyclist forces you off your path. 0.744 3.33 (1.06)

Eigenvalue 4.855 1.678 1.488 1.236

Explained variance (%) 34.68 11.99 10.63 8.83

Cronbach’s α 0.77 0.85 0.82 0.75 0.85

Mean (S.D.) 3.55 (0.83) 3.33 (0.77) 2.93 (0.95) 3.14 (0.85) 3.27 (0.61)

Note: S.D. = standard deviation.

Table 3. Factor loadings, means, and standard deviations of the BIS-15 items.

Items Factor 1-MI Factor 2-NP Factor 3-AI Mean (S.D.)

I act on impulse. 0.801 1.76 (0.82)
I say things without thinking. 0.739 1.86 (0.82)

I buy things on impulse. 0.735 1.83 (0.84)
I do things without thinking. 0.727 1.85 (0.86)

I act on the spur of the moment. 0.689 1.91 (0.82)
I plan for the future. 0.767 2.09 (0.80)

I plan for job security. 0.752 2.04 (0.96)
I am a careful thinker. 0.727 2.03 (0.88)

I save regularly. 0.725 1.93 (0.95)
I plan tasks carefully. 0.721 2.08 (0.88)
I concentrate easily. 0.743 2.17 (1.02)

I don’t pay attention. 0.742 2.06 (0.93)
I am restless at lectures or talks. 0.724 1.86 (0.88)

* Easily bored solving thought problems. 0.369 0.597 1.94 (0.80)
* I squirm at plays or lectures. 0.395 0.562 2.03 (0.84)

Eigenvalue 5.710 1.779 1.471
Explained variance (%) 38.07 11.86 9.81

Cronbach’s α 0.85 0.84 0.73 0.88
Mean (S.D.) 1.84 (0.66) 2.03 (0.70) 2.03 (0.76) 1.96 (0.55)

Note: MI denotes motor impulsiveness, NP denotes non-planning, AI denotes attentional impulsiveness.
Items marked with * were eliminated from the following analysis. S.D. denotes standard deviation.
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3.2.3. Psychometric Properties of the Normlessness Scale and the BSSS

Appropriateness of the normlessness scale for factor analysis was ensured by the results of the
KMO test (KMO = 0.722) and Bartlett’s test of sphericity (chi-square = 308.50, p = 0.000). The PCA
reproduced a unidimensional structure as in previous studies [45], and the percentage of variance
explained by the single-factor solution was 49.04%. Factor loadings of the four items are listed in
Table 4 with means and standard deviations. It can be seen that the four items all have significant
factor loadings of 0.669–0.736. Besides, the scale also demonstrated acceptable internal consistency
with a Cronbach’s α of 0.71.

Table 4. Factor loadings, means, and standard deviations of the Normlessness items.

Items Factor 1 Means (S.D.)

It is all right to do anything you want as long as you keep out of trouble. 0.736 1.87 (0.81)
It is OK to get around laws and rules as long as you don’t break them directly. 0.707 2.07 (0.85)

Some things can be wrong to do even though it is legal to do it. 0.688 1.93 (0.84)
If something works, it is less important whether it is right or wrong. 0.669 1.89 (0.85)

Eigenvalue 1.962
Explained variance (%) 49.04

Cronbach’s α 0.71
Mean (S.D.) 1.94 (0.59)

Note: S.D. = standard deviation.

With regards to sensation-seeking, a KMO measure of 0.891 and a significant statistic of Bartlett’s
test of sphericity at the 0.001 level (chi-square = 2052.85) showed that the 8 items were suitable for
factor analysis. The one-factor solution found in Chen et al.’s study [51] was successfully replicated.
Means, standard deviations, and factor loadings of the items are given in Table 5. A total of 53.39% of
the variance was explained by the items, of which the factor loadings ranged between 0.614 and 0.815.
Cronbach’s α of the scale was 0.87, indicating satisfactory internal reliability.

Table 5. Factor loadings, means, and standard deviations of the BSSS items.

Factor 1 Means (S.D.)

I would do anything as long as it’s exciting and stimulating. 0.815 2.21 (0.91)
Take adventure always makes me happy. 0.794 2.45(0.98)

I’m interested in almost everything that is new. 0.769 2.28 (1.04)
To pursue new stimulus and excitement, I can go against rules and regulations. 0.736 2.32(0.92)

I would love to socialize with adventurous people. 0.735 2.47 (1.00)
I always like to do things that no one else has done before. 0.701 2.46 (0.94)

I will feel very uncomfortable if I stay in the same place for too long. 0.658 2.31 (0.91)
I get restless if I do the same thing a long time. 0.614 2.24(0.91)

Eigenvalue 4.271
Explained variance (%) 53.39

Cronbach’s α 0.87
Mean (S.D.) 2.34 (0.70)

Note: S.D. = standard deviation.

3.2.4. Psychometric Properties of the Scale Measuring Risky Cycling Behaviors

As for the measure of risky cycling behaviors, the KMO measure of the 23 items was 0.962,
and the statistic of Bartlett’s test of sphericity was significant at the 0.001 level (chi-square = 6436.84),
denoting that the data were appropriate for factor analysis. Two significant factors with eigenvalue
over 1 were generated through the PCA procedure and confirmed by the scree plot as well as the
parallel analysis. The two-factor solution as well as means and standard deviations of the items are
summarized in Table 6. The first factor included 15 items depicting cyclists’ failure to perform planned
actions or to achieve certain goals (e.g., “Unintentionally, hitting a parked vehicle”), accounting for
42.15% of the variance. The second factor consisted of 8 items measuring cyclists’ deliberate violation
of traffic rules (e.g., “Cycling under the influence of alcohol and/or other drugs or hallucinogens”)
and explained 7.52% of the variance. However, 4 items were found to contribute substantially to
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both factors, for example, the item “Not realizing that a vehicle that was parked intends to leave and
hailing to brake abruptly to avoid colliding with it”. The ambiguous items were removed from further
analysis. Besides, the two factors both demonstrated good internal consistency reliabilities (Cronbach’s
α = 0.90 for errors, 0.86 for violations). The mean scores of the two factors were calculated based on the
items retained in each dimension.

Table 6. Factor loadings, means, and standard deviations of the items measuring risky cycling behaviors.

Items Factor 1-Errors Factor 2-Violations Means (S.D.)

Unintentionally, hitting a parked vehicle. 0.704 1.89 (0.76)

Trying to brake but not being able to use the brakes properly due
to poor hand positioning.

0.694 1.76 (0.75)

Braking very abruptly on a slippery surface. 0.669 1.84 (0.76)

Unintentionally, crossing the street without looking properly,
making another vehicle brake to avoid a crash.

0.665 1.81 (0.75)

When you drive on the right, you do not realize that a passenger is
getting out of a vehicle or bus and are close to hitting him or her.

0.642 1.88 (0.76)

Fail to notice the presence of pedestrians crossing when turning. 0.639 1.86(0.78)

While you’re distracted, you do not realize that a pedestrian
intended to cross a crosswalk, and so you do not stop to let him or
her do so.

0.639 1.85(0.72)

Failing to be aware of the road conditions and therefore falling
over a bump or hole.

0.638 1.86(0.75)

Brake suddenly and be close to causing an accident. 0.637 1.89(0.80)

Trying to overtake a vehicle that had previously used its
indicators to signal that it was going to turn, having to brake.

0.631 1.84(0.76)

* Not realizing that a vehicle that was parked intends to leave and
hailing to brake abruptly to avoid colliding with it.

0.616 0.310 1.88 (0.76)

* Colliding (or being close to it) with a pedestrian or another
cyclist while cycling distractedly.

0.602 0.303 1.84 (0.73)

* Mistaking one traffic signal for another, and maneuvering
according to the latter.

0.600 0.320 1.87 (0.75)

Not braking on a “Stop” or “Yield” sign and being close to
colliding with another vehicle or pedestrian.

0.588 1.93 (0.75)

Misjudging a turn and hitting something on the road or being
close to losing balance (or falling).

0.584 1.91 (0.76)

* Have a dispute in speed or “race” with another cyclist or driver. 0.321 0.740 1.94 (0.80)

Cycling under the influence of alcohol and /or other drugs or
hallucinogens.

0.723 1.97 (0.84)

Handle potentially obstructive objects while riding a bicycle (food,
packs, cigarettes . . . )

0.710 2.08 (0.83)

Zigzagging between vehicles when using a mixed lane. 0.706 2.03 (0.87)

Going against the direction of traffic (wrong way). 0.663 2.01 (0.91)

Crossing what appears to be a clear crossing, even if the traffic
light is red.

0.657 2.06 (0.87)

Carry a passenger on your bicycle without it being adapted for
such a purpose.

0.650 2.02 (0.84)

Feeling that sometimes I’m going at a higher speed than I should
be going at.

0.640 2.08 (0.86)

Eigenvalue 9.695 1.730

Explained variance (%) 42.15 7.52

Cronbach’s α 0.90 0.86 0.92

Mean (S.D.) 1.86 (0.53) 2.03 (0.63) 1.92 (0.51)

Note: Items marked with * were eliminated from the following analysis. S.D. denotes standard deviation.
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3.3. Relationships among Personality Traits, Risky Cycling Behaviors, and Crash Risk

The proposed model was estimated using SEM. Cycling anger, impulsiveness, normlessness,
sensation seeking, and risky cycling behaviors were analyzed as latent variables in the model.
The independent variable, crash risk, was denoted by the number of times a respondent had been
involved in near-misses, minor and major crashes. Demographics including gender, age, educational
level, and weekly cycling distance were included in the model as control variables. Covariance between
the four personality variables was also taken into account. Prior to the estimation of the proposed
model, indicators of variables measuring personality traits and cycling behaviors were subject to
normality tests. As a rule of thumb, the assumption of normality is considered to be met when the
skewness and the kurtosis values are within the range of ±2.0 [63]. In this study, absolute values of
skewness and kurtosis for these variables were all lower than 1.5 (shown in Table A1), suggesting that
the variables were all within the normal range and could be analyzed using SEM.

Standardized estimates of the hypothesized model are shown in Figure 2. The overall model
demonstrated an adequate fit to the sample data: χ2(335) = 687.674, p = 0.000, CFI = 0.933, TLI = 0.924,
RMSEA = 0.045 (90% C.I.: 0.039–0.051). Although the χ2 statistics were significant at the 0.001
level, the χ2/df ratio was smaller than the acceptable value of 5 [64]. It can be seen that among
the four personality traits, cycling anger, impulsiveness, and normlessness were significantly and
positively correlated to risky cycling behaviors (β = 0.12–0.27, p < 0.05), while sensation-seeking
showed a nonsignificant relationship with cycling behavior (β = 0.07, p > 0.05). Impulsiveness emerged
as the strongest predictor of risky cycling behaviors (β = 0.27, p < 0.001). A total of 15 % of the
variance in risky cycling behaviors was explained by the four personality traits. Besides, risky cycling
behaviors had a significant effect on crash risk (β = 0.29, p < 0.001), and cycling anger also functioned
as a significant predictor of crash risk (β = 0.23, p < 0.01). That is, cycling anger not only affected crash
risk in a direct way but also contributed to crash risk indirectly through impacting cycling behaviors.
However, none the other three personality traits (β = 0.03–0.12, p > 0.05) nor the demographic variables
(β = 0.04–0.10, p > 0.05) had significant direct impacts on crash risk. As a result, a cumulative of 25% of
the variance in crash risk was accounted for by these variables.

Furthermore, a bootstrapping procedure was conducted to investigate the magnitude of
effects exerted by the four personality traits on crash risk. Indirect effects at the 95% confidence
interval were calculated using 5000 bootstrapping samples. The standardized total, direct and
indirect effects of the four personality traits, are summarized in Table 7. As shown in the table,
sensation-seeking did not reveal a significant direct or indirect effect on crash risk. Cycling anger,
impulsiveness, and normlessness exerted significant indirect effects on crash risk through impacting
risky cycling behaviors. The summated effect of cycling anger was stronger than that of impulsiveness
and normlessness.

Table 7. The standardized total, direct, and indirect effects of four personality traits on crash risk.

Cycling Anger Impulsiveness Normlessness Sensation-Seeking

Indirect effects 0.059 ** 0.079 ** 0.034 * 0.021
Direct effects 0.229 ** 0.112 0.116 0.025
Total effects 0.288 ** 0.190 * 0.150 * 0.046

Note: ** p < 0.01, * p < 0.05.
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4. Discussion

This study was driven by the motivation to explore the impact of cyclists’ personality and
risky cycling behaviors on road crash risk. The results showed that cycling anger, impulsiveness,
and normlessness were significantly and positively correlated to risky cycling behaviors, and the risk
of being involved in crash-related conditions was directly predicted by risky cycling behaviors and
cycling anger. Moreover, the effects of cycling anger, impulsiveness, and normlessness on crash risk
were mediated by cycling behaviors.

The final model revealed a significant correlation between cycling anger and cyclists’ risky riding,
indicating that cyclists who are more prone to be provoked in traffic are more likely to violate traffic
rules and commit unintentional errors. Although similar relationships have been documented in
several earlier studies [46,47], the current results would provide a clearer picture of the association
between these two constructs by employing a latent variable structure as well as a more comprehensive
measure of cycling behavior. The findings also resemble conclusions drawn by previous research on
automobile drivers, where driving anger was found to significantly increase drivers’ endorsement
of speeding, ordinary violations, and aberrant driving [39,41,65]. Individuals who are susceptible to
road anger tend to show more risk-supportive attitudes [66], and are likely to suffer from impaired
performance in risk judgement when experiencing anger feelings [67,68]. In that sense, cyclists’
capability to accurately assess the traffic environment and to detect potential hazards on the road could
be weakened by cycling anger, which might stimulate their willingness to take risks and in turn add to
the endorsement of risky cycling behaviors.

Besides, cyclists who had a higher level of impulsiveness also reported more risky cycling
behaviors. Although lacking direct support from existing research on cyclists, the results coincide
with a series of studies that have revealed a significant impact of impulsiveness on drivers’ dangerous
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behaviors behind the wheel [39,69]. Impulsiveness refers to the tendency of acting without thinking,
lacking concern for future events, and having difficulty in maintaining attention [53]. Therefore, cyclists
who scored higher on impulsiveness might present an absence of advanced cognition regarding the
risk underlying the engagement in traffic violations. Moreover, due to the inability to concentrate
consistently on the cycling task and to take proactive maneuvers in case of potential hazards, impulsive
cyclists tended to commit more riding errors such as failure to successfully interact with other road users.
In addition, cyclists’ normlessness also increased their endorsement in risky riding. Similar results were
witnessed in Iversen and Rundmo’s study [39] as well as Yang et al.’s study [35], where normlessness
significantly predicted drivers’ involvement in ordinary violations and overspeeding. Individuals
with a high level of normlessness seemed to experience lower barriers regarding socially unacceptable
behaviors with more willingness to behave in a deviant manner [38,43], which might consequently
manifest in cycling when such unsafe behaviors served certain personal goals like saving time or
for convenience.

Surprisingly, sensation-seeking did not reveal a significant impact on the involvement in risky
cycling behaviors, contradictory to a previous finding that a strong correlation existed between
sensation-seeking and drivers’ unsafe driving [39,42,65]. This discrepancy is likely to be due to
the variations in sample characteristics between this study and previous ones. More specifically,
the present study examined a sample consisting of cyclists within a broad age range (15–59 years),
while studies that revealed a significant impact of sensation-seeking commonly focused on age-specific
and/or gender-specific motorized transport users (e.g., young male drivers or motorcyclists) [65,66].
Given that sensation-seeking is a personality disposition which tends to increase during childhood to
early adolescence while steadily decline into adulthood thereafter [70], the nonsignificant correlation
witnessed in this study may be a result of not targeting subjects with extreme high sensation-seeking
tendencies (only 8 respondents scored higher than 4 on sensation-seeking). Another possible explanation
could be that the risky cycling behaviors examined in this study included not only traffic violations but
also cycling errors. Unlike deliberate misbehaviors such as speeding and drunk driving, cycling errors
seem to share fewer similarities with the nature of sensation seeking and may not be used to generate
excitement. Nevertheless, an examination of the effect of sensation-seeking is worthy of further study.

In agreement with the literature [21,25], risky cycling behaviors were the strongest predictor of
cyclists’ crash risk in this study, implying that cyclists who commit more violations and cycling errors
have a higher propensity to be involved in adverse outcomes such as near-misses and road crashes.
Moreover, cycling anger, one of the personality traits, also directly predicted cyclists’ crash risk when
the effects of demographics and cycling behaviors were controlled, consistent with previous studies
where road anger has been identified as a proximal construct to crash-related outcomes for cyclists and
drivers [39,71]. The results indicate that cycling anger not only increases the occurrence of crash-related
circumstances through impelling cyclists to engage in more risk-taking behaviors but also adds to
crash risk in a direct manner. In addition, cyclists’ impulsiveness and normlessness also significantly
contributed to crash risk via increasing risky riding. The discrepancy regarding the impact pattern of
these personality traits could be caused by the dissimilar nature underlying these dispositions and
the different ways they interact with one’s information processing, cognition, and decision making.
Nevertheless, significant effects of sensation seeking on cyclists’ crash risk were not found in the current
study. This result seemed reasonable given that earlier studies have suggested that a sensation-seeker
might not necessarily be a risk-taker and would probably perform risky behaviors safely [72,73].

4.1. Practical Implications

This study contributes to the current understanding of the mechanism underlying cyclists’ high
crash rates through employing a mediated model combining personality traits, cycling behaviors,
and crash risk. The current results shed light on the importance of cycling anger, sensation-seeking,
and impulsiveness in the causation of cyclists’ unsafe cycling behaviors and involvement in crash-related
outcomes. Cyclists at risk are prone to anger in traffic, tend to act without consideration of the
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consequences, and have low barriers regarding deviating behaviors. Therefore, interventions should
be directed to these high-risk populations to prevent their involvement in risky riding. Notably,
the findings did not suggest interventions for changing cyclists’ personality, because personality has
been proven to be stable during one’s lifespan and thus less malleable by intervening strategies [74,75].
Nonetheless, prior research has suggested that road anger, a more situation-specific predisposition,
could be feasibly reduced through short-term and cost-effective groups focusing on self-managed
relaxation coping skills or a combination of relaxation and cognitive skills [76]. This would potentially
reduce cyclists’ risky riding induced by cycling anger and might, in turn, help to ameliorate the risk
of being involved in road crashes and injuries. Furthermore, the results also provide a possibility
to identify the at-risk cyclists through a personality assessment. If the high-risk populations can be
identified, particularly at a young age, preventive measures can be implemented to prevent them
from developing these unsafe cycling habits. Additionally, the findings also indicate that in the
framework of interventions specified for cyclists, their behaviors warrant special attention. Empirical
evidence showed that cyclists’ knowledge of traffic rules and risk perception abilities could constitute
potential targets for tackling unsafe cycling practices [21]. Mass media campaigns and road safety
educational programs (perhaps through collaboration between government agencies and companies
providing bike-sharing services) could play a role in raising societal awareness of cycling safety issues,
and stricter administrative measures directed to cyclists might also help to mitigate risky riding among
Chinese cyclists.

4.2. Limitations and Future Research

There remain several limitations to be addressed in this study. First, the sole reliance on
self-reported measures has inherent limitations such as susceptibility to respondents’ recall bias
or social desirability, especially for measures of risky cycling behaviors and crash involvement.
Nevertheless, the validity of self-reported data in the road safety domain and the CBQ used in this
study has been verified by previous research [56,77,78], and respondents’ independent answering of
the questionnaire might also help to alleviate the social desirability bias. It is worth mentioning that
although registered data from police and hospitals can provide valuable insight into traffic accidents,
a substantial proportion of cycling-related crashes are underreported, in particular, single-bicycle
crashes and those not involving severe material losses or personal injuries. For future research,
integrated measures based on self-reports and archived data could be implemented to capture more
information about cyclists’ crash risks. Second, all the respondents volunteered for this study, and
those who were not active cyclists or younger than 15 were excluded from the survey, which might
somewhat limit the generalizability of the current findings. Although the age composition and gender
ratio of the current sample were generally similar to that reported by several observational studies
on Chinese cyclists [79], it is important that future research should disentangle this issue by testing
the proposed model in a more socio-demographically diverse sample. Third, two different aspects
of cycling behavior, violations and errors, were considered as one factor in the proposed model.
The discrepancy between these two constructs needs to be addressed in future studies so as to better
comprehend the mechanism underlying each type of behavior and their association with cyclists’
crash risks.

5. Conclusions

This study is the first attempt to explain cyclists’ crash risks from a combined perspective
of personality and cycling behavior. The results showed that cyclists’ road anger, impulsiveness,
and normlessness were positively related to risky cycling behaviors. Cyclists’ crash risks were not only
predicted by cycling anger and risky cycling behaviors but also indirectly influenced by cycling anger,
impulsiveness, and normlessness through the mediation of cycling behaviors. Cyclists’ demographics
and weekly cycling distances did not have an impact on crash risk. The current findings highlight
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the role of personality traits in impacting cyclists’ cycling behaviors and involvement in crash-related
conditions and can aid in developing evidence-based strategies to promote cycling safety in China.
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Appendix A

Table A1. Skewness and kurtosis of indicators of the examined variables.

Skewness Kurtosis

Cycling anger
Police interaction 0.058 −0.677
Cyclist interaction −0.116 −0.800

Car interaction −0.352 −0.529
Pedestrian interaction −0.162 −0.459

Impulsiveness
Motor impulsiveness 1.286 0.779

Non-planning 0.997 −0.072
Attentional impulsiveness 0.513 −0.637

Sensation seeking
S1 0.533 0.049
S2 0.545 0.102
S3 0.644 −0.054
S4 0.397 −0.156
S5 0.593 0.277
S6 0.417 −0.194
S7 0.425 −0.268
S8 0.572 0.079

Normlessness
N1 0.864 1.034
N2 0.689 0.669
N3 0.904 0.905
N4 1.007 1.493

Risky cycling behaviors
Violations 0.488 −0.382

Errors 0.610 0.195

References

1. De Hartog, J.J.; Boogaard, H.; Nijland, H.; Hoek, G. Do the health benefits of cycling outweigh the risks?
Environ. Health Perspect. 2010, 118, 1109–1116. [CrossRef] [PubMed]

2. Oja, P.; Titze, S.; Bauman, A.; de Geus, B.; Krenn, P.; Reger-Nash, B.; Kohlberger, T. Health benefits of cycling;
a systematic review. Scand. J. Med. Sci. Sports 2011, 21, 496–509. [CrossRef] [PubMed]

3. Götschi, T.; Garrard, J.; Giles-Corti, B. Cycling as a part of daily life: A review of health perspectives. Transp.
Rev. 2016, 36, 45–71. [CrossRef]

4. Martínez-Ruiz, V.; Jiménez-Mejías, E.; Luna-del-Castillo, J.D.D.; García-Martín, M.; Jiménez-Moleón, J.J.;
Lardelli-Claret, P. Association of cyclists’ age and sex with risk of involvement in a crash before and after
adjustment for cycling exposure. Accid. Anal. Prev. 2014, 62, 259–267. [CrossRef]

5. O’Hern, S.; Oxley, J. Fatal cyclist crashes in Australia. Traffic Inj. Prev. 2018, 19, 27–31. [CrossRef]

http://dx.doi.org/10.1289/ehp.0901747
http://www.ncbi.nlm.nih.gov/pubmed/20587380
http://dx.doi.org/10.1111/j.1600-0838.2011.01299.x
http://www.ncbi.nlm.nih.gov/pubmed/21496106
http://dx.doi.org/10.1080/01441647.2015.1057877
http://dx.doi.org/10.1016/j.aap.2013.10.011
http://dx.doi.org/10.1080/15389588.2018.1497166


Int. J. Environ. Res. Public Health 2019, 16, 4881 16 of 19

6. World Report on Road Traffic Injury Prevention. Available online: https://apps.who.int/iris/bitstream/handle/

10665/42871/9241562609.pdf;jsessionid=6B65143D6412C7C88C5FF7DD283DB36A?sequence=1 (accessed on
2 September 2019).

7. Global Status Report on Road Safety 2018. Available online: https://www.who.int/violence_injury_prevention/

road_safety_status/2018/en/ (accessed on 16 September 2019).
8. Road Safety in the Western Pacific Region 2015. Available online: https://www.who.int/westernpacific/

health-topics/road-safety/ (accessed on 16 September 2019).
9. Blaizot, S.; Papon, F.; Haddak, M.M.; Amoros, E. Injury incident rates of cyclists compared to pedestrians,

car occupants and powered two-wheeler riders, using a medical registry and mobility data, Rhône County,
France. Accid. Anal. Prev. 2013, 58, 35–45. [CrossRef]

10. Pucher, J.; Dijkstra, L. Promoting safe walking and cycling to improve public health: Lessons from the
Netherlands and Germany. Am. J. Public Health 2003, 3, 1509–1516. [CrossRef]

11. Chaurand, N.; Delhomme, P. Cyclists and drivers in road interactions: A comparison of perceived crash risk.
Accid. Anal. Prev. 2013, 50, 1176–1184. [CrossRef]

12. Prati, G.; Puchades, V.M.; Pietrantoni, L. Cyclists as a minority group? Transp. Res. Part F Traffic Psychol.
Behav. 2017, 47, 34–41. [CrossRef]

13. Winters, M.; Branion-Calles, M. Cycling safety: Quantifying the under reporting of cycling incidents in
Vancouver, British Columbia. J. Transp. Health 2017, 7, 48–53. [CrossRef]

14. BoeleVos, M.J.; Duijvenvoorde, K.V.; Doumen, M.J.A.; Duijvenvoorde, C.W.A.E.; Louwerse, W.J.R.;
Davidse, R.J. Crashes involving cyclists over 50 and over in the Netherlands: An in-depth study. Accid. Anal.
Prev. 2017, 105, 4–10. [CrossRef] [PubMed]

15. Chen, P.; Shen, Q. Built environment effects on cyclist injury severity in automobile-involved bicycle crashes.
Accid. Anal. Prev. 2016, 86, 239–246. [CrossRef] [PubMed]

16. Guo, Y.; Osama, A.; Sayed, T. A cross-comparison of different techniques for modeling macro-level cyclists
crashes. Accid. Anal. Prev. 2018, 13, 38–46. [CrossRef] [PubMed]

17. Martínez-Ruiz, V.; Jiménez-Mejías, E.; Amezcua-Prieto, C.; Olmedo-Requena, R.; de Dios Luna-del-Castillo, J.;
Lardelli-Claret, P. Contribution of exposure, risk of crash and fatality to explain age- and sex-related
differences in traffic-related cyclist mortality rates. Accid. Anal. Prev. 2015, 76, 152–158. [CrossRef] [PubMed]

18. Klop, J.R.; Khattak, A.J. Factors influencing bicycle crash severity on two-lane, undivided roadways in North
Carolina. Transp. Res. Rec. 1999, 1674, 78–85. [CrossRef]

19. Rifaat, S.M.; Tay, R.; de Barros, A. Effects of street pattern on the severity of the crashes involving vulnerable
road users. Accid. Anal. Prev. 2011, 43, 276–286. [CrossRef] [PubMed]

20. Moore, D.N.; Schneider Iv, W.H.; Savolainen, P.T.; Farzaneh, M. Mixed logit analysis of bicyclist injury
severity resulting from motor vehicle crashes at intersection and non-intersection locations. Accid. Anal.
Prev. 2011, 43, 621–630. [CrossRef]

21. Useche, S.; Alonso, F.; Montoro, L.; Esteban, O. Explaining self-reported traffic crashes of cyclists: An empirical
study based on age and road risky behaviors. Saf. Sci. 2019, 113, 105–114. [CrossRef]

22. De Geus, B.; Vandenbulcke, G.; Panis, L.I.; Thomas, I.; Degraeuwe, B.; Cumps, E.; Aertsens, J.; Torfs, R.;
Meeusen, R. A prospective cohort study on minor accidents involving commuter cyclists in Belgium. Accid.
Anal. Prev. 2012, 45, 683–693. [CrossRef]

23. De Rome, L.; Boufous, S.; Georgeson, T.; Senserrick, T.; Richardson, D.; Ivers, R. Bicycle crashes in different
riding environments in the Australian Capital Territory. Traffic Inj. Prev. 2014, 15, 81–88. [CrossRef]

24. Klassen, J.; El-Basyouny, K.; Islam, M.T. Analyzing the severity of bicycle-motor vehicle collision using
spatial mixed logit models: A city of Edmonton case study. Saf. Sci. 2014, 62, 295–304. [CrossRef]

25. Useche, S.; Montoro, L.; Alonso, F.; Oviedo-Trespalacios, O. Infrastructural and human factors affecting
safety outcomes of cyclists. Sustainability 2018, 10, 299. [CrossRef]

26. Chen, F.; Song, M.; Ma, X. Investigation on the injury severity of drivers in rear-end collisions between cars
using a random parameters bivariate ordered probit model. Int. J. Environ. Res. Public Health 2019, 16, 2632.
[CrossRef] [PubMed]

27. Billot-Grasset, A.; Hours, M. How cyclist behavior affects bicycle accident configurations? Transp. Res. Part F
Traffic Psychol. Behav. 2016, 41, 261–276. [CrossRef]

28. Fraboni, F.; Puchades, M.; de Angelis, M.; Pietrantoni, L.; Prati, G. Red light running behavior of cyclists in
Italy: An observational study. Accid. Anal. Prev. 2018, 29, 219–232. [CrossRef]

https://apps.who.int/iris/bitstream/handle/10665/42871/9241562609.pdf;jsessionid=6B65143D6412C7C88C5FF7DD283DB36A?sequence=1
https://apps.who.int/iris/bitstream/handle/10665/42871/9241562609.pdf;jsessionid=6B65143D6412C7C88C5FF7DD283DB36A?sequence=1
https://www.who.int/ violence_injury_prevention/road_safety_status/2018/ en/
https://www.who.int/ violence_injury_prevention/road_safety_status/2018/ en/
https://www.who.int/westernpacific/health-topics/road-safety/
https://www.who.int/westernpacific/health-topics/road-safety/
http://dx.doi.org/10.1016/j.aap.2013.04.018
http://dx.doi.org/10.2105/AJPH.93.9.1509
http://dx.doi.org/10.1016/j.aap.2012.09.005
http://dx.doi.org/10.1016/j.trf.2017.04.008
http://dx.doi.org/10.1016/j.jth.2017.02.010
http://dx.doi.org/10.1016/j.aap.2016.07.016
http://www.ncbi.nlm.nih.gov/pubmed/27544622
http://dx.doi.org/10.1016/j.aap.2015.11.002
http://www.ncbi.nlm.nih.gov/pubmed/26609666
http://dx.doi.org/10.1016/j.aap.2018.01.015
http://www.ncbi.nlm.nih.gov/pubmed/29407667
http://dx.doi.org/10.1016/j.aap.2015.01.008
http://www.ncbi.nlm.nih.gov/pubmed/25658669
http://dx.doi.org/10.3141/1674-11
http://dx.doi.org/10.1016/j.aap.2010.08.024
http://www.ncbi.nlm.nih.gov/pubmed/21094325
http://dx.doi.org/10.1016/j.aap.2010.09.015
http://dx.doi.org/10.1016/j.ssci.2018.11.021
http://dx.doi.org/10.1016/j.aap.2011.09.045
http://dx.doi.org/10.1080/15389588.2013.781591
http://dx.doi.org/10.1016/j.ssci.2013.09.007
http://dx.doi.org/10.3390/su10020299
http://dx.doi.org/10.3390/ijerph16142632
http://www.ncbi.nlm.nih.gov/pubmed/31340600
http://dx.doi.org/10.1016/j.trf.2015.10.007
http://dx.doi.org/10.1016/j.aap.2018.08.013


Int. J. Environ. Res. Public Health 2019, 16, 4881 17 of 19

29. Zhang, W.; Zhou, C.; Huang, W.; Tao, H.; Wang, K.; Feng, Z.; Hu, Z. Investigating factors affecting riders’
behaviors of occupying motorized vehicle lanes on urban streets. Accid. Anal. Prev. 2019, 122, 127–133.
[CrossRef]

30. Martínez-Ruiz, V.; Lardelli-Claret, P.; Jiménez-Mejías, E.; Amezcua-Prieto, C.; Jiménez-Moleón, J.J.;
de Dios Luna-del-Castillo, J. Risk factors for causing road crashes involving cyclists: An application
of a quasi-induced exposure method. Accid. Anal. Prev. 2013, 51, 228–237. [CrossRef]

31. Bacchieri, G.; Barros, A.J.D.; dos Santos, J.V.; Gigante, D.P. Cycling to work in Brazil: Users profile,
risk behaviors, and traffic accident occurrence. Accid. Anal. Prev. 2010, 42, 1025–1030. [CrossRef]

32. Ulleberg, P.; Rundmo, T. Personality, attitudes and risk perception as predictors of risky driving behavior
among young drivers. Saf. Sci. 2003, 41, 427–443. [CrossRef]

33. Holland, C.; Geraghty, J.; Shah, K. Differential moderating effect of locus of control on effect of driving
experience in young male and female drivers. Personal. Individ. Differ. 2010, 48, 821–826. [CrossRef]

34. Falco, A.; Piccirelli, A.; Girardi, D.; Corso, L.D.; De Carlo, N.A. Risky riding behavior on two wheels:
The role of cognitive, social and personality variables among young adolescents. J. Saf. Res. 2013, 46, 47–57.
[CrossRef] [PubMed]

35. Yang, J.; Du, F.; Qu, W.; Gong, Z.; Sun, X. Effects of personality on risky driving behavior and accident
involvement for Chinese drivers. Traffic Inj. Prev. 2013, 14, 565–571. [CrossRef] [PubMed]

36. Zhang, T.; Chan, A.H.S.; Xue, H.; Zhang, X.; Tao, D. Driving anger, aberrant driving behaviors, and road
crash risk: Testing of a mediated model. Int. J. Environ. Res. Public Health 2019, 16, 297. [CrossRef] [PubMed]

37. Gulliver, P.; Begg, D. Personality factors as predictors of persistent risky driving behavior and crash
involvement among young adults. Inj. Prev. 2007, 13, 376–381. [CrossRef] [PubMed]

38. Constantinou, E.; Panayiotou, G.; Konstantinou, N.; Loutsiou-Ladda, A.; Kapardis, A. Risky and aggressive
driving in young adults: Personality matters. Accid. Anal. Prev. 2011, 43, 1323–1331. [CrossRef] [PubMed]

39. Iversen, H.; Rundmo, T. Personality, risky driving and accident involvement among Norwegian drivers.
Personal. Individ. Differ. 2012, 33, 1251–1263. [CrossRef]

40. Sümer, N. Personality and behavioral predictors of traffic accidents: Testing a contextual mediated model.
Accid. Anal. Prev. 2003, 23, 949–964. [CrossRef]

41. Zhang, T.R.; Chan, A.H.S.; Zhang, W. Dimensions of driving anger and their relationships with aberrant
driving. Accid. Anal. Prev. 2015, 81, 124–133. [CrossRef]

42. Ge, Y.; Qu, W.; Jiang, C.; Du, F.; Sun, X.; Zhang, K. The effect of stress and personality on dangerous driving
behavior among Chinese drivers. Accid. Anal. Prev. 2014, 73, 34–40. [CrossRef]

43. Cheng, A.S.K.; Ng, T.C.K.; Lee, H.C. Impulsive personality and risk-taking behavior in motorcycle traffic
offenders: A matched controlled study. Personal. Individ. Differ. 2012, 53, 597–602. [CrossRef]

44. Cheng, A.S.K.; Lee, H.C. Risk-taking behavior and response inhibition of commuter motorcyclists with
different levels of impulsivity. Transp. Res. Part F Traffic Psychol. Behav. 2012, 15, 535–543. [CrossRef]

45. Zheng, Y.; Ma, Y.; Cheng, J. Effects of personality traits and socio-cognitive determinants on risky riding
behaviors among Chinese e-bikers. Traffic Inj. Prev. 2019. [CrossRef] [PubMed]

46. Oehl, M.; Brandenburg, S.; Huemer, A.K. Cyclists’ anger experiences in traffic: The Cycling Anger Scale.
Transp. Res. Part F Traffic Psychol. Behav. 2019, 62, 564–574. [CrossRef]

47. Zheng, Y.; Ma, Y.; Cheng, J. Cycling anger in China: The relationship with gender roles, cycling-related
experience, risky and aggressive riding. Transp. Res. Part F Traffic Psychol. Behav. 2019. Accepted.

48. Zuckerman, M. Sensation Seeking: Beyond the Optimal Level of Arousal; Lawrence Erlbaum Associates: New York,
NY, USA, 1979; pp. 10–11.

49. Hoyle, R.H.; Stephenson, M.T.; Palmgreen, P.; lorch, E.P.; Donohew, R.L. Reliability and validity of a brief
measure of sensation seeking. Pers. Individ. Differ. 2002, 32, 401–414. [CrossRef]

50. Zuckerman, M.; Eysenck, S.; Eysenck, H.J. Sensation seeking in England and America: Cross-cultural, age,
and sex comparisons. J. Consult. Clin. Psychol. 1978, 46, 139–149. [CrossRef]

51. Chen, X.; Li, F.; Nydegger, L.; Gong, J.; Ren, Y.; Dinajkoci, V.; Sun, H.; Stanton, B. Brief Sensation Seeking
Scale for Chinese–Cultural Adaptation and Psychometric Assessment. Pers. Individ. Differ. 2013, 54, 604–609.
[CrossRef]

http://dx.doi.org/10.1016/j.aap.2018.09.025
http://dx.doi.org/10.1016/j.aap.2012.11.023
http://dx.doi.org/10.1016/j.aap.2009.12.009
http://dx.doi.org/10.1016/S0925-7535(01)00077-7
http://dx.doi.org/10.1016/j.paid.2010.02.003
http://dx.doi.org/10.1016/j.jsr.2013.03.002
http://www.ncbi.nlm.nih.gov/pubmed/23932685
http://dx.doi.org/10.1080/15389588.2012.748903
http://www.ncbi.nlm.nih.gov/pubmed/23859184
http://dx.doi.org/10.3390/ijerph16030297
http://www.ncbi.nlm.nih.gov/pubmed/30678259
http://dx.doi.org/10.1136/ip.2007.015925
http://www.ncbi.nlm.nih.gov/pubmed/18056312
http://dx.doi.org/10.1016/j.aap.2011.02.002
http://www.ncbi.nlm.nih.gov/pubmed/21545861
http://dx.doi.org/10.1016/S0191-8869(02)00010-7
http://dx.doi.org/10.1016/S0001-4575(02)00103-3
http://dx.doi.org/10.1016/j.aap.2015.05.005
http://dx.doi.org/10.1016/j.aap.2014.07.024
http://dx.doi.org/10.1016/j.paid.2012.05.007
http://dx.doi.org/10.1016/j.trf.2012.05.005
http://dx.doi.org/10.1080/15389588.2019.1655144
http://www.ncbi.nlm.nih.gov/pubmed/31539283
http://dx.doi.org/10.1016/j.trf.2019.02.008
http://dx.doi.org/10.1016/S0191-8869(01)00032-0
http://dx.doi.org/10.1037/0022-006X.46.1.139
http://dx.doi.org/10.1016/j.paid.2012.11.007


Int. J. Environ. Res. Public Health 2019, 16, 4881 18 of 19

52. Barratt, E.S. Anxiety and impulsiveness: Toward a neuropsychological model. In Current Trends in Theory
and Research; Spielberger, C., Ed.; Academic Press: New York, NY, USA, 1972; Volume 1, pp. 195–222.

53. Patton, J.H.; Standford, M.S.; Barratt, E.S. Factor structure of the Barratt impulsiveness scale. J. Clin. Psychol.
1995, 51, 768–774. [CrossRef]

54. Spinella, M. Normative data and a short form of the Barratt Impulsiveness Scale. Int. J. Neurosci. 2007, 117,
359–368. [CrossRef]

55. Kohn, M.; Schooler, C. Work and Personality: An Inquiry into the Impact of Social Stratification; Ablex: Norwood,
NJ, USA, 1983.

56. Useche, S.A.; Montoro, L.; Tomas, J.M.; Cendales, B. Validation of the Cycling Behavior Questionnaire: A tool
measuring cyclists’ road behaviors. Transp. Res. Part F Traffic Psychol. Behav. 2018, 58, 1021–1030. [CrossRef]

57. Hu, L.; Bentler, P.M. Cutoff criteria for fit indexes in covariance structure analysis: Conventional criteria
versus new alternatives. Struct. Equ. Model. 1999, 6, 1–55. [CrossRef]

58. Jolliffe, I.T. Principal Component Analysis, 2nd ed.; Springer: New York, NY, USA, 2002; pp. 1–9.
59. Kaiser, H.F. The Application of Electronic Computers to Factor Analysis. Educ. Psychol. Meas. 1960, 20,

141–151. [CrossRef]
60. Cattell, R.B. The Scree Test for the Number of Factors. Multivar. Behav. Res. 1966, 1, 245–276. [CrossRef]

[PubMed]
61. Horn, J.L. A rational and test for the number of factors in factor analysis. Psychometrica 1965, 30, 179–185.

[CrossRef]
62. Tabachnick, B.G.; Fidell, L.S. Using Multivariate Statistics, 5th ed.; Allyn and Bacon: New York, NY, USA, 2007.
63. George, D.; Mallery, P. IBM SPSS Statistics 23 Step by Step: A Simple Guide and Reference, 14th ed.; Routledge:

New York, NY, USA, 2016.
64. MacCallum, R.C.; Browne, M.W.; Sugawara, H.M. Power analysis and determination of sample size for

covariance structure modeling. Psychol. Methods 1996, 1, 130–149. [CrossRef]
65. Delhomme, P.; Chaurand, N.; Paran, F. Personality predictors of speeding in young driers: Anger vs.

sensation seeking. Transp. Res. Part F Traffic Psychol. Behav. 2012, 15, 654–666. [CrossRef]
66. Chen, C. Personality, safety attitudes and risky driving behaviors-Evidence from young Taiwanese

motorcyclists. Accid. Anal. Prev. 2009, 41, 963–968. [CrossRef]
67. Blanchette, I.; Richards, A. The influence of affect on higher level cognition: A review of research on

interpretation, judgement, decision making and reasoning. Cogn. Emot. 2009, 24, 561–595. [CrossRef]
68. Lerner, J.S.; Keltner, D. Beyond valence: Toward a model of emotion-specific influences on judgement and

choice. Cogn. Emot. 2000, 14, 473–493. [CrossRef]
69. Dahlen, E.R.; Martin, R.C.; Ragan, K.; Kuhlman, M.M. Driving anger, sensation seeking, impulsiveness and

boredom proneness in the prediction of unsafe driving. Accid. Anal. Prev. 2005, 37, 341–348. [CrossRef]
70. Zuckerman, M. Theoretical formulations: I. In Sensory Deprivation: Fifteen Years of Research; Zubeck, J.P., Ed.;

Appleton-Century-Crofts: New York, NY, USA, 1969; pp. 407–432.
71. Puchades, V.M.; Pratl, G.; Rondlnella, G.; Angells, M.D.; Fassina, F.; Frabonl, F.; Pietrantonl, L. Cyclists’

anger as determinants of near misses involving different road users. Front. Psychol. 2017, 8, 2203. [CrossRef]
[PubMed]

72. Burns, P.C.; Wilde, G.J.S. Risk-taking in male taxi drivers: Relationships among personality, observational
data and driver records. Personl. Individ. Diff. 1995, 18, 267–278. [CrossRef]

73. Clément, R.; Jonah, B.A. Field dependence, sensation seeking and driving behavior. Personl. Individ. Diff.
1984, 5, 87–93. [CrossRef]

74. Loehlin, J.C. Genes and Environment in Personality Development; Sage: Newbury Park, CA, USA, 1992.
75. Lucidi, F.; Mallia, L.; lazuras, L.; Violani, C. Personality and attitudes as predictors of risky driving among

older drivers. Accid. Anal. Prev. 2014, 72, 318–324. [CrossRef] [PubMed]
76. Deffenbacher, J.L.; Huff, M.E.; Lynch, R.S.; Oetting, R.R.; Salvatore, N.P. Characteristics and treatment of

high-anger drivers. J. Couns. Psychol. 2000, 47, 5–17. [CrossRef]
77. Walton, D. Examining the self-enhancement bias: Professional truck drivers’ perceptions of speed, safety,

skill and consideration. Transp. Res. Part F Traffic Psychol. Behav. 1999, 2, 91–113. [CrossRef]

http://dx.doi.org/10.1002/1097-4679(199511)51:6&lt;768::AID-JCLP2270510607&gt;3.0.CO;2-1
http://dx.doi.org/10.1080/00207450600588881
http://dx.doi.org/10.1016/j.trf.2018.08.003
http://dx.doi.org/10.1080/10705519909540118
http://dx.doi.org/10.1177/001316446002000116
http://dx.doi.org/10.1207/s15327906mbr0102_10
http://www.ncbi.nlm.nih.gov/pubmed/26828106
http://dx.doi.org/10.1007/BF02289447
http://dx.doi.org/10.1037/1082-989X.1.2.130
http://dx.doi.org/10.1016/j.trf.2012.06.006
http://dx.doi.org/10.1016/j.aap.2009.05.013
http://dx.doi.org/10.1080/02699930903132496
http://dx.doi.org/10.1080/026999300402763
http://dx.doi.org/10.1016/j.aap.2004.10.006
http://dx.doi.org/10.3389/fpsyg.2017.02203
http://www.ncbi.nlm.nih.gov/pubmed/29326631
http://dx.doi.org/10.1016/0191-8869(94)00150-Q
http://dx.doi.org/10.1016/0191-8869(84)90141-7
http://dx.doi.org/10.1016/j.aap.2014.07.022
http://www.ncbi.nlm.nih.gov/pubmed/25108900
http://dx.doi.org/10.1037/0022-0167.47.1.5
http://dx.doi.org/10.1016/S1369-8478(99)00010-8


Int. J. Environ. Res. Public Health 2019, 16, 4881 19 of 19

78. West, R.; French, D.; Kemp, R.; Elander, J. Direct observation of driving, self-reports of driver behaviour,
and accident involvement. Ergonomics 1993, 36, 557–567. [CrossRef]

79. Yang, X.; Huan, M.; Abdel-Aty, M.; Peng, Y.; Gao, Z. A hazard-based duration model for analyzing crossing
behavior of cyclists and electric bike riders at signalized intersections. Accid. Anal. Prev. 2015, 74, 33–41.
[CrossRef]

© 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1080/00140139308967912
http://dx.doi.org/10.1016/j.aap.2014.10.014
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Cycling: Risks Outweighs Benefits 
	Factors Related to Crashes Involving Cyclists 
	Personality, Behaviors and Crash Involvement 
	The Current Study 

	Materials and Methods 
	Participants and Procedure 
	Measures 
	Demographic Information and Crash History 
	Cycling Anger 
	Sensation-seeking 
	Impulsiveness 
	Normlessness 
	Risky Cycling Behaviors 

	Statistical Analyses 

	Results 
	Descriptive Statistics 
	Factorial Structures and Reliabilities of the Four Personality Traits and Risky Cycling Behaviors 
	Psychometric Properties of the CAS 
	Psychometric Properties of the BIS-15 
	Psychometric Properties of the Normlessness Scale and the BSSS 
	Psychometric Properties of the Scale Measuring Risky Cycling Behaviors 

	Relationships among Personality Traits, Risky Cycling Behaviors, and Crash Risk 

	Discussion 
	Practical Implications 
	Limitations and Future Research 

	Conclusions 
	
	References

